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. PREFACE TO THE SECOND EDITION 

• 

It is now five years since the first edition of this book appeared. 
I was gratified at the time by the reception accorded it by 
reviewers, and I have been pleased ever since to find a con¬ 
tinuing demand whi^h indicates that my colleagues who teach 
* beginning co^r^es in statistical method have found it useful. 
Several o£ these teachers have* been kind enough to send me 
suggestions, many of which have been incorporated in this 
revision^ To them \ give my deepest thanks. I am especially 
indebted to Professor Roy W. Jastram of Stanford University, 
wCo^has read the entire manuscript of this new edition. His 
knowledge bf statistical methods and his insight into the problems 
of teaching have ftiade*his suggestions particularly valuable. 

One of the nu^ difficult problems in writing any elementary 
textbook is tp keep it truly elementary—to write for beginning 
students rather than for one's colleagues. One is always tempted 
to include material merely because he finds it interesting without 
considering whether it should properly be treated in the first 
course or not. No beginning student anywhere is going to 
*succeed#in mastering more than a limited number of concepts 
in his first course, no matter how able his teacher is or how 
lucidly his textbook presents the material. ® J 

Yet quite naturally no two teachers approach the same subject 
in exactly the,same way, and the elementary principles that 
one instructor decides to include in his introductory course will 
•not be identical in all respects with those listed as essential by 
another. Much of the new material in this revised edition has 
tfeen inserted at the request of other teachers who use the book, 
and in ^evened such cases their argumeifcts have been vteighty 
enough to induce me to insert the material not only in the book 
but also in my cftvn courses. To some extent these additions 
have been offset by omitting material that appeared in the first 
edition which •seemed to.be of minor importance. 

# As the book Jjas grown somewhat larger, it hSit.eeemed wise to 
adoftf; ttie gcheme ef using numbe^d paragraph headings, 
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that teachers wishing to assign parts of chapters or wishing to 
omit certain materials may refer more easily to the parts in 
question. At the same time, the tables and figures have been 
renumbered by chapters, so that Table 8.13, for example, is the 4 
13^ table of Chap. VIII. In several cases where instructors 
had found the chapters of the original edition too long for 
reasonable assignments, the original chapters have been broken 
up into two or three shorter chapters, although the numbering 
of the sections should in itself make the problem of assignments 
a good deal easier. 

So much for the mechanical aspects of the alterations.. The 
interested reader will easily discover the nature of the changes 
in content for himself. There are no changes in the first chapter 
save a few minor ones of purely verbal nature. Tly^second 
chapter has been completely rewritten and somewhat enlarged. 

I have been pleased with the interest which both teacher^-^d 
students have shown in the subject matter of this chapter* which 
is omitted entirely from many texts. Unfortunately the treat¬ 
ment in the first edition was not entirely praise, and I have 
attempted in this revision to put it in such fo'rm that it will not 
be open to misinterpretation. The third chapter, on frequency 
distributions, is also almost entirely rewritten and considerably 
enlarged. * < 

The chapter on Measures of Central Tendency, which appeared 
as Chap. IV in the first edition, has here been broken down into, 

' « i f C 

two chapters; yet there has been relatively little expansion. In 
--fact, the treatment of the mode has been condensed somewhat, 
since none of the measures ordinarily' treated in elementary 
courses is reliable enough to warrant extended treatment. 
Somewhat more attention than before has been given to various 
sorts of weighted averages, and the attempt has been made to 
state in simple terms the advantages and disadvantages of the 
various sorts of averages and the relationships among them 
The treatment of dispersion is changed but slightly, with the 
addition of a mere mention of the analysis of variance*'without 
actual treatment of the problem. Also botlv here and in the 
treatment of averages, simple checks on the accuracy of arith¬ 
metical computations have been explained. < ( * 

Former Chap. VI now appears as 'Chaps. VII %nd VIII. 
Xbe most important additions have been the inclusion of. a short 
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section on the use of pfobability paper, which, for most beginning 
students, is a far easier method of testing fpr appioximate 
normality of distribution than are the more mathematical 
haethods; and the addition of material on the use of the chi* 
square test. I had formerly considered that the # chi-se£tiare 
test* was too advanced for inclusion in the beginning cour^, 
but on the suggestion of other teachers I have tried it with my 
own student# for several years now and find not only that they 
hqye no trouble in absorbing the simpler aspects of the problem 
covered here, but also that it makes the purpose of fitting fre- 
^ quenqy curves clearer to them. 

The new Chap. IX is little different from the old Chap/ VII. 
Agaifi thdre is the addition oJ mere mention of analysis of 
variant Former Chap. VIII now appears as three chapters, 
numbered X, XI, aiftl XII, with the addition of a good deal of 
ne^material in tbte first two of these new chapters, especially on 
the de^pripjion of the simpler curvilinear trends and on the use of 
link relatives. TJie chapters on correlation reappear without 
significant chance, as do the concluding chapters on Tabulation 
and Graphic Presentation and on the Collection and Analysis 
of Data*. • 

The reader* may at first wonder over the inclusion in an-elemtJh- 
tary fyook of material on analysis of variance, on multiple and 
joint<md curvilinear correlation, etc. But it seems to the author 
, # tlfat a beginning course should not only teach the student' how 
to do a # few* elementary things, but should also put him on his 
guard against sgme of the commoner misuses of data and shoujjJ 
prepare him for some of the concepts which he is likely to meet 
in more#advanced work. Even a cursory examination of Chaps. 
X and XI, for example, will convince the reader that it is possible 
to tell a beginning student something about the nature of the 
^problems of curvilinear and multiple correlation without actually 
tyriring up the mechanics with him. No student cSxi know when 
it is wise and safe to use the method^ of simple linear correlation 
unless ht is St least aware of the fact thaf the sorts of situations 
described in thes^ two chapters exist. Even if these two short 
chapters cannot be assigned in toto , the assignment of Secs. 14.1, 
# 14.6, 15*1, 15.3, and 15.4, accompanied by a half-houris lecture 
on the part of the instructor, should serve to protect the student 
and. the general public against some of the commoner sorts of 
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errors in cbrrelation work which have been perpetrated innocently 
by ktud^nts whp think of the methods of simple linear correlation 
as bfcing the method which is always applicable when one wishes 
\o investigate relationship between variables. And similarly,* 
it Has seemed too bad, when treating the significance of the 
difference between means, not to go at least far enough to let 
the student see that the concept can be broadehed to cover those 
cases where several such means are being compared at once, as 
is done in the analysis of variance. In other words, the attempt 
lias been made in this book not only to cover the elementary 
methods of statistics, but also to describe the nature of statistical ( 
concepts in general enough terms so that the'student will be 
able to see the limitations as well as the usefulness of the methods 
discussed. The treatment of the more “advanced” topics does 
not go farther than this. 1 

Finally, throughout the revision, the attempt has been m^dbuto 
retain the simple style of presentation best adapted r to the 
beginner without sacrificing precision of statement or accuracy of 
treatment. The author will appreciate it greatly if users of the 
book will call his attention to any errors, since dlcperience teaches 
that it is well-nigh impossible to eliminate them entirely. 


University of Connecticut, 
Storks, Conn., 

June, 1943. 


Albert E. Wawh. 



PREFACE TO THE FIRST EDITION 


This book^is planned for the beginner in the field of statistics 
whp/has yet to learn “what it is all about.” No attempt has 
been made to treat any aspect of the field exhaustively, and 
advanced students will find it necessary to consult other books 
and, particularly, to acquaint jbhemselves with articles in the 
current technical statistical journals. The aim of this book is 
to intr^uce the student to statistical concepts and statistical 
nomenclature and to*get him to think in statistical terms. 

W32t»e book is no£ planned for the statistician of any particular 
^ field. Jt ig not a-book on business statistics 6r vital statistics 
or biometry. It^ purpose is, rather, to present the statistical 
concepts on their own merits, and the illustrative materials are 
carefully chosen from diverse fields. Such a presentation helps 
the student tfo discover the wide range of usefulness of the tools 
with which he is working. It has been the author’s purpose also 
to make* clear from time to time the fact that one cannot safely 
appl^r statistical method in any field unless and until he has 
# become a master of that field. 

The few short problems which are given at the ends of the 
chapters in this book are not to be thought of as distinct from the 
text that precedes them. The attempt has been made to give 
the student new viewpoints on the subject matter of the chapters 
by the use of carefully selected questions which are not, in the 
main, mathematical in nature. Most of the questions can be 
answered by thoughtful reconsideration of the principles enunci¬ 
ated in the preceding chapters. 

Jhe student should not expect, of course, to Confine himself 
to the ^short simple questions and problems included here. 
Additional problems can be formulated with ease by either 
student or teacher, and the morning’s newspaper or cu^ent 
^magazines will furnish abundant and interesting grist for the 
statistician’s mill. It iS decidedly important that the student 
should solve nttmy problems in each section of the field that is 
studied. 'Hie tfse of some one of the admirable mazrual^ of 
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statistical problems that are available is recommended. 1 But 
such«pr<4blems cannot in any sense replace the exercises included 
feere. These latter exercises serve not so muph to give facility* 
in numerical manipulation as to clear away mental cobwebs and 
make the statistical concepts stand out sharply. ^ 

In the writing of this book no attempt has been made either 
to omit all mathematical treatment or to include, it all. The 
book is certainly not a catalogue in which the advanced student 
can find a compilation of mathematical proofs and the derivation 
of formulas. Nor is the book intended .for grammar-school 
boys. It is assumed that the reader has a goed, command of 
college algebra. Many of the'concepts can be moie quickly 
understood by the student who has mastered the calculus, but 
such preliminary training is by no means essential fof a satis¬ 
factory understanding of the subject tnatter ©f this elementgjy 
text. There is a feud of long standing between 'ohose statis¬ 
ticians who argue that no mathematical training is necessary 
for an understanding of actual statistical operations and those 
who argue that no formula can be used correctly except by one 
who understands how it was derived. In this dispute the author 
takes a puddle ground. It is his belief that a thorough training 
in mathematics is desirable but is not a sine qua non . Fortun¬ 
ately there are several good texts available in which the qualified 
student can find the mathematical treatment developed in 
extenso . In the present text the author has included derivations 
and mathematical proofs only where they seemed, necessary for a 
workable understanding of the elementary concepts. In many 
cases it has naturally been difficult to decide what to ^include 
and what to omit, and in cases of doubt the author has leaned 
toward omission. 

No attempt has been made here to describe the development 
of any of the concepts treated. The names of great statisticians 
a^e notable by t their absences The author has been forced by 
lack of space to omit references to the men who hate dqyeloped 
the science and techniques of statistics, just as the ordinary 
algebra text fails to tell who first demonstrated each rule and as 
/ 

1 The author's “Laboratory Manual and Problems °fpr Elelnentary« 
JJtatistics” McGraw-Hill Book Company, Inc., is specially planned to 
accompany this text, but any other similar compilation ofcproblems can be 
tised with proper planning. « « • * « • 
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the ordinary text in elementary economics fails tj *state in 
connection with each principle who originally formulated i4. 

% This book does not present original statistical theory. Ele¬ 
mentary texts seldom do (&ad almost never should/ cover the 
“growing points” of the science that are still under dispu^p. 
As in any beginlier’s text, it has been necessary to omit many 
subjects altogether, but where any concept has been treated 
tlje^im has been to have the treatment accurate and up to date. 
In many cases where the limitations of space and of students 1 
time jnade it impossible to cover a subject in detail (in advanced 
correlation analysis, for instance) a special effort has been made 
to cftver the basic concepts in such a way that the student will 
find it,easy to assimilate additional material himself and visual¬ 
ize the problems involved. 

• In the arrangement and approach to the subjects that have 
been covered, the. author has been guided by .his experience of 
"over a decade in teaching courses in elementary statistics to 
students specializing ih many fields. The aim has been to keep 
tile presentation simple and readable, and it should be possible 
fot any serious student to cover the subject here even without 
the aid of a teacher. The author owes much to his students— 
perhaps most of all to the more obtuse of them—who have 
forced him to tax his ingenuity in searching out new methods of 
attack on, and new illustrations of, old concepts. 

References tire not given at the end of each chapter, but the 
interested student will find a list of the more commonly available 
statistics texts in Appefidix VII. No attempt has been made to 
make this bibliography complete; the author has included those 
books which he has found most helpful with his own students. 

~ It is difficult to give proper credit for much of the material 
^n this book. In many cases reference has been ffiade, either in 
Jhebody of the text or in footnotes, to specific soirees from which 
TnSVei.dratrn. A complete catalogue fcf such sources would, 
however, require more space for footnotes than has been given 
to text. For several years my classes have used the texts of 
Professors R. # E. Chaddock and F. C. Mills. I have doubtless 
absorbed ideas of theirs until I do not know which ideas are/ 
my own and which originated with them. I have been greatly 
,interested*in and*influenced by Ezekiel's splendid work on 



xiv ' PREFACE TO THE FIRST EDITION 

t 

1 

coirelaiiop methods. Among more recent works I have found 
Professor Richardson's mathematical introduction especially 
stimulating. The dynamic and lucid exposition of statistical 
philosophy of my friend, Professor' Henry Schultz, has colored 
W general attitude toward statistical problems, although 
the subject matter of this text is of such an dementary nature 
that 1 have had small occasion to draw upon it. Professor 
Frederick E. Croxton has kindly read almost the entire manu¬ 
script and has made suggestions and pointed out such trouble¬ 
some errors as creep inevitably into a work of this kind. The 
book has been improved by his ^painstaking attrition and frank 
suggestions of alternative methods of treatment. 

It is too much to expect, I fear, that this Book is free from 
errors. Teachers using it will be doing me it kindness if they will 
suggest improvements in the presentation anti point out 
that may occur. Since I have read the proofs of the'book ( myself ; 
all errors must be laid at my door. * But for the kind assistance 
of friends those errors would have been more numerous.« 


Connecticut State College, 
Storks, Conn., 

December*. 1937 


Albert E. Waugh. 
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ELEMENTS OF 
STATISTICAL METHOD 


CHAPTER I 

• * 

THE NATURE OF STATISTICS 

• 

1 . 1 . Scientific Method.—Men have discovered facts in many 
ways. Somei things have been learned by chance. Wisdom, so 
is said, has been imparted to men in dreams and through 
miraculous revelation. . There are those who assert that they are 
gifted with clairvoyance, by means of which they are able to 
discern things, hidden from the oidinary mortal. And, of course, 
a large portion of all human knowledge has come down to us from 
unknown sources. The method by which it was originally dis¬ 
covered Is not known. 

JThe tremendous advances in human knowledge that have 
*charactorized the past century and a half have not come, in the 
main, from any of the sources above mentioned. Nowadays a 
great preponderance of the additions to our information are the 
result of plan and not the'product of chance. We learn new 
things because we have gone about the learning process methodi¬ 
cally, and not haphazardly. The methods which are used in 
»'acquiring knowledge are called scientific methods , and it should 
be remembered that they do involve the following, of a definite 
fllan. 

v ’i 4 ;2*. Experimental Method.—The best ^nown 61 the scidhtific 
methods, and the one which has been nAst fruitful, is called the 
experimental meth8d. Galileo, we are told, was attracted by the 
swinging of lamps in the cathedral. He noted that the period 
•of the swing Varied, and he wished to determine what factors 
influenced* the ^ngth of the period. He did not rely on dreams, 
nor did^he, jso far a» we know, patronize the local fortuneteller. 

1 
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He began £0 experiment. He went at the problem methodically, 
in un attempt to determine what forces were at work in the 
pendulum. 

r Now Galileo might have taken the first half-dozen pendulums 
that he encountered and studied ’ them. If he had done so 
he would have found that the pendulums differed in many 
respects. In some the bob would be heavie'r than in others. 
In some the length would be greater than in others. In some 
cases there might be air currents which were not present in 
others. At the points where the pendulums were located there 
might be differences in air pressure, relative humidity, the 
attraction of gravity, etc. And under such ‘circumstances 
when Galileo found that pendulum 1 oscillated mdre rapidly 
than pendulum 2 he would be unable to tell whether the differ¬ 
ence was due to differences in length, Weight, humidity, air 
pressure, or some combination of these forces. Hence Galileo 
was very careful to construct pendulums that diifered,in but 
one respect; that is, he would make several pendulums of the - 
same length; he would protect them all from currents of air 
that might affect the rate of swinging; he would operate them 
all at the same time and place so that there would be rio differ¬ 
ences in barometric pressure and the like. In fact, these pen¬ 
dulums would be exactly the same and would be operated under 
identical conditions, except, let us say, that there wouM be 
variations in the weight of the bob. Under these circumstances^ 
if Galileo found that there were regular variations in the period 
of oscillation which corresponded to differences in the weight 
of the bob, he would know that the cafise must be bob weight, 
since no other factors differed. If, on the other hand, these 
pendulums did not differ in period, he would know that bob 
weight did not affect the rate of swinging. 

Having discovered the effect, if any, which was associated 1 
with the weight of the bob, Galileo would now construct per^- 
dulujns which differed in nothing except lengthy and would 
ascertain the relationship of length to period. He wouWTthen, 
in turn, discover the effect of gravitational attraction, barometric 
pressure, etc. The important thing to note is that the method 
consists in keeping all forces save one constant, .and in • varying^ 
that force in order that the scientist nlay discover its effect, if 
any. This method of investigation is called the experimental 
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method, and where it is applicable scientists prefer it to all other 
methods. • l 

. 1 . 3 . Statistical Method.—But often men wish to discover facts 
in fields where the experimental method cannot be applied. Let 
us suppose, for example, that you wish to discover the forces 
that determine the price of milk in New York City. Yo \f 
would like to apply the experimental method. This‘means that 
you would have to try one thing at a time, keeping all other 
things constant, and note the effect of the changes. First 
you would make changes in the quantity of milk offered on the 
market, to determine whether or not the price varied as you 
varie<J the # amount offered. But it would be necessary for 
you to see that tljere were* no changes in the other factors. You 
would have to establish entire uniformity in people’s wages, since 
presumably the amount that they will pay for milk depends 
partly on th^amount of their incomes; you would have to make 
^ure that the tastes of consumers remained constant, since 
changes in their .desires would perhaps change the amount that 
thqy would pay; you would find that you were forced to fix the 
general price level so that there would be no changes from varia¬ 
tions in the purchasing power of money; etc. But this is mani¬ 
festly out of the question. Here the experimental method cannot 
be applied, because the many factors cannot be held constant 
as thfe scientist varies the one force in which he is interested 
•for the f momeijt. Thus in the social and biological sciences 
it is often infpossible to make use of the experimental method. 

We should be foolisji, however, to neglect entirely those 
fields in which experimental method is out of the question. 
To be Aire, it is very difficult to discover facts in such fields, 
but it is none the less desirable that facts be discovered, and the 
, scientist must do what he can in the face of difficulties. He 
could, of course, fall back on chance or revelation., In such a 
ease he would have left the field of science entirely, since he 
wuuld.be following no plan. As a matter^of fact lie is likdy to 
fall back* on another method, as a poet second choice. This 
other method (or#body of methods) we call statistical method. 
When we apply statistical method to a problem we go at the 
•problem*systematically, as in the experimental method; but the 
system used is not the same. Being unable to hold forces 
constant* we perforce let them vary. But now we record the 
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variations in all the forces operating and attempt to determine 
the separate part which each plays in influencing the result. 
t Uncfer ordinary circumstances this method is much more difficult 
than the, experimental method, and the results obtained are 
usually less accurate and less satisfying. But they are much 
tetter than no results at all. * 

The classification of scientific methods into those which are 
experimental and those which are statistical, like most classifica¬ 
tions, is formal and arbitrary and not entirely realistic. WJien 
the scientist comes to work on a problem in practice, he almost 
always combines elements of both the statistical and the experi¬ 
mental approach. Many of thQ most important ol the statistical 
.methods were originated in the fields of physics^and astronomy— 
fields that we usually think of as “exact” sciences. Even in 
these fields the scientist has to contend with errors of observation, 
and in addition he usually finds it impossible to record the valmes 
of all the variables which are involved. 1 Under sjich circum^ 
stances the “exact’’ scientist is forced, to cojnbine statistical 
methods with his experimental procedures. On the other hand, 
even the social scientist can apd does use a' certain amount of 
control in his investigations. 

1.4. Statistics.—The word “statistics” is used in two senses 
which differ materially. It is sometimes used in the singular 
and sometimes in the plural. When used in the plural, it*refers 
to numerical data. Thus if we say that there are statistics 
in the “World Almanac” we mean that there me numerical 
data there. When we use the word in the singular, we refer to a 
body of methods which are used in summarizing such numerical 
data. Statistics is a body of methods which are used when we 
wish to study masses of numerical data and to extract from them 
a few simple facts. . 

Originally^ statistics were gathered for public purposes. In 
fact, the word “statistics” and the word “state” come from the 
samfr root. Statistic^ were gathered for purposes of taxation 
and for military purposes. But nowadays there is almost no 
field in which statistics are not useful. Every science depends 
to some extent on the gathering of data and on the application 
to them of statistical methods. In some field?, as has been 
pointed out above, the statistical methods are almost the only 

1 See Chap. II for a discussion of these problem^. 1 t 
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methods that can be used, while in other fields they ai*e a minor 
supplement to other scientific methods. , * ] 3 

1 . 5 . Preliminary Admonitions.—It is important to remeihber 
that the purpose of statistical method is to simplify gre^t bodies 
of numerical data.. If you were shown a table containing 1000 
figures, each figure representing the weight of a newborn baby,’ 
you would be confused by the very mass of material itself. 
But if these 1000 figures could be boiled down to one or two, 
you. would comprehend them quickly. Thus if we discover 
that the average weight of girl babies at birth is 7.1 lb. and of 
boy babies 7.6 lb., we have derived two figures from the original 
1000 and have made much simple? the problem of understanding 
the originaf data., To be sure, we must not be misled into believ¬ 
ing that the original data were so simple as our conclusions. We 
must not come to the conclusion that each girl baby weighed 
7.* lb. and ^]iat each boy baby was just Y, lb. heavier. We 
Jjave given up some of the detail of our original figures in order 
that we may gejb ji simple, convenient, and easily understood 
general statenfent. 

It is the purpose* of statistical paethods thus to simplify data. 
In too many c&ses students who have studied but a little statistics 
lose sight of this fact and come to believe that the purpose of 
statisticsns to mystify the uninitiated. They try, by the use of 
uncommon terms and symbols, to impress the layman with 
• Uffiir own erudition. Such an attitude shows complete lack of 
comprehension on the part of the student. Unless data are 
simpler and easier to understand after statistical methods have 
been applied than they were before, the time and trouble of 
applying the methods have been wasted. If statistical methods 
make data more complicated and harder to understand they are 
^worse than useless. The student should try, in the case of each 
method discussed in this book, to see just how it makes masses 
qi data simpler and more easily understood than they would 
otherwise be.,, J ^ " 

It is also wise to caution the studenf Who is beginning the 
study of statistics that statistical methods cannot, in themselves, 
solve any problem. The original data must have been accurate, 
J;he methods i^nst have been properly applied, and the results 
must have; been interpreted by one who understands both the 
methods* themselves and the field to which they have beeu 
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applied. ( Many a student feels that if he takes data—any data— 
and psriprms certain mystic necromancies, he will get results 
whilih, by some unknown power, are correct. He has them 
' down on paper, in black and white, carried to seven decimal 
places, and hence they must be right. He feels, with Mephisto’s 
•pupil, Derm was man schwarz auf weiss besitzt , kann man yetrost 
nach^Hause tragen . It is important to realize the fact that no 
statistical method can, in itself, insure against mistakes, inaccu¬ 
racy, or faulty reasoning and incorrect conclusion. These/ 
methods are to be thought of as tools which, when in proper] 
hands and when applied? to the materials for which they arej 
designed, can turn out useful products, but which have no powers! 
to work wonders by themselves. 

1.6. Suggestions for Further Reading.—Any textbook on logic wiU 
describe some of the characteristics of the various scientific methods. In 
addition, there are a number of interesting and instructive books on 4he 
subject of the scientific method itself. Karl PearsonV “ Grammar of 
Science,” now available in the handy Everyman’s Library, is one of thff 
best. For several interesting illustrations of pure chance ’ icovcries, • see 
Professor W. B. Cannon’s article, The Role of Chance in I'iscovery, Scien¬ 
tific Monthly , Vol. 50, No. 3, March, 1940, pp. 204-209. 



CHAPTER II 

THE MEANING OF NUMBERS 

It is impossible for us here to go into the philosophy of number 
theory, nor is it our inteijt to develop the history of the number 
Concept. "Before Tj r e»work with numbers it is important, however, 
to understand just what we do and dft not mean when we express 
facts in numerical form. 

2.1. Accuracy of Measurement.—Most of the numbers that we 
use in scientific work represent measurements. These measure- 
ments'are made with various kinds of instruments, varying from 
such relatively Simple things as a foot rule to complicated appa¬ 
ratus such as that used to 'measure the speed of light. Yet no 
measuring irfstnihient is completely accurate, nor is the operator 
of* any measuring jlevice completely dependable. Two men will 
read an instrument in slightly different ways, or the same man 
will read the same instrument in different ways at different 
times. The accuracy of a measurement will depend in part 
on the skill and the carefulness of the person making it. It will 
also depend in part on the instrument used. Some scales will give 
readings to the nearest pound, some to the nearest ounce, some 
to the nearest milligram. Yet even the finest, most delicate, 
most precise of scales has somewhere a limit of accuracy beyond 
which it cannot go. Similarly an instrument for measuring 
lengths may be as crude and inaccurate as the hand lead line used 
byjpariners to ascertain the depth of water, which has markings 
at 2, 3, 5, 7, 10, 13, 15, 17, and 20 fathoms. Since a fathom is 
6rft., *ne might be able to discover with such a line that 4he depth # 
of the water was between 60 and 78 ft. (10 and d3 fathoms), but 
for' greater accuracy he would have to rely orchis ability to esti¬ 
mate rather than on thcfinstrument used. On the other hand, in 
manufacturing many kinds of machinery the tolerances are well 
below one hundred#! of an inch, and various ingenious sorts of 
instruments have bgen developed which will distinguish and 
record Jeqgths fai; smallest than this. Yet again, even the best 

.7 * 
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of these measuring instruments has’ somewhere a limit" to its 
accuracy. 

This means, of course, that no measurement is ever exactly and 
entirely accurate save by chance. To be sure, I might cast the 
lead line and announce a depth of 14 fathoms. This depth might 
be just exactly correct—yet if so it is not only a matter of chance, 
but I would not have any way of knowing that it was exactly 
correct. When, if ever, a measurement is exactly accurate, we 
do not know it. 

Seemingly different from these cases are those in which num¬ 
bers are the result of counting. If I sajr that there are 10 people 
in a room, the figure 10 is supposed to be absolutely exact, and not 
an approximation. Yet in practice even this distinction is more 
apparent than real. .The Bureau of the Census announces the 
1940 population of the United States as 131,669,275. This 
purports to be the result of a count. Yfet everyone knows that 
the result is probably inaccurate. If it is accurate, ,we have no 
way of knowing it. The census was taken as of Apr. 1, i940. 
But the population was different at different times of A day. Some 
people surely were not counted at all, and some people were 
probably counted twice. Some people doubtless reported tne 
sizes of their families on the day the census taker came rather 
than as it was on Apr. 1. There are many probable causes of 
error even in a count, and when the numbers involved are large, 
we know that these numbers, also, are only approximations. 

Let us start, then, with the understanding that the numbers 
used in scientific work are almost always 1 merely approximations. 

2.2. Biassed and Compensating Errors. —The errors in meas¬ 
urement of which we have just been speaking are of two funda¬ 
mentally different kinds. If 50 students each measure the length 
of a desk with a foot rule, they will not get the same answers. A 
foot rule is not an accurate measuring device, and while they may 
all agree on the number of whole feet, or even of whole inches, 
when they get down to sixteenths of an inch there is sure to *t>e 
some variation. (Such chance errors in measurement, however, 
are subject to the peculiarity that some pf the measurements will 

x The exceptions are, of course, those cases where we are dealing with 
small numbers which are the result of counting, as when aman says he has 
12 children. These must also be cases involving discrete rather than con¬ 
tinuous data. These terms are defined on p. 55. < 
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ordinarily be too large and some too small—some of the errors 
will be positive and some negative. The errors will* tend *to 
balance each other, so that if we have measurements enough # the 
efrors will disappear on the average. This fact has given rise 
to the humorous remark that Statisticians like errors, and the 
more Errors they get, the better they like it, because the more of 
them there are, the more chance there is that they will balance. 
While this is hardly true, nevertheless we do recognize the fact 
tha^ errors in measurement are inevitable, but that errors arising 
from pure chance tend to cancel each other out. 1 We call such 
errors compensating etrors , accidental errors ) unbiassed errors , or, 
random errors. • * 

In contrsfet with errors of the type just described, we have some 
errors which persist, occurring over and over again, and always 
in the same direction. 1 Suppose, for example, that a clock runs 
toa slowly. We will not get a correct measurement of time, even 
if we measuip a great many hours, since the error will always be 
in the same directiop. Suppose that the grocer’s scales are out of 
adjustment, so*that they always register a pound when 13 oz. is 
i put on the pan. In^uch a case it will do no good to weigh a great 
many potinds Of sugar with the idea that the errors will balance 
and cancel out. The errors are all in the same direction. It is* 
said that women are prone to understate their ages. If this is so, 
a sociological investigation that includes a question relative to 
• wtJinen’s ages will not be self-correcting even if thousands of 
women are asked to state their ages. If a foot rule is too short, 
being in fact only.11.5 in. long even though it is marked 12 in., we 
will not get correct meashrements, even if we take the average 
of thousands of measures. Poorly adjusted or incorrectly made 
measuring instruments are often the cause of such biassed error , 
systematic error , constant error , persistent error , or cumulative error . 

' These errors tend to occur always in the same direction, and large 
numbers of measurements do not help in their case. % 

Of course, systematic errors do not always arise? from fawtty 
instruments. They may arise from lack of skill in reading the 
instrument. It hag long been known, for example, that when 
astronomers watch a star very carefully through a transit 
instrument, intending to record the exact time that it crosses the 

x The error* tend to be distributed in what we shall call a “normal dis¬ 
tribution” pi Chap? VII. 
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cross hair in the instrument, some observers tend always to record 
the transit just before it really takes place, some just after it 
reaily takes place, and some at approximately the right time. 
Some individuals thus have a biassed error in one direction and 
some in another, while others seem to have compensating errors. 
A popular magazine reported a few years ago 1 that when a large 
number of people were asked to estimate the length of a minute 
by ringing a gong at the beginning and end of their estimates their 
average guess was only 35 sec. If all or most of these people 
tended to err in the same direction, the error was a biassed one, as 
it very evidently was in this case. Bias may come fuom the 
unwillingness or the inability r of people to give correct informa¬ 
tion, or from peculiar individual traits which lead an observer to 
read a scale incorrectly but always too high or too low. Biassed 
error can sometimes be discovered and" eliminated. Random 
error can never be eliminated, although its effects may be reduced 
by getting large numbers of observations. . ' 

2 . 3 . Significant Figures.—In abstract arithmetical work when 
one uses the number 15 he means just exactly 15—no more and 
no less. The number 15 and the number 15.0000 are assumed to 
mean the same thing. But we have just learned that in scientific 
work a number is seldom exact. When a scientist uses the 
number 15 he means “ approximately 15.” The convention 
which has been adopted in all the various fields of scientific work 
is that the scientist will write down as many digits as he kno^s, 
and then add zeros enough to locate the decimal point.' Usually 
the last digit other than zero is an approximation which is correct 
to the nearest place. When an elementary physics book gives 
the speed of light as 186,000 miles per second, it is understood 
that the digits 1, 8, and 6 represent measurements, although the 
last digit, 6, is probably an approximation. The three zeros are 
not measurements at all. They are put there merely so that w6 
shall know the position of the decimal point. In fact, Newcomb 
and Michelson’s 2 determination of the speed of light is 186,3*^4 
miles per second. ii, is at once evident that the three zeros in 
the number 186,000 were not measured ^eros. They merely 
indicated that the measurement was in thousands of miles 

1 Collier's Magazine , Vol. 108, No. 4, July 26, 1041, p.,8. 

1 “American Ephemeris and Nautical Almanac/ 1 1040, p. gx. • 
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rather than in miles. And even the more accurate figure 186,324 
is probably not exactly correct. It means that the figfeed lies 
nearer to 186,324 than to 186,323 or 186,325. Thus we Know 
only that the speed lies between 186,323.5 and 186,33,4.5 miles* 
per second. The statement* that the speed of light is 186,000 
mile# per second is taken by the scientist to mean, not that it i& 
exactly 186,000 miles, but nearer to 186,000 than to 185,QpO or 
187,000. It is correct to the nearest thousand miles. It lies 
betjveen 185,500 and 186,500 miles. 

As we change the form of our statement, increasing its accu¬ 
racy, we could give the speed of light successively as 190,000; 
186,000; 186,30(f; 186,320; and 1^6,324 miles per second. Each 
time we gdt a little closer to the fact, but we never get the exact 
measurement save by chance. As we get more and more accu¬ 
rate in our statement, coming progressively closer to the exact 
figure without evei* getting there, we say that we get more and 
more significant figures . 

Webster's Dictiqpary defines significant figures as “ figures that 
remain to a number or decimal after the ciphers at the right or left 
are canceled.” Thus the number 1000 has one significant figure; 
the nuniber 900 has one significant figure; the numbers 910 and 
912 have, respectively, two and three significant figures. The 
following, numbers have the number of significant figures indi- 
catedf in conformity with the rule given in Webster's definition: 

Significant 
Number Figures 

200 i 

20 1 

2 1 

0.2 1 

0.02 1 

0.002 1 

210 2 

217.352 6 

Webster's definition, however, falls down in some cases. The 
number 321.4500 would have five significant figures if we can¬ 
celed the zeros at the extreme right. But these zeros were not 
•necessary to loeftte the decimal point. To be more accurate we 
coWdsay:. 
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I. Every tiigit except zeros is always significant. 

2 e, Zergs are always significant unless 

q» They are at the extreme right of a number and to the left of the 
r decimal point. 

b. They are at the extreme left of a number. 

r Thus, in the number 32,056, the zero is not at the extreme 
right or the extreme left, and it is therefore significant. The 
number has five significant figures. In the number 230.00, the 
zeros are at the extreme right, but they are not at the left of 
the decimal point. Hence they are significant, and the number 
has five significant figures. In the number 186,000, the^ zeros 
are at the extreme right and at the left of the deoimal point, so 
they are not significant, and the number has three significant 
figures. In the number 0.003, the zeros are at the extreme left 
and are not significant. The number has one significant figure. 

We can state the rule in another form by saying that all digits 
are significant figures except zeros which had to b£ included to 
show the location of the decimal point. In the examples in the 
preceding paragraph, it is clear that the zero i$ the number 
32,056 was a measured zero, and was not p\;t in to locate the 
decimal point. „ * 

Zeros at the extreme left of a number are always insignificant, 
since there is no other reason for using them than to locate the 
decimal point. But with the number 230.00, the final zeros did 
not have to be put in to locate the decimal point. They should 
not be put in at all unless they represent measurements. The 
number 230 and the number 230.00 do not mean the same thing 
in scientific work, even though in pure mathematics they are the 
same. In science the number 230 means that a measurement lies 
between 225 and 235; while the number 230.00 means that the 
measurement lies between 229.995 and 230.005. It is obvious 
that the figure 230.00 represents a far more accurate measurement 
than the figure 230. The convention in scientific circles is to 
writ-g only as < many digits as are known to be correct, adding 
enough zeros to locate the position of the decimal point if its 
position would not otheiwise be evident. Digits so written (not 
including the zeros added merely to locate the decimal point) are 
called significant figures. 

The student sometimes feels that the number 0.000324 must 
represent a very accurate measurement on account of the zeros 
which precede it. We have said that these zeros arc not signify- 
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cant. Suppose you have measured a distance and found it to be, 
as nearly as you can tell, 324 mm. You can express this fieastire- 
ment also by saying that it is 0.324 m. or that it is 0.000324 km. 
*You have not increased the accuracy of the measurement by 
using larger units (kilometers instead of meters). You have 
exp&ssed exactly the same measurement in three different waysf, 
and each of the three numbers 324; 0.324; and 0.000324 b#s the 
same number of significant figures, namely, three. 

^•4. Standard Notation.—Sometimes, to be sure, we may have 
zeros at the right-hand end of a number when they really are 
significant. Suppose 1 measure a distance and find that it is 
100 ft. to the'nearest foot. I k^ow that it lies between 99.5 and 
100.5 ft. 'Under these circumstances the two zeros really repre¬ 
sent measurements, p'et under our rules they would be called 
nonsignificant. Or, of course, one of the zeros might be signifi¬ 
cant while the oth'er was not, if I had found the distance to be 
between 95 # and 105 ft. to the nearest 10 ft. Thus we see that the 
number 100 may # have one, two, or three significant figures, 
depending on*the actual accuracy of the original measurement. 

Often we can tell whether sucji zeros are significant or not by 
the context. * Suppose, for example, that I am given a column of 
figures on cotton production for various years, and I find these 
figures: • 


Year 

Production 

1938 

365,000 

1939 

371,000 

1940 

390,000 

J941 

396,000 

1942 

407,000 

1943 

417,000 


1 note that one of the numbers, that for 1940, appears to have 
•but two significant figures according to our rules, yet it is fairly 
safe to assume that it, like the other numbers, was^iven to the 
nearest thousand and that one of its zeros is significant. m 
When one «vishes to show which zeros ar* significant and which 
are not, it can be done easily by means of what is called standard 
notation . Our system of enumeration is based on the radix 10, 
and every number in our system can be stated in the form of some 
* number multiplied by a .power of 10. For example, the number 
26 is 2 X 10; the number 200 is 2 X 100, or 2 X 10 2 ; the number 
2^4 js 2»34 ^ fbo, or 2.34 X 10 2 . Here are several other num¬ 
bers, £ach stated in the psual form and also in sjjandard notation: 
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Usual 


Standard 

Form 


Notation 

15,325 

1.5325 X 10 4 

21 

2.1 

X 10 1 , or 2.1 X 10 

2.1 

2.1 

X 10°, or 2.1 X 1 

0.21 

2.1 

x io-> 

0.021 

2.1 

x io-* 

0.0021 

2.1 

X io-’ 


The student will see at once that when the exponent of 10 is 
positive it means, “move the decimal point so many places to the 
right.” Thus 1.5326 X 10 3 means 1.5326 with the decimal point 
moved three places to the right, or 1532.6 When the exponent 
of 10 is negative, it means “move the decimal point so many 
places to the left.” Thus 2.345 X 10~ 4 means 2.345 with the 
decimal point moved four places to the left, or 0.0002345. 

Now let us go back to the problem that we raised at the begin¬ 
ning of this section. How can we indicate that one,of the zeros, is 
significant and one is not in the number 100? Firs* we write it 
in standard form, when it could appear s in ary of the following 
ways: 

1 X 10 2 
1.0 X 10 2 
1.00 X 10 2 

When one thinks of the numbers as pure numbers, these seem to 
be the same. But the first has one significant figure, the second 
has two, and the third has three. We note that the second num¬ 
ber includes the expression 1.0. In this number the zero is signi¬ 
ficant under the rules as given on pages 11-12. In the number 
1.00 both zeros are significant under our rules. Therefore we see 
that when we write 1 X 10 2 we mean that only the figure 1 is 
significant; if we write 1.0 X 10 2 we mean that the 1 and one 
of the zeros are significant; and if we write 1.00 X 10 2 we mean 
that all three digits are significant. A number is in standard 
loftk when wfe have written the first digit followed by a decimal 
point, and then such other digits as are significant, with the entire 
number multiplied by whatever power of 10 is necessary to put the 
decimal point in the proper place. 

2.6. Computations with Approximate Numbers. —The rules, 
that we all learn for the simple arithmetical procedures of addi¬ 
tion, subtraction, multiplication, and division sfre based on the 



THE MEANING OF NUMBERS 


15 


assumption that we are using “pure numbers”—nuiftbers that 
are exactly accurate and mean exactly what they say. put when 
we use numbers that are merely approximations, as we almost 
always do in science, these rules are likely to give us misleading® 
conclusions. For example, suitpose you are to find the average 
of the numbers 7, 4, and 6. By common arithmetical methods 
you would add the three numbers and divide by 3 to get f 

1 % = 5.666666666666 . . . , 

carrying out the computation to as many 6*s as your patience 
would permit. But jyhen we remember that these numbers are 
not accurate, ya realize that the number 7 means “somewhere 
between 6.£ and 7.5,” the number 4 means “somewhere between 

3.5 and 4.5,” anctthe number 6 means “somewhere between 5.5 
and 6.5.” The sum *)f our three numbers could be as low as 

6.5 + 3.5 + 5.5 = J.5.5; or it might be as large as 

• 7.5 + 4.5 + 6.5 = 18.5. 

• • 

In the first case i^ie average would be 15.5/3 = 5.17 approxi¬ 
mately. • In the latter case the average would be 18.5/3 = 6.17 
approximately. What is the sen§e in carrying out the answer as 
5.66666^666 .*. . when we are not sure of even the first digit? 
The long line of 6’s does not represent actual measurement, and 
the numbers should not be there. They are not significant. They 
are not digits which are really known at all. We see at once that 
vfiien our original figures are more or less inaccurate there is no 
reason to carry out computations to large numbers of decimal 
places which contain only a pretended accuracy. Therefore we 
shall need to use new rules for the simple arithmetical processes to 
adapt ttosm for use with approximate numbers. 

2.6. Multiplication and Division of Approximate Numbers.— 
When multiplying or dividing two or more approximate numbers 
the following rules should be used: # 

• 1. Round off the numbers with the largest number of significant figures 
until they havejbut one more significant figure tl^an does lhat one oi Uie 
numbers which has the smallest number of significant figures. 

2. Multiply or divide the rounded numbers in the usual way. 

3. Round off the answer (product or quotient) until it has no more 
significant ^figures than has that one of the original figures which contained 
the smallest number of significant figures. 

These rules can best be understood by illustrations. 
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What is # the area of a table top that measures 72 X 36 in.? 
Botfu nmn*bers have two significant figures. No preliminary 
rounding off is necessary. We multiply 72 X 36 = 2592. We 
round off f the answer to two significant figures to get 2600 sq. in., 
which we give as the answer. The answer 2592 sq. in. should not 
be given, since it contains a pretended accuracy. When the 
original measurements are given as 72 in. and 36 in., the area may 
be anywhere between 2646.25 sq. in. (as it would be if both 
original figures had the greatest possible values) and 2538.25 
sq. in. (as it would be if both original figures had the smallest 
possible value). To pretend that we know the area to the nearest 
square inch when we do not even know it for certain within 100 
sq. in. is likely to mislead ourselves as well as others. r The 
student will notice that even our rules give slightly more signifi¬ 
cant figures in the answer than we are sure of, since they give an 
answer of 2600 sq. in. while we are not even sure of the second 
digit. If the rules for computation given here seem to the student 
to be rough, approximate, and inaccurate, he may rest assured 
that these rules do not discard any accuracy which really existed, 
but only imaginary accuracy. 

One more example: We measure the circumference of a large 
cylindrical water tower, using a foot rule. Because of the crude¬ 
ness of our apparatus we are not sure of the result to thousandths 
of inches, but in our best judgment the circumference is 530 in. 
the first two numbers only being significant. What is thd 
diameter of the tower? We look in our textbooks end tind that 
the diameter can be found by dividing the circumference by 
3.14159265358979323846 . . . , or we consult our memories and 
recall that we can divide by 3.1416; 3.14; or 3 Yi. Sk*ce our 
measurement of the circumference was inaccurate (as far as we 
can be sure) at the start, it would be foolish to use extremely 
accurate values of tt in our computation. Our first rule says to 
round off the number with the most significant figures. Our 
ritftokber with the least significant figures, 530, contains two; so we 
round off the value of ir to three significant figures—one more than 
we have in the least accurate figure. This gives us a value of 
3.14 for tt. We now divide to find 



THE MEANING OF NUMBERS 


17 


We know at once that we do not need to carry the computation 
further, because we want the result to two significant figures ctoly. 
We carry it one more place to discover whether it is nearer >60 or 
*170, but we now round off the result and give our final answer a£ 
170 in. for the diameter. If want to know the diameter with 
mote accuracy, it will not help us to use a more accurate value of ? 
or to carry our result to more decimal places. The only way we 
can learn the diameter more accurately is to measure the circum¬ 
ference more accurately at the start. 

2.7. Addition and Subtraction of Approximate Numbers. —The 
rides .for addition and subtraction of approximate numbers are 
based, not on*tffe significant figures, but on the decade, or number 
of tKe column counting from the decimal point. Suppose we are 
told that the distance from New York to Chicago is 910 miles and 
10 miles the other side of Chicago we come to a fork in the road. 
We are to take th& right fork and proceed 150 ft., where we find 
a house. We walk up the front walk to the door, a distance of 
38 ft. There is a table 7 ft. 2 in. from the front door. On the 
table, Q.32 in* from the edge, is a box. How far is the box from 
New York City? • We see that it would be foolish to add together 
910 mites, 150 ft., 38 ft., 86 in./and 0.32 in.—even though each 
of the measurements contains two significant figures. If we kno ft 
the distance from New York to Chicago only to the nearest 10 
miles, we cannot start adding inches and make sense. Therefore 

^>ur rules for addition and subtraction of approximate numbers are 

• • 

1. Arrange the figures in a column, all in the same units (all in feet or 
miles or inches, for example} with the decimal points over one another. 

2. Find the column containing one or more nonsignificant figures which 
is farthest to the left. 

3. Round all the other figures off so that their last significant figure is in 
this column. 

4. Add or subtract in the usual way, using the rounded figures. 

5. Round off the answer (sum or difference) so that it JSjas its last sig¬ 
nificant figure as far to the left as that one of the original numbers whose 

last significant figure was farthest to the left. • 

This sounds a gpod deal more complicated than it is. Again we 
illustrate. 

It is fcstim^ted that the number of immigrants coming to the 
United Spates between the close of the Revolutionary War and 
1820 w|ts 250,§00. # From 1820 to 1900 the number coming was 
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19,123,606, and from 1901 to 1940 the number was 19,166,837. 
What vfas the total number of immigrants from the Revolutionary 
Wan to r i940? Familiar methods would lead one to add the three 
o numbers and find a total of 38,540,443. A momenta thought 
will show us, however, that we are not justified in doing this. 
Pur first number is an estimate. Possibly the number of immi¬ 
grants in this first period was really 250,001, or maybe it was 
251,395. The four zeros in the number 250,000 are not supposed 
to represent exact measurement. They represent some unknown 
numbers, which would take v their places if we knew the actual 
facts. So if we set up our numbers for addition in the. usual 
manner, we might substitute question marks for ’these zeros to 
show that we do not really know the values in those columns. 
This would give us the following problem in addition: 

25?,??? 

19,123,606 

19,166,837 

This is like being told to add 6 and 7 to some unkpown number. 
The answer will also be unknown. Therefore we follow the rules 
just given. We round off the two latter numbers until they have 
ctheir last significant digit in the “thousands column,” since the 
nonsignificant digit farthest to the left (the first zero in 250,000) 
is in this column. This gives us our problem in this form: c 

250,000 

19,124,000 

19,167,000 

38,541,000 

This gives us an answer of 38,541,000 instead of an answer of 
38,540,443. The latter had an unwarranted and pretended 
accuracy in its final digits. Even our rule carries us one column 
further than we are sure of, since in the thousands column we 
ad^Jgd 7 and t 4 to an unknown number. Hence we now round 
off the answer until its. last significant figure is in tne “10-thou- 
sand column,” since in our original numbers we had one case 
where the last significant figure was in this column. This gives 
us a final answer of 38,540,000 immigrants. If we state our rule 
loosely (and the meaning should now be understandable), we can 
say that we first round off to one more columr than is really 
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known, and then add or subtract. We then round off our answer 
to the last column that is really known. # • 

It is quite possible to lose many, or even most, of our sighifi«ant 
figures in the process of subtraction. For example, let us ask • 
how many more immigrants oarAe to the United States from 1901 
to 1940 than came from 1820 to 1900. The original figures are # 
given in the preceding paragraph, and we subtract as follows: 

19,166,837 * 

. -19,123,606 

43,231 

We started with«two numbers, each containing eight significant 
figures. Qur difference contained but five significant figures. 

2.8. A Horrible Elample.—Suppose you are asked to find, as accurately 
as you can, the weight of the earth. You look up the necessary original 
data and find the following: 

8. The volume of a sphere is 4.1888r 3 where r is the radius. 

6. Estimates of the*polar radius of the earth vary from 6,356,079 to 
6,356,992 m. 

c. Estimates erf the equatorial radius of the earth vary from 6,377,397 
to 6,378,388 m. , 

d. A meter is £.28 ft. • 

e. The density of the earth is 5.5 times that of water. 

/. Water weighs 62.5 lb. per cubic foot. 

All these figures are approximations, and from them you wish to ascertain 
the woight of the earth. You decide that you will use as the radius the 
f* r erage of the four figures given in b and c, which gives you a value of 6,367,- 
214 m. M you follow the rules of. arithmetic, forgetting the rules that we 
have just learned, your computations will be as follows: 

1. Cube of radius is 258,135,859,576,097,196,344 cu. m. 

2. Volume is found, by multiplying (1) by 4.1888: 

• 1,081,279,488,591,955,925,045.7472 cu. m. 

3. Each cubic meter contains 3.28 3 cu. ft., or 

35.287552 cu. ft. 

m 4. Volume of earth in cubic feet is product of (2) and (3): 

38*55,706,190,222,051,486,759.90669*8544 cu.'ft. 

5. From / and g above, a cubic foot weighs • 

343.75 lb. 

• • 

6. Weight of eSrth is product of (4) and (5): 

_ 13,116^)24,002,888,830,198,573,717.927731200000 ib. 
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If, on the. other hand, we use the rules that have been given, we note 
first that the density of the earth is given to but two significant figures, as 
5.5 times^that of water. Therefore we round off all our other figures to 
three°significant figures and state them in standard notation, thus: 
rj a. Volume of a sphere is 4.19r 8 . 

b. Radius of earth is 6.37 X 10* m. * * 

c. A meter is 3.28 ft. «■ 

d. Density of earth is 5.5 times that of water. 

e. Water weighs 62.5 lb. per cubic foot. 

We then carry out our computations, remembering that when we multiply 
two numbers we add the exponents of the figure 10, and when we raise to 
the nth power we multiply the exponent by n. This gives us the following 
steps: < 

1. Cube of radius is 258 X 10 18 , or 2.58 X 10 20 _ f 

2. Volume of earth is (1) times 4.19, or 

10.8 X 10 20 , or 1.08 X 10 21 -■» 

3. A cubic meter contains 3.28 3 cu. ft., or 

3.53 X 10 cu. ft. 

4. Volume of earth is product of (2) and (3), or 

3.81 X 10 22 cu. ft. 

5. From d and e above, a cubic foo,t weighs 

3.44 X 10 2 lb. 

6. Weight of the earth is product of (4) and (5): 

13.1 X 10 24 , or 1.31 X 10 25 lb. 

The answer which we get this way, namely, 1.31 X 10 25 lb., is as accurate 
as we can possibly get with data as inaccurate as those with which we 
started. We have saved ourselves a great deal of arithmetic and have not 
misled ourselves with fictitious accuracy. The long, tedious processes of 
ordinary arithmetic gave an answer to the 12th decimal place, whi#~ means 
that we pretend to know the weight of the earth down to the last tiny grain 
of sand; while as a matter of fact we started with a, density of the earth 
about which we knew only that the figure lay between 5.45 and 5.55. The 
correct method of computation can be carried out on a slide rule with 
accuracy as great as is warranted by the original figures. It actually took 
45#^in. to get this answer with the slide rule. The student might try 
timing himself on even th§ single process of cubing 6,367,214, which we took 
in both cases to be the radius of the earth, to see how much time is saved 
by following the correct procedure. But it should be emphasized that the 
rules given in this chapter are not intended to save time . Timesaving is just 
a pleasant by-product. The rules are used to keep us froiij giving* a purely 
fictitious accuracy to our results. The rules afce intended to keep us from 
saying that we know something when we really merely conjecture it. A 
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very large part of the data obtained with ordinary measuring instruments 
is inaccurate enough at the start so that we introduce no new i^atcura^y if 
we carry out our computations with a slide rule. # • 

• 

2.9. Rounding Off Numljei^.—In rounding off numbers the 
accented practice is to leave the last digit retained just as it is if 
the quantity rounded off amounts to less than half of one of the 
units retained, but to increase by one unit the last digit retained 
if the quantity rounded off exceeds half of one of the units 
retained. If the quantity rounded off amounts to exactly one- 
half a unit, the conyention is to leave unchanged the last digit 
retailed if it is $ven, but to increase it by unity if it is odd. This 
means th^t the last unit of the rounded number is left even if it 
was even or is nrade even if it was odd—both times, of course, if 
the quantity rounded off is exactly half a unit. The purpose 
of these rules is t$ increase the number kept half the time and 
lSave it unaJtered half the time, on the theory that such a pro¬ 
cedure willr tend to balance the positive and the negative errors 
on the average over any large number of cases. We can illustrate 
the rulfes as follow^: 

Round off eaeh of the following numbers to three significant figures: 

236,941 is rounded off to 237,000 since the part rounded off (941) & 
greater than one-half (500). The last unit kept is in the thousands, and 
941 exceeds half a thousand. 

23(>,241 is rounded off to 236,000 since the part rounded off (241) is less 
\han half a thousand, and the last number kept is in the thousands. 

2,365,dbl isbrounded off to 2,370,000 since the last significant figure is in 
the 10 thousands ^nd the part rounded off (5,001) exceeds half of 10,000. 

236,500 is rounded off to 236,000. The part rounded off (500) is just 
half a unit, so we leave it even. 

235,3B0 is also rounded off to 236,000. The part rounded off is exactly 
half a unit, so we make the uneven number even by increasing it one unit. 

299,700 would be rounded off to 3.00 X 10 s . If we do not use standard 
notation we get 300,000 when we round it off, yet obviously some of the 
zeros are significant. We were rounding to three significant figures, so we 
•gave the 3 and the two zeros, writing in standard form. 

• ■> 

• . . 

These rules are not followed invariably in statistical computa¬ 
tion, especially when the use of computing machines makes it as 
easy to carry a result to 10 as to 2 places. Also, for reasons that 
will become eyident later, it is sometimes necessary to carry out 
ihtermediflte computations to several decimal places in order to 
ensure jthe desired .accuracy of final conclusions. The student 
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should always be on his guard, however, against “accuracy” that 
is pureiv*fictitious, and the rules given above should be kept con¬ 
stantly in mind as guides. 1 

I * 

2 . 10 . Suggestions for Further Reading.—The student wiH probably learn 
( more about this subject by working out many examples than he 'tfill by 
further reading. C. H. Richardson, “An Introduction to Statistical 
Analysis,” Harcourt, Brace and Company, New York, 1935, gives a good 
and simple treatment in his introductory chapter. A brief but faulty 
statement appears in the 13th edition of the Encyclopaedia Britannica 
(also in the 11th and 12th editions) in the article on arithmetic, section VII 
on approximation, subsection 82 on degree of accuracy. It would be good 
practice for the student to discover for himself the error in the definition of 
significant figures there given. The last section of Chap. V ir E. F. Lind¬ 
quist's “A First Course in Statistics: Their Use and Interpretation in Educa¬ 
tion and Psychology,” Houghton Mifflin Company, Boston, 1938, gives a 
good brief discussion. David Brunt, “The Combination of Observations,” 
Chap. I, Cambridge University Press, London, 1931, discusses accidental 
and constant errors, with comments on errors caused by measuring instru¬ 
ments and those caused by the observer. He also points ou.t (with proof) 
that the arithmetic mean of a number of obs3rvatlons is more accurate 
than the observations themselves. In general, perh ,ps the best treatment 
of the subject is found in books in the field of physics or astronomy which 
deal with the problem of measurement. See, for example, William Chauve- 
• net, “A Manual of Spherical and Practical Astronomy,” Vol. II, Appendix, 
J. B. Lippincott Company, Philadelphia; or Dascom Greene, “An Introduc¬ 
tion to Spherical and Practical Astronomy,” Appendix, Ginn and Company, 
Boston. A splendid treatment appears in Willford I. King's “ The Elements 
of Statistical Method,” Chap. VIII, The Macmillan Company, New York, 
1922. ' 4 

1 It can be shown with little difficulty that one can expect, on the average, 
somewhat more accuracy in the arithmetic average of a set of numbers than 
there is in the original numbers themselves. This can be shown either 
empirically by finding the average of a set of numbers, rounding off some of 
the known digits, and comparing the average of the rounded numbers with 
the average of the original numbers, or on a priori grounds. We should, 
on the average, be able to carry one more significant figure in our average 
there is in the original figures if we take the average of 10 numbers, two 
more significant figures i / we take the average of 100 numLers, three more 
significant figures if we take the average of 1000 numbers, etc. If we have 
the weights of 100 people, each weight to the nearest pound, we can theo¬ 
retically carry the average weight to the nearest hundredth of a pound. 
In practice, if we are dealing with large numbers of cases, it is probably safe 
to carry the average to one more significant figure than the original figures. 
For an explanation of this fact, see Raymond Pearl, “Medical Biometry and 
Statistics,” 2d ed., pp. 362/., W. B. Saunders Company, Philadelphia, 1930. 
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EXERCISES 

• • • 

1. How many significant figures are there in each of the following^iunjbers: 

£200; 134.6; 0.00064; 19,000.00; 1.300 X 10 8 ? # 

2 . Multiply 345.982 by 13.6, # assuming that both are approximate 
numbers. 

3 . The value of w has been computed to several hundred decimal places* 
How would you decide, in the case of any actual problem, how many places 
to use? 

4 . What answer would you give to the critic who says that rounding off 
of original figures and of answers makes conclusions inaccurate? 

6. Round off each of the following numbers until it has two significant 
figures *3456.7; 0.0009466; 1821; 1871; 18,501; 19,500; 18,500; 19,999. 

6. A distance hdb been measured as 540,000 ft. correct to the nearest 
10 ft.;*that is, it is known that the tfue distance is between 540,005 and 
539,995 ft. Write the measurement in such a way as to make it clear just 
how accurate the number f is. 

7. When dealing with pure numbers you have been taught the “ table of 
ni^es” as 9 X 1 » 9, V X 2 =■ 18, 9 X 3 * 27, etc. Write the “table of 
nines ,, as it \9ould appear if the numbers involved were approximate 
measurements*. 

8 . Suppose a man i« asked how many people attended a boxing bout last 
night. He reasons as follows: “The parking lot must be about 2J^ acres in 
size. It was about three-quarters full. # I suppose you can get about 500 or 
600 cars to the acre—call it 500 to be safe. And suppose there were two 
people to the car. That would make 1875 people in attendance.” Com- • 
ment on his answer. Assuming that his original figures are reasonable, what 
would you give as the answer? 

9. I Wn a rectangular building lot. The frontage on the street has been 
surveyed and found to be 97.53 ft. The depth of the lot has not been 
accurately*measured, but I paced it as 30 paces. My pace is approximately 
5 ft. What is the area of the lot? 

10. In an old graveyard wt find a tombstone “Sacred to the Memory of 
Garland Waggoner, died August 14, 1731, aged 89 years.” In another 
plot we flhd another stone “Sacred to the Memory of Howard D. Newton, 
who departed this life August 14,1731, aged 74 years, 8 months, and 7 days.” 
How much older was Waggoner than Newton? 
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THE FREQUENCY DISTRIBUTION 


* 3.1. The Frequency Table. —The statistician usually works 
with large numbers of data. Originally, of course, these data are 
in the form of individual measurements. For example, the 
following figures are the marks' received by 90 students on an 
examination in elementary economics, the highest possible mark 
being 208: 


104 

57 

85 

203 

128 

121 

81 ^ 

105 

107 

100 

166 

109^" 

138 

75 

114 

75 

118 

109 

14 lOf 

81 

65 

143 

102 

igV 

157 

149 

94 

135 

151 

181 

49 

158 

95 

206 

55 

81 

191 

142 

85 

82 

114 

79 

81 

136 

,133 

122 

76 

103 

158 

43 

159 

150 

88 

176 

133 

153 

89 

89 

156 

v 112 

136 

92 

106 

112 

90 

119 

156 

82 

84 

163 

147 

179 

123 

® 104 

85 

131 

73 

107 

164 

J58 

168 

93 

154 

lb2 

112 

69 

139 

142 

113 

147 


y/Even here, where we have but 90 figures, the impression 
rqggived by inspecting the data is not sharp and clear-cut., 
Moreover, this method of listing the data takes »nnuch room. 
Hence*statisticians usually condense results of this kind into 
more usable form. For example, they might make a table 
showing the number of times each mark occurred. This would 
appear like Table 3.1. 

Here we have the advantage that t he figu res have been 
arranged in order of magnitude, but we still ha$e too many 

: / 1 
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Table 3.1.— Marks Received by 90 Students on an ExaiAnation in 

Elementary Economics. Highest Possible Mark, 20$ • 

- " t — —■ — 


Mark 

• 

Number 

Mark 

Number 

Mark 

Number 

Mark 

Number 

206 

1 

151 

r 1 

113 

1 

i 

84 

1 

203* 

1 

150 

1 

112 

3 

82 

2 

191 

1 

149 

1 

109 

2 

81 

4 

181 

1 

147 

2 

107 

3 

79 


179 

1 

143 

1 

106 

1 

76 

1 

176 

1 

142 

2 

105 

1 

75 

2 

168 

1 

139 

1 

104 

2 

73 

1 

166 % 

1 

138 • 

1 

103 

1 

69 

1 

165 * 

1 . 

•136 

2 

102 

2 

65 

1 

164. 

.1 

133 

2 

•101 

2 

57 

1 

163 

1 

J31 

1 

95 

1 

55 

1 

159 

1 

128 

1 

94 

1 

49 

1 

158 

3 

123 § 

1 

93 

1 

43 

1 

157 

1 


1 

92 

1 



^56 

1 • 

121 

1 

90 

1 

Total... 

90 

154 

1* 


1 

89 

2 



153 

1 

118 

( 1 

88 

1 



152 

• 1 • 

114 

2 

85 

3 





i_ 







entries for easy comprehension. These data would usually be • 
condensed even more into the following form: 


Table # 3.2.—Marks Received by 90 Students on an Examination in 
• Elementary Economics. Highest Possible Mark, 208 


• 

Mark 

Number of Cases 

i 

Mark 

Number of Cases 

200-209 

• 

2 

110-119 

8 

190&-199 

1 

100-109 

14 

180-189 

1 

90- 99 

5 

170-179 

2 

80- 89 

13 

160-169 

5 

70- 79 

5 

150-159 

11 

60- 69 

2 

140-149 

6 

50- 59 

2 

130-139 

7 

40- 49 

• 2 

120-129 

4 

* 9 

- . 



Total... *.. 

90 


• 




Of course, it is.ilot necessary that we group the marks in classes 
of 10. Wa might choose *to group them in classes of 50, in which * 
case we $houlcHiave*had the following: 













26 


ELEMENTS OF STATISTICAL METHOD 


Table 3.3. 1 — Marks Received by 90 Students on an Examination in 
, ^lbmentary Economics. Highest Possible Mark, 208 


Mark 

Number of 
Cases 

200-249 

2 

150-199 

20 

100-149 

39 

50- 99 

27 

0- 49 

2 

Total. 

90 


It will be noticed immediately that as we group the data in | 
larger and larger classes we gain simplicity but lose detail. In 
neither Table 3.2 nor Table 3.3 do we know a single mark that 
was assigned. We cannot tell whether or noi anyone received a 
mark of 102. To be sure, we know that 39 students received 
marks from 100 to 149, but whether any one or all of them 
received the mark of 102 is not stated. We |*ave condensed our 
data and made it easier to get an idea of the distribution of marks 
received by this class. But we have done it at the cost of 
exactitude. 

^ Let us note, first, several things about the form of these tables. 
When data are, arranged, a g these are, so tha t we are told the 
number of times that each of various values occurs, we say thai, 
we have b, frequency table . Frequency tables may give each value 
that occurs and tell the number of times that it occurs, as does 
Table 3.1, page 25. More commonly they divide the data into 
classes and show the number of cases that fall within the ) ; mits of 
each class. This is the form in which Tables 3.2 and 3.3 appear. 

3.2. Class Limits. —Let us turn our attention now to the num¬ 
bers used to denote the classes. In Table 3.3, we find the classes 
described as follows: 

„ 200-249 n* 

150-199 

100-149 

etc. 

f Each class is bounded by two figures, 'NVhich are oallejl the class 
limits. The class limits of the first class listed in Table 3.3, for 
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example, are the numbers 200 and 249. The larger of these! 
numbers (249) is called the upper limit , and the smallei;*(20(J) is j 
the lower limit . # 

Class limits are not always gxactly what they seem on casual* 
inspection of a frequency table. Suppose, for example, that we 
have been testing samples of rubber bands produced in a certaiif 
factory to find out how heavy a load each band will carry before 
it breaks; and we find 123 samples to be distributed as in Table 
3.4. 

Table 3.4.— Hypothetical Example of Breaking Points of 123 Rubber 
. • Bands 


.Breaking 

Point 

(pounds) 

Number 

of 

Cases 

4- 6 

5 

7- 9 

23 

10-12 

68 

13-15 

21 

16-18 

6 


At first sight it would seem that the 68 rubber bands which are 
listed together all broke at weights of 10 or 12 lb. or somewhere 
in between.^ We should be likely to conclude that the class 
fimits are 10 and 12 lb. It would be surprising that we should 
have bands breaking between these points, but none breaking at 
weights between 9 and 10 lb. If the upper limit of one class is 
9 lb. and the lower limii of the next class is 10 lb., we have no 
place classify weights of 9.3 lb., for example. 

At this point we need to recall from the preceding chapter just 
what these numbers mean. We remember that the number 9 
means “between 8.5 and 9.5,” so when the upper limit of a class 
js given as the number 9, the actual limit is 9J>. The lower limit 
of the next^lass is given as the number 10, bflt this means 
“between 9.5 and 10.5,” so the actual lower limit is 9.5. Thus 
we see that there is really not a “no-man’s land” between the 
classes. The stated limits are 10 and 12, but the actual limits are 
9.5 and 12.5. .• 

YetTEq" actual limits' are not always halfway between the 
stated ljjnits. •If wq had a frequency table showing the numbers 
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I 

of families with various numbers of children, the first two classes 
might fyave the following stated limits: 

, 1-3 

4-6 

r Here it would be incorrect to say that the upper limit of the first 
clas$ was really 3.5 children. There are no families with 3.5 
children. We know from the nature of the data that the upper 
limit and the stated limit in this case are the same. We have toi 
decide what the stated limits mean by our knowledge of they 
characteristics of the data with which we are working, and it is 
always dangerous for a statistician, no matter how competent 
he may be in technical statistical theory, to work with data that 
he does not understand. 

There is, however, still another sort of case that needs explana¬ 
tion. Purely for convenience of tabulation; statisticians have 
agreed that when the stated upper limits of all classes end with the 
digit 9 the upper limit is to be considered as extending clear up 
to the lower limit of the next class as stated. For example, we 
might restate our hypothetical example of the breaking points 
of rubber bands by transforming the class limits of Table 3.4 into 
* the form given in Table 3.5. 

Table 3.5.— Hypothetical Example of Breaking Points of P23 Rubber 

Bands «, 


Breaking 

Point 

(pounds) 

Number 

of 

Cases 

4- 6.9 

5 

7- 9.9 

23 

10-12.9 

68 

13-15.9 

21 

16-18.9 

6 


In Table 3.5 each upper limit ends with the digit 9 Hence the 
upper limit of the lowest class, for example, is taken to be, not 
6.9 as stated and not 6.95, halfway between the stated upper 
limit and the stated lower limit of the next class above, but as 
6.999. . . . In other words, any value as large as 4 but not so 
large as 7 would be put in this class, even if it fell short of 7 by an 
exceedingly small amount. This method of Evaluating class 



THE FREQUENCY DISTRIBUTION 


29 


limits is an exception to the general rule for interpreting the mean¬ 
ing of numbers—an exception that is made merely because the 
statistician, in looking over his original data, can save a good deal 
of time if he knows that every value which begins with 4, 5, or 6 
goes in this class, regardless of tRe decimal which may follow it. 

In trder to make the meaning of class limits even more evident, < 
some authors state them thus: 

4 and under 7 
7 and under 10 
10 and under 13 
etc. 

These* limits obviously mean exactly the same as those of Table 
3.5. Other writefs, in an effort to save time, write these same 
class intervals thus: f 



7- 

10 - 


In these fcases the upper limits are not stated, and it is understood 
( that the jentries mean “from 4 up to but not including 7” “from 
7 up to but not including 10,” etc. The lower limits are stated, 
and the class is supposed to run up to the lower limit of the class 
that follows. This method of statement, however, is likely to be 
difficult for the novice to interpret. While it may be a useful 
timesaver*for the* statistician's own private work, it is not so good 
for publication as the other methods which have been mentioned. 

The student should develop the habit of inspecting every 
frequency table that he comes across to see if he can determine 
the actual class limits as distinct from those stated in the table. 
This sort of practice will do more than anything else to show the 
advantages of some statements and the disadvantages of others. 
^When class limits are properly given, there is no room for doubt 
to where any particular value should be classified. As one, 
further example, suppose we are classifying men according to 
their weights, and two adjacent classes have the following stated 
class intervals: • 

. 173-182 

• # . 183-192 

There is no question in this case where we should put a man who 
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weights 182.3 lb. The actual upper limit of the lower class is 
182.5, and the item 182.3 should be included there. To be sure, 
one 'could not be certain where he should put a case of exactly 
c 182.5 lb., Some authorities would favor dividing such a casd 
between the classes, giving each of them one-half a case. Even 
<sasier, if our measurements have been made as accurately os to 
the tenth of a pound, would be to state our class limits thus: 

172.5- 182.4 

182.5- 192.4 

Now it is obvious where the case reported as exactly 182.5 goes. 
By stating our class limits to a decimal accuracy as great as the 
measurements that are to be classified, we are able to eliminate all 
doubt on classification. 

.• 3.3. Overlapping Class Limits. —One sometimes sees tables 
published with the upper limit of one class coinciding with the 
lower limit of the next class, thus: 

25-27 

27-29 

29-31 * 

etc. 

■ v 

In such cases it is impossible to tell where to classify an item thatl 
is exactly 27 or exactly 29. It seems to belong in two classes. Itj 
is confusing to the reader, and bad practice generally, to use such! 
overlapping class limits. 

3.4. Open-end Classes. —Another bad practice oiten followed 
in making frequency tables is to set up a first class, or a last one, 
or both, in such a way that it is impossible to tell what the class 
limits are. We can illustrate this with Table 3.6, which is in 
many ways an example of how not to make a frequency table. 

Table 3.6.— Ages or Houses on Utah Farms. Hypothetical Data 


Age 

(years) 

Number of 
Horses 

0- 2 

35 

2- 5 

.78 

6-10 

220 . 

10-20 

715 f 

Over 20.. 

31 
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In this table there are not only overlapping class intervals, and 
class intervals of unequal length, but also it is impossifey* to tell 
whether the 31 oldest horses were all very close to 20 years olcl, or 
whether they ran all the way up to 35, 40, or 50. Such*a class is 
called an open-end class , and tne inclusion of such classes in a 
freqifency table materially reduces the value of the table to the # 
statistician. If it seems necessary for any reason (such* for 
example, as those stated in Sec. 3.18) to leave an open-end class 
at either end of a table, it would add greatly to the value of the 
table if some further facts were given about the items included 
in the«open-end class! In Table 3.6, for example, it would help 
materially if ah asterisk were placed beside the figure 31 and a 
statement Were then made below the table saying, “The average 
age of these 31 horse| was 22.4 years,” or words to that effect. 
IWhen an open-end class is used, one should give either the total 
/or«the average of tile items in the class. 

3.6. Class Intervals.—The difference between the actual lower 
limit of any class £nd the actual lower limit of the next larger 
class is called the class interval. The class interval can also be 
defined as the distance between class marks (see Sec. 3.6). In 
Table 3.S the class interval is 3 lb., since the lower limit of each - 
class falls short by 3 lb. of the lower limit of the next larger class. 
Similarly the class interval of Table 3.4 is 3 lb., although the class 
limits«are stated in different form. In Table 3.3 the class interval 
• is 50. 

There # are -decided advantages in setting up the classes of a 
frequency table in such a way that all classes have the same class 
interval. In Table 3.6*no two classes have the same class 
interval* This would make many statistical computations 
unnecessarily difficult, and should be avoided if reasonably 
possible. At a later point in this chapter (see Sec. 3.18), reference 
is made to some kinds of cases where it seems wise to make 
exceptions to the general rule and to use unequal class intervals, 
T)ut unless th^je is some good reason to the contrary,*the rule thafcf 
class intervals should be equal throughout any given frequency* 
table is a good rule t to follow. 

3.6. Class Marks. —For many of the statistical computations 
that we shall (Jescribe in the following chapters, it is necessary 
to know the class mark o I* the class mid-point of each class in a 
frequency table* This is the va lu^midway bgtween the actual 
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. upper and lower limits of the class. In Table 3.5, for example, the 
dies merles are 5.5, 8.5, 11.5, 14.5, and 17.5 lb. The actual 
limits of the smallest class are 4 and 6.99999 (approaching 7 as a 
limit), and the point halfway between them is found by adding 
them and dividing by 2. In Table 3.4 the class marks are 5, 8, 
11 lb., etc. In this table the actual limits of the smallest class 
are 3.5 and 6.5, and the point halfway between is 5. 

Sometimes, frequency tables are given with the classes defined 
by their mid-points rather than by the class limits. For example, 
Table 3.4 could be recast in the form of Table 3.7, and the two 
tables would be understood to mean exactly the same thing. 

c 

Table 3.7.— Hypothetical Example of Breaking Points of 123 Rubber 

Bands 


Breaking 

Point 

(pounds) 

Number 

of 

Cases 

5 

5 

8 

23 

11 

68 

14 

21 

17 

6 


In this table the reader would understand that all 68 of the 
rubber bands in the central class did not break at exactly 11.0 lb. 
with no others breaking until exactly 3 lb. more had been added. 
He would decide that the values given in the left-hand column 
are class marks. If he needed the class limits he wouH realize 
that, just as the class marks are halfway between the actual 
limits, so the actual class limits are exactly halfway between the 
class marks if the latter are equally spaced. 

It will be seen immediately from Table 3.7 that the class 
interval can* be determined from the class marks just as easily as 
from the class limits if the class interval is constant throughout 
the table. Where there are open-end classes, however, or where 
the class intervals are unequal, the problem is not so simple. 
Yet for most purposes, the class marks are the important things, 
and we can struggle along with unequal class intervals if the class 
marks are known. 
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3.7. Cumulative Frequency Tables. —Instead of descfibing the 
numbers of rubber bands that broke within certain rouges *of 
weight, we might equally well have listed the numbers thal broke 
at or below given weights, or those which broke at or above 
given weights. If we go back to Table 3.5 we see at once that 
only 5 bands broke at weights below 7 lb. Twenty-eight bands 
broke at weights below 10 lb. (since we would have to include 
the 5 that broke below 7 lb. and the 23 that broke between 7 and 
9.9 lb.). Likewise 96 broke at weights below 13 lb., 117 at 
weights below 16 lb., and 123 at weights below 19 lb. These 
figures, can be derived directly from those of Table 3.5 (as the 
student should vdrify for himself), and we could state them in the 
form of Table 3.8. 

« 

Table 3.8.—Hypothetical Example Showing Numbers of Rubber 
Bands with Breaking Points below Stated Amounts 


Breaking 
# Point 
(pounds) 

Number of Bands 
Which Broke at 
Weights below 
Those Stated at Left 

4 

0 

7 

5 

10 

28 

13 

96 

16 

117 

19 

123 


Such a table is called a cumulative frequency table. Another 
form of^pumulative frequency table could be made up showing 
the number of rubber bands with breaking points more than the 
stated amounts. For example, we could transform the data of 
Table 3.5 or 3.8 into the form shown in Table 3.9. 

Sometimes, as in Table 3.8, our cumulative frequency table 
TtSsts the numbers of cases smaller than given £^nounts. In' 
such cases trfl? table starts at zero and the' numbers get larger 
and larger until they equal the total number of items studied. 
Thus Tat^e 3.8 stafts at zero and rises to 123, since there were 
'123 rubb^; bands in the hypothetical example. At other times, 
as in Table 3.9, *fche cumulative-frequency table lists the numbers 
of items lafger Jbhan given amounts. In such cases the table 
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starts with the total number of items studied and the numbers f 
get smaller and smaller until they reach zero. The former/ 
(asin Table 3.8) are called less-than frequencies, while the latterj 
(as in Table 3.9) are called more-than frequencies. 

r 

Table 3.9.—Hypothetical Example Showing Numbers op Rubber 
Bands with Breaking Points above Stated Amounts r 


Breaking 

Point 

(pounds) 

Number of Bands 
with Breaking Point 
Equal to or above 
That Stated at the 
Left 

4 

123 

7 

118 

10 

95 

13 

27 

16 

6 

19 

0 


3.8. Graphic Presentation: the Histogram.—As was pointed 
out in Sec. 3.1, the impression received by inspecting large 
numbers of individual figures is not sharp and clear-cut. In 
order to get a quick impression of the approximate sizes of the 
items, the statistician usually classifies them in a frequency 
table. The figures in Table 3.2 or 3.3 give one a very much 
quicker and more accurate idea of the marks that were received 
by these students than can be obtained from ali tfce distracting 
detail of the original figures which are given on page 24. But, 
as will be pointed out in more general terms ia^hap. XVI, 
perhaps the fastest way of all to get a general impressiqp of the 
characteristics of a mass of statistical material is to present 
them in pictorial form, by means of graphs. 

When dealing with frequency distributions, one of the simplest 
of the graphical methods of presentation is the histogram. 
This is made, by laying out a horizontal scale, representing thf 
sizes of the items (that is, the students’ marks, or the breaking 
points of the rubber bands, etc.), and erecting thereon bars of 
various length, the lengths of the bars showing the numbers of 
cases. The data of Table 3.3, for example, .are shewn in a 
histogram in Fig. 3.1. It will be noted that the frequencies of 
the five classes of the table are now represented by five bars. 
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The base line is marked off to represent the marks received, and 
since the class limits in the table run from 0 to 250 oifr scSle 
runs through the same values. The chart enables us to see &t a 
glance that the commonest marks were those between J00 and 1 
150, that there were very few marks below 50 or above 200, etc. 

If the class intervals in our original table had been unequal • 
in size, it would have been much more difficult to make#our 



• Mark on Examination 


§ Fig. 3.1.—Frequency histogram of 
data of T«,ble 3.3. 



Mark on Examination 
Fia. 3.2.—Frequency polygon of 
data of Table 3.3. 


histogram. Here again we note the value of equality in class 
intervals. When it is necessary to depict data from a table in 
which ♦here are unequal intervals, however, adjustments can 
and should be made as explained in Sec. 3.19. 

3.9. Graphic Presentation: the Frequency Polygon.—As an 
alternative to the histogram, the data of Table 3.3 could be 
Represented by a line connecting the mid-points of the tops of 
the bars of IJjg. 3.1. In such a case we would locate the class" 
marks on the horizontal scale at the base, and over each class 
mark we would locate a point corresponding with the frequency 
within the class. These points would then be connected by 
straight lines, qp«in Fig. 3.2. 

It will bp noted in Fig. 3.2 that our frequency distribution 
is represented Ify a line that starts on the base line at a point 
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one half'class interval below the mid-point of the smallest class. 
ll thefi passes through a series of points, each one vertically above 
on§ of the class marks on the scale at the base. Each of these 
points lies at a distance above the base scale proportional 'to 
the frequency in the class in question. The line finally falls 
back to the base line one half class interval above the largest 
claps mark. 

In the case of the frequency polygon , as such a figure is called, 
as in the case of the histogram, the problem becomes more com¬ 
plex when class intervals are unequal, and in such cases it is 
necessary to make adjustments similar to those described in 
Sec. 3.19. 

The frequency polygon is perhaps more likely to be misleading 
than is the histogram, since the uninitiated is apt to attempt to 
read frequencies from the line at points between class marks. 
It must be remembered that both the histogram and the fre¬ 
quency polygon are based on a frequency table that gave the 
numbers of cases within various classes^ but showed us nothing 
about how they were distributed within those classes. The bars 
of the histogram obviously show the facts for classes as a whole, 
but the unwary reader is likely to select some particular point 
on the base line of the frequency polygon and try to read the 
corresponding frequency from the line. For example, in Fig. 3.2 
he is likely to interpret the diagram to mean that 14-people 
received marks of 50, since the line seems to have a height t>f 
about 14 above the point that represents a mart of "50 on the 
scale at the base. Yet a glance at Table 3 1 will show that 
really not a single student received a mark of 50. The frequency 
polygon must be interpreted as showing the numbers* of cases 
within classes, and not the numbers of cases at particular points. 

3.10. Graphic Presentation: the Frequency Curve.—If we 
could make our class intervals smaller and smaller, the bars in 
Fig. 3.1 would become narrower and narrower. Likewise the 
numbers of cases in the classes would become smaller and smaller 
(see Fig. 3.6). But* if we could study larger and larger numbers 
of cases—not 90 students, but 900, or a million, or a limitless 
number—we could still make the bars narrower and narrower 
without making them disappear altogether. In such a case the 
line connecting the tops of the bars ifi Fig. 3.2 would probably 
come closer and closer to a smooth curve. The ccientist assumes 
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that the values in a frequency distribution are not jusi chance 
affairs, but that they are distributed according to sohk? law. 
The smooth curve which we should get if we could study enough 
cases is called a frequency curve . We often try by one means or 
another to estimate what thes*e frequency curves must be like. 
A large part of Chaps. VII and VIII is devoted to a study of 
certain types of frequency curves and the methods of describing 
them. We can always make a frequency polygon or a histogram 
from.a frequency table, showing how the items were actually 




Fig. 3.3. —Frequency polygon, frequency histogram, and frequency curve, all 
0 based on the data of Table 5.1, page 82. 

• 

distributed; but we can never do more than estimate the nature 
► of the frequency curve that underlies the data. When we do 
estimate such a curve by any of the means described hereafter, 
we usually draw it as a smooth curve on our diagram, thus 
distinguishing it from a frequency polygon, which is drawn with 
straight lines with breaks at the class marks. Figure 3.3 shows 
at the left a frequency polygon of the data of Table 5.1, page 82, 
while the right half of the figure shows a histogram of the same 
data. Superimposed on the histogram is a frequency curve 
computed by ^methods described in Chap. VII. • While the 
histogram shows the way that the heights were actually dis¬ 
tributed in the cases studied, the frequency curve represents, on 
the basis of certain assumptions, the underlying law of the 
distribution of men’s heights. 

8.11. Graphic Presentation: the Ogive. —Just as the frequency 
polygon represente an ordinary .frequency table, so we could draw 
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a chart that showed the data of a cumulative frequency table such 
as Table 3i8 or 3.9. At the left of Fig. 3.4, the data of Table 
3.8’have been so depicted, while at the right of the same figure 
are shown the data of Table 3.9. Charts of this kind, repre¬ 
senting cumulative frequency distributions, are called ogives. 
Often the vertical scale is drawn to represent percentages of 
the total number of cases, running'from 0 to 100 per cent. Such 
an arrangement makes it easier to compare two ogives based on 
different numbers of cases. 




Fiq. 3.4, —Two ogives. The left-hand section is a M less-than” ogive, and the 
right-hand section is a “more-than” ogive. • 


3.12. What to Look For in a Frequency Table.—As was pointed 
out in Sec. 3.10, the scientist assumes that every frequency dis¬ 
tribution tends to follow some design or pattern. Different 
plants or animals or observations of physical phenomena-are not 
all exactly alike, but neither do they differ planlessly. Until 
one has learned to think in terms of frequency distributions, he 
has not really become a scientist. Frequency tables, or their 
graphic counterparts, are basic to an understanding of scientific 
work in general, and particularly to that aspect gf it which we 
study in statistics. * 

The trained statistician gets from a frequency table a good 
summary picture of the distribution on which it is based. He 
notes the approximate maximum and minimuip sizes of items 
which are included and the points, if toy, of heaviest concentra¬ 
tion. If the curve rises toward a high point souiewhejfe toward 
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the center, he notices this fact and the approximate # ppsitien 
of the peak of the curve. • • 

• As an illustration we can look back again at Table 3.3, or 
at either Fig. 3.1 or 3.2, both o> which are based oh that table. 
The statistician looking at this diagram would note at once 
that the marks tend to pile up in the center, somewhere near^the 
score of 125, and that marks above 200 or below 50 are very 
unusual. If the class interval had been smaller and the number 
of diasses correspondingly larger, it is likely that even more 
information could be derived at a glance. 

3.13 * Common* Shapes of Frequency Curves.—While a 
histogram cvr frequency polygon might assume almost any shape, 
long experience with varied kinds of data has shown that 
most distributions terM to fall into one or another of a rela-f 
tively small number of classes. It is consequently assumed 
that most frequency curves assume a reasonably small number 
of shapes. 

By far the largest proportion of frequency distributions seem 
to be mound-shaped pr humpbacked, with small numbers of cases 
* near the .extremes and larger numbers of cases near the center. 
With certain kinds of data, there seems to be good reason for 
anticipating that the values would be arranged in some such 
pattern, as we shall see in Chap. VII; but even where there is no 
a priori ground for expecting it, we find over and over again that 
distributions of radically different kinds of data from distant 
branches of science assume this mound-shaped form. 

Sometimes the* mound-shaped distribution is symmetrical, 
with the right-hand side of the curve presenting a mirror image 
of the left-hand side. In other cases, even though there is a 
high point in the curve somewhere between the two extremes, the 
. curve is asymmetric al, or skewe d . A symmetrical frequency 
curve is shown at the left in Fig. 3.5 and an asymmetrical curve at 
4he right. We shall have occasion to study symmetry and lack 
of symmetry ift a later stage (see Chap. VIII'). 

But it would be a mistake to assume that frequency distribu¬ 
tions are always mbund-shaped. Sometimes a frequency dis¬ 
tribution gtarts with a high point at the left end and falls lower 
and lower as ofie moves .toward the right. Possibly a curve 
might start at aJow point on the left and run higher and higher 

unjiil its highest point was at the extreme right. Such a dis- 

• • 
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t«ibution is called a J-shaved distributi on as distinct from the 
mqunS.-fihaped distributions which are much more common. 

Suppose you were to investigate all the women in the United 
States between the ages of 15 ^ud 20, and you were to find how 
many had never been married, how many had been married 
once, how many twice, how many three times, etc. Yoifr data 
would form a frequency distribution, and the chances are pretty 
good that it would be J-shaped, starting very high on the left 



Fig. 3.6.—Symmetrical frequency curve at the left, and skewed curve at the right; 


the men of the United States according to the numbers of warts 
on their noses. Presumably you would again find*a J-shaped 
distribution, with the largest class being those with no nasal 
warts, the next-largest class being those with one such disfigure¬ 
ment, and with the number of men falling as »the‘ number of.^ 
warts rose. These illustrations should help the student to 
understand that there is nothing unnatural about J-shaped 
distributions—that mound-shaped distributions are <*iot “cor¬ 
rect” or “proper.” With certain kinds of data one seems in 
practice to find mound-shaped distributions, but with other 
sorts of data it is just as natural to find other patterns. 

Once in a long time one finds a distribution that yields a curve 
with a low" spot ii* the middle and high spots at tjoth ends. Such 
a distribution is called a U-shaped distribution . It has been 
shown that the percentage of cloudiness at certain weather 
stations seems to follow the U-shaped distribution; that is, 
there are many days when the sky is completely obscured by 
clouds, and many days when there kre no clouds at all. But as 
one comes closer and closer to the point whore half the sky is 
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clouded and half clear, he finds fewer and fewer days to use as 
illustrations. It has also been suggested that marks in®certain 
difficult and advanced college courses tend to run in U-shaped 
distributions, on the theory th|t the only people who elect the 
courses are those who are either very good at the subject or too 
ignorant even to understand their own lack of ability. U-shaped 1 
distributions are so uncommo n in practice, however, «that 
statisticians look anxiously for them to use as illustrations, and 
the.ordinary student does not need to expect to encounter them. 

3.14. Common Shapes of Ogives.—Since an ogive is a graph of a 
cumulative freqyency curve, it is evident that there will be a 
definite relationship between the. shape of the frequency curve 
and the shape of the ogive based on the same data. An ogive, as 
we have seen, either qtarts at the bottom and works to a maxi¬ 
mum or starts at the maximum and works down to zero (see 
See. 3.11). put in order for an ogive to be a straight line, it 
would be necessary for the frequencies of all classes in the 
frequency table to fce equal, since in that case each time we added 
a new class we Would add the same frequency, and our line would 
( rise always at the same rate. This uncommon sort of frequency 
distribution is called a rectangular frequency distribution , and it 
would be represented by a frequency table in which each class 
had the same frequency; or by a histogram in which all bars were 
the same length; or by a frequency pofygon which was a straight, 

• horizontal line; or by an ogive which was a straight line, rising 
or falling according to whether we have more-than or less-than 
frequencies (see Sec. 3.7). 

But the commonest kind of frequency curve, as we saw in 
the pmseding section, is the mound-shaped curve. In such a 
distribution, the first few classes are small, getting larger and 
larger for a time, reaching a maximum ultimately, after which 
they get smaller and smaller. If we are to add these classes to 
Jbrm an ogive, it is evident that our line will start out low (if we 
have less-thay frequencies), and at first we shall add only small 
increments to it. But as we pass to the larger classes, the 
frequencies become greater, so each time we add a little more than 
the time before. For this reason, our ogive rises more and more 
steeply uhtil wq reach the point corresponding to the peak of the 
frequency polygon or the largest frequency in the frequency 
table, ^hereafter we keep on adding classes, and consequently 
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oy r ogive continues to rise—but each added class is smaller than 
the f one before it, and therefore we add less and less each time. 
f For this reason our ogive rises more and more gradually, finally 
tending'to flatten out and approach the horizontal as it nears the 
top. We thus see that the ogive which corresponds to a mound¬ 
shaped curve is (if we use less than frequencies) a rising line 
in kn S-shape (see Fig. 5.2, page 96). If we use more-than 
frequencies, a similar line of reasoning will show that we get a 
falling line with a reverse S-shape. In fact, it is because mound¬ 
shaped distributions are most common, and because their ogives 
have this characteristic S-shape, that these cumulative-frequency 
curves are called ogives. The student will recall that the so-called 
ogee curve of architecture or in furniture is an S-shaped curve, 
and the ogive gets its name from its common S shape. 

3.15. Making a Frequency Table : How Many Classes? —It 
is now time to leave our general discussion of the nature of fre¬ 
quency distributions and pay some attention to the practical 
problems encountered in the actual making of frequency tables. 
If you were faced with the problem of making a table from a 
large number of original figures such as those listed on page 24, 
your first problem would be to determine how many classes 
to make. Should you divide the 90 marks into 17 different 
groups, as in Table 3.2, or into 5 different groups, as in Table 3.3, 
or should you decide on some other number? 

f it is evident at once that the number of classes in a frequency' 
table depends on the size of the class interval. In Table 3.2, 
where the class interval is 10, there are many more classes than 
there are in Table 3.3, where the class interval is 50. In fact,! 
the number of classes and the size of the class interval^will be l 
roughly, though not exactly, in inverse proportion. 1 

1 The student with a mathematical turn of mind will be interested in 
proving for himself that there is one case where one can tell in advance 
something abput the relationship between the number of classes and the* 
size of the class interval. This is the case where we have made a table with 
some given class interval,, and we make a new table with a smaller class 
interval 1/nth as large as the old one, where n is an integer. In such a case, 
if the n new classes are contained wholly within one of the old classes, not 
overlapping'at the limits, it should be easy for the student to demonstrate 
that the new table with smaller classes may t have as m&ny as n times the 
former number of classes (in which case the class interval and the number of 
classes have varied in exact inverse proportion),, or tfib new .number of 
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It may seem at first that the number of classes is immaterial. 
But some idea of the importance of a correct choice in th^matter 
may be obtained from Fig. 3.6, which shows the data of 'Fable 
3.1, page 25, in four different histograms, with class intervals 
of 100, 50, 25, and 10. It will be seen at once that when the 
classnnterval gets too small the diagram loses that simple regu- # 
larity which characterises the underlying law of the distribution. 






300 


Fig. 3.6.—Data of Table 3.1 plotted with various class intervals. 


• We begin to get all sorts of erratic variations in the lengths of 
the bars.* This is the result, at least in part, of the fact that the 
number of cases in each class has become very small and, there¬ 
fore, particularly unreliable and subject to chance fluctuation . 
Just a% you would probably hesitate to estimate the average 
weight of newborn giraffes after having seen but two or three 
of them, so you would not expect to get much accuracy from a 
class that contained but three or four cases. 

Inspection of Fig. 3.6 shows, however, that as the class 
^interval grows larger, and the number of classes gtows smaller, 
we get enough cases in each class so that tlie erratic variations 
tend to disappear, and the underlying pattern becomes much 
plainer. To be sure, we can go too far in this direction, making 

classes may be as rptich as 2(n — 1) smaller than n times as large as the first 
grouping. K the first coarse grouping had m classes, the new grouping may 
yield as many as mn or as few as ran — 2(n — 1) classes. 
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so few classes that no pattern at all is evident. If we were to 
take a glass interval of 300 in this illustration, all our cases would 
fall in the first class from 0-299, and we would see nothing of the 
nature of the distribution at all.^ Hence we can say, first, that 
we want the number of classes to be both small enough and large 
enough to show the nature of the distribution. 

In addition, we are to see at later points in this book that the 
statistician often treats all the cases in a given class as though 
they were equal in size, all being equal to the class mark. This 
is a very useful assumption, and will not give us any great error 
if the classes are reasonably narrow. But if thn classes get too 
wide, it will patently be unwise to assume that all the cases in a 
given class are even approximately the same size. 

Also if wo make our class intervals too,*small, we lose one of 
the major advantages that we seek from classification in fre¬ 
quency tables. Suppose, in the case of the student marks, that 
wg set our class interval as low as one unit. - Then we get Table 
3.1, page 25. Here we have almost as many classes as the 
original number of cases. It is the purpose of frequency table to 
condense and compress our data, to rid them of their minor 
peculiarities, and to present them in summary form so that we 
can grasp them quickly. We could even use a class interval 
smaller than one, say one-tenth. Then our classes would look 
something like this 

81.05-81.14 

81.15-81.24 

81.25-81.34 

etc. 

Then, since our original figures were all whole numbers, out of 
every 10 classes would be vacant. 

We shall mention in Sec. 6.9 another suggestion as to the 
number of classes in a frequency table, but for the time being we 
can summarize by saying that the number of classes should be* 
large enough (and the class interval small enough) so that all 
items in a class may reasonably be treated as equal without too 
unuch error, and so that the general pattern cl the distribution is 
not obscured by lumping together too large a proportion of the 
items in a very small number of clashes. On the other hand, 
the number of classes should be small enough (and the class 
interval large enough) so that our data are compressed into a 
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reasonably small number of classes, so that there will be no 
vacant classes unless near the extremes of the data, s® that \he 
pattern of the distribution is not obscured by erratic fluctuations 
from class to class, and so that l^iere is a reasonably large number 
of items within each class except possibly near the extremes 
of tjjfe data. # 

*^3.16. Making a Frequency Table: Rules of Thumb.— Instead 
of a general discussion of the issues involved, many authors 
haye contented themselves with stating arbitrary rules as to the 
numbers of classes to be used in a frequency table. Perhaps 
commonest are statements that the number of classes should 
vary between 12-25 or between 15-20, or some other arbitrary 
limits. * ^ 

The student will sge at once that no general statement can 
be made which will cover all frequency distributions. For 
example, if we have but 25 cases we evidently cannot use even 
as many as 10 classes and get reasonable numbers of cases within 
most of them. Oij the # contrary, if we have 10,000 cases we may 
well be .able ter spread them over 50 classes and still get a good, 
smooth curve which shows well the general nature of the under¬ 
lying pattern. The number of classes and the number of cases 
is directly related. 

At least one author has made an effort to set up a definite 
rule by means of which the student can determine the number of 
classes for his frequency table if the number of cases is known. 
This rule, which we shall call Sturges 9 rule , after its author, 1 
states that the number of classes is determined by the formula 

m = 1 + 3.3 log N 

where m is the number of classes and N is the number of cases. 
For example, if we have 842 cases and wish to make a frequency 
distribution, Sturges’ rule would tell us to find the number of 
classes as follows: 

•wi = 1 + 3.3(2.92) = 1 + 9.6 <= 10.6* 

In other words, wg should use about 10 or 11 classes for our 
distribution. 2 

1 H. A. STTjRGE«,*The Choice of a Class Interval, Journal of the American 
Statistical A$$ociation y Vol. 21, 1926, pp. 65-66. 

2 The student will notice that the numbers in this computation have been 
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purges’ rule is based on assumptions that we have not yet 
studied In particular, the formula is derived from a considera¬ 
tion of the expansion of the binomial, which, as we shall see in 
Chap. VII, gives a good approximation to many of the more 
common frequency distributions. Solving Sturges* rule for 
f various sizes of classes and numbers of cases gives us the direc¬ 
tion’s which are summarized in Table 3.10. 

Table 3.10.—Numbers of Classes to Use in Frequency Table with 
Various Numbers of Cases; According to Sturges* Rule ’ 


If the Number 
of Cases Lies 
between 

Use This 
Number 
of Classes 

1 

1 

2 

2 

3-5 

3 

6-11 

4 

12-22 

5 

23-45 

6 

46-90 

7 

91-181 

8 

182-362 

9 

363-724 

10 

725-1,448 

11 

1,449-2,896 

12 

2,897-5,792 

13 

5,793-11,585 

14 

11,586-23,171 

15 

23,172-46,341 

16 

46,342-92,681 

17 

92,682-185,363 

18 

185,364-370,727 

19 

370,728-741,455 

20 

741,456-1,482,910 

21 


rounded off greatly, since we want an answer with but one or two significant 
figures. The formula is sometimes given as 

m - 1 + 3.321920091 (log N) » 

but our study in Chap. II should have demonstrated the foolishness of such 
pretended accuracy. <■ ' ^ c 
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For example, our earlier computations showed us that with 
a distribution of 842 cases we should use 10.6 classes.* Table 
3.10 shows us immediately without computation that we slfould 
Vise 11 classes. # # 

Sturges , rule is easy to apply and has the advantage of definite¬ 
ness? but for ordinary frequency distributions, that is about as* 
far as it goes. Most statisticians seem to be agreed thafr the 
Sturgee formula gives too many classes when the number of 
cases is small and too few classes when the number of cases is 
large. No statistician, for example, would think of making a 
frequency distribution of 4 classes if he had only 8 cases, nor 
would he feel that a distribution of 1000 cases need be confined 
to 11 classes. Actually, the choice of the number of classes to 
use will have to cfepend mainly on the nature of the data studied, 
and on the units in wWh they are stated, far more than on any 
arbitrary rule laid down in advance. Perhaps we can say again 
that we want to gat the class interval small enough so that all 
items in a class can be treated as roughly the same size, but that, 
subject,to this restriction, the fewer classes we can make and 
still show the underlying pattern of the distribution, the better. 

3.17. ‘Making a Frequency Table: Choosing the Class Interval. 
When, by means of Sturges* rule or by some other means, we have 
decided Qn the approximate number of classes for our table, the 
next problem is that of selecting a class interval which will 
yield that number of classes. Let us go back, for example, to 
the dat& with'which we opened this chapter, giving marks 
received by 90* students on an examination (see page 24). 
Sturges* rule would tell lis/that we should have 7 or 8 classes. 
Suppose, for purposes of illustration, that we accept these figures 
as correct. What class interval should we use to get 7 or 8 
classes? The answer is easy to determine. Inspection shows 
that the highest mark received by anyone was 206 and the lowest 
mark was 43. The range, or difference between the highest and 
* lowest values in the distribution, was 206 — 43 =* 163. If we 
want to divide these 163 units into 7 classes we get 16 % = 23+ 
as our class interval. If we want to get 8 classes we should use 
16 % = 20+ as our class interval. 

It would be wy foolish for a statistician to follow any rule 
so slavishly that he would set his class interval at exactly 16 % or 
21% just 6eca#se his arithmetic yields that quotient. He will 
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save time and effort and get results just as good if he uses a class 
interval that is reasonably convenient. In the two cases just 
illustrated, for example, the statistician would be likely to choose 
4 an interval of 25 where the rule gives 23+, and an interval of 
20 where it gives 20+. Class intervals that are in tens or 
Multiples of tens, or in units or exact decimal values of units, 
are by far the easiest to use. Class intervals of 1, 2, 3, 5, 10, 20, 
25, etc., are the most common. We can therefore state our rule 
for finding the class interval as follows: (1) Find the range 
(difference between the largest and smallest value). (2) Divide 
the range by the number of classes that you have set up as.being 
approximately right. (3) Use the quotient as the approximate 

! class interval, but round it off to a whole number, and if possible 
to some number easy to work with in classifying the items. 

Where one is dealing with very large numbers of cases, it is 
not even necessary to determine the exact range. A rather 
hurried inspection will usually show approximately the largest 
and smallest items, and from them an approximate range can be 
computed which is just as good as the exact range, since our 
answer is to give but an approximation to the class interval at 
any rate. 

3.18. When to Use Unequal Class Intervals.—It has been 
pointed out over and over again in this chapter that there is 
advantage in using uniform class intervals throughout a frequency 
table if it can be done reasonably. But now we must pay some 
.attention to those cases where there is good reason to use' unequal 
/class intervals. First let us see what sorts of, cases there are 
in which unequal intervals may be desirable. The principal 
reasons for equal class intervals are that the frequencies are 
then directly comparable from class to class and that statistical 
computations are greatly facilitated. But even these advantages 
do not in all cases outweigh the advantages of unequal intervals. 

In the first place, we have cases of badly skewed distributions, 
where one end of the curve runs far, far aiyay from the peak. 0 
For example, a frequency distribution of the incomes received 
by people in the United States would show that most of the 
incomes are bunched rather closely around $500 to $2000. 
Relatively few people receive incomes below $500 and relatively 
few over $2000 per year (see Fig. 5.3). l If we want to show how 
these incomes are distributed, we cannot take * class interval 
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of $5000, or even of $2000, or we shall lump all these cases 
together in one class and obscure the shape of the distjjibution 
entirely. Yet suppose we were to decide on a class interval 
o*f $1000 (which would stilly bp far too large for actual use). 
The largest incomes were several million dollars a year. If we 
are tb include enough classes at $1000 per class to reach the 1 
highest incomes, it would be necessary to make thousands of 
classes. This is out of the question. Hence we make small 
classes where the cases are numerous and larger classes where 
the cases are sparse. If we were to make uniform class intervals, 
and have a reasopably small number of classes, it is clear that we 
would get a J-shaped distribution, since our first class would 
have to cofitain incomes from zero to perhaps $100,000 or more. 
When a statistician §nds a J-shaped distribution, he always 
tests the frequencies at the more populous end by trying smaller 
class intervals to see whether it is actually J-shaped or contains 
a hidden mound nern* the end. 

A secon d reason # for \ising nonuniform class intervals may be 
to get similar cases together. Vital statistics are often classified 


in the following age‘groups, for example: 

• 

Under 1 year 

10-14.9 

1-1.9 

15-19.9 

* 2-2.9 

20-29.9 

3-3.9 

30-39.9 

. # . 4-4.9 

40-49.9 

5-9.9 

50-59.9 

• 

etc. 


In suck a classification, the very young children are put in 
small groups largely because it is thought that the problems of 
children under the age of 1 year differ enough from the problems 
of children between one and two years so that it will be advan¬ 
tageous to classify them separately, while the problems of people 
of the age of*50 and those of people aged 59 maf be roughly^ 
similar from the standpoint of the vital statistician. The 
scientist would be foolish to lump together cases which should 
be treated separately merely in order to retain uniformity of 
class intervals. 

A thirdj reason for usin'g nonuniform class intervals in some 
tables is to keep data confidential. Uniform class intervals are 
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lively to bring small frequencies in classes near the extremes. 
Where”,there are only one or two cases in an extreme class, it 
may be easy for informed people to figure out who is who, 
discovering what income this fjrm gets, or what are the costs 
of that firm, etc. Many figures, especially those collected by 
1 the government, are obtained on the basis of promises that they 
wilf be held in confidence, and uniformity of class intervals may 
make this retention of confidence impossible. 

For any of these reasons, or, perhaps, for others, it may be 
decided that the frequency table should be made up with unequal 
class intervals even though there are many disadvantages of 
such a course. In such a case, certain precautions should be 
taken to make sure that the results are not misleading. 

Table 3.11.—Illustrating the Use op Unequal Class Intervals 


Class 

Limits 

Number 
of Cases 

0- 9 

5 

10- 19 

22 

20- 29 

35 

30- 39 

39 

40- 49 

41 

50- 59 

39 

60- 69 

35 

70- 89 

48 

90-109 

28 

110-129 

16 

130-169 

12 


3.19. How to Use Unequal Class Intervals. —Let us turn our 
attention to Table 3.11, in which there are unequal class intervals. 
The dangers inherent in the use of such grouping are immediately 
apparent. As we glance through the table, we get the impression 
that the heaviest concentration of cases falls in the class 70-89. 
It appears that the frequencies get larger and larger until we 
reach a peak at 40-49, after which we have a slight fall, rising 
again to an even higher peak in the class 7Q-89, after which the 
frequencies fall again. 

Yet when we look at the table carefully, wq notice that the 
class interval is twice as great in the 70-89 class as l it is in any 
of the preceding classes. If the frequencies wtre concentrated 
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just as heavily in this class as in the preceding one, there should 
be twice as many cases, since the class interval is twic^aS great. 
Yet there are not twice as many cases. The preceding class 
has 35 cases as compared with 48 cases here. , 

If we are to make the cases comparable, it should be evident 
that We must divide each frequency by its class interval. This 1 
would give us a new table such as Table 3.12. • 

Table 3 . 12 . —Illustrating Adjusted Unequal Class Intervals 


Class 

Limits 

Frequency per 
Unit of Class 
Interval 

0- 9 

0.5 

.10- 19 

2.2 

20- 29 

3.5 

30- 39 

3.9 

40- 49 

4.1 

50- 59 

3.9 

* 60- 69 

3.5 

70- 89 

2.4 

‘ 90-109 

1.4 

110-129 

0.8 

130-169 

0.3 


Now we see that the frequencies build up smoothly from each 
end toward the middle and that there is really one high point 
rather thhn two*. Perhaps this can be visualized even better 
from Fig. 3.7. I 4 the upper part of this figure, we sec a histogram 
of the data of Table 3.11 made without any adjustment for 
inequality of class intervals, and therefore giving the incorrect 
impression. The lower part of the figure shows the data cor¬ 
rectly plotted from Table 3.12, and in this case one gets the 
correct impression at once. In making this correct histogram, 
each bar covers a width on the base line corresponding to its 
class interval and the area of the bar (width times height) 
is proportional to the frequency actually found in the class. 
In order to get this^proportionality, the heights of the bars are 
not proportional to the original frequencies, but proportional 
to the adjusted frequencies of Table 3.12. 

Since our class intervals in Tables 3.11 and 3.12 are 10, 20, 
and 40, it is immaterial whether we make our adjustments by 
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dividing by 10, 20, and 40 or by dividing by 1, 2, and 4. Either 
wiUjpuidur results in the same proportions. It is perhaps easier 
to state the rule for adjusting frequencies where there are unequal 
class intervals by saying that onp divides each frequency by the 
corresponding class interval, but as long as the frequencies are 
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Fig. 3.7.—Adjustment of histogram for unequal class intervals. Same'ttata with 
and without adjustment. 

divided by numbers proportional to the class intervals the proper 
results will be obtained. 

3.20. Logarithmic Frequency Classes.—When a frequency histogram 
looks like the lower part of Fig. 3.7, some statisticians suggest that there 
may be real advantage on technical and theoretical grounds in using unequal 
class intervals of a particular kind. These are class intervals so arranged 
that the successive lower class limits will be in constant proportion, rather 
than differing by constant amounts. Suppose that we have e frequency 
distribution in which the items run from a lo^ value of lo to a high value of 
200, and we want to divide them into 10 classes of this kind. We might 
fall back on the familiar formula for geometric progressions, wfyich tells us 
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that the last term of such a progression can be found from the first term 
by the formula • • 9 

L - F(1 -f r)» * • 

If we let L represent the largest .vahie in the distribution, F the smallest 
value, and n the number of classes desired, we can solve for the value of 
1 + r f (using logarithms) and discover the required value by which each 
lower limit is to be multiplied to find the lower limit of the next class. In 
our problem we have assumed a lowest value of 15 and a highest value of 200, 
with 10 classes desired. Hence our formula becomes 

200 = 15(1 + r) 10 


Solving, we discover that 14 - r — 1.295. This tells us that we should 
multiply each lower limit by 1.295 to find the next lower limit. If we start 
with the lower limit of the smallest class at 15 and multiply repeatedly by 
1.295, we get the foliowing lower limits: 

15, 19.42* 25.15, 32.57, 42.18, 54.62, 70.73, 

91.60, 118.62, 153.61, 198.92 


Had we not dropped decimals, this last figure would have been exactly 200. 
We would now set up our class limits as follows: 


15.0- 19.4 

19.5- 25.1 

25.2- 32.5 

32.6- 42.1 

42.2- 54.6 


54.7- 70.7 

70.8- 91.6 

91.7-118.6 

118.7- 153.6 

153.7- 198.9 


It will be noticed that these class intervals are unequal, with an interval of 
about 4.5 at the beginning and an interval of about 45 at the end. We 
could now go baclt to our original figures and distribute them among these 
10 classes to get our frequency distribution with unequal intervals. Some 
statisticians have sfuggested that if this type of distribution yields a fre¬ 
quency polygon which is more symmetrical than that obtained from the 
same d*ta with equal class intervals, one should use the logarithmic class 
intervals and should use the geometric mean instead of the arithmetic mean 
(see Chap. V). Logarithmic frequencies of another kind can be fitted 
by a method described by George R. Davies in the Journal of the American 
Statistical AssociationJ The beginning student, however, will do well to 
confine himself to equal class intervals or to the simple adjustments sug¬ 
gested in Sec. 3.19. • 

* • 

3.21. Making a Frequency Table: Locating the Class Marks.— 

Having decided upon our class interval in accordance with the 
directions of Sec. 3.17, we still have to decide where to locate the 
class marks, oi> Vhat amounts to the same thing, where to locate 
the class limits. Suppose that we have decided to use a class 
. 1 yol. 20, p. $ 7 . . 
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interval of 10, and the smallest value in our distribution is 68. 
Shall we‘set up our first two classes thus: 

60-69 

70^79 

etc. 


or ghall we use the following: 

62-71 

72-81 

etc. 

or might we decide on such a peculiar arrangement as 

64.38- 74.37 

74.38- 84.37 1 

etc. 

In each of these cases, the class interval is 10, and it is obvious 
that there are limitless other combinations of class limits that 
could be used, still retaining the class interval at this size. The 
decision as to the size of the class interval has not completed 
our problem of setting up our frequency table, since we still must 
locate the class limits. 

Unless there is some good reason to the contrary, we usually 
take class limits that are whole numbers, such as those given in 
the first two of the three illustrations of the preceding paragraph. 
And if the class interval is 5, 10, 25, 50, or 100, or some such 
number, we commonly make each lower limit all exact multiple 
of the class interval, as in the first of the three illustrations in 
the preceding paragraph. Some writers have suggested tBfat the 
class marks, rather than the lower limits, be made whole numbers 
and, if possible, multiples of 10. Their argument is that such 
an arrangement will save time in later computation when, as we 
shall see, the assumption is made that all values in a class are 
equal in size io the olass mark. But when the table is such that 
computations can be made by the short method rather than by 
the long method (as explained in Chap. V),« there is no advan¬ 
tage in having integral class marks, and classification of items is 
speeded up usually by having integral class limits. 

Sometimes the data being tabulated run down t© zero and 
then stop, negative values being impossible. Fdt c example, we 
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might consider a frequency distribution showing the number of 
corporations hiring various numbers of employees. No Concern 
would hire a negative number of men, so that our values tnay 
not run below zero. In such ^ case, if the values actually do # 
run down to or close to zero, it is evident that we cannot maintain 
unifdrm class intervals at the lower end of the table with some* 
locations of class marks, while we can with others. Suppose 
again that we are using a class interval of 10. If we have classes 
of .33-42 and 23-32, etc., our low classes will have to be 3-12 
and 0-2. This make the lowest class interval smaller than the 
others. Sometimes, then, the location of the class marks would 
be determined by our wish to keep even our smallest class uniform 
with the others. 

A third consideration in the locating of class marks becomes 
prominent in those distributions where certain values are common 
and other values either do not appear at all or appear uncom¬ 
monly. For example, it may be that tickets to a ball game 
are sold at 25 cents, 50 cents, and $1, but that no other values 
occur. . No ticket will be purchased at 38 cents or at any inter- • 
mediate value. Y6t again, we might be listing the numbers of 
rooms in houses, in which case we could get 5-room houses or 
6-room houses, but there would be no houses with 5.4 rooms. 
Distributions of this character, where only certain values are 
possible, are called discrete distributions . We can contrast them 
with continuous distributions , in which any intermediate value 
can occur. *For example, men’s heights do not necessarily fall 
at 70 or 71 in. o« any other particular value. It is quite possible 
for a man’s height to be 70.342 in., or any other conceivable 
value*within the whole range from the shortest to the tallest 
person. Most distributions with which the statistician deals 
are either continuous, or the breaks are so small compared with 
the range of the data that they can be safely treated as con¬ 
tinuous. As an example of the latter, if we were classifying 
incomes received by people in the United States one might argue 
that the distribution is discrete, since one can receive $1,043.21 
or $1,043.22, but not between. Yet 1-cent breaks are so small 
when compared with the vast range of incomes that there is little 
error in*sayin^that the distribution is continuous. 

Some people have described distributions as homograde where 
we have called them discrete and as heterograde where we have 
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called them continuous. But unfortunately there is not uni¬ 
formity of usage for these terms, since other authorities would 
say'that a homograde series is one in which there are only two 
possibilities—a characteristic is, either present or it is absent. 
Thus a division of people into those who are vaccinated and those 
’ who are unvaccinated would, by this definition, constitute a 
homograde series, while a heterograde series would be one that 
showed variation in magnitude. Most statisticians would dis¬ 
tinguish these last two cases in other terms by saying that when 
we study those things which are either present or absent we are 
studying attributes , while when we study things in which the 
magnitude can assume many different values we are studying 
variables . There is no confusion if we speak of continuous and 
discrete data, nor if we speak of attributes ,and variables. There 
is, however, difference in the usage of the words homograde and 
heterograde. 

With discrete data, it is natural that there'should be bunching 
of values at particular points, since no intermediate values can 
occur. But sometimes we get a similar bunching even in cases 
where intermediate values could occur. For example, when 
people are asked their ages they usually give whole numbers of 
years, leaving off intermediate fractions; and census data also 
show that there is a very real tendency for people to give their 
ages in multiples of 5 or 10, stating that they are 40 or 45 years 
old even though they may really be 41 or 44. Estimated values 
are particularly likely to show this bunching. If wo ask people 
to estimate distances or ages or weights, they are apt to do it in 
whole numbers and in multiples of 5 or 10. A farmer may say 
that he grows 30 acres of wheat or 35 acres, but he is very unlikely 
to state that he grows 31.398 acres even though that may be the 
fact. Since many statistical computations are based on numbers 
which were originally estimates it is worth while to keep this 
fact in mind. 

Regardless -of the reason for bunched values, whether because 
the data are discrete, or because they are estimated, or because 
they are given only approximately, or for any^other reason, data 
which are characterized by points of marked concentration 
should be tabulated with the points of bunching at the class 
marks. This is because we shall latei* assume that all items 
in the class are at the class mark, and the error will be minimized 
if the bunched cases are actually located there. 
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3.22. Summary: Directions for Making a Frequency Table. —We can 

now summarize the actual steps involved in making a frequency tabfe as 
follows: • • 

1. Decide whether or not to use equal class intervals. Use equal intervals* 

if reasonably possible. See Sec.*3.H8 for suggestions concerning # the use of 
unequal intervals. The remaining steps summarized below assume the 
use of equal class intervals. • 

2. Decide how many classes to use. For suggestions see Secs. 3.16 and 
3.16. 

3. Find the range or the approximate range between the largest and the 
smallest values in the distribution. 

4. Divide the range found in step 3 by the number of classes found in 
step 2« Use the quotient as a first approximation to the class interval. 

5. Select a class interval that is convenient—usually a whole number 

and possibly a multiple of 6 or 10—using the approximation of step 4 as 
a basis. • 

6. Decide where to locate the class limits. For suggestions see Sec. 3.21. 

a. Lower class limits should usually be whole numbers, often multiples 
of # 5 or 10. 

b. Make sure that tfcc lowest class can be included without altering the 
class interval. 

c. If there is bunching for any reason (as in discrete series or where values ^ 
are based on estimates) put the popular values at class marks. 

7. Having laid out the class limits, distribute the original values among 
the classes, noting how many items fall in each class. 

3.23. Suggestions for Further Reading. —It is impossible to cover ade¬ 
quately a good deal of important material on frequency distributions in one 
chapter. In Chaps. VII and VIII we shall discuss again certain particular 
forms of frequency distributions which are of especial statistical importance. 
Karl Pearson suggested methods of treating some of the commoner frequency 
curves, ftis original memoirs on the subject may be found in Philosophical 
Transactions , A, at Jhe following three points: Vol. 186, pp. 343ff.; Vol. 197, 
pp. 443ff.; and Vol. 216, pp. 420ff. Perhaps even better for the general 
student than these scattered references would be the more compact treat¬ 
ment fcftmd in the first six chapters of W. Palin Elderton, “Frequency Curves 
and Correlation,” C. & E. Layton, London, 1927. An even more con¬ 
densed summary, with directions and illustrative examples but little discus¬ 
sion of underlying theory, may be found in C. B. Davenport and M. P. Ekas, 
“Statistical Methods in Biology, Medicine, and Psychology,” John Wiley 

•& Sons, Inc., New York, 1936. Chapter 7 of the “Handt^pok of Mathe¬ 
matical Statistics,” edited by H. L. Rietz, Houghton Mifflin Company, 
Boston, 1924, gives a valuable discussion of frequency curves including both 
Pearson's forms and others. 


• EXERCISES 

1. Suppose that you want to divide data into classes with uniform class 
intervals of five utits. You wish to have the value 5 and its multiples at the 
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class marks. List some of the classes as they would appear in a frequency 
tab'ie. f r 

2. <Giv*e several examples of data which are discrete and several examples 
r of continuous data. 

3. Classify the data given on page 84 into a frequency table. Make the 
class interval 25, and have the value 25 and its multiples at the midpoints 

f of the classes. 

4. (Go to the library and record the number of pages in each of the first 
100 books that you find. Classify the results in a frequency table, following 
the rules of Sec. 3.22. 

5. Select from this or some other book three or four pages of solid reading 
matter, not broken up by illustrations, tables, or formulas. Count the 
number of words in each line, and make a frequency table showing the 
numbers of times that various numbers of words appear. It will be best to 
select only complete lines, omitting those which begin and end paragraphs 
if they are shorter than ordinary lines. Make your own rules on the treat¬ 
ment of abbreviations, hyphenated words at the ends of lines, etc. Continue 
until you have counted 150 to 200 lines. 

6. The “World Almanac” has, for several years, published a table giving 
facts about “Noted Americans of the Past.” Th$ years of birth and of 
death are given for each such noted person. If we find the approximate 
age at which each of these people died by subtracting the year of birth from 
the year of death, we get the following figures (taken from the 1941 edition, 
page 660, and being data on the first 204 persons listed in alphabetical 
order): 


33 

77 

76 

87 

79 

80 

80 

81 

75 

75 

66 

89 

56 

83 

74 

71 

65 

52 

76 

76 

50 

69 

73 

49 

M. 

87 

70 

86 

69 

71 

85 

78 

83 

72 

71 

46 

53 

65 

66 

81 

90 

91 

78 

58 

81 

91 

84 

48 

81 

70 

68 

74 

88 

75 

48 

74 

66 

73 

77 

77 

76 

65 

72 

63 

54 

85 

74 

65 

48 

63 

>47 

69 

*59 

73 

46 

67 

77 

58 

60 

99 

59 

72 

73 

65 

84 

76 

41 

77 

50 

84 

75 

81 

72 

68 

45 

62 

84 

95 

59 

84 

^6 

66 

62 

65 

60 

85 

66 

68 

62 

75 

60 

75 

59 

73 

72 

73 

59 

56 

62 

92 

65 

39 

30^ 

64 

76 

50 

78 

83 

82 

68 

37 

78 

82 

73 

92 

67 

81 

52 

71 

41 

94. 

79 

78 

76 

56 

71 

70 

81 

48 

78 

93 

25 

71 67 

34 

78 

62 

77 

67 

76 

89 

84 

55 

65 

92 

86 

79 

86 

83 

71 

69 

71 

63 

73 

45 

71 

8? 

36 

77 

59 


4 

55 

37 

38 

57 

77 

80 

81 

40 

50 

64 

88 

< 

4 

74 

85 

58 

71 

65 

77 

81 

84 

71 

70 

51 


Make a frequency table of these figures, following the rules of S^c. 3.22. 

7. In any table the class marks always fall exactly ha&way between the 
actual class limits. Under what circumstances will the actual class limits 
fail to fall exactly halfway between the class marks? \> 
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8, The families of 898 working-class men in Bolton, England, Y ero 
classified in 1924 according to the number of rooms occupied by t£e family 
with the following results: 1 * 




Number of rooms. 

m 


4 



D 

a 


Number of families. 

15 

477 

227 

169 

7 

2 

l 

£98 


It will be noted that this table is a frequency table shown horizontally 
as ‘contrasted with our usual vertical arrangement. Show the data in a 
histogram. 

9. Show the data of the preceding exercise in a frequency polygon. 

10. Make a “less-than” ogive of the data of Exercise 8. 

11. Make^a cumulative frequency table from the data of Exercise 8. 

12. Solve Sturge^ rule for the data of Exercise 6. 

13. Divide the data <ff Exercise 6 into four classes with logarithmic 
frequency classes (see Sec. 3.20). 

•14. Suppose we are given the data of Table 3.13. Note that the class 
intervals are not equal. Make a histogram of the data, making proper 

adjustment for the inequality of class intervals (see Sec. 3.19). 

• 

Table 3.13.—Frequency Table with Unequal Class Intervals 


Size of 
Items 

Number of 
Cases 

150-159 

15 

160-169 

60 

170-179 

85 

180-189 

98 

190-199 

105 

200-209 

104 

210-219 

97 

220-229 

83 

230-239 

62 

240-259 

88 

260-279 

56 

280-309 

45 

310-339 

15 


16. Make a “more-than” ogive of the data .in Table 3.13. Decide in 
advance whether or y>t it is necessary to make any correction for the 
inequality in class intervals. 

1 Figures quotqfhin R. G. D. Allen, “ Mathematical Analysis for Econo¬ 
mists,” p. 411, The Macmillah Company, New York, 1939. 






CHAPTER IV 

MEASURES OF CENTR AL TENDENCY^ 


4.1. Averages.—We have seen that the statistician commohly 
groups masses of data together into frequency tables so that they 
will be*easier to comprehend. But often he wishes to go even 
further, to compute some one number which will in some definite 
way represent all the numbers of the group. Any number that, 
in this way, is used to represent a whole serites of values is called an 
, average of those values. To be sure, the word “average” is 
\ used in common speech to mean one particular kind of representa- 
; tive figure—a representative figure computed in a particular way. 
But technically there are many kinds of averages, and sometimes 
the statistician uses one and sometimes another. These various 
representative values or type values or averages are computed in 
various ways, and they represent the group in various ways. It 
is the purpose of this chapter to investigate some of the more 
commonly used averages and to ascertain their characteristics. 

Although there is no limit to the number of ways in which one 
could select a value as representative of the grcup, there are in 
practice only a,few ways in which statisticians find it worth while 
to attack the problem. We shall confine our study to the 
methods that are in most common use among statisticians. In 
this chapter, we shall consider the ways of finding representative 
values when each of our original figures is given individually; 
in the following chapter, we shall study the same problem as it 
is handled when the data have been grouped together in frequency 
tables. And at the end of the next chapter, we shall study the 
use and interpretation of the results. 

-" 4.2. The Arithmetic Mean: Ungrouped Data.—The arithmetic 
mean 1 is the measure most people have in mind when they use the 
word “average.” The concept is familiar to every student and 
Heeds no discussion here. The arithmetic mean of a series of 

\ *■ " 

\This' measure is called indiscriminately the “arithmetic mean,” the 
“arithmetic average,” or merely the “mean.” ‘ « 

60 
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values is the quotient obtained by dividing the sum of the values 
by the number of values. We can symbolize this compytatioif as 
follows: 


. X ~1V 

where each of the original figures is represented by X . 


N = the number of cases. 

2 means “the sum of.” 

. X represents the mean of the X’s. 

t 

Thus the formula should be read, “The mean of the X’s is the 
sum of the X’s divided by the number of cases.” 

Let us illustrate. We have five numbers (N = 5), as follows: 

• 7; 4; 6; 3; 10 

If we add them (2X) we get 30. Thus, since 2X = 30 and 
N = 5, our foKmufa becomes 





It is well to become accustomed to statistical symbols in a case 
such as this, where the student knows in advance what is expected 
of him. Every student knows how to find the average of these 
five numbe»s without taking a course in statistics and without 
having a Greek-ietter formula to guide him. But this is a good 
opportunity for him to discover that statistical formulas are but 
shorthand directions for computations. If one understands the 
symbols, one knows that 2,X/N says, “Add up the X’s and divide 
the sum by the number of cases.” And since the symbols always 
mean the same thing, when they have once been mastered it is 
easy to follow their directions. It would pay to learn them as 
1 they come. So far we have these: • 

X always refers to the figures with which* you start. (If you 
start with two series of figures, one may ’be called X and one Y % 
or one may be called X\ and the other X 2 , etc.) 

2 (the Greek capital letter sigma) means “the sum of the thing* 
which follow.” It is thersign for addition. y 
N always n^ans ‘ the number of cases,” 
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If we were to find the average of the 90 examination marks 
ghfen on f page 24, we should use the same formula; that is, we 
should divide the sum of the marks by 90, the number of marks. 
r 4.3. Weighted Arithmetic Mean.—Sometimes we wish to find 
the average of several numbers which are not of equal impor¬ 
tance. In such a case it is necessary for us to add one Slight 
complication to our method. The addition can best be explained 
in terms of an illustration. Suppose that there are, in. a given 
high school, 100 freshmen, 80 sophomores, 70 juniors, and 50 
seniors. On a given day 15 per cent of the freshmen are absent, 
5 per cent of the sophomores, 10 per cent of the juniors, and 2 
per cent of the seniors. What percentage is absent for the school 
as a whole? The student is likely to attempt to find the answer 
by adding the four percentages and dividing by 4. This would 
give him the following incorrect answer: 

15 + 5 + 10 + 2 _ 32 _ 0 
4 " T ~ 8 

We can quickly find, however, that 8 per cent is not the correct 
answer. There must have been 15 freshmen absent (15 per cent 
of 100), 4 sophomores absent (5 per cent of 80),--7 juniors absent 
(10 per cent of 70), and 1 senior absent (2 per cent of 50). 
This makes 27 students absent altogether out of a student body 
of 300. Our correct answer, then, is 9 per cent rather than 
8 per cent. 

In such a case, we commonly find the correct average by a 
process known as weighting . We determine how important each 
of our original numbers is and assign it a weight proportionate 
to its importance. We then multiply each number by its weight 
and add the products. The sum of the products is then divided 
by the sum of the weights. If we add one new symbol to those 
already listed in Sec. 4.2, we can represent the weight assigned 
to any number by the letter TF. Then our formula for a weighted 
arithmetic mean would be 

‘ X - ^ XW ) 

. 2W 

We see at once that this formula gives the following directions: 

1. Multiply each original value (X) by the corresponding weight (IF). 

2. Add the products* thus obtained. 

3. Divide this sum by the sum of the weights, 
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To set up our hypothetical example in formal manner, so that 
we may see how the formula works, we list our origiifal {?er- 
centages (15, 5, 10, and 1 2 per cent) as the values of X. *We 
assign to each a weight (WQ q^ual to its importance. , In this* 
case the weights are the numbers of students on which each 
. percentage was based, on the grounds that a percentage based • 
on 100 cases deserves more weight than one based on only 10 
or 15 cases. Our problem appears as follows: 


X 

W 

XW 

15 

100 

1500 

5 

80 

400 

10 

70 

700 

• 2 

50 

100 

Totals. 

300 

2700 


V = ® _ 2700 
• • 2W 300 

• 

This time we get the correct answer, 9 per cent, at once. 

The Student should note that we do not weight an average 
merely because we are fond of statistical computation, nor 
because jve wish to impress the layman, but because weighting 
gives the right answer. 

Let us take one further illustration. In 1940, the populations 
per square mile* of the New England states were approximately 
as follows: • 


* State 

Population 
per Square Mile 

Maine. 

28.3 

54.7 

39.5 

539.6 

648.2 

356.0 

New Hampshire. 

Vermont. 

Massachusetts. 

Rhode Island. 

Connecticut.*... 

_ 1 _ 


What*was tha average density of population in New England? 
If we add the six numbers and divide their sum by 6, we shall 
get an incorr^t answer, 277.7 persons per square mile. Again 
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it is necessary, if we want the right answer, to weight the average. 
When we stop to think about it, we realize that the large figure 
giv6n for Rhode Island is based on very few square miles, while 
the sm^ll figure for Maine is based on many more square miles. 
We should not give the original figures equal importance, but 
should weight them according to the number of square miles in 
each state. We can then work out the correct population density 
for New England, as follows: 


State 

Population per 
square mile 

(X) 

Area (thousands 
of square miles) 

(W) 

xw 

Maine. 

28.3 

29.9 

846.17 

New Hampshire. 

54.7 

9.0 

492.30 

Vermont. 

, 39.5 

9.1 

359.45 

Massachusetts. 

539.6 

8.0 

4,316.80 

Rhode Island. 

648.2 

1.1 

713.02 

Connecticut. 

356.0 

4.8 

1,708.80 

Totals. 

. 61.9 

8,436.54 


The average population per square mile can now be found by 
the formula for the weighted arithmetic mean, as follows: 


- _ X(XW) _ 8,436.54 
A ~ 2 W 61.9 


136.3 


The average density of population per square mile in New 
England was 136.3. 

Let us note why this weighted answer is the correct one. 
If we multiply the population per square mile of any state by 
the number of square miles in the state, we shall get the total 
population of the state. If we then add up these products 
for each of the states, we shall get the total population of the 
district. And if we divide this total population by the total area, 
we shall get the population per square mile in the total area. 
This is exactly what we did in the example above with the single 
exception that we carried out our computations in thousands of 
square miles instead of single square miles in order to save time. 
We could well have rounded off our computations even further 
in accordance with the rules of Chap. II. 

Strictly speaking, every arithmetic average is weighted. If 
we add several numbers and divide by the number of them, we 
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have merely weighted them all equally—given each a weight 
of 1. We can see that if each value is given a weight ©f*l our 
formula for the weighted mean is reduced to the ordinary formfila 
for the “unweighted” arithmetic f mean. # 

Whenever we are taking the average of several percentages, 
averages, ratios (note that population per square mile is a 
ratio), or any other numbers which for any reason differ •in 
their importance, we must weight the average if we are to 
get the right answer. Sometimes the weights are entirely arbi¬ 
trary, as when a teacher decides to weight the final examina¬ 
tion in a course twice as heavily as a regular examination given 
during term time or to weight laboratory work half again as 
heavily as ^citations. One observation of a solar eclipse may 
be weighted more heavily than another because of better visi¬ 
bility, more accurate instruments, more experienced observers, 
or for any other reason. We shall note in the next chapter 
one other common type of case in which weighting is necessary. 

4.4. The Median Ungrouped Data.—The median is the value. 
so chosen that there are just as many cases larger in value than 
the median as there are cases smaller in value than the median. 
In other Words, if we arrange all the values in order of size, with 
the smallest item on one end and the largest item on the other, 
and if then we select a value in such a way that there will be the 
same number of items on each side of it, the value so selected 
is the median. 

It is easier to illustrate this concept than to describe it. If we 
take the five values which we used in illustrating the arithmetic 
mean, we recall that they were 

# 7; 4; 6; 3; 10 

First we arrange them in order of magnitude. When we have a 
series of values arranged in order of size, we say that we have an 
array . If we arrange these five items in an array we have 

3; 4; 6; 7; 10 • 

\Now let us select such a number that there will be just as many 
/values above as below. If we select the value 4, we find but one 
value smaller and three values larger: this will not meet our 
requirement. If we select the value 5, we find two values smaller 
and three larger* again we have not met the requirement. Obvi- 
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ously the only value that will suit us is 6: there are two values 
b&low*6 f and two values above it. 

Let c us illustrate again with the data on page 24* First we 
must arrange them in an array. This gives us the following: 

206; 203; 191; 181; 179; 176; 168; 166; 165; 164; ( 

163; 159; 158; 158; 158; 157; 156; 154; 153; 152; 

* 151; 150; 149; 147; 147; 143; 142; 142; 139; 138; 

136; 136; 133; 133; 131; 128; 123; 122; 121; 119; 

118; 114; 114; 113; 112;|112; 112; 109; 109; 107; 

107; 107; 106; 105; 104; 104; 103; 102; 102; 101; 

101; 95; 94; 93; 92; 90; 89; 89; 88; 85; 85; 85; 

84; 82; 82; 81; 81; 81; 81; 79; 76; 75; 75; 73; 

69; 65; 57; 55; 49; 43. 

Now that the items are arranged in an array, we must select a 
value that will divide the distribution into two parts with the 
same number of items in each part. We might start out at ran¬ 
dom, taking items that looked likely and seeing how many were 
larger and how many smaller. We might', for example, start 
with the value 110 and count the items which exceed 110 and 
those which are smaller. Trial will show that there are 47 items 
which are larger than 110 and 43 items which are smaller: it is 
obvious that we must select a value somewhat larger than 110. 
We could continue to try items in this manner until we discovered 
a value which met the requirement. Such a method, however, 
would be very wasteful of time. It is obvious, +o begin with 
that we want the item that lies at the center pf the distribution. 
Suppose we arrange three items and want one that will divide 
the values evenly: we must obviously choose the second ifyun. If 
we have four items we must select a point between the second 
and third. If we have five, as in the first illustrative example 
above, we know that we must choose the third. Experiment 
will show that, if we are to select the item that will divide the 
distribution into two equal parts, we must select the item that 
is (N + l)/2 . Thus, if there are 5 items we must select item 
number (5 + l)/2, Which equals 3. In this case we have 90 
items, and (90 + l)/2 = 45.5; that is, we must select a value 
which is halfway between the values of the 45th and the 46th 
items. If we count in our array we discover that the 45th item 
from the bottom had a value of 112 and the 46th also has a 
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value of 112 . The median will be halfway between them, cy, 
since they are identical in size, will be (112 + 112)/2 =* 142 , ^ 

. When the number of items in the array is even, the median is , 
jtaken as the arithmetic average of the two central items. • When 
the number of items is odd, the median is the value of the 
item which is item number (N + l )/2 from either end. Note 
that we do not find the median by evaluating the expression 
(N + l)/2. This formula merely tells us the position of the 
median. If there arc 571 items, and we wish to find the median, 
we arrange them in array. The median is not 

- py » - 286 

but the median is the v'alue of 286th item in the array. In other v 
words, the median is found by first arranging the items and then 
counting them, finally taking the value of the item which is 
central, or, if there is no single central item, the average of the 
two central items. # 

Note, then, that, if the median mark given on an examination 
1 was 112 , .we mean that as many students received more than 112 
as received less than 112 . If we say that the median height of 
100 men was 5.5 ft., we mean that as many men were taller than 
5.5 ft. as were shorter than 5.5 ft. This might not be at all true 
of the arithmetic mean, as you will observe from the following 
0 example. • The mean of the items 

# 4; 5; 6 ; 7; 203 

is 22 % # ±= 45 . But 45 is exceeded by only one of the items; four x 
items are smaller. The median of these five items would be 
the value of the (N + l )/2 item, or the value of the (5 + l )/2 
item, that is, the third item. This item has a value of 6 : there 
are two items above it and two items below. Here it will be 
noted that the median and the arithmetic mean do not neces¬ 
sarily have the same value. 

The Mode: Ungrouped Data.—The mode is the value 
that hccurs most frequently. The modal income of wage-earners 
in the\United Si&tes is the most common income, the income 
which iA received by more people than receive any other income. 
If^we say that^the mpdal size of farm in a given community is 
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7$ acres, we mean that there are more farms of this size than of 
any* ojbher size. 

In any statistical problem with continuous data and with fine 
enough measurements, it is probable that no two values will 
exactly coincide. Hence there will be no one value occurring 
more often than any other value. It may be that no two men in 
the United States are of exactly the same height if we could 
measure them with enough exactitude. How, then, could there 
be a modal height? In such a case we should group the data 
and compute the estimated mode from the groups of a frequency 
table. Or it may be that the crudity of our measurements will 
be such that the data are already grouped. Thus if we can 
measure heights only to the nearest inch, so that all men between 
5 ft. 8.5 in. and 5 ft. 9.5 in. are recorded as being 5 ft. 9 in. tall, 
then we have patently grouped together many men whose heights 
are really slightly different. In this way we may find that many 
men seem to have the same height, and we get the same results 
that we obtain by conscious grouping of the cases. 

Table 4.1. —Frequency of Appearance of Various Numbers of Black 
Cards in 102 Deals of 10 Playing Cards « 


Number of 
Black Cards 

Frequency 

0 

0 

1 

1 

\ 2 

5 

3 

12 

4 

18 

5 

34 

6 

22 

7 

7 

8 

2 

9 

0 

10 

1 


When we have discrete data, on the other hand, the mode may 
be easier to ascertain. Let us illustrate such a case. Table 4.1 
shows the number of -times that various numbers of black cards 
appeared in 102 deals of 10 playing cards. Here the data are 
patently discrete, since We may get' 4 Black cards or § black cards, 
but never 4.26 black cards. And here the mode is also plainly 
marked. The commonest number of black cards—the nUmber 
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which appeared more often than any other single number—was 5. 
One may often find distributions in which there is no modej that 
is, in which no single value appears more often than others. In 
yet other cases there may be # twip or more modes or points of 
concentration. In these respects the mode differs from the 
median and the arithmetic mean, since there is always one median 
or arithmetic mean and never more than one. • 

4.6. The Geometric Mean: Ungrouped Data.—The arithmetic 
mean of a group of values was found by adding them and dividing 
the sum by their number. The geometric mean is computed by 
.multiplying the values together and taking the nt h roo t. Thus 

the geometric mean of the numbers 7, 9, and 11 is 

• 

y/'f X 9 X'Tl = \/ / 693 = 8.849 

• 

This method of computation is useful if we are to average but two 
or three numbers, but if we are asked to average 12 or 50 or 200 
numbers we discover that the process involves the extraction of 
the 12th or 50th or 2Q0th joot. This is out of the question. We 
can arrive at the Same result, however, by another method. The 
# student will recall that adding the logarithms of numbers is 
equivalent to multiplying the numbers themselves together, and 
that dividing a logarithm by n is equivalent to extracting the nth 
root of the* number. We can, therefore, work our problem by 
adding the logarithms of the n numbers, dividing the result by n, 
and taking the antilogarithm of the quotient. For example, 
, 'suppose we are required to find the geometric mean of the num¬ 
bers 12, 17, 33, 21,%nd 162. The long process would involve the 
multiplication of the five numbers and the extraction of the Sflk 
root. 'She short method involves the addition of the logarithms 
of the five numbers, the division of the sum by 5, and the taking 
of the antilogarithm. The process follows: 


X 

log* 

12 

1.07918 

17 

1.23045 

33 

1.51851 

21 

1.32222 

162 

2.20952 

2(log X)7 .35988 


. _% *> ■ I ™™ _ 1.47198 

§ N 5 

Geometric mean *= antilog 1.47198 = 29.65 
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This process of discovering the geometric mean can be symbol ¬ 
ized by, the formula 



log M„ 


_ 2 (log X ) 

* , 


where M g represents the geometric mean and the other symbols 
hpve the meanings already attached to them. 

In both illustrative problems of this section, we have found 
geometric means which are smaller than the arithmetic means 
of the same numbers. Experiment will show tha$ unless all 
the numbers being averaged are identical in size the' geometric 
mean of a group of numbers is always smaller than their arith¬ 
metic mean. And, of course, if a single one of the original 
numbers is zero, their geometric mean is also 0 zero. 

4.7. The Harmonic Mean: UngroupeS Data.—The harmonic 
mean of a group of numbers is the reciprocal of the arithmetic 
mean of their reciprocals. Thus, if we wish to find the har¬ 
monic mean of seven numbers, we first take their reciprocals. 
We then find the arithmetic mean of theSe reciprocals and take the 
reciprocal of the result. (The reciprocal of any quantity is the 
quotient that results when unity is divided by that quantity.) 
In the preceding section we found the geometric mean of the 
numbers 7, 9, and 11. Their harmonic mean would be found 
as follows: 


1 _ 1 
M + H + Hi 0.142857 + 0.111111 + 0.090909 
3 3 

~ 0.344877 0.114959 ° l 

3 


The values of the reciprocals are, of course, discovered from 
tables of reciprocals. It is not necessary to compute them each 
time. 

We note that the harmonic mean (which we can symbolize as 
Mh) of the numbers 7,9, and 11 is 8.7; the geometric mean we have 
found to be 8.849, and the arithmetic mean°is 9. If we take the 
second example which we used with the geojnetric mean, and 
compute the harmonic mean of the numbers l2, 17, 33, 21, and 
162, we find the following: 
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1 K 2 + + H 3 + Mi + He2 

M h 5 

= 0^-6 _ Q 0452503 

5 . • 

* Mh = 0.0452503 = 22-1 

If we again compare the results obtained by the three methods, 
we find 

Arithmetic mean = 49.0 
Geometric mean = 29.65 % 

Harmonic mean = 22.1 

Experiment will shogy that whenever we average a group of values 
the arithmetic mean will#be larger than the geometric mean, and 
the latter will be larger than the harmonic mean (unless all the 
values averaged are of the same size, in which case the three 
averages will be identical). 1 

It is somewhat eagier £o compute the harmonic mean by a 
method other thah that so far used. We have seen that the har- 
^monic mean is based on the arithmetic mean of the reciprocals of 
numbers, and it was to show this that we used the method hereto¬ 
fore presented. But note that 

1 _ N 

S(l/X) 2(1/*) 

. . N 

: * • 

so that in practice »we divide the number of items by the sum of 
their reciprocals. To compute the harmonic mean of our last 
example again by the shorter method, we have 

tut _ N _ 5 00 I 

h 2(1/*) 0.2262516 

It is impossible to compute the harmonic mean of any set of 
numbers if one or more of these numbers is zero, since division 
by zero is not allowed in mathematics. 

Not only is it true that the value of the geometric mean of any set of 
numbers always lies between their arithmetic and their harmonic means, 

1 For proof of thePfact that tl^ese inequalities will persist except when the 
items averaged are identical in size, see Davis and Nelson, “Elements of 
Statistics,” pp. 96^., Principia Press, Bloomington, Indiana, 1935. 
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but in the special case where we are dealing with two numbers we can show 
*that 0 the geometric mean of the two numbers is also the geometric mean of 
t^heiit arithmetic and harmonic means. Suppose we let the two numbers 
be represented by x and y. Then their arithmetic mean is (x + y)/ 2, their 
geometric mean is '\/xy t and their harmonic mean is 

2 2 ^ 2 xy f 

1,1 x + y x+y 
' x^y xy 

Using these formulas, we notice that the geometric mean of the arithmetic 
and the harmonic means is 

os) ■ vs 

But we have just seen that this is the geometric mean of the two original 
numbers; so it is evident that for this particular case (where there are but 



Fig. 4.1.—Relationship of the arithmetic and geometric means. 

two numbers involved) the geometric mean of the two numbers is identical 
with the geometric mean of their arithmetic and harmonic means. 

Perhaps the relationship between the sizes of the arithmetic mean and the 
geometric mean of two numbers can be most easily visualized by means of 
the diagram in Fig. 4.1. Here we have a semicircle, with its dii meter cut 
into two sections a and b by the perpendicular m. From the point where the 
perpendicular cuts the arc, lines x and y are drawn to the ends of the diam¬ 
eter. Since the lines x and y form an angle which is inscribed in a semicircle, 
the angle between them is a right angle. 

The arithmetic mean of the lengths a and b is (a + b)/ 2. This is the 
radius of £he circle. Obviously, then, the arithmetic mean of a and b is* 
constant no matter where the perpendicular m is erected. But we note in 
the diagram that 

-H 2 / 1 « (a + b)* « a* + 2a& + 6* 

But 

x* — a* + ifc 1 
y* * 6 * + m* 
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Therefore 

a* + m* + b* + m ! = a* + 2ab + b• 

2 m s = 2a5 
nt = -\/ab 

* * * 

But y/ab is the geometric mean of the lengths of a and b. We see that the 
perpendfcular is the geometric mean of the two segments of the diameter, 
while their arithmetic mean is the radius of the circle. When the per¬ 
pendicular is raised at the center of the diameter, a *= b = m; and we have 
the limiting case in which the two original values are equal and the arithmetic 
mean* equals the geometric mean. But whenever the perpendicular is 
erected at any point other than at the center of the diameter, the per¬ 
pendicular will be shorter than the radius, and the geometric mean will be 
smaller than the arithmetic mean. 


4.8. The Quadrate Mean: Ungrouped Data.—The quadratic 
mean of a group of numbers is found by squaring the numbers, 
finding the arithmetic average of the squares, and taking the 
square root of the result. We can illustrate again with the three 
numbers 7, 9, and 11: The squares of the numbers are 49, 81, 
and 121. The sum gf these squares is 251, and their arithmetic 
average is 83.66/ The square root of 83.66 is 9.15. If we take 

-the other set of numbers with which we have illustrated our 

% 

earlier averages, 12, 17, 33, 21, and 162, we proceed to find their 
quadratic mean as follows: 


X X 2 

12 144 

17 289 

33 1,089 

21 441 

162 26,244 

2X 2 = 28,207 


2X 2 

N 

M q 


_ 28,207 
5 


5,641.6 


= \/5,641.6 = 75.1 


If we represent the quadratic mean by the symbol Af we can 
describe these calculations by the following formula: 


If we bring together the four averages which we have so far 
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computed, all based on the ^umbers 12, 17, 33, 21, and 162, we 
find the following values: 

Mg = 75.1 

X'^49.0 

M g = 29.6 

M h = 22.1 

It may seem to the student that only one of these can be correct, 
and that the other three must be in error. When, moreover it is 
pointed out that one always 1 finds this same general sort of thing 
—the quadratic mean largest, followed by the arithmetic mean, 
the geometric mean, and the harmonic mean the smallest—the 
question arises why one ever computes such peculiar averages. 
Suffice it to say at this point that sometimes one of these averages 
is “correct” and sometimes another, depending on what the 
figures represent and in what way we wish to typify them. Just 
I as we saw (Sec. 4.3) that one sometimes ^weights an arithmetic 
f mean because such a procedure does actually give him the right 
| answer, so we shall see that sometimes one uses the harmonic, the 
geometric, or the quadratic mean because it gives the right 
answer. The discussion as to which kind of average to use 
under which circumstances is found toward the close of the 
following chapter (see Sec. 5.22). 

4.9. Quartiles, Deciles, and Percentiles: Ungrouped Data.— 
The median is sometimes called an “average of position”; that 
is, it is defined as the value of an item which holds-a certain posi¬ 
tion in the array. It is, we have seen, the item which is so 
located that it divides the array into two parts, there being the 
same number of items in each part. We could, of course, find 
the two points which divide the array into three parts or the seven 
points which divide the array into eight parts. In fact we do 
often wish to find the points which divide the array into 4, 10, or 
100 parts. 

The three points which divide the array into four parts in 
such a way that each part contains the same number of items 
, are called the qu artite f s. Just as we found that the median item 
could be found by counting (N + l)/2 items from either end, 
so the quartiles can be found by counting (N>+ l)/4‘items from 

1 Except in the limiting case where all the original value? are equal. In 
such a case, all four averages will be equal also. t 
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each end. If we revert to the case we used in illustrating the 
median—the examination marks which were listed on pa£e 24 
and arranged in an array on page 66—we discover that there are 
90 marks. Hence the positioji af the first quartile (the first 
quartile is always the smallest of the quartiles and the third 
quartile the largest, with the second quartile between) will 
be (N + l)/4 or (90 + l)/4 or 9 J4 or 22.75 items from the bot¬ 
tom. If we count up 22 items, we arrive at the value of 88. The 
23d item is 89. Hence a point % of the way between them 
will be 88.75, and we say that the first quartile (symbolized by 
.Qi) is 88.75. 

Now let us count down from the top 22 items. This brings us 
to a value of 150. yhe 23d item has a value of 149. If we locate 
the value which is % of f the way from 150 to 149, we get 149.25. 
Hence we say that the third quartile (Q3) is 149.25. The second 
quantile must obviously be at the center of the array; that is, it is 
identical with the median. Hence we never speak of the second 
quartile, but say that; the .two quartiles and the median divide the 
array into four parts in such a way that each part contains the 
# same number of items as each other. To summarize our results 
for the array of examination marks, we could say 

Qi = 88.75 

Med. = 112 (see page 67) 

Qz = 149.25 

• • 

•These three values are so chosen that they divide the array as 
required. 

We can give the formulas for the positions of the quartiles, 
then, a^follows: 

Q , = m±n 

• 

This latter value for Qi shows how far up we would have to count 
from the bottorq in order to reach the third quartile. In our 
illustration we counted ddwn (N + l)/4 items from the top. 
Experiment will»show that either method gives the same result. 


(N + 1) 


= Med. 
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^ The deciles are the nine points which so divide the array that 
each J>art contains the same number of cases as each other part. 
Ih this case, as the name implies, the array is divided into 10 
groups. The formulas for the ppsitions of the deciles, starting 
with the first (smallest) decile ( D x ) follow: 


n - W + 1) 
Dl 10 
_ 2(iV + 1) 

Di -10 

7) _ 3(1V + 1) 
D* -10 

etc. 


If we compute the first two deciles from the data on examination 
marks used before (page 24), we find 


Hence 


_ (N + 1) _ 91 

Dl -10-TO ~ ‘ 9>1 


9th item = 75 
10th item = 76 

JTo of the way from 9th to 10th = 75.1 


Di = 75.1 
D* = 


= m - 18.2 


10 


10 


18th item = 84 „ 

19th item = 85 

3io of the way from 18th to 19th = 84.2 


And the last (9th) decile would be 


Di 


_ 9 (IV + 1) _ 819 


10 


10 


= 81.9 


81st item = 164 
„82d item = 165 

%o of the way from 81st to 82d = 164.9 


Note that in each case here the items have been found to be one 
unit apart. Suppose, in the last illustration, that the 81st item 
had been 164 and the 82d item had been 168. ° ,The point Mo of 
the way between the two would be a't 167.6. This r point is dis¬ 
covered as follows: The entire distance between £64 and 168 is 4. 
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Nine-tenths of 4 is 3.6. Since we are going from the value 164 
toward the value 168, we add the 3.6 to the 164, getting 167.6, 
which would be the ninth decile under such circumstances. * 
The 99 points which divide the. array into 100 parts in such a 
way that the parts contain equal numbers of items are called the 
percentiles. As the student would anticipate from what has gone 
before, the formulas for the position of the percentiles (where 
Pi is the first percentile, the second percentile, etc.) are 

Pi 

,Ps 

and* so on, until we reach 

P 99 

t 

If we take but one example in this case, using the examination 
marks a^kin for purposes of illustration and computing the value 
of the 19th percentile, we find 

* 19 (N + 1) = 19(91) _ 1729 

19 100 100 100 
, • 17th ntem is 82 

/ 18th item is 84 

2 %oo of the way from 82 to 84 is 82.58 

Thus # 

19th percentile is 82.58 

4.10. Use of Quartiles, Deciles, Etc.—In the preceding chapter 
(see Sec. 3.5) it was pointed out that there are usually advantages 
in using uniform class intervals throughout a frequency table, 
although we saw in Sec. 3.18 that there are. cases •where it is 
worth while to make exceptions. Now we notice that, while a 
frequency table usually keeps the class interval constant and has 
varying frequencies in the classes, a set of quartiles or deciles or 
percentiles amounts to the same thing as keeping the frequencies 
of the classes constant and Varying the class interval. For exam¬ 
ple, if we illustrate again with the 90 examination marks which 


(N+ 1) 
100 

2 (N + 1) 

100 

3 (N + 1) 

100 


99 (N + 1) 
100 
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appear in array on page 66, we find the following nine deciles: 

f ' r 75.1; 84.2; 93.3; 104.4; 112; 126; 

142; 153.8; 164.9 

These points are not equally spaced. The first amounts to an 
open-end class including all cases below 75.1. The next is a 
class running from 75.1 to 84.2, with a class interval of 9.1. 
The next class, running from 84.2 to 93.3, also has a class interval 
of 9.1. The next class runs from 93.3 to 104.4, with a class inter¬ 
val of 11.1. The other class intervals are 7.6, 14, 16, 11.8, and 
11.1. Then there is the final class running 164.9 and over. 
While these classes have unequal class intervals (and in a mound¬ 
shaped distribution the class intervals will ordinarily be smaller 
toward the center of the distribution; the student should make 
sure that he sees why this is true) they contain equal numbers of 
cases. In our illustrative problem, each class contains 9 marks. 
In fact, that is just how we drew them up. We defined the 
percentiles, for example, as the 99 points which divided the 
distribution in 100 parts in such a way that there were equal 
numbers of cases in the various parts. We see, then, that here 
is another case where, in practice, one occasionally wishes to get 
away from the equal class intervals which are so useful when we 
are expecting to carry on further computation. 

4.11. Summary of Averages with Ungrouped Data.—If each 
item is stated separately, rather than being grouped with others 
in a frequency table, we compute the various measures of central- 
tendency (also called averages, or types) as follows: 

1. The arithmetic mean (X) y also called the arithmetic average or the 
mean: 

Add the numbers given. 

Divide the sum by the number of cases. 

Formula: 

X =~N . 

2. The weighted arithmetic mean. 

Assign a weight to each number. 

Multiply each number by its weight. 

Add the products just obtained. 

Divide the sum of the products by the sum of thp weights. 

Formula: 

• 

* 2W 
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3. The median (Med.): 

Arrange the data in array. 

Count (N + l)/2 items from either end. 

The value of this item is the median. 

4. The mode (Mo.): , . 

Count the number of times that each value occurs. 

Thfc value occurring most frequently (if any) is the mode. 

5. The geometric mean (M g ): 

Find the logarithms of the values. 

Add these logarithms. 

^Divide the sum by the number of cases. 

Take the antilogarithm of the quotient. 

Forjnula; 

. . 2 (log X) 

log (AT.) = ■ ft - • 


6. The harmonic mtf&n (Mh): 

Find the reciprocals of*the numbers. 

Add the reciprocals. 

•Divide the number of cases by the sum of the reciprocals. 
Formula: . 

N 


X(i) 


7. The quadratic mean (M q ): 

Find the square of each of the original numbers. 
Add the squares. 

Divide.this sum by the number of cases. 

Take the square root of the quotient. 

Formula: 



8. The quartiles (Q*, Q*): 

Arrange the data in an array. 

Co#nt (N *f l)/4 items from the lower end. 

The value of the item located here is Qi. 

Count 3 (N + l)/4 items from the lower end. 

The value of this item is Qz. 

Q 2 is the median. 

9. The deciles and percentiles (D i, D 2 , etc.; Pi, P 2 , etc.): 

Arrange the data in an array. 

For the deciles find the value of the items which are multiples of 
(N + 1)/10 from the end. 

For the percentiles ^find the values of the items which are multiples of 
(N + 1)/100 from the end. 

Having defined our terms, and having seen how these averages 
are computed wjien each of our original figures is given, we shall 
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turn our attention in the following chapter to the methods used 
for finding these averages when the data are grouped together 
ill frequency tables. 

EXERCISES 

1. Find the deciles of the data given in Exercise 6 at the end of Chap. Ill 
(see page 58). 

* 2 . Find the 89th percentile of the data of Exercise 6, page 58. 

3 . Company A buys electricity at 3 cents per kilowatt-hour, Company B 
at 2 cents, and Company C at 5 cents. Company A uses 10,000 kw.-hr., 
Company B uses 8,000, and Company C uses 20,000. What was the average 
cost per kilowatt-hour? Use a weighted average. Explain why you use 
the particular weights you do, instead, for example, of using the capitaliza¬ 
tions of the companies or the numbers of their employees as weights. 

4 . Company A pays its employees an average wage of *$28 per week. 
Company B pays an average of $35 per week. What figures would you 
need for weights before you could find the average weekly wages of the 
employees of both companies combined? 

5. If you were given the wheat yield (bushels per acre) in each oi the 
48 states of the United States, and you wanted to Compute the yield (bushels 
per acre) for the United States, why would you have to weight the average 
of the 48 yields, and what figures would you use to weight them with? 

6 . Find the quadratic mean, the arithmetic mean, the geometric mean, 
and the harmonic mean of the numbers 40 and 10. 

7 . Show in the preceding example that the geometric mean of the two 
numbers is also the geometric mean of their harmonic and arithmetic means. 

8 . If you knew the batting average of each member of a baseball team, 
and wanted the team’s batting average, what additional information would 
you need? Under what circumstances would you get the correct answer 
if you took the simple arithmetic average of the fig ares for the various 
members of the club? 
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LI* Averages from Grouped Data.—We discovered in Chap. 
Ill that the statistician seldom retains his figures in their original 
form, since th§re are too many of them to be handled easily, 
and since the large number of figures tends to be confusing rather 
than enlightening.^ In order to compress the data within reason¬ 
able limits, and to malje it possible to get an idea of the general 
nature of the distribution at a glance, he ordinarily classifies 
the* data in a frequency table, showing merely the numbers of 
cases which fall in various classes. 

It would at first seem that when we have the data so arranged 
it would be impossible to subject them to further statistical 
manipulation. How can we find the averages of the data? 
How cah we compute the value of the arithmetic mean, the 
median, the mode, or any of the other summary figures that we 
studied in the preceding chapter? 

It would evidently be a foolish waste of time for the statistician 
to classify his data in frequency tables if thereafter he could 
carry on noiurtfier computations. In this chapter, we shall see 
how it is possible to compute the various averages of figures 
even if they have been grouped or classified in a frequency table. 
We shall then see how and when each average should be used, 
and how it should be interpreted. 

As for the computations themselves, we can understand the 
problem most easily in connection with an illustrative example. 
Castle gives figures (see Table 5.1) 1 showing the heights of 1000 
Harvard students between the ages of 18 and 25, measured at the 
Harvard gymnasium in the years 1914-1916. 

We have already ^seen that in such cases we do not know the 
value of a single item. We do not know the exact height of a 

1 W. E. Castl£, “Genetics and Eugenics,” Harvard University Press, 
Cambridge, Mass., 1916. By permission of the president and fellows of 
Harvard College/ (Data are adapted from data on p, 61 of this book.) 
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single student out of this group of 1000. To be sure, we can tell 
something about the distribution of heights. We know that 
ntf student was shorter than 154.5 cm. and that none was taller 
than 199.5 cm. We know that most of them were between 170 
and 180 cm. tall. But whether one student, or 15, or none, had 
a height of 168.3 cm. we cannot tell. How, then, can we tell 
anything about the average height, since we do not know the 
heights of any of the individuals? How, when our items have 

Table 5.1.— Heights of 1000 Harvard Students, Ages 18 to 25 


Height 

(centimeters) 

Number of 
Students 

155-157 

4 

158-160 

8 

161-163 

26 

164-166 

53 

167-169 


170-172 

146 

173-175 

18,8 

176-178 

181 

179-181 

125 

182-184 

92 

185-187 

60 

188-190 

22 

191-193 

4 

194-196 

1 

197-199 

1 

Total. 

1000 


lost their identity in a frequency table, can we add them or 
multiply them together or arrange them in order of magnitude? 
How can we perform any of the operations which we have needed 
to perform in order that we may compute the various measures 
of central te*idency? As a matter of fact, we can do these things 
i only if we make certain assumptions. We must now discuss 
these assumptions and see how they enable us to compute aver¬ 
ages from grouped data. For the statistician computes averages 
from such data quite as often as from ungrouped data, and as a 
matter of fact he usually prefers to do so, because grouped data 
save him time and cause little inaccuracy. < 
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Since we do not know the exact height of a single one of the 
53 students whose heights are recorded as falling between 164 
and 166 cm., we must assume something about the heights! We 
might assume that the heights were evenly distributed over the 
3-cm. range from 163.5 to 166.5, no two of the men being the same 
height and the differences in their heights being equal. We might 
assume that these 53 students were all of exactly the same height, 
in which case we should be likely to assume that they were all 
located at the middle of the class interval, or at 165 cm. Or 
we might make other assumptions that seemed reasonable. No 
matte» what assumption we make we shall be likely to be some¬ 
what in error, but we can surely choose a value for these heights 
that will ncft be ii^ error for any one of the 53 men by more than 
1.5 cm.; that is, if we ghoose to assume that the students are all 
the same height (165 cm.), the error will not be large in any indi¬ 
vidual case. 

6.2. The Arithmetic Mean: Grouped Data.—When we com¬ 
pute the arithmetic mean of data which are grouped in frequency 
tables, we usually assume that the total of the values in any class 
is just what it would be if all the items were located at the mid¬ 
point of \he class. This is the same as assuming that the items in 
the class are evenly distributed throughout the class: either 
assumption would give the same totaL,. In the case that we have 
been using as an illustration, it is assumed that the total height 
of the 53 men in the group whose heights vary from 164 to 166 cm. 
is the same as the total height of 53 men who are each 165 cm.,tall. 
In other words, their total height will be 53 X 165 = 8745 cm. 
Of course, if these 53 men were evenly distributed over the range 
from *63.5 to 166.5 cm., no two men being of the same height, the 
average height would still be 165 cm., and the total height would 
still be 8745 cm., as we discovered on the other assumption. 
Hence it makes no difference in this case whether we assume that 
the data are concentrated at the mid-points of classes or are 
evenly distributed throughout the classes. In computing the 
mean we shall make the former assumption, as involving less 
arithmetic. 

If we assume that the 1000 students are located at several 
points, these bging the class mid-points (or class marks , as they 
are sometimes called), th<3n we can easily determine the average 
height. We spy that the four shortest students have each a 
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height of 156 cm., or a total height of 624 cm. The next eight 
students, being concentrated at the height of 159 cm., have a 
total height of 1272 cm. If we continue thus throughout the 
table, multiplying in each case the class mark by the number in 
the class, we shall determine the total height of the students in 
each class. If, then, we add these products, we shall get the 
total height of the 1000 students. And we have already dis¬ 
covered that the average height is the total height divided by 
the number of cases. Thus we obtain our average easily once it 
is assumed that the heights are concentrated at the class marks. 

Table 5.2 illustrates the process of finding the arithmetic mean 
from frequency data. In the first column the class limits are 


Table 5.2.—Computation of Arithmetic Mean from Frequency 
_Distribution (Long Method) _ 


Height 

(centimeters) 

Class Mark 

(X) 

Number of 
Students 

( f) 

Total Height 

(/X) 

155-157 

156 

4 

624 

158-160 

159 

8 

1,272 

161-163 

162 

26 

4,212 

164-166 

165 

53 

8,745 

167-169 

168 

89 

14,952 

170-172 

171 

146 

21,966 

173-175 

174 

188 

32,712 

176-178 

177 

181 

32,037 

179-181 

180 

125 

22,500 

182-184 

183 

92 

16,836 

185-187 

186 

60 

11,160 

188-190 

189 

22 

4,158 

191-193 

192 

4 

768 

194-196 

195 

1 

195 

197-199 

____ 

198 

1 

| 

198 

Totals. 

1000 

175,335 


given as they appear in the original. But we assume that all the 
items within any class are located at the class mark, or mid-point, 
which is shown in the second column. We assume that any 
height between 154.5 and 155.5 was recorded as 155. Hence our 
first class presumably includes heights starting at ( 154.5; likewise, 
at its upper end, it presumably includes heights up to 157.5. 
Thid is a range of 3 cm., and we would find the class mid-point by 
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adding half this range (1.5 cm.) to the lowest limit of tne range 
(154.5 cm.). Thus the class mark would be 154.5 + 1?5 # = 156 
cm. And since we assume that all four students in the class were 
concentrated at this value, it must be that our X's for these four 
studeyts (that is, the original values with which we start our 
problem) are 156. Similarly the table shows 8 students with 
heights of 159 cm., 26 students with heights of 162 cm., etc. The 
number of students in each class of the frequency table we indi¬ 
cate by the letter /, which always represents the frequency with 
which items occur in a class of a frequency table. It is easy to 
remenlber that / stands for frequency. 

Finally, in the last column, we have the total height of the 
people in each group. If each of four people measures 156 cm. in 
height, their total height is 4 X 156 = 624 cm. Similarly 
throughout the table we have multiplied each class mark by the 
cla^s frequency (the number of items in the class) to get the total 
height of the people in the class. Hence we label the final column 
fX, since it is found by multiplying the X values by the/ values. 

If we summate the last column we find the total height of 
the 100p students to be 175,335 cm. If 1000 students have 
a total height of 175,335 cm., then the average height is 
175,335/1000 = 175.335 cm. But since our original figures are 
given to the nearest even centimeter only, we should not give the 
average to three decimals (even though we should probably not be 
far in erjor by doing so). 1 Therefore we round off our result to 
even centiliters, making it 175 cm. 2 

We can summarize the directions for computing the mean from 
frequency distributions in a formula, as follows: 

y - urn - z(fx) 

2/ “ N 

This formula says, “Multiply each X by the corresponding/, and 
add the products. Divide the sum of the products by the sum of 

1 See Raymond Pearl, “ Medical Biometry and Statistics,” 2d ed., 
pp. 362jf., W. B. Saunters Company, Philadelphia, 1930. 

2 In Castle, op. cit ., from which these data are extracted, the average 
height is given as 1/4.4 cm. This is contrasted with our 175.3 cm. If one 
were to assume tlfat the class intervals as given mean 155-157.9, 158-160.9, 
etc., the average would, of course, be even higher. I have not discovered 
the cause of the B discrepancy. 



86 


ELEMENTS OF STATISTICAL METHOD 


the frequencies (which is, of course, the total number of cases, or 

n) ” ; * 

If we compare this formula for the arithmetic mean of items 
in a frequency table with our formula for the weighted arithmetic 
mean (see page 62), we discover that they are similar save for 
one substitution. It we write the two formulas side by side this 
will be immediately apparent. 

2(XW) 2(fX) 

VW 2 / 

We see that the formula for use in frequency tables is a duplicate 
of the formula for the weighted arithmetic mean except that we 
have substituted the symbol f for the symbol W . Obviously, 
then, when we find the arithmetic average of numbers classified 
in a frequency table we have really computed a weighted arith¬ 
metic mean, using the frequencies as weights. 

6.3. Arithmetic Mean: Short Method.—The method we have 
just used for determining the average of data grouped in a 
frequency table is not the shortest possible method. In fact, 
it is not a method which would be used in practice, ^e have . 
presented it merely to show that it is possible to compute the 
mean from grouped data if we make the proper assumptions. 
Any statistician who wished to compute such a mean would 
always use what is called “the short method.” With this^ 
method we start by guessing at the mean and then adjusting the 
guess to meet the facts. This method is easiest to understand 
in connection with an illustration, and for this we shall use the 
data on student heights which appear in Table 5.1. 

In Table 5.3 the class limits are listed in the first cdiumn. 
Since the first class contains those items which vary in size from 
154.5 to 157.5 cm., we take the mid-point of the class as 156 cm. 
and list it in the second column. In the same way the other class 
marks are determined. Then comes the first step that is new. 
We look ov6r the data and guess at the mean, choosing one of 
the class marks as the guessed mean. In this case we chose 174 
as the provisional or guessed mean. We thep set down the num¬ 
ber of steps by which each class differs from the mean, and these 
‘deviations we list under the heading “class deviations,” and we 
symbolize them by the letter d. Thus the first class (155-157) 
is six classes smaller than the guessed mean, so we label it —6. 
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The class labeled “194-196” is seven classes larger than the 
guessed mean, so we label it +7. In this way we state each class 
in terms of the difference from the mean, measuring our differ¬ 
ences in units of the class interval. 

The fourth column is one with which we are already familiar. 
Here appear the frequencies as before. The last column is the 
product of the class deviations and the corresponding frequencies 

(AO- 


Table 5.3.—Computation of Arithmetic Mean from Frequency 
• Distribution (Short Method) 


Height • 
(centimeters) 

Class Mark 

• 

C X) • 

Class 

Deviation 

y (d) 

Frequency 

( f > 

CA0 

J. 55-157 

156 

-6 „ 

4 

- 24 

158-160 

159. 

-5 

8 

- 40 

.161-163 

162 

-4 

26 

-104 

164-166 

16* 

-3 

53 

-159 

167-169 

* 168 

-2 

89 

-178 

170-172 

171 

-1 

146 

-146 

173-175 

174 , 

0 

188 

0 

176-178 

177' 

+ 1 

181 

181 

179-181 

180/ 

+2 

125 

250 

182-184 

183 

+3 

92 

276 

185-187 

186 

+4 

60 

- 240 

188-190 

189 

+5 

22 

110 

191-193 , 

, # 192 

+6 

4 

24 

194-196 / 

,195 

+7 

1 

7 

197-199 

198 

+8 

1 

8 

Totals*.. 

1000 

+445 




Now if we total the last column we find 2(/d) = +445, and 
.this divided by 2/ (or N) = 44 *Kooo = 0.445. This tells us 
that the true average of these data is 0.445 class intervals above 
the guessed mean. (Had the sign of 2/d been minus, the true 
average would have^been below the guessed average.) Now the 
class interval is 3 cm., and 0.445 class intervals make 1.335 cm. 
The guessed avgrage was 174 cm., and, if we add thereto the cor¬ 
rection of 1^335 cm. which we have just found, we get 175.335 cm. 

as the average.# This is exactly the same as the average which we 

• • • 








88 


ELEMENTS OF STATISTICAL METHOD 


found when we carried on the computations by the long method, 
as will be seen by reference to page 85. 

What we have actually done by this short method is to assume 
a mean and to find on the average how far the items fall from this 
assumed mean. Our unit of measure is the class interval, /which 
in this case is 3 cm. We know that if the mean is correctly 
chosen the sum of the positive deviations will exactly offset the 
sum of the negative deviations, so that, when, as in this case, the 
positive deviations are larger than the negative, the assumed 
mean is too small and must be raised enough so that positive and 
negative deviations will balance. If the negative deviations 
exceed the positive we must, on the other hand, lower the average. 
Our process consists in finding out by how jnany units (class 
intervals) we must adjust the assumed mean to make it coincide 
with the true mean. 1 

Any point may be chosen as the assumed mean, although the 
work involved is much less if the assumed 'mean is at the mid¬ 
point of one of the classes. Also it helps sqjnewhat if the class 
chosen is near the middle of the distribution, so that the numbers 
used are as small as possible. 

. The so-called lt short process” of computing the mean seems 
like a long process when described in such detail. If the student 
will compute a mean from a frequency distribution, using first the 
long and then the short method, and timing the process, he will 
discover that the short method is correctly nqmed. JVe may 
summarize the steps of the short method as follows ^ 

1. List the class marks. 

2. Locate a guessed mean near the middle of the distribution and at a class 

mark. * 

1 That the algebraic sum of the deviations from the arithmetic mean must 
equal zero is shown by the following: 

Each deviation from the mean may be defined as follows: 

x = X - X 

The sum of the deviations is, then, 

Xx - 2(X - X) - XX - N(t) 

But since X =* 

XX m N(X) ‘ 

It is therefore obvious that XX — N(X) » 0 and that Xx 0. 

«< r . . 
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3. State the other classes in terms of class deviations from the guessed 
mean. The deviations are plus and minus, and the signs are important. 
Values lower than the guessed mean are minus; others are plus. fricclgss 
containing the guessed mean is marked “0.” 

4. List the frequencies of the classes. 

5. Multiply each frequency by its class deviation, keeping the plus and 
minus signs. 

6. Add the products obtained in the preceding step. # 

7. Divide the sum just obtained by the sum of the frequencies (that is, 
by N) and multiply the quotient thus obtained by the class interval. 

8. * Add the result obtained in the preceding step to the guessed mean 
of step 2. 

If we are to boil these directions down into a convenient 
formula whjch gives directions for computing the mean from 
grouped data, we shall need some new symbols. Let d represent 
the distance (measured in units of the class interval) from the 
assumed mean. Let X' represent the assumed mean (as distinct 
from the real mean, which is represented by X). Let^CLrepresent 
the c lass in terval, which in the illustration was 3 cm. Then 
our formula is as follows: 1 

. x = !' + Ci (50 = X' + Ci 5^ 

In our case this becomes 

X = 174 + 3 (±^0 = 175.335 

1 On p. 85 we defined the mean of a frequency distribution thus: 

/ . X _WX) 

x “ N 

But eajh actual value of X is equal to the guessed mean plus (or minus) an 
amount equal to the number of class deviations times the class interval. 
That is, 

X = X' + (Ci)(d) 

Substituting this in the formula above gives 

~ z{/[*' + («) (<*)]! 

X - N . 

_ + ILffl 

N ' t ' N 
# = r , 2(/d) , *'(S/) 

~ir + 

Since, however, 2Jf « 2V, this becomes 
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As before, we should round off the answer to 175 cm. to cor¬ 
respond with the accuracy of the original figures. 

( C 

5 . 4 . Checking Accuracy of Computations.—Whenever a good statis¬ 
tician gets an answer to any problem, he immediately checks it to see if it is 
reasonable. Suppose, for example, that we had found in our last example 
an average height of 487 cm. We know by looking at our original table 
tl^at this is out of the question, since no student had a height greater than 
199.5 cm. Yet it amazes teachers of statistics year after year to have 
students turn in answers on examinations which are as obviously wrong as 
this one. It is a good plan to study your data before you start your compu¬ 
tations, estimating roughly what answer should be expected. Then if the 
computations give an answer which differs widely from that expected, one 
should question the accuracy of his work. 

Table 5.4.— Computation of Arithmetic Mean from Frequency 
Distribution (Short Method) with Charlier Check v 

Frequency 

(/) W 

4 “ - 24 

8 - 40 

26 -104 

53 -159 

89 -178 

146 -146 

188 0 

181 181 

125 *250 

92 276 v 

60 240 

22 - 110 

4 24 

1 7 

1 _ 8 _ 

1000 4-445 

Fortunately with some statistical computations it is possible to check 
the accuracy bf the work as one proceeds, so that at the end of any step 
in the process he can tell whether or not errors have been made. When such 
checks are possible, it is wise for the student to get in the habit of using 
them, since they take little time and effort at worsi, and at best may save 
hours of rechecking and recalculating. In the case of the arithmetic mean 
computed from a frequency table, it is possible to apply what is known as the 
“Charlier check” to prove the accuracy (or demonstrate the inaccuracy) 
of our arithmetic. « 


f(d 4- 1) 

- 20 

- 32 

- 78 

- 106 
- 89 

0 

188 
362 
375 
368 
300 
132 
* 28 
8 

_9_ 

4-1445 


Height 
(centi- 
\ meters) 


155-157 

158-160 

161-163 

164-166 

167-169 

170-172 

173-175 

176-178 

179-181 

182-184 

185-187 

188-190 

191-193 

194-196 

197-199 


Totals.... 


Class 

Deviation 
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To compute the Charlier check for the arithmetic mean, we merely add 
one column to our table by showing the values of f(d + 1). Thi® gives us 
Table 5.4, which the student should compare with Table 5.3. It ’RrilHbe 
seen at once how the figures in the last column are derived. 

The first figure in the new last column is —20. This is found by adding 
1 to th? value of d (which gives us — 6 + 1 *■ — 5) and multiplying by the 
value of / (which is 4). Each figure in the last column is found similarly, 
by adding 1 to the value of d, and multiplying by the corresponding vaftie 
of /. To take one more case, the fourth from the last item in the column is 
the number 132. It was found by adding 1 to the value of d (which was 5) 
to get the value of d + 1, or 6. This value was multiplied by the corre¬ 
sponding value of / (22) to get the value 132 in the last column. 

Wheif this check is applied we find that, if our arithmetic has been correct, 
the sum of the last column, 2 [f(d 4* 1)1, will always be equal to the sum of 
the totals of the two preceding columns. In the case of Table 5.4, we note 
that the last column yields a total of 1445, which is the sum of the two pre¬ 
ceding totals, 1000 and 4lfi. Sometimes the sums of one or two of the 
columns are negative, and the student must be careful to keep track of 
sign%. For example, it might be that the sum of the frequencies would be 
865, the sum of the values of fd might be —148, and in that case the sum of 
the values of f(d 4- 1) should be 865 + ( — 148) = 717. But if the total 
of the last column, is not equal to the algebraic sum of the other two totals, 
some mistake in arithmetic has been made. 1 
• 

6.5. Grouping Error with the Arithmetic Mean.—In computing 
the arithmetic mean from a frequency table, we have assumed 
that all the items in any particular class are concentrated at 
the mid-point of the class. Of course, our results would be 
the same no t\^o of the items in the group were thp same size, 
1 but if they v/fere arranged at equal intervals throughout the class 
from the lower to the upper class limit. Likewise our assumption 
would bring no inaccuracy no matter how irregularly the items 
were Mattered in the class if the average of the items within each 
class were equal to the class mark. Therefore we can say that 
any one of three assumptions would give us the same results, 
namely: 

1. All items within a class are the same size, each equal to the class mark. 

2. No two items in the class are the same size, and the values are spaced 
equidistantly. throughout the class interval. ^ 

3. The average of thtf items within each class is equal to the class mark. 

1 The student who is mathematically inclined will prefer to have this 
statement proved. 

• /(d + l)-/tf+/ 

. # . 2[/(d 4-1)] - 2/d 4- 2/ 
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In practice, probably none of these assumptions is exactly 
true., Yet if in one class the items run a little larger than the 
class mark we expect by the laws of chance that in some other 
class they will tend to run a little lower than the class mark, and 
if we have a large enough number of items and a large .enough 
number of classes we should expect any errors to cancel each other 
out. We find empirically that the arithmetic mean computed 
by the methods just described is reasonably accurate. 

The student can easily test the accuracy of the method by 
trying it in cases where the actual average is known. For 
example, on page 24 appear 90 marks received by students on 
an examination. The arithmetic mean of these 90 marks is 
10,635/90 = 118.17. If we group these data in a frequency 
table with a class interval of 5 and the iower class limits at 40, 
45, 50, etc., we can compute the average from the frequency 
table, in which case we get an answer of 118.44. Table 3.2 shows 
the data arranged in a frequency table with a class interval of 10. 
Here the average is again 118.44. If we make up a frequency 
table with a class interval of 25, with the lower limits at 25, 50, 
75, etc., we find an average of 120.28. Table 3.3 shows these 
data classified with a class interval of 50. Here the arithmetic 
mean is 121.11. The student will note that our results from the 
frequency table fall very close to the actual average of the 90 
marks as long as we had a reasonably large number of classes. 
It can be said in general that the grouping error, which arises 
when all the cases in a class are treated alike, inci^ases as the 
class interval increases and is less for continuous than'for discrete 
data. 

6.6. The Median: Grouped Data.—If we study the data on 
heights of students with the intention of determining the median, 
we find the method very similar to that used when the data were 
not grouped. The problem is still that of discovering a value 
such that it will divide the distribution into two groups containing 
the same numbers'of items. As before we start by determining 
how far from the lower end of the distribution we shall have to 
go to reach such a value. When the data ware not grouped, the 
median value was number (W + l)/2 from either end. When the 
data are grouped, the problem differs slightly;' and the median 
item is number N/2 from either end. Unless we make this 
change, we shall get one answer when we start frem one end and 



MEASURES OF CENTRAL TENDENCY 


93 


another answer when we start from the other end. Since we 
have 1000 items, we must find the N/2 item or the 100 %4tem or 
the 500th item; that is, we wish to know the size of the 500lh 
item. If the 1000 students aj:e arranged in an array, we wish 
to know the height of the student who is number 500 from either 
end. * 

Our original distribution of heights was as indicated in Table 
5.5. Let us start with the shortest men and count until we have 


Table 5.5.— Heights of 1000 Harvard Students, Ages 18 to 25 


Height 

(centimeters) 

Number of 
Students 

155-157 

4 ' 

1158-160 

8 

161-163 

26 

164-166 

53 

. 167-169 

89 

170-172 


• 173-175 

188* 

176-178 

m 

179-181 

f25 

182-184 

92* 

185-187 

60 

188-190 

22 

191-193 

4 

194-196 

1 

197-199 

1 


reached the'500th*man. The lowest class contains 4 men; the 
two lower classes contain 12 men when taken together; the three 
lower diasses together contain 38 men. If we continue thus, we 
find that the six lowest classes contain 326 students and the 
seven lowest classes contain 514 men. If we want the man who is 
500th from the bottom, he must be farther along than the top of 
the sixth class, but not so far along as the top of the seventh 
class; that is, he must be located somewhere in .the seventh class. 
If we assumed, as before, that all items in the seventh class were 
at the class mark, it v^ould be an easy matter to locate the median. 
But now we vary our assumption, assuming that the items are 
evenly distributed throughout the range of the class; in other 
words, that.the 188 items* in the seventh class are considered 
as being equidistant and as being spread over the entire distance 
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from 172.5 (the actual lower limit of the class) to 175.5 cm. (the 
actual upper limit of the class). If we follow this assumption 
it r is relatively easy for us to determine the location of the median. 
The six lower classes contain 326 students, and we wish to locate 
the 500th student; that is, we have to go 174 items into the 
seventh class, or 17 Ks8ths of the way from the lower limit 
t6ward the upper limit of the class. Since the class interval is 
3 cm., this means that we have to go up from the actual lower 
limit of the class a distance of ( 17 ^8s) 3 cm. or 2.78 cm. The 
actual lower limit is 172.5 cm.; so we have the equation 

172.5 + 2.78 = 175.28 cm. = Med. 

Note that this carries us almost to the actuaj upper limit of the 
class (175.5 cm.). This is to be expected, since we went up from 
the bottom of the class through 174 of the 188 items in the class. 
We can compare the median of 175 (which we get by rounding off 
the computed value of 175.28) with the arithmetic mean, which 
we have already discovered to be 175 (see page 87). Before the 
two values were rounded off they were 

X = 175.335 
Med. = 175.28 

It must not be thought, however, that it is necessary for the 
median and the mean to coincide or to be approximately equal. 
We saw on page 67 a case where they were decidedly different. 
That the median and the mean are, in this case, so nearly 
identical is due to the fact that the heights of the students were 
so symmetrically distributed. This can be seen roughly from the 
chart on page 95, which shows the heights of the students; but 
in the main the question of symmetry of curves will be postponed 
until later. 

Let us now summarize the methods used in finding the median 
from data grouped in frequency tables. The steps are these: 

1. Compute N/2 to diecover the location of the item desired. 1 

1 The student should apply the method just illustrated for finding the 
median to the same distribution of heights, counting from the top instead 
of from the bottom. He will discover that the use of N/2 will give the same 
answer regardless of the end from which he starts, but the use of (N -f l)/2 
will not. This is the reason for using N/2 here instead of the value used 
when the data are not grouped. ^ 
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2. Add the class frequencies until the class containing the median item is 

discovered. # 

3. Find how many items one must count into this class to rea5h tfie 
median item. 

4. Find what fraction this is of the total number of items in the class. 

5. Add this fraction of the class interval to the actual lower limit of the 
class. 

» 

When we are dealing with frequency curves, as in this chapter, 
we can well redefine the median as that particular value on the 



Fig. 5.1.—Nuihber of Harvard students between the ages of 18 and 25 years with 
various heights, 1914-1916. 

base sdhle of a frequency polygon from which a perpendicular will 
divide the area under the curve exactly in half. In Fig. 5.1 if 
we erect a perpendicular from the point on the base scale which 
corresponds to 175.28 (our value of the median) we shall divide 
the area under the curve in two, and the two new areas will be 
equal or approximately so. ^ # 

We should also note that the definition of the median breaks 
down in the case of* some discrete data. For example, Ernest 
Thompson Seton counted the number of eggs in each of 77 
pelican’s nests, «and found that 4 nests contained 1 egg each, 
65 nests contained 2 eggs each, 5 nests contained 3 eggs each, 

and 3 nests contained 4 eggs each. In this case there is no 

• • • . * 




96 


ELEMENTS OF STATISTICAL METHOD 


median which meets our definition exactly; that is, there is no 
number of eggs which is exceeded by as many cases as those 
which fall short of it. If we pick 2 as the median, we find it 
exceeded by 8 cases with but 4 cases smaller. If we choose 3 
as the median, we find 69 cases smaller and but 3 larger. In 
such a case the whole idea of the median may break down. 

6.7. Finding the Median from an Ogive.—We saw in Sec. 
3.11 that every frequency table can be converted in the form 
of an ogive. This ogive form is often useful for finding, the 



150 160 170 160 m , cOQ' 

Height, Centimeters 

Fig. 6.2.—Determination of the median from an ogive. 


approximate values of the “averages of position, y such as the 
median or the quartiles. In Fig. 5.2 the data of Table 5.5 have 
been put in such form. We notice that the curve takes the 
peculiar S-shape assumed by mound-shaped frequency curves 
when they are converted to ogives (see Sec. 3.14). Since there 
are 1000 cases in .this (distribution, the median will be the value 
of the 500th case, find tlufe value 500 on the vertical scale, 

find the point curve horizontally opposite it, and 

then drop U?erp3HHpr from this point on the ogive to the 
base scale,pB? can read .the approximate value pf the median on 
the base i^&^/This hSfer been indicated on the diagram by two 
dotted lines/ and we see that the v^lue of the median is approxi- 
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mately 175. Similarly we could read approximate values for 
quartiles, deciles, etc. With 1000 cases the third decile would 
correspond to the 300th case, and we read from Fig. 5.2 a vafiie 
of approximately 172. The yalue of the 61st percentile (the 
610th case) seems to be approximately 177. Naturally the larger 
we make our scales, the more accurately we can read our values 
from the ogive. * 

5.8. The Mode: Grouped Data.—The mode is the value which 
occurs most frequently, and it is usually easier to locate when the 
data are grouped in frequency tables than otherwise. If we look 
• again at Table 5.1, page 82, which shows the distribution of 
students 7 heights, we see at once that the most common height is 
somewhere fn the neighborhood of 173 to 178 cm. Sometimes 
people call the class m^rk of the most populous class the mode. 
It is better to give this measure the name crude mode to distin¬ 
guish it from the more accurate computed mode. 

The mode is the least satisfactory of the measures of central 
tendency to compute. .Some distributions show no mode at 
all, and other distributions show two or more. Even in those 
9 distributions which seem to show one marked spot of concentra¬ 
tion, such as the distribution of student heights pictured in 
Fig. 5.1, we run into the difficulty that different students studying 
the same data will find very different modes depending on how 
the data are grouped. One could classify the data on the student 
heights, for example, into 10 different frequency tables, varying 
•the class interval somewhat and shifting the positions of the class 
limits even when the class interval remained the same, and the 
arithmetic average computed from each of these 10 frequency 
tables would be approximately the same as long as a reasonable 
number of classes was used. But these 10 different frequency 
tables, all based on exactly the same original data, would yield 
significantly different values for the mode v were we to compute 
the mode by any of the commoner and simpler methods usually 
outlined in textbooks on elemental statistics, For*this reason 
it seems unwise to stress J^ere any of^fSJMtt^shift and unreli¬ 
able methods. The # best methods^^^H^jplained later in 
Chap. VIII, and here we can poiri^BjjjHCneEhods, either of 
which the student may use if he is imtoWntah of a hurry to 
apply the more accurate irfethods, ana if he ^Remember that 
they are but makeshifts. ^ ‘ \ > 
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First, in mound-shaped distributions of but moderate skewness 
there is an approximate relationship between the sizes of the 
arithmetic mean, the median, and the mode. In distributions 
which are exactly symmetrical, these three measures coincide, 
but when distributions are asymmetrical these values differ. 
Under ordinary circumstances the median will fall between the 
mean and the mode, and they will be related approximately thus: 1 

Mo. = 3 Med. - 2X 


If we have computed the mean and the median, we can substitute 
them in this formula (if the distribution is only moderately 
asymmetrical) and discover the value of the mode. We have 
found the following values of averages of student's heights: 

1 = 175.335 (see page 87) 7 
Med. = 175.28 (see page 94) 

If these values are substituted in our new formula, we have 
Mo. = 3(175.28) - 2(175.335) = 525.84 - 350.67 = 175.17 


The mode found by this method is, then, 175.17. This we would 
round off to 175 cm. 

A second method for finding a rough approximation of the mode 
involves the use of a formula which is less complicated in use than 
it appears in print. Let m represent the smallest class mark 
in the frequency table, let g represent the number of groups 
or classes in the table, let Ci represent the class interval, and let 
Mo. represent the mode. Then we have approximately 


Mo. = m + 


2 g(X - m) - Ci(g - 1) 

.2(sr- 1) 


1 This relationship is only approximate. James G. Smith (“ Elementary 
Statistics/ 1 p. 119, Henry Holt & Company, New York, 1934) quotes Karl 
Pearson as having given the exact relationship thus: * 


<3 


Mo. - 2 - 


X - Med. 
h 


where h is defined as follows: 


h 


0.3309 - 


.0846(^ - Med.) 2 
<r 2 - 9(Jf - Med.) 2 


Unless <r « 3(X — Med.) or more, the last term will be so small that it may 
be neglected and the formula given above in the text will be accurate enough. 
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In our problem of student heights (see Table 5.3) the smallest 
class mark was 156 cm., there were 15 classes in the tahle ; the 
class interval was 3 cm., and the arithmetic mean was 175.33 cift. 
Substituting these values in our formula gives 

* Mo = + 2(15 )(175.33 - 156) - 3(14) 

^ 2(14) 


When this is evaluated, we find that Mo. = 175.21 cm. In this 
particular example, where the skewness is almost negligible, this 
# gives a very accurate value for the mode. It is shown later, on 
page 206, where more refined methods are used that the mode of 
this distribution is actually about 175.22 cm. 

6.9. The Geometric Mean: Grouped Data.—We saw in the 
preceding chapter that the geometric mean is usually computed 
in practice with the aid of logarithms, and a quick review of the 
work taken up in Sec. 4.6 will show that the logarithm of the 
geometric mean is the arithmetic average of the logarithms of 
the original figures. • Sifice the computation of the geometric 
mean with the aid of logarithms involves the computation of an 
* arithmetic mean, and since we have already learned in Sec. 5.2 
how to compute an arithmetic mean of numbers grouped in a 
frequency table, our present problem really involves little or 
nothing in the way of new material. Instead of using the class 
marks, we shall use the logarithms of these class marks; but since, 
pven if the class* marks are themselves evenly spaced, their 
logarithms will not be evenly spaced, we must use the long method 
of Sec. 5.2 rather than the short method of Sec. 5.3. 

Tabje 5.6 gives the data on student heights, with the class 
marks from Table 5.2 in the first column and the frequencies 
from the same table in the second column. In the third column 
appear five-place common logarithms of the class marks. These, 
of course, are log X. Our formula becomes 


log M g = 


S/(log X) 

N . 


Therefore we multiply each item in column two by the correspond¬ 
ing logarithm ir^ oolumn 3, to get the products which appear in 
column 4. The sum of coltimn 4 is 2/(log X), amounting in this 
particular probjpm to 2243.56097. We divide this by 1000, the 
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number of cases, to get, as the logarithm of the geometnc mean, 
2.24356. This corresponds to a geometric mean of 175.2 cm. 

i 1 

Table 5.6.— Computation of the Geometric Mean from a Frequency 

Table 


Class Marks 
* (centimeters) 

(X) 

Number of 
Students 

(/) 

log X 

/(log x ) 

156 

4 

2.19312 

8.77248 

159 

8 

2.20140 

17.61120 

162 

26 

2.20952 

57.44752 

165 

53 

2.21748 

117.52644 

168 

89 

2.22531 

,198.05259 

171 

146 

2.23300 

326.01800 

174 

188 

2.24055 

421.22340 

177 

181 

2.24797 

406.88257 

180 

125 

2.25527 

281.90875 

183 

92 

2.26245 

208.14540 

186 

60 

2.26951 

136.17060 

189 

22 

2 .*27640 

50.08212 

192 

4 

2.28330 

9.13320 

195 

1 

2.29003 

2.29003 

198 

1 

2.29667 

2.29667 

Totals. 

1000 


2243.56097 


The geometric mean is, as usual, slightly smaller than the 
arithmetic mean, but the student will notice that in this case the 
difference is almost negligible. 

6.10. The Harmonic Mean: Grouped Data:—Just as the geo¬ 
metric mean is based on an arithmetic mean of logarithms, so 
is the harmonic mean based on an arithmetic mean of reciprocals. 
The formula for this average when found from a frequency table 
can best be written thus: 



Illustrating again with the student heights, we adapt the “long” 
method for the arithmetic mean. Table 5.7 illustrates the pro¬ 
cedure. The first column shows the class marks from Table 
5.2 , $ while the frequencies appear again in the second column. 
. The figures in the third column are found by dividing each fre- 
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quency by the corresponding class mark. The total number of 
cases (here 1000) is then divided by the sum of this third column 
(here 5.71144) to get the harmonic mean, which turns out ifo 
be 175.09 cm. We notice here* as we have come to expect, that 

Table 5..7.— Computation of the Harmonic Mean from a Frequency 

Table 


Class Marks 
(centimeters) 

(X) 

Number of 
Students 

(f) 

(f/X) 

156 

4 

0.02564 

159 

8 

0.05031 

*162 

26 

0.16049 

165 

53 

0.32121 

168 * 

89 

0.52976 

171 

146 

0.85380 

174 

188 

1.08046 

177 

181 

1.02260 

180 

125 

0.69444 

. 1& 

92 

0.50273 

186 

60 

0.32258 

189 

22 

0.11640 

192 

4 

0.02083 

195 

1 

0.00513 

198 

1 j 

0.00506 

Totals. 

1000 

5.71144 


the value of the harmonic mean is smaller than that of either the 
arithmetic or geometric means, although the values of all three 
fall very close together in this problem. 

5.11.*The Quadratic Mean: Grouped Data. —Just as the geo¬ 
metric mean of a series of numbers is based on the arithmetic 
mean of their logarithms, and as their harmonic mean is based on 
the arithmetic mean of their reciprocals, so their quadratic mean 
is based on the arithmetic mean of their squares. We can give 
the formula for the quadratic mean of numbers grefuped in a 
frequency table as follows: 

For our problem of studefit heights this gives us Table 5.8. 
Here the first column contains the class marks from Table 5.2. 
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The second column contains 1 the corresponding frequencies. 
The third column contains the squares of the corresponding 
lumbers in the first column. And in the last column are the 
products found by -multiplying each figure in the second column 
by the corresponding figure in the third column. The sums of 
the second and the fourth columns give us N and 2f(X 2 ), respec¬ 
tively, for use in our formula. 


Table 5.8.—Computation of the Quadratic Mean from a Frequency 

Table 


Class Marks 
(centimeters) 

(X) 

i 

Number of 
Students 

(/) 

X* 

• /X’ 

156 

4 

24(336 

97,344 

159 

8 

25,281 

202,248 

162 

26 

26,244 

682,3A4 

165 

53 

27,225 

1,442,925 

168 

89 

28,224 

2,511,936 

171 

146 

29,241 

4,269,186 

174 

188 

30,276 

5,691,888 

177 

181 

31,329 

5,670,549 

180 

125 

32,400 

4,050,000 

183 

92 

33,489 

3,080,988 

186 

60 

34,596 

2,075,760 

189 

22 

35,721 

785,862 

192 

4 

36,864 

147,456 

195 

1 

38,025 

38,025 

198 

1 

39,205 

39,205 

Totals. 

1000 


30,785,716 


In this problem we need to find the square root of 

or the square root of 30785.716. This gives 175.4, cm., which 
is, as it should be, slightly larger than the arithmetic mean. 

5.12. Quartiles, Deciles, and Percentiles: Grouped Data.— 
The quartiles, deciles, percentiles, and other ‘‘averages of posi¬ 
tion,” can either be approximated by inspection of the ogive, as 
explained in Sec. 5.7, or they may be located in an ordinary 
- freqqe ^ y table by methods based on the same assumptions as 
those used in computing the median. It is necessary merely to 
find the (A/4)th item or the (A/10)th item or the (JV/100)th 
item instead of the (N/ 2)nd item, which we foupd in the case of 
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the median. The similarity of the methods makes it unnecessary 
to give an extended description of them here. The methods of 
finding the first quartile, the third decile, and the 57th percentilfc 
are given below as illustrations. The work here given, when 
studied in conjunction with the description of the location of the 
median, is self-explanatory. 

Locating the first quartile: • 




N = 1000 



We wish to find the size of the 250th item. 


It is in class 6. 

It is the 70th item dp in the class. 
70 

It is of the way up in the class. 


It is 


( s )< 3 


(3 cm tf ) == 1.45 cm. from the actual lower limit of 


the class. 

Qi =-• 169.5 + 1.45 = 170.95 cm. 
Round off to give Qi = 171 cm. 


Since the first quartile is the 250th item, the third quartile is the 
750th item. It would be necessary to find the size of this item as 
we have found thq size of the first quartile. 

* Locating the third decile: 


N = 1000 


3 


3L 

10 


= 300 


We wish to find the 300th item. 

It is in class 6. 

It is 120 items up in the class. 

120 

It is YXa ^hc wa, y U P * n class. 


It is 



(3 cm*.) = 2.47 cm. from the actual lower limit of 


the class. , 

Z >3 = 16^.5 + 2.47 = 171.97 cm. 
Round off tp give D 8 = 172 cm. 
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Locating the 57th percentile: 


4 


o 


JV"= 1000 



= 570 


We wish to find the value of the 570th item. 
It is in class 8. 

It is 56 items up in the class. 


56 


It is jgj* of the way up in the class. 



(3 cm.) = 0.93 cm. from the actual lower limit of 


the class. 

P 67 = 175.5 + 0.93 = 176.43 cm. 
Round off to get P 6 7 = 176 cm. 


Other quartiles, deciles, and percentiles would be computed 
similarly. If we interpret the three which we have just computed 
(using the rounded numbers), we find that Qi indicates that J4 of 
the students are shorter than 170 cm. and % are taller than 
170 cm. The third decile shows that Yo of the students are 
below 171 cm. and exceed this height. The 57th percentile 
shows that 57 per cent of the students are shorter than 176 cm. 
and 43 per cent are taller. Similar interpretations would be 
given to other such measures. 

5.13. Summary of Averages with Grouped Data. —Just as 
we summarized in Sec. 4.11 the directions for computing the 
various averages when each of the original values was given 
separately, so we summarize here the methods for computing 
these averages when the data are presented to us in the form of a 
frequency table. 

1. The arithmetic mean (X). Long method: 

Write down the class marks. 

Write beside each class mark the frequency in the class. 

Multiply each class mark by the corresponding frequency. 

Add the products. 

Divide this sum by the number of cases. 

Formula; 

2. The arithmetic mean (£). Short method: 

Select as an origin a class mark near the center of the distribution. 
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Write down beside each class mark the number of class intervals by 
which it exceeds (+) or falls short of ( —) the origin so selected. 
Multiply each frequency by the number written beside it. * * 

Add the products so obtained. 

Divide the sum just obtained by the number of cases. 

Multiply the quotient by the class interval. 

Add the result algebraically to the value of the class mark chosen 
in the first step. ♦ 

Formula: 

£ = R' + Ci 


3. Th,e median (Med.): 

Compute N /2 to find the location of the desired item. 

Add the class frequencies to discover which class contains the median 
item. • 

Find how many item£ one must count into this class to reach the 
median item. 

Divide this number by the number of items in the class which contains 
the median. 

Multiply the decimal so obtained by the class interval. 

Add the product tq the .actual lower limit of the class which contains 
the median.* 

4. The mode (Mo.). First approximate method: 

Multiply the median by 3. 

Multiply the arithmetic mean by 2. 

Subtract the latter product from the former. 

Formula: 

Mo. = 3 Med. - 2 X 


5 . 


The raode (Mo*). Second approximate method: 

Subtract She smallest class mark in the frequency table from the 
value of the arithmetic mean. 

Multiply the remainder by twice the number of classes in the fre¬ 
quency table. 

Multiply the class interval by one less than the number of classes in 
the frequency table. 

Subtract the product just obtained from the product obtained in the 
step next preceding. 

Divide half the difference just obtained by a number which is one 
less than the number of classes in the table. § » 

Add the quotient to the smallest class mark in the table. 

Formula: 


Mo. 


m 


2g(£ - m) - Ct(g ~ 1) 
+ 2(0 - 1) 


6. The geometric mean (M 0 ); 

Write down beside each frequency the logarithm of the corresponding 
class mark* 



106 


ELEMENTS OF STATISTICAL METHOD 


( 


Multiply each logarithm by the corresponding frequency. 

Aid the products. 

f Divide the sum by the number of cases. 

This yields the logarithm of the geometric mean. To find the geo¬ 
metric mean, take the antilog. 

Formula: 


log Mg 


S/(log X) 
N 


7. The harmonic mean (M a) : 

Divide each frequency by the corresponding class mark. 
Add the quotients. 

Divide the number of cases by the sum just obtained. 
Formula: 



8. The quadratic mean (M q ): 

Square each class mark. 

Multiply each square by the corresponding* frequency. 
Add the products just obtained. 

Divide this sum by the number of cases. 

Take the square root of the quotient. 

Formula: 



9. The quartilcs (Qi, Qs): 

By adding frequencies in classes find which class contains the item 
that is number N/4 from each end. 

Find how many cases one must go into the class containing the 
quartile. 

Interpolate within the class as for the median. 

10. The deciles, percentiles, etc. (Di, D 2 , etc.; Pi, P 2l etc.): i 

Proceed as with the median except that the item wanted is the 
number N/ 10, 2A/10, N/ 100, or 2N/100 instead of N/ 2 . 

6.14. Characteristics of a Good Average.—Throughout this 
chapter and the preceding one, we have been considering the 
detail involved in the methods of computing various averages. 
It is now time to consider the characteristics of these averages 
and their advantages and disadvantages. Logically it might 
seem desirable to have done this first, before we considered the 
details of computation; but pedagogically it is much easier to 
discuss the abstractions of advantage and disadvantage after 
t"he student has seen the thing discussed than before. 
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" We have seen that an average is a single value selected from 
a group of values to represent them in some way—a 1 value 
which is supposed to stand for the whole group of which it is*a 
part, as typical of all the values in the group. If we were to 
enumerate the qualities that we should desire in such a typical 
value if we could get a perfect one, it is likely that we should 
list at least the following seven characteristics: # 

v 1. The number should be unequivocally defined, so that 
there can be no question, in any given distribution, as to just 
what the value is. It is important that the average be objective 
•—possibly defined by an algebraic formula—so that if 10 different 
students all work with the same figures they will all (barring 
arithmetical mistakes) get the same answer. The average sho uld 
not depend on the whim^caprice, or idiosyncrasy of the computer. 
7 2. The average^ sHbuldT be inherently descriptive ojTthe. data 
in si xfli. a way that jtejneaning is easily understood. It should 
not be such a distant* mathematical abstraction that it can be 
comprehended only % by. the advanced student. Statistical 
methods exist to Simplify data, mot to make them more complex. 
# 3. The average should, if possible, be easy to compute. This, 

however, is not so important as the case of understanding. 
The statistician often performs difficult or tedious processes 
himself in order to get results that are easily understandable; 
and ease of computation, while desirable when other things 
are equal, is not to be sought at the expense of other advantages. 
* 4. The average should depend on every single item in the 
group, so that if we alter the value of any member of the group we 
shall alter the value of the average. The average is to be thought 
of as typifying all the members of the group, not merely some 
of them. 

5. Although every item should influence the value of the 

average, no item or items should influence it unduly. We should 
not want one or* two extremely large or extremely small items 
to overshadow all the rest. We should prefer, the items which 
make up the group to have approximately equal influence on the 
average. t 

6. We should like to get some value which has what the 
statistician calls, “sampling stability.” This means that if 
we pick half # a dozen different groups of college students, and 
compute the average of each group, we should prefer to get 
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approximately the same value each time. We do not want our 
qnswer to depend too much on the particular 1000 students that 
we have studied, but we should like a value that is dependable— 
that will be about the same in one sample as in another. We 
know that there is a considerable difference in practice among 
the various averages that we have studied in this regard. Also 
we should prefer to get about the same answer whether we group 
with class intervals of 5 or 10, or whether we set different class 
marks with the same class interval. Minor variations in 
grouping of the items should not affect the average materially. 

7. Finally, we should prefer to have an average that can b d 
easily used in further statistical computation. For example, 
if we have computed an average for freshmen,’one for sophomores, 
one for juniors, and one for seniors, we’should like to be able to 
combine them to get an average for the entire undergraduate 
body. * 

6.16. Relationships between the Averages. —Before we take 
up the various averages for individual discussion and comparison 
with the criteria listed in the preceding section, it should be 
pointed out that certain relationships usually obtain fymong the 
different averages. The statistician is often almost as much 
interested in these relationships among .two or more of the 
averages as he is in the averages themselves. 

1. If the distribution is symmetrical, the values of the arith¬ 
metic mean, the median, and the mode will be identical, and if 
the distribution is nearly, but not quite, symmetrical their 
values will be almost identical. In other words, the similarity 
or divergence in the sizes of these three measures (or any two of 
them) is to some extent an indication of the symmetry of the 
distribution. 

2. As we have already seen (Sec. 5.8), if the distribution is 
mound-shaped and only moderately asymmetrical, the median 
lies between the arithmetic mean and the mode, being approxi¬ 
mately twice as far from the latter as from the former. 

3. In any distribution where the original items differ at 
all in size, the following averages will all differ in size and their 
values will fall in the following order:' 

M q > X > M 0 ‘> M h * 

i 

In the limiting case where all the original items are identical in 
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size (in which case we would hardly compute an “ average ”)r 
these four averages would all be equal. t 

6.16. Advantages and Disadvantages of the ArithmetH 
Mean. — The arithmetic mean is certainl y the most widely iWd. 
and most commonly under stood of all the averages . It is a_ 
valulTso selected o u t of a group that if all members of the grou p 
were uniform in size, and if they retained their a ctuallotal size>; 
t hey would each be eq ual to the arith me tic mean" OF we can 
t hiqk of the arithmetic me an of iVjtems as a single item made 
up of 1/iVth part of each of the original items. If we say that the 
.average income of 40 people is $134.50 per month, we mean that 
if each of the 40 people contributed Koth of his income to a 
common fund, this common fund would amount to $134.50 per 
month. Thus we see J£at each value injthe dist ribution plays 
a part in_ determining the arithmetic .mean, and a ch ange in any 
item, will change the arithmetic mean. * It is rigidly defined hv a 

mathematical equation and is easy to com pute . Sometimes_ 

we can comput eTit when we cannot compute other averages and 
when the values, of the> individual items are notTcnowm For 
example, if we know that the total consumption of milk in the 
* United States amounts to 51,100,000,000 quarts and that the 
population is 132,000,000, we do not need to know the facts for 
any individual family to compute an average consumption of 
387 quarts per capita. We could not compute a single one of 
the other averages from these data., * It is also true, as we shall 
discover fate£ (s6e Chap. IX), that jEe" arithmetic- mean \a 
unusu^ more u niform from sample 

to^amplelhan airy o f the oth er averages. For scientifia-work 
this~pe£uliar ity of th e arith metic mean js of great importance. — 
On page 88 we noted that the* s um o f the deviations of a 
group o f individu al items from their arithmetic mean was equal 
to zero. It is al so true thaOhe sum of the squares of these 
deviations issmalle r when ta ken fro m the arithmetic me an tha n ; 
vhen take n from any other numbe r. Let us take, for illustration, 
tKeluumbers 5, 8, and 14. If we compare these numbers with 
the number 10, we find that they differ from 10 by —5, —2, and 
4. These differences* when squared, give 25, 4, and 16; and 
the sum of the squares is 45. Had we compared the three 
numbers with tfieir arithmetic mean 9, we would have found 
the differences to bd —4, —1, and 5. The squares of these 
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differences are 16, 1, and 25; and the sum of the squares is 42, 
which is smaller than the sum of the squares when the deviations 
'vfere measured from 10. The student may try numbers other 
than 9 or 10, and he will find ,that the sum is smaller when 
deviations are taken from 9, the arithmetic mean, than when 
taken from any other number he can select. 1 This means that 
the arithmetic mean of a group of numbers is “ fittedjby_least 
squares,^ an expression that we shall use later on in considering 
certain important theorems of probability. Wn_ghall discove r 
then that a value which is fitted by least squares has more chance 
oQ)emg correct fKan any other value if the distributioii. is what 
wesEalPEHen calT“normaT;* For our present purposes, we 
need mefely'point out that no measurement, is ever made with 
complete exactitude (see Chap. II) and, that when we measure 
anything over and over again we get different answers; so we 
can never be sure what measurement is absolutely correct. But 
if we measure the speed of light, the length of a line, or the 
weight of a cubic foot of water over, and over again, getting 
slightly different measurements each time, the arithmetic average 
of these measurements has a better chance of being the actual 
speed of light, length of the line, or weight of the water than 
any other figure which we can take. This “ least-squares ’ 1 

1 The student of the calculus will be able to prove this fact easily for all 
cases, rather than relying on experiment. Suppose we are to choose any 
value M from which to measure the deviations d. Then for each value of 
our original series X , we have: * 

X + d - M 

d — M — X 

d 2 - (M - X) 2 = ilf 2 - 2 MX + X 2 
2d 2 « X(M 2 - 2 MX + X 2 ) - NM 2 - 2MXX + XX 2 

This is the sum of the squares of the deviations, which we wish to minimize. 
It will have its minimum value when the first differential is equal to zero. 
If we represent this function by /, we have 

2NM — 2XX which we set equal to zero 

XX 
XX 
N 

In other words, we shall get the smallest possible sum of the squared devia¬ 
tions when our value of M is XX/N, that is, when it is equal to the arithmetic 
mean. 


JL - 

dM 
NM m 

M - 
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property of the arithmetic mean, though often overlooked, is 
OTLe~of its mosFimpo'ftanTcTiarac^ * 

j) As a final advantag e of the arith metic mean , we can p oint odt 
" that it isjinusu ally a daptable when we wish to carry on furth er 
inathematical computations^ with it^ Suppose we have three 
basketball teams made up of five men each. The average weight 
of the members of Team A is 145 lb., that of Team B is 158 lb?, 
and that of Team C is 162 lb. We can combine these averages 
directly to find the average weight of the 15 players. Since 
each average is based on 5 men, we merely take the arithmetic 
, mean of the three means, to get an average of 155 lb. for the 
15 men. But we can still compute this mean for the entire 
group from *the means of the subgroups even if the subgroups 
do not contain equal nupibers of bases. If we call our subgroups 
1, 2, 3, . . . , N, and represent the totals of the values in the 
indiyidual subgroups as 2Z X , SZ 2 , SZ 3 , . . . , 2Zy, it is 
evident that the grand total of all the values in all the groups 
thrown together is the sum of the totals in the subgroups, or, 
in the form of an equation, if we let 2Z represent the sum of all 
the items in all the groups together, we get 

2Z = 2Z X *4" SZ 2 2 Z 3 -f- • • • “b SZ# 

But 

2Z = NX, SZi = NX i, etc. 

Therefore 

= NiXi + NiXi + NzX a + • • • + NvX„ 

• * 

The desired value of Z must be 

_ NiXi + N 2 X 2 + NzXz + • • • + N k X k 
* * - N 

Thus all we need to do is to take a weighted arithmetic mean of 
the averages, using as weights the numbers of cases in the 
individual subgroups. We multiply each subgroup average by 
the number of cases in that subgroup, add the products, and 
divide the sum by the grand total number of cases in all groups 
together. This gives us the average for all groups together. 
No such computations can be carried out for the median or the 
mode. If we know the medians or the modes of several sub¬ 
groups, we cannbt find the* median or the mode of the whole lot 
together. * 
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The arithmetic mean thus has so many advantages that it is 
used fo r more than all the other averages combined. We might 
Almost say that in case of doubt the arithmetic mean should be 
used—that other averages should be used only when there is 
some clear reason for it. Yet the arithmetic mean does have 
'one or two distinct d isadvan tages. Tin the first place, it is very 
sensitive to extremely large or extremely small items (especially 
so to large ones). The chance inclusion of such an extreme item 
in the group being studied may give us an arithmetic average 
which is not really typical of the group. Let us consider the 
numbers 6, 7, 7, 8, 8, 8, 8, 8, 9, 9, 865. The median Qf these 
numbers is 8, and their mode is 8, but their arithmetic mean is 
85.7. The latter figure does not depict well either the one large 
number or the 10 small ones. The inclusion of the single very 
large number at the upper extreme has thrown our arithmetic 
mean to a point far from any of the actual items in the groyp. 

% Where there is marked skewness in a distribution, so that the 
arithmetic mean, the median, and the mode differ widely in 
value, one should always consider the possibility that the arith¬ 
metic mean is not a truly representative or typical value, and 
that the median or the mode should be used in preference to it. 

In the JUnited States the distribution of incomes is decidely 
asymmetrical, as will be seen from the accompanying chart. 1 
If it is said that the arithmetic average income for 1918 was 
$1690 (which is a rough average of the figures on which the chart 
is based), the reader is likely to be misled. Between‘70 and 75 
per cent of the income earners of 1918 earned less than $1690. 
In other words, $1690 was not only the mean income but one 
of the^higher incomes. The median income was roughly $1170, 
and the modal, income was presumably even, lcrv^er. 2 For many 
purposes one is likely to be more interested in the modal income 

1 Based on figures from Warren C. Waite, “Economics of Consumption,” 
p. 22, McGraw-Hill Book Company, Inc., New York, 1928. Waite quotes 
them from the NatiQnal Bureau of Economic Research publication “Income 
in the United States,” Vol. I. The figures are for 1918, but there is good 
reason to believe that the asymmetry still exists. 

2 If we were to compute the mode from the me&n and median in accord¬ 
ance with the formula on p. 98, we should find that the modal income was 
$130. This is obviously altogether too low. It is to \\e remembered that 
the formula just mentioned is to be applied only in those cases where the 
asymmetry is moderate. In this case the asymmetry is great. 
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in the United States than in the mean income. A few million¬ 
aires raise the mean income tremendously without raising the 
typical plane of living particularly. For this reason, then, we 
may^lso prefer to use some average other than the arithmetic 
one^ VSimilarly we realize that the arithmetic mean of a U-shaped 
distribution would fall at a point where values were uncommon, 
and that in such peculiar distributions the arithmetic mean woufd 
give a misleading idea of the distribution. 



Fid. 5.3.—An approximate distribution of money incomes in the United States in 
1918. The curve continues toward the right to incomes of millions of dollars. 

6.17. Advantages and Disadvantages of the Median.—The 

median ifc rigidly .defined (if there is any median at all), and the 
concept involved is readily understood by anyone even though 
the term itself may be unfamiliar. If the data are in an array or 
a frequency table, the median is easy to compute, and items of 
extreme size have almost no influence on it. It has less sampling 
stability than the arithmetic mean. If we had 10 groups of 
newborn babies and found the median weight in each group, 
we should discover that these medians not only differed in size, 
but their variation was about a quarter again as large as the 
variation in the sizes of the arithmetic means of the same ten 
samples. The medi an has t he advantage that we can compute it 
even from a frequency table with open-end classes, since we do 
not need to know the sizes of the extreme items as long as we 
know that they are extreme items. We can even find the median 
in cases which are nonmathematical in character, and where 
numerical meaiurement is impossible. For example, we might 
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arrange a number of pieces of blue cloth in order of the intensity 
ol[ their*coIor. The color of the piece in the middle will then be 
the median color. Thus the median can be used with data which 
are nonmathematical in character. - A characteristic of the 
median which is also sometimes useful is that the sum of the 
absolute deviations (disregarding plus and minus signs) is smaller 
when measured from the median than when measured from any 
other value. We showed in the preceding section that the 
algebraic sum (keeping track of signs) of these deviations was 
smallest when measured from the arithmetic mean. If we go 
back to the example which we then used, taking the numbers 
5, 8, and 14, the median is 8. The absolute deviations are 3, 0, 
and 6, giving a sum of 9. Had we chosen the arithmetic mean, 
which is 9, the absolute deviations would have been 4, 1, and 5, 
giving a sum of 10. If we chose still other numbers than 8 
or 9 from which to measure the absolute deviations, we should 
find that the sum of these absolute deviations was smaller when 
measured from 8 than from any other number. 1 
' The median has the disadvantages that it’is not quite so 
well known as the arithmetic mean (although easily explained), 
and that it is necessary to arrange the items in an array before 
it can be computed, > > Sometimes there is no median in a discrete 
series, as was illustrated at the end of Sec. 5.6. _• 'Also the median 
is not adapted to further arithmetical work. , As we have seen, 
if we are told the medians of each of several subgroup^, there is 
no way of finding the median of the group as a whole. Moreover 
the median is not sensitive to changes in the values of the items 
that make up the distribution./f We can change the sizes of items 
without influencing the valued of the median at all as Rmg as 
we do not change the size of any item enough to move it to the 

1 The student can readily see that this must be true if he considers the 
fact that the sum of the distances from two given points to any third point 
is smallest when the third point lies between them and is always the same 
no matter where the third point lies on the line between them. The median 
has as many points on one side of it as on the other, so the points (or values 
in a distribution) can be taken in pairs, one each si$e of the median, and for 
each pair the sum of the distances will be less than for any point which does 
not lie between them. Therefore the sums of the distances for all such pairs 
will be smaller when measured around the value in the f center than it will 
be for any point not so located that equal numbers of points lie below and 
above it. , 
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opposite side of the median. Each item does have a minor and 
tenuous influence on the size of the median merely by nfeans of 
the fact that it is larger or smaller than the median, but asiSe 
from that the size is immaterisj. It is an advantage, as we have 
seen, for an average not to be overly sensitive, but many workers 
feel that the median is not sensitive enough. 

5.18. Advantages and Disadvantages of the Mode.—Any 
average is a single value taken to represent a whole group of 
values. There would be no justification in selecting any such 
representative value if the items in the original group were not 
.concentrated or clustered about some point. The fact that" 
the mode indicates this point of heaviest concentration makes 
it in its abstract aspects perhaps the best average of all. We 
have already seen, in .considering an illustrative problem on 
distribution of incomes (Sec. 5.16), that when a distribution is 
badly skewed or non-normal we are more likely to be interested 
in the mode than in the arithmetic mean. In fact, some authori¬ 
ties have suggested that if the mode and the arithmetic mean are 
significantly different in value, one should use the mode. This is 
perhaps going too far, yet we must realize that the mode is, as 
we suggested in Sec. 5.14, “inherently descriptive of the data in 
such a way that its meaning is easily understood.” It is the 
concept in which the layman is perhaps most often interested, 
even though he may not be familiar with the name. Moreover 
the mode is hardly at all influenced by the values of extreme 
items. 9 • 

On the other hand, the mode is difficult to compute, and 
the rough approximations to it which we have so far discussed 
are unreliable and peculiarly subject to instability of sampling. 
It is possible to make radical changes in the sizes of items in a 
distribution without changing the value of the mode at all. 
While it can be said that the mode depends on the values of all 
the items to the extent that the mode would have been different 
if enough of the items had been different, this is almost the same 
as saying that some of the items have little or no effect on the 
value of the mode. t A distribution may have no mode, and 
usually there will be no well-defined mode unless the number of 
cases is large. Or there may be two or more modes, although 
in such cases the statistician usually investigates to see if his data 
are really homogeneous. For example, when studying a dis- 
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tribution of wages one might find two high points on his fre¬ 
quency polygon. He would then ask himself whether this might 
be because he had lumped together wages of men and of women, 
or wages of skilled and of unskilled workers, or wages of organized 
and unorganized workers. rAnd finally, the mode cannot be 
easily used in further algebraic processes. If we have the modes 
ot several distributions, we cannot combine them to get a new 
mode of the joint distribution. It is unfortunate that an average 
which has such an intellectual appeal as the mode happens to be 
so difficult to compute and so unreliable after it is computed. 

5.19. Advantages and Disadvantages of the Geometric Mean. 
The geometric mean is unusual enough so that it is quite natural 
for the student to ask why anyone ever bothers to compute it. 
It is obvious that we can multiply 20 numbers together and take 
the 20th root of the product (or perform the equivalent computa¬ 
tions by means of logarithms), but why should we want to do it? 
The answer is that in certain sorts of problems this is the only 
way to get the right answer. Just as, in the-case of the weighted 
arithmetic mean, we saw that one weights his average in order 
to get the right answer, and not because he likes the complica¬ 
tions of the method, so in the case of the geometric mean, the 
method is used in spite of its complications and not because of 
them. 

We can start our discussion of the geometric mean by pointing 
out that it meets certain of the requirements that we listed in 
Sec. 5.14. It is rigidly defined by a mathematical formula, 
so that the result does not depend in the slightest on the whim 
of the worker who computes it. It depends on the value of 
every item in the distribution; no single item can be charzged in 
the least without affecting the value of the geometric mean. 
Its value is not quite so greatly influenced by extreme items as 
are the values of the quadratic, arithmetic, and harmonic means. 
And the result can be used in further statistical work. 1 The 
geometric means of samples can be combined to get the geometric 
mean of the whole. 

In addition to these advantages, however, there are two sorts 
of cases in which the use of the geometric mean is particularly 
indicated. First, we have those cases in whicfe we are finding 
the average of values which are in geometric progression. For 
example, we might take the progression which runs 1, 2, 4, 8, 16, 
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eltc. Suppose we wish to find the average of these five numbers. 
If we add them and divide by five, we find their arithmetic 
mean, 6.2. If, on the other hand, we multiply them and taM 
the fifth root, we get the geometric mean, 4. We note that 4 is 
actually the number which appears in the middle of the distribu¬ 
tion, while 6.2 is not. Moreover, if we make a graph of the data, 
as in Fig. 5.4, we find that the value 4 really falls on the line, 
while the value 6.2 does not. 

16 
(4 
12 
10 
6 
6 
4 

• 

2 


Fig. 6.4.—Arithmetic and geometric means of the numbers 1, 2, 4, 8, and 16. 

We have a geometric series whenever the quotient found by 
dividing any term by the term following is constant throughout 
•the serieS. In the series above, 1, 2, 4, 8, etc., if we divide any 
term by the term following we get the quotient We do not 
insist, of course, that the quotients be exactly equal, as long as 
they are approximately so. The population of the United States 
in the first eight censuses was (in millions) as follows: 


1790 

3.9 

1830 

12.9 

1800 

5.3 

1840 

17.1 

1810 

7.2 

1850 

23.2 

1820 

9.6 

1860 

31.4 


If we divide each of these numbers by the one following, we get 
the following seven*quotients: 0.74, 0.74, 0.75, 0.74, 0.75, 0.74, 
and 0.7 X 4. The approach to uniformity is startling. The series 
seems to be geometric. If we were to compute the average 
for this series we should take, not the arithmetic mean of 13.8 
million, but tl^p geometric mean 11.1. It will be noted that the 
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arithmetic mean gives a value even higher than the population 
of 1830, which is well beyond the middle of the period; while 
the geometric mean gives a value which not only lies between the 
populations of 1820 and 1830, but is almost exactly the geometric 
mean of them. 

As another example, if, during a 10-year period, a sum of 
irioney at interest grew from $100 to $500, how large was the 
sum at the middle of the period? The natural inclination is 
to take the arithmetic mean of $100 and $500, or $300. But 
if the sum increased to three times the original amount in half 
the period, it should increase to three times three, or nine" times 
the original amount, in the whole period. We must take the 
geometric mean of the numbers 100 and 500, which is $223.60. 
If the original sum was multiplied by 2.236 in the first half, it 
must have been multiplied by 2.236 twice, or by 2.236 2 , or by 5, 
in the whole period. 

Experience shows that many sorts of phenomena in many 
different sciences tend to grow geometrically. In such cases 
it is evident that the geometric mean will give the correct answer, 
while the arithmetic mean will not. We use the geometric 
mean, not because we like to play with logarithms, nor because 
it makes us appear sophisticated, but because it is accurate for 
these data. For other data it would be misleading. 

The student might try proving for himself that if the popula¬ 
tion of a city increases 30 per cent in 10 years it does not increase 
3 per cent each year. If it did, and we started with a population ' 
of X persons at the beginning, at the end of one year there would 
be 1.03X, at the end of the second year there would be 1.03 2 X, 
and at the end of the 10th year there would be l.OS 10 !^, or 
1.34X, and the population would have increased 34 per cent 
rather than 30 per cent. This problem calls for another applica¬ 
tion of the geometric mean, using a formula for geometric pro¬ 
gressions which is well known to all students of mathematics as 
applied to finance. . Let us represent the amount at the beginning 
of our period by B, and the amount at the end by E, while we 
represent the rate of increase per unit of time^by r. Let n repre¬ 
sent the number of units of time in our entire period. Then our 
formula becomes 

r s= 
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Applied to the problem which we have just attempted, the 
population at the beginning is X and at the end is 1.30X. The 
length of period is 10 years. Substituting in our formula, we get 

•- 1 = ^T30 - 1 

Using logarithms, we find that this yields 

r = 0.027 

• 

Instead of an average rate of 3 per cent each year, it turns out 
that .we had an average rate of increase of 2.7 per cent each year. 
Using the arithmetic mean gives us the wrong answer; using the 
geometric mean gives us the right answer. If the student will 
start with any number and multiply it by 1.027 ten times, he will 
find that he actually ends with a number 30 per cent larger than 
tlje one with which he started, proving the correctness of the geo¬ 
metric method. 

In addition to these cases of geometric rates of increase or 
decrease, in \Yhicll the geometric mean must be used, we shall 
see in Chap. XII that there are certain theoretical advantaged 
in using the geometric mean when computing index numbers. 

Yet the geometric mean has serious disadvantages. Foremost, 
perhaps, is the fact that most people do not understand the 
results and are afraid of the method. While it is not really 
very difficult to compute, it seems so to the student who has 
a fear J of logarithms. The statistician should use it, of course, 
in those cases to which it is adapted; but even here it would 
probably be better if he called his answer merely “the average” 
rather than “the geometric average.” If any value in the 
original series is zero, the geometric mean assumes a value of 
zero regardless of the sizes of the other items. If any value in the 
original series is negative, the geometric mean may be either 
negative or imaginary. In cases where the number of items in 
the series is even, there are always theoretically two possible 
values of the geometric mean, one positive and one negative. 
For example, the square root of 16 is either +4 or —4. In 
such cases, however, we always take the positive value as the 
geometric mean. 

Some authors suggest that when a distribution has considerable 
positive* skewness (as defined in Sec. 8.6), or when there is a 
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definite lower limit to the values and no definite upper limit 
(as in a distribution of the numbers of families with various 
numbers of children, where zero is a lower limit and there is no 
upper limit) the geometric mean should be used in preference 
to the arithmetic mean. Other authors suggest that if the fre¬ 
quency distribution with logarithmic frequency classes (see Sec. 
3.20) is more symmetrical than the corresponding distribution 
with equal class intervals the geometric mean should be used 
in preference to the harmonic mean. We can summarize, how¬ 
ever, with the statement that the usual places to use the geometric 
average are cases involving average rates of increase or decrease, 
0 £ cases involving the computation of index numbers. 

\/ 5.20. Advantages and Disadvantages of the Harmonic Mean. 
The computation of the harmonic mean is somewhat more 
cumbersome than that of the arithmetic mean, and, as with the 
geometric mean, we need some explanation of why anyone would 
want to compute such an average at all. Again the answer is 
that for certain rather unusual types of problems the harmonic 
mean is correct and the geometric mean is incorrect. The 
' harmonic mean is ordinarily used only in averaging certain kinds 
of rates, and even then only under certain conditions. Let us 
take an example. 

Mr. Sedgewick drives his car at the rate of 25 miles per hour, 
while Mr. Kinsey drives his car at the rate of 50 miles per hour. 
What is their average speed? The answer obviously depends 
on whether they drive for the same distance or for the, same time. 
If they both drive the same distance, say 50 miles, Sedgewick 
takes 2 hr. and Kinsey takes 1 hr., or they take a total of 3 hr. 
for the 100 miles. This is an average of 33% miles per hour. 
If they both drive for the same time, say 1 hr., Sedgewick drives 
25 miles and Kinsey drives 50 miles, or they take 2 hr. for 75 
miles, or 37.5 miles per hour. It will be noted that in the one 
case the average speed was 33% and in the other case 37.5 miles 
per hour. Both answers are correct. The only difference is in 
whether we kept the time or the distance constant for the two 
men. We should note, though, that one of the cases (the second) 
is the arithmetic mean of the two rates; while the other case (the 
first one) is the harmonic mean of the two rates. Our original 
figures were given as 25 and 50 miles per hour. In these original 
figures the time (hours) was constant and the distance (miles) 
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varied. If we want the average with both men driving for the 
same time, we take the arithmetic mean of the rates. If we want 
the average with both men driving for the same distance, we 
take the harmonic mean of the two rates. 

We can generalize this rule by noticing that in every rate there 
is a variable and a constant term. For example, in miles per 
hour the hour is constant and the miles vary; in dollars per dozen 
the dozen is constant and the dollars vary; in output per man 
theanan is constant and the output varies. If we want to take an 
average of such rates, we must decide whether it is desired to 
keep constant in our average the factor that was constant in 
the rate (in which case we use the arithmetic mean of the rates), 
or the factor that was variable in the rate (in which case we 
use the harmonic megn). Two further examples follow as 
illustrations: 

1. * Suppose we buy bananas at one store for $5 per bunch 
and in another store for $10 per bunch. What is the average 
expenditure? 

The rate is dollars per bunch, with the number of dollars vary¬ 
ing and the bunch constant. If we are to assume that we buy 
the same number of bunches at each store, we should use the 
arithmetic mean of $5 and $10 (since we are keeping constant 
the same factor, bunches, which is constant in the rate). If we 
are to assume that we spend the same amount of money at each 
store (say $50), we should use the harmonic mean of $5 and $10 
(since we 1 are keeping constant the factor, dollars, which was 
variable in the rates). 

2. Mr. Jorgensen gets 12 miles to the gallon of gasoline with 
his ca*:, and Mr. Gentry gets 18 miles to the gallon. What is 
the average gasoline consumption? 

In this case the gallon is constant and the miles vary. If we 
assume that both men drive the same distance we should take 
the harmonic mean of 12 and 18, finding an average of 14.4 miles 
to the gallon. If we assume that both men use the same number 
of gallons, we should take the arithmetic mean of 12 and 18, 
getting an average of 15 miles per gallon. We can prove these 
statements by taking numerical examples. If the two men 
drive 36 miles each (keeping the distance the same for both of 
them) Jorgensen will use 3 gal. and Gentry will use 2 gal. This 
makes 5 gaf. for 72 miles, or 14.4 miles per gallon. On the other 
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hand, if the men drive until they have used 2 gal. apiece, Jorgen¬ 
sen will have driven 24 miles and Gentry will have driven 36 
miles. This will make 60 miles for 4 gal., or 15 miles per gallon. 
We thus see that in one case the arithmetic mean gives us the 
right answer, while in the other case we have to use the harmonic 
mean. 

. We can summarize again, by saying, then, that the harmonic 
mean is used in certain cases where we are finding the average 
of rates. Every rate is stated as a variable number of units 
of something per constant number of units of something else— 
as a variable number of miles per single unit of time. If, in 
taking our average, we keep constant the factor that was variable 
in the rate, we must use the harmonic mean. 

The harmonic mean also has the advantages that it is rigidly 
defined, and its value depends on the value of each item in the 
distribution. The results can be used for further mathematical 
computation. 

On the other hand, the concept is an unfamiliar one, difficult 
for the layman to understand, and somewhat jnore difficult to 
compute than the arithmetic mean. It is greatly influenced by 
extreme items, especially so by extremely small items. It 
cannot be computed at all if any item in the distribution is equal 
to zero. The statistician would do well to use some other average 
save in those cases, just described, where he cannot get the right 
answer without it. 

6.21. Advantages and Disadvantages of the Quadratic Mean, 
The use of the quadratic mean can best be illustrated in con¬ 
nection with an actual case in the next chapter. In certain 
probability problems it is theoretically important to deql with 
the squares of numbers, rather than with the numbers themselves. 
In such cases the quadratic mean is natural. In other cases, 
as in dealing -with deviations from the arithmetic mean, we cannot 
take an arithmetic average of the deviations, because the sum 
of the deviations is always zero—the positive and negative 
deviations balancing each other (see footnote on page 88). 
If we square the deviations, however, they are all positive, and 
we can take the arithmetic mean of the Squares. In such a 
case, also, the quadratic mean is natural. But this average, 
although rigidly defined and amenable to fifrther algebraic 
manipulation, is very greatly influenced by extremely large 
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values, is somewhat more difficult to compute than the arithmetic 
mean, and is not simple enough to be readily understood by th£ 
layman. Therefore the statistician uses it only where there is a 
real reason for it. 

5.22. Summary of the Averages. —The advanced student will 
learn for himself to use that discrimination in the choice of 
averages which is a mark of statistical competence. The 
beginner may well follow the rule of using the arithmetic mean 
in preference to all other averages except in the following cases: 

• 1. When the distribution is badly skewed, consider the advisability of 
using the median or the mode. The mode is the harder to find and less 
reliable than the median, but is perhaps the most natural of all concepts of 
averages (see Secs. 5.17 and 5.18). 

2. When the distribution A U-shaped, use the two modes. 

3. When the item# form a geometric progression, use the geometric mean 
(see Sec. 5.19). 

4. When finding an average rate of growth or change over a period of 
time, use the geometric mean (see Sec. 5.19). 

5. When logarithmic frequency classes give a more symmetrical frequency 
polygon than equal class intervals, use the geometric mean (see Sec. 3.20). 

% 6. When averaging rates, and it is desired to keep constant in the average 

the factor that is variable in the rate, use the harmonic mean (see Sec. 5.20). 

7. For certain index-number problems, use the geometric mean (see 
Chap. XII). 

8. Whenever there is any reason to believe that the arithmetic mean 
would be seriously misleading, on account of undue influence from extreme 
items or for other reasons, consider the advisability of using the median 

• ofr the mode. ^ • 

6.23. Suggestions for Further Reading.—The student will find a complete 
discussion of the problems here treated, in a great deal greater detail, in 
Franz Zizek, “Statistical Averages,” Henry Holt and Company, Inc., New 
York, U?13. A short, but rather technical and mathematical, treatment 
can be found in “ Handbook of Mathematical Statistics,” edited by H. L. 
Rietz, Houghton Mifflin Company, Boston, 1924. A number of interesting 
and useful mathematical theorems with regard to the various averages is 
treated by John F. Kenney in his “Mathematics of Statistics,” Chap. Ill, 
D. Van Nostrand Company, Inc., New York, 1939. 

EXERCISES 

1. If we have a frequfvicy distribution which is almost, but not quite* 
symmetrical, and the values of the mean and the mode are 27 and 29 lb.» 
respectively, what will be the approximate value of the median? 

2. When we are Computing the median, why do we make a different 
assumption as*to the location of items within frequency classes from that 
which we make wh*n computing the mean? 
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3 . Table 5.9 shows the number of laborers in the bread departments of 
American bakeries who, in 1931, were receiving hourly wages of various 
rilnounts. 1 From this frequency table compute the mean and the median 
hourly wage. Compute the modal wage by each of the two methods 
explained in this chapter, and compare the results. Compute the quartiles, 
the seventh decile, and the seventh percentile. 

4 . Compute the mean of the figures in the preceding exercise by the long 
and by the short method, timing the processes. Compute by the short 
method first, so that any advantage which may come from familiarity with 
the data will accrue to the long method. 

6. Compute the mean of the figures in Exercise 3 above by the short 
method, taking a different guessed mean from that used before. Note the 
identity of the results. Note also why it is best to take a guessed mean 
near the center of the table. 

Table 5.9.— Hourly Wages in Bread Departments, of Bakeries in 
United States, 1931 


Hourly 

Wage 

(cents) 

Number of 
Laborers 

0- 9.9 

1 

10-19.9 

58 

20-29.9 

206 

30-39.9 

442 

40-49.9 

478 

50-59.9 

294 

60-69.9 

79 

70-79.9 

20 

80-89.9 

2 


6. Below is a diagram representing an array of heights. The figures 
can be thought of as representing 12 men standing in line and arranged 
in order of height. Suppose that we were to consider the median as located 
at the item represented by N/2 instead of (N 4* l)/2. This would be the 
item. Locate the 1 H J or sixth, item and find how many men are on 

t§fHiiitflf. 

each side of it. Locate the (N 4-1)/2 item and see how many men are on 
each side of that. Locate likewise the quartiles {is they would be if based 
on N /4 and 3 iV/4 instead of on (N 4- l)/4 and 3(N + l)/4. See how 
many men each method puts in each quarter. The object of this exercise 
is to point out why we add unity in the,, formulas fo ft median, quartiles, 
deciles, etc. 

1 Data from U.S. Bureau of Labor Statistics Bulletin 500, Table 5, p. 1). 
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7. Try applying the Charlier check to the data of Exercise 4. 

8. Find the median of the data in Table 5.9. * 

9. Find the mode of the data of Table 5.9, using as the basis your figures 
for the arithmetic mean and the median. 

10. Find the mode of the data of Table 5.9, using the method described 
in number 5 of Sec. 5.13. 

11. Make an ogive of the data in Table 5.9. 

12. Find the median and the quartiles from the ogive made in the pre¬ 
ceding exercise. 

13. Find the geometric mean of the data in Table 5.9. 

14. Find the harmonic mean of the data in Table 5.9. 

15. Find the quadratic mean of the data in Table 5.9. 

• 16. List several other cases, similar to that mentioned in Sec. 5.17, where 
the median can be found for nonquantitativc data. 

17. In a certain fraternity house there are 7 seniors whose average weight 
is 165 lb., 9 juniors with an average weight of 160 lb., 13 sophomores with 
an average weight of 152 Ilf., and 20 freshmen with an average weight of 
150 lb. What is the average weight of the 49 members of the fraternity? 
Use the arithmetic mean. 

18. If a defense bond costs $18.75 today, and if it matures in 10 years at 
$25, it has increased in value by 33 H per cent in 10 years. How much did 
it increase in value each ycat? In other words, what was the equivalent 
annual interest rate 1 ? 

19. Suppose that Mr. Carter pays 3 cents per kilowatt-hour for his 
electricity and Mr. Leonard pays 5 cents per kilowatt-hour. Mr. Carter 
uses 350 kw.-hr. and Mr. Leonard uses 300 kw.-hr. Find the average cost 
per kilowatt-hour. Note that the answer is neither the simple arithmetic 
nor the harmonic mean of 3 cents and 5 cents. 

20. Explain under what circumstances the average cost in the preceding 
exercise would have been the arithmetic mean of 3 cents and 5 cents. 

• 21. Explain under what circumstances the average cost in Exercise 19 
would have been the harmonic mean of 3 cents and 5 cents. 

22. What kind of average can one take of 3 cents and 5 cents in Exercise 
19 to get the correct answer? (The correct answer in Exercise 19 is 3.923 
cents per kilowatt-hour.) 
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✓ MEASURES OF DISPERSION 

6 . 1 . Variability.—In the preceding chapters we attempted to 
find single values which could be used to represent whole groups 
of values. We tried, for example, to summarize the heights of 
1000 students by saying that the median height was 175 cm. Yet 
a moment’s consideration will make it plain that two frequency 
distributions may have averages whicl\ are exactly alike, even 
though the distributions are in other respects decidedly dissimilar. 
That is to say, the average does not tell the whole story aboqt the 
characteristics of the distribution. 

Suppose that we have three distributions, each containing 
five values. They are as follows: 

Distribution 1 . 120, 120, 120, 120, 120 
Distribution II. 116, 118, 120, 122, 124 
Distribution III . 5, 17, 51, 140, 387 

The arithmetic mean of each distribution is 120; the medians of 
the first two distributions are also 120. Yet there are decided 
differences between the distributions. In the first distribution*, 
either the mean or the median is a perfect figure for representing 
the values of the group; either average represents each individual 
item with complete accuracy. In the case of the second distribu¬ 
tion, either the mean or the median coincides with but one of 
the values. If we use it to represent any of the other values in 
the group, we shall have more or less error. However, the error is 
not great in any case, and the errors of overstatement are exactly 
balanced by the errors of understatement. In the third distribu¬ 
tion, neither the mean (120) nor the median (51) represents the 
items particularly well. The items are widely scattered, and 
many of them lie far from the mean or from the median or from 
any other single value which we might choose tq represent them. 

Here, then, are three distributions with the same arithmetic 
mean, yet the distributions are markedly dissimiljjr. It would be 

126 • • 
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quite as easy to illustrate with cases where the median or the mode 
was the same in a number of radically different distributions. 

One of the most noticeable differences between the three dis¬ 
tributions we have just used as illustrations is the great differ¬ 
ence between the degrees of concentration of the values. In 
distribution I the five values are identical; there is no divergence 
at all. In distribution II there is a small scatter of values, but on 
the whole they are bunched fairly close to each other. In dis¬ 
tribution III there is a great dispersion of values with no tendency 
for items to fall close to any point of concentration. In this chap¬ 
ter we «tudy measures which show the amount of dispersion 
among data. These measures are variously called measures of 
dispersion, measures of scatteration , measures of variability , and 
measures of variation. Looked at from the opposite point of view 
they could, of course, be considered measures of concentration or 
measures of congregation. The name is not particularly impor¬ 
tant, but the concept is. In this book the term “dispersion” 
is commonly used, since it has the advantage of most general 
adoption. 

% 6.2. The Range.—On page 24 are listed the marks received in 

an examination taken by 90 students. The marks are arranged 
in an array. It is fairly easy to see, by a glance at the array, that 
there is a considerable dispersion of values. One of the common¬ 
est measures of dispersion in popular use is evident from the data 
as they appear. This measure of dispersion is called the range , 
» and is equal to the difference between the largest and the smallest 
values in the group. In the case of the examination marks, the 
highest mark was 206 and the lowest was 43. We find the range 
by subtracting the smallest from the largest, thus: 

Range = 206 — 43 = 163 

When we say that the range of the marks is 163, we obviously say 
something about the degree of their concentration. If, again, we 
were to compute the ranges of the three distributions on page 126, 
we should find these values: 

I. 120 - 120 = 0 

II. 124 — 116 — 8 

III. 813 - 5 = 808 
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It is evident that, ceteris paribus , the larger the range, the greater 
is the 4 scatter of the values in the group. 

When we attempt to determine the range of the items in a fre¬ 
quency table, we run into the difficulty of not knowing for certain* 
the size of any item. We do not know the size of the largest or 
the size of the smallest item; hence we cannot determine accu¬ 
rately the difference between them. We can, however, tell 
approximately how large they are. If we go back to the figures 
on heights of Harvard students (page 82), we note that- the 
smallest possible height (taken to the nearest unit) would be 
155 cm. and the greatest possible height 199 cm. Thus^a rough 
approximation of the range would be 199 — 155 = 44 cm. We 
could, of course, take the two extreme class marks and call the 
difference between them the range. In this case it would be 
198 — 156 = 42 cm. Either approximation is good enough, 
since, as we shall now see, the value of the range is at best subject 
to considerable chance variation. 

The value of the range depends on but two items in the dis¬ 
tribution: the largest and the smallest. Yet-we have already 
noted (page 112) that it is at the extremes that chance variations < 
are most noticeable and have the greatest effect. The largest 
item included in any group is largely a matter of chance. If 
we select groups of 1000 college students at random, there 
will be much less variation between the medians of the groups 
than between the extreme items. And the range is dependent 
entirely on the two extreme items—the two items that are above 
all subject to chance fluctuation. On this account the range is 
itself very unstable. If it were not for this fact, the range would 
be an extremely useful measure of dispersion, because it is easily 
understood and easy to compute. But its instability is such a 
serious fault that it is seldom used as the measure of dispersion 
in work where care and accuracy count. Only if ease of popular 
comprehension is more important than are exactitude and 
stability do we use the range. 

6.3. The Semi-interquartile Range. —In order to escape from 
the chance fluctuations which occur toward the extremes of 
frequency distributions, statisticians are likely to discard the 
extreme items and find the amount of variation in the central 
part of the data. It is common for' them to discard the upper 
quarter and the lower quarter of the items, and^ to measure the 
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range in the remaining central half of the items. Thus we can 
find the value of the third quartile and subtract therefrotn the 
value of the first quartile. This will give us the interquartile 
distance, or the interquartile range. For reasons that will appear 
later, statisticians more commonly use half of this distance as 
their measure of dispersion; that is, they subtract the value of the 
first quartile from that of the third quartile, and take half of the 
difference as their measure of scatter. Since we have previously 
computed the quartiles of several distributions, we can immedi¬ 
ately determine the value of the interquartile range, and, what is 
more useful, of one-half of it, that is, of the semi-interquartile 
range. 

In the case of students’ heights we have seen (page 103) that 
the first quartile of heights is 170.95 cm. The third quartile 
turns out to be 179.84 cm. The interquartile range is 

• 179.84 - 170.95 = 8.89 cm. 

The semi-interquartile range is one-half of this value, or 4.44. 
If we round off 'this value as before, we find that the semi- 
^ interquartile range is 4.4 cm. 

If we let the letter Q stand for the semi-interquartile range 
(since it has no subscript, it will not be confused with the symbols 
for the quartiles themselves), we can summarize our method of 
computing the semi-interquartile range by the formula 

n — ( $3 — 0i) 

i * • ^ 2 

The interquartile range is obviously the range within which 
half of the items fall—the central half of the itemp. In the above 
example we found that the interquartile range was 9 cm. (8.89 
cm). This means that within a range of 9 cm. were to be found 
half of the students measured. When we divide this figure by 2, 
it is on the assumption that the distribution is approximately 
symmetrical. Patently the quartiles of a symmetrical distribu¬ 
tion will be equally distant from the median (and from the'mean 
and the mode, since these three averages will coincide in a 
symmetrical distribution). If we divide the interquartile range 
in half, we have the distance from the median down to the lower 
quartile and the distance *from the median up to the upper 
quartile. Thus, if the distribution is symmetrical, the semi- 
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interquartile range tells the distance we must go above and 
belowHhe median to include half of the cases. In the present 
Example we may say, since Q = 4.5 cm., that by including all 
students whose heights are within 4.5 cm. of the median we shall 
include just half of the cases. The other half of the students 
will be more than 4.5 cm. removed from the average height. 

To illustrate again, we discovered on page 75 that the quartiles of 
the examination marks were as follows :Qi = 88.75; Qz = 149.25. 
In this case the semi-interquartile range is 

0 , ( ^- 2 5 - 88 75) = 605 = ^^ 

If the distribution were exacts symmetrical, the median would 
be just halfway between the quartiles, and removed by 30.25 
from each of them. Reference to page 75 will show that the 
median mark was actually 112, which is 23.25 from the lower 
quartile and 37.25 from the upper quartile. The average of 
these is (23.25 + 37.25)/2 = 60.5/2 = 30.25. This is the semi- 
interquartile range which we have already computed. 

Thus, in distributions where there is not complete symmetry, 
Q measures the average distance from the quartiles to the 
median. If we were given merely the median and the semi- 
interquartile range for these marks (that is, if we are told merely 
that Med. = 112 and Q = 30.25), we should be forced to inter¬ 
pret the latter measure in some such language as this: “If the 
distribution of marks is symmetrical, half of the marks are 
within 30.25 of 112 and half of the marks are farther removed 
from 112 than 30.25. At any rate, regardless of symmetry, 
if we discard the marks of the lowest quarter and also those of 
the upper quarter, the marks of the remaining half of the students 
will fall within a range of 60.5.” 

6.4. Th e Averag e Deviation,—There are, of course, some dis¬ 
advantages in discarding twoTcJuarters of the data in order that 
we may measure the dispersion of the remaining half. We should 
usually prefer some measure of dispersion based on all the items. 
It is obvious that we can get such a measure if we find how 
far each item is from the average, and then take an average of 
these deviations. Thus if we have the five values of distribution 
III on page 126, we can go about the process of measuring dis¬ 
persion as follows: p 

Distribution III . 5, 17, 51, 140, 387 
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We have already noted that the mean of these items is 120. 
Now the first item differs from the mean by 115, the second item 
differs by 103, the third by 69, the fourth by 20, and the fifth 
by 267. If we average these we get 

115 + 103 + 69 + 20 + 267 _ 574 _ „„ 0 
_ - - 114.8 


This is the average amount by which the items differ from the 
mean, and is called the average deviation . 

Now it will be seen that we neglected the fact that some of the 
deviations were positive and some negative. As a matter of 
fact we should have stated the deviation of the first item as 
— 115 and that of the last item as +267. Unfortunately, if 
we kept the signs and added algebraically, the positive values 
and the negative values would cancel each other, since-it is-a 
character istic of the arithmetic mean of any group of values 
t hatj he algebraic sum of the deviations.from the mean is zero. 1 
Hence in computing the average deviation we neglect the signs 
of the deviations 'and add their absolute values. 

* If we are to give in a formula directions for computing the 
average deviation of ungrouped data, we shall need some symbol 
to represent the amount by which an item differs from the 
average. It is customary to represent this deviation by small 
rather than by capital letters. Thus the amount by which any 
X differs from the mean of the X’a is represented by x . We 
ctm define this* term by the equation 

x — X — X 


To summarize the method of computing the average deviation 
(which is itself symbolized by AD), we have 


AD 


Z( M) 

N 


The vertical lines beside the x mean that the signs are to be 
neglected—that we are to add the values of the deviations as 
1 In fact it is this characteristic of the mean which makes possible the 
computation of the mean by the short method presented on p. 86. In that 
method we guess at a mean and calculate the sum of the deviations. If 
this sum turns out t6 be zero, wejenow that our guessed mean coincides with 
the actual mean. If the sum of the deviations turns out, as it usually does, 
to # be other than zyo, we adjust our guessed mean to the point where the 
1 sum Of thte deviations will equal zero. 




132 


ELEMENTS OF STATISTICAL METHOD 


though they were all positive or zero. The formula would be 
read as follows. 

| ’ “The average deviation is equal to the sum of the absolute 
• deviations of the items from their average, divided by the 
' number of cases.” 

The average deviation can be computed by another method 
which is somewhat better adapted to computation on calculating 
machines. This method 1 is summarized by the following 
] formula: 

AD - 2{B * - b) 

AD N 

where B = number of measures below the mean. 

b = sum of the items below the mean. 

These two symbols are not used in this sense in other statistical 
formulas, and need not be remembered except insofar as they 
apply to this specific problem. 

The problem of computing the average deviation from data 
grouped in frequency tables is simple. It can be done by a 
so-called “ short method ”; but in the case of the average deviation 
the time saved by this short method is not large and the method' 
itself is so complicated that it would not pay to master it unless 
one were doing a good deal of work with the average deviation. 
We shall confine ourselves here to an exposition of the “long 
method,” the theory of which is easier to follow, and shall 
leave the interested student to acquaint himself with the other 
method if he desires. 2 

When we compute the average deviation by the long method, 
we determine the amount of deviation for the items of each class 
on the assumption that the items are concentrated at the class 

1 Based on Trijman Kelley, “ Statistical Method,” pp. 70-75, The Mac¬ 
millan Company, New York, 1924. The notation is changed in this 
presentation. 

2 For expositions of the “short” method see, for example: Secrist, “An 
Introduction to Statistical Methods,” pp. 342#, The Macmillan Company, 
New York, 1929; Davies and Crowder, “Methods of Statistical Analysis 
in the Social Sciences,” John Wiley <fe Sons, Inc., New York, 1933; Garrett, 
41 Statistics in Psychology and Education,” pp. 32#, Longmans, Green & 
Company, New York, 1926; Mills, “Statistical Methods Applied to Econom¬ 
ics and Business,” pp. 152#, Henry Holt & Company, New York, 1924; 
Chaddock, “Principles and Methods of Statistics,” pp. 156#, Houghton 
Mifflin Company, Boston, 1925. 
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mark. We then find the average of these deviations, jpst as 
we find the average of any values that are grouped in a frequency 
table. This means, of course, that we must start out by finding 
the value of the mean in order to find next the amounts of the 
deviations from the mean. 

Let us determine the average deviation of the heights of 
Harvard students (see Table 6.1). The class marks and the 
frequencies which we have used before appear in the first two 
columns. Then we determine how far each class mark is from 


, Table, 6.1.— Computation of Average Deviation of Heights of 
Harvard Students 


Class Mark 

(X) 

Frequency 

(f) 

Deviation from X 

(*) 

fx 

, 156 

4 

— 19.335 

7- 77.340 

159 

8 

-16.335 

-130.680 

162 

26 

-13.335 

-346.710 

165 

53* 


-547.755 

168 

89 

- 7.335 

-652.815 

171 

146 

- 4.335 

-632.910 

174 

188 

- 1.335. 

-250.980 

177 

181 

1.665 

4-301.365 

180 

125 

4.665 

583.125 

183 

92 

7.665 

705.180 

186 

60 

10.665 

639.900 

189 

22 

13.665 

300.6^0 

. 192 

4 

16.665 

66.660 

195 

1 

19.665 

19.665 

198 

1 

22.665 

22.665 

Total (neglect signs)... 

5278.380 


the true mean. We have discovered (see page 87) that the 
mean height of these students is 175.335 cm. If the 188 students 
in the class whose class mark is 174 cm. are to be considered 
as being concentrated at the class mark, each of them has a 
height of 174 cm. Each of them, that is, falls short of the mean 
by 1.335 cm., the value which appears opposite this class in the 
third column. Each figure in the third column shows the 
deviation of the oorrespopdi/ig Class mark from the mean, which 
is 175.335 cm. In other words, we subtract the true mean from 

the class mark t» find the figures of this column. 

• • 
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If 188 items differ from the mean by an amount of 1.335 cm. 
each, 0 they deviate a total of 188 X 1.335 cm. = 250.98 cm. 
This is the figure that appears opposite the class in the fourth 
column. The figures in the fourth column show for their 
respective classes the total amount of the deviation when all 
items in such classes are considered. These figures are the 
products obtained by multiplying together the figures opposite 
them in the second and third columns. 

If each figure in the last column shows the total amount of 
deviation for the class in question, then the sum of this column 
(taken without regard to signs) will show the total amount of 
deviation in the whole distribution. In this case the total 
deviation of the 1000 items is 5278.380 cm. The average devi¬ 
ation is found, of course, by dividing this total deviation by 
the number of cases. Hence, if 2fx = 5278.380 and N = 1000, 


AD 


2\fx\ _ 5278.380 
N 1000 


5.27838 


The average deviation, then is 5.3 cm. or 5 cm., depending on 
the amount to which we round it off. 

To summarize the steps involved in computing the average 
deviation from frequency tables: 

1. Compute the mean. 

2. Compute the deviation of each class mark from the mean by subtract¬ 
ing the mean from the class mark. 

3. Multiply the frequency of each class by the deviation of its class mark 
from the mean. 

4. Add the products just obtained, neglecting signs. 

5. Divide the sum just obtained by N. 

The summary in shorthand form is 


AD 


MM 

N 


What is meant when we say that the average deviation of 
student heights was 5 cm. ? It means that the students measured 
varied in height. Some were above and some below the mean; 
some were near the mean in height and some were far from it. 
But these students differed from the mean an average of 5 cm. 
If, in another group of people, the average deviation of heights 
was 7 cm., we should say that they varied more ori the average 
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than did the Harvard group. In general, the larger the average 
deviation, the greater is the dispersion within the group. 

It can be demonstrated 1 that the average deviation is smaller 
when computed from the median than when computed from any 
other point. Without a rigorous demonstration, we point out 
that the sum of the distances from any two points to any point 
between them is constant, and less than the sum of the distances 
to any point not between them. Since an equal number of 
case§ lie above and below the median, the cases can be paired 
and the deviations will be smaller in sum than deviations from 
itny poidt other than this. 2 Now the fact that the sum of the 
absolute deviations is smaller when taken around the median 
than when taken around any other value in a good reason for 
basing the average deviation on the median rather than on the 
mean. Sometimes this is done. In the vast majority of cases, 
however, the AD is based on the mean, and if any other base is 
used the fact should be stated. In our illustrative examples 
here we have based our computations on the mean. The 
variations which would be involved in basing the measure on the 
median are obvious. 

r 6.6. The Standard Deviation.—The standard deviation , or root- 
mean-square deviation , is by far the commonest and most useful 
measure of dispersion in technical work. The range, we have 
seen, is unstable on account of its dependence on items whose 
size is largely a matter of chance. The semi-interquartile range 
1 arbitrarily excludes half of the items from consideration. The 
average deviation neglects the fact that some deviations are 
negative and some positive, and it treats them all as positive. 
Although the average deviation is an extremely useful measure 
of dispersion and is easily explained to the layman, nevertheless 
the neglect of the signs of the deviations makes this measure of 
dispersion almost useless in further mathematical work. We 
desire some measure of variation which escapes these several 
faults, and to a considerable extent the standard deviation does 
so. 

In scientific work the standard deviation is always represented 
by the small Greek letter sigma (a-), and it is so commonly used 

l See, for example •Kelley, op..c&., p. 74. 

2 See LcJvttt and Hotzclaw, “Statistics,” p. 109, Prentice-Hall, Inc., New 
k York, 1929. f 
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that the statistician forms the habit of reading the symbol <r 
as “standard deviation” rather than as “sigma.” In some 
instances those who are more familiar with Greek than with 
statistics go to the other extreme of using the word “sigma” 
when they mean “standard deviation.” But if someone says 
that the “sigma” of a distribution is 14, it is safe to interpret 
his statement to mean that the standard deviation of the dis¬ 
tribution is 14. At any rate it would commonly be written 

<r = 14 

The standard deviation, like the average deviation, is based 
on deviations from the mean. Of course, it was this base 
that got us into trouble in the case of the" average deviation, 
since we had to neglect the signs of some of the deviations. 
In computing the standard deviation, however, we get around 
this difficulty by taking the quadratic mean of the deviations 
rather than their arithmetic mean. The student will recall 
that when we take a quadratic mean we square all the original 
figures. This makes them all positive, and we need not neglect 
signs. The standard deviation, then, is the square r oot of the 
arithmetic mean of the squares of the deviations. T his de scrip¬ 
tion of it aloneTs enough scTthat the s tudent shou ld, be able to 
Ig O’ ahcadn ffffir the computation by ldmself. We give, however, 
examples of the computation. 

Table 6.2.— Computation of Standard Deviation 


X 

X 


5 

-4.9 

24.01 

8 

— 1.9 

3.61 

18 

+3.1 

9.61 

12 

+2.1 

4.41 

11.6 

+1.6 

2.56 

49.5 


44.20 


6.6. Standard Deviation: Ungrouped Data.—When data are 
not grouped, we proceed exactly in accordance with the direc¬ 
tions given above. Suppose we take the following items: 

6; 8; 13; 12; 11.6 % 
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The total of these five items is 49.5, and their average is 



Let us compute their standard deviation (see Table 6.2). In 
the second column is given the difference between each value 
and the average, and the squares of these differences appear 
in the third column- We have thus found the sum of the squared 
deviations to be 

2(z 2 ) = 44.20 

$ince there are five deviations, the average of the squared 
deviations is found by dividing by 5, thus: 

8.84 

N 5 

■* 

And the square root of the average is 

= \/8M = 2.97 

The standard deviation, then, is 2.97. The process of finding 
it can be summarized thus: 

1. Find the mean. 

2. Find for each item the deviation from the mean by subtracting the 
mean from the item. 

3. Square these, deviations. 

4. Add the squares just obtained. 

5. Divide the sum just obtained by N. 

6. Take the square root of the quotient just found. 

* 

Or, if we want the directions in shorthand form, 

° ~ \ N 

This method of finding the standard deviation .from ungrouped 
data is correct, but another method is usually somewhat shorter 
in application and gives exactly the same results. The directions 
for this preferred method are 

1. Square the original figures. , 

2. Add these squares. 

3. Divide this suiy by N. 
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4. Subtract from this quotient the square of the mean. 

5. Take the square root of the difference. 

The formula in this case becomes 1 


•4 


2(X 2 ) 

N 


X 2 


Table 6.3.—Computation op Standard Deviation 


X 

X* 

5 

25 

8 

64 

13 

169 

12 

144 

11.5 

132.25 

49.5 

534.25 


2(X 2 ) = 534.25 


Z(X 2 ) _ 


N 


= 106.85 


X 2 = 9.9 2 = 98.01 


S(X 2 ) 

N 


- X 2 = 106.85 - 98.01 = 8.84 


a = VSM = 2.97 

1 The equivalence of these two formulas for <r may be seen from 
following: 

. _ xim 

V iV 

But, since x is the deviation of X from the mean, we have 
x = X - X 
* = 


s(X - Jg)« 


N 


_ <Js(x* - 2xx + 

_ a/sX* - 2XsX -fiVX* 

“ X jV 

- - 2X* + I* 
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If we illustrate with the same five values that we used before, 
the process becomes as shown in Table 6.3, page 138. This is 
precisely the same answer that we found before. The work 
of computation involved here seems as long as that of the 
earlier method. For such a short example, and for one in which 
the mean happens to be a number with but two digits, it is 
perhaps as long. But let the student try the ordinary example, 
in which the mean turns out to be a number with 5 to 50 decimals, 
such* as 12.396724. Try taking the deviation of each item from 
such a mean. Try squaring these deviations. Try adding the 
squares and taking the square root. In such a case any method 
which involves merely the squaring of the original figures without 
the taking of deviations is a blessing. It will be noted that 
capital X\s rather than small x’s are used in the second fgrmula 
to indicate that it is based on the original values rather than on 
the deviations of these values from the mean. 

6.7. Standard Deviation: Grouped Data. —When we have data 
in frequency tables, we cah compute the standard deviation by 
either the long or the short method. In this case the short 
*nethod lives up to its name and is a considerable timesaver. 
Below the long method is explained first, so that the student 
may see the reasons for the steps involved. We then illustrate 
and explain the short method as applied to the same data, 
so that the student may see where the savings in time arc made. 
In order that we shall have all measures of dispersion on the 
* same data for purposes of comparison, we illustrate again with 
the frequency table showing the heights of Harvard students. 
The pertinent parts of the table appear again in Table 6.4 with 
other information which is now needed. 

It is necessary first to compute the mean of the heights. 
We have discovered earlier that the mean height is 175.335 cm. 
(see page 87). Hence we state our class marks at the left of 
the table, and in the second column we state each class mark 
as a deviation from the mean. For example; the first class 
contains items whose values are 156 cm. (under our assumption 
that these items are concentrated at the class mark). But 
156 cm. falls short of the mean by 19.335 cm. This value is 
listed in the second column., Opposite each other class mark is 
listed also its deviation from the mean, found by subtracting 
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the mean from the class mark. These figures show for each 
class the amount by which each item in the class deviates from 
the mean. 


Table 6.4.—Computation of Standard Deviation from Grouped Data 

(Long Method) 


Class 

Mark 

(X) 

Deviation 
from Mean 

(*) 1 

x 2 

/ 

fx> 

156 

-19.335 

373.842225 

4 

1,495. 368900 . 

159 

-16.335 

266.832225 

8 

2,134.657800 

162 

-13.335 

177.822225 

26 

4,623.377850 

165 

-10.335 

106.812225 

53 

5,661.047925 

168 

- 7.335 

53.802225 

89 

4,788.398025 

171 

- 4.335 

18.792225 1 

146 

2,743.664850 

174 

- 1.335 

1.782225 

188 

335.058300 

177 

1.665 

2.772225 

181 

501.772725 

180; 

4.665 

21.762225 

125 

2,720.278125 

183 

7.665 

58.752225 

92 

5,405.204700 

186 

10.665 

113.742225 

60 

6,824.533500 

189 

13.665 

186.732225 

22 

4,108.108950 ( 

192 

16.665 

277.722225 

4 

1,110.888900 

195 

19.665 

386.712225 

1 

386.712225 

198 

22.665 

513.702225 

1 

513.702225 

Totals. 


1000 

43,352.774600 


We have seen that the standard deviation is based on the ’ 
squares of such deviations; hence the third column shows 
the squares of the values in the second column. In other 
words, the square of the deviation for each item in the class 
is stated opposite each class. Then follows a column, with 
which we are familiar, showing the number of cases in each 
class. In the first class there are four items, and the squared 
deviation of each is 373.842225. Hence the total squared 
deviation of these lour items is 4 X 373.842225 = 1495.368900. 
Similarly we find the total of the squared deviations for the 
other classes by multiplying the squared deviation of column 3 
by the number of cases listed in column 4. This gives us the last 
column, which is headed fx 2 . (In adding this‘column to get the 
sum of the squared deviations for the distribution, it is not 
necessary to neglect signs, since all the values became positive ^ 
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when we squared the values of column 2 to get the values in 
column 3.) The sum of the last column, then, gives us thd sum 
of the squared deviations for the distribution. We discovered 
earlier that we must now divide this sum by the number of 
cases and take the square root of the quotient. These operations 
give 


43,352.774600 

1000 


= 43.3527746 


<7 = y/ 43.3527746 = 6.584 


We have thus found the standard deviation of the heights of 
b*tudent& to be 6.584 cm. Rounding it off, we have 6.6 cm. or 
7 cm. 1 


Table 6.5. —Computation op Standard Deviation prom Grouped Data 

(SnoRT Method) 


CMss 

Mark 

(X) 

Frequency 

(/) 

Class 

Deviation 

w 

fd 

fd' 

156 

4 

-7 

- 28 

196 

* 159 

8 

-6 

- 48 

288 

162 

26 

-5 

-130 

650 

165 

53 

-4 

-212 

848 

168 

89 

—3 

-267 

801 

171 

146 

-2 

-292 

584 

174 

188 

-1 

-188 

188 

177 

181 

0 

0 

0 

* 180 

* 125 

1 

125 

125 

183 

92 

2 

184 

368 

186 

60 

3 

180 

540 

189» 

22 

4 

88 

352 

192 

4 

5 

20 

100 

195 

1 

6 

6 

36 

198 

1 

7 

7 

49 

Totals. 

1000 


-555 

5125 


The process through which we have just derived the standard 
deviation is tedious and time-consuming. Fortunately an 
alternative process is quick and easy. This short method of 

1 In the reference* from which, these figures are taken we are told that 
a = 6.56 cm. /.The reader will recall (see p. 85n.) that our figure for the 
mean also differed from that of the original reference. 
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computing the standard deviation will now be explained, the 
same data being used for purposes of comparison. The short 
process is much like the short process of discovering the mean of 
grouped data, and, since we are using the same data which we 
then used, it may pay the student to review the section explaining 
that process in conjunction with the present exposition. We 
repeat here the necessary figures on height and add those data 
which are necessary to the computation of the standard deviation. 

The student will remember that the computation of the mean 
by the short method was based on the practice of guessing at the 
mean, taking deviations from the guessed mean in units of the 
class interval, and making the necessary adjustment to com¬ 
pensate for the error in the guessed mean. In the short method 
for computing the standard deviation we follow a parallel 
procedure, and in our illustration we shift our guessed mean one 
class from its former position so that the student may see that 
the position of the guessed mean is of no importance (save as it 
minimizes work if it is near the large frequencies). 

If the mean had not already been computed from these data 
we could compute it now, although it is not necessary. 1 In 
the short method we proceed directly to the computation of the 
standard deviation itself. Having listed the class marks and 
the frequencies as before, we next guess at a mean, selecting 
always one of the class marks near the center of the distribution 
where the frequencies are large. In this case we have assumed 
that the mean is 177 cm. We have then, in the third column, 
stated the deviations in class intervals from the assumed mean. 
The first class is seven classes below the assumed mean, so we 
label it —7; the next class is —6; etc. Our figure for the first 
class means that each of the four items in that class is seven 
classes below the assumed mean; the figure for the second class 
means that each of the eight items in that class is six classes 
below the assumed mean; etc. We now multiply these class 
deviations by the frequencies in their respective classes. Each 

1 Substituting the values from the table into the formula for the mean 
(p. 89), we get 

X - 177 + 3 (^j^) - 177 - 1.665 = 175.335 

«V 

This is the identical result that we found When we took the guessed mean at 
another point. '* 
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of the four items in the first class is —7 deviations from the mean, 
so that this class totals —7 X 4 = — 28 class deviations’from 
the mean. Similarly for the other figures in the fourth column! 
It is important that the computer keep track of signs in this 
work, for each class whose class mark is smaller than the assumed 
mean has a negative deviation. 

Finally we get the last, or fifth, column in the table by mul¬ 
tiplying the figures in the fourth column by the figures in the 
third (or the d) column. Since these figures are already the 
product of / and d, and since we now multiply them by d again, 
they are equal to fd 2 . It is evident that this second multiplica¬ 
tion by d will make all the signs positive, so that we neglect no 
signs. 

We now add the three columns headed /, fd, and fd 2 . These 
totals are needed for the computation of the standard deviation. 
The total of the / column we know already is 2/ = N = 1000. 
In adding the column of fd’ s to get 2(/g?), it is important to 
keep track of the signs. In this case we find that 2(/d) = —555. 
We also find that £(/d 2 ) = 5125. To find the standard deviation 
t from these figures we go through the following steps: 

1. Divide 2 (fd 2 ) by N. 

2. Divide 2 (fd) by N, and square the quotient. 

3. Subtract the second result from the first. 

4. Take the square root of this difference. 

5. Multiply the square root by the class interval. 

» I«n formula form this is 

Substituting the values of our present problem, we have 


/5125 
6 \1000 


/-555V 
1000 \ 1000 / 

= 3 V5A25 - 0.308025 = 3 \/4J816975 
= 3(2.194) = 6.582 


Thus we find that the standard deviation of the students’ 
heights, is 6.582 cm. Comparison with the answer obtained by 
the long method‘shows a discrepancy in the third decimal place: 
this results from the fact that we have dropped decimal places. 
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In fact, we drop more decimal places in the long than in the short 
method, since in the former there are more decimal places to 
drop. 

The notation used in the formula for the short method is the 
same as that already used in computing the mean (see page 89). 

6.8. Checking Accuracy of Computations.— We noted in Sec. 5.4 (see 
page 90) that there are ways in which the statistician is able to check the 
accuracy of his arithmetic in some computations. We applied such a 
method in the case of the arithmetic mean. The Charlier check can- also 
be applied in the case of the standard deviation. Table 6.6 is exactly the 
same as Table 6.5 except that a new column has been added at th§ extreme 
right. This new column contains values of f(d + l) 2 * To find these 
values, we add the number 1 to each value in the column headed (d). This 
gives us values of (d + 1). We square these values and multiply the squares 
by the frequencies in the column headed (/). For example, the top figure 
in the (d) column is —7. If we add 1 we get —6. This value squared 
gives us 36. We multiply 36 by 4 (the value of /) to get 144, the first figure 
in the new last column. Similarly the fifth figure from the end of the 
column (960) is found by adding 1 to the value of d to get 3 + 1=4, squar¬ 
ing to get 16, and multiplying by 60, the frequency, to get 960. 

Having obtained the numbers in the last column, \*e add them, getting 
a total of 5015. We now apply the Charlier check, which consists of the 
equation 

2[/(d + 1)2] = S(/d 2 ) + 2 2(/d) + 2/ 

This means that the sum of the last column should be equal to the sum of the 
(/) column plus the sum of the (/d 2 ) column plus twice the sum of the (/d) 
column. 1 In our example 2[/(d + l) 2 ] is 5015; 2(/d 2 ) is 5125; 2(/d) is —555; 
and 2/ is 1000. Substituting these values in the Charlier equation, we get- 

5015 - 5125 + 2 (—555) + 1000 
5015 - 5125 - 1110 + 1000 
5015 - 5015 

This proves that our arithmetical work was correct. 

We shall discover in a later chapter that our standard deviation computed 
from a frequency table is inaccurate for another reason—namely, because 
of our assumption that the items within any given frequency class are all 
equal to the class mark of that class. This assumption involves relatively 
little error when one is computing the arithmetic mean, but it involves a 
biassed error, always in the same direction, when one computes the standard 

1 The proof is simple. 

(d + 1)3 * d* + 2d + 1 
/(d + l)« ~fd* + 2/d+f 
w* + 1)’] - 2(/d>) + 2Z (fd) + 2/ 
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deviation, and always gives a value for the standard deviation which is too 
large. This error is discussed in Sec. 8.4, page 195. There it will»be seen 
that the error is usually a very small one, and that the answer obtained 
by the methods discussed here is reasonably dependable. 


Table 6.6.—Charlier Check for the Standard Deviation—Short 

Method 


Class 

Mark 

• (X) 

Frequency 

(f) 

Class 

Deviation 

(d) 

m 

m 

f(d + 1)‘ 

156 , 

4 

— 7 

- 28 

196 

144 

155 

8 


- 48 

288 


162 

26 

-5 

-130 


416 

165 

53 

-4 

-212 

848 

477 

168 

89 

—3 

-267 

801 

356 

171 

146 

-2 

-292 

584 

146 

174 

188 

-1 

-188 

188 

0 

•177 

181 

0 

0 

0 

181 

180 

125 

1 

125 

125 

500 

183 

92 

; 2 

184 

368 

828 

186 

•60 

3 

180 



189 

22 

4 

88 

| 352 

■ 

192 

4 

5 

20 


144 

195 

1 

6 

6 

36 

49 

198 

1 

7 

7 

49 

64 

Totals. 

1000 


-555 

5125 



v/6.9. Meaning of the Standard Deviation.—We have found that 
‘the standard’deviation of the heights of 1000 Harvard students 
is 6.6 cm. (rounded off from 6.582 cm). As in the other measures 
of dispersion, the larger the value of the standard deviation, the 
less clftsely grouped are the items. A large standard deviation 
means that the items are widely scattered. Under ordinary 
circumstances the range, the semi-interquartile range, the average 
deviation, and the standard deviation differ in size. The semi- 
interquartile range is usually the smallest, followed by the average 
deviation, the standard deviation, and the range, in the order 
named. In those’cases where we have what is called a “normal” 
distribution 1 the sizes of the measures of dispersion bear a 
definite and known relationship, and in these distributions the 

1 See jChap. VII for a description of the normal distribution and for a more 
complete description of the interrelationships of the measures of dispersion. 
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semi-interquartile range is about two-thirds of the standard 
deviation and the average deviation is about four-fifths of the 
standard deviation. (More exact values are Q = 0.6745a; 
AD = 0.7979a.) If we compare the measures which we have 
now computed for students’ heights, we find the following: 

Q = 4.44 cm. (page 129) 

AD = 5.28 cm. (page 134) 
a = 6.58 cm. (page 141) 

It will be noted that the values appear in the order we have just 
indicated. Moreover, we see that in this case 

Q = (siS)" = 0 ' 674ar 

' 4D -(o§)'-°' 803 '’ 

Thus while these measures do not have exactly the relative 
size that they would have in a normal distribution, they have 
approximately that relative size. 

It is also true that in a normal distribution about two-thirds 
of all the items in the distribution 1 will fall within one standard 
deviation, and practically all the items within three standard 
deviations of the mean. (We have seen that 50 per cent of the 
items fall within Q of the mean, and in a normal distribution 
57.5 per cent of the items fall within AD of the mean. Thisi 
gives us another basis for comparing these measures of dis¬ 
persion.) Thus if the heights of the Harvard men are normally 
distributed, we should expect that two-thirds of them have 
heights between 175.335 + 6.582 and 175.335 — 6.582 cm; that 
is, between the points which lie at a distance of one standard 
deviation on each side of the mean. In our problem this will 
mean between 181.917 cm. and 168.753 cm. The entire range of 
a distribution will ordinarily, then, lie within the three standard 
deviations above and the three standard deviations below the 
arithmetic mean—an over-all distance of six standard deviations^ 
We discussed in Sec. 3.15 the problems involved in deciding how 
many classes to use in a frequency table, and how large the class 

1 Actually 68.27 per cent of the cases will fall within l<r and 99.7 per cent 
within 3<r. See Chap. VII for a more complete discussion. 
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interval should be. Fisher states 1 that, while grouping in 
frequency classes brings perforce some inaccuracy, nevertheless 
the error in estimating values from a normal population will be 
less than 1 per cent if the class interval does not exceed one 
quarter of a standard deviation. If we think of the entire 
distribution as being spread over six standard deviations, with a 
class interval of one quarter of a standard deviation, we see that 
this rule would require the use of approximately 24 classes to 
include the bulk of the cases in many distributions. In practice, 
however, the number of classes is seldom so large. 

We can, then, interpret the standard deviation in this way. 
When we are told that the standard deviation of heights is 
6.6 cm., we know that the dispersion is less than it would be 
in a group where cr = 10 cm. and more than in a group where 
or = 2 cm. We know that, if the distribution of heights is 
aboul normal, approximately two-thirds of the items in the 
group will be within one standard deviation of the mean, or, 
in this case, within 6.6 cm. of the mean. We know that prac¬ 
tically all the cases will be within three standard deviations, or 
* 19.8 cm., of the mean. Practically never will we find a height 
less than 175.335 — 19.8, and practically never one more than 
175.335 + 19.8. An inspection of the original data on heights 
will show that these statements on extremes of height hold good 
in this distribution. 

» 6.10. Variance—In advanced statistical work a great deal of use is made 
of what is called the variance of a distribution. The variance is the square 
of the standard deviation. If we represent it by the small letter v we can 
define it thus: 

V — cr 2 

• We saw in Sec. 5.16 that it is possible to combine a number of distributions, 
and to compute the arithmetic mean of the combined groups on the basis 
of the arithmetic means of the subgroups. Similarly it is possible, when we 
combine a number of subgroups, to compute the variance of the combined 
group on the basis of the variances of the subgroups. Let n\ be the number 
of cases in the first subgroup and n 2 be the number of cases in the second 
subgroup, with N the number of cases in the combined group (N + n 2 .) 

Let Xi be the arithmetic mean of the items in the first subgroup, X 2 in 
the second subgroup, and X in the combined groups. Let d\ be the differ¬ 
ence between the arithmetic mean of the first subgroup and the arithmetic 
mean of the combined groups (dt « Hi — X), and let d 2 be the corresponding 

1 R. A. FiShbr, “Statistical Methods for Research Workers,” 3d ed., 
IK 5(J, Oliver & Btyd, Edinburgh, 1932, 



148 


ELEMENTS OF STATISTICAL METHOD 


difference between the mean of the second subgroup and the mean of the 
combined groups. Then we have the relationship 


u\Vi -f- n%v% H" nidi 2 + n«i 


where Vi and t /2 are the variances of the first and the second subgroups and v 
is the variance of the combined group. It will be seen that the variance 
of the large group is the weighted arithmetic mean of the variances of the 
subgroups plus the weighted arithmetic mean of the squared differences 
between the averages of the subgroups and the large group. This can be 
put in another form to show that the variance of the large group is the sum 
of two parts. 

1. The weighted arithmetic mean of the variances of the subgroups. 

2. The variance of the means of the subgroups themselves. 

This fact is extremely important in the analysis of variance , one of the most 
powerful of the recently perfected statistical tools. The subject is too 
advanced for us to take up in an elementary textbook, but it ties in directly 
with what we have been studying here about the standard deviation. 

Before we leave the subject, let us illustrate the computation of the Stand¬ 
ard deviation on a major group from the data on the subgroups. Suppose 
we have in a given school 72 boys with an average height of 68 in. and a 
standard deviation of 3 in. In the same school are 38 girls with an average 
height of 61 in. and a standard deviation of 2 in. What is the standard 
deviation in the heights of all 110 people in the school? We find that the 
average height for all the people in the school is 65.58 in. (using the method 
explained in Sec. 5.16). The average for the boys exceeds this by 2.42 in., 
while the average of the girls falls below it by 4.58 in. We therefore sub¬ 
stitute in the formula as follows (remembering that if the standard deviation 
of the boys' heights is 3 in. the variance is 9 in., etc.): 

_ 72(9) + 38(4) + 72(2.42 2 ) + 38(-4.58?) 
v ~ 110 


Carryi ng out the required computations, wo find that v = 18.35 or that 
a = \Zl8^35 =* 4.28 in. Thus we know that if we throw the tw6 groups 
together the standard deviation of the combined groups will be 4.28 in. 
We can carry this process out to any number of subgroups, merely adding 
in our numerator for any new group, x , the values n x v x and n x d* 2 , and increas¬ 
ing our denominator to include the sum of all the cases in all the subgroups. 
We could give the directions for any number of subgroups as follows: 1 

1. Multiply the variance in each subgroup by the number of cases in 
that subgroup. 

2. Add these products for all subgroups. 

3. Square the difference between the mean of each subgroup and the 

mean of the large group; then multiply this square for each subgroup by the 
number of cases in the group. ( t 

1 For proof, see John F. Kenney, “ Mathematics of Statistics,” pp. 95-97, 
D. Van Nostrand Company, Inc., New York, 1939. t 
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4. Add these products for all subgroups. 

5. Add the sums found in steps 2 and 3 above. . 

6. Divido the sum in step 5 by the total number of cases in all groups. 
The quotient will be the variance of the large group. Its square root will 
be the standard deviation of the large group. 

6.11. Measurement of Relative Dispersion.—The measures of 
dispersion which we have treated are called “absolute” measures 
of dispersion. The results are expressed in the same units as 
tho original data; that is, the standard deviation is 6.6 centimeters 
or 7.4 dollars or 534 foot-pounds . The standard deviation is 
.expressed (as are the other measures of dispersion as well) in the 
units in which the X values were originally stated. There is 
nothing in the answer to show whether the standard deviation 
is large or small. We might well have two distributions with 
the same standard deviation, say a standard deviation of 1 ft., 
and^yet in the one case this might be a very large dispersion and 
in the other case a very small one. How is this possible? 

Suppose we illustrate. Imagine that we measure the lengths 
of the main-line track of the railroad systems of the United^ 
^ States. We find the length of each line and then compute the 
standard deviation in the lengths. A standard deviation of 
1 ft. would be unbelievably small. It would mean that a con¬ 
siderable number of the railroads were within 1 ft. of the average 
length, and that almost no railroad differed from the average 
length by more than 1 yd. Suppose, on the other hand, that 
•we measure the lengths of the noses of 500 college seniors and 
find a standard deviation of 1 ft. Is this large or small? It is 
obviously large. It means that we might expect about one- 
third of our seniors to have noses which differed from the average 
length by as much as 1 ft.! In both of these cases the standard 
deviation is 1 ft., yet in one case it is unbelievably small and in 
the other impossibly large. This example illustrates the fact 
that the absolute size of the measure of dispersion does not tell 
us in itself whether the dispersion is large or small. 

But if these measures of dispersion cannot tell us what we 
want to know, how can we find out? Let us set up another 
problem. Suppose you were told that some keeper of a zoo 
had weighed, at one time or another, 150 newborn black bears. 
The weights w£re analyzed, and it was found that there was a 
standard deviation in the weights of M lb. Is this a large or a 
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small dispersion? Suppose we were told that the standard 
deviation in the weight of newborn babies is also 3^j lb. 1 Would 
you think that the dispersion in the weights of the bear cubs 
was greater or smaller than that in the weights of the babies? 
In other words, the question becomes a relative one. Is a 
3^-lb. dispersion relatively large or relatively small? To what 
shall we relate the dispersion? 

In practice we use as measures of relative dispersion a com¬ 
parison between the mean and the measure of dispersion., A 
standard deviation of 1 ft. in lengths of railroad systems is 
small when compared with the average length of railroad systems; 
but a standard deviation of 1 ft. in the length of noses is large 
when compared with the average length of noses. If we are to know 
whether a standard deviation of 3^ lb. in weights at birth is large 
or small, we must know the average weight at birth. It is 
said that the average male human weighs about 7.5 lb. at birth 2 
and the average black bear cub comes into the world weighing 
about 10.5 oz. 3 Thus if the young of these two animals have 
the same dispersion in weights, the human babies are relatively 
much less variable than the bear cubs. 

> The simplest and most obvious method of stating a measure of 
(dispersion in relative terms which compare it with the mean is to 
istaie it as a percentage of the mean. This is the way in which 
all measures of relative dispersion are computed. We have 
discovered that the semi-interquartile range of student heights 
is 4.44 cm. (page 129). The mean height is 175.335 cm. (page 
87). If we wish to compute relative dispersion based on the 
semi-interquartile range for this distribution, we get it in this 
manner: < 


100 ( 0 ) 

X 


444 

175^35 = 253 per cent 


Measures of relative dispersion are always given in percentage 
terms and always show the percentage which the measure of 
absolute dispersion is of the average. The average used is 

1 Neither of the standard deviations given in this paragraph is based on 
actual figures. Both are hypothetical. 

*L. E. Holt, “Care and Feeding of Children,” p. 33, D. Appleton-Cen- 
tury Company, Inc., New York, 1928. , 

• E. T. Seton, “Lives of Game Animals,” Vol. II, Pt. I, p. 174, Doijbleday, 
Doran & Company, Inc., New York, 1929. '' 
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almost always the mean; if any other average is used it should 
be specified. 

Any measure of absolute dispersion can be converted into a 
measure of relative dispersion by stating it as a percentage of 
the mean. The formula would be 

100 (absolute dispersion) , ,. 

---£- l = relative dispersion 

Average 

A large relative dispersion does not mean that the values are 
widely scattered absolutely, but that they are widely scattered 
• as conlparcd with the mean. 

Although any measure of dispersion can be used in con¬ 
junction with any average in the computing of relative dispersion, 
statisticians in fact almost always use the standard deviation as 
their measure of dispersion (see page 135) and the arithmetic 
meato as their average. When the relative dispersion is stated 
in terms of the arithmetic mean and the standard deviation, 
the resulting percentage is known as the coefficient of variation , 
or the coefficienl of variability. This coefficient is symbolized* 
* by the letter V , defined thus: 



If we take the hypothetical cases of bear and human weights 
.which we us$d above, we can now compute the coefficients of 
variation: 

Human babies: Bear cubs: 

Mean weight = 7.5 lb. Mean = 0.656 lb. 

a of weights = 0.5 lb. a = 0.5 lb. 

V = yq = 6.7 per cent V = 76.2 per cent 

By comparing the two coefficients of variation, we discover that 
bear cubs are (in this hypothetical case) relatively much more 
variable in weights at birth than are human babies, even though 
their absolute variabilities are identical. 

For* a final illustration let us compute from the problem we 
have bpen studying the coefficient of variation of student heights. 
Here we have 

% 
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X = 175.335 cm. (page 87) 
a = 6.582 cm. (page 143) 
fjr 658.2 0 4 

V = 17^335 = 375 percent 

Even now one does not know whether a standard deviation which 
is 3.75 per cent of the mean shows a large or a small scatter. 
One can judge this only by comparing it with other scatters. 
In order that the student may get some idea of the usual sizes 
of the coefficient of variation, a table is presented on page 153 
which shows these measures for a large number of types of data. 1 

In commenting on these figures Warren and Pearson say: 
*‘In the biological field, coefficients of variability above 30 are 
not common. In the economic field, such a low variability is 
very uncommon.” 2 The student will note that Pearl's figure 
for the variability of stature (V = 3.60 per cent) is approxi¬ 
mately the same as the figure we found for the variability of 
heights of Harvard students (3.75 per cent). 

Coefficients of relative (rather than absolute) variability are 
used when: 

\ 1. The series to be compared are stated in different and noncomparable 

\ units. For example, if the standard deviation of heights is 6.6 cm. and the 
standard deviation of weights is 11.9 kg., which represents the greater 
variability? We cannot compare centimeters and kilograms. But we 
can say that the coefficient of variation in height is 3.75 per cent and in 
weight is 18.1 per cent. 3 This comparison would show considerably more 
variability in weight than in height, at least in this group of students. 

2. The series, although stated in the same units, differ so in their average 
magnitudes that we should ordinarily expect much more absolute variation 
in the one than in the other. We have pointed out that one should expect 
more variation in the lengths of railroads than in the lengths of nosos, even 
though both are measured in the same units (feet). 

6.12. Suggestions for Further Reading. —A good mathematical treatment 
of the problems involved in dispersion is found in John F. Kenney, “ Mathe¬ 
matics of Statistics,” Chap. V, D. Van Nostrand Company, Inc., New York, 
1939. George R. Davies and Walter F. Crowder, in their “ Methods of 

1 Raymond Peard, “ Medical Biometry and Statistics,” pp. 347^., 
W. B. Saunders Company, Philadelphia, 1930. 

* Warren and Pearson, in Farm Economics , No. 34, p. 456, Cornell 
University, Ithaca, N.Y. 

8 Castle, from whom the figures are quoted, gives these figures for mean 
weight and <r of weights, but gives V « 11.9 per cent. This is an obvious 
error. See Castle, “Genetics and Eugenics,” pp. 61 and 65, Harvard 
University Press, Cambridge, 1916. 
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I. Coefficients of Variation in Man 1 

Per Cent 

Visual acuity. 39.12 

Weight of healthy spleen... 38.21 

Keenness of sight. 28.68 

Strength of grip, right hand. 25.93 

Body weights (Bavarian). 21.32 

Intelligence quotient. 18.01 

Respiration rate. 17.80 

Weight of healthy heart. 17.71 

Breathing capacity. 16.6 

Auditory acuity. 15.84 

Pulse rate per minute. 14.89 

Body weights (American). 13.16 

Mouth breadth (American). 8.69 

Chest circumference. 8.45 

Length of forearm. 5.24 

Length of foot (English). 4.59 

Stature (American). 3.60 

Oral temperature. 0.49 

II. Coefficients of Variation on 680 Illinois Dairy Farms, 1912 2 

Per Cent < 

Profits. 456.4 

Labor income. 190.7 

Number of men hired by the year. 104.4 

Value of machinery per farm... 79.0 

Yield of timothy hay. 48.7 

Number in family over 16 years of age. 46.0 

Size of farm. 4?. 5 

» Yield of *corn per acre. 38.3 

Number of horses per farm. 35.0 

Crop acres per man. 34.7 

Yield of oats per acre. 34.0 

1?axes per dollar of capital. 27.9 

Age of farm operator. 25.2 

Value of land per acre... 25.1 

Per cent of milk produced in the winter months. 17.2 

1 These figures are selected from a large group of such coefficients com¬ 
piled by Raymond Pearl and published in his “Medical Biometry and 
Statistics,” pp. 347^., W. B. Saunders Company, Philadelphia, 1930. For 
details and further examples see this book. 

2 These figures, based on a study of farms in Illinois, are published by 
Warren and Pearson in Farm Economics , No. 34, p. 456, Cornell University, 
Ithaca,* New York^. Many other coefficients arc given there. 
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Statistical Analysis in the Social Sciences,” John Wiley & Sons, Inc., New 
York, 1933, discuss variations in the computation of the standard deviation 
which are skewed in logarithmic form. Truman L. Kelley, in his “ Statistical 
Method,” The Macmillan Company, New York, 1924, described certain 
theoretical advantages in using the range between the 10th and the 90th 
percentiles as a measure of dispersion. For a discussion of the analysis of 
variance, the student is referred to George W. Snedecor, “The Analysis of 
Variance” and “Statistical Methods,” Collegiate Press, Ames, Iowa, 1934 
and 1937; R. A. Fisher, “Statistical Methods for Research Workers, Oliver 
& Boyd, Edinburgh, 1938; or D. D. Paterson, “Statistical Technique in 
Agricultural Research,” McGraw-Hill Book Company, Inc., New York, 1939. 

EXERCISES 

1. Compute the standard deviation and the coefficient of variation of the 
wages given in Table 5.9, page 124. 

2. Measurements of 1017 freshmen women at Hollins College from 1920 
to 1927 show that the mean height was 63.86 in. and the standard deviation 
of heights was 2.09 in. The mean weight of these same students was 
115.65 lb., with a standard deviation of 15.78 lb. Compute the two coeffi¬ 
cients of variation. Were these students more variable in height or in 
weight? Were they more or less variable in height than the Harvard 
students? 1 

3. A group of 100 selected Smith students averaged 163.8 cm. in height, 
with a coefficient of variation of 3.3 per cent. 2 What was the standard 
deviation in their heights? 

4. A study of 129 mothers showed that the average age of the mother 
at the time her first child was born was 23.9 years. The standard deviation 
in ages was 5.39 years. 3 What was the coefficient of variation? Was 
there more or less variation in mothers' ages at the birth of first-born than 
in heights of Harvard students? 

5. The average number of offspring in 55 completed families was 3.55, 
The standard deviation was 1.79. What was the coefficient of variation? 4 

6. A study of 22,498 divorces which took place in Wisconsin from 1887 
to 1906 shows that the average duration of the marriage which preceded 
the divorce was 10.37 years. The standard deviation was 8.39 yeai*&. The 
corresponding figures for the 2,651 divorces of 1929 were X = 9.83 years 
and <r » 8.26 years. Had there been an increase or a decrease in the 
variability of marriage duration? 6 

1 Data from Palmer, Physical Measurement of Hollins Freshmen, 
Journal of The American Statistical Association, Vol. 24, No. 165, March, 
1929, pp. 42-45. 

* Palmer, op. cit. y p. 42. 

* Conrad and Jones, Field Study of Differential Birth Rate, Journal of 
the American Stalistical Association , Vol. 27, No. 178, June, 1932, p. 158. 

‘Ibid. 

6 Young and Dedrick, Variation of Duration of Marriages Which End 
in Divorce, Journal of the American Statistical Association , VoL 27, No. 178, 
June, 1932, p. 161. 
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7. A group of men were tested with respect to the strength of grip in their 
right hands. The average was 48.9 kg., and the standard deviation was 
1.94 kg. 1 Compute the coefficient of variability. 

8 . Apply the Charlier check to your computation of the standard devia¬ 
tion in Exercise 1. 

9. The 85 girls who entered Hollins college in 1920 had an average height 
of 63.24 in. with a standard deviation of 2.35 in. The 125 girls who entered 
in 1921 had an average height of 63.74 in. with a standard deviation of 
1.77 in. 2 What was the standard deviation in the entire group of 210 girls 
for the two years combined? 

1 Benedict et aZ., Human Vitality and Efficiency under Prolonged 
Restricted Diet, Carnegie Institution Publication 280, p. 583. 

* 2 Palmer, loc. cit. 



CHAPTER VII 

SIMPLE PROBABILITY AND THE NORMAL CURVE 


7 . 1 . Probability.—Suppose that you have a bag in which there 
are 25 white balls and 75 black balls. Suppose that the balls 
are well mixed, and you draw one ball at random from the bag., 
What is the probability that the ball selected will be white? 
There are evidently 25 chances that you will be successful and 
75 chances that you will fail, or 100 chances in all. If we let 
s represent the number of ways in which you can succeed and 
/ the number of ways in which you can fail, and if these yrays 
are equally likely, then we say that the probability of success is 

s — £ 

, s+f~n 

and the probability of failure is 

s+f n 


In oilr illustration the probability of success would be 


s 25 
n 100 


0.25 


and the probability of failure would be f/n — 7 ^oo = 0.75. 
In other words the probability of the occurrence of ai\ event 
is the relative number of times which we would expect it to occur 
in an infinitely large number of trials. 

The probability of success is usually symbolized by the letter p, 
and the probability of failure by the letter q. It should be 
obvious that 


V + Q 


_ s 
*+/ 

= 8 ±1 

.8 + / 


+ 


/ 

8 +/ 
1 



r 

In other words, the probability that &n event will either happen 
or fail to happen is represented by the figure 1, which therefore 
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stands for absolute certainty. Impossibility would be repre¬ 
sented by the figure 0. Chances between absolute certainty and 
impossibility would be represented by some decimal between 
0 and 1. It is also evident that if we know either p or q the value 
of the other can be calculated at once from the relationship 
V + Q = 1 . 

We have illustrated the probability concept with a case 
4the drawing of balls from a bag) in which one can reason out 
the probable results without experiment. To be sure, the 
reasoning depends on the past experience of the reasoner, and 
*to this* extent it would be incorrect to say that the result is 
based on reason rather than on experience. But it is true that 
one can come to some conclusions with regard to probabilities in 
such cases without carrying out experiments for the specific pur¬ 
pose of measuring the probability. In such cases, where we state 
the probability as a product of our reasoning, we call the result ^ 
the a priori 'probability . 

In statistical work we have little contact with problems 
involving a priori probability except in those cases where we are* 
• deriving and illustrating theory. Most actual statistical prob¬ 
lems are so complicated that no one can reason out the expected 
results. For example, what is the probability that a child under 
one year of age who has whooping cough will recover? No 
amount of reasoning will tell us the answer. There are too many 
variables involved, and their relationships are too obscure. 
In such cases*we fall back on the experience which we have had 
with the problem. The Minnesota State Department of Health 
stated that 50.5 per cent of children under one year of age recover 
from wlhooping cough and 49.5 per cent die. 1 Thus we can say 
that the probability of recovery is 50.5 cases out of 100, or 
50.5/100, or 0.505. The probability is usually stated in the 
latter form. The likelihood of failure to recover (death) would 
similarly be 0.495. These facts would be stated thus: 

/ p = 0.505 

q = 0.495 

Probability of this kind, which is on rfifiifrdfl of 

perlo rmance rather t h&ft Qfl pure"1reas^ k^.J^ statistical* 

1 Quoted in* Faegre and Anderson, “Child Care and Training,” p. 48, 
University'bf Minnesota Press, Minneapolis, 1930. 
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j probability or empirica l^ •probability. _One cannot rely on such 

probability except on the assumption that the past performances 
which form the basis of calculations were typical, and similar 
to what can be expected in the future. Thus one would have 
to be sure, before one used this figure for the probability of 
recovery from whooping cough, that the figures of past per¬ 
formance on which the estimate of probability is based were 
records of typical cases. If these figures were taken during 
exceptionally severe or unusually light epidemic, or if the 
children were subjected to some particular type of medical care, 
or if in any way the cases differed from other cases to which we’ 
might wish to apply the probabilities, then these statistical 
probability figures might lead us astray. 

7.2. Mean and Standard Deviation of Probability Data.—If, 
on the other hand, we can assume that the basic data from 
which we compute statistical probability are typical, 'then 
probability figures will be very useful in the solving of statistical 
problems. Suppose that an epidemic of whooping cough breaks 
' out in our community, and suppose that we can take the statisti¬ 
cal probability worked out from the Minnesota cases (p = 0.505) ' 
as being applicable to local conditions. There are, let us say, 
55 children in the community who are afflicted and who are 
under one year of age. How many will recover? We cannot 
tell with certainty, of course; sometimes more will recover and 
sometimes less. But on the average we should expect that 
0.505(55) will recover; that is, the average number of recoveries 
will be np = 0.505(55) = 27.775. In the average occurrence 
of 55 cases, therefore, we should expect 28 children to recover 
and 27 to die. 

We have, then, a very simple way of fin(j|hg the average 
occi&fepnce when the probability is known. If 10 cards are 
drav?$ at random from a well-shuffled pack of 52 cards, how many 
blaclc cards will be among them? Sometimes we shall find more 
and sometimes less. Table 4.1, page 68, shows that when the 
experiment was actually tried 102 times, the number of black 
cards varied from 1 to 10. But what should one expect on the 
average in such cases? The total number of cards in the pack is 
52. Of these the 13 spades and the 13 clubs, making a fatal of 
26 cards, are black. Thus the probability "(a priori) t of drawing 
a black card is = 0.5. We are to draw 10 cf rds, thw, 

is 10. On the average we should expect to /.raw ' ( 
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np = (10) (0.5) = 5 black cards 

A glance at the table on page 68 will show that in these trials 
the average was very close to 5 black cards out of 10. 

But to be told that we should expect 27 children with whooping 
cough to die and 28 to recover, on the average, under the cir¬ 
cumstances previously mentioned, is not enough. We have 
just seen that one can expect to draw 5 black cards out of 10 
o& the average , but the table also shows that on one of the drawings 
10 black cards were drawn. Is it not well within the realm of 
chance, then, that all the children will recover from whooping 
cough, or that they will all die? We see that, on the average, 
the recoveries and deaths will almost balance, but what are the 
chances of departure from this average? 

This is the same question that was raised in the preceding 
chapter on Dispersion. We saw there (page 126) that we do 
not lfy any means obtain a complete description of a frequency 
distribution from the mean. We need to know also something 
about the dispersion. In the case of deaths from whooping 
cough we want to know not only the average number that may 
•be expected to live, but the dispersion of the numbers that will 
live. We have seen that, for a sample of size n, the average 
number of successes will be np. It can be demonstrated that 
the standard deviation of the number of successes will be \Znpq. 1 
Thus if we take our most recent example, in which 55 babies 
were afflicted with whooping cough, we have already seen that 
on the average 28 of them (27.775) would recover. It is now 
apparent that the standard deviation of recoveries will be 
Vnpq = V(55) (0.505) (0.495) = Vl3?75 = 3.7. We can there¬ 
fore say that in about two-thirds of such cases the number of 
recoveries will not differ from the average by more than 3.7, 
and that practically never will the number of recoveries differ 
from the average by over 3(3.7), or 11.1. This means, then, 
that, in two-thirds of the cases when 55 babies have whooping 
cough, between 27.775 + 3.7 and 27.775 — 3.7 will recover. 
Carrying through the computations, we discover that the number 
of recoveries will run between 24.1 and 31.4 in two-thirds of the 
cases. The chances are two to one that the number of recoveries 
will be between 24 and 31. # And we have also discovered that 

l For proof # see Richardson, “Introduction to Statistical Analysis,” 
pp ; 228-229, Harcgurt, Brace and Company, New York, 1934. 
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one almost never finds a value over 3cr from the mean. Here 
3 <r = 3(3.7) = 11.1. We should almost never get more recoveries 
than 27.775 + 11.1, and almost never fewer than 27.775 — 11.1 
recoveries. Practically, then, the greatest number of recoveries 
that can reasonably be expected (if these cases are like those on 
which the statistical probabilities were computed) is 38.9, and 
the smallest number that can reasonably be expected is 16.7. 
We now know a great deal more about the likelihood of recoveries 
than was known when we knew merely that the average outconfe 
would be 28 recoveries and 27 deaths. We shall qo me back to 
this problem again at a later point in this chapter. 

7.3. Elementary Theorems.—Up to this point we have been 
talking about the likelihood that one single thing will happen or 
fail to happen. What are the chances when two or more things 
are combined? Here we have two or three simple theorems 
which are demonstrated in every book on elementary algebra. 
They are merely listed and illustrated here; the student whose 
memory of them is hazy can refresh his mind from any good 
algebra. 

1. Events are said to be independent if the occurrence of one 
of them does not affect the occurrence of others. They are 
said to be dependent if the occurrence of the others is affected 
by the occurrence of the one. They are said to be mutually 
exclusive when, if one of them happens on a particular occasion, 
the other cannot happen. 

2. The probability that two or more independent events will 
all happen on a given occasion is the product of their separate 
probabilities. Thus, if we toss two pennies the chance that 
either will come up heads is M- The probability that both will 
come up heads is M X M = M- 

3. The probability that one or another of several mutually 
exclusive events will happen on a given occasion is the sum of 
their separate probabilities. Thus the probability of drawing 
an ace from a shuffled deck of cards on a single draw is %% = M3- 
The chance of drawing a king is likewise M3; and this is also 
the probability of drawing a queen. What are the chances of 
drawing an ace or a king or a queen on a single draw? The 
probability is the sum of the separate pliabilities: 


Hs + MK s - M* 
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If p is the chance of success on any trial, and we make n trials, 
the probability that the event will occur exactly r times (and fail 
n — r times) is 


n! 

r\(n — r)! 


prqn~ r 


If we draw a card from a shuffled pack, reinsert it, shuffle, draw a 
second card, and repeat the process until we have drawn 4 cards in 
this manner, what is the probability that we shall get exactly 
2 black cards in the 4 draws? Substituting in the formula, we 



Three times out of 8 (on the average) we should get exactly 2 
black cards in 4 draws. 

7.4. Expansion of the Point Binomial.—Suppose we toss a 
single coin. There are two possible ways for it to fall (excluding 
the possibility that it will fall on its edge), and these we can 
symbolize by H for heads and T for tails. The possible results* 
* are, then 

1 H IT 


If we throw two coins, they both can fall heads (this we can repre¬ 
sent by HH ); or the first can fall heads and the second tails ( HT ); 
or the first can fall tails and the second heads ( TH ); or both can 
fall tails (TT\. Unless we had the coins numbered or otherwise 
distinguished, the second and third of these possible occurrences 
would appear to be identical; that is, we would have two ways in 
each of which we could get one tail and one head. We could 
summarize our possible results thus: 

nil IIT TT 
TH 


Or, to put them in another form, we could write 
1 IIH + 2 HT + ITT 


If we throw three coins, the possible results are (using similar 
symbols) 

HHH HHT HTT TTT 
'HIM THT 
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In the other form this would become (if H 2 T means 2 heads and 
1 tail) 1 H z + 3 H 2 T + 3 HT 2 + T z . With four coins the possi¬ 
bilities are 

HHHH HHHT 1IHTT HTTT TTTT 
HHTH HTTH THTT 
HTHH TTHH TTHT 
THHH THHT TTTH 
HTBT 
THTH 

i 

That is, the results are j 

iff* + 4 ff»r + 6ff 2 r 2 + 4 ff i 78 + T* 

Finally, if we try the experiment with five coins we discover these 
possibilities: 

HHHHH HHHHT HHHTT HHTTT HTTTT TTTTT 

HHHTH HHTTH HTHTT THTTT * 

HIITHII HTTHH HTTHT TTIITT 

HTHHH TTHHH HTTTH TTTHT 

THIIHH HIITHT THHTT TTTTH 

HTHTII THTIIT 
THTHH THTTll 
THHHT TTHHT 
THHTH TTHTll 
HTHHT TTTHH 

This becomes ff 6 + 5H*T + 10# 8 r 2 + 10H 2 T* + 5 HT* + IT*. 

The observing reader will note that the summary formulas 
which we are obtaining are the same results that would be 
obtained by raising the binomial (// + T) to higher and higher 
powers. Thus: 

(H + T) - H + T 
(H 4- T) 2 = H 2 + 2 HT + T 2 
C H + T) 2 - H* + 3 H 2 T + ZHT 2 + T* 

1H + T) 4 - II* 4- 4 H*T + m 2 T 2 4- 4 HT* 4- T 4 
etc. 

Thus by expanding the binomial we can get the same results at 
once that we would get from long experiment. 

Elementary books on algebra give rules for the expansion of the 
binomial to higher powers. 1 By following these rules one obtains 

1 See, for example, Fits, “College Algetfra,” p. 150, D. C. Heath and 
Company, Boston, 1913; Rietz and*CaATHORNE, “College Algebra,” p. 93, 
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the proper coefficients and exponents for any power of the 
binomial. 

Perhaps the simplest of these rules is the following: 

To find the terms of the expansion of (q + p) n • 

a. The first term is q n . 

b. The second term is nq u ~ x p. 

c. In each succeeding term the power of q is reduced by 1 and the power 
of p is increased by 1. 

d. The coefficient of any term is found by multiplying the coefficient of j 
the “preceding term by the power of q in that preceding term, and dividing i 
the product so obtained by one more than the power of p in that preceding 

% term. % 

Example: 

(q + p )« = g 6 + 6 q b p + 15 q*p 2 + 20 q z p 3 + 15 q 2 p A -f 6 qp 6 -f P® 

We notice that, in accordance with rule a, the first term is q n or g # . We 
notice that, in accordance with rule b, the second term is ng n_1 p or 6 q h p. 
The third term finds the power of q reduced by 1 and the power of p increased 
by 1 to give and the coefficient is found in accordance with rule d; 
namely, we muftiply the coefficient of the preceding term (6) by its power 
of q (5) and divide*by one more than the power of p(l + 1 * 2) to get * 
, 6(5) /2 - 15. 

We can also get these results quickly from PascaPs arithmetical 
triangle, part of which is given in Table 7.1. It will be noted 


Table 7.1.— Coefficients of the Binomial Expansion 



Henry Holt and Company, New York, 1919; Wilczynski and Slaught, 
p. 142, '"College Algebra,” Ailyn & Bacon, Boston, 1916; Griffin, intro¬ 
duction to Mathematical Analysis,” p. 431, Houghton Mifflin Company, 
Boston, f921. # _ 
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that the figures in this table proceed in accordance with a definite 
rule. The first column consists of nothing but l's. The second 
column is the arithmetical progression 1, 2, 3, 4, ... , and starts 
at the second row. Each number in the table is the sum of the 
number above it and the number to the left of that number. In 
other words, we add to a given number the number at its left 
and put the sum below the given number in the triangle. In the 
next-to-last row of the table, for example, appears the number 20. 
It is found by adding the number above it (10) and the number 
to the left of that number (10). Note that the rows in this 
triangle give the coefficients of the coin-tossing experiment. 
There is always one more term in the expanded binomial than 
the number of coins tossed (or the number of equally likely 
independent events). With two coins there are three possible 
occurrences: two heads, one head, or no heads. Hence we look 
for the row in the table with one more term than the number 
of coins. We note that the expansion with three terms has the 
coefficients 1, 2, and 1. Thus we know that the relative number 
of occurrences of the possible outcomes of tossing two coins are: 
two heads once, one head twice, and no heads once. To be sure, 
these results would be experienced only in the long run . 

It will be noted that as we add more and more terms to the 
binomial expansion [that is, as we raise (H + T) to higher and 
higher powers], we continue to have values which are small 
toward the extremes, get larger and larger as we approach the 
center, and exhibit absolute symmetry. If we raisg the binomial 
to the 14th power, giving 15 terms, they are 1, 14, 91, 364, 1001, 
2002, 3003, 3432, 3003, 2002, 1001, 364, 91, 14, and 1. If we 
plot these on a frequency graph, we get the chart shown in 
Fig. 7.1. It will be noted that the chart exhibits absolute 
symmetry and regularity, and that there is a peak of high fre¬ 
quencies at the center from which the frequencies fall away 
toward the ends. The slope of the curve is at first gentle as we 
leave the peak, gets steeper and steeper for a time, and then 
slowly tends to level out. It never becomes qtdte level, but as 
it approaches the base line it becomes more and more nearly so. 

7.6. The Normal Curve.-^-If the binomial were raised to an 
infini|ply high power, the number of coefficients would become 
large, and the short straight lines of Fig. 7.1 would 
merge fixto a continuous, smooth £ urve. This curve, vdiich is 
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the limit approached as the binomial is raised to higher and 
higher powers, is called the normal curve of error , or more usually 
merely the normal curve . It is likewise variously called the 
Gaussian curve, the Laplacian curve, the probability curve, and 
the normal distribution curve. The general expansion of 



Fig. 7.1.—Coefficients of (a -+• 6) 14 , giving the numbers of times that various 
numbers of heads would be expected to appear in 16,384 throws of 14 coins. 

(V + <?) n called the point binomial , and in the special case 
where p = q = 3^ and n is infinitely large we get the normal 
curve. In other words, the normal curve is a special case of 
the point binomial which we have when an infinitely large number 
of forces are operating, each of which is equally likely to happen 
or to fail. 

It has been found in practice that the point binomial describes 
tolerably well iiiany natural occurrences. It has been found 
especially that many phenomena of biology, economics, psy- 
cholpgy* education, etc., even though not exactly normal in 
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distribution, can be described roughly by the normal curve or 
some other point-binomial curve. To be sure, one seldom meets 
an actual distribution that is exactly symmetrical or is exactly 
normal in any other way—but likewise one seldom sees a trend 
that is perfectly described by a straight line or by a second-degree 
, parabola. -'The normal curve is found in practice to be a con¬ 
venient method of smoothing out chance irregularities which 
occur in a frequency distribution, without departing in too 
great a degree from the underlying characteristics of the original 
data.y 

We have already noted the fact that many frequency distribu¬ 
tions tend to have small numbers of cases near the extremes and 
many cases toward the center (see page 39). The heights of 
Harvard students, with which we have now become so familiar, 
were so distributed. It is common for such data as physical 
measurements to be so arranged. In fact, this type of distribu¬ 
tion is so common that some people have come to look on it as 
normal and call it the “normal distribution.” It should be 
r emphasized that in most statistical problems there is no a priori 
reason for expecting normality of distribution—no reason for 
believing in advance that the data will be distributed as are the 
coefficients of the expansion {}/% + /4) n - But so many groups of 
data are distributed in this manner that the characteristics of 
such a distribution become especially important. It becomes 
worth our while to study this “normal distribution” so that we 
shall know what it is like. Then, in those many cases where the 
binomial expansion does approximately describe the data, wo 
shall know better how to handle the problem. In more advanced 
statistical work, other forms of the point binomial become impor¬ 
tant (cases where p 5 * q), but we shall confine ourselves in this 
chapter to a discussion of the most important case, that where 
p = <7 = which we call the normal curve. 

First let us describe the normal curve. It is pictured in Fig. 
7.2. It should be noted that it is entirely symmetrical bilat¬ 
erally. There is a high point exactly at the center, and the 
heights (frequencies) grow less and less toward the extremes. 
The slope grows steeper and steeper for a time as we progress 
toward the ends, and then the slope becomes less and less. We 
say technically that there is a “point of inflection ,, qn each side 
of the curve—that is, a point where the slope ceases to become 
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steeper and begins to become more gradual. Students of the 
calculus will recognize this peculiarity better if we say that 
there is a change in the sign of the second derivative of the curve 
at these points. If we let the height of the curve be represented 
by y , and distances along the horizontal axis measured from the 



Fig. 7.2.—Tho normal curve. The extremities are not shown, since the curve 
• continues in either direction indefinitely. 


mean of the X’s be represented by x (that is, x is a deviation from 
the mean), the mathematical equation of the curve is 


V = 


N 

<r \/27r 


g—x 2 /2 a* 


In this equation <r represents the standard deviation of the X’s, 
w is the ratio of the circumference of a circle to its diameter, and 
e is the basis of the Napierian system of logarithms and is equal to 
approximately 2,71828. This curve is asymptotic at the base; 
that is, it approacCescioser and closer to the base line, but never 
quite reaches it. The horizontal distance from the center of the 
curve (which represents the, mean, the median, and the mode) 
to either poipt of inflection is equal to one standard deviation. 
If we drop froimthe points of inflection lines perpendicular to the 
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base, these two lines, the base line, and the curve will enclose 
68.27 per cent of the entire area under the curve. Perpendiculars 
erected at twice this distance from the mean (that is, a distance 
of 2a) will, together with the base and the curve, enclose 95.5 per 
cent of the area under the curve. If the perpendiculars are moved 
to points which are 3 a each side of the mean, the area referred to 
will be 99.7 per cent of the total area 'xader the curve. It is on 
the basis of these facts that the statements on page 146, relative 
to the interpretation of the standard deviation, were made. 

7.6. Areas under the Normal Curve.—It is possible to compute 
the percentage of the total area under the curve which will be cut 


Table 7.2.—Relative Areas under the Normal Curve between the 
Mean and Various Numbers of Standard Deviations 


Tenths of 
a cr 

Whole Standard Deviations 

0 

1 

2 

3 

0 

0.0000 

0.3414 

0.4773 

0.4986 

i. 

0.0398 

0.3643 

0.4821 

0.4990 

2 

0.0793 

0.3849 

0.4861 

0.4993 

3 

0.1179 

0.4032 

0.4893 

0.4995 

4 

0.1554 

0.4192 

0.4918 

0.4997 

5 

0.1915 

0.4332 

0.4938 

0.4998 

6 

0.2258 

0.4452 

0.4953 

0.4998 

7 

0.2580 

0.4554 

0.4965 

0.4999 

8 

0.2881 

0.4641* 

0.4974 

0.4999 

9 

0.3159 

0.4713 

0.4981 

0.5000 


off by perpendiculars erected at any number of standard devia¬ 
tions from the mean. The number of cases, the mean, and the 
standard deviation give a complete description of any curve 
which is really normal, and if we know these three values we can 
reconstruct the entire curve. This has made it possible to con¬ 
struct tables showing the percentage of the total area which falls 
within given numbers of standard deviations from the mean. 
Table 7.2 is a short example of this kind. A somewhat longer one 
appears in Appendix I (see page 509). 

To find the portion of the area under the curve which lies 
between the mean and any other ppint we proceed as follows: 
Suppose we desire to find the portion of the area between the 
mean and a point which is removed from the m^p by 1.7 stand- 
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ard deviations. We look for the column headed “1 standard 
deviation,” and we look in the row opposite the entry 7 in the 
left-hand column (which lists tenths of standard deviations). 
We find the entry 0.4554. This means that 45.54 per cent of the 
total area of the curve lies between the mean and a point either 
1.7cr above the mean or 1.7<t below the mean. Hence 2(45.54) 
or 91.18 per cent of the area will be within 1.7<r of the mean. 



Fio. 7.3.—The normal curve with perpendiculars erected at points 1.7 standard 
deviations each side of the arithmetic mean. The shaded area, enclosed by the 
basic line, the perpendiculars, and the curve, is 91 per cent of the total area 
under the curve. 

Ji 

Since the area of the curve represents the total number of cases 
in the distribution, we can say that if the values are normally 
distributed 91 per cent of them will lie within 1.7<r of the mean 
(see Fig. 7.3). 

This table is of great help in the interpretation of statistical 
conclusions. I We shall, therefore, use it to aid in interpreting 
two more examples. 

We discovered (page 87) that the mean height of Harvard 
students is 175.335 cm. The standard deviation of their heights 
is 6.6 cm. (page 141). How likely is it that a student chosen at 
random will exceed 185 cm. in height? We attack this problem 
thus: Thte question is, what is the probability that a value will 
exceed the mean by 9.665 cm.? That is, how likely is it that a 
value will be as ipuch as 9.665/6.6 = 1.46<r above the mean? If 
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the heights are normally distributed, 50 per cent of them will fall 
short of the mean. And our table tells us that between the mean 
and a point 1.5<r from the mean will be another 43.32 per cent of 
the cases. (We could get somewhat more accurate figures from 
the table in Appendix I, which shows that 42.8 per cent of the area 
falls between the mean and a point 1.46<r from the mean. We 
shall use the shorter table here, however, and round off our devia¬ 
tion from 1.46<r to 1.5<r.) Thus if we include all the area from a 
point 1.5 <r above the mean on down, we include 50 + 43.32 = 93.32 
per cent of the cases. We can say, then, that in only 7 per cent of 
the cases will a student chosen at random exceed a height of 
185 cm. 

Let us go back to the whooping-cough problem which we met 
early in this chapter (page 157). We discovered that, when 55 
babies less than a year old are afflicted, on the average 27 deaths 
and 28 recoveries will result. We also discovered that the stand¬ 
ard deviation in the number of recoveries is 3.7. How likely is it 
that as few as 22 babies will recover? 

Our procedure is just as before. We shall outline it here. 

1. What is the mean? (28 recoveries) 

2. What is the standard deviation? (3.7) 

3. What is the point about which we want information? (22 recoveries) 

4. How far is it from the mean? (28 — 22 » 6) 

5. How many standard deviations is it from the mean? (6/3.7 » 1.62) 

6. What per cent of the cases lie between this point and the mean? 
(44.52 per cent) 1 

7. What per cent of the cases lie the other side of the mean? (Always 
50 per cent) 

8. This makes a total of what per cent of the cases? (50 + 44.5 *■ 04.5 

per cent) * 

9. How likely is the occurrence mentioned? It will happen in 5.5 per 
cent of the cases and fail in 94.5 per cent of the cases; that is, in 55 cases 
out of 1000 we should find fewer than 22 recoveries. In 945 cases out of 
1000 we should find more recoveries. (This answer can be found directly 
from Appendix IV, page 512.) 

It is now seen that the standard deviation is an extremely 
valuable measure in conjunction with a frequency distribution 
if the distribution is normal or approximately so. 2 - Under such 

1 Taken from the table on p. 168 and as 1.6* from the mean. Actually 
there are 44.7 per cent of the cases between the mean and 1.62* (see Appendix 
I, p. 509). 

9 The figures here given are for perfectly normal distributions, but Salyosa 
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circumstances we can tell what percentage of the total cases will 
fall within given numbers of standard deviations from the mean. 
It must be remembered that deviations are always measured “in 
units of the standard deviation. 

This fact—that all normal curves can be described in such 
terms—makes it possible to compare some measures which could 
not otherwise be compared. We give but one example, but 
others will quickly suggest themselves. Suppose that John 
scofes 127 on a test on which the average score is 112 and the 
standard deviation of scores is 15. Robert scores 98 on a test 
\>n which the average score is 90 and the standard deviation is 3. 
Who makes the better score? 

It is immediately obvious that we cannot say that John makes 
the better score, merely because his score was higher. He took 
the easier test, as is shown by the fact that the average score was 
higher. We note next that John is 15 points above the average 
for his test, while Robert is but 8 points above the average for the 
test that he took. But again we cannot say that this proves that 
John is better, befcause there was a great deal more variation on ' 
John’s test than on Robert’s: the standard deviation is much 
higher. •'We must find out how far each deviates from the mean 
in standard units , that is, in units of the standard deviation. If 
we do this we find that John is 1 %5<r = 1 <r above the mean on his 
test, and Robert is % = 2.67<r above average on his test. This 
shows considerably better performance on Robert’s part than on 
John’s. If the* distributions of marks are normal, John’s mark is 
exceeded by 16 per cent of those who took his test and Robert’s 
score is exceeded by but 0.35 per cent of those who took his test. 
The student should verify these figures for himself, using Table 7.2 
or Appendix I. 

If we wish to find the distance which, when laid off above and 
below the mean, will include half the area under the curve, we 
look in the table on page 168 or in the table in Appendix I, page 
509. We hunt for the point which, when laid off on one side of 
the mean, will include 25 per cent of the cases (because, since the 
curve is symmetrical, this distance both sides of the mean will 

has published tables similar tp these showing areas under the ordinates of 
curves of varying degrees of asymmetry. See Luis R. Salvosa, Tables of 
Pearson's .Type III Function, Annals of Mathematical Statistics , Vol. 1, 
May, 1930, pp.* 19yf. 
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include 2 X 25 per cent = 50 per cent of the cases). We dis¬ 
cover that we need to go between 0.67<r and 0.68a to reach this 
point. As a matter of fact, it is necessary to go 0.6745<r from the 
mean in each direction in order to enclose half of the area. But 
it is to be remembered that the semi-interquartile range, when 
laid off on each side of the mean in a symmetrical distribution, 
includes half the area. 1 We thus see that Q = 0.6745 a, as we 



-3 <r -i<r -or o +<r +2<r +3<r 


Fig. 7.4. —Perpendiculars erected under the normal curve at distances of 0.6745 
standard deviation on each side of the mean. The area enclosed by the base 
line, the perpendiculars, and the curve is one-half of the total area under the 
curve. 

discovered on page 146. It can also be shown that, when the 
distribution is normal, AD = 0.7979< 7 , as stated on page 146 also. 
One should remember, then, that a distance equal tb about 
two-thirds of the standard deviation laid off on each side of the 
mean will include half the cases in a normal distribution (see 
Fig. 7.4). 

These various relationships hold true strictly only when the 
distribution is exactly normal. It is seldom that empirical data 
show absolute normality, just as it would be unusqa! for a man 
throwing five pennies 32 times to get exactly one Oa$&%here no 
heads turned up, 5 cases in which one head turned u^^^llpases of 
two heads, 10 cases of three heads, 5 .cases of four hews,*and one 
case when all the pennies turned up heads. With aq infinite 

1 See pp. 128 and 129. r ^ 
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number of throws of five pennies, one should expect these propor¬ 
tions, 1 but in any finite number there might be some deviation 
from it. Thus also, even though we might get an exactly normal 
distribution of heights if we had an infinitely large number of 
cases, when We take a finite number such as 1000 cases we must 
expect some deviation from normality. Hence one can never 
interpret the standard deviation exactly as if the data were 
normal. We get approximations only, and the closeness of the 
approximation depends on the closeness with which the normal 
curve describes the data. When, however, the data are approxi¬ 
mately* normal, we can interpret the standard deviation with a 
fair degree of exactitude. 

7.7. Preliminary Tests for Normality.—How can we discover 
whether or not a curve is approximately normal? There are 
many methods. Wc can group the data in a frequency table and 
see whether or not there tend to be large frequencies in the central 
classes and small frequencies in the end classes. We can plot 
the data in a frequency curve and see whether it looks roughly 
like the normal curve shown in Fig. 7.2, page 167. We can see * 
if the description of the normal curve given on page 164 seems to 
fit the data. We can investigate to learn if about 68 per cent 
of the cases are included within la. We can see if Q is approxi¬ 
mately two-thirds of a. Or perhaps even better, we can plot 
the ogive of the data on a special sort of graph paper called 
“probability paper” to see if it “straightens out.” We noticed 
in Sec. 3.14 that the graph of an ogive assumes a typical S-shape 
when the data are normally distributed. This characteristic 
S-shape appears in Fig. 5.2, page 96. Yet the S-shape indicates 
only that the original frequency distribution was mound-shaped, 
and not necessarily that it was normally distributed. If we 
convert the data of our ogive into percentage form, and plot 
them on probability paper, the ogive will turn into a straight 
line if, and only if, the distribution was normal; and if the 
distribution is almost, but not quite, normal, the ogive on 
probability paper will fall almost into a straight line. 

The first step in the use of probability paper is to compute 
the data for a percentage ogive. These computations appear, 
starting* with the data o^tudent heights, in Table 7.3. The 
first two columns are those of Table 5.5, page 93, except that 

1 See p. lf(2* 
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the first column lists the lower class limits rather than the class 
marks. The third column, found by adding the items in the 
second column, shows the number of students who had heights 
greater than those listed in the first column. It will be noticed 
that our figures in this column start off with 1000, the total 
number of students, since all the students had heights greater 
than 154.5 cm. Since, however, there were 4 students with 
heights between 154.5 and 157.5 cm., there were only 996 whose 


Table 7.3.—Data Put in Form for Probability Paper 


Height 
(centimeters) 
(class limit) 

Number of 
Students 

Number with 
Greater 
Heights 

Percentage 
with Greater 
Heights 

154.5 

4 

1000 

100.0 

157.5 

8 

996 

99.3 

160.5 

26 

988 

98.8 

163.5 

53 

962 

96.2 

166.5 

89 

909 

90.9 

169.5 

146 

820 

82.0 

172.5 

188 

674 

67.4 

175.5 

181 

486 

48.6 

178.5 

125 

305 

30.5 

181.5 

92 

180 

18.0 

184.5 

60 

88 

8.8 

187.5 

22 

28 

2.8 

190.5 

4 

6 

0.6 

193.5 

1 

2 

0.1 

196.5 

1 

1 

0.1 

199.5 

0 

0 

0.0 


heights were greater than 157.5 cm. Starting at the bottom of 
this third column, we find that no one had a height greater than 
199.5 cm., the actual upper limit of the tallest class. But there 
was one man whose height lay between 196.5 and 199.5, so we list 
one person taller than 196.5 cm. in the third column. There was 
also one person whose height was between 193.5 and 196.5 cm. 
so we have two people taller than 193.5 cm. Any figure in the 
third column can be found by adding to the number at the left in 
the second column all the numbers farther down in the> second 
column. The fourth column is found by dividing the third 
column by the number of cases and then multiplying 1 by 100. In 
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this case, since the total number of cases is 1000, this can be done 
easily by pointing off one place. 

Now we transfer the data of Table 7.3 to probability paper, as 
in Fig. 7.5. The vertical lines are evenly spaced, but the hori- 



# Height, Centimeters 

Fig. 7.5.—Ogive plotted on probability paper, showing a distribution which is 

nearly normal. 

zontal lines are bunched closely together in the center and spread 
farther apart toward the top and the bottom. When we put the 
data of Table 7.3 on the chart, we find that the points fall almost, 
although not exactly, along a straight line. Thus we know that 
the students' heights were distributed almost, but not exactly, 
in a normal curve. 

Probability paper can be purchased from some dealers in draftsman’s 
supplies, but it is easy to make, and since most stores do not carry it, it may 
be worth while to give here the directions for making it. From the sample 
in Fig. 7 we see that the fir^thing to do is to lay out the required number 
of vertical lines, spacing themVat convenient equal intervals. Next we 
locate the lin$ marked 50 per cent, which is at the center of the vertical 
^ lilies. The otherjines are arranged symmetrically around this center line. 
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Table 7.4.—Basic Data tor Use in Constructing Probability Paper 


Line 

Units from 

Line 

Units from 

Number 

50% line 

Number 

50% Line 

50% 

0 

15.5 or 84.5 

1015 

49 or 51 

25 

15.0 or 85.0 

1036 

48 or 52 

50 

14.5 or 85.5 

1058 

47 or 53 

75 

14.0 or 86.0 

1080 

46 or 54 

100 

13.5 or 86.5 

1103 

45 or 55 

126 

13.0 or 87.0 

1126 

44 or 56 

151 

12.5 or 87.5 

1153 

43 or 57 

176 

12.0 or 88.0 

1175 

42 or 58 

202 

11.5 or 88.5 

1200 

41 or 59 

228 

11.0 or 89.0 

1227 

40 or 60 

253 

10.5 or 89.5 

1254 

39 or 61 

279 

10.0 or 90.0 

1282 « 

38 or 62 

305 

9.5 or 90.5 

1311 

36 or 63 

332 

9.0 or 91.0 

1341 

36 or 64 

358 

8.5 or 91.5 § 

1372 

35 or 65 

385 

8.0 or 92.0 

1405 

34 or 66 

412 

7.5 or 92.5 

1440 

33 or 67 

440 

7.0 or 93.0 

1476 

32 or 68 

468 

6.5 or 93.5 

1514 

31 or 69 

496 

6.0 or 94.0 

1555 

30 or 70 

524 

5.5 or 94.5 

1598 

29 or 71 

553 

5.0 or 95.0 

1645 

28 or 72 

583 

4.5 or 95.5 

1695 

27 or 73 

613 

4.0 or 96.0 

1751 

26 or 74 

643 

3.5 or 96.5 

1812 

t 

25 or 75 

674 

3.0 or 97.0 

1881 

24 or 76 

706 

2.5 or 97.5 

1960 

32 or 77 

739 

2.0 or 98.0 

2054 

22 or 78 

! 772 

1.5 or 98.5 

2170 

21 or 79 

806 

1.0 or 99.0 

2326 

20 or 80 

842 

0.8 or 99.2 

2409 

19 or 81 

878 

0.6 or 99.4 

2512 

18 or 82 

915 

0.4 or 99,6 

2652 

17 or 83 

954 

0-J^or 99.8 
(Cl or 99.9 

2878 

. 16 or 84 

994 

3090 
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mean of the cube s of the deviations yields the third moment 
about the mean ; etc. These moments can be' defined by the 
following formulas if we le^vi/ , epresent the first moment about 
the mean, t >2 the second moment, etc.T ” 


2x 

»i = — 

n 

S 3 2 
n 

S3 8 
n 

S 3 4 , 


t>2 


V* = 


Vi = 

etc. 


n 


The Oth, moment about the mean will, of course, be equal to 
S^nT^But as in the case of each item, regardless of the amount 
of me deviation, the 0th power of the deviation will equalL 
this is equivalent to n/n =1. In any distribution, then , thlTOfn. 
moment equalsJL. We haVTdiscovered also th after =*• VS(3 2 )/n^ 
(page iUYyT But this is the square root of the second moment 
about the mean, as will be seen from the formula above. We can 
thus say that "the second moment about the mean = <r 2 . Thiai 
will be true of any distribution. * 
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positive, and they will no longer cancel out. But the sums of the 
odd powers will all be equal jto zeroon account ofihe„cancella- 
'in advancethat in any symmetrical curve 
*t he odd moments , being based on the sums of odd powenTo f 
deviations, will equal zero . That is, in symmetrical distributions 

Vi = 0 

vs = 0 
t>7 = 0 
etc. 

^his does not hold true in asymmetrical distribution s. The jules 
wGSh We Iaiddown for Vo, tfi^and Vt hold true for any distribution. 
S The rules just enunciated for odd-powered moments above the 
first hold true only if the distribution is symmetrical. For this 
reason we can use them, and do use one of them, as measures of 
asymmetry (see page -204). ^^ 

8 . 2 . Computati on of th e Higher Moments.—We could, of 
course, compute the higher moments directly from th eir fo rmulas. 
Since the third moment about the mean is 2)x z /n. we could find 
the deviation of each item from the mean, cubeTt, and divide by 
l n^ Following our earlier practice where " data are grouped in 
jequency tables we should, in such cases, ■ use the formula 
Ez 8 )/n. But, as before, it pays here to use a short method in 
*we guess at aTheah, take our deviations in umts of the 
||grval, and carry on our computations, finally adjusting 
I,,to take care of the difference between our guessed 
^ true mean. This method has become familiar to us 
e mean and the standard deviation (pages 86 
'hall not go into the details of the theory of it 
^ever, give an example. Still using our 
mrd students, let us compute the third 
bout the mean. (Higher moments 
The process is illustrated in 
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Similarly, each figure in column 7 is the product of the corre¬ 
sponding figures in columns 3 and 6. Thus ( d)(fd *) = (fd 4 ). 
Had we not computed the mean and the standard deviation, it is 
obvious that we could do it directly from the figures given here, 
since this is the method heretofore, used for their computation^ 
We cannot compute the moments about the mean directly 
from these figures, since these figures show deviations about an 
assumed mean. (Here the assumed .mean is 177 cm/) • Hence 
we compute first the moments about the assumed mean. Just 
as. we~symbolize the assumed mean by X f instead of by Jt, in 
order that it may be distinguished from the true mean, so we shall 


Table 8.1.—Computation op the Higher Moments: Heights op 



represent the first, second, third, and fourth moments about the 
assum ed mean by v[, u£, t>£, and respectively, in order that they 
can be distinguished frsyn the moments jabout the mean. The 
formulas for the momentsVbout the assumed mean follow: 
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,_2^_5125 5.125 


n • 1000 1 

= _z«, _ S5S , ^ 


n 


1000 


, 'S/d 4 77,809 

- ~ir - -1000 - 5=1 


*= 77.809 




The general formulas appear at the left, and at the right we have 
substituted the values found for this particular problem. 

Now comes the problem of shifting from the assumed inaa njff 
^bhe true mean. The formulas for the moments about the mean in* 
terms of the moments about the assumed mean follow: 


Vi 


A ci(m\ 


v 2 = Ci 2 (v J 
Vs = Ci*(v 3 - 


i >4 = Ci*(v[ — 


o 

'• X- • 

^ 2 ) 

3t>X + 2»J«) 

4»X + QvM 2 - 3v[i) 




If we substitute in these equations the values of our problem and 
solve, we get the following results: 


_ 3(-555) . 3(—0 f 555)(10Q0) , 

•■--issr- . ,<*■- 

The first moment about the mean must always equal zero* It is 
worth while to substitute the proper values imthe equation for v\ 
and solve as a check on the arithmetic, since unless a mistake has 
been made the result must equal zero. 

X 

Vi = 9(5.125 - 0.308) = 9<^.817) = 43.353 


It will be remembered that this is the square of the sta ndard 
deviation. Had we not computed <r T>efore we should now 
compute y/ 43.353 = 6.58 = cr. Compare this with the <r found 
before on page 143. The value of v 2 is always the square of o*. 


vz = 27[—8.553 - 3(5.125)(-0.555) + 2(-0.555 3 )] = -9.774 
tu « # 81[77.809 - 4(—8.553)(—0.555) + ,6(5.125)(0.308) 

% + k(0.094864)] - 5508.567 

t • ,. " 

These are the moments of the distribution about the mean. If 
we gather together our results relative to the distribution of 




MOMENTS , FREQUENCY CURVES , CHI-SQUARE TEST 193 


students' heights, we find 


i>i = 0 

#2 = 43.353 ^ 
t> 3 « -9.774 * 
C= 5508.567 


/ 


It is obvious that the curve is not exactly svmmetricaL for if it 
were^the value of v z would be zero. It is in fact — 9.774. But we * 
cannot tell whether thi$ is a large or a small deviation from 

symmetry mgrely by the size of v^ In the case of v z we are deal¬ 

ing with the third power of deviations from the average. To 
judge tfie degree of asymmetry we must relate v z to the standard 
deviation, and since the deviations are cubed we relate it to the 
cube of the standard deviation. Similarly we can relate the 
, fourth moment to the fourth power of the standard deviation. 
\The various moments divided by the proper power of the stand¬ 
ard deviation give us another group of useful coefficients which 
we represent by the Greek letter^ (alpha). We can define them 
thus: —► - ' 

* _ vi _ n 

a\ = — = 0 

<r 


\ 


«2 


V2) 

/t2; " 


, Vs 


= 1 

.a* 


oc\ 


etc. 


, fti 

tr* 


These measures are read as “alpha one,” “alpha two,” “alpha 
three,” etc. 

It can be demonstrated 1 that the values of a z and «4 for the 
normal burve are always 0 and 3, respectively. Thus we can test 
the curve of students' heights by computing these constants. 
The computation follows: 

9.774 


V Z _ 

^3 . o 


<r° 

• Vi 


= ~4 = 


6.6 3 
5508.567 
6.6 4 


= -0.034 
= 2.926 

r i’ , 




1 Riet£ et al., “Handbook of\lathematical Statistics,” p. 97, Houghton 
MiSfin Compftny, Boston, 1924. 
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If we compare these two figures with those which would have 
occurred had the heights been normally distributed, we find that 
this curve is approximately norm al. 

8.3. Checking Accuracy of Computations.—We have learned 
earlier (see Secs. 6.4 and 6.8) that it is possible to check the 
accuracy of arithmetical computations by means of what is 
.called the “Charlier check.”'"'This check really consists, as 
can be seen by looking back to the earlier examples, in choosi ng 
another gue ssed mean as a starting point at the class mark 7)T 
the next smaller class, so th at the values of d are each increased 
by unity. We use the sdme general method when computing the 
higher moments, although it is probably easier to go through 
the process once, as we did in Table 8.1, and then set up an 
entirely new second table with a new arbitrary zero point, as in 
Table 8.2. It will be noticed that the first two columns of 
Table 8.2 are exact duplicates of the first two columns of Table 
8.1, but in the third column each valueofd is greater by one than 
flfwas in the earlier table. The zero point is taken in the preced¬ 
ing class where the class mark is 174 cm. instead^ of at 177 cm. 


Table 8.2.—Charlier Check for Accuracy of Computations—The 

Moments 


Class 

Mark 

m 

Fre¬ 

quency 

if) 

Class 

Deviation 

(d + 1) 

f(d + 1) 

f(d +. 1) ! 

f(d + 1)> 

f(d + 1)< 

156 

4 

-6 

- 24 

144 

- 864 

5,184 

159 

8 

-5 

- 40 

200 



162 

26 

-4 

-104 

416 

— 1*664 

6,656 

165 

53 

—3 

-159 

477 

-1,431 

4,293 

168 

89 

-2 

-178 

356 

- 712 

1,424 

171 

146 

-1 

-146 

146 

! - 146 

146 

174 

188 

0 





177 

181 


181 

181 

181 

181 

180 

125 


250 




183 

92 


276 

828 

2,484 

7,452 

186 

60 


240 

960 

3,840 


189 

22 

5 



2,750 


192 

4 

6 

24 

144 

864 

! 5,184 

195 

1 

7 

7 

49 

343 

2,401 

198 

1 

8 ’. 

8 

f - f 64 

512 


Totals.... 


! 

■ESI 

5015 

6,157 

0> 

.73,127 
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as in Table 8.1. We then go through exactly the same processes 
which we used in the preceding section. In order to show the 
connection between the two tables, we label the third column 
djfcJ* since each number in it is found by a dding one to the 
corresponding entry in Table 8.1. r 

We now make use of the fallowing equations, which the 
student can easily derive for himself after the fashion of the. 
derivations in the footnotes on pages 91jand 144:^ 

2/(d+ 1) = Ufd)^N 

2/(d + l) 2 = 2/d 2 + 22/d + N 

2/(d + l) 3 = 2/d 3 + 32/d 2 + 32/d + N 

2 f(d + l) 4 = 2/d 4 + 42/d 3 + 62/d 2 + 42/d + N 


The first two of these equations have been used heretofore in 
checking our computation of the arithmetic mean and the 
standard deviation/but are repeated here so that we may have 
all the customary Charlier equation s to gether. The last two 
equations are an obvious extension for the third and the fourth 
powers of d + 1. * If we substitute the values from Table 8.2 in 
the left-hand members of these equations, and the values from 
Table 8.1 in the right-hand members, we get the following: 

*^445 = -555 + 1000 ~~ ” ™ " 

v/5015 = 5125 + 2(—555) + 1000 
x/6157 = -8553 + 3(5125) + 3(-555) + 1000 
^3,127 = 77,809 + 4(-85£3) + 6(5125) + 4(-555) + 1000 


Since these four equations all check out when we evaluate the 
right-hand members, we know that our arithmetical work has 
been accurate. We could, of course, compute the values of the 
arithmetic mean, standard deviation, a nd the alphas jpii te as 
well from Table 8.2 as from Table 8.1. Tho <*nTwpnt.«tinng in 
the tables are very rapid, and hence the check consumes rela- 
tively little time, 

, 8 . 4 . Grouping Error.—Our computation of the moments has 

been earned out on the assumption that the items in each class 
are all concentrated at the mid-point of the class. It would be 
surprising if the data were really so arranged. If the data are 
normally distributed they., will not be so arranged, and our 
assumption that they araJfengregated at the class marks has 
introduced & slighVexj^gHj^j^j/alled the grouping error. In 
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those cases where continuous data have been grouped in fre¬ 
quency tables (especially if the class intervals are large) and 
where the curve approaches closer and closer to the base line 
at each extremity without reaching it, we can apply correction 
factors to eliminate this error, \The corrections are small, and 
there is little use in making them if our original figures contain 
very much error. But where we have accurate continuous data 
with the characteristics just described, we may well apply 
Sheppard’s corrections. Since our data on students 7 heights 
approximately meet these requirements, we may illustrate the 
application of the corrections. 

f The moments that we have computed, which have not been^ 
corrected by Sheppard’s process, aj^called the crude moments^ 
to distinguish them from the adjusted moments which we get by" 
applying Sheppard’s corrections. s 

The first and third moments need no correction. If we Jet M 2 
stand for the adjusted second moment and M 4 for the adjusted 
fourth moment, we apply the corrections thus: 


Ci 2 

» 2 = V2 ~ 12 
Ms = Vz 

Vttt 2 , 7 Ci* 

= „ 4 - —+_ 

/ 

If the class interval is one, the application is obviously simplified. 
If we correct the moments by Sheppard’s correction, we use the 
corrected moments rather than the crude moments in computing 
the values of cr, a 3 , and a 4 . L J 

Applying Sheppard’s corrections to our problem of the dis¬ 
tribution of students’ heights, we get the following adjusted 
moments: 

9 * 

Ht = 43.353 = 43.353 - 0.75 - 42 . 603 * 

Hz = Vz — — 9.774 

. * . 5508.567 - + mp. - 5315.84 


-V 





If,, tow, we use these corrected moments in computing <r, a», and 
04 , we have ' ’ 
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- \/42.603 - 6.53 - 



_ 9.774 
278.4 
5315.84 
1818.2 


—0.035 

2.93 


If the adjusted and the crude results are compared, we have 



Crude 

Adjusted 

2 d moment. 

43.353 

42.603 

4th moment. 

5508.567 

5315.84 

as. 

—0.034 

-0.035 

«4. 

2.926 

. 2.93 

<T . 

6.58 

6.53 


It will thus be seen that the corrections bring but minor changes 
in the value of the a terms. 

8.5. Moments of Probability Distributions.—We learned in 
Sec. 7.2 that the. arithmetic mean and standard deviation of 9 
probability distributions could be computed quickly and easily 
by means of the formulas 

X = up 
<r «= \Znpq 


Now that we have studied the higher moments, we can add two 
similar useful formulas 1 for the values of the alphas: 


_ q - y _ g - p 

ot$ - - 

y/npq 


= 


1 

npq 


- + 3 - 

n <r 2 


n 


+ 3 


Thes# formulas will hold for any point binomial distribution 

found by evaluating (q + p) n . The student will note that, as 

n grows extremely large, the value of approaches zero and the 

value of cl± approaches 3. But these are the values in a normal 

distribution. Hence we see that the point binomial distribution 

approaches the normal distribution as n gets extremely large. 
» 

1 For proof of these formulas, as well as proofs of the formulas for the 
arithmetic mean and standard ddvjation, see John F. Kenney, “ Mathematics 
of Statistics,” Vol. II, pp. 11-15, D. Van Nostrand Company, Inc., New 

York, 1939, ' 

• • • 
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It is also apparent that a» is zero whenever q — p, and therefore 
in such cases we get symmetrical distributions. 

Perhaps it is not quite so evident that point binomial dis¬ 
tributions are entirely fixed in terms of their arithmetic means 
and their standard deviations. Yet the student will note that 
the formulas for as and a 4 can be stated in the alternative form: 




1 

<r 


6 (* - <r 2 ) 
Y 2 


+ 3 


Here it is evident that if we know the values of X and a we can 
find the values of as and a 4 immediately. Figure 7.1, page 165, 
shows the values obtained when we raise q + p to the 14th 
power if both p and q equal ; that is, we have the values of 
the terms of (H + M) 14 - We now see from our formulas that 
for this distribution the values are 


X 

<r 

as 


= 14(H) = 7 
= V14(H)(H) = 1-87 

_ 0.5 - 0.5 _ n 
” 1.87 " U 


1 


«4 = 


3.5 


_6 

14 


+ 3 = 2.86 


We also note immediately from Fig. 8.1 that when p and q are 
not equal, the point binomial will be skewed. Suppose we test 
this for the case, say, where p = 0.3 and q = 0.7. As always, 
we have p + q = 1. If we raise this binomial to the eighth 
power, we get 

(j + pY = (0.7 + 0.3) 8 

= 0.7 8 + 8(0.7 7 ) (0.3) + 28(0.7 8 )(0.3 2 ) + 56(0.7*) (0.3 8 ) 
+ 70(0.7 4 )(0.3 4 ) + 56(0.7*) (0.3*) + 28(0.7 2 )(0.3 8 ) 

+ 8(0.7) (0.3 7 ) + 0.3 s 

If, now, we evaluate each of these terms, we find the following: 

(0.7 + 0.3) 8 = 0.5764801 + 0.19765032 + 0.29647548 . 

+ 0.25412184 + 0.13613670 + <104667544 + 0.01000188 

+ 0.00122472 -f 0.00006561 
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If we plot these terms, as in the lower left-hand section of Fig. 8.1, 
we obtain an asymmetrical or skewed distribution, as contrasted 
with the symmetrical distribution of Fig. 7.1 or the symmetrical 
distribution in the center of Fig. 8.1. In Fig. 8.1 we see the 
point binomials obtained by raising (q + p) to the eighth power, 



Fia. 8.1.—Point binomials for (q + p) 9 with various values of p. 


with varying values of p and q. When p and q are both equal 
to %) we get the symmetrical point binomial in the center of the 
figure, and the more p .(or q) differs from the more skewness 
becomes.evident. 

In the particular case which we have just worked out, where 
p = 0.3 and >q * 0.7, we may try applying our simple formulas 
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for probability distributions. We find that 


X = np = 8(0.3) = 2.4 
<r = \/npq = V ( 8 ) (0.3) (0.7) = \/L 68 = 1.30 
(^ _ (0.7 - 0.3) = 0 _ 308 


as 


- 1 6 4.0 _ 

“ 4 ~ ^ “ n + 3 " 


1.30 
1 


6 


1.68 - I + 3 = 2 ' 845 


4“' 

It is the fact that p and q are unequal which has been responsi¬ 
ble for the skewness in eight of the nine sections of Fig. 8 . 1 . 
Let us note in the above fonnuTas^ the effect of changing p or q 
when we hold n constant. Let us start with p = q = and 
then increase the size of p slowly, reducing the size of q always 
so that p + q = 1 . We note that X will increase. But if we 
increase p and decrease q, keeping their sum equal to 1 , their 
product pq will diminish, as the student will discover immediately 
by experiment. Therefore a will diminish as p moves away from 
0.5 in either direction. Since a 3 is based on q — p, it will be 
negative when q is smaller than p and positive when q is larger 
than p; and the farther p or q is from 0.5 the greater will be the 
difference between them; so the greater will be the absolute size 
•< of as. Finally, as p or q gets farther from 0.5, the value of pq 
fin the denominator of the last formula will diminish, thus 
increasing the value of the fraction and of a 4 . To summarize, 
we note that X grows larger whenever p increases (if we hold n 
constant). We note also that, if n does not change, the sizes 
of the other three values depend on the amount of difference 
between the values of p and q. The greater the difference 
between p and q, the smaller the value of <r the larger the value 
of as anjd the larger the value of a 4 . 

It is now time for us to learn more definitely how to interpret 
these results, as we do in the next two sections. 

8.6. of Skewness.-ftThus far we have confined our 

descriptiTmof frequericpcufves in the main to measures of central 
tendency (averages) and measures of dispersion. These two 
types of measures tell us a good deal about the character of the 
distribution.^! For example, when we have discovered .that the 
average height of a group of students is 175.3 cm. and the stand¬ 
ard deviation of heights in the group is 6.6 cm., we JtnoW (if the 
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distribution is roughly normal) that about two-thirds of the stu¬ 
dents have heights between 168.7 and 181.9 cm. We know also 
that almost never should we find a student shorter than 155.5 cm. 
or taller than 195.1 cm. (the mean plus and minus 3o-). 

We have discovered, however, that the normal curve is sym¬ 
metrical. We could be somewhat more confident in our inter¬ 
pretation of the mean and the measures of dispersion if we 
knew that our distribution was symmetrical. We have seen 
that the distribution of incomes in the United States is not 
symmetrical (page 112), and with any distribution we may well 
Wish to test the symmetry y When a distribution is asymmetrical 
we usually call it a skewed frequency distribution, and the mea^ 
ures of asymmetry are usually called measures of skewness . U/ 

V Many measures of skewness have been proposed, and none 1 has 
been uniformly adopted. For this reason, when one gives 'a 
measure of skewness it is necessary to indicate the method by 
which it was computed, jj The commoner methods are given 
here. ^ Y Jf 

If our distribution is mound-shaped (that is, if it has small ■ 
frequencies at the extremities^ and larger frequencies toward the 
center) and symmetrical, the mean, the median, and the mode will 
coincide. If the curve is skewed, these measures will not coin¬ 
cide. Thus it is possible to acquire some idea of the absolute 
amount of the skewness by noting the amount of the divergence 
between any two of these measures of central tendency. If we 
wish to measure relative skeifrness, we shall have to compare the 
displacement of the averages with some standard measure of 
dispersion. Usually we should use the standard deviation for the 
latter measure. Karl Pearson has suggested the following as a 
measure of relative skewness: f \ 


Sk. = 


X - Mo.) 


We have discovered the following values for these constants in 
the case of the heights of Harvard students: 

1 = 175.3 (page 87) 

Mo. = 175.2 (page 99) 

<r = 6.6 .(page 143) 



202 


ELEMENTS OF STATISTICAL METHOD 


Substituting these in the equation for skewness, we have 

qv _ (175.3 - 175.2) 

6.6 

. " ra ” 0015 


It is evident from the formula that the skewness may be either 

positive or negative. It will be 
positive when the mean exceeds 
the mode and negative when 
/ the mean is smaller tfian the 

/ \ mode. Such cases are illus- 

/ \ trated in Fig. 8.2. 1 The upper 

/ \ part of the figure shows a dis- 

/ \ tribution in which the mean is 

/ pulled toward the right by the 

- - ^— few extremely high cases: this 

is positive skewness. In the 
lower part of the figure the 
/ \ mean is pulled toward the left 

/ \ by the few very small cases: 

/ \ this is negative skewness' n/ 

/ \ We have discovered earlier 

/ V (page 97) that the mode is 

/ \ diflicult to find, and that differ- 

—< _ent methods of locating it give 

Fig. 8.2.—Two skewed curves. The different results. For that 

upper curve exhibits positive skewness, p p « rqnT >' q formula ffivpn 

and the lower curve negative skewness, reason .rearson S IOrmUia, given 

above, is not entirely satisfac¬ 
tory. We have seen also that, when the asymmetry is not great, 
the averages have the following relationship: 2 j 

Mo. = 3 Med. - 2X ^ 


1 The upper part of Fig. 8.2 shows the distribution of hourly earnings of 
2060 employees of filling stations in the United States in 1931. Data from 
United States Bureau of Labor Statistics Bulletin 578, p. 9. 

The lower part of Fig. 8.2 shows the distribution of the annual egg produc¬ 
tion® of 3131 white Leghorn hens. Data from Storrs Agricultural Experiment 
Station Bulletin 147, p. 246. 0 

1 See p. 98. * 
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If this value of Mo. is substituted in our equation for skewness, it 
becomes 

gk = (X - 3 Med. + 2X) 

<r 

_ 3 (1 - Med.) 

cr 

If we substitute the values of the Harvard student problem in this 
equation, remembering that the median was found to be 175.3 
(page 94), we have 

3(175.3 - 175.3) A 
Sk.-gj- 1 - 0 

If we take the figures for the mean and the median as originally 
computed before rounding off (see pages 87 and 94), we have 

Sk , , t j mm-mxs) . 0 025 

* , o.G 


Again we find that the skewness is very small in this distribution. 
And again the skewness, what there is of it, is positive. 

In a symmetrical distribution the quartiles would, of course, be ’ 
equidistant from the median; that is, Med. — Qi = Qz — Med., 
if the distribution is symmetrical. If the distribution is not 
symmetrical, the quartiles will not be equidistant (unless the 
entire asymmetry is located in the extreme quarters of the data, 
or unless there is some very peculiar arrangement of the data 
within the central quartiles). 

These facts have led Bowley to suggest the following as a 
measure of skewness: 

_ (Qt - Med.) - (Med. - Q t ) 

St -- 

_ Qa -f- Qi— 2 Med. 

Qs - Qi 

If we apply this measure of skewness to our data, we find 


Qa = 179.84 (page 129) 

Qi - 170.95 (page 103) 

Med. = 175.28 (page 94) 

_ 0179.84 + 170.95 - 350.56) 
& (179.84 - 170.95) 


0.23 = 
8.89 


0.026 
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This measure is always equal to zero when the quartiles are 
equidistant from the median and is positive when the upper 
quartile is farther from the median than the lower quartile. In 
general this measure of skewness and Pearson’s measure should 
have the same sign. Here the skewness is so flight that a change 
in sign might well occur, since there is practically no skewness 
and the measure may fall either side of zero almost by chance. 
“Bowley’s measure of skewness cannot exceed 1 in absolute size— 
I that is, it varies between +1 and — 1. 

\Bowley’s measure neglects the two extreme quarters of the 
data. It would be better for a measure to cover a largef part of 
the data, especially since in measuring skewness we are often 
especially interested in the more extreme items. Bowley’s 
measure can be extended by taking any two deciles equidistant 
from the median or any two percentiles equidistant from the 
median. For example in a symmetrical distribution the 2d‘decile 
and the 8th decile are equidistant from the median. We could 
determine whether or not they were equally distant from the 
1 median in any given distribution and base a measure of-skewness 
on them. Likewise we could base a measure of skewness on the 
distances of the 4th and 96th percentiles from the median. 
Kelley has shown 1 that the percentiles having the least error in a 
normal distribution are the 6.917th and 93.083d percentiles (or, 
rather, that the range between these percentiles has less error 
than the range between any other two percentiles). For this 
reason Kelley suggests a measure of'dispersion based on the 10th 
and the 90th percentiles (the 1st and 9th deciles) as being close 
to this point of greatest accuracy. He suggests as a measure of 
skewness the following: 

Sk. = P 60 - ■ P - ° * Plo) 

This measure of skewness has been but little used, but has some 
theoretical attractions if skewness is to be based on percentiles 
(or deciles or quartiles) at all. 

^sjOne of the most useful measures of skewness, however, is a 
measure which we have already obtained. This is <* 3 . It gives 
a value of zero for the normal curve, as we have seen. It is 
positive if the mean is larger than tjie mode, and negative if the 
1 Kelley, “Statistical Method,” p. 75, The Macmillan Company, New 
York, 1924. 
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mean is smaller than the mode. It thus agrees in sign with the 
measures we have previously considered. 1 Its interpretation 
is made somewhat simpler if we understand that the follow¬ 
ing relationship is approximately correct in slightly skewed 
distributions: 2 ; 

(X - Mo.) __ <X 3 
<r 2 

or 

2(X - Mo.) 
otz =- 

<7 

• « / 

Then a z is equal to twice the distance from the mean to the mode, 

expressed in units of the standard deviation.^! We have dis¬ 
covered in our illustrative case that a z = —0.035. This means, 
we now discover, that the mean is smaller than the mode, and 
that they are separated by an amount equal to (0.035) or 
0.017<r. The student may be interested to compare this measure 
of skewness with the values of a z obtained from the skewed dis¬ 
tributions depicted in Fig. 8.2, page 202. For the upper distribu¬ 
tion we find a z = +0.307; in the lower distribution a z = —0.518. * 

It should also be noted that this relationship gives us a new 
method for computing the value of the mode. In fact this 
method, although more tedious than those suggested in Chap. IV 
because it involves the computation of the higher moments, gives 
better results than any of the methods heretofore described. If 
we compute the modal height of Harvard students by this 
formula, we have 

a z = —0.035 (page 197) 

X =*175.335 (page 87) ' 
a = 6.582 (page 143) 

(175.335 - Mo.) _ -0.035 
6.582 2 

Mo. = 175.45 

1 This measure, as, is useful also in that we can use it with tables of the 
areas under skewed curves. Just as we used tables of areas under the normal 
curve and ordinates of the normal curve on pp. 168#., so wc can use tables 
for skewed curves if we know the value of a 3 . Tables for use in this connec¬ 
tion have been published by Salvosa in Annals of Mathematical Statistics , 
Vol. I, pp. 191#. 

2 Camp^ “Elementary Statistics,” p. 47, D. C. Heath and Company, 
Boston, 1931. 1 
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Better yet as an estimate of the mode, but requiring still more 
computation, is the following : 1 


* ~ Mo - - VSi ($%+ 3) 

* 2(5*%.—6ft-9) 

where Si = «a 2 and /9 2 = 04 . 

This, again, can be used as a measure of skewness, being positive 
if the mean exceeds, and negative if the mean falls short of, the 
mode. Computing the value of this measure of skewness from 
our illustrative data, we have 


2 = 175.335 (page 87) 
a = 6.582 (page 143) 

*?i = 0.00117 (page 193) , 

pi = 2.931 (page 197) 1 


_ \/0.001117 (2.935 + 3) 
2(14.675 ~ 0.00702 - 9) 

0203 f 0.0179 


11.34 


This shows an extremely slight positive skewness. If we use 
this value for computing the mode, we have 


175.335 - Mo. 
6.582 


- 0.0179 


: Mo. = 175.217 

j 

This value for the mode is almost identical with the value dis¬ 
covered by the other method based on moments. It is probably 
the best estimate we can make of the modal height of the 1000 
Harvard students. 

The student will now understand why he was told on page 201 
that it is always necessary to accompany any measure of skewness 
with a statement of the method of computation. We have com¬ 
puted the skewness of the student heights by several methods, 
and have found varying answers. Let us collect the answers 
for purposes of comparison: 


Sk. = +0.015 (page 2 Q 2 ) 

Sk. - +0.025 (page 203) 

Sk. = +0.026 (page 203) 

1 Mills, “Statistical Method,” p. 546, Henry Holt and Company, Inc., 
1924. 
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Sk. = —0.035 (page 205) 

Sk. = +0.0179 (page 206) 

It will be noted that, although there is some variation among 
these measures, as is to be expected since they have been com¬ 
puted by decidedly different methods, nevertheless the five 
results are nearly identical in size. The fact that the measures 
differ in sign, one being negative and the other four positive, is 
unimportant, since they are all approximately equal to zero. 
The extreme difference, between the third and the fourth meas- 
• ures, amounts to but 0.061; that is, the differences are confined 
to the second decimal place. 

8.7. Measures of Kurtosis.—We have studied measures of 
central tendency, measures of dispersion, and, just now, measures 
of skewness. There remains but one more common type of meas¬ 
ure o/ the characteristics of a f requency distribution. These meas¬ 
ures are called measures of kurtosis. They show the, extent to 
which thejdLstributioiLis more peaked or morn -flat-tppped .than 
the normal curve. If the items are more closely bunched around 
the mode than normal, making the curve unusually peaked, we 
say that the curve is leptokurtic . If, on the other hand, the curve 
is more flat-topped than normal, we say that it is platykuriic . 
The normal curve itself is mcsokurtic . The condition of peaked¬ 
ness or of flat-toppedness itself is known as kurtosis or excess . 

The principal measure of kurtosis is ,the value which we have ^ 
already computed and called a 4 . * It is also sometimessymbolized 
by /? 2 f£Ke two being identical, and, as we have seen, being 
defined thus: 

_ n _ V* / 

<*4 = P 2 = “ . 4 

<74 

In the normal curve, a 4 and 0 2 equal 3. When they are greater 
than 3 , the curve is more peaked than the normal curve, and is 
said to be leptokurtic . When they are less than 3, the curve has a 
flatter top than the normal curve, and is said to be platykuriic . 
The normal curve, and other curves with 04 and # 2 equal to 3, 
are said to be mesokurtic . \ In the distribution of student heights, 
a 4 is 2.93. The curves is slightly flatter than the normal curve— 
slightly* platykurtic. 

'A very peaked curve has kurtosis greater than 3.' As we 
flatten the 'curve the value of a 4 decreases, and when it has 
readied 3 the curve is mesokurtic. If we flatten it still more the 
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curve becomes platykurtic. Ultimately, of course, the curve 
will flatten out entirely into a straight line, with the various 
frequency classes containing equal numbers of cases. This is 
what we have called a rectangular distribution (see Sec. 3.14, 
page 41). The value of a 4 for a rectangular distribution depends 
on the number of frequency classes, being 1.8 when the number of 
classes is infinite, and approaching 1.8 rather rapidly for finite 
numbers of classes. Table 8.3 shows the values of a 4 for rec¬ 
tangular distributions with small numbers of classes. 


Table 8.3.— Values of a 4 in Rectangular Distributions with .Various* 
Numbers of Classes 


Number of 
Classes 

Value 

of 

Number of 
Classes 

Value 
of a 4 

1 

0.0000 

12 

1.7832 r 

2 

1.0000 

13 

1.7857 

3 

1.5000 

14 

1.7877 

4 

1.6400 

15 

1.7893 

5 

1.7000 

16 

1.79059 

6 

1.7314 

17 

1.79167 

7 

1.7500 

18 

1.79257 

8 

1.7619 

19 

1.79333 

9 

1.7700 

20 

1.793985 

10 

1.7758 

25 

1.796153 

11 

1.7800 

30 

1.797330 


If we continue to push down the middle of the distribution 
still further, the value of a 4 will fall below that given in Table 
8.3, and the distribution will become U-shaped. We can, then, 
judge something of the shape of the frequency curve by the value 
of a 4 . \If a 4 is greater than 3, the curve is more peaked than the 
normal curve. If the value of a 4 lies between 3 and the value 
given in Table 8.3, the curve is flatter than the normal curve, but 
still mound-shaped. If a 4 has the value given in Table 8.3, the 
distribution is rectangular. If a 4 has a value lower than that 
given in Table 8.3, the distribution is U-shaped. If the student 
does not have a copy of the table handy for reference, he can 
remember that in most actual frequency tables the critical value 
of a 4 which separates ipound-shaped from U-shaped qurves is 
between 1.75 and 1.8. / 
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8.8. Interpretation of Frequency Statistics. —In general we can 
describe any frequency distribution quite satisfactorily in terms 
of five statistical measures: 

1 . The number of cases. 

2. An average, or measure of central tendency. 

3. A measure of dispersion. 

4. A measure of skewness. 

5. A measure of kurtosis. 

By far the commonest among the last four of these measures 
are the arithmetic mean, the standard deviation, a 3 , and a 4 . 

.Any given distribution has some definite five values of these 
measures, yet in some other distribution all five measures may be 
different. Such a number, used to describe a frequency distribu¬ 
tion, being a constant for any particular distribution but a 
variable as we shift from distribution to distribution we call a 
statistic of the distribution. We can say, then, that a frequency 
distribution can be described with reasonable accuracy in terms 
of five statistics. 

The student \yho remembers our use of the normal curve to^ 
describe distributions (see Secs. 7.8 and 7.9 and Fig. 7.7) may 
feel that the first three of these statistics are enough—that we 


Table 8.4.— Four Frequency Distributions Illustrating the Use of 
Common Frequency Statistics 


Class 

Limits 

/i 

h 

• 

f> 


20- 29 

1 




30- 39 

4 

2 



40- 49 

6 

5 

12 


50- 59 

8 

10 

12 

34 

60- 69 

10 

16 

12 

12 

70- 79 

16 

17 

12 

6 

80- 89 

18 

18 

12 

4 

90- 99 

16 

12 

12 

6 

100-109 

10 

10 

12 

12 

110-119 

8 

7 

12 

34 

120-129 

6 

5 

12 


130-139 

4 

3 



140-149 

1 * 

1 



150-J59 


1 



160-169 

» 


• 1 
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can get a complete and satisfactory description of a distribution 
in terms of its frequency, arithmetic mean, and standard devia¬ 
tion. Let us look, therefore, at Table 8.4. In this table the 
first column represents class limits, and each of the following 
four columns represents a set of frequencies. We have really 

combined in Table 8.4 four fre¬ 
quency tables for easy comparison. 
To distinguish them, we have 
labeled the frequencies of the first 
distribution f h those of the second 
distribution / 2 , those of the third/ 3 ,, 
and those of the fourth / 4 . The 
table tells us, for example, that 
there are 16 cases in the 70-79 
class in the first distribution, while 
there are 17 cases in the same class 
in the second distribution, 12 in the 
third, and 6 in the fourth. 
k If the student will take the 
trouble to compute the arithmetic 
means and standard deviations of 
these distributions, he will find that 
they are exactly the same. In each 
case the arithmetic mean is 85 and 
the standard deviation is 25.8. 
Moreover, in each distribution the 
total number of cases is 108. On 
the basis of these three statistics 
alone, we should be tempted to 
say that the four distributions were 
identical. Yet these distributions 
are shown graphically in Fig. 8.3. 
The student will see immediately 
that there is little similarity between the four cases in spite 
of the fact that they have exactly the same numbers of cases, 
exactly the same arithmetic mean and exactly the same standard 
deviation. 

If, now, we compute the values of a 3 and a 4 we uncover the 
differences at once. The entire five frequency statistics for the 
four cases are , 



— 

— 


-dL 



_2h= 





— 

±£__ 


Fig. 8.3.—These four distribu¬ 
tions all have exactl^ the same 
number of cases, the same arith¬ 
metic mean, and the same stand¬ 
ard deviation. 
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Case 1 

Case 2 

Case 3 

Case 4 

N 

108 

108 

108 

108 

X 

85 

85 

85 

85 

<r 

25.8 

25.8 

25.8 

25.8 

as 

0 

+0.57 

0 

0 

«4 

2.565 

3.188 

1.770 

1.23 


The values of a 3 and a 4 immediately serve to distinguish the 
distributions. We note that all distributions save number 2 
* are symmetrical, while that one has moderate positive skewness. 
Case 2 is more peaked than the normal curve (leptokurtic); 
case 1 is mound-shaped but flatter than the normal curve; case 3 
(since there are 9 classes in that distribution) is exactly rectangu¬ 
lar, as we see when we compare its a 4 value with that given in 
Table 8.3; and case 4 is U-shaped (since it was computed from 
data distributed in seven classes, and any value less than 1.75 
signifies that such a distribution is U-shaped). A comparison 
of the values of‘the statistics of these four distributions witk 
their histograms in Fig. 8.3 will help the student to understand 
the interpretation. In case 2 the skewness is so marked that the 
arithmetic mean is thrown about 0.28 standard deviations to 
the right of the mode. The student will find it informative to 
compute the frequency statistics from the data in Table 8.4 as a 
check. 

In summarizing the description of any frequency distribution, 
then, we give five statistics. If we wish to summarize our 
description of the heights of Uarvard students, we bring together 
the various statistics which we have computed as follows: 

N = 1000 

X = 175.335 (page 87) 

, <r = 6.582 (page 143) 

«3 = —0.035 (page 197) 
a -4 = 2.93 (page 197) 

The distribution is perhaps very slightly skewed in a negative 
direction, although it is practically symmetrical. It also is 
slightly flatter than the normal curve. The symmetrical dis¬ 
tribution of Fig. 7.1 has the values a 3 = 0 and a 4 = 2.86. It is 
symmetrical and slightly platykurtic, The distributign in Fig. 
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8.1 has the values a 3 = 0.357 and cca = 2.794. It has positive 
skewness, with the arithmetic mean larger than the mode, and 
lying about 0.178 standard deviations to the right of the mode. 
It is also slightly flat-topped, but definitely mound-shaped 
rather than rectangular or U-shaped. 

8.9. The Pearsonian System of Frequency Curves. —When 
as differs very markedly from 0, or when a a differs very markedly 
from 3, we know that our curve is not normal. Then we have 
to turn to some other kind of frequency curve to describe our 
data. Many such non-normal curves have been described, 
but among the most useful are the families of curves described 
by Karl Pearson, the eminent English biometrician. Pearson’s 
system includes frequency curves which are mound-shaped 
but asymmetrical, those which are J-shaped, those which are 
U-shaped, etc. A very large proportion of all actual frequency 
distributions can be described tolerably well by one or another 
of the 12 different classes of curves which Pearson describes. 
When we are fitting the normal curve to a distribution, we need 
know only the number of cases, the arithmetic mean, and the 
standard deviation (see Secs. 7.8 and 7.9). For most of Pearson’s 
curves it is necessary, in addition, to know the values of a 3 and 
a 4 , or, to use Pearson’s symbolism, to know the values of Pi and 
P 2 where 

Pi = CLZ 2 
P2 = a 4 

r 

In deciding what type of curve to fit, it is also necessary to 
know the value of k 2 which is defined as follows: 

= + 3) 2 

. 4(4& - 3/3i)( 2/S 2 - 30i - 6) 

Although there are a dozen classes of curves in the Pearson 
system, his Type III curve (of which the normal curve is a 
special case) is by far the most important. Fortunately it is 
also the easiest to fit. We shall confine our discussion of the 
Pearson curves to the Type III curve, and the student who 
wishes to investigate the other types is referred to the books 
suggested at the end of this chapter (see Sec. 8.13). 

8.10. Fitting Pearson’s Type III Curve. —Pearson’s Type III 
curve may be fitted to any distribution in which 
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2au — 3a3 2 — 6 _ » 

+ 3 

or, if we use Pearson’s symbols, 

2ft - 30i - 6 
02+3 

In the normal curve this expression will be equal to zero, and, 
in addition, a 3 will be equal to zero. The Type III curve covers 
all cases where the former expression is equal to zero, whether 
• or not.a 3 equals zero; hence we see that the Type III curve will 
cover asymmetrical as well as symmetrical curves. 

The fitting of Type III curves is exactly parallel to the fitting 
of the normal curve which was explained and illustrated in Secs. 
7.8 and 7.9. We can fit Type III curves either by areas or by 
ordinates, and we make use of tables of ordinates and areas of 
skewed curves which are somewhat similar to the tables of areas 
and ordinates of the normal curve in Appendixes I and II, 
except that we .now have to have separate entries for each 
different degree of skewness. Detailed tables showing the areas 
and ordinates have been published by Salvosa, 1 and condensed 
extracts from these tables appear in the laboratory manual which 
accompanies this text. 2 

We illustrate the fitting of the skewed curve in Table 8.5. 
The data in the first column are class marks, while those in the 
second column are frequencies. If we go through the processes 
explained earlier in this chapter, we find the following values for 
this table: 

N = 675 
X = 124.6 
= 15.49 
as = 0.408 
«4 = 3.258 

When we test the distribution to see whether or not a Type III 
curve should be fitted, we discover 

1 Luis R. Salvosa, Tables of Pearson's Type III Function, Annals of 
Mathematical Statistics , Vol. 1, May, 1930, pp. 191Jf. 

2 Albert E. Waugh, “Laboratory Manual and Problems for Elements 
of Statistical Method," Tables *A3 and A4, McGraw-Hill Book Company. 
Inc., New York, 1938. 



214 


ELEMENTS OF STATISTICAL METHOD 


2a 4 - 3* 8 2 - 6 _ 2(3.258) - 3(0.408 2 ) - 6 _ A AA<V7 
77+3 3.258 + 3 ~ 00027 

This expression gives a value of zero in Type III curves, and 
here the value is so nearly equal to zero that it seems in advance 
fairly safe to try that type of curve. In fact, practice will show 
that this curve can well be fitted even when there is a considerable 
departure from zero. 

Column 3 of Table 8.5 shows the distances of the class marks 
from the arithmetic mean, found by subtracting the value of the 
arithmetic mean (124.6) from each class mark. Column 4 is 
found by dividing each entry in column 3 by the standard 
deviation (15.49) to convert the distances into standard units. 
Column 5 is found from the printed tables, similar to those in 
Appendix II. The entries here are from Salvosa’s detailed 
tables of ordinates of skewed curves, although approximately 
the same values could be found by interpolation in the tables of 
the authors manual. The student is warned that these entries 
in column 5 cannot be computed from or found in any material 
in this volume, but the process of finding them is parallel to the 
process of finding the figures in column 5 of Table 7.5, page 181, 
except that other tables are used. In the last column, we have 


Table 8.5.—Fitting a Skewed Type III Curve by the Method op 

Ordinates 


Class 

Mark 

(*) 

Number of 
Cases 

(/) 

X 

c 

x/cr 

Tabular 

Value 

( y) 

Computed 

Frequency 

(/') 

184.5 

2 

59.9 

3.87 

0.0015 

0.65 

174.5 

2 

49.9 

3.22 

0.0062 

2.7 

164.5 

6 

39.9 

2.58 

0.0216 

9.4 

154.5 

28 

29.9 

1.93 

0.0647 

28.2 

144.5 

76 

19.9 

1.28 

0.1569 

68.4 


126 

9.9 

0.64 

0.2918 

127.2 

124.5 

169 

- 0.1 

-0.006 

0.3980 

173.5 

114.5 

159 

-10.1 

-0.65 

0.3626 

158.1 


82 

-20.1 

-1.30 

0.1923 

83.8 

94.5 

24 

-30.1 

-1.94 

0.0494 

21.5 

84.5 

1 

-40.1 

-2.59 < 

> 0.0041 

1.8 


the computed frequencies. These are found, as in Sqc. 7.8, 
by multiplying the tabular values of column 5 by'a constant 
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equal to N(Ci)/<r y which, in this problem, is 675(10)/15.49, or 
436. In other words, each item in the last column is found by 
multiplying the corresponding item in column 5 by 436, and in 
any other problem the last column would always be found by 
multiplying the tabular values by a constant equal to N{Ci)/a. 

These computed frequencies in the last column are the fre¬ 
quencies for the corresponding Type III curve; that is, they are 
the frequencies which there would bo in each class in a Type III 
curve when N was 675, X was 124.6, <r was 15.49, and a z was 
+0.408. We note, for example, that while there really were 169 
cases*in the class which centered at 124.5, we should have 
expected to find 173.5 cases in this class in a Type III curve. 
A comparison of the actual frequencies in column 2 with the 
computed frequencies in the last column will show that the actual 
distribution was very much like a Type III distribution; although 
the ‘student is warned not to rely on such casual inspection to 
determine whether or not the correspondence between actual 
and computed frequencies is close. Even an experienced 
statistician would be unable to tell from superficial inspection 
how well the two sets of data corresponded, and we shall see at a 
later point in this chapter (Sec. 8.12) how one may test the 
“goodness of fit” quantitatively. We have now gone far enough, 
however, so that the student should see that it is a relatively 
easy matter to fit a Type III curve from the prepared tables, 
following the same general system which we have already used 
for the normal curve. 1 

8.11 . TheJPoisson §ejies. —In addition to the normal curve 
and the Type III curves,IKere is another whole set of frequency 
curves often used in advanced statistics called the Gram-Charlier 
series. This series we cannot cover here, but we shall take time 

1 There are at least two respects in which the method of fitting Type III 
curves differs from the methods studied earlier for normal curves. In the 
first place, since the Type III curves are not symmetrical, we must keep 
track of the sign of our deviations from the arithmetic mean, since the 
height of the curve at a point 1.4 standard deviations above the mean will 
not equal the height at a point 1.4 standard deviations below the mean. 
And in the second place,* the tables are made up for positive values of a 3 . 
If we fit*a Type III distribution to a set of data in which 03 is negative, we 
must reverse the table by selecting points in the table which deviate on the 
opposite* side # of the mean from those in our problem, taking, for example, 
• 7 * 1.7<r in the tafeje when our class mark is +1.7<r. 
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to say a few words about another very useful type of frequency 
curve called the Poisson curve. 1 We have seen that the normal 
curve occurs in distributions that are subject to chance in which 
the result depends on a large number of causes, each of which 
is a 50-50 chance. If the causes are not 50-50 (that is, if 
p 7 * q 9 * %)> our distribution is asymmetrical or skewed, as we 
saw in Sec. 8.5. Sometimes this skewness is moderate, when 
p and q are almost the same size, but if either p or q becomes very 
small the distribution takes on a marked skewness and the normal 
curve cannot be used to describe it with even approximate 
accuracy. Under such circumstances the Poisson distribution 
is sometimes useful. 

Let us start by looking back at the moments of probability 
distributions given in Sec. 8.5. Here we discover that, in such 
a distribution, we have the following values of the commoner 
statistics (see page 197): 


X = np 
<r = y/npq 




«4 


<7 - P 
\/npq 

—-- + 3 

npq n 


Let us n ow ass ume that p has become very, very small, so that 
q is almost equal to L Yet let us suppose that we are dealing 
with^ a large..enough number of cases so that np is a sensible 
quantit y, ev en though j? is very small. Then jwe see right away 
that y/npq will be substantially, the same- as \Zjip (since q will 
be approximately equal to 1). Therefore under such circum¬ 
stances Hie'value of the standard deviation will be approximately 
\/np or VX- Similarly the numerator of the value of ck 3 will 
be come approxim ately 1 (since q wi ll be approximately 1^ ancT 
p will be too smail_toJhave- mu^influence) whence the value of a 3 
wiirbe ^ o r_JL/<r. Similarly, if n is very 

l&£gfiJhp_val ue of 6 /n will be negligible, and our formula for a 4 

1 Technical discussion of the basic assumptions of the Poisson series can 
be found in Lucy Whitaker, On the Poisson Law of Small Numbers, Bio- 
metrika , Vol. 10,1914-1915, pp. 36jfT.; and R. A. Fisher, “Statistical Methods 
for Research Workers,” Oliver & Boyd, London, 1932. ^ 
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will become approximately 3 + 1/X. In such a distribution, 
then, we can state our statistics in terms of the following adjusted 
formulas: 

X = up 

, <r = V! 

1 1 
“ 3 " vl ~ * 

'• ' a4 = 3 + l 

It is at once evident that if the value of the arithmetic mean 
is known we can compute the values of all the other frequency 
statistics. This is one of the peculiarities of the Poisson dis¬ 
tribution—we need know only the arithmetic mean to fit the 
entire curve. It is a curve that is useful in describing data sub¬ 
ject to chance, in which the chance of occurrence is very, very 
small, but in which there are enough total observations so that 
the phenomenon does actually occur sometimes. Suppose, fqj 
example, that we were considering the number of ministers 
murdered in Chicago each year, tabulating the number of years 
in which no minister was murdered, the number in which o'ne was 
murdered, the number in which two were murdered, etc. It is 
probable that we should get a J-shaped distribution, with most 
of our years in the 11 no-murder ” class, fewer in the “ one-murder ” 
class, and fewer and fewfcr years as the number of murders 
increased. Other hypothetical examples of this sort of distribu¬ 
tion are given in Sec. 3.13, where J-shaped distributions are 
discussed. Pois son series are not always J-shaped, but they are 
usually either. J-shaped. or mound-shaped and badly skewed in a 
positive direction. In such distributions it will often pay to try 
the Poisson curve, especially since it is unusually easy to fit. 

We shall illustrate the fitting of this distribution with figures 
showing the rate at which vacancies have occurred in the U. S. 
Supreme Court from 1837 to 1932. 1 During this period the 
numbers of years in which various numbers of vacancies occurred 

were as follows: • 

» 

1 The data are taken from W*. Allen Wallis, The Poisson Distribution and 
the Supreme Court, Journal of The American Statistical Association , Vol. 31, 
June, 1936, pp*376jf. 
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Number of 
Vacancies 
0 
1 
2 
3 

Total 


Number 
of Years 
59 
27 
9 
1 
96 


» From this table we compute first the average number of vacan¬ 
cies, which is 0.500 per year. To fit the Poisson series we need.no 
data other than the number of cases and the average, 1 The 
■formula used is 


where y is the estimated frequency, N the number of cases, A the 
average occurrence computed as directed in the footnote below, 
e = 2.71828+, and x\ is factorial x or the product of all positive 
integers from 1 to x . We substitute the values of N (96) and 
d (0.5) together with any value of x (say 1) and solve the equa¬ 
tion to find the corresponding value of y . 

In our problem we shall substitute for x the various numbers 
from 0 to 3, finding in each case the expected value of y. Our 
equation in this case becomes 

_ 0.5 X 2.71828~* 5 

S' -s>8 -Jf- 

It will be easier to solve this equation if we put it in logarithmic 
form. This gives us 

log y = log 96 + x(log 0.5) — 0.5(log 2.71828) — log xl 
Substituting the logarithms in the places indicated, we have 
log y = 1.98227 - .30103x - .21715 - log x\ 

ir The average used in fitting this series must f always be computed by 
numbering the classes from 0 up. In this case they were naturally so 
numbered, but if other class limits appeared the numbers 0, 1, 2* 3, . . . 
would be substituted for them and the average would be computed from 
these substituted values. * 
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Let us first let x = 0 and substitute in the equation, solving to 
find the value of y. 1 This gives us 

log y = 1.98227 - .21715 = 1.76512 
y = 58.23 

Thus we have estimated that no vacancies would be expected 
to occur in 58.23 of the 96 years. If, now, we let x = 1 and make 
the necessary substitutions, we find 

log y = 1.98227 - .30103 - .21715 = 1.46409 
• y = 29.11 

Now let x = 2: 

log y = 1.98227 - .60206 - .21715 - .30103 = .86203 
y = 7.28 

Letting x = 3, we find 

log y = 1.98227 - .90309 - .21715 - .77815 = .08388 
y = 1.21* 

If we collect these computations and compare them with the 
actual occurrences, we have 

Number of 
Vacancies 


0 58.23 59 

1 29.11 27 


2 7.28 9 

3 1.21 1 


Totals. 95. 96 


It will be seen that this method makes it possible to fit a mathe¬ 
matical curve which follows very closely the original data. We 
discover that two vacancies in a single year have occurred slightly 
more often than woitfd have been expected, and that a single 
vacancy has occurred slightly less often; but by and large the 

1 It is necessary to remember here that the value of factorial zero is taken 
as 1. That », when x » 0, xi ** 1. 


Number of Occurrences 
Estimated Actual 
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actual data follow very closely those which would be anticipated 
by chance. 

If one is interested in the relative likelihood that various num¬ 
bers of vacancies will occur rather than in the actual numbers of 
years out of 96 in which each will occur (that is, if one wants 
relative probabilities rather than actual frequencies), one will 
omit the N in the formula. The remainder of the formula solved 
just as we have solved it will yield these probabilities. In this 
case a trial will disclose that the probabilities are approximately 
the following: 

Number of Probability 

Vacancies of Occurrence 

0 0.606 

1 0.303 

2 0.076 

3 0.013 

The probability that more than three vacancies will occur in a 
year is found by subtracting the total of the above probabilities 
from 1.00. In this case we find that this probability is 0.002. In 
other words, in two years out of 1000 we might expect to find more 
than three vacancies occurring in the Supreme Court if the gen¬ 
eral underlying causal factors continue to operate as they have 
operated in the period studied. 

Although the work of fitting a Poisson distribution is very 
simple by means of logarithms, it can be speeded up somewhat 
if we use prepared tables. These tables sometimes show the 
proportion of the cases in each class for any value of the arith¬ 
metic mean, so that after we have found the arithmetic mean all 
we have to do is look in the table to find what percentage of the 
cases will be in class 0, what percentage in class 1, etc. 1 Other 
tables merely show the proportion of cases in class 0 of a Poisson 
distribution with any given arithmetic mean, leaving the worker 
to compute the proportion in other classes from the following 
simple relationship. 2 

1 For example, Karl Pearson, “ Tables for Statisticians and Biometricians,” 
pp. 113-124, Cambridge University Press, London, 1914, gives the propor¬ 
tion of cases in each class of a Poisson series for various values of the arith¬ 
metic mean, by steps of one-tenth of a unit in the arithmetic mean. For 
example, it would give data for cases when the mean was 0.6 or 0 . 7 ," but not 
for 0.63. 

* For example, in the Laboratory Manual, which is designed for use with 
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To find the proportion of cases in class 1 of a Poisson distribu¬ 
tion, multiply the proportion in class 0 by the arithmetic mean. 
To find the proportion in class 2, multiply the proportion in 
class 1 by one-half the arithmetic mean. To find the proportion 
in class 3, multiply the proportion in class 2 by one-third the 
arithmetic mean. In general, to find the proportion of the cases 
in class n, multiply the proportion in class n — 1 by 1/nth the 
arithmetic mean. 1 We see at once from these directions that if 
the arithmetic mean is smaller than 1, the number of cases in each 
class will be smaller than that in the preceding class. If the 
value ctf the arithmetic mean exceeds 1, class 1 will be larger than 
class 0; if the arithmetic mean exceeds 2, the second class will 
be larger than the first, etc. Thus the Poisson distribution may 
be mound-shaped, but will be J-shaped when A is less than 1. 
Also we see that the Poisson distribution approaches the normal 
distribution as a limit when the value of A gets very large. We 
have seen at the~beginning of this sectfon that in a Poisson dis¬ 
tribution ctz = and as the arithmetic mean gets very 

large this will make ot z approach zero. This indicates that the* 
curve is becoming more and more symmetrical. Likewise, we 
saw that in such a distribution a 4 = 3 + l/X. As the arith- 

this text, wc find immediately that when A is H the proportion of cases in 
class 0 is 60.65 per cent. This table gives values of the arithmetic mean 
to the nearest hundredth rather than merely to the nearest tenth. See 
Waugh, op. cit. f pp. 64-65. # 

1 The student who is interested in mathematics will see the reason for this 
rule at once. The formula for the proportion of cases in any class of a 
Poisson distribution is 

A*e~ A 

x\ 

For class 0 this would give 

A°e~ A _ e~ A 

. 0! “ 1 
Similarly, for class 1 we get 

Ae~ A 

1 

For class 2 we get 

# A *e~ A 

(D(2) 

The proportion in each class is iound by multiplying the proportion in the 
preceding cla$s by A/n . 
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metic mean increases, this value will approach closer and closer 
to 3, so that when the arithmetic mean of a Poisson distoibutionjs 
large^ a 3 approaches 0 and cu approaches 3, which means that 
the distribution approaches the normal curve. The student 
must remember in fitting these distributions to compute the 
arithmetic mean in the special way indicated, with the first 
class given a value of zero, the next a value of 1, etc. 

8.12. Goodness of Fit and the Chi-square Test.—During this 
and the preceding chapter, we have been computing various 
sorts of curves to represent frequency distributions—normal 
curves, Type III curves, Poisson curves, etc. We may well ask 
with regard to any one of these curves just how well or how poorly 
it describes the distribution to which we fit it. When we wish to 
compare actual data with hypothetical data, to see whether or 
not the hypothesis is reasonable in the light of the actual data, 
one of the most useful methods involves the application of what 
is called the chi-square test, or the x 2 test. When we apply 
this test, we are always making a comparison between an actual 
‘occurrence and a hypothetical occurrence. For example, we 
might say that on the basis of theory we should expect a penny 
to come up “heads” 28 times in 56 throws. If it did actually 
come up “heads” 35 times, we should compare the actual occur¬ 
rence (35 heads) with the expected or theoretical occurrence 
(28 heads), and we should try to decide whether the actual 
differed from the expected enough to force us to abandon the 
hypothesis that the penny could be expected to come up “heads” 
half the time. 

In the case of frequency curves, our usual hypothesis is that 
the data are fundamentally normal or that they are funda¬ 
mentally of the skewed Type III form, or that they are funda¬ 
mentally of the Poisson type, etc. We realize that any finite 
number of cases, say 1000 cases, may not conform exactly to 
the hypothesis, just as in 1000 throws of a penny we might not 
get exactly 500 heads. But we are interested in comparing what 
we did get with what we would have got if the hypothesis had 
been correct. 

Perhaps the idea will be simpler if we illustrate it with data 
that we have already studied. In the preceding chapter* in Sec. 
7.8, we fitted a normal curve to data describing the distribution 
of students' heights. Evidently it was then our hypothesis that 
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the heights of students were normally distributed. When we 
got through, we found that the students 7 heights had not been 
distributed exactly normally, but that there were differences 
between the actual figures and those which would have been 
expected on the basis of our hypothesis that the data were normal. 
Our findings are given in the first three columns of Table 8.6. 


Table 8.6.—Applying the Chi-square Test to the Distribution of 

Student Heights 


Class 

Mark 

w 

Observed 

Frequency 

(/) 

Expected 

Frequency 

(/') 

(/-/o 

c f-r ) l 

(f - f'Wf' 

156 

4 V, 

2.51 

0.9 

0.81 

0.073 

159 

8 p 

8 . 6 $ 




162 

26 

23.6 

2.4 

5.76 

0.244 

165 

53 

53.7 

- 0.7 

0.49 

0.009 

168 

89 

97.9 

- 8.9 

79.21 

0.799 

171 

146 

146.8 

- 0.8 

0.64 

0.004 

174 

188 

177.7 

10.3 

106.09 

0.597 

177 

181 

175.3 

5.7 

32.49 

0.185 

180 

125 

141.0 

-16.0 


1.816 

183 

92 

91.4 

0.6 


0.004 

186 

60 

48.8 

11.2 


2.570 

189 

22"* 

20.9} 




192 

4 

7.41 




195 

r 

2 

- 2.9 


0.272 

198 

1 

0.5/ 




Totals. 

1000 

998'2 


pjfiisi 

6.573 


These are the first, second, and last columns of Table 7.5. 

In applying the chi-square test, if we find sdme classes with 
very few cases (as we often do near the ends of a mound-shaped 
distribution) we lump two or three classes together. The reason 
for this is obvious. If I want to know whether a penny is well- 
balancfed or not, I know better than to try to decide on the basis 
of only two or three tosses. After all, if I toss a penny only 
once it will come up heads or tails 100 per cent of the time, not 
50 per cent of the time. Similarly, if some classes have less than 
10 cases it is considered good practice to lump enough classes 
together, so that there will be at least 10 cases in each group. 
Thus in Table 8.6 we have lumped together the top ttvo classes, 
giving uk 12 cases, and the bottom four classes, giving us 28 
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cases. We have then, in the fourth column, compared the 
accuracy of our estimates by subtracting the computed from the 
actual values. These figures in the fourth column show us 
the amounts of our errors. For example, if the distribution of 



I 2 3 4 5 6 7 8 9 10 II 12 13 14 15 

n’ or Degrees o'f Freedom 

Fia. 8.4.—Values of P corresponding to various values of chi square and various 

degrees of freedom. 

heights had actually been exactly normal, there would have been 
141 cases in the 180 class, whereas there were but 125. Thus the 
error was 16 cases; -—16 because the actual distribution was 
16 cases short. 

It would be unwise to judge the amount of our error by adding 
these errors of column 4 and using the sum, since every error 
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might be large, yet the positive and negative signs might balance, 
giving a small sum. Therefore we use the same procedure that 
we used under similar circumstances when computing the 
standard deviation; that is, we square the deviations. This gives 
us the fifth column. Yet even here we do not have a good 
measure, because surely we should feel that to come within 10 
heads of the expected amount when we tossed a penny a million 
times was very close, while to miss it by 10 heads when we tossed 
the penny 22 times would be very far from expectation. We 
should naturally want to divide by the expected amount to get 
the result in percentage form. This is what we do in the last 
column of Table 8.5. Each figure in this column is found by 
dividing the corresponding figure in the preceding column by 
the corresponding figure in the third column,. When we add 
these figures in the last column, we get the/Value of x 2 > which 
in this case is 6.573. 

To interpret this answer, we have to know how large a value 
of x 2 can be expected. Obviously this will depend on the number 
of items in the column. In our illustrative case there are 11 # 
items in the column. But also in our illustrative case we were not 
content with any random normal curve. On the contrary, we 
insisted on fitting a normal curve that had the same total number 
of cases, the same arithmetic mean, and the same standard 
deviation as our original figures. Thus we forced our normal 
curve to agree with our original data in three particulars, as we 
say that we reduced the number of “degrees of freedom” by 3, 
from the original 11 items to 8. Therefore we let n f equal 8 
for our particular example. 1 Let us now consult Fig. 8.4, finding 

1 In applying the chi-square test, we always compare a number of actual 
frequencies (here 11 of them) with the same number of theoretical frequen¬ 
cies. The number of degrees of freedom, n', is the number of classes the 
frequencies of which could be filled in at random without violating any of the 
totals, subtotals, etc. For example, if we take the case of Table 8.5, we want 
to make the total frequency equal 1000 to correspond with our original 
data. We could put numbers arbitrarily into any 10 of the 11 classes, but 
having filled up those 10 classes there is only one number that can be put 
in the 11 class to give us the right total. We do not have any “freedom” 
in making our last entry* There are but 10 “degrees of freedom.” And 
when we stipulate that the mean must be 175.335 cm. and that the standard 
deviation must be 6.582 cm., we 1 lose two more degrees of freedom, leaving 
us n' = S'. Iti general, when we fit normal curves, n' is smaller by 3 than the 
number of classy. When we fit a Type III curve, we must also use the 
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our value of chi square (6.573) on the vertical axis at the left 
and our value of n' (which is 8) on the base line. We discover 
that the point on this diagram at the right of x 2 = 6.573 and 
directly above n f = 8 lies between the line labeled P = 0.50 
and the one labeled P = 0.70. In fact, if we interpolate roughly 
between these two lines, we might say that this point represents 
a value of 0.58, since it seems to be just barely closer to the 0.50 
line than to the 0.70 line. 1 This is the probability that we should 
get a fit as bad as or worse than the fit of Table 8.6 by pure 
chance in drawing a sample of 1000 cases from a universe which 
was really normally distributed. To put this in other terms, 
since our value of P is 0.58 in this problem, we can say that 58 
per cent of the time we should get fits as bad as this one or worse 
just by chance even if students' heights in the universe are really 
normally distributed. This, then, is a reasonably good fit; it 
is by no means unreasonable to assume that the distribution of 
heights is really normal, and that the departures from normality 
among our particular 1000 students are merely chance, haphazard 
* variations. 

If our value of P turns out to be very small, it means that our 
fit was very bad. Suppose, for example, that we had a case 
inhere x 2 was 24 and w! was 3. We see from the chart that we 
should get a fit as bad as this far less than one time in a thousand 
by chance. If we look up the values in the tables, we find that 
such a poor fit would occur by chance only about 25 times in 
a million. In other words, if we had a very large number of 
students, and kept on trying again and again taking samples of 


skewness; so we lose another degree of freedom, and n' is smaller by 4 than 
the number of classes. When we fit a Poisson curve, we use only the total 
frequency and the arithmetic mean; so n' is smaller by 2 than the number of 
classes. For a complete understanding of degrees of freedom, the student 
will find it necessary to consult some more advanced work, but these rules of 
thumb will be reasonably adequate for the types of work here described. 

1 The value of P corresponding to any values of n' and x* can be computed, 
but the procedure is laborious. The results have fortunately been tabu¬ 
lated, as, for example, in Pearson, op. cit ., p. 26, and in Fisher and Yates, 
‘‘Statistical Tables for Biological, Agricultural^ and Medical Research,” 
p. 27, Oliver & Boyd, London, 1938. A copy of the latter table appears in 
Waugh, op. cit. Linear interpolation inteuch tables gives 0.585 for the 
value of P, but one can make a visual interpolation on Figs; 8,4 and 8.5 with 
sufficient accuracy, and we shall continue here to use the rqvgh value of 0.58. 
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1000 students each, the samples would not always be exactly 
normal even if the larger group from which they were selected 
was exactly normal—yet only 25 times in a million trials would 
any sample drawn at random differ so much from normal as 
this. Now if the chances are only 25 in a million that this sample 
came from a normal distribution, we are fairly safe in assuming 
that the actual distribution is not normal. When P is very small, 
we decide that our hypothesis is not tenable. Our hypothesis 
in this case was that the distribution was normal. We 'actually 
did get a value of P which led us to believe that the heights 
might faell be distributed normally (P = 0.58). 

It might be wise to point out here that we can also get a value 
of P which is so large that we look upon it with suspicion. We 
know that when we toss two good pennies the chances are that 
half of them w r ill be heads and half tails. Yet if someone tosses 
two pennies time after time, and always gets one head and one 
tail (never getting two heads or two tails), we decide that there 
must be something wrong. It is “too good to be true.” If 
you saw a man toss two pennies 500 times, and every single time* 
he got one head and one tail, you would (or should) raise some 
question about it in your mind. Similarly, if every, single class 
in a frequency table has exactly the expected number of cases^ 
or almost exactly the expected number, we are suspicious. Thus 
if we got values of x 2 and n r which yielded a value of P = 0.999, 
this would mean that we should get a better fit only once in a 
thousand by chance. Realfy what we look for in applying the 
chi-square test is values of P somewhere around 0.5. Some 
departure from this is common and raises no question in our 
minds. Usually if P is between 0.1 and 0.9, we accept it as 
meaning that our hypothesis is probably tenable. When we get 
outside these bounds, we begin, perhaps, to get the least bit 
suspicious of our hypothesis, and we prefer to try more cases to 
make sure. But we do not usually throw our hypothesis out 
altogether unless P is smaller than 0.01, and many statisticians 
would insist on using an even smaller value of P. Neither do 
we decide that the data are altogether too close to expectation 
to believe that it happened by chance unless P is greater than 
0.99. • 

Let u§ apply the chi-square test to one other set of data and 
interpret ttie ^results. In the preceding section, we fitted a 
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Poisson distribution to data on Supreme Court vacancies (see 
page 219). The data appear again in Table 8.7. This time 
we have lumped together the last two classes to get at least 10 
cases in each class. Again we find in the fourth column the 
differences between actual and expected, and in the fifth column 



n' or Degrees of Freedom 

Fio. 8.5.—Values of P corresponding to various values of chi square and various 

degrees of freedom. 


we find the squares of these differences. Then we divide each 
item of column 5 by the corresponding figure in column 3 to get 
column 6. The sum of this last column* is chi square. In this 
Supreme Court problem, x 2 = 0.432. When we look at»Fig. 8.4, 
we find it hard to tell what the v^lue of P is with very much 
accuracy when n f is 1 and x 2 is as small as 0.432, so we turn to 
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Fig. 8.5. This latter figure is merely the lower left-hand corner 
of Fig. 8.4 enlarged. In Fig. 8.5, we locate the point on the 
diagram which is directly at the right of the value 0.432 on the 
vertical scale and directly above the figure 1 on the horizontal 
scale. We see that this point falls almost exactly on the 0.50 
line. Therefore we know that P has a value of approximately 
0.50. This tells us that if Supreme Court vacancies were really 
distributed in a Poisson distribution, and if we selected cases at 
random, we should get results that fitted worse than these 
about 50 per cent of the time. The Poisson curve, then, gives a 
reasonable fit to the data of Table 8.7—just about what we 
might expect to get in samples from a distribution that was 
really an exact Poisson distribution. 


Table 8.7.— Applying the Chi-square Test to a Poisson Distribution 


X 

/ 

r 

(/-/') 

c f-sr 

(f-fV/f 

0 

59 

58.23 

0.77 

0.5929 

0.010 

1 

27* 

29.11 

-2.11 

4.4521 

0.153 < 

2 

9 

7.28) 




3 

1 

1.21 \ 

1.51 

2.2801 

0.269 

Totals. 

96 

95.83 


• 

0.432 


We can now summarize the rules for applying the chi-square test to a 
frequency distribution as follows: 

1. Set down in a column the actual frequencies of the classes in the 

frequency table. * 

2. Set down beside them the corresponding frequencies that would be 
expected if the distribution were normal, skewed Type III, Poisson, or 
whatever your hypothesis calls for. You now have one column of actual 
frequencies and one column of computed or estimated frequencies. 

3. If any of the classes of actual frequencies contain less than 10 cases, 
add them to adjacent classes until no class contains less than 10 cases. 

4. Subtract each computed frequency from the corresponding actual 
frequency. 

5. Square the differences just obtained. 

6 . Divide each of these squares by the corresponding computed 
frequency. 

7. Add the quotients just obtained. The sum is x 2 - 

8 . Find the number c( degrees of freedom by subtracting from the 
number of classes actually used (that is, from the number of entries in the 
last column of your table) the following number: 2 for a Poisson series, 
3 for a normaji curve, or 4 for a skewed Type III curve. The remainder 
is „n', or the numjper of degrees of freedom. 
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9. In Fig. 8.4 or 8.5, find the point that lies vertically above your value 
of n' found in step 8 and at the right of the value of x 2 found in step 7. Read 
from the lines in the figure the approximate value of P. 

10. The value of P found in the preceding step is the probability that you 
would get by pure chance a worse fit than you did if your hypothesis had 
been correct. If the value of P is very small, it means that your hypothesis 
is probably incorrect. If the value of P is very large, it means that the 
data are suspiciously close to those expected, and that they have probably 
been computed rather than observed, or in some way adjusted to get them so 
close to expectation. The value of P can be as large as 1.00 and as small 
as 0.00. Values between about 0.10 and 0.90 should lead you to believe 
that there is no reason for abandoning your original hypothesis. 

8 . 13 . Suggestions for Further Reading.—The student who wishes to 
learn more about moments would do well to read Chap. IV of Part I, John 
F. Kenney, “Mathematics of Statistics,” D. Van Nostrand Company, Inc., 
1939; or Chap. 9 in G. Udny Yule and M. G. Kendall, “An Introduction 
to the Theory of Statistics,” Charles Griffin & Company, Ltd., London, 1937. 
A discussion of Sheppard's corrections can be found in H. C. Carver's 
article on Frequency Curves which is Chap. VII of the “Handbook of 
Mathematical Statistics,” edited by H. L. Rietz, Houghton Mifflin Com¬ 
pany, Boston, 1924. Pearson's system of frequency curves, including both 
the Type III and other types, is discussed in Chap. IV pf W. Palin Elderton, 
k “Frequency Curves and Correlation,” Layton, London, 1927. A much 
shorter and simpler treatment is found in Chap. Ill of C. B. Davenport and 
Merle P. Ekas, “Statistical Methods in Biology, Medicine and Psychology,” 
John Wiley & Sons, Inc., New York, 1936. References to further discussions 
of the Poisson curve are given in the footnote on page 216. To these we 
might add Henry Lewis Rietz, “Mathematical Statistics,” pp. 39-45, The 
Open Court Publishing Company, La Salle, Ill., 1927. The chi-square test 
was originated by Karl Pearson, and the student who wishes to investigate 
it further would do well to read his original article, On the Criterion That 
a Given System of Deviations from the Probable in the Case of Correlated 
Variables Is Such That It Can Reasonably Bo Supposed to Have Arisen 
from Random Sampling, Philosophical Magazine , 5th series, Vol. 50, 1900, 
pp. 157/. Also helpful is R. A. Fisher, “Statistical Methods for Research 
Workers,” Chap. IV, 3d ed., Oliver & Boyd, London, 1930. For a discussion 
of the use of another kind of probability paper see F. C. Martin and D. H. 
Leavens, A New Grid for Fitting a Normal Probability Curve to a Given 
Frequency Distribution, Journal of the American Statistical Association , 
Vol. 26, new series No. 174, June, 1931, pp. 178/. 

EXERCISES 

1 . Compute the first four moments of the data of Table 5.9, page 124. 

2 . Table 8.8 shows the number of Kansas towhs having various numbers 

of cream stations. 1 The distribution is obviously skewed. Determine by 

t 

1 From Theodore Macklin, “Efficient Marketing for Agriculture,” 
p. 346, The Macmillan Company, New York, 1922, 
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inspection whether the skewness is positive or negative. Verify by com¬ 
puting each of the measures of skewness described in Sec. 8.6. 

Table 8.8.—Numbers of Kansas Towns Having Various Numbers of 

Cream Stations 


Number of 
Cream 
Stations 

Number 

of 

Towns 

1 

282 

2 

240 

3 

151 

4 

101 

5 

50 

6 

11 

7 

8 

8 

2 

9 

1 


3. Fit a Poisson curve to the data of Table 8.8. 

4. Test the goodness of fit by chi square for your results in Exercise 3. 
Interpret your results. Does a Poisson curve give a good fit whenever one 
has a J-shaped distribution? 

6. Fit a normal curve to the data of Table 8.5, page 214* Apply the 
chi-square test, and interpret your results. 

6 . Apply the chi-square test to the data of Table 8.5, page 214, using the 
Type III curve. Interpret your results. 

7. Comparing your results on Exercises 5 and 6, which fits the data of 
Table 8.5 better, a normal curve or a skewed Type III curve? 

8. Apply the Charlier check to your computations of Exercise 1. 

9. Apply Sheppard’s corrections to your computations of Exercise 1. 

10 . Fit a Type III curve to the data of Table 5.9, page 124. It will be 
necessary to use prepared tables of ordinates of the Type III curve. 

11 . Describe as well as you can without having seen it the characteristic* 
of a frequency distribution which has the following frequency statistics: 

X = 17.5 

* <r - 2.7 

at - -0.9 
ou =* 3.2 

12 . Explain why it is that we are suspicious of very large values of P in a 
chi-square problem; that is f what sort of things other than chance might 
aocount for a value of P of 0.9996? ' 

13. In applying the chi-square Jbest, does any value of P tell us that our 
original hypothesis was correct? What will be true*of the value of P if 
our original hypothesis was correct? 
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14 . On page 219 we computed various numbers of Supreme Court vacan¬ 
cies, using the formula for the Poisson curve. Later we found that, after 
computing the first of these, the others could have been computed easily 
by proportion. Check the results of page 219 by using the proportions of 
page 221. 

15 . Consider the following five values: 1, 2, 3, 4, 5. They are obviously 
distributed symmetrically. Compute the first, third, and fifth moments of 
this distribution and verify the statement made on page 190 that the odd 
moments of symmetrical distributions equal zero. Compute the second 
and fourth moments and discover why they do not equal zero. Use the 
formulas given on page 189. 

16 . Why is it true, as stated on page 193, that = 0 and a 2 = 1 in 
every distribution? 

17 . The statement is made on page 204 that Bowley’s measure of skew¬ 
ness cannot be greater than +1 or less than — 1. Under what circumstances 
would it equal +1? —1? 0? 

18 . Compute Sk. for the heights of Harvard students, using Kelley’s 
method based on percentiles (page 204). 

19 . Find the mode of the data of Table 5.9, page 124, by the method 
described on page 205. 

20 . In Sec. 8.5, we evaluated the terms of the point binomial (q -f p) s 
when p was equal to 0.3. The resulting skewed binomial appears at the 

i lower left of Fig. 8.1. Evaluate the terms of the point binomial (q + p) 8 
when p =0.2. Plot your results, and compare them with the appropriate 
section of Fig. 8.1. 

21 . Suppose that you have fitted some sort of frequency curve to the 

data of a frequency table. The original table showed the data divided 
into 12 classes. You compare your computed frequencies with the actual 
frequencies, and apply the chi-square test. You discover that x 2 = 15. 
Interpret this result, using either a table of x 2 or the charts of Figs. 8.4 
and 8.5. < 



CHAPTER IX 

MEASURES OF RELIABILITY 


Occasionally a statistician works on a problem of such a nature 
that he can study all the existing facts—all the data are at his 
command. For example, if we wish to ascertain the average 
length of the terms of past Presidents of the United States, we 
can get data on each and every man who ever occupied the 
Presidential chair. Thus we can be sure that our average 
represents the facts (at least if the original data were accurate and 
if we made no mistakes in computation). 

But suppose that we wish to discover the average yield per 
acre of potatoes in Maine, the average height of college students 
in the United States, the average weight of male babies at birth, 
or the average temperature on Aug. 7 in Duluth. The problem* 
is then somewhat different. The chances are that we cannot get 
figures on every acre of potatoes in Maine or on e.very college 
student in the United States or on every male baby born or on 
every August temperature back to the beginning of time. Some 
figures we can usually obtain; but almost never can the statis¬ 
tician get figures on every occurrence of the event. A complete 
enumeration may be too expensive, or it may be entirely impossi¬ 
ble regardless of expense, as it would be in the case of Duluth 
temperatures. 

9.1. Sample and Universe. —When it is impossible to get com-" ?; 
plete data (and it almost never is possible), the statistician finds it 
necessary to fall back on a sample . The entire body of data 
which describe every occurrence of the event which ever existed 
is called the universe . For example, if we take the problem of 
determining the average birth weight of male babies, the universe 
would consist of the weights of all babies who were ever born 
(that is, of all male babies, or of all babies of the kind in which 
we were interested). *The sample would consist only of those 
weights ‘of which we actually had records. In such a study it 
is probable that the sample would be relatively small as com¬ 
pared with Ihp.size of the universe; that is, the figures usually 

,• • * 233 
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given on average weights of babies are based on observations of a 
number of births which is small when compared with the total 
number of births. 

What is actually done, of course, is to weigh a relatively small 
number of babies (a few thousand at the most) and to call their 
average weight the average weight of babies. Similarly we take 
temperature records in Duluth for a relatively few years (surely 
less than a century) and call the average temperature for these 
years the average Duluth temperature. We find the yield of 
potatoes on each of a few hundred acres in Maine and call the 
average of these figures the average yield per acre in Maine. 
Thus the statistician studies the characteristics of a sample, and 
then imputes the same characteristics to the universe. We 
study the heights of 1000 college students. We find the average 
height of these students, the dispersion in their heights, the skew¬ 
ness in their heights, etc. We then ascribe the same average 
height, the same dispersion of heights, and the same skewness of 
heights to students in general. 

, This habit of studying the peculiarities of a sample and 
attributing the same peculiarities to the universe seems all the 
more peculiar when we stop to realize that, if we were to take 
another group of 1000 students selected at random, they would 
almost certainly not have exactly the same average height as did 
the first group measured. If we were to take 1000 such groups of 
students (1000 groups of 1000, each selected at random) we should 
find variations in the averages of the groups. Some groups would 
have higher average heights; some would have lower. Likewise 
in some groups the standard deviation of heights would be larger 
than in others, and each of the other measures by which we 
describe the group of heights would vary from sample to sample. 

We are usually interested in the characteristics of the universe. 
We study past potato prices mainly because we are interested in 
future potato prices. We study past scholastic records primarily 
because we want to know what to expect in the future. As 
Professor Frank Knight has pointed out, the scientist who dissects 
a dead dog does it because he is interested in live dogs—he cuts 
open a dog not because he is interested in that dog but because he 
is interested in the universe of dogs (or the universe of mammals 
or in life itself). Now if we must expect to find changes in our 
answers whenever we change our sample, what faith can be put 
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in our conclusions? How can we ascribe to the universe the char¬ 
acteristics of a sample when we are certain that other samples 
would have yielded other characteristics? How do we dare say 
that the average male baby weighs 7.6 lb. at birth when we have 
weighed but a few thousand babies and when we realize that the 
average weight of a few thousand other babies would probably be 
somewhat different? 

If the variations in our answers are not due to chance we are 
not justified in drawing conclusions with regard to the universe. 
That is to say, if the variations are the result of faulty calculation 
or if they are the result of the fact that our samples are not really 
drawn from the same universe, then we cannot speak with any 
certainty about the universe. But the variations in which we are 
interested in this chapter—the “errors” which we are studying— 
are not mistakes in arithmetic. Neither do they arise from the 
fact that one of our samples is composed entirely of Caucasian 
babies while our other is a group of Chinese babies. In this case, 
where the samples do not represent the same thing, one would 
have to expect variation. But even if all of our samples were of* 
red-headed male babies of native white parentage, we realize 
that we should get variations from sample to sample. The 
average weight of one group of 1000 would differ from the average 
weight of another such group. 

If, however, the variations are not due to arithmetical error or 
to changes in the universe from which the cases are drawn— 
if, that is, the variations are Sue to chance—w r e can say something 
rather definite about the characteristics of the universe. 

9.2. Standard Error of the Arithmetic Mean. —Although it is 
true that we cannot be sure that the average weight of any 
particular group of 1000 babies is equal to the average weight of 
all babies, it can be demonstrated 1 that, if we took an infinite 
number of samples of 1000 babies each and calculated the mean 
of each of these samples, the average of these means of samples 
would be equal to the average weight of all babies, and the stand¬ 
ard deviation of the means of these samples would be equal to 


l C. H.' Richardson, “An Introduction to Statistical Analysis,” pp. 
259-260, Harcoupt, Brace and Company, New York. 
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where is the standard deviation of the means of the samples, <r z 
is the standard deviation of the weights of all the babies in the 
universe, U is the number of cases in the universe, and S is the 
number of cases in the sample. Since it is usually true that U 
is tremendously large when compared with S f we shall not be led 
far astray in assuming that U is infinite in size. If we do this we 
simplify the formula greatly, obtaining the following: 


= 

Vs 


Or, since S is the number of cases studied, and since this is usually 
represented by the letter N, we have 


0M 




It will be noted that the standard deviation given in the numer¬ 
ator of this fraction is the standard deviation of the weights of all 
babies in the universe. This is, in any actual problem, unknown. 
We can discover the standard deviation of the weights of the 
babies in the sample, but there is no way of knowing the facts 
relative to the universe. As a matter of practice, in the absence 
of the necessary data describing the universe, we do assume that 
the standard deviation of the universe is equal to that of the 
sample. It has been shown empirically that the error made in 
assuming this is not great. It does, however, make our con¬ 
clusions approximate rather than exact. 

If we can make this assumption that the standard deviation 
of the weights in the universe is equal to the standard deviation of 
weights in the sample, we can then make a definite statement 
relative to the distribution of the means of samples. Let us take 
the case of students’ heights which we have been discussing. We 
found that the standard deviation of the heights in the sample was 
“6.58 cm. (page 143). The number of cases studied wag 1000. 
Now if we can assume that the standard deviation of the heights 
of all college students is 6.58 cm. (which is probably better than 
guessing at the standard deviation in the universe, but which is 
nevertheless probably not exactly accurate), we can make a state¬ 
ment about the distribution of means of samples of 1000 sjtudents. 
If we substitute in the last formula, ^we have 
= (<r x ) = 6.58 

*" Vn Viooo 


0.208 
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Let us see what this means. If we took many, many samples of 
1000 students each, the average heights would not be the same 
from sample to sample. Some averages would be larger than 
others. But the standard deviation of these averages would be 
0.208 cm.; that is, about t wo-thirds of alljbhe averages (actually 
68.27 per cent of them) would be within 0.20 8 cm. of the average 
height of all students in the universe. About 95 per cent of all 
the samples would have means within twice this distance, or 
within 0.416 cm. of the mean of all student heights in the universe. 
And practically never should we get a sample whose mean 
differed from the mean in the universe by more than 3 
(0.208) = 0.624 cm. 

In our sample of 1000 students we found an average height of 
175.335 cm. (page 87). We do not know that this is the average 
height of all students; other samples would give other means. 
But on our assumptions we know that two-thirds of all these other 
means will be within 0.208 cm. of the mean of the universe. It 
is therefore true that the chances are 2 out of 3 that this mean is 
within 0.208 cm. *of the mean of the universe. Conversely, it ifj 
true that the chances are 2 out of 3 that the mean of the universe 
is within 0.208 cm. of the mean of this sample. Since the mean of 
this sample is 175.335 cm., the chances are 2 out of 3 that the 
mean of the universe is within 0.208 cm. of 175.335 cm.; or, that 
the mean of the universe is between 175.127 and 175.543 oil. 
Likewise we can now deduce the facts that the chances are 95 out 
of 100 (19 to 1) that the m£an of the universe is within 0.416 of 
175.335, that is, between 175.751 and 174.919 cm. Likewise 
it is almost certain that the mean of the universe is within 
3(0.208) of the mean of the sample, or, that the mean of the 
universe is between 174.711 and 175.959 cm. 1 

Note, then, that we can make definite statements about the 
universe if we accept the assumptions we have been forced to 
make, 'that the standard deviation of the universe is equal to the 
standard deviation of the sample.. We have studied 1000 heights 
and found an average of 175.335 cm. True, it may be that the 
average of the universe differs somewhat from this figure. But 
we are practically certain that the mean of the universe lies 
between* 174.711 and 175.959 cm.; and we can compute the 
chances that the mean lies ht any particular distance from that 
found in the sample. 

l ^The instructor may wish to have the student read Sec. 9.7 at this point. 
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Let us illustrate again. We wish to know how many shaves a 
man can get on the average with a given brand of razor blade. 
Obviously we cannot experiment on every man in the world, nor 
can we get records on every razor blade of the particular brand 
sold. But if we can get records on a representative sample of, 
say, 500 blades, and if we find that these blades gave an average 
of 14 shaves each, with a standard deviation of 4 shaves, we can 
go ahead with the computations just illustrated. Assuming that 
the standard deviation in this sample of 500 blades is equal to the 
standard deviation of all blades of this brand, we say 


(Tm — 


VN 


4 

\/500 


0.179 


We now say that our best estimate of the average number of 
shaves is 14, but that the chances are 2 out of 3 (2 to 1) that the 
real average for all blades of this make is between 14 + 0.179 
and 14 — 0.179, that is, between 13.821 and 14.179. Similarly, 
we are practically certain that the average for the universe is 
between 14 + 3(0.179) and 14 — 3(0.179), or y between 13.463 
and 14.537. 

It will be noted that we have been making estimates of the 
probable position of the mean of the universe, basing our esti¬ 
mates on the characteristics of the sample. As has been pointed 
out, it is impossible to make an exact computation of the location 
of the mean of the universe, because we have to assume that the 
standard deviation of the universe is equal to the standard devia¬ 
tion of the sample. If we knew the standard deviation of the 
universe, we could compute the standard deviation of the dis¬ 
tribution of the means of all samples. As it is, we make an 
estimate of this standard deviation and call this estimate the 
standard error of the mean. The standard error of the mean is, 
in brief, our estimate of the standard deviation of the distribution 
' of the means of an infinite number of similar samples. It is, of 
course, the best estimate that we can make; but it is nevertheless 
only an estimate. We have seen how it is estimated and how the 
results are interpreted. 

If you were asked to state the average v^ge of barbers in Peru, 
and if you had data on the wages of but five barbers, yoju would 
not feel that you could put much reliance on your average. If 
you had data on 500 barbers, you would feel that your, conclusions 
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were much more significant. The larger the sample which you 
studied, the more faith you would have that the average was 
“correct” (not in the sense that there had been no errors of 
computation, but in the sense that it was really the average 
wage of all Peruvian barbers). In other words, you would feel 
that your computed average became more and more trustworthy 
as you increased the number of cases from which it was computed. 
The formula for the standard error of the mean indicates that 
you would be justified in such a feeling. The larger the number 
of cases, the smaller (other things being equal) will be the stand¬ 
ard erfor of the mean; that is, if we increase the number of cases 
on which we base the mean, we decrease the amount by which the 
means of such samples will fluctuate by chance. It will be noted 
from the formula, however, that doubling the number of cases 
will not double the reliability of the mean, since the formula is 
based on the square root of the number of cases rather than on the 
number of cases itself. Thus wo see that it would be necessary to 
quadruple the number of cases in order to double the reliability. 
If we need 5 times the reliability, we tnust take 25 times as man£ 
cases, etc. Thus in our illustrative problem of students’ heights 
we have discovered that the standard error of «the mean is 
0.208 cm., and that one should not expect to find the mean of 
any sample of 1000 students farther from 175.335 cm. than 
3(0.208) or 0.624 cm. (page 237). But suppose that this still 
gives too much leeway. You want to be sure of the location of 
the mean within 0.25 cm. That would mean that you wanted 
to cut the error down to ${o of its present amount, or that 
you wanted to increase the accuracy to 1 % of its present amount 
(0.624/0.25 = x %). But () 2 = 6.25, so we know that we 
should have to take 6.25 times as many cases in order to get the 
desired accuracy (if the standard deviation still stayed the same). 
Since ,we took 1000 cases before, this would mean that we should 
have to study a total of 6250 cases. 

Suppose we apply this latest conclusion and test it out. If the 
standard deviation did stay the same (6.58 cm.) and if we did 
have 6250 cases, what would be the standard error of the mean? 
We substitute in the fbrmula 


(< t x ) *_ 6.58 

Vat V6250 


0.0833 
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The greatest amount by which we should expect the mean of any 
other group to differ from this would be three times the standard 
error, or 3(0.0833) or 0.25 cm. This is the accuracy we set out to 
attain. 

To return to our estimate of wages of Peruvian barbers, we 
have seen that, as one should expect, the accuracy of the mean 
depends on the number of cases studied (varying as the square 
root of the number of cases). But if you had learned the wages of 
25 barbers and noted that their wages were practically identical, 
varying by but 2 or 3 centavos, you would rely much more on the 
average than you would if you found great variation. If there 
were great differences among the few cases studied, you would 
fear that there might be considerable variation in the averages 
of such variable groups. And again you would be right. We 
note from the formula for the standard error of the mean that 
great variation in the original figures (as shown by a large stand¬ 
ard deviation) will give great variation in the means of samples. 
Just as might have been expected on purely a priori grounds, then, 
we find from our formula for the standard error of the mean that 
we can increase the realiability of the mean by studying more 
cases, and that the reliability is greater also when the variation 
among the original figures is small. 

9.3. The Probable Error. —The standard error of the mean 
tells us a range .within which two out of three means of samples 
will lie. Similarly, the standard error of any other measure tells 
us the range within which two out of three similar measures will 
lie in other samples. For some unknown reason many people are 
interested in the range within which the chances are even that the 
mean (or any other measure) will lie. Thus, if we say that the 
average number of shaves per razor blade is 14 in a given sample, 
but that the mean of the universe may differ from this somewhat, 
many people want to know within what range the chances are 
even that the true mean lies. 

It has been seen that the standard error of the distribution of 
the means of an infinite number of samples would be 0.179 
(page 238). Thus the chances are 2 to 1 that the mean of the 
universe is within 0.179 of 14 shaves. Tlfat is to say, if we kept 
trying over and over again until we # had found the meahs of an 
infinite number of samples of 500 blades, we should find variations 
in the means of the samples. We estimate that, the standard 



MEASURES OF RELIABILITY 


241 


deviation of the means of samples would be 0.179 shaves; 
two samples out of three would, by our estimate, lie between 
14 + 0.179 and 14 — 0.179 shaves. Within what range can we 
expect the means of half the samples to lie? 

This question is easy to answer if we remember our study of the 
relationship that exists between measures of dispersion (page 
146). We discovered that the semi-interquartile range (which 
includes half the cases) and the standard deviation were related 
in a normal distribution in this way: 

Q = 0.6745a 

The distance that will include half of the cases is just over two- 
thirds of the standard deviation. 

If we remember this relationship we can compute from any 
standard error the distance within which the chances are even. 
We know that 0.6745 times the standard error will give us the 
desired result. This value is known as the probable error , and is 
symbolized by the letters PE. Thus the probable error of the 
mean is 0.6745 times the standard error of the mean, and our 
formula would be 

PEm = 0.6745 cm = (0.6745) 

If we apply this to the case of students’ heights, we get 

PE m - 0.6745^ « (0.6745) (0.208) = 0.14 

We can now say that the mean height of the students in our sam¬ 
ple is 175.335 cm., and that the chances are even that the mean of 
all students’ heights in this universe is between 175.335 + 0.14 
and 175.335 — 0.14; that is, the chances are even that the true 
mean lies between 175.195 and 175.475 cm. It is important to 
note that the chances are also even that the mean of the universe 
will lie outside this range. Students occasionally acquire the 
idea that the probable error sets the limits of error—that it 
is the same, as “possible” error. This is by no means true. 
Statisticians usually assume as rough limits that chance phenom¬ 
ena will not vary from the mean by more than three standard 
deviations, which would be 3/0.6745, or almost 4.5 probable 
errors. • 
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Illustrating once more with the case of razor blades,’ we 
have discovered in our hypothetical example that the average 
blade will last for 14 shaves and that the standard error of 
this mean is 0.179 shaves. The probable error, then, will be 
0.6745(0.179) = 0.121 shaves. Thus we can say that while the 
average service of the 500 blades studied was 14 shaves, the 
chances are even that the mean of the universe (of all blades 
used) would lie between 14 + 0.121 and 14 — 0.121 shaves; that 
is, the chances are even that the true mean is between 13.879 
and 14.121 shaves. 

It is common in scientific work to state the probable error of a 
mean (or of any other measure) immediately after the statement 
of the mean itself but preceded by a ± sign. Take, for example, 
the case just studied. We have said that the mean is 14 shaves 
and that the probable error of the mean is 0.121 shaves. Com¬ 
monly this would be written 

X = 14 ± 0.121 

Statisticians reading this would understand it to mean that the 
mean of the sample studied is 14, and that the probable error of 
this mean is 0.121. It is becoming increasingly common for 
men to use the standard error rather than the probable error, 
and there are decided advantages in so doing. When the stand¬ 
ard error is given the fact should always be pointed out, however, 
because it is understood when one sees two figures separated by a 
± sign that the second figure is a probable error. One might, 
in giving standard errors, make a statement similar to this: 

“The average number of shaves per blade and the standard 
error of the average are 14 ± 0.179.” 

One could, of course, invert the ± sign in giving standard 
errors to distinguish them from probable errors, thus: 

X = 14 T 0.179 

If such a convention could be universally adopted, it would 
save much explanation. At present, however, such usage would 
not be understood. 

- 9.4. Other Standard Errors and Probab]e Errors. —Just as we 
have discovered that means of various samples differ, so js there 
variation in the standard deviations »of different samples. The 
values of the median will not be the same for all samples; there 
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will be variation in the values of the quartiles and of a z and a 4 . 
Just as we wish to discover the amount of such variation which 
can be expected in the cases of means of samples, so we wish to 
know the reliability of other measures. The concept is the same 
as that already explained in the case of the mean; hence it will 
not be necessary to go through most of the explanation again. 
We shall give the formulas for the standard errors of several of 
the measures which we have discussed in earlier chapters, 
and in most cases give an example of the computation. 

Standard Error of the Standard Deviation: l 


_ < T x 

V2N 


0.707107<rjf 


In the case of students , heights we have found the standard 
deviation of heights to be 6.58 cm. with 1000 cases (page 143). 
Substituting in the formula, we get 




6.58 


= 0.147 


V2000 

We had already" computed the cr M ds 0.208 (page 236). Thus 
we can use the second formula above to get 


Ca = 0.707107(0.208) = 0.147 • 

This means that the chances are 2 out of 3 that the true standard 
deviation of the universe is within 0.147 cm. of the standard devi- 


1 This formula for the standard error of the standard deviation is strictly 
correct only in a normal distribution. F. C. Mills states (in his “ Statistical 
Methods,” p. 556, Henry Holt and Company, Inc., New York, 1924) that 
one can determine the standard error of the standard deviation of any 
distribution, normal or otherwise, by the formula 


ov 


*lv 4 — V 2 2 

* 4vt(N) 


The t/s in this formula are the higher moments about the mean as found in 
the preceding chapter (pp. 192ff.). If Sheppard's corrections are used, the 
corrected moments should be substituted. If we substitute the values of 
the moments of the heights of Harvard students from p. 192, this formula 
becomes 


ov 




f 5508.567 - 43.353 2 
(4) (43.353) (1000) 


0.145 


In this Case, since the distribution of heights is practically normal, the 
result obtained by this method is almost identical with the result obtained 
by the method more commonly used. 
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ation of the sample, that is between 6.58 + 0.147 and 6.58 — 
0.147, or between 6.433 and 6.727 cm. It is practically certain 
that the true standard deviation lies between 6.58 + 3(0.147) and 
6.58 — 3(0.147), or between 6.139 cm. and 7.021 cm. We have 
seen that the probable error of any measure is 0.6745 times the 
standard error. Thus we can say that 

P*. - 0.6745 (-±J) = m 0.099 

\V2 N) V2000 

Hence we can say the chances are even that the true stand¬ 
ard deviation of the universe lies between 6.58 + 0.099 and 
6.58 — 0.099, or that it lies between 6.679 and 6.481 cm. The 
standard deviation would usually be written in conjunction 
with its probable error, thus: ' 

a = 6.58 ± 0.099 cm. 

Standard Error of the Median: 

* <TMed. = <T, = 1.2533 l(Tjf * 

We have found that the median height was 175.28 cm. (page 
94). We have also found that <r M is 0.208 cm. (page 236). 
Substituting in the formula above, we have 

V M «d. = 1.25331(0.208) = 0.261 

The chances are 2 out of 3 that the true median lies between 
175.28 + 0.261 and 175.28 - 0.261, or between 175.019 and 
175.541 cm. It is almost certain that the median of the universe 
lies between 175.28 + 3(0.261) and 175.28 — 3(0.261); that is, 
between 174.497 and 176.063. The probable error is, of course, 
0.6745 times the standard error, so the chances are even that 
the true median lies within (0.6745) (0.261) of the median of 
the sample. The chances are even that it lies within 0.176 of the 
median of the sample, or between 175.104 and 175.456. 

Standard Errors of the Alphas: 




MEASURES OF RELIABILITY 


245 


We discovered the following values: 

as = —0.034 (page 193) 
ou = 2.926 (page 193) 

The standard errors of these values are 

'--Jm- 0 0775 

<r at = 2<r a , = 2(0.0775) = 0.1550 
The probable errors of these measures aro 

PE*' = 0.6745(0.0775) = 0.0523 

PE* t = 0.6745(0.1550) = 0.1045 

Thus we can write the measures 

a 3 = -0.034 ± 0.0523 
a 4 = 2.926 ± 0.1045 

It will now be recalled that we used these values to determine 
whether or not the distribution of students’ heights was normaj. 
In a normal distribution these values would have been a 3 = 0 
and ai = 3. We now note that in half the cases the values of 
a 3 will fall within 0.0523 of —0.034; that is, between —0.0863 
and +0.0183. The value of the normal distribution would be 0. 
The value of our sample is —0.034, which differs from normal 
by 0.034, or by (0.034/0.0775)<r. We have earlier discovered 
how to compute the changes of such an occurrence (page 170). 
We have here a deviation of (0.034/0.0775)<r or of 0.44a. In 
50 per cent of the cases our deviations would be in the other 
direction, and the tables show us (see page 509, Appendix I) 
that between the mean and 0.44a- from the mean lie 17 per cent 
more of the cases. Altogether, then, there are 67 per cent of 
the cases with less deviation than this. Hence 33 per cent of 
the cases would deviate more, or in 33 per cent of the cases the 
value of a 3 would have been either 0 or positive. In other*words, 
it is quite possible that the distribution from which this sample 
was drawn was not really skewed. If the value of a 3 differs from 
0 by more than three»times its own standard error, we should say 
that such a skew could not be expected to arise by chance in a 
sample drawn at random from a symmetrical universe. In other 
words, whten the value of a 3 differs from 0 by more than three 
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times its standard error, we conclude that there is good evidence 
that the universe is itself skewed. 1 When, as in the present case, 
the value of a z differs from 0 by less than three times its standard 
error, we are not certain that the universe was itself skewed. 
It is quite possible that one would by chance draw a sample with 
as much skewness as the present one from an unskewejl universe. 
In fact we should get as much skewness as that of our present 
sample in about 33 per cent of all chance samples from unskewed 
universes. 2 We conclude, then, that there is no certain indica¬ 
tion of skewness in students 7 heights in the data of our sample. 

Similarly we find that the value of a 4 is 2.926, although the 
value for a normal distribution is 3.0. The value in our sample 
differs from the normal by 2.926 — 3 = —0.074. The standard 
error itself has a value of 0.1550. Thus the difference is 


0.074 

0.1550 


-0.48* 


By pure chance we should get an absolute difference less than this 
in 50 + 18.4 per cent = 68.4 per cent of the cases. This means 
t£at we should get samples with values of a 4 as small as this, or 
smaller from distributions in which there was actually no kur- 
tosis, in 31.6 |>er cent of the cases merely through the operation 
of chance. Since this is true, we see that the value of a 4 may 
well be as high as 3 in the universe even though it is but 2.926 
in the sample; that is, there is no evidence that kurtosis exists 
in the universe unless the value of ck 4 differs from 3 by an amount 
which is more than three times the standard error of o; 4 . Here 
the value of a 4 differs from 3 by an amount equal to but 0.48 
times the standard error of a 4 . 

Standard Error of a Relative Frequency (. Percentage): 


o- % 


fpk = VpQ 
\N y/N 


1 In Fig. 8.2, p. 202, are two skewed distributions. In the upper distribu¬ 
tion the value of a 8 is +0.307 and its standard error is 0.0142. The fact that 
at is 21 times its standard error leads us to believe that the wage distribution 
from which this sample was drawn was almost certainly skewed positively. 
In the lower distribution the value of a 8 is —0.518iand its standard error is 
0.0438. Since the value of a 8 is over 11 times the value of its standard 
error, we conclude that the egg-production, data from which the sample 
was drawn were almost certainly negatively skewed. 

*See Table 9.1, p. 259. 
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Dr. Charles V. Chapin of Providence, Rhode Island, states 1 
that 25.45 per cent of 53,280 people who were exposed to diph¬ 
theria between 1889 and 1915 caught the disease. What is the 
standard error of this figure, 25.45 per cent? We find it from 
the formula. We know that p is the probability that the event 
will happen and q is the probability that it will fail to happen 
(see page 156). Here our sample shows that p = 0.2545 and 
q must equal 0.7455. (Since 25 per cent of the exposed persons 
were afflicted, we know that 2 ^oo of them were afflicted, or 
0.25 of the total number. Thus p = 0.25—or, to be exact, 
0.254*5.) The number of cases studied is given as 53,280. Sub¬ 
stituting in the formula, we have 

/(0.2545) (0.7455) 

<r% \ 53,280 

= 0.0019 

Thus 0.2545 did fall ill, and the standard error is 0.0019. Putting 
both figures back in percentage terms by multiplying by 100, we 
say that the attack rate was 25.45 per cent, with a standard 
error of 0.19 per cent. Practically never should we expect to 
get an attack rate higher than 25.45 per cent + 3(p.l9 per cent), 
or 26.02 per cent. Practically never should we expect to get an 
attack rate lower than 24.88; that is, if we continued to take 
samples from the same universe (samples of people of the same 
age getting the same kind of medical care, leading the same 
kinds of lives, etc.) we should expect always to find that between 
24.88 per cent and 26.02 per cent of the people exposed would 
come down with diphtheria. The probable error is, of course, 
0.6745 times the standard error. This gives us 

PE % = (0.6745) (0.0019) = 0.00128 
We could, then, state the attack rate thus: 

Attack rate = 25.45 per cent ± 0.128 per cent 

Standard Error of the Semi-interquartile Range: 

<tq = 0.7867<r Af 

We have found th*£t the standard error of the mean is 0.208 cm. 
in the* case of heights of students. The semi-interquartile range 

1 Quoted Whipple, “ Vital Statistics,” p. 376, John Wiley & Sons, Inc., 
. New York, 1^3?. 
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is 4.44 cm. (page 129). We now see that the standard error of 
this semi-interquartile range is 

<r* = 0.7867(0.208) = 0.164 

The probable error of the semi-interquartile range is 

PE q = (0.6745) (0.164) = 0.11 

Thus the semi-interquartile range can be written as 

Q = 4.44 cm. ±0.11 cm. 

Standard Error of the Average Deviation: 

< Tad *** 0.605<r* 

We discovered in our illustrative example that the average 
deviation of the students’ heights in our sample is 5.28 cm. 
(page 134). We have already seen that the standard error of the 
mean is equal to 0.208 cm. (page 236). Substituting in the 

formula, we find 
« • 

< r AD = 0.605(0.208) = 0.126 cm. 

As before, the probable error of the AD is 

PE ad = (0.6745) (0.126) = 0.085 

Hence we might write the average deviation thus: 

AD = 5.28 cm. + 0.085 cm. 

Standard Error of Either Quartile: 

< tq 1 — < tq , = 1.36263<rjf 

This means for our problem: 

<r Ql - <r Q , = (1.36263) (0.208) - 0.284 

Similarly the probable error of either quartile is 

PE Ql = PEq, = (0.284) (0.6745) = 0.191 

We can then write the quartiles (taking the values of the qviar- 
tiles of the sample from page 129) as follows: 

\ Qi = 170.95 ± 0.191 
Qt - 179.84 ± 0.191 « ' 
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Standard Error of j3 2 .—We have seen on page 206 that /3 2 
is identical with au. Hence the formula given on page 244 for 
the standard error of a 4 will apply also to /3 2 . 

Standard Error of Measures of Skewness .—On page 206 we 
used as a measure of skewness the value 

ou _ VMfo+3) 

2(5/3 2 - 60i - 9) 

The standard error of this value is 

1.225 

aak -~VN 

This formula does not, of course, hold for other measures of 
skewness. If we apply this formula to our illustrative case, the 
value of skewness is found to be 0.0179 (page 206). It is based 
on 1000 cases. Hence the standard error is 


1.225 

<T Sk. — ■■ 

Viooo 


0.0386 


The probable error is 0.6745(0.0386) = 0.026. Thus we might 
well write the result of measuring skewness by this method in 
this fashion: 

Sk. = 0.0179 + 0.026 

* 

When one notes that the probable error in this case is greater 
than the measure of skewness itself, it is evident that we cannot 
be sure that there was skewness in the universe. Unless this 
measure of skewness differs from 0 by an amount greater than 
three times its standard error, we must say that we are not 
justified in assuming that skewness existed in the universe from 
which our sample was drawn. 

This same formula for the standard error of the measure of 
skewness can be applied when skewness is measured on the basis 
of the difference between the mean and the mode, according to 
the formula on page 201. 

Standard Error of the Coefficient of Variation: 
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We discovered that the coefficient of variation of the students 1 
heights in the sample is 3.75 per cent (page 152). The standard 
error of this figure would, then, be 


3.75 

V2000 



= 0.084(VX0028) = 0.084 


The probable error would, then, be 


PEv = (0.6745) (0.084) = 0.0566 
The coefficient of variation would be written 


V = 3.75 per cent ± 0.0566 per cent 

If the coefficient of variation is less than 10 per cent, we can 
approximate its standard error closely enough by the formula 

V 

av V2 N 

Standard Error of the Difference between Two Measures .—In 
statistical work we are very often interested in differences and 
in their significance. Suppose, for example, that we wish to dis¬ 
cover whether or not there is a significant difference between the 
number of spears borne on male and on female asparagus plants. 
Haber tells us* that the average number of spears on the male 
plants which he studied was 15.37* and the average number of 
spears per female plant was 9.39. We know that if he had taken 
another sample of male plants the average number of spears 
might have differed somewhat from 15.37, and in another sample 
of female plants the average might have differed from 9.39. We 
are interested in the difference between the two means, 15.37 and 
9.39. The difference is 15.37 — 9.39 = 5.98 spears. With 
other samples yielding other means, could it be expected that 
there would continue to be a difference of this kind? Could we 
expect that the means would still show the male plants bearing 
more spears on the average than the females? We discover 
the answer to this question by computing the standard error 
of the difference by means of the formula 

CDiff. = \Z^ + <T2 2 

1 E. S. Haber, Journal of Agricultural Research , Vol. 45, July, 1932, p. 103. 
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in which a* Dif f. represents the standard error of the difference 
between two measures, <ri represents the standard error of the 
first measure, and <r 2 the standard error of the second measure. 1 
In our case this means that we must have the standard errors 
of the two measures whose difference we are studying. These 
are given by Haber as 0.88 for males and 0.05 for females. (Note 
that these are not the standard deviations of the numbers of 
spears, but the standard errors of the two means found by the 
methods described on page 236.) Now that we know the two 
means and their standard errors, we can proceed to discover the 
standard error of the difference between the means. 



Average 
Number of 
Stalks 

Standard 
Error of X 

Male plants. 

15.37 

0.88 

Female plants. 

9.39 

0.05 




The difference itself is 15.37 — 9.39 = 5.98. Its standard 


error is 

<T Diff. = V0.88 2 + 0.05 2 = \/0.7744 + 0.0025 
= V0/7769 = 0.881 


The difference is 5.98, and its standard error is 0.881. Its prob¬ 
able error is (0.6745) (0.881)» = 0.595. Thus the difference can 
be written 

Diff. = 5.98 ± 0.595 

It will be noted that the difference is equal to 10 times its proba¬ 
ble error and 6.8 times its standard error. We should almost 
never get, by pure chance, a difference equal to more than three 

1 This‘formula is accurate in the form given here only if the two measures 
whose difference is being studied are uncorrelated. If correlation exists 
between them the formula becomes 

<TDiff. = \/<ri 2 + <r 2 2 — 2ri2<ri<T2 

When there is no correlation, this formula reduces to the one above. The 
nature of aorrelation is discussed in Chap. XIII; the formula given in this 
footnote can be understood after that chapter has been mastered. In 
the meantime, 9 this is one of the cases in which the simpler formula may 
correctly be used; ye shall later see why. 
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times its standard error (only about three times in a thousand). 1 
A difference 6.8 times its standard error would not arise once in a 
billion times. In other words, it is inconceivable that this differ¬ 
ence between the numbers of stalks on male and on female plants 
should arise by chance from data whose averages are really the 
same. It must be true that in the entire universe of male 
asparagus plants the average number of stalks per plant is greater 
than is the average in the entire universe of female asparagus 
plants. 

If, then, we find a difference between two measures which is 
greater than three times the standard error of the difference, we 
say that such a difference would not be expected to arise from 
pure chance. It must have arisen because the samples were 
drawn from two universes whose means were different. 

Just as we have found the standard error of the difference 
between two means, we can find the standard error of the differ¬ 
ence between any other two measures whose standard errors 
are themselves known. If we have the two measures and their 
•standard errors, we can compute the standard error of their 
difference by the formula given on page 250. We shall show one 
more example. A group of 1150 Wellesley freshmen had a tx 
average height of 64.13 in., with a standard deviation in heights 
of 2.24 in. A group of 1017 Hollins College freshmen had an 
average height pf 63.86 in. with a standard deviation in heights of 
2.09 in. 2 From these data, by the formula given on page 243, 
we can compute the standard errors of the two standard devia¬ 
tions. They are 


OVi = 

(Tot 88 


2.24 

V2300 

2.09 

\/2034 


= 0.0466 


« 0.0464 


The difference between the two standard deviations is 
2 24 — 2.09 — 0.15 in. The standard error of the difference is 


amt. = V0.0466 2 + 0.0464 2 
- V0.00218 + 0.00215 
= \/0.00433 = o!0658 
1 See pp. 255/. r 

* G. L. Palmer, Journal of the American Statistical Association , Vol. 24, 
March, 1929, p. 42. 
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We now compare the difference with its standard error. The 
difference is 0.15 in. Its standard error is 0.0658 in. The differ¬ 
ence between these two standard deviations is 2.28 times its 
standard error. If the universe from which the Wellesley girls 
and the universe from which the Hollins girls were drawn really 
had the same variability (that is, if the standard deviations of 
the two universes were the same), then half the time when we 
drew samples we should find the standard deviation of the 
Hollins sample larger than that of the Wellesley sample. More¬ 
over, reference to Appendix I, page 509, reveals that another 
48.9 per cent of the samples would have Wellesley standard devia¬ 
tions above but within 2.28cr of the Hollins standard deviation. 
Hence in 98.9 per cent of the cases differences would be found 
smaller than this. By pure chance the Wellesley standard 
deviation would exceed the Hollins standard deviation by this 
amount or more in 1.1 per cent of the cases, or 11 cases out of 
1000. 1 The statistician would say that 11 cases in 1000 is a 
significant proportion, and that it is not certain that the Wellesley 
girls were really more variable in height than the Hollins girls 
It is quite possible that this case is one of the 11 cases in which 
such a difference would arise by chance. We could tell only by 
taking more cases and seeing whether the difference persisted. 
Had the difference between the standard deviations exceeded 
three times its standard error, we should have said it was evident 
that the Wellesley girls came from a different ufiiverse than did 
the Hollins girls—from a uAiverse in which the standard devia¬ 
tion in heights was certainly larger than in the Hollins universe. 

Since the standard error of this difference is 0.0658 in., the 
probable error is (0.0658) (0.6745) = 0.0444 in. We should 
write the difference thus: 

Diff. = 0.15 in. ± 0.0444 in. 

Standard Error of the Sum of Two Measures .—If two measures 
(such as two averages or two standard deviations) of uncor¬ 
related data are added, the standard error of their sum is given 
by the formula 

VSum = \/ <?l 2 + tf2 2 

1 This result can be approximated directly from Table IV of the Appendix, 
where we see that one would exceed 2.3 standard deviations 107 times out 
of 10 , 000 ! • 



254 


ELEMENTS OF STATISTICAL METHOD 


This is seen to be the same as the formula for the standard error 
of the difference when the measures are for uncorrelated data. 
If the data are correlated, the formula for the standard error is 
the same as that given in the footnote on page 251, except that 
the minus sign under the radical is changed to a plus sign. 

9.5. Modifications for Small Samples, Etc.—We have been 
computing standard errors on the assumption that the standard 
deviation in the sample can be substituted without modification 
for the standard deviation of the universe. In other words, 
those formulas for standard errors which are based on standard 
deviations are based on the standard deviation in the universe, 
yet we use the standard deviation of the sample. To be strictly 
correct we should not do this the way we have done it. For 
example, we have given the formula for the standard erroi? of the 
mean (see page 236) as 

Ox 


Ji we are to use the standard deviation of the sample instead of 
the standard deviation of the^universe, we should really divide by 
y/N — 1 instead of by y/N- When N is large it makes little 
difference in our answer. Thus in the case of students' heights 
we have computed the standard error of the mean (page 236) 
to be 


O M 


Ox 

Vn 


= ,0.208 


If we had substituted N — 1 for N, we should have had 


Ou 


0 x _ 6.58 

y/N^l ~ y/999 


= 0.208 


Unless we carried our answers to more significant figur'es this 
would have no effect. But when the number of cases is smaller, 
there will obviously be more effect from the subtraction of one. 
Subtracting one from 1000 makes a reduction of Ko of 1 per 
cent. Subtracting one from 10 makes a reduction of 10 per cent. 
Hence when one is working with small samples and is rising the 
standard deviation of the sample in place of the standard devia¬ 
tion of the universe, one should use iV* — 1 instead of N. This 



MEASURES OF RELIABILITY 


255 


would change the formula for the standard error of the standard 
deviation from 

_ <Tx 

V2N 

to ^ \ 

= V2(iV - 1) 

and similarly for other formulas. 

McCall suggests 1 that one may neglect this refinement when 
dealing # with over 30 cases. He suggests that we use AT — 1 in 
place of N when the number of cases is between 20 and 30, that 
we use N — 2 instead of N when the number of cases is between 
10 and 20, and that we use JV — 3 in place of N when N is less 
than 10. As a matter of fact the student should understand 
very clearly that the reliability of all measures is exaggerated 
when they are based on a small number of cases. The usual 
formulas for measures of reliability (standard errors) should be 
used only when 30 or more cases are involved, and preferably 
only when 50 or more are involved. Certainly when one runs* 
over 100 cases, the change that is made in the answers by the 
refinements here mentioned is too small to be worth attention. 
The inaccuracies of the original data are too great to warrant 
such minor adjustments. 

9.6. The Significance of Differences. —There is no difference 
so large that it could not oc^ur by chance in two samples drawn 
from the same universe. Conceivably two such samples might 
differ by any amount in their means, in their standard deviations, 
or in any other way. Yet some happenings are so unlikely that 
their occurrence can hardly be looked on as a chance phenome¬ 
non. If someone throws two dice 15 times and gets a total of 
7 spots on each throw, one wonders if chance is the only force 
that is’ operating. It is possible that an honest man should 
throw one hundred 7’s in succession with honest dice, but it is so 
unlikely that most opponents would decide long before the 100th 
throw that either the thrower or the dice were dishonest. The 
fact that an event can happen by chance does not mean that we 
are willing to ascribe such a happening to chance when it occurs; 

l W. A. McCall, “How to Experiment in Education,” The Macmillan 
Company,*New York, 1923. 



256 


ELEMENTS OF STATISTICAL METHOD 


If its happening as a result of chance is extremely unlikely, we 
usually decide that some factor other than chance has played a 
part. 

This is true 'not only with dice but with all events in which 
chance operates. We realize, for example, that even if there 
were no difference between the body weight of male and female 
rats, were we to take a sample of males and a sample of females 
and compute the mean weight for each sample the two means 
would probably differ somewhat. And actually there is no 
limit to the amount of the difference that might arise from chance. 
But some differences would arise so seldom by chance # that, if 
they arose in our samples, we should be led to believe that some 
factor other than chance was responsible. We should decide 
that the rats had been drawn from different universes—that the 
universe of male rats differed significantly in this respect from 
the universe of female rats. Hatai weighed 45 male rats and 
37 female rats and found the following: 1 


« 

Male 

Rats 

Female 

Rats 

Number of cases. 

45 

37 

Mean weight (grams). 

214.9 

167.3 

a of weights (grams). 

52.89 

20.47 



From these ‘data we compute the following standard errors 


of the means by the formula given on page 254: 

Males. 7.9 

Females... 3.37 

The difference between the two means is 214.9 — 167.3 = 47.6 


grams. The standard error of the difference, computed according 
to the formula on page 250, is 8.59. Since the difference is 
47.6 and its standard error is 8.59, the difference is 5.55 times 
its standard error. Could such a difference arise by chance? 
Yes, any difference could arise by chance. But if the male and 
female rat universes were the same, in half the cases the mean 
of the male sample would be less than fhe mean of the female 
sample. And the table in Appendix I, page 509, tells us that 
. 1 Quoted in H. H. Donaldson, The Rat, Wistar Institute of Anatomy and 
Biology Memoir No. 6, Philadelphia, 1924, p. 50. * 
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between the mean and 5<r from the mean there are included 
another 49.99997133 per cent of the cases. Thus even if we 
go up only to 5<r (and this problem goes beyond this to 5.55 <r) f 
we have included 99.99997133 per cent of the cases. We should 
get a difference over five times its standard error from pure 
chance but once in over 1,700,000 times (see Appendix IV). 
To believe that this difference between mean weights of male 
and female rats arose from chance is somewhat like believing 
that an honest man can throw honest dice and get 25 successive 
7’s. It could happen, but would happen so seldom that we 
are pr6ne to ascribe its occurrence to factors other than 
chance. Thus here we should say that, although male and 
female rats could yield such different means by chance, we are 
forced to decide that such a difference did arise from some other 
source—namely, from the fact that the universes were different. 

How much of a difference shall we allow to exist before we 
say that chance did not account for it? This is like asking 
how many times you will allow a man to throw 7’s with dice 
before you will look for non-chance explanations. Men differ# 
in their credulity. In a gambling game their credulity depends 
somewhat, perhaps, on whether they have something at stake. 
Some men would be suspicious of dishonesty in the throwing of 
25 successive 7 , s; others would look upon the affair as unusual 
but still due to chance. The same is true in statistical work. 
People differ in their credulity. It is possible even that some 
people might believe that a‘*difference such as the one we have 
just discovered between rats’ weights arose by chance. If 
someone tosses a penny and it falls with “heads” uppermost, no 
one would rule out the possibility that it happened by chance, 
even though there was an even chance that it would come up 
“tails.” Most people would not rule out chance if something 
happened against which the odds were 2 to 1. The statistician 
does not rule out the possibility of chance even when things 
happen against which the odds are 100 to l. 1 He takes an 

1 Statisticians, like other people, differ in credulity. Some call a statistical 
result “significant” if it ^ould arise by chance only once in 100 times. 
Others set other points. Any such point is arbitrary—as are the points which 
we have set here. Our point, thr$e standard errors, errs if at all in requiring 
too much before the possibility of chance is ruled out. It is, however, the 
most commonly accepted point among American statisticians. 
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arbitrary point, in order that others may understand what he 
is doing, and says that any difference is “ significant” (that is, 
significant of differences in the universes and not the result of 
chance differences in the samples) if it exceeds three times its 
standard error. If chance alone were operating, we should get 
differences smaller than this in 99.74 per cent of the cases, or 
in 9974 cases out of 10,000. We should get differences this 
large or larger but 26 times out of 10,000 (see Appendix III). 
The chances against such an occurrence are greater than 300 to 1. 

We see, then, that, while any difference may arise by chance, 
when a difference is over three times its standard efror the 
likelihood that it did arise from chance is so small that the 
statistician feels justified in neglecting it and in assuming that 
the difference is significant of the operation of forces other than 
chance. Likewise if we say that the value of a 3 is “ significantly ” 
different from zero we mean that, although such a value could 
have arisen in a sample drawn from a universe in which the value 
of az was zero, nevertheless the likelihood of such an occurrence 
»is so small that we neglect it and assume that some forces other 
than chance operated. Whenever the difference between the 
value of o^and zero is greater than three times the standard 
error of a 3 , we come to this conclusion that the difference is 
significant. One might have chosen the arbitrary point of 2.98 
times the standard error or of 3.7 times the standard error. 
Actually it is more convenient to take an even number of stand¬ 
ard errors and base our test of signihcance on it. 

The reader should remember that, when a difference is less 
than three times its standard error, there is no guarantee that 
it did arise from chance. On page 253 we found that the differ¬ 
ence between two standard deviations was equal to but 2.28 
times its standard error. The odds are better than 40 to 1 
against the occurrence of a difference as great as this. „Yet in 
spite of the fact that there may well have been a difference 
between the standard deviations of the two universes from 
which these samples were drawn, the statistician does not feel 
sure of it when the odds against it are but 40 to 1. Odds of 
40 to 1 are not certainty to a statistician. He would say in 
this case that the proper thing to do would be to measure more 
Wellesley and Hollins freshmen to see whether the difference in 
standard deviations continued to exist. If it did’not, then it 
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would signify that the difference had arisen from chance; if it 
did continue to persist as more and more cases were added (that 
is, as N increased in each sample), the standard errors of the 
standard deviations would fall, the standard error of the differ¬ 
ence would fall, and ultimately the difference would be three times 
its standard error. Then the statistician would decide that he 
had gone far enough, and that he would be safe in ascribing 
the difference to forces other than chance. 

In this connection it may be helpful for the student to see 
just what the chances are of getting a difference by chance which 
is various numbers of times its standard error. The chances 
can be easily computed from tables such as that on page 509 
of Appendix I. In Table 9.1 the first column is the difference 
divided by its standard error, and in the other column are the 
approximate chances against the occurrence of such a difference 
by pure chance. 

Table 9.1. —Chances against the Occurrence op a Deviation Farther 
from the Mean than the Distance Stated 


Difference 

(tfDiff.) 

• 

Chances 


1 to 1 

1.0 

2.15 to 1 

1.5 

6.48 to 1 

2.0 

21.0 to 1 

2.5 

* 79.5 to 1 

3.0 

369 to 1 

3.5 

2,150 to 1 

4.0 

15,800 to 1 

4.5 

147,000 to 1 

5.0 

1,740,000 to 1 


Perhaps it is as well to point out here that a large difference, 
an important difference, and a significant difference are not at all 
the same concept. When we say that a difference is large, we 
are referring to the actual size of the remainder left after sub¬ 
traction. Thus a difference of 5 lb. is 16 times as large as a 
difference of 5 oz. Yet the 5 lb. difference may not be significant 
because its standard error is large, while the 5-oz. difference may 
be significant because its standard error is small. When we 
say that*a difference is significant, we mean that we are con- 
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vinced it did not arise by chance, but reflects a difference which 
actually exists in the universes from which the samples were 
drawn. And finally, a difference might be both large and 
significant, yet unimportant. Whether a difference is important 
or not depends on what it can contribute toward an explanation 
of the problem being studied. A difference which does not con¬ 
cern the statistician in any way—which raises no problems for 
him and does not help him to explain the phenomena that he is 
considering—is unimportant. The student must learn that 
statistical manipulations never make anything important, that 
they are a means and not an end. To be sure, if a difference is 
important to us we are likely to wish to test its significance, and 
if it is large it is more likely to be significant than if it is small. 
The three ideas are related—but they are by no means the same. 

9.7. Fiducial Probability and the Confidence Interval.—The 
use of terms in the field of probability is by no means standard¬ 
ized. Authorities disagree even as to the definition of the term 
“ probability ” itself, finding it one of the hardest of concepts 
,to define without circularity. The student should be warned, 
therefore, that the followers of some schools of thought would 
object to certain of the expressions used in this chapter, preferring 
to state the conclusions of reliability analysis in other terms. 

For example, in Sec. 9.2, page 236, we found that the arithmetic 
mean height of a group of students was 175.335 cm. and that the 
standard error of this mean was 0.208 cm. We interpreted this 
by saying that, although we could not know for certain the exact 
size of the average height in the universe, nevertheless the chances 
were 2 out of 3 that this mean height lay in the interval from 
175.127 to 175.543 cm.; the chances were 95.5 out of 100 that 
it lay in the interval from 174.919 to 175.751 cm.; and the chances 
were 99.7 out of 100 that it lay in the interval from 174.711 to 
175.959 cm. We could summarize those conclusions as follows: 

Probability That Mean 
Interval of of Universe Lies in 

Height (cm.) This Interval 

175.127-175.543 0.6827 

174.919-175.751 0.,9545 

174.711-175.959 0.9973 

Now # as we have just said, some authorities would say that 
these statements are incorrect. If you were to ask them, “ What 
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is the probability that the arithmetic mean in the universe lies 
between 175.127 and 175.543 cm.?” they would answer that it 
is not a question of probability at all, but a matter of fact. 
Either the mean of the universe does lie in this range, in which 
case the probability is 1, or it does not lie in this range, in which 
case the probability is 0. They would argue that there is no 
probability of 0.6827, but a probability which is either zero or 
unity—or that it is not really a case of probability in the strict 
sense at all. 

We could argue, of course, that the same stand can be taken 
on any’probability problem. What is the probability that if I 
toss a coin it will come up “heads”? I can argue that if I do 
toss a coin it will either come up heads (in which case the prob¬ 
ability is 1), or it will come up tails (in which case the probability 
is 0). So I could maintain that there is no probability of H 
in this case, but a probability of either 0 or 1. Yet we do know 
that the idea of a probability of H is useful in the case of the 
coin, and that it describes something which is relevant to the 
problem. While it is true that on aily particular toss the coin® 
will fall either heads or tails, it is also true that if I toss it over 
and over again, many, many times, I will be right approximately 
half the time if I predict each time that it will come up heads. 

In the case of the students' heights, if I say that the mean of the 
universe lies in the interval from 175.127 to J.75.543 cm., I 
shall be either right or wrong. But if, on many statistical prob¬ 
lems, I draw similar inferences, all based on this same sort of 
reasoning, I shall be right approximately 68.27 per cent of the 
time. We notice, then, that the probability about which we 
are talking is not the probability that the arithmetic mean of 
the universe has some given size in a particular problem, but 
the probability that our statements about statistical results are 
correct. Actually, this is the same thing that we are doing if 
we say that the chances are 0.5 that I will get a head on the toss 
of a coin. If I make many such statements I shall be right 
about half the time. 

■ This sort of probability, which refers really to the likelihood 
that statements about* statistical results are correct, is called 
fiducial probability, and whpre we have said throughout this 
chapter that the chances are 0.6827 that the mean of the universe 
lies within tliq interval from 175.127 to 175.543 cm., some statis- 
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\ ticians would prefer to say that the fiducial probability of the 
j confidence interval 175.127 to 175.543 cm. is 0.6827. 

We have used three different confidence intervals, one cover¬ 
ing two standard errors, one covering four standard errors, and 
the other covering six standard errors. The wider the con¬ 
fidence interval, the larger the proportion of our statements 
which will be correct. If we make many such statements as that 
the arithmetic mean height in the universe lies between 175.127 
and 175.543 cm., we shall find that about 68.27 per cent of our 
statements are correct. If we make many such statements as 
that the arithmetic mean height in the universe lies between 
174.919 and 175.751 cm., we shall find that about 95.45 per cent 
of our statements are correct. A scientist who draws correct 
inferences 95 per cent of the time, and is led off on a false scent 
but 5 per cent of the time, is doing pretty well. And if we draw 
many such conclusions as that the arithmetic mean height in 
the universe lies between 174.711 and 175.959 cm., we shall find 
that about 99.73 per cent of our statements are correct; we would 
# be led astray only about" three times in a thousand, which is 
pretty good for a statistician. The wider our confidence interval, 
the more confidence we have in our results. On any particular 
single problem our statement that the mean lies within a given 
range is either right or wrong. But if we draw many, many 
statistical inferences by the methods here described, we can know 

in advance about how often we shall be right and how often wrong. 

»■> 

9.8. The Analysis of Variance.—The method of testing the significance 
of differences which we have just described is one of the most useful of 
elementary statistics. Every day the imaginative student will run across 
cases where it should be applied. Yet the method has the obvious handicap 
that it can be applied only where we are comparing two phenomena. If 
we compare two breeds of cattle, we can find if they differ significantly in 
milk production, but the method will not help us if we wish to com¬ 
pare three or four or more breeds. Two different feeding practices, 
two different spraying programs, or two different methods of teaching 
shorthand can be compared, and the importance of any difference between 
them evaluated. But life is not made up exclusively of dichotomies. 
There are probably more cases in scientific work where one wishes to compare 
three or four or more sets of data than there are where the comparison is 
limited to two. 

Fortunately a rather simple extension, of the ideas that we have just 
treated makes it possible to handle these more complex cases. In the work 
of Sec. 9.6, we computed two arithmetic means (or any other tfao comparable 
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statistics) and compared jthem, noting the amount of the difference between 
them, and finding whether the difference was or was not too great to have 
arisen by pure chance from data that were fundamentally similar. Suppose, 
now, that we have computed the average milk production of four breeds 
of cows—Jerseys, Guernseys, Holsteins, and Ayrshires. We get four 
different averages. Instead of talking about the difference between two of 
the breeds, we now ask ourselves whether or not the four averages vary 
more than could be expected on the basis of chance alone. We know that 
if we had chosen four different groups of Jersey cows and computed the 
average milk production for each group, there would have been some 
variation in the averages. When we find the average productions of the 
four different breeds, do the averages vary more than they ordinarily would 
if we had^io breed differences to contend with? 

This is evidently a question of dispersion—of variability—such as we 
discussed in Chap. VI. Here, however, it is the dispersion of a set of 
averages in which we are interested. We found in Sec. 6.10 that if we know 
the dispersion of several small groups, we can tell what dispersion there 
will be in the large group of which they are component parts. In our present 
problem, if we know the variation in production among the Jerseys, among 
the Guernseys, among the Holsteins, and among the Ayrshires, we can tell 
what variation there will be among the whole group thrown together. Or, 
to look at it another way, wo can break down the variability of the whole 
group into its component parts—the variation among cows of the same breed, 
and the variation among the breeds themselves. We can then discover 
whether or not there is more variation among the breeds than we would 
get by chance. • 

This sort of investigation is called analysis of variance, l and the develop¬ 
ment of the method is one of the most important advances in recent statis¬ 
tical methodology. The subject matter is properly a part of advanced 
statistics rather than of an elementary course. Consequently the detail of 
computation and interpretation will not be covered here. Yet even the 
elementary student can see the kind of problem to which the method applies, 
and he should realize that the method is there for use if needed. If we were 
to apply the methods of analysis of variance to our hypothetical milk- 
production example, we should arrive at a solution something like that which 
we have found in the preceding section when we were dealing with differ¬ 
ences between two measures—for example, we might discover either that 
there was more variation among the averages of the four breeds than would 
be likely to arise by chance; or that there was only as much variation between 
the means of the four breeds as would be found one time in six if we had 
tested different cattle of the same breed, so that there was not any real 
reason to conclude that the breeds were significantly different in production; 
or that we had not studied enough cases to be quite sure whether the varia¬ 
tion among the breeds was significant. 

9.9. Suggestions for Further Reading.—A number of interesting examples 
of the application of measures of reliability are found in William V. Lovitt 

1 The stqdent will recall that the variance of a distribution is a measure 
of dispersion folmd by squaring the standard deviation (see sec. 6.10). 
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and Henry F. Hotzclaw, “Statistics,” Chap. XV, Prentice-Hall, Inc., New 
York, 1929. A good elementary discussion of the concepts involved in 
measuring reliability is found in Frederick C. Mills, “Statistical Methods 
Applied to Economics arid Business,” Chaps. XIV and XVIII, Henry Holt 
and Company, Inc., New York, 1938. A very able but more advanced 
discussion of this problem appears in Burton H. Camp, “The Mathematical 
Part of Elementary Statistics,” D.C. Heath and Company, Boston, 1931. 
For the best description of the new methods of treating these problems, the 
student is referred to R. A. Fisher, “Statistical Methods for Research 
Workers,” 3d ed., Oliver & Boyd, London, 1930, especially Chaps. IV and V. 
The student who wishes to learn something of analysis of variance will find 
its most authoritative treatment in this same book by Fisher, but far simpler 
and more understandable treatments may be found in the book by Mills 
cited earlier in this paragraph, at Chap. XV; in George R. Davies and Dale 
Yoder, “Business Statistics,” Chap. XIX, John Wiley & Sons, Inc., New 
York, 1941; or in George W. Snedecor, “Statistical Methods Applied to 
Experiments in Agriculture and Biology,” Chaps. 10 and 11, Collegiate 
Press, Inc., of Iowa State College, Ames, Iowa, 1937. The same author 
and publishers issue a helpful manual entitled “ Calculation and Interpreta¬ 
tion of Analysis of Variance and Covariance,” published in 1934. One 
of the simplest, most lucid discussions of the general problem of reliability 
will be found in C. H. Richardson, “ An Introduction to Statistical Analysis,” 
, Chap. 11, Harcourt, Brace and Company, New York, 1935. A very fine 
advanced treatment is in John H. Smith, “Tests of Significance: What 
They Mean and How to Use Them,” University of Chicago Press, Chicago, 
1939. 


EXERCISES 

1. List a few cases in which it would be possible for the statistician to 
study all the cases in the universe, so that he would not have to estimate the 
characteristics of the universe from a sample. 

2 . From Exercise 2, page 154, compute the standard errors of the means and 
of the standard deviations, and likewise of the two coefficients of variation. 

3 . Compute the standard error of the coefficient of variation in the heights 
of Smith College girls from Exercise 3, page 154. 

4 . Compute the standard error of the mean, of the standard deviation, 
and of the coefficient of variation of the mothers’ ages given in Exercise 4, 
page 154. 

5 . The average number of offspring in 55 completed families is. given in 
Exercise 5, page 154, as 3.55. The standard deviation is 1.79. Hence the 
standard error o* the mean is 0.244. (Check this computation.) How 
many cases will it be necessary to take if we are to reduce the standard error 
of the mean to 0.1? Assume that the standard deviation in the number of 
offspring remains the same as we increase the number of families studied. 

6. Exercise 6, page 154, gives figures to show that the 22,498 divorces in 
Wisconsin from 1887 to 1906 were preceded by an average married period 
of 10.37 years, with a standard deviation of 8.39 years. The average 
and the standard deviation for the year 1929 were 9.83 und 8.26 years, 



MEASURES OF RELIABILITY 


265 


respectively. Had there been a significant decrease in the length of mar¬ 
riages preceding divorces? Was the decrease in variability as shown by the 
smaller standard deviation significant, or might it arise from chance? If 
the latter, how likely is it that such a difference would arise by chance alone? 

7 . Suppose that a group of people are tested with respect to strength of 
grip in their right hands. The average turns out to be 40 kg., with a stand¬ 
ard deviation of 1 kg. There are 40 people in the group. Is it reasonable 
to assume that this group of 40 people is drawn from the same universe as 
the people for whom figures are given in Exercise 7, page 155? (There were 
12 men in this latter group.) 

8 . In Exercise 3, page 124, we computed the mean and median hourly 
wage and the quartiles. In Exercise 1, page 154, we computed the standard 
deviation of these figures. From these figures already computed find the 
standard error of the mean, of the standard deviation, of the median, of the 
quartiles, and of the semi-interquartile range. 

9. InJExercise 2, page 230, we computed the value of a$ for a given dis¬ 
tribution. Compute the standard error of a t . Was there significant skew¬ 
ness in the distribution? (Did az differ from zero by an amount equal to 
over three times the standard error of a 3 ?) 

10. In Exercise 13, page 186, we found that 53 of the 625 diphtheria cases 

studied turned out fatally. The fatality rate is thus 8.5 per cent. What 
is the standard error of this percentage? If in a new epidemic there were 
200 cases and 8 of them resulted in fatalities, »would the difference in fatality • 
rates be significant? If so, what would you conclude? Suppose there 
were 25 fatalities in this new epidemic. What would you then conclude? 
Give your reasoning. • 

11 . Is there a significant difference between the heights of the Smith 
College students mentioned in Exercise 3, page 154, and the heights of the 
Harvard students mentioned in the illustrative example in the text (on 
pages 141Jf., for example) ? Is either group significantly more variable in 
height than the other group? * 

12 . In Exercise 8 above you have found several standard errors. Com- 
. pute the probable errors of the same values. Write the values followed by 

their probable errors as they would commonly appear. 

13 . Hatai measured the lengths of the craniums of 53 male rats and says 
that the average length was 43.3 ± 0.17 mm. 1 Explain this combination 
of figures. 

14 . In Providence, Rhode Island, in 1915 there were 43 cases of diphtheria 
in children between the ages of one and two years. Of these, 13.95 per cent 
resulted in deaths (6 deaths out of 43 cases). In the same city in the same 
year there were 62 cases of diphtheria in people who were 20 years old or 
over. Of these, 3.23 per cent resulted in deaths (2 deaths out of 62 cases). 
Was there a significant difference between these percentages? 1 

15 . In the “ World Almanac” can be found the monthly mean tempera¬ 
tures in New York City over a considerable period of years. Compute 

1 Quoted in Donaldson, op. cit v p. 50. 

1 Based pn figures in Whipple, " Vital Statistics,” John Wiley & Sons, 
Inc., New York, 1923, p. 877. 
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for January and for July the average and the standard deviation of tem¬ 
peratures. Is there a significant difference between January and July 
temperatures? Is there a significant difference between the variability of 
temperatures in January and July? Is there a significant difference between 
the coefficients of variation for the two months? 

16 . On page 256 are given certain figures for the weights of male and 
female rats. Is there a significant difference in variability of weights 
between the sexes? 

17 . Are female rats significantly different from Hollins College girls in 
variability of weight? Compute the standard error of the difference between 
the two coefficients of variation, getting the basic figures froiA pages 252 
and 256. 

18 . A study of milk consumption in metropolitan Boston in December, 
1930, showed that the average per-capita consumption of milk was 0.391 qt. 
± 0.00262 qt. 1 Explain the meaning of these figures when taken in com¬ 
bination. What was the standard error of per-capita milk consumption? 

19 . In the period 1925-1927 the average operator's income on 105 Con¬ 
necticut tobacco farms growing Havana seed tobacco was $905. The 
average operator's income on 97 Connecticut tobacco farms growing broad- 
leaf tobacco was —$450 (that is, a loss of $450). The standard deviations 
of the operators' incomes were $1409 on the farms raising Havana Seed 
tobacco and $2305 on the farms raising broadleaf tobacco. 1 Was there a 
significant difference between ^the operators' incomes on these two groups 
of farms? 

1 Based on figures in F. V. Waugh, Consumption of Milk and Dairy 
Products in Metropolitan Boston in December, 1930, New England Council 
on Marketing and Food Supply, September, 1931, pp. 4 and 11. 

2 Based on data on C. I. Hendrickson, An Economic Study of the Agricul¬ 
ture of the Connecticut Valleys, Storrs Agricultural Experiment Station 
Bulletin 165, pp. 123 and 142. 



CHAPTER X 

HISTORICAL DATA—SECULAR TREND 

Up to this point we have been describing methods of dealing 
with data which exist at a point of time. We have not been 
describing the rate of growth of Harvard students, but have 
been depicting conditions as they existed without regard to pas¬ 
sage of time. In fact, we have not considered changes in data at 
all. Yet the statistician is often deeply interested in time 
changes. The biologist studies rates of growth both of indi¬ 
viduals and of populations, the psychologist studies rates of 
learning, the economist interests himself in the sequence of price 
changes, etc. We shall now develop the simpler methods for 
dealing with data which are spread ovpr time. t 

10.1. The Use of Two Variables.—As soon as we do this we are 
faced with the fact that we are treating two variables at once 
rather than one. If we study the history of milk* prices, our 
two variables are milk price and time. If we collect data showing 
the size of the population of the United States at each census, 
our two variables are size of population and'time. In our 
previous examples but one‘‘factor has been changing. If we 
take the case which has been used so often for purposes of illustra¬ 
tion in the earlier chapters of this book, the only variable was 
the height of the Harvard students. But if our data had been 
segregated by years, so that we could discover the change in the 
character of the heights from year to year, then both height and 
time would have been varying. 

When we have two or more variables in a problem, it becomes 
necessary to set up some system for distinguishing them. When 
but one thing varies, we can talk about the standard deviation 
or the mean and everyone knows that we mean the standard 
deviation or the mean c\f the only thing that varies. But if two 
things vary, we must state which is referred to. 

We have been referring to the variable in each of our problems 
(since thfere was but one variable) as X. In our formulas 2X 
hfts ^me&nt, "Add the values of the thing which varies. ,, 

• * 267 
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Obviously if two or more things vary, this direction would not 
be sufficient. Hence the statistician adopts one or the other 
of two conventional modes of expression. Suppose his problem 
is one of studying the change through time of wheat acreage and 
wheat prices. There are three variables: (1) wheat acreage, (2) 
wheat price, (3) time. He may distinguish them by assigning 
different letters to the different variables, thus: 

Let X represent time. 

Let Y represent wheat acreage. 

Let Z represent wheat price. 

Or he may distinguish them by using numerical subscripts, thus: 
Let Xi represent wheat price. 

Let X 2 represent wheat acreage. 

Let Xz represent time. 

If he follows the first of these plans, he will refer to the averages, 
standard deviations, medians, quartiles, etc., as follows: 

£ = average of the X’s ; that is, average time 
¥ = average of the acreages 
■ Z = average price 

y = deviation of any acreage from the average acreage 
<r» r= standard deviation of the prices 
Med.* = median acreage 

Qu = first quartile of the prices 

Xx 2 — sum of the squares of the deviations of the times 
from the average time 
etc. 

If he follows the second plan, he will distinguish the variables 
by using numerical subscripts: 

= average price 
*= average acreage 

xi = deviation of a price from the average price 
a 2 = standard deviation of the acreages 
Med. s = median time (the median year, the median week, 
or the median minute, depending on the periods 
, into which time is divided in the problem) 

Xx 2 * 8=5 sum of the squares of the deviations of the acre¬ 
ages from the average acreage, 
etc. 

10.2. Calendar Variation.—In his dealings with time series it is 
important for the student to remember that data given on a 
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monthly basis are seldom comparable from month to month. 
We can illustrate with the figures in Table 10.1, which show the 
number of deaths from tuberculosis in the United States regis¬ 
tration area in 1914, distributed by months. 1 In studying this 


Table 10.1.— Deaths from Tuberculosis by Months, United States 
Registration Area, 1914 


Month 


Number of 
Deaths 


January... 
February.. 
March.... 

April. 

May. 

June. 

July. 

August 
September 
October... 
November, 
December. 


7522 

7524 

8537 

8238 

7782 

6901 

6528 

6209 

6031 

6009 

6212 

6873 


table one may be misled unless one remembers that? the months 
differ in length. It will be noted that the number of deaths in 
February is almost identical with that in January, but February 
is (except in leap years) only a little over 90 per cent of the 
length of January. To make this table strictly comparable 
from month to month it would be necessary to reduce the figures 
in the table to deaths per day by dividing the number of deaths 
in each month by the number of days in that month. This 
computation would give us Table 10.2, which shows for the same 
area and the same period the deaths per day from tuberculosis 
by months. 

In economic problems the situation is often far more com¬ 
plicated than the one just illustrated. It is necessary to adjust 
not only for differences in length of months but differences in 
the number of business days in the different months and in the 
same month in different years. In one year January may have 
five Sundays, and in the next but four. In one year Easter falls 

1 From Whipple, Vital Statistics,” p. 368, John Wiley & Sons, Inc., New 
York, 19#3. • 
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in March, and in another year it falls in April. If our data are 
given by weeks, we have the additional difficulty that the months 
are not made up of a whole number of weeks (save in the case of 
February), and that some holidays occur in some years during 
one week of the month and in other years during other weeks. 
These calendar difficulties make for considerable confusion in 
statistical work, and when neglected may lead to foolish con¬ 
clusions. Presumably the situation could be improved somewhat 

Table 10.2.— Deaths per Day from Tuberculosis, United States 
Registration Area, 1914, by Months 


Month 

Deaths 
per Day 

January. 

242 

February. 

269 

March. 

275 

April. 

274 

May. 

251 

June. 

230 

July.!. 

210 

August... 

200 

September. 

200 

October.. 

194 

November. 

207 

December. 

222 



by some kind of reform of the calendar. Until and unless such 
reform takes place, the statistician must be on his guard when¬ 
ever he deals with historical data. At present, even one year 
may vary from the next in length by one day, or roughly %o 
of 1 per cent. 1 

10.3. Types of Movements in Historical Data. 2 —Changes of 
several kinds take place in historical data. The types of change 
can best be differentiated by illustrations. Let us start with 

1 D. J. Cowden has published a very useful “Flexible Calendar of Working 
Days” showing the number of calendar days, Sundays, Saturdays, and 
holidays by months from 1900 to 1940. See F. E. Croxton and D. J. 
Cowden, “Practical Business Statistics,” p. 51§, Prentice-Hall, Inc., New 
York, 1934. 

* For an unusually good discussion of the kinds of movements in historical 
data see Edmund E. Day, “Statistical Analysis,” Chap. XV, The Macmillan 
Company, New York, 1925. 
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figures showing the production of crude petroleum in the United 
States. Table 10.3 gives annual figures on crude-petroleum 
output in the United States from 1906 to 1929. 

Table 10.3.— Production op Crude Petroleum in United Stated 

1906-1929 1 


Year 

Output 
(millions 
of barrels) 

1906 

126 

1907 

166 

1908 

179 

1909 

183 

1910 

210 

1911 

220 

1912 

223 

1913 

248 

1914 

266 

1915 

281 

1916 

3pl 

1917 

335 

1918 

356 

1919 

378 

1920 

443 

1921 

472 

1922 

558 

1923 

732 

192£ 

714 

1925 

764 

1926 

771 

1927 

901 

1928 

901 

1929 

| 1007 


• Figures taken from Statistical Abstract , Table 706, p. 682, 1933. 

Even a cursory inspection of these data makes it evident 
that there has been a tendency for the output of crude petroleum 
to increase from year to year. Sometimes the increase in output 
has been greater than at other times, but there is a vpry noticeable 
general tendency throughout the period for output to rise. 
This becomes even more evident when the figures are presented 
in graphical form (see Fig. J0.1). 

Whenever there is a long-time tendency for data to increase 
or decrease", say that there is a secular trend or a secular 
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movement in the data. It is not necessary that the rise or fall 
continue each and every year throughout the period. If we 
have a quarter of a century during which prices tend generally 
to fall, we should say that there was a secular decline in prices 
during the period even though there might be an occasional 
isolated year in which there was a small rise in price. Just 
so long as we can truthfully say that the period was one which 
was generally characterized by an upward movement or by a 



Year 

Fia. 10.1.—United States petroleum production, 1905-1929. {Data taken from 

Table 10.3.) 

downward movement, we say that there was a secular movement 
present. 

In contrast with the secular movement just pictured let us 
note the data of Table 10.4, showing egg prices in New York City 
.by months for a period of five years. The eggs Were of a grade 
known as 11 near-by-hennery whites,” and the prices are average 
monthly prices. 1 The figures in the body of the table are prices 
in cents per dozen taken to the nearest cent. 

1 Data quoted from New York Price Current by I. G. Davis in Connecti¬ 
cut's Poultry Industry, Connecticut Agricultural College Extension Bulletin 
79, 1924, pp. 35-36. 


• § 
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If one is to follow the historical changes in these data, it will be 
necessary to look down each column from the top to the bottom, 
returning then to the top of the next column and repeating. 
If this is done, one sees immediately that the movement in the 
data is neither a regular rise nor a regular fall, but rather an 
alternation of short rises and short falls. This becomes very 


Table 10.4.— Prices of Near-by-hennery White Eggs, New York City, 
by Months, 1919-1923 


Month 

1919 

1920 

1921 



• 

January. 

72 

84 

76 

56 

57 

February. 

56 


52 

49 

47 

March. 

48 


’43 

38 

44 

April. 

52 


38 

38 

39 

May. 

53 

53 

33 

38 

40 

June. 

56 

56 

39 

43 

41 

July. 

63 

65 

50 

45 

45 

August. 

68 

71 

57 

55 

53 

September. 

75 

82 

71 

66 

62 

October. 

8a 

100 

86 

82 

, 77 . 

83 

November. 

98 

102 

95 

89 

December. 

82 

95 

78 


64 



evident when the data are presented graphically (Fig. 10.2). 
The movement turns out to be wavy. When we have data in 
which there are regular “ups and downs,” as* there are here, 
giving this wavy appeararyce to a graph of the data, we say 
that there is a cyclical movement in the data, or that there are 
cycles in the data. Usually if these cycles tend to be just a year 
long, varying regularly with the seasons of the year {as is true 
in this case), we say that there is a seasonal movement in the data. 
It should be evident that a seasonal movement is one type of 
cyclical movement—one in which the cycle is 12 months long. 

It would be quite possible to find data in which cyclical and 
secular movements were combined, both types of movement 
appearing coincidentally in the same data. A hypothetical 
case of this kind is represented by Fig. 10.3, whieh purports to 
show the monthly sal$s of corporation X for a five-year period. 
Inspection of the diagram will make it evident at once that there 
are regular seasonal swings in sales. Obviously this product 
moves <5n to the market largely in the summer; the winters are 























274 ELEMENTS OF STATISTICAL METHOD 

slack. Also it is obvious that the output of this corporation 
is becoming larger from year to year; that is, there is a secular 



Fm. 10.2.—Monthly prices of “near-by-hennery white” eggs on the New York 
City market, 1919-1923. (Data from Table 10.4.) 



Fio. 10 3.—Monthly gross sales of corporation X t 1935-1939. An idealized 
combination of seasonal and secular'movements. 


trend underlying the seasonal movements, and the seasonal 
movements are fluctuating around this secular trend.. 
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In addition to these two types of change in which the historical 
movements seem to follow some plan, there are movements in 
historical data that seem entirely erratic—planless. They are 
of a type which could not be said to have any regularity at all. 
Such movements in data are called random movements or erratic 
movements or residual movements . If we take another hypotheti¬ 
cal case, merely changing the previous case a little, we can show 
a combination in which secular, seasonal, and random movements 
all appear in the same data. It is not uncommon for this to 



Month and Year 

Fig. 10.4.—Monthly gross sales of corporation X, 1935-1939. An hypothetical 
case combining secular trend (the straight line), seasonal movement (the regular 
wavy line), and random movements (shown by the departu^ of the actual data, 
shown in circles, from the smooth curve). 

occur, although it seldom occurs with such evident regularity 
as in the idealized case given in Fig. 10.4. 

A statistician who is studying corporation X may be interested 
in the secular movement. This long-run increase in output may 
be the thing he is trying to explain. On the other hand, he may 
be interested in the seasonal changes, and in order to study them 
he may wish to eliminate the secular movement entirely so that 
he can better understand the seasonal movements. Often he 
will be interested in studying the random movements in order to 
discover why they occur. In this case he may wi$h to eliminate 
the secular and seasonal (or other cyclical) movements so that 
the pure random movements will remain for study. The 
student'should remember, Jhen, that the statistician may wish 
to desoribe any regular type of historical movement either 
•because he i# interested in the movement itself or because he 
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wants to get rid of it so that it will not obscure movements of 
other kinds. We shall explain in this chapter the simpler ways of 
dealing with secular changes. 

10 . 4 . The Secular Trend.—We have discovered that any move¬ 
ment constitutes a secular trend if it continues in general in the 
same direction for a considerable period of time. If we are 
counting the bacterial population of a culture every 5 min., and 
the population continues to increase (or decrease) fairly regularly 
for several days, we should say that this was a secular change. 
It lasted but a few days, but these comprised a great many 5-min. 
periods. If, on the other hand, we were studying changes in 
infant mortality in the United States and if we had figures by 
years, the mere fact that there were decreases in infant mortality 
for two or three successive years would not indicate the existence 
of a secular trend. \ In the one case a trend which lasts for a few 
days is called a secular trend, while in the other case a trend which 
lasts two or three years is not so called. But the reason should 
be obvious. There is no specific time during which a movement 
must continue if it is to 'be classed as secular. The word is 
comparative, not absolute. Just as 5 hr. may seem short to 
one who is about to be electrocuted but very long to one who is 
seated in a dentist’s chair, so a given length of time may be 
secular under some conditions and not under others. When 
one says that a, given movement was secular, he means that it 
lasted for a period that one would call a long time—long for 
such data to continue to change uniformly. 

There are many ways of describingj and dealing with secular 
trends, and sometimes the simplest of these ways is the best. 
We shall start with the simplest way and proceed to some of 
the others. 

10 . 6 . Freehand Trend.—The simplest and most informal 
method of describing the secular trend in data is to plot them 
and draw on the graph a line that seems to the eye to follow the 
general long-run movement of the data without following the 
minor short-run fluctuations. For example, if we plot the data 
showing petroleum output in the United States from 1917 to 
1929 which are tabulated on page 271, tfe get a graph such as 
Fig. 10.6. We now draw on this graph a line, straight dr curved 
as the data may determine, which follows the general direction 
of the data. In this diagram the actual production figures arc 
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represented by the solid line and the freehand trend by the broken 
line. 

If the secular change appears to be approximately along a 
straight line, the freehand trend may be drawn along a ruler, and 
then it is common to determine the average of the values which 
are varying through time and to locate this average on the graph 
at the central period of time. In this case, for example, the 
average petroleum output for the period was 641 million barrels. 



Y e a r 

Fig. 10.5.—United Statos petroleum production, 1917-1929, with freehand 

straight-lino trend. 

There are 13 years in the period covered, so the mean of the 
years (or the median of the years, since this will coincide with 
the mean in such a distribution) is the seventh year, or 1923. 
We could locate on the graph opposite 1923 a point representing 
641 million barrels and draw our freehand trend through this 
point. This is but a rough guide, however; the advantage, of the 
freehand method is that it allows the statistician tb do whatever 
looks right without worrying about rules. The method has the 
obvious «disadvantage that two equally competent workers may 
draw quite different trend fines, and the same worker may well 
draw different trend lines through the same data at different 
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times. But the method is simple, quick, easy, and fairly satis¬ 
factory for rough work. If accuracy is needed it may be worth 
while to attempt some of the other methods. Many a statistician 
uses the freehand method to get a first approximation of the 
trend before using the other methods, since it takes little time 
and gives him some idea of the nature of the trend. 

10.6. Method of Selected Points. —This method is merely an 
addition to the freehand method, and can well be used if one 
decides to use the freehand method. Having drawn the freehand 
trend as in the preceding section, we select two points on the 
trend line, one near each extreme. Let X represent the year and 
let Y represent the petroleum output. 1 Suppose we select the 
two years 1918 and 1928; that is, first we shall let X = 1918 and 
next we shall let X =* 1928. We determine in each case the 
value of Y by reading the position of the freehand trend at the 
selected year. Thus in 1918 the trend value seems to be 350, 
and in 1928 it appears to be 930. We have, then, two points 
which can be described as follows: 

First point: • 

X = 1918; Y = 350 

» 

Second point: 

X = 1928; F = 930 

If we are to fit a straight line to these data, as we did before, we 
must use an equation of the general type Y = a + bX. This is 
the equation of the straight line. 'Every straight line can be 
described by an equation of this type, and every equation of this 
type describes some straight line. 2 It is necessary for us to find 
the values of a and b in order that we may know exactly which 
straight line we are dealing with here. 

We have two observations of concurrent values of X and Y. 

In the first case X = 1918 and Y = 350. Let us substitute 

• 

l In dealing with historical data statisticians always have the letter X 
represent the time variable and the letter Y represent the other variable. 
There is some further discussion of this at a later point in this book in con¬ 
nection with the* description of regression lines (see p. 384). 

‘Lines and their equations are discussed in greater detail on pp. 439jT. 
The student who is interested may read these pages now. Others may 
take the form of the straight-line equation on faith for the present. Any 
text on elementary algebra covers the sufeject under the heading "linear 
equations.” 
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these values for X and Y in our type equation Y = a + bX. 
This computation gives our first observation equation: 

350 = a + 19186 

In the case of the other point, the values were X = 1928 and 
Y = 930. Substituting these, we get our second observation 
equation: 

930 = a + 19286 

This gives us our two observation equations, and if we solve them 
simultaneously we find the values of a and 6 which we need to 
describe our line. Solving the two equations, we find that 
a = —110,894 and 6 == +58. Our equation then becomes (by 
substituting these values of a and 6 in the equation Y = a + bX) 

Y = -110,894 + 58X 

If we recall that X = the year and Y = the petroleum produc¬ 
tion, we can estimate the production for any year from the 
equation just given. For example,* what was the petroleuifi 
production in 1920? Substitute 1920 for X in the equation and 
you have • 

Y = -110,894 + 58(1920) = 466 

We estimate that the 1920 production was 466. # Since our orig¬ 
inal production figures were in millions of barrels, this means 
466 million barrels. Reference to the original data (page 271) 
will show that the 1920 production was actually 443 million 
barrels. Inspection of Fig. 10.5, page 277, will reveal that the 
trend line gave a value for 1920 of 466 million barrels, however. 
Experiment will show that any production estimated by this 
equation will give a point on the trend line. It is for this reason 
that wp say that this equation is a description of the line. 1 

1 Although this equation is extremely helpful in estimating the value of Y 
within the time period to which it was fitted, the student must be cautioned 
against a too free use of the equation in estimating the value of Y beyond 
that range. Here we computed the line for data which ran from 1917 to 
1929. Within this period ^he errors of estimation will be reasonably small. 
But if th<^ student wishes to see the danger of estimating for times beyond 
the limits of this period, let him use this equation to estimate petroleum 
production in 1906 and compare his result with the actual figure for 1906 
pn page 271. , , 
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This equation is very useful because it gives a concise, exact 
description of the trend. Before we computed the equation we 
could have described the trend to others only by drawing it on a 
graph and sending it to them. Even in that case there would 
have been the difficulty that the scale is too small on most graphs 
to permit accurate reading. Now that we have the equation, 
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Y e a> r 

Fig. 10.6.—United States petroleum production, 1906-1929, with freehand 

parabolic trend. 

however, we can tell anyone that the trend of petroleum produc¬ 
tion from 1917 to 1929 was 

Y = -110,894 + 58X 

This tells all one needs to know. In fact, it tells all that we 
know ourselves. 

10.7. Curvilinear Trends by Selected Points. —Of course, 
the trend may be a curve rather than a straight line. If, for 
example, we plot the entire data on petroleum production from 
the table on page 271, we get Fig. 10.6. First we draw a free¬ 
hand curve through the data showing the trend: this is shown by 
the broken line on the chart. Next we select three points on 
this curve, one near each extreme and one near the center.* 
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Suppose that we select the positions of the curve for the years 
1908, 1920, and 1928; that is, the values of X will be 1908, 
1920, and 1928. This time we shall, however, follow a plan that 
reduces the amount of arithmetic considerably. We shall shift 
the origin of our time series. Time is usually reckoned from the 
birth of Christ, but this custom gives us numbers in the thousands 
which are hard to handle, especially when it becomes necessary 
to square them or to multiply them by large numbers. Of 
course, one could figure time from any other convenient point. 
Thus the year which we commonly call 1945 is the year 7453-7454 
of the Byzantine era, the year 5705-5706 according to the Jewish 
calendar, the year 2698 since the founding of Rome, etc. The 
more recent the starting point which we select, the smaller are 
the numbers with which we shall have to deal. Hence it is 
common in statistical problems to take a basis for reckoning at 
some very recent date, and it is most common to take the center 
of the time series being studied and call it the year 0. 

Suppose that, in the present case, we decided to reckon time 
from what is usually known as the £ear 1920. We say that we 
shift the origin to 1920. This year, then, becomes the year 0. 
The year 1921 becomes the year 1, the year 1922 tjhe year 2, the 
year 1919 the year —1, the year 1915 the year —5, etc. Under 
our new plan, therefore, the years we have selected (1908, 1920, 
and 1928, as above) become the years —12, 0, a^d +8. We note 
that the trend at these ye 4 ars has values of 170, 425, and 930. 
Our three pairs of values are, then, 


X = 

-12; 

Y = 170 

X = 

0; 

Y = 425 

X = 

8; 

Y - 930 


To*fit a cujrvilinear trend of this type, we need an equation of 
the form 1 


Y = a + bX + cX* 


If we substitute the values of X and Y given above, we get the 
following three observation equations: 

1 This is the equation of a aecond-degree parabola. Again the student 
whose iftemory of mathematical curves is rusty will have to take this equa¬ 
tion on faith 9 r ?lse read now pp. 440^. 
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170 = a - 126 + (—12 2 )c 
425 - a + 0 + 0 
930 = a + 86 + 8 2 c 

It is at once evident that the value of a is 425. (It also becomes 
evident immediately that it saves computation to take as the 
origin the year of our central observation!) Solving, we find 
that the values of 6 and c are 

6 = 46.33 
c = 2.09 

o 

Substituting these values of a, b , and c in the type equation 
(F = a + bX +.cX 2 ), we get the equation of this particular 
curve, which is 

F = 425 + 46.33X + 2.09X 2 
Origin at 1920 

When such an equation is given, it is important that the origin be 
stated with the equation. Otherwise the results are meaningless. 

• From our type equation' let us estimate the trend value for 
1910. When 1920 is the origin, the year 1910 becomes the year 
— 10; that is, X becomes —10 when we wish to estimate the 
1910 production. Substitute —10 for X in the type equation 
and it becomes 

F = 425 + 46.33 (—10) + 2.09(-10 2 ) = 170.7 

Thus our estimate of petroleum proddction in 1910 is 170,700,000 
barrels (since our production figures are in millions of barrels). 

This equation now describes our curvilinear trend, and we can 
easily and accurately tell others our conclusions. 

It must be remembered, however, that two investigators fitting 
trends by the method of selected points may well obtain some¬ 
what different results. The freehand trends which they* draw 
originally to guide them may well differ somewhat, and the points 
they select from which to get values for their observation equa¬ 
tions may differ. Thus this combination of methods (freehand 
trend plus selected points) has the disadvantage that two equally 
competent workers may differ in their conclusions. The methods 
are, however, quick and easy to apply; and every statistician 
finds them useful at times. One might by the same methods, of 
course, fit more complicated curves. When we fitted a straight a 
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line (one with no bends), we had to find values of a type equation 
with two unknowns, a and h. When we fitted a second-degree 
parabola with its one curve, we had to find three unknowns, a, 6, 
and c. For each bend in the curve we should have to add one 
unknown,, and the added accuracy of results (if any) is seldom 
sufficient to offset the added arithmetic. Surely when the 
method employed is that of freehand trends and selected points, 
it will seldom pay an investigator to fit a curve more complicated 
than the third-degree parabola, the type equation of which is 

Y = a + bX + cX 2 + dX* 

* 

Here there are four unknowns (a, 6, c, and d) *to find, and it is 
necessary to select four points on the freehand curve and solve 
four observation equations. This curve will have two bends. 

10.8. Moving Average.—We may also find the trend value of 
data by the method known as the method of moving averages. 
This method is based on the assumption that minor variations in 
the Y variable are to be considered a** unusual, and that they cap 
be removed by the process of averaging. Suppose I wish to know 
what petroleum production was “normal” for 1920. Would it 
not be fair to tell me the average production for *1920 and the 
two or three years before and after? This is exactly what con¬ 
stitutes the process of computing the moving average. 

Let us go back to our figures of petroleum production. The 
original dates and production figures are repeated as the first two 
columns of Table 10.5. In the third column of this table we have 
the moving average itself. Opposite each year is the average 
production of that year and of the two years preceding and the 
two years following; that is, each figure in the last column is an 
average, of five years' production centered at the given year. 
The moving average of production for 1917 is 330.2. This is the 
average production for 1915, 1916, 1917, 1918, and 1919. Simi¬ 
larly with each other year. In this case we have a five-year 
moving average. We might, of course, use the average of three 
years or seven years or some other number of yeats. Obviously 
| if our average include* the same number of years before as after 
| the given year, the total number of years in the period will be 
1 odd. Thus here we include the year itself, two years before, and 
two years after, or five years altogether. Usually we use an odd 
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number of periods for our moving average and center the average 
at the middle year, as in the example given here. 

The moving average is most commonly applied to data which 
are characterized by cyclical movements. It is employed to 


Table 10.5.— Computation of Moving Average of Petroleum 
Production 


Year 

Output 
(millions 
of barrels) 

Moving- 

Average 

Output 


126 

? 

1907 

166 

? 

1908 

179 

172.8 


183 

191.6 


210 


1911 

220 

216.8 

1912 

223 


1913 

248 

247.6 

1914 

266 


1915 

281 

286.2 

1916 

301 

307.8 

1917 

335 


1918 

356 


1919 

378 


mmm 

443 

441.4 

W&m 

472 

516.6 


558 


— 

732 

648.0 

1924 

714 

707.8 

1925 

764 

776.4 

1926 

771 


msm 

901 

868.8 

1 

901 

? 

1929 

1007 

? 


eliminate the cycles and leave the general trend of the data. 
We literally “average out” the seasonal or other cyclical varia¬ 
tions. In such a case it is necessary to select a period for the 
moving average which coincides with the. length of the cycle; 
otherwise the cycle will not be entirely removed. When the 
period of the moving average and the period of the cycle in the 
data differ, the moving average will display a cycle which has 
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the same period as the cycle in the data, but which has less 
amplitude than the cycle in the data. Often the statistician 
finds that the cycles in the data are not of uniform length. 
In such a case he usually takes a moving-average period equal to 
or somewhat greater than the average period of the cycle in the 
data. 


Table 10.6.— Four-year Moving Average of Petroleum Production 



Output 

Four-year 

Moving 

Year 

(millions 

Moving 

Average 

• 

of barrels) 

Average 

Centered 

1906 

126 

• 

? 

1907 

166 

163.5 

184.5 

198.0 

209.0 

225.25 

239.25 
•254.5 

274.0 

295.75 

? 

1908 

179 

174.0 

1909 

183 

191.2 

1910 

210 

203.5 

1911 

220 

217.1 

1912 

. 223 

232.2 

1913 

248 

246.9 

1914 

266 

264.2 • 

1915 

281 

284.9 

1916 

301 

307.0 

1917 

335 

318.25 

342.5 

378.0 

412.25 
462.75 * 

551.25 

619.0 

692.0 

745.25 

787.5 

834.25 
895.00 

430.0 

1918 

356 

360.2 

1919 

378 

395.2 

1920 

443 

437.5 

1921 

472 

507.0 

1922 

558 * 

585.1 

1923 

732 

655.5 

1924 

714 

718.6 

1925 

764 

766.4 

1926 

771 

810.9 

1927 

901 

864.7 

1928 

901 

? 

1929 

• 

1007 


? 


We have noted that one usually selects an odd number of 
periods for his moving average, since the process of centering 
is then simplified. But if data have a marked cycle which 
extends over an everf number of periods (as, for example, a 
12-montJi cycle, which is very common) it is necessary to take 
an even, number of periods lor the moving average. If we take, 
.for example, f a, four-year moving average of the data in Table 
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10.5, showing the results in Table 10.6, we discover that the 
moving averages appear between the years rather than at the 
years. The first figure in the third column, 163.5, is the average 
petroleum production for the years 1906, 1907, 1908, and 1909. 
The center of this series of years is halfway between 1907 and 
1908, and we therefore enter our moving average halfway between 
them. But ultimately we want the value for each year, and not 
the value at points between. Therefore when our moving 
average is based on an even number of periods we add a fourth 
column, which is a centered two-period moving average of the 
third column. 

The first figure in the last column of Table 10.6 is 174.0, the 
average of the first two figures in the third column. It is entered 
halfway between the first two figures of the first column, which 
sets it opposite the year 1908. The other figures in the last 
column are found similarly. 

10.9. The Progressive Mean.—When we are told that the 
five-year moving average of petroleum production was 648 
million barrels in 1923 (figtires from Table 10.5), we understand 
that this is not necessarily the actual output (which was 732 
million barrels), but it is a “ normal” output for the five-year 
period centered at 1923. It is the simple arithmetic average 
of the outputs of the five-year period centered at 1923. It has 
been suggested f>y some statisticians that in a case of this kind 
the center year should be given more weight in computing the 
average than the other years, and the farther we go from the 
center of the period being averaged the less weight we should 
give. It would be a simple matter, of course, to compute a 
weighted moving average, always weighting the center year 10, 
the year each side of the center 6, and the second year from the 
center in either direction 1, or any other such set of weights, 
diminishing as we draw farther from the center of the period. 
When such weighting is used, it has been common to weight 
the years with the coefficients of the binomial expansion which 
has the requisite number of terms. If we turn to Table 7.1, 
page 163, we discover that when the binomial has five terms the 
coefficients are 1, 4, 6, 4, and 1. If we were to find the weighted 
arithmetic average of the first five ^years of Table 10.1>, using 
these weights, we should perform the computations shown in 
Table 10.7. 


t c 
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Table 10.7.— Computation op the Progressive Mean 


Year 

Output 

(X) 

Weight 

(IK) 

(XW) 

1906 

126 

1 

123 

1907 

166 

4 

664 

1908 

179 

6 

1074 

1909 

183 

4 

732 

1910 

210 

1 

210 

Totals. 

1G 

2806 


Using now our formula for the weighted arithmetic mean (see 
page 62), we have 

2(XW) _ 2806 , * * 

- Te "- 1 ' 5 * 4 


This average would be set opposite the central year, 1908. 
Similarly we would compute a weighted arithmetic mean for 
each other set of five consecutive years, using each time these 
same weights, and always setting the weighted mean opposite 
the central year of the period. When the weights used in com¬ 
puting the weighted moving average are the coefficients of the 
expanded binomial, as in the example just given, the result is 
known as a progressive mean; that is, a progressive mean is a 
weighted moving average with the binomial coefficients as 
weights. It is obvious that the work entailed in computing a 
progressive mean is far greater than that required for the com¬ 
putation of the ordinary unweighted moving average, and as a 
result the latter is far more common in practice. 

10.10. Moving Average with Curvilinear Trends. —The moving 
average gives a very good picture of the general, long-run move¬ 
ment in data if the data contain rather uniform cycles and if 
the trend in the data, if any, is linear or approximately so. But 
if there is a long-run secular curvilinear trend in the data, the 
ordinary moving average will contain a biassed error. If the 
trend line is concave upward (like the side of a bowl), the value 
of the moving average will always be too high;* if the trend 
line is concave downward (like the side of a derby hat), the value 
of the moving average will always be too low. We can illustrate 
this with the data of Table*10.8. The moving average appears 
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in the third column, and the original data with the moving 
average appear in Fig. 10.7. In the figure, the original data 
are shown as points in small circles, while the values of the moving 
average are shown as small crosses. It will be seen at once 



that the moving average is consistently too high, since the 
original data fall along a curve which is concave upward. 

Table 10.8.— Moving Average of Data Which are Concave Upward 


Year 

Output 

Moving 

Average 

1932 

316.2 

? 

1933 

251.2 

? 

1934 

199.5 

210.3 

1935 

158.5 

167.0 

1936 

125.9 

132.7 

1937 

100.0 

105.4 

1938 

79.4 

83.7 

1939 

63.1 

66.5 

1940 

50.1 

52.8 

1941 

39.8 

? 

1942 

31.6 



We might try to overcome this-tendency toward error by 
weighting, giving the large weights to the small values ^and the 
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small weights to the large values if the curve is concave upward; 
but giving the large weights to large values and small weights 
to small values if the curve is concave downward. Such a 
procedure would be entirely arbitrary, however, and there would 
be no reason to believe that the results gave the true long-run 
trend. In some cases, however, our long-run trend seems to 
follow some particular law, and in such cases we can sometimes 
alter our moving average to correct for the error. When the 



Fio. 10.8.—Semilogarithmic chart of the data of Table 10.8. 

data of Table 10.8 arc plotted on semilogarfthmic paper, we 
discover that the curvilinear trend of Fig. 10.7 has become a 
straight line (see Fig. 10.8). This tells us that the trend in this 
particular example is a geometric trend, and we can correct for 
the error by using the moving geometric average rather than 
the moving arithmetic average. 1 The process of computation 
is shown in Table 10.9. 

In Table 10.9 the first two columns are repeated from Table 
10.8. *The third column consists of the logarithms of the corre¬ 
sponding figures in the second columns. In the fourth column 
are figures for a five-year moving average of the logarithms of 
the third column. Each figure in the last column is the anti- 

1 The student is referred to Sec. 5.19, where this use of the geometric 
average i^ explained. Whenever one contemplates the use of a moving 
average, and the original data ssem to fall approximately along a straight 
line when plotted on semilogarithmic paper, the moving geometric mean 
jshould be usedrin preference to the moving arithmetic mean. 
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logarithm of the corresponding figure in the fourth column. 
Comparison of the second and the last columns in the table will 
demonstrate at once that the moving average is neither too high 
nor too low, but exactly right for this particular problem, 
t It must not be thought that the moving geometric mean will 
solve our difficulties whenever there is a curvilinear trend. 
|The moving geometric mean gives the correct answer only when 
jthe values of the trend form a geometric progression, as is shown 
.by the data falling approximately in a straight line on semi- 
| logarithmic paper. The fact that the method works so well 
?with the data of Tables 10.8 and 10.9 is merely because these 


Table 10.9.—Computation or Moving Geometric Mean 


Year 

Output 

Logarithm 
of Output 

Moving 

Average 

Anti¬ 

logs 

1932 

316.2 

2.5000 

? 

? 

1933 

251.2 

2.4000 

? 

? 

1934 

199.5 

, 2.2999 

2.3000 

199.5 

S 1935 

158.5 

2.2000 

2.2000 

158.5 

1936 

125.9 

2.1000 

2.1000 

125.9 

1937 

* 100.0 

2.0000 

2.0000 

100.0 

1938 

79.4 

1.8998 

1.8999 

79.4 

1939 

63.1 

1.8000 

1.7999 

63.1 

1940 

50.1 

1.6998 

1.6998 

50.1 

1941 

* 39.8 

1.5999 

? 

? 

1942 

31.6 

1.4997, 

? 

? 


data were coihputed purposely to illustrate the point. It is 
quite possible for the moving geometric mean to give trend 
values which are further in error than those of the moving 
arithmetic mean. 

! The moving average has the advantages that all workers get 
the same result when they compute it, that it eliminates the 
short-run changes in the data and yet does not lose all its flexi¬ 
bility. In Table 10.5, for example, the moving average rises 
slowly at first and later more rapidly. This is exactly what 
happened to petroleum production. The increased steepness 
of the curve of the moving average merely reflects the facts. 
No straight line fitted to these data could show this fa,ct, since 
the straight line increases by constant amounts., 
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Yet the moving average is subject to a serious disadvantage. 
In Table 10.5 there are question marks in the moving-average 
column opposite the years 1906, 1907, 1928, and 1929. The 
reason is obvious when one tries to compute the moving average 
for these years. What was the average production for 1907 and 
the two years before and after? We can find it for 1907 and the 
two years after and one of the years before; but we have no figure 
for 1905. Hence we have to omit the two years at each end of 
the series because the data before or the data after them are 
absent. If we had computed a three-year moving average, we 
should .have had to omit one year at each end. Had we com¬ 
puted a four-year moving average, we should have had to omit 
two years at each end. Counting the omissions at both ends,j 
we always have to omit one less year than the length of thej 
period of the moving average if the number of years in the l 
period is odd, or just as many years as there are in the period 
if the number is even. 

Yet these extreme years are often the very ones in which we 
are most interested. What is “normal” production at present? 
It does us little good to be told that the average production 
around 1917 was 330 million barrels if we wish to know the 
1929 average and cannot find it. The moving average suffers j 
from the disadvantage that it cannot be extended to the extremes ! 
of the period studied, and of course the extension of the moving 1/ 
average to times outside the period is out of the*question. J 
\ 10.11. The Method of Beast Squares.—In Secs. 10.5 ana 

10.6 we found that it was possible to describe spme long-time 
trends by straight lines. In those sections we mtermined the 
location of the straight line subjectively, picking out the one that 
looked best. Yet we know that two equally competent statis¬ 
ticians might now draw exactly the same line. This raises the 
question as to whether or not some one line is better than another 
—whether or not we can pick out some one “best” line to describe 
the trend. 

When the problem is stated in this way, we realize at once 
that there is a “best” trend line. It is the line along which 
the values would actually have moved if they had been subjected 
to the long-run forces only—if all cyclical and random forces 
had been eliminated. Pet/oleum production, for example, is 
subject to m&ny temporary forces, such as strikes, transportation 



292 


ELEMENTS OF STATISTICAL METHOD 


holdups, seasonal fluctuations, and wartime demands. Actual 
production figures such as those of Table 10.5 reflect all these 
short-run movements as well as the basic, long-run changes which 
accompany the growth of population, the development of good 
roads, etc. The “best” trend line would be the one that would 
eliminate all the temporary forces, and show what would actually 
have happened to petroleum production if the long-run forces 
had been the only effective forces. 

But unless one has faith in the crystal ball or the Ouija board, 
he can never know what, would have been true if some forces 
had been different. We are therefore forced to guess what would 
have happened. 1 Yet some guesses are better than others. 
If I am asked to guess the height of someone, knowing nothing 
save that he is a Harvard student, I can make a better guess on 
the basis of the facts in Table 5.1, page 82, or on the basis of 
the statistical summary of these facts on page 211, than I can 
unassisted. If you are to toss a penny fifty times, and I am 
asked to guess how often it will fall with “heads” uppermost, I 
am wiser to base my gues? on reasoning than I am to select a 
number at random. And in selecting trend lines it is also 
true that some guesses are better than others. An infinite 
number of straight lines can be drawn upon a chart, and all 
of them may slant approximately in the direction of the secular 
movement, but just as 25 “heads” are more likely in 50 throws 
of a coin than £8 or 30 heads, so one of these straight lines is 
more likely to be correct than any of the others. 

Let us look at the chart in Fig. 10.9. Suppose we wish to 
represent the long-run movement of this chart by a straight 
line, as seems reasonable from casual inspection of the data. 
It is immediately apparent that no straight line will describe 
what- happened in the sense that it will pass through the various 
points on the diagram. The points do not lie along any straight 

r 

1 Some people may prefer to dignify the processes involved here by calling 
them “estimates” rather than “guesses.” The name is really not impor¬ 
tant if the student understands that the process is one based on reasoning. 
In practice it seams to be true that students more often put too much faith 
in the results of least squares than too little. They think that somehow the 
mathematical processes of the least-squares method give them an answer 
that is “correct,” rather than an estimate or guess of what is confect. It is 
to offset this tendency toward blind and innocent acceptance that I prefer 
to speak of the processes involved as guesswork rather thanks estimation. 



HISTORICAL DA TA—SECULAR TREND 


293 


line. Therefore any straight line which we draw will have errors. 
We might draw a line so high on the diagram that all the actual 
points would lie below it; on the other hand, wc might place 



Year 


Flo. 10.10.—Data of Jable 10.10 with freehand straight-line trend. 


our line so low that all the actual points would lie above it. In 
practice.we would be more likely, however, to draw a line some- 
.thing like tlTe one in Fig. 10.10, such that some of the actual 
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points lie above and some below the line. In this case we can 
show our errors by means of the light dotted vertical lines con¬ 
necting each of the original points with the straight trend line. 

If we assume, now, that our trend is to show the ordinary or 
expected course of events (the ordinary course of petroleum 
production when undisturbed by temporary variations, for 
example), and that the variations around the trend are due to 
more or less chance occurrences, we can^determine the chances 
t hat anv particular set_of errors or deviations would o ccur. 
Under these assumptions it can be shown that that trend line 
is most likely from which the sum of the squared deviations is a 
minimum. Perhaps we can illustrate the meaning of these 
terms best by using the data of Fig. 10.10 as an example. The 
original data of this figure are shown in the first two columns 


Table 10.10.— Illustration of Squared Errors from Data of Fig. 10.10 


Year 

Output 

(000) 

Trend 

Value 

Error 

’■ • -i 

1932 

1 

1.0 

0.0 

0.00 

1933 

0 

1.5 

-iV 

2.25 

1934 

* 2 

2.0 

0.0 

0.00 

1935 

3 

2.5 

0.5 

0.25 

1936 

3 

3.0 

0.0 

0.00 

1937 

4 

3.5 

0.5 

0.25 

1938 

" 3 

4.0 

-1.0 

1.00 

1939 

5 

4.5 < 

0.5 

0.25 

1940 

5 

5.0 

0.0 

0.00 

1941 

7 

5.5 

1.5 

2.25 

1942 

6 

6.0 

0.0 

0.00 


Sum 


6.25 


of Table 10.10. The third column shows for each year the height 
of the straight line trend which appears on the chart. Tnq fourth 
column shows the amount of the error or the residual, found by 
subtracting the trend value from the actual value. The last 
column shows the squares of these residuals, and at the bottom 
of this last column is the sum of the squared residuals, or the 
sum of the squared errors. In this particular case the sum 
amounts to 6.25. c 

If we were to draw other straight lines on the chart, we should 
get other sets of errors, other squared errors, an $ different sums. 
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of the squared errors. For example, the student might try using 
as trend values the numbers 0.5, 1.1, 1.7, 2.3, 2.9, 3.5, 4.1, 4.7, 
5.3, 5.9, and 6.5. The difference between each successive pair of 
numbers in thifl series is_0.6 ^ and if they a re plotted on Fig. 10.10, 
they will give a straight line which is slightly steeper than the 
straight line already shown in that figure and crosses it at the 
middle of the chart. If the student will make up a table similar 
to Table 10.10, using these new trend values, computing his 
new errors and new squared errors, and adding his column of 
squared errors, he will find a sum of 5.15 instead of the sum 
6.25 discovered in Table 10.10. The fact that the sum of the 
squared errors is smaller in the new case than in the old one means 
that the new line is, on the basis of our assumptions, more 
likely to be right than the old line. It does not show that it 
is the correct line, and we never do know what is the correct line. 
But the smaller the sum of the squared errors, the more likely 
the line is to be correct. 1 

If we wanted to find the one straight line which fitted the data 
best of all—which gave a smaller sum pf squared errors than any 
other straight line—it would evidently take too long to go at it 
by trial and error. We cannot try 20 or 60 or 150 different lines, 
in each case computing the sum of the squared errors, and finally 
select the line with the smallest sum of the squared errors. This 
would take too long. But fortunately we can find the line we 
want by a very simple method. This method is called the 
method of least squares because it gives us the one line from 
which the sum of the squares of the errors is the smallest possible 
for any line of the type being fitted. We shall see how to find 
the “best fitting” straight line, the “best fitting” second-degree 
parabola, and the “best fitting” reciprocal curve by the method 
of least squares. The student must remember that the least- 
squares line is hot necessarily the best one. In the first place, 
the straight line fitted by least squares is merely more likely 
to be right than any other straight line . Perhaps the basic trend 
was not a straight line at all. In that case the straight line fitted 
by least squares will not be the corre ct line . Similarly a second- 
degree parabola fitted by least squares is more likely to be correct 

1 For a simple proof of this statement, under our assumptions that the 
errors are jrnre chance affairs, see F. L. Griffin, " Introduction to Mathe¬ 
matical Analysis,” pp. 456-457, Houghton Mifflin Company, Boston, 1921. 
• » 
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than any other second-degree parabola. We can generalize by 
saying that when we fit any line or curve by the method of least 
squares we get the line or curve that is more likely to be correct 
than any other line of the particular “family” which we could 
fit. Even so, it is more likely to be correct than other lines of the 
same family only if we are correct in our assumption that the 
errors or the residuals around the line are the results of random 
chance forces. In such a case the residuals will tend to be 
normally distributed, most of them clustered close to the line, 
with points getting less and less common as we get farther and 
farther from the line, and with points above and below .the line 
being approximately evenly balanced. 

10 . 12 . Fitting a Straight Line by Least Squares.—We learned 
in Sec. 10.6 that every straight line will have the general form 

Y = a + bX y 

We wish to find the values of a and b that will give the one 
straight line which fits best (the “best fit” being defined as 
t that which minimizes the £um of the squared residuals or devia¬ 
tions). It is easy to show that these values of a and b can 
be determined from the following two normal equations: l 

c 

Na + 62X = 2 Y 
aXX + b2X 2 - XXY 

In order to scfive these two equations we need the following 
values: i 

N 2X 2Y 
XX 2 XXY 

1 Each year (or other period of time) is designated by X . 

Each value of the other variable (as petroleum production) is designated 
by Y. 

The equation of the straight line at any point X is Y — a -f bX. 

If the point does not fall on the line, the distance from the point the line 
(that is, the deviation) is represented by d. Thus 

Y + d ~a + bX ^ 
d -a + bX -Y 

* d* ~ (a+bX - Y) % 

This is true for each deviation. If we sum all &ich terms, to get the sum of 
the deviations, we have < 

2d* - 2(o + bX - F)* 

This is the value we wish to minimize. Let us represent itj^v,// We mini- 
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If we list the values of petroleum production from 1917 to 1929 
from Table 10.3, page 271 (and thus use the same years that 


Table 10.11.— Computation op Straight-line Trend op Petroleum 
Production, 1917-1929 


Year 

Production 

m 

Year (origin 
1923) 

(X) 

XY 

X * 

1917 

335 

—6 

-2,010 

36 

1918 

356 

-5 

-1,780 

25 

lOlflf 

378 

-4 

-1,512 

16 


443 

-3 

-1,329 

9 

1921 

472 

-2 

- 944, 

4 

1922 

558 

-1 

- 558 

1 

1 

732 

0 

0 

0 


714 

1 

714 

1 


764 

2 

1,528 

4 


771 

3 

2,313 

9 


901 

4 

3,604 

16 

1928 

901 

5 

4,505 

25 

1929 


C 

6,042 

36 

Totals. 

8,332 

0 

10,573 

182 

» 


. we used in fitting the straight line by freehand methods on page 
277), we get Table 10.11. It will be noticed that in this table 

mize by setting the partial derivatives with respect to a and b equal to 
zero. That is, 

$ = 22(a + bX - Y) ■= 0 
da 

^ - 22(a + bX - Y)X = 0 

Dividing by 2 and then summing as directed, we get 

. 2a 4- bXX - XY - 0 

aSX + b2X* - 2 XY - 0 

Since 2a (when a is a constant) * Na , we have, by transposing the last 
terms, 

Na 4- b2X « XY 
MZX + b2Y* * 2 XY 

If we solve these equations for a and b after substituting the proper values 
of N , XX % 2F, 2X*, and 2 XY, we get the values of a and b which minimize 
2d*. ~ThesM &0 what we want. 
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we have let X represent the time variable (years) and Y the other 
variable (petroleum production), as we always do. Also it will 
be noted that we have taken as our origin of time the year in the 
middle, 1923, calling it the year 0, and reckoning the other years 
plus and minus from 1923. We almost always find it advan¬ 
tageous to use the center of our period as the time origin, as we 
discovered in Sec. 10.7, since it reduces by a good deal the amount 
of arithmetical computation. 

We now have the necessary values to substitute in the normal 
equations, as follows: 

N = 13 EX = 0 EY = 8,332 * 

EX * = 182 EXY = 10,573 

c 

Substituting these values in the normal equations, we get 

13a + Ob - 8,332 
Oa + 1826 = 10,573 

The shift of the time origin to a recent date gave us small numbers 
f to work with. The fact f that we shifted to the central year 
made 2X = 0 and reduced the labor of computation still more. 
If we solve tfiese two equations, we have the following values: 

a = 641 
6 « 58.1 

Hence our equation for the straight line, which we get by sub¬ 
stituting these values for a and 6 in'the type equation 

Y = a + bX 

is / 

Y = 641 + 58.1X / 

Origin 1923 

We can now estimate the values for other years. If we wish to 
draw the trend on a graph of the data, we first plot the original 
data. We then estimate the trend value for the first and last 
years (since these two points, like any other two points, will 
determine the'location of a straight line). The first year, 1917, 
is year —6 when the origin is 1923. If \#e substitute —6 for X 
in our equation and solve for Y, we get * 

Y - 641 + 58. 1 (—6) - 292.4 * . 
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We thus know that the trend value for 1917 is 292.4, and we 
locate this point on the graph opposite the year 1917. Similarly 
we find the trend value for the year 1929 (the year +6) to be 

7 = 641 + 58.1(6) = 989.6 

This value we locate opposite the year 1929. Thus we have two 
points, and we connect them with a straight line. This is the 
trend line (see Fig. 10.13, page 310). 

It is not necessary to change the time origin, and if it is changed 
it is not necessary to locate it at the central year. Such changes, 
however, minimize arithmetical computation. 

10.13. Meaning of Constants in Regression Equation.—Per¬ 
haps one more word should be added regarding # the formula for 
the straight line which we fitted by the least-squares method 
on page 298. That formula, it will be recalled, was 

7 = 641 + 58. IX 
(Origin 1923) 

First suppose that we want to estimate the 1923 petroleum 
production. This year is the year of Origin, so that the deviation 
from the origin is 0. Substituting 0 for X in the equation, we get 

7 = 641 

In other words, when we determine the value of a in the 
trend equation we are really finding the trend value at the time 
origin. We were in actuality estimating the T923 petroleum 
production. This is always* true of the formula for the straight 
line and also for the other formulas, such as that which we shall 
shortly find for the second-degree parabola. That is, a = the 
value of 7 at the time origin. 

What will be the value of 7 one year after the origin (that is, 
in 1924) ? Obviously it will be 641 + (1) (58.1). What will it be 
two years after the origin (in 1925)? Obviously 641 + (2) (58.1). 
And the third year it will be 641 + (3) (58.1); etc. In other 
words, the value of b (58.1) is evidently the amount which is 
added to production every year as estimated by our trend. 
The straight-line trend must, on account of the nature of a 
straight line, rise the same amount each year. The value of b 
tells us ‘the amount by which it tends to rise each year. In 
some years petroleum production increased more than in other 
# yearn, buW?ur formula tells us that the tendency was for it to 
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rise 58.1 million barrels a year throughout the period (during 
the period to which the trend was fitted, which was 1917-1929). 
The 1929 production was 1007 million barrels, and the 1917 
production was 335 million barrels. The actual increase in 
production was, then, 672 million barrels in 12 years, or 56 million 
barrels per year. The value of b is not the actual average 
increase, which could be computed easily by merely dividing 
the difference between the output of the first and the last year 
by the number of years. But neither the first nor the last year is 
a “normal” year; neither of them falls exactly on the trend. 
We are likely to be led astray if we base our estimate of the 
rate of increase in production for the entire period on the output 
in these two years alone. The figure 58.1 million barrels (the 
slope of the trend line) is in some ways a much more useful 
figure. Insofar as the data tended to increase by a fixed amount 
each year, we can best state that amount as 58.1 million barrels, 
j We see, then, that the value of a tells us the value of Y at 
|the time of origin; and the value of b tells us the amount of the 
(increase or decrease alon$ the trend line per unit of time. In 
our problem the value of a and the value of b are both positive; 
either or both may be negative. If a is negative, the value of Y 
is negative at the time of origin (just as temperatures may be 
below zero, or as profits may become losses and be expressed 
negatively). If b is negative, it is evident that we are sub¬ 
tracting more &nd more each year, and that the trend line is 
falling. Rising trends have positive values of 6, and falling 
trends have negative values of b. 

10.14. Fitting a Second-degree Parabola by Least Squares.— 
By this method one can also fit curves of various kinds to data. 
If one were to fit a second-degree parabola, the normal equations 
would be 1 

Na + 62X + c2X 2 = 2 Y 
a2X + bXX 2 + c2X* = 2 XY 
aXX 2 + b2X* + c2X 4 = XX 2 Y 

1 The student who is interested and qualified can derive these equations 
for himself. Tile process parallels that involved in computing the regression 
equations for the straight line, except that the residuals are defined thus: 

d - a + bX + cX* - Y 

The other steps are the same, and one differentiates partially with, respect to 
a t 6, and e. The solution yields the normal equations g vveiTWtove. K 
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If we wish to fit such a parabola to the data of petroleum pro¬ 
duction throughout the entire period 1906-1929, as we did by 
the method of selected points on page 282, the computation 
would be that of Table 10.12, in which the origin is taken at year 
1917J^, and the deviations are in half years. Thus, 1917 is 

Table 10.12. —Computation of Second-degree Parabolic Trend of 
Petroleum Production, 1906-1929 



year before the origin, 1916 is % years before the origin, 
1920 is % years after tie origin, etc. The reason for this adjust¬ 
ment will soon be evident. 

Here the arithmetical wofk is tedious enough at best, but it is 
.clear-that^&a symmetry which results from taking a time origin 
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t 

at the center of the period has reduced it tremendously. This 
has made it unnecessary to add two of the columns at all and 
has made it possible to get the sum of two others by adding 
half the column and multiplying the sum by 2, since the other 
half of the column merely duplicates the first half. 

Let us now substitute the totals at the proper points in the 
normal equations. We get 

24a + 06 + 4600c = 10,735 
Oa + 46006 + Oc = 85,037 
4600a + 06 + 1583320c = 2,334,391 

From the second of the normal equations we see at once that the 
value of 6 is 1§.5. Solving for the others, we find the three 
values to be 

a = 371.8 
6 = 18.5 
c = 0.394 


J{ we substitute these values in the type equation 


we get 


(Y = a + bX + cX 2 ) 

Y = 371.8 + 18.5X + 0.394X* 
Origin 1917.5 
Deviations in half years 


It is necessary in this case to state the origin and also the fact 
that the deviations are in half years. Let us now estimate the 
petroleum output for the year 1927 by this formula. The year 
1927 is 9.5 years after the origin, but since we are measuring in 
half-year units we must convert the 9.5 years to half years, 
getting 19 half years for our value of X . This we substitute 
for X in the formula to get 


Y = 371.8 + 18.5(19) + 0.394(19 2 ) = 865.5 

Thus this formula gives an estimate of c 865.5 million barrels 
for 1927. If we estimate the trend value for each o{ the 24 
years by substituting the various values of X in our formula, 
and if we locate the estimates on a graph of the data. *we can 



HISTORICAL DA TA—SECULAR TREND 303 

easily draw our curvilinear trend through the points so estimated 
(see Fig. 10.14, page 313). This curve will give better estimates 
than any other second-degree parabola, just as the straight line 
fitted to these data by least squares gives better estimates than 
any other straight line. 

10.15. Fitting a Reciprocal Curve by Least Squares. —Fitting 
other types of curves by the method of least squares should now 
be easy. If we once have the requisite normal equations, all 
we have to do is to find the values to be substituted, and solve 
our equations. Reciprocal curves are of the general type 

Y = a + bX 


The normal equations are 

Na + b2X - 2 (f) 

' aSX + 6Z(X«) - 2 (f) 

• 

If we take our origin at the center of the period to which the trend 
is being fitted, the terms involving 2X will equal zero, and can 
be dropped. In this particular case we can find the values of 
a and b from these formulas 


^ s(V y ) 

N 

2(X/Y) 

2(X 2 ) 


b = 


Taking a purely hypothetical example, suppose that the first 
two columns of Table 10.13 represent the average cost of produc¬ 
ing one unit of product in a given factory over a period of years. 
It is obvious that the cost has been falling and also obvious (see 
Fig. 10.11) that the trend line is curvilinear, falling more and 
more slowly. This is the type of trend which can often be 
described by a reciprocal curve, as we shall point out later 
(see Sec. 10.17). We need values of N, 2(1/X) f 2(X/T), and 
2(X 2 ). These are fqund in the later columns of the table. 
Since wqhave taken the origin at the center of the period, we can 
substitute directly in the simpler of the sets of equations just 
given, getting the following values of a and b for this problem: 
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Table 10.13.— Illustration of Fitting Reciprocal Curve by Least 

Squares 


Year 

Cost 
per unit 

(Y) 

Year 

(origin 1936) 

(X) 

(1/30 

(X/Y) 

(X*) 

1929 

$4.10 


0.2439 

-1.707 

49 

1930 

3.25 


0.3077 

-1.846 

36 

1931 

2.90 


0.3448 

-1.724 

25 

1932 

2.50 

—4 

0.4000 

-1.600 

16 

1933 

2.25 

-3 

0.4444 

-1.333 

9 

1934 

2.00 

—2 

0.5000 

- 1.000 

4 4 

1935 

1.80 

-1 

0.5556 

-0.556 

1 

1936 

1.65 

0 

0.6061 

0.000 

0 

1937 

1*55 

1 

0.6452 

0.645 

1 

1938 

1.40 

2 

0.7143 

1.429 

4 

1939 

1.33 

3 

0.7519 

2.256 

9 

1940 

1.25 

4 

0.8000 

3.200 

16 

1941 

1.18 

5 

0.8475 

4.237 

25 

1942 

1.10 

6 

0.9091 

5.455 

36 

1943 

1.05 

7 

0.9524 

6.667 

49 

/Totals..*. 

9.0229 

14.123 

280 


Substituting these 

I = 0.602 + 0.050X 
Origin 1936 

If we wish to estimate the cost per unit of output by this equation 
for the year 1943, we note that this is the year 7 under the terms 
of our problem. We substitute 7 for X in the equation to get 

Y = 0.602 + (0.050) (7) 

* = 0.602 + 0.350 - 0.952 

Y = 1.05 4 

e 

We can compute our estimates for the other years by substituting 
other values for X in the equation, and if we plot the estimates 


^ = 0.602 
1 = w = 0050 


in our type equation (1 /Y) = a + bX, we get 
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f 

for all the years on the diagram of Fig. 10.11, we can easily 
connect them with a smooth curve which shows the trend. 
Since it has been fitted by least squares it is more likely to be 
right than any other reciprocal curve that could be fitted (if 
we assume that the deviations from the curve are the result of 
chance forces). 



Year 

Fiq. 10.11.—Data of Table 10.13 with least-squares reciprocal trend. Original 
data shown by small circles, and trend values shown by smooth curve. 

10.16. Fitting a Semilogarithmic Curve by Least Squares.— 

By now the method of least squares should be second nature to 
the student, and a very sketchy description of the method of 
fitting*a geometric trend, or semilogarithmic curve, should 
suffice. The general formula for such trends is 1 

1 This formula is also sometimes given as 

Y - cd* 

If the student will take \o£a of both sides of this equation, he will find that it 
becomes • 

log Y * log c + (log d)X 

' But since^Mnd d are constants, we can let a stand for log c and b stand for 
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log Y = o + bX 

The normal equations are 

Na + bZX = 2(log Y) 
aZX + b2(X*) = 2(X log Y) 

If we take our origin at the center, our simplified formulas become 

_ 2 (log Y) 

°- 7T~ 

_ 2(X log Y ) 

2(X 2 ) 

t. 

We illustrate the use of the method by fitting a semilogarithmic 
trend to the population of the United States at the first seven 
censuses. The data appear in Table 10.14. 


Table 10.14.— Illustration op Fitting Semilogarithmic Trend bt 
Least Squares to U.S. Population Figures 


V 

Year 

Population 

(millions) 

‘ (Y) 

Decade 
(origin 1820) 

(X) 

log Y 

X log Y 

X* 

1790 

3.9 

-3 

0.5911 

-1.7733 

9 

1800 

5.3 

-2 

0.7243 

-1.4486 

4 

1810 

V. 3 

-1 

0.8633 


1 

1820 

9.6 

0 

O'. 9823 


0 

1830 

12.9 

1 

1.1106 


1 

1840 

17.1 

2 

1.2330 

2.4660 

4 

1850 

23.2 

3 

1.3655 

4.0965 

9 

Totals. 

6.8701 

3.5879 

28 


Solving for a and 6 we get 


a = 


b = 


6.8701 

7 

3.5879 


28 


= 0.981 
= 0.128 


-“V 

log d . This gives us 


as above. 


log Y - a + bX 
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Our equation for this particular problem becomes 1 

log Y = 0.981 + 0.128X 
Origin 1820 

We can estimate the population for any time from the equation. 
Suppose we want the estimated population for 1807. T his is 
13 years before the origin, but since our formula reckons in 
decades we must count it as —1.3 decades, and substitute —1.3 
for the value of X. This gives us 

log Y - 0.981 + (0.128) (-1.3) 

= 0.981 - 0.166 = 0.815 
Y = 6.53 

• 

Our original values of Y were in millions, so our answer is also 
in millions. Our estimate is that the 1807 population was 
6,530,000. The original figures and the semilogarithmic trend 
appear in Fig. 10.12. 

10.17. How to Decide What Trend to Use. —We have just 
illustrated methods of fitting four different trends: straight line, 
parabolic, reciprocal, and semilogarithmic. One could take any 
given set of data (say the population figures of Table 10.14) and 
fit any one or all of these types of trends to the figdres. How is 
one to know what sort of trend to fit? This problem is discussed 
in some detail in a later chapter (see Sec. 14.3), but we can give 
these brief comments here. # 

Before fitting any trend at all, the statistician plots his data 
on a chart. If the data fall along a straight line, or, even 
though they are not on a straight line, if it looks as though a 
straight line would give a fair picture of the general, long-run 

1 If we prefer the equation in the nonlogarithmic form mentioned in the 
preceding footnote, we need merely remember that we let a stand for log c 
and b stand for log d. Taking antilogs wc have c = 9.57 and d = 1.34. 
Thus our equation becomes 

Y - (9.57)(1.34) x 

This statement of the equation has the advantage that the value of c tells 
us the trend at the time of origin (here the trend was 9.57 million people 
in 1820), and d tells us the fate of increase per unit of time. In this problem 
the unit of time is the decade, and our equation tells us that we are to multi¬ 
ply the population of any decade by 1.34 to get that of the following decade. 
Thus we jaee that population was increasing at the rate of 34 per cent each 
decade. 
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tendency/ the statistician will fit a straight line of the general 
form Y = a + bX as described in Sec. 10.12. If the data seem 
to fall along some curve, there are a number of tests that can 
be applied to find what sort of curve to fit (see pages 443^.). 
But we can start by making a chart showing the reciprocals of 
the data rather than the data themselves. If this chart seems to 
show a straight line (when we plot values of 1/Y instead of 



c Census Year 

Fig. 10.12.—Population of the United States, 1790-1850, with least-squares 
logarithmic trend. The dots represent actual census population figures, and the 
smooth curve represents the trend. 

values of 7), we should fit a reciprocal curve of the general form 
1/Y = a + bX as described in Sec. 10.15. If the chart does 
not show a straight line, we can try plotting values of log Y 
instead of values of Y (or, what amounts to the same thing, we 
can make our original chart on semilogarithmic pappr). If 
this chart shows a straight line, we should fit a geometric trend 
(a semilogarithmic trend) of the general form log Y = a + bX 
as described in Sec. 10.16. This is the sort of case referred to 
in Sec. 5.19 as 1 one of the times when the geometric mean should 
be used in preference to the arithmetic me&n. Finally, if neither 

1 The student will note from Fig. 10.13, jpage 310, that the points do not 
actually fall along the trend line, but that the straight trend line does seem 
to give a reasonable picture of the long-run movement. » 
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of these methods “straightens out” the curve, we can try taking 
second differences as described in Sec. 14.3 page 445. If these 
second differences are constant, we should fit a second-degree 
parabola of the general form Y » a + bX + cX 2 as described 
in Sec. 10.14. 

There are many other forms of curves that can be fitted to 
data—third-degree parabolas and parabolas of higher degrees, 
double logarithmic curves in which both variables must be 
converted to logarithmic form, Pearl-Reed curves, Gompertz 
curves, and many other more complicated sorts with specialized 
uses which are described in the more advanced literature. But 
the simple forms of curvilinear trends described here will cover 
most of the cases which the statistician meelra, and they all 
have the advantage that they can be fitted by simple, straight¬ 
forward methods. 

The choice of the proper curve to use is a matter that requires a 
good deal of experience and judgement. It is one of the most 
important of decisions to make in the whole problem of studying 
trends, yet it is subjective and nonmathematical—more nearly 
art than science. There are no sure-fire, hard and fast rules to 
follow, and the student is required to rely on his own good sense 
and his knowledge of the data to lead him in the right direction. 

While we are considering normal equations, we may note 
here the normal equations for the third-degree parabola fitted 
by least-squares methods. The type equation is, of course, 

Y = a + bX + cX* + dX * 

We must obtain values of a, b, c, and d. The normal equations 
are 

Na + &SX + cSX 2 + dSX* = SF 
. oSX + 6SX 2 + cSX* + dSX 4 = SXF 
aSX 2 + 6SX* + cSX 4 + dSX* = SX 2 F 
aSX* + 6SX 4 + cSX* + dSX» = SX*F 
4 vi 1 ** -t sty. 0 j dsx 7 = 

From this point the student should be able to carry out the work 
himself, and also to See how other and more complex normal 
equations would be formed. 

Among the principal advantages of the least-squares method 
of fitting*thc>secular trend are the following: 
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/ ly There is but one possible answer, and (aside from mistakes in arith¬ 
metic) all workers get the same result. 

^ / 2. The trend can be easily and succinctly described by a mathematical 
formula. 

y 3. If the residuals are normally distributed around the trend in a chance 
distribution, it can be shown that the trend fitted by this method is more 
likely to be the “true” trend than any other line of the same general form. 

10.18. Residuals from the Trend.—We have seen that the 
line fitted by least squares minimizes the sum of the squared 



Fig. 10.13.—United States petroleum production, 1917-1929, with least-squares 
straight-line trend, and with deviations from trend indicated. 

residuals. Just what are these residuals to which we refer? An 
illustration will make the matter clear. Figure 10.13 .shows 
petroleum production from 1917 to 1929. We have added the 
secular trend computed by the formula we discovered on page 
298. It will be noted that the trend does not coincide with the 
actual petroleum production in each year. In fact, the purpose 
of the trend is to avoid the minor fluctuations in the data and 
give a picture of the general tendency. ' 

If, then, we estimate the production for any year by thp trend 
formula, we shall usually be somewhat in error. ,Otir estirtfiites 
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will fall along the trend line, although the actual amounts of 
production were not on the line. The amount of our error can 
be seen by inspection of the chart. In 1917 the actual production 
was above the trend. Our estimate was too low by an amount 
equal to the small vertical line joining the actual production 
for 1917 with the trend value in 1917. The 1918 estimate was 
almost* correct, but in 1919 the trend gives a figure that is too 
high. The amount of the error (or residual) is shown by the 
short vertical line connecting the actual 1919 production with 
the trend. In each year we have some error. If we let Y = the 
actual ^production and Y f = the estimate made from the trend, 
then the amount of the error (the residual) can be defined as 

d = Y - Y' 

Sometimes the residual will be positive, sometimes negative, 
and, in those cases where the trend line passes exactly through 
one of the points on the diagram, the residual will equal zero. 1 

It is not necessary to read the errors from the chart. Such a 
method would not be particularly accurate. Our trend equation 
makes it possible for us to estimate the trend values for each 
of the years (as we did for two of the years on page 299). If 
we estimate the trend value for each year and subtract it from 
the actual value (as shown in the table on page 312), we have 
computed the actual residual by the formula given above. We 
can then square these residuals and add the squares. This 
would give us the sum of the squared residuals. 

Let us do this for the present example. We have already 
found that the trend value for 1917 is 292.4 and, for 1929, 989.6 
(see page 299). Computing the trend values for the other years 
by the same process, we get Table 10.15. 

It will be noted that the sum of the deviations is very small 
(—1.0). As a matter of fact had we not dropped decimals in 
computing the trend equation, the trend values, and the residuals, 
the sum of the residuals would equal zero. Trends fitted by 
the method of least squares give residuals whose algebraic sum 
is zero. • 

But it is the sum of the last column in which we are particularly 
interested. The fourth column (the residuals themselves) shows 
1 This definition of the residual is mathematically the same as the defini¬ 
tion gh*9t,on p. 296n. 
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for each year the distance from 4>he trend line to the actual 
production. In other words, these figures are the lengths of 
the short vertical lines in Fig. 10.13 on page 310. The last 
column shows the squares of the residuals, and the sum of the 
squared residuals is 19,257.42. This seems like a large figure. 
But if we pass any other straight line through these data, no 
matter how, and if we find the sum of the squares of thfe devia¬ 
tions from this new line, the sum will be greater than 19,257.42. 
This line has been so fitted that the sum of the squared residuals 
is the smallest that can exist for any straight line. Similarly 


Table 10.15.— Residuals around the Least-squares Trend 


Year 

W 

'Actual 

Production 

(X) 

Trend Value 

(n 

Residual 

(Y — Y') 

Residual j 
Squared 

(*> 

1917 

335 

292.4 

+42.6 

1,814.76 

1918 

356 

350.5 

+ 5.5 

30.25 

1919 

378 

408.6 

-30.6 

936.36 

1920 

443 

, 466.7 

-23.7 

561.69 

' 1921 

472 

524.8 

-52.8 

2,787.84 

1922 

558 

582.9 

-24.9 

620.01 

1923 

. 732 

641.0 

+91.0 

8,281.00 

1924 

714 

699.1 

+14.9 

222.01 

1925 

764 

757.2 

+ 6.8 

46.24 

1926 

771 

815.3 

-44.3 

1,962.49 

1927 

• 901 

873.4 

+27.6 

761.76 

1928 

901 

931.5 t 

-30.5 . 

930.25 

1929 

1,007 

989.6 

+17.4 1 

302.76 

Totals. 

- 1.0 

19,257.42 


when we fitted a second-degree parabola by the method of least 
squares on page 300, we fitted it in such a way that the sum of 
the squared residuals was smaller than it could be with any 
other second-degree parabola. 

One point should be reemphasized. The straight line fitted 
by the method of least squares does not give the smallest sum 
of the squared residuals of all possible lines, but only of all possible 
straight lines. The straight line fitted to c the data is not neces¬ 
sarily (even under our assumption of a chance distribution) the 
line of best fit; but it is the straight line of best fit. A parabola 
fitted by these methods might fit better; at any rate, a*p»rabola 
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so fitted would give the best fit of any parabola, etc. The 
statistician must decide for himself whether or not a straight 
line will describe the trend. The method of least squares cannot 
make any straight line give a good description of petroleum 
production for the entire period 1906-1929. We know that the 
straight line fitted to these data by the method of least squares 



• Year 

Fig. 10.14.—United States petroleum production, 1906-1929, with parabolic and 
straight-line trends. For trend formulas see pages 302 and 313n. 

will fit better than other straight lines, but even so it will fit 
poorly. The statistician must use judgment in such matters. 
When we used the data for the entire period, we noted that the 
trend was curvilinear, so we fitted a curve. The result is shown 
in Fig. 10.14, where we have the data for the entire period and 
have fitted to it a straight line by least squares 1 and also the 
parabola which we computed on page 302. Although the straight 
line fits better than any other straight line, it obviouslv does not 
fit so well as the parabola. 

1 Formula: » 


Y « 447.3 + 18.49X 
Origin 1917.5; half-year units 
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10.19. Elimination of Trend. —We noted earlier 1 that one may 
wish to describe a trend either because one is interested in the 
trend itself or because one wishes to get rid of the trend and 
study those movements which are left. We have now discovered 
how one describes a trend, and it remains merely to see how one 
might e limin ate the trend from the data and why one might wish 
to do it. 

Reverting to the problem discussed on page 312, we find that 
we have computed not only the trend value of petroleum produc¬ 
tion but also the deviation of production from the trend. If we 
take the figures from the fourth column of the table, we find 
that the deviations from the trend for various years were 


Year 

Production 
(deviation 
from the 
trend) 
(millions 
of barrels) 

1917, 

+42.6 

1918 

+ 5.5 

1919 

-30.6 

1920 

-23.7 

1921 

-52.8 

1922 

-24.9 

1923 

+91.0 

1924 

+14.9 

1925 

+ 6.8 

1926 

-44.3 

1927 

+27.6 

1928 

-30.5 

1929 

+17.4 


These figures show, not the actual production in any year, but 
the amount by which the actual production differed from the 
trend. If we think of the trend as representing the natural or 
normal or expected rate of production, then these figures in the 
table show by how much the actual production differed from 
normal. We .can best illustrate, perhaps, by comparing the 
productions of two years. In 1928 th£ production was 901 
million barrels, and in 1923 it was 732 million barrels. Evi¬ 
dently 1923 was a year of comparatively low production and 

1 See p. 275. 
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1928 a year of high production. But this is not so if we consider 
the trend to represent normal production, for in 1923 the output 
was 91 million barrels above normal and in 1928 the output was 
30.5 million barrels below normal. To be sure, the 1928 output 
was larger than that of 1923, but there had been a general tend¬ 
ency for production to increase during the interim, and it had 
not increased so much between 1923 and 1928 as one should 
expect. 

If we took a year of exceptionally large potato production for 
the United States in the decade 1840-1850 and a year of abnor¬ 
mally low potato production in the decade 1920-1930, we should 
almost certainly find that the “low” production of the twentieth 
century was larger (in terms of bushels) than the “high” pro¬ 
duction of the nineteenth century. Whether a production figure 
is high or low is a relative matter. When we say that petroleum 
production was high at any time we mean that it was higher than 
was to have been expected at that time; that is, it was above the 
trend. The price of potatoes would, in all probability, have been 
low in the year of “high” production'in the 1840’s; and when we 
had the year of “low” production in the 1920’s, the price would 
presumably have been high. The fact that the 1920 production 
was greater than the 1840 production would not make prices 
low; the fact that the 1920 production was below the trend might 
make the prices high. For this reason we are* often primarily 
interested in getting rid of^the trend entirely in order that we 
may study the deviations from the trend. 

Figure 10.15 shows the deviations of petroleum production 
from the trend for the years 1917-1929. It is a graph of the 
figures in the table on page 314. One might well be interested 
in trying to explain how it happened that the 1923 output was 
so very large as compared with the trend and why the 1928 out¬ 
put (which was actually larger) was so very small as compared 
with the trend. 

Similarly Fig. 10.16 shows the deviations of petroleum produc¬ 
tion from the trend for the entire period 1906-1929, the devia¬ 
tions being taken from the parabolic trend which was fitted on 
page 302. It will be noted that the entire tendency for produc¬ 
tion to ihcrease has disappeared; the tendency for the values 
on the «hart to rise toward the right is gone. The trend has 
•trulyTSeSn “hlminated,” and merely the deviations are left. 
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Once more we see that the 1928 production was below and the 
1923 production above the trend. 



Y e « r 

Fio. 10.16.—Devifition of United States petroleum production from the secular 
trend, 1906-1929. Deviations are from the parabolic trend on page 302. 

10.20. Shifting the Origin of the Jrend.—We have Seen that 
it is possible to save considerable time in fitting a trend by 
choosing a time origin at the center of the period BeingTSTldied. 
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This sometimes gives us results with an origin between two 
years and with deviations in half years when the period covered 
contained an even number of years. Fortunately it is very easy 
to change the origin of a straight-line trend after it has been com¬ 
puted. In this way we can take a central origin during the 
process of computation in order to facilitate the mathematical 
operations, and after the trend has been computed we can shift 
the origin to any desired year and change the deviations from 
half years to full years. This cannot be done so easily with 
curvilinear trends. 

Whdn we fitted a straight-line trend to the figures of petroleum 
production for 1906-1929, we found the following formula: 

% 

Y = 447.3 + 18.49X 
Origin 1917.5; half-year units 1 

If we recall the meaning of the figures in this formula, it is under¬ 
stood that the value of Y (petroleum production) in the period of 
origin (1917.5) is 447.3 million barrels, and that the trend is 
increasing at the rate of 18.49 million barrels per unit of time? 2 
Here the unit of time is the half year; so the trend is increasing 
at the rate of 18.49 million barrels each half year.* If the value 
of the trend in 1917.5 is 447.3, then a half year later (in 1918) it 
must be 447.3 + 18.49 = 465.79 million barrels. We thus have 
the trend value for an even year rather than for a point halfway 
between two years. We also realize that if the trend rises 18.49 
million barrels each half year, then it must rise 2(18.49) = 36.98 
million barrels per year. But with these two figures it is easy 
to state the trend with the origin at 1918 and the units in full 
years, because we know that in our type equation, Y = a + bX, 
a is the value of the trend at the origin and b is the rate of increase 
(or decrease) per unit of time. We have just seen that the 1918 
trend value is 465.79 and that the yearly rate of increase is 36.98. 
Substituting these figures for a and b in the type equation, we 
get the new trend equation 

Y. = 465.79 + 36.98X 
Origin at 1918 


1 See iv 313ft. 
•SefTpp. 299*300, 
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Since the time units are years, we need make no special men¬ 
tion of them. The trend values computed from this equation 
will be exactly the same as those computed from the earlier 
equation and the figures will be more easily understood, since it 
is easier to understand the statement that the annual increase 
tends to be 37 million barrels (36.98) than that the semiannual 
increase is 18.49 million barrels. Mathematically the two state¬ 
ments are identical, but men are more accustomed to thinking in 
units of years than in units of half years. It is also true that 
our original data were annual data and that there is some advan¬ 
tage in having our conclusions in annual form. 

When, therefore, one has computed a straight-line trend by the 
method of least #squares from data which cover an even number 
of time intervals, and the equation of trend has been found with 
the origin between two periods and the rate of increase stated in 
units of half periods, the equation can easily be adjusted so that 
the origin is at an even period and the rate of change is stated in 
even periods. The process consists in computing the trend for 
some even year (ordinarily the next even period, but any year 
will do) and taking that point as the origin. In other words, 
any year may be taken as the origin, and the trend value for 
that year can be put in the trend equation as the constant a. 
The constant b is then doubled so as to give the rate for the full 
period rather than for half periods. It must be remembered 
that this simple knd easy method will not work with curvilinear 
trends. # 

10.21. Suggestions for Further Reading.—The student will find some 
further discussion of the problem of fitting curves to data, and of determining 
what sorts of curves should be fitted, in Chap. XIV of this book. For a dis¬ 
cussion of the general nature of the problem of the statistical treatment of 
time series, he is referred to the article on Time Series by Simon Kuznets in 
the “ Encyclopaedia of Social Sciences,” The Macmillan Company, New 
York, 1934. Reference should also be made to Frederick R. Macauley, 
“The Smoothing of Time Series,” National Bureau of Economic Research, 
Inc., New York, 1931. A more advanced and difficult, but authorita¬ 
tive and exhaustive treatment, may be found in Max Sasuly, “Trend 
Analysis of Statistics,” Brookings Institution, Washington, D.C., 1934. 
For a simple discussion of the Pearl-Reed and ■the Gompertz curves, see 
George R. Davies and Walter F. Crowder, “Methods of Statistical 
Analysis in the Social Sciences,” John Wiley & Sons, Inc., New York, 
1933, Chap. VI. The computation of the ‘Gompertz curve is simply illus¬ 
trated in Theodore H. Brown, Richmond F, Bingham, ayd VjL\*m Tem- 
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nomeroff, “Laboratory Handbook of Statistical Methods," Part II, Chap. 
VI, McGraw-Hill Book Company, Inc., New York, 1931. 

For some understanding of the problems of calendar variation, the student 
should read the article on the Calendar in the Encyclopaedia Britannica, or 
the first chapter of Lancelot Hogben, “Science for the Citizen," Alfred A. 
Knopf, New York, 1938. Discussions of recent proposals for altering the 
calendar either by setting up 13 months of four weeks each or by setting up 
a 12-monrt,h system of equal quarters (the “World Calendar") can be found 
in the press and current magazines. The student should consult the 
Readers' Guide to Periodical Literature in his library. The World Calendar 
Association, 630 Fifth Avenue, New York City, will send literature relative 
to its proposals. 

The student of a philosophical turn of mind, who is willing to spend some 
time on a subject usually considered less “practical," will find exciting 
reading if he investigates the general nature of the tinq^e concept. P. D. 
Ouspensky's “Tertium Organum," Alfred A. Knopf, New York, 1927, is 
perhaps the best, although Gerald Lynton Kaufman, “The Book of Time," 
Julius Messner, Inc., Publishers, New York, 1938, is also good. For a 
direct tie-up of the philosophical side of the time concept to scientific 
method, see Karl Pearson, “The Grammar of Science," No. 939 of the 
Everyman's Library, J. M. Dent & Sons, Ltd., London, 1937, Chap. V.; or 
W. F. G. Swann, “The Architecture of the Universe," The Macmillan 
Company, New York, 1934, especially Chajf. X. • 

EXERCISES 

1. Suppose that a business firm has monthly sales as follows: 


January. 

. $1329 

July. 


. $1403 

February. 

. 1275 

August. 


. 1350 

March. 

. 1350 

September... 

• 

. 1226 

April. 

. 1^68 

October. 


. 1019 

May. 

. 1420 

November.. . 


. 1224 

June. 

. 1425 

December.... 


. 1283 


Correct these figures for calendar variation. Make corrections for the num¬ 
ber of business days in the months, computing on the basis of the current 
year. Subtract Sundays and whatever days are legal holidays in your state 
(see “World Almanac" for legal holidays). Compare the corrected figures 
with the original ones. 

2 . In sbme businesses it would be foolish to eliminate holidays in correct¬ 
ing for calendar variation? Why? In what businesses, for example? 

3 . Two proposed reforms of the calendar arc known as the 12-month plan 
and the 13-month plan. What are the differences? What are the advan¬ 
tages and disadvantages of each? Does either of them make it possible for 
business men or statisticians to forego correction for calendar variation? 
Discuss. 

4 . Find at least two historical, series which show marked linear upward 
trends, at Jieast two with marked downward linear trends, at least two with 
curvilinear* trends.. 
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5 . Plot on graph paper a historical series in which there is a marked and 
fairly linear trend. Lay over the graph a piece of tracing paper and ask 
some other member of the class to draw the trend by freehand methods. 
Mark the paper in such a way that you can locate again the position of the 
line. Have several other people draw trends, each working independently. 
Compare the results. 

6 . Suppose that you have computed a secular trend by the method of least 
squares. You have started with data showing weekly figures for 52 weeks. 
For this reason you have taken as the origin week 26.5, and your formula 
turns out to be (in half-week units) 

Y « 17 - 4.3X 

Shift the origin to week number 30 and the unit to full weeks. 

7. A study of car-lot shipments of onions into the state of Connecticut 
from 1917 to 192/ shows a straight-line trend which can be described as 
follows: 

Y = 304.4 + 13. IX 
Origin 1920 

Interpret each of the figures in the equation. What would be the trend 
value of car-lot shipments in 1926? 1 

t 8. A student is learning to typewrite. He practices for a fixed period each 
day, and each day he counts the number of words typed. The numbers of 
words typed on various days, starting with his first attempt, are as follows: 


Day 

Number of 

Day 

Number of 

Number 

Words 

Number 

Words 

1 

72 

7 

108 

2 

86 

8 

110 

3 

93 


112 

4 

99 

10 

113 

5 

103 

11 

114 

6 

106 




Selecting the values for the 1st, 6th, and 11th days, fit a parabolic trend to 
these data by the method of selected points. Compute the value of the 
trend for each of the days and see how well it fits the data. How do you 
explain the relative size of the trend value on the 10th and the 11th days? 
Project the trend ahead to the 12th and 13th days and determine the number 
of words which will be written if the trend continues. Would you expect 
the actual data for the 12th and 13th days to follow the trend? Estimate 
from the trend equation the number of words which will be written on the 
25th day. (If the 6th day is the origin, this will be day +19.) 

9 . One page 298 is an equation for the trenll of petroleum production 
fitted by the method of least squares. On page 279 is another equation 

* 

1 Data from F. V. Waugh, Connecticut Market Demand for Vegetables, 
Storrs Agricultural Experiment Station Bulletin 138, p. 34. * 
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which is the secular trend of the same data fitted by the method of selected 
points. In the former case the origin is 1023; in the latter case the origin 
has not been shifted, but remains at 0 a.d. Shift to the year 1923 the origin 
of the trend which was fitted by selected points, and compare the two trends 
when their origins are the same. 

10 . Compute petroleum production for 1906 as suggested in the footnote 
on page 279. Explain. 

11 . Plot a graph of the values of the equation 

Y = 30 - 15X + 0.2X 2 + 2X* 

with the values of X running from —10 to +10. How many bends has the 
curve? Locate the curve at all integral values of X and also at the points 
halfway between; that is, at X = —10, X = —9.5, X = —9.0, X = —8.5, 
etc. 

12 . On page 284 is a tabic showing the computation of t.Jie moving average. 
The last two years are left vacant, for the reasons explained in the text. If, 
now, you were told that the petroleum output for 1930 was 1090 and, for 
1931, 1100, what would be the moving-average figures for 1928 and 1929? 

13 . The arithmetic average of a group of values is fitted by the method 
of least squares, although this fact is not known to most people who compute 
it. Since it is so fitted, it must be true that the sum of the squares of the 
deviations from the mean is smaller than the sum of the squares of the devia¬ 
tions from any other value. Test this out.'* For example, the mean of th^ 
numbers 5, 7, 12, 2, and 4 is 6. Find the deviations of these values from 6, 
the squares of these deviations, and the sum of the squares.^ Compare this 
sum with the sum of the squares of the deviations from any number other 
than 6. Try 5 and 7, for example. 

14 . Plot the data of the table on page 294 on graph paper. Fit two or 
three freehand trends, all straight lines. Measure on t{ie chart the devia¬ 
tions from the trend, and compute for each line the sum of the squared 
deviations from the trend. WhiJh line is the best fitting of the lines by the 
least-squares criterion? Fit a line to these data by the method of least 
squares. Compute the deviations from the trend by means of the trend 
equation. Find the sum of the squared deviations and compare it with the 
others found above. 
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10 . Figure 10.17 shows a straight-line trend. Compute its formula by the 
method of selected points. 



Fig. 10.17.—This chart shows a straight-line trend. Compute its formula by the 
method of selected points. 

« 

16. Fit a curvilinear trend to the following data, deciding first what kind of 
curve should be used: 


X 

Y 

1860 

*104 

1870 

117 

1880 

132 

1890 

152 

1900 

179 

1910 

218 

1920 

279 

1960 

388 

1940 

633 


17 . In the preceding exercise, estimate the value of Y in 1933, using your 
trend equation as the basis of estimate. 

18 . A geometric trend becomes a straight line on semilogarithmic paper 

because the horizontal lines, instead of being evenly spaced, are spaced at 
distances proportional to the logarithms of the numbers. Make a piece of 
cross-section paper which will straighten out a reciprocal ctfrve. It 
merely necessary to space the horizontal lines at distances proportional 
the reciprocals of the numbers. • — 


S’»’ 




HISTORICAL DATA—SECULAR TREND 323 

19 . Look up monthly figures for mean temperatures at some weather 
station. (The “ World Almanac ” gives such figures for New York City 
if your local data are not available.) These figures will contain a 12-month 
cycle. Using data for about five years, compute the 12-month moving 
average, centering by means of a two-month moving average. 

20 . The statement that the method of least squares gives the line of 
“best fit,” although often made in this bald form, really needs several 
qualifications before it is correct. What are the qualifications? 

21 . Fit a straight line to the data of Table 10.10, page 294, using the 
method of least squares. 

22 . Using the trend equation computed in the preceding exercise, find 
the trend value for each of the 11 years of Table 10.10. Compare the trend 
values with the actual values to find the “errors” or “residuals.” Square 
the residuals, and find the sum of the squares. The sum of the squares 
should be smaller than that obtained in Table 10.10, since^you have used the 
method of least squares. 

23. Suppose we have fitted a trend line by some method to figures show¬ 
ing the number of bales of cotton produced in a given county. Our figures 
are given every decade. In our table and our computations, then, X has 
represented the number of decades before or after the origin, and Y has 
represented the number of bales of cotton produced. Our trend equation 
computed on this basis is 

F = 759 -f 233f , 

Origin 1870 

Imagine, now, that you want the trend equation with the* origin in 1900 
instead of in 1870, you want Y to represent the number of pounds of cotton 
instead of the number of bales, and you want X to represent the number of 
years instead of the number of decades from the origin. A bale of cotton 
weighs 500 lb. Write the new trend equation. • 

24 . Fit the appropriate curvilinear trend by the method of least squares 
to the data of Table 10.8. Write out the trend equation. 

25 . Convert the trend equation of Exercise 24 to the nonlogarithmic form 
described in the footnote on page 305. 

26. Interpret each of the numbers in your trend equation found in Exer¬ 
cise 25. 

27 . In Table 10.14 we note that the U.S. population grew from 3.9 million 

to 23.2 million between 1790 and 1850. This was a growth of 19.3 million. 
If we start with 3.9 million and increase 19.3 million, we have increased 
495 per cent. If we increase 395 per cent in 6 decades, we have increased 
82}^ per cent per decade. Yet our trend equation (see page 307, footnote) 
tells us that we have increased at the rate of 34 per cent per decade. How 
do you reconcile the two conclusions? j 



CHAPTER XI 


HISTORICAL DATA—CYCLICAL MOVEMENTS 

11.1. The Nature of Cyclical Movements.—In the preceding 
chapter we have studied movements that continued to act in 
the same way for a considerable period of time. Cyclical move¬ 
ments differ from secular movements in that the former go 
through a givei\ routine and then repeat it over and over again. 
Repetition is the essence of cyclical movement. 

Yet in most actual cases the repetitions are not exact. In 
Table 11.1 we list the monthly mean temperatures in New York 
City for a period of five years. It is immediately evident that 
there are seasonal regularities, with high temperatures in July 

t Table 11.1.— Monthly Moan Temperatures, New York City, 

1935-1939 1 


Month 1935 1936 1937 1938 1939 


January. 29.2 29.9 40.4 32.0 32.3 

February. 31.6 26.6 34.9 35.6 37.4 

March. 1 . 43.2 45.3 36.6 44.2 38.8 

April. 49.5 47i2 49.0 53.4 47.8 

May. 58.8 62.6 63.3 59.4 63.7 

June.....'. 68.6 68.6 70.6 69.0 70.8 

July. 76.2 74.8 75.4 75.1 74.1 

August. 73.6 74.1 75.7 76.3 76.8 

September. 64.2 67.1 65.2 64.9 67.4 

October. 56.8 57.0 54.6 58.6 56.4 

November. 48.6 42.4 45.6 47.7 43.2 

December. 30.6 39.2 35.4 37.2 • 36.2 


( 1 Data from “World Almanac,” p. 187, 1941. 

and August and low temperatures in January. Yet inspection 
of the data will show that exact repetition even in a single month 
hardly ever occurs. The only case in the five years where any 
month had the same monthly mean .temperature twice'is that of 
June, 1935 and 1936. It is approximate repetition, .and not 
exact repetition, that we look for in cyclical data.* 

324 
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From the name we are apt to think of a cycle as a rounded, 
wavelike movement, similar, perhaps, to that shown in Fig. 10.3. 
Sometimes, especially in the “exact” sciences, we come across 
data which exhibit such symmetrical regularity. Figure 11.1 
shows two complete cycles of this character. 1 When we wish to 
describe the cycle, we may wish to tell how long a typical cycle 
lasts. This would be the time elapsing between any point on 
one cycle and the corresponding point on the next cycle, but 
since it is hard at most parts of the cycle to say which points 
“correspond,” it is common to measure from one peak to another 



Fig. 11.1.—Two cycles of a sine curve.» 

or from one trough to another. The distance along our base 
scale marked with arrows in Fig. 11.1 measures the time from 
one peak to another. The time that is required for one complete 
cycle, measured as the horizontal distance from any point in one 
cycle to the corresponding point in the next cycle, is called the 
period of the cycle. Since it is a measurement on the horizontal 
base scale, the period of a cycle is always a length of time, such 
as a year or a month or 5 min. 

Cycles differ not only in period, but also in the extent of the 
“up-and-down” movement—the height of the peaks and the 
depth of the troughs. This vertical distance, represented by 
the length of the broken vertical lines in Fig. 11.1, is called the 
amplitude % of the cycle. The amplitude is measured at right 
angles to the base scale, vertically, and therefore it is always in 

1 TheAJurve in^hp figure is a sine curve. 
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units of the non-time variable which is being measured. For 
example, if we were referring to the temperature cycles of Table 
11.1, the period of the cycle would be a length of time (12 months 
in this case), and the amplitude of the cycle would be a number 
of degrees of temperature (about 43.5° in this case if we take 
the cycle very roughly as running from a low of 32° in January 
to a high of 76.5° in August). The usefulness of tifese two 
figures—period and amplitude—is evident at once. For example, 
weather data show that the amplitudes of annual temperature 
fluctuations in various United States cities arc roughly as follows: 


Boston. 44° 

Charleston. 31° 

Chicago../.. 48° 

Miami. 15° 

Los Angeles. 16° 

Bismarck. 62° 


In each of these cases the period of the cycle is 12 months. 
But the difference in amplitude between Bismarck, North 
•Dakota, and Miami, Florida, is startling. 

It is perhaps easiest to illustrate the ideas of period and ampli¬ 
tude with the sinuous, regular, rounded cycles of Fig. 11.1; but 
the student must not get the idea that all cycles are of this 
character. It is repetition at approximately equal time intervals - 
and not smootl\, flowing regularity which makes a cycle. 1 For 
example, the sales in a chain grocery store may run along at an 
approximate level from Monday to Friday, increase greatly on 
Saturday, and disappear entirely on Sunday. This would be 
a weekly cycle, even though when plotted it showed none of the 
wave motion of Fig. 11.1, but looked more like Fig. 11.2. Simi¬ 
larly the annual cycle of sales by a department store might show 
sudden very sharp increases just before Christmas and Easter, 
with sales disappearing entirely on Sundays and holidays. 

11.2. Common Periods of Cycles. —Cycles of any period can 
occur, but in practice certain lengths of period are much more 

1 The word “cycle” and the word “circle” come from the same root, and 
perhaps it would have been better to have confined the idea of cycles to 
those circular functions which do exhibit the roundness and regularity 
which the student has come across in hjs study of trigonometry or the 
calculus. Usage in the held of statistics, however, justifies the^ definition 
above. „ • ^ 
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common than others for reasons which it is easy to understand. 
Perhaps the commonest cycle is the annual or seasonal cycle, 
which is astronomical in origin, but which shows up in the data 
of almost every science. We have already noticed the annual 
fluctuations in temperature, but a moment's thought will suggest 
similar annual cycles in the growth of vegetation, 1 the rates of 
metabolism among animals, school attendance, volumes of 
traffic, production of farm products, birth and death rates, etc. 



i 10 20 31 

Day of the Month 

Fig. 11.2.—Daily sales in H. D. Newton’s grocery store for the month of March, 

1942. • 

The annual cycle is of importance not only in astronomy, but 
also in all the biological and the social sciences, where the 
seasonal changes have important secondary effects. The annual 
cycle is of less importance, perhaps, in the physical sciences. 
When a cycle lasts 12 months we call it a seasonal movement , so 
we can say that a seasonal movement is one particular kind of 
cyclical movement—the one with a 12-month period. 

In many sciences there are also important daily or diurnal 
cycles . Some of the phenomena which we have just mentioned 
as exhibiting seasonal movements also exhibit diurnal cycles. 

9 

1 It is this animal cycle, o4course, which produces the “rings” in trees by 
means of which we ascertain their age. Recent studies of the tree-ring 
cycles have made it possible to fii\d the dates at which timbers were cut for 
hundreds of years in the past, and to learn something of weather cycles at 
times loilfe beforewvjather records were kept. 
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For example, the temperature of the air, the volume of traffic, 
birth and death rates, etc., vary from one hour of the day to 
another. In the field of medicine it is well known that various 
diseases show typical diurnal cycles in the patient's temperature. 
A student's mental alertness and his rate of learning vary diur- 
nally. Marketing studies show that almost every kind of retail 
store has its busy hours of the day and its slack hours/varying 
for different kinds of stores, to be sure, but exhibiting typical 
diurnal cycles for any particular type. 

Although the week seems to be a far more arbitrary time unit 
than the day or the year, having far less basis in natural phenom¬ 
ena, nevertheless the week has become firmly enough fixed as 
part of our liv<?s so that weekly cycles are not uncommon, in the 
social sciences particularly. There are marked weekly cycles 
in the sales and prices of many perishable farm products. In 
heavily settled parts of the country there are decided weekly 
cycles in highway traffic. Certain days of the week are days of 
large sales in department stores, and other days are days of 
little business. Studies t^y the personnel departments of large 
"corporations show what is at first a surprising weekly cycle in 
the number of employees absent for sickness, some days of the 
week being chosen for such absences far more commonly than 
others. (Strange to say, it is just before, and not just after, the 
week end that these absences are most common.) Even death 
rates show a weekly cycle, especially in summer when automobile 
accidents and drownings make their mark. The week-end 
holiday has become an integral part of our lives, and its effects 
show up as a weekly cycle wherever men's habits come into play. 

These three periods—12 months, 1 week, and 1 day—are by 
far the most common periods when we look at the problem of 
cycles in general. In particular cases we may have cycles that 
last far longer, such as the sunspot cycle of just over 11 years; 
or cases which fall in between, such as the typical 3-day cycle 
of tertian malaria. A cycle is just as important, of course, 
whether it cpincides with one of the three common periods or 
not. The student who is testing data for cyclical movements 
will do well, however, to look for these periods first. And, of 
course, it is evident from the examples just given tfyat several 
periods of cycles may be mixed together in the same data, as 
in the case of highway traffic outside a large city at ^•o'clock 
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in the afternoon of a Sunday in the late summer, when we have 
the coincidence of diurnal, weekly, and annual peaks. 

11.3. Preliminary Adjustment of Cyclical Data.—If we are to 
get a clear picture of the cycle in our data, it is helpful to eliminate 
as far as possible other sorts of historical movement. For this 
reason it is common, before studying the cycle in data, to measure 
and eliminate the trend by means of the methods explained in 
the preceding chapter. Thus our data for study of cycles are 
often in the form of residuals from the trend (see Secs. 10.18 
and 10.19). 

It is.also often necessary, especially in the cases of cycles 
with periods of a year or less, to make allowances for calendar 
variation (see Sec. 10.2). For some sorts of data it is merely 
necessary to make allowance for the differences in the lengths of 
months, while for others it may be necessary to correct for the 
number and position of holidays, the numbers of Saturdays and 
Sundays, etc. Only one who has a good understanding of the 
forces affecting the data in question is qualified to determine 
what sorts of calendar corrections nceji to be made. 

Where the period covered is a long one, it may be necessary* 
also to make allowances for changes in population, for changes 
in the method of collecting original data, for changes in the 
definition of statistical units, etc. The longer the period covered, 

* the more likely it is that some sort of allowance will have to be 
made for changes in the basic picture. • 

11.4. Seasonal Variation* Measured around the Moving 
Average.—We shall start our discussion of cyclical movements 
by the analysis of a case of seasonal variation, since that is per¬ 
haps the commonest of all lengths of cycle. Just as is true with 
the secular trend, we may be interested in the nature of the 
cyclical movement itself, or we may wish to measure it so that 
we can eliminate it and study those movements which remain. 
We shall start by describing a seasonal movement, and then we 
shall eliminate it. 

Table 10.4, page 273, shows monthly egg prices in New York 
City from 1919 through 1923. These data are shown graphically 
in Fig. 10.2, page 274* The most noticeable feature of this 
chart is tlje fact that there are decidedly regular periodic swings 
in the data. The seasonal movement dominates the whole 
chart. - The njovements are not uniform from year to year, to 
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be sure; there are variations in the amplitude of the waves. But 
the similarities of the successive yearly movements are much 
more striking than are the differences. If one marks the crest 
of each wave or the trough of each wave, he finds that there 
are 12 months from crest to crest or from trough to trough. 
This regular 12-month period is characteristic of the movements 
which we call “seasonal” movements. Other cyclical* move¬ 
ments are characterized by periods of other lengths. The pecu¬ 
liarities of the present movements become even more evident if 
we plot the prices of the various years one above the other, shift¬ 
ing the vertical scale of the diagram upward each year so that 
the years will lie in order. The chart shown in Fig. 11.3 has been 


o 

Table 11.2. —Average Monthly Price of Near-by-hennery White 
Eggs, New York City, 1919-1923 


January... 
February.. 
March. t .. 

April. 

May. 

June. 

July. 

August.... 
September 
October... 
November. 
December. 


Month 


V 


Price 
(cents per 
dozen) 


69.0 

54.8 

46.4 

44.2 

43.4 
47.0 

53.6 

60.8 

71.2 

86.6 

93.4 
77.8 


constructed in this way. The appearance of each year above the 
preceding year is not due to the fact that prices were higher, but 
to the fact that the vertical scale has been shifted. When we 
look at this chart, we note again the striking similarity between 
the movements of the various years. 

If one were cure that there were no secular trend or long-time 
cycle in the data, one could describe the seasonal movement 
easily by computing the average January egg price, thp average 
February egg price, etc. In this way he would get an average 
price for each month, as in Table 11.2. These figures r&ake the 
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seasonal movement very clear. They point out the times of 
high and the times of low prices. If we wished, we could convert 



Jan. Feb. Mar. Apr. May June July Aug. Sept. Oct. Nov. Dec. 

Month'* , 

Fig. 11.3.—Monthly egg prices in New York City, 1919-1923. The data for 
the various years are all on the same vertical scale, but each year the scale has 
been raised enough so that the cycles will not overlap. No two»years are on the 
same base line. 

these figures into an index of seasonal variation by computing 
the average of the 12 monthly averages (whicl^ turns out to be 
62.35) and stating each of the 12 monthly average prices as a 
Table 11.3.— Index of Seasonal Variation in Egg Prices 


Seasonal 

Index 



January. 

February.... 

March. 

April. 

May. 

June. 

July. 

August. 

September.. 

October. 

November... 
•December j. 
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percentage of their average. This computation would give us 
Table 11.3. This table tells us that the January prices were, on 
the average, 11 per cent above the yearly average price; February 
prices were 12 per cent below the average of the year; etc. 

This method of describing the seasonal variation would not 
give the correct results, however, if the data included either a 
secular trend or a cycle other than the 12-month cycle/ Hence 
the statistician commonly uses a method which is slightly more 
complex. It consists in finding the 12-month moving average 
of the data first, and in removing this moving average. Since 
the moving average is a 12-month one, it will have in it/nothing 
of the seasonal movement; the monthly variations will be 
entirely ironed'out. But the trend and cycles other than 12- 
month cycles will remain in the moving average. When, there¬ 
fore, we remove the moving average from the original data, we 
shall be removing the trend and other cycles but not the seasonal 
variation which we wish to study. 1 

Let us try this plan without data on egg prices. We first 
tabulate the original data; and we then compute the 12-month 
moving average. We have discovered that a moving average 
is placed at tjie center of the period, and this would make us place 
the moving average halfway between June and July in the first 
year. We could adjust our moving average so that it would, 
properly be placed at July instead of halfway between June and 
July, 2 but since such an adjustment ordinarily makes no sig¬ 
nificant difference in the final results, we shall omit it here and 
center each year's moving average at the seventh month. Also, 
in order to save time, we may omit the division of each 12-month 
total by 12; that is, we may use the moving total rather than the 
moving average. This makes no difference whatever in the 
result, for a reason that will soon be evident. 

1 If we were studying some cycle other than a seasonal one, we Should, of 
course, use a different moving average. If, for example, a study of the 
graphed data led us to believe that there was a 14-year cycle, we should 
compute the 14-year moving average, etc. 

* Since the first figure for the moving average would represent a point 
halfway between June and July, and the secoiyi a point halfway between 
July and August, the average of these first two figures would represent 
July. Thus we could take the 12-month moving average and r chen take a 
2-month moving average of the result, centering on the seventh pionth. 
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Table 11.4 gives for each month the price of eggs (as shown in 
Table 10.4, page 273), the moving total of prices centered at the 
seventh month, and the percentage which the former is of the 
latter. Each figure in column 2 is the price of eggs for the indi¬ 
cated month. Each figure in column 3 is the sum of the price 
in the indicated month and the prices in the six months before 
and the*five months after; it is the moving total of 12 months' 
prices centered at the seventh month. Each figure in column 4 
is the percentage which the corresponding figure in column 2 is 
of the corresponding figure in column 3. If we take as an exam¬ 
ple the month of July, 1919, we find that the price of eggs was 
63 cents, the sum of the July price and the prices of the six 
months before and the five months after is 811 cents, and 63 cents 
is 7.76 per cent of 811 cents. 

We have seen that one of the difficulties of the moving average 
is that it cannot be extended to the extremes of the data (see 
page 291). In this case it means that we have no moving total 
for the first six or the last five months; the last two columns are 
therefore vacant for these months. The moving average has the 
advantage, however, that it is flexible; and while it does in this' 
case eliminate any and all regular 12-month movements, it does 
not eliminate the trend or cyclical movements. hese are still 
# contained in the moving average, and when we remove the mov¬ 
ing average they are removed with it. 

Had we computed the moving average rather Hian the moving 
total, each figure in column* 3 would have been divided by 12. 
Since each figure in column 3 would then be as large, each 
figure in column 4 would be 12 times as large. But the relative 
sizes of the figures in this column would be unchanged. We are 
interested in the relative sizes of these figures and not in their 
absolute size. For this reason we save time by omitting the 
division by 12 in column 3—that is, by using the moving total 
rather than the moving average. 

Note the meaning of the figures in our last column. Each is 
stated as a percentage of the moving total. If a figure is large, 
the price in that month was high as compared with the moving 
total. Thus we have eliminated the moving total (this corre¬ 
sponds, as we have seen, to removing the moving average) from 
our data ; The figures in thd last column retain whatever seasonal 
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Table 11.4. —Elimination of Moving Total from Eqg Prices 


Month 


Price 

(cents) 


1919 

January. 

February. 

March. 

April. 

May. 

June. 

July. 

August. 

September. 

October. 

November. 

December. 

1920 

January. 

February.. 

March. 

April. 

May. 

June. 

July. 

August. 

September. 

October. 

November. 

December. 

1921 

January. 

February. 

March. 

April. 

May. r .. 

June. 

July. 

August... 

September. 

October. 

November... 

December. 

1922 

January. 

February. 

March. 

April. 

May. 

June. 

July. 

August. 

September. 

October. 

November. 

December. 

1923 

January. 

February. 

March. 


July. 

August.... 
September, 
October... 
November. 
December. 


April 

May 

June 



72 

66 

48 , 

62 

63 

66 

63 811 7.76 

68 823 8.26 

76 837 8.97 

88 848 10.37 

98 850 11.51 

82 850 ' 9.65 


84 850 9.88 

70 852 8.21 
59 855 6.90 
54 862 6.25 
63 874 6.07 
56 878 6.38 
65 891 7.29 

71 883 8.05 
82 865 9.47 

100 849 11.78 
102 833 12.27 
95 813 11.69 


76 796 

52 781 

43 767 

38 756 

33 742 

39 735 

50 718 

57 698 

71 695 

86 690 

95 690 

78 695 


9.55 

6.65 

5.61 

5.02 

4.45 

5.30 

6.96 

8.17 


[IISmT] 


56 699 8.01 
49 694 7.08 
38 692 5.50 
38 687 5.64 
38 683 5.57 
43 677 6.35 
45 669 6.75 
55 670 8.20 
66 668 9.89 
82 674 12.18 
89 675 13.19 
70 677 , 10.31 
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and random movements were present in the original data, but do 
not include the secular and long-time cyclical movements. 


Table 11.5.— Arrays of Monthly Deviations 


Month 

Results 

January. 


8.01 

8.45 

9.55 

9.88 

February. 


6.65 

6.97 

7.08 

8.21 

March. 


5.50 

5.61 

6.55 

6.90 

April. 


5.02 

5.54 

5.84 

6.25 

May. 


4.45 

5.57 

6.04 

6.07 

June. 


5.30 

* 6.23 

6.35 

6.38 

July. 

G.75 

6.90 

6.96 

7.29 

7.76 

August. 


8.05 

8.17 

8.20 

8.26 

September. 


8.97 

9.47 

9.89 

10.20 

October. 


10.37 

11.78 

12.18 

12.45 

November. 


11.51 

12.27 

13.19 

13.77 

December. 


9.65 

10.31 

11.21 

11.69 


Let us now gather together the remits for each month for pur¬ 
poses of comparison. For each month other than July we shaft 
have four figures, and for July we shall have five. In assembling 
them let us arrange the results for each month in or&er of size—in 
an array. The results are given in Table 11.5. 

We could, of course, take the mean of these figures for each 
month, but with so few figures for each month this would be 
likely to give undue weigh fc to extreme items. It is, therefore, 
more common to take the median. The median will be halfway 
between the second and third figure (save in the case of July, 
when it will be the third figure). The medians, then, will be 


these: 

January. 

. 9.00 

July. 


.... 6.96 

February. 

. 7.02 

August. 


.... 8.18 

March. 

. 6.08 

September.... 


.... 9.68 

April. 

. 5.69 

October. 


.... 11.98 

May. 

. 5.80 

November.. .. 


.... 12.73 

June. 

. 6.29 

December. 


.... 10.76 


These figures show the median per cent which the price for each 
month was of the moving total. We can easily make an index 
of seasonal variation from t^ese figures by computing the average 
for the year tfn4 finding what per cent the figure for each month 
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is of this average. The average of the 12 figures just given is 

8.35. If we state the figure for each month as a percentage of 

8.35, we get the index of seasonal variation shown in Table 11.6. 


Table 11.6.— Index of Seasonal Variation in Egg Prices 


Month 

Index 

« 

January. 


February... 

84.0 

March. 

72.9 

April. 

68.1, 
69.5 

May. 

June. 

75.3 

July.*... 

83.4 

August. 

98.0 

September. 

115.9 

October. 

143.5 

November. 


December. 

128.7 



c. If this index of seasonal Variation is compared with that which 
was computed by the simpler method on page 331 it will be seen 



' Month 


Fig. 11.4.—Seasonal movement of egg prices. Data from Table 11.6 

that, although the general nature of the* seasonal movement is 
the same by either method, there a$e, nevertheless, sdme fairly 
sizable differences in results. The-method just outlined is, for 
the reasons already noted, the method to be preferred. 
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These figures give us a good picture of the seasonal movement 
itself. They tell us that egg prices tend to be at their peak in 
November and “reach bottom” in April. They tell us, more¬ 
over, that at the peak the prices tend to be over 50 per cent above 
the season's average, and that in the trough they fall to a point 
more than 30 per cent below the season's average. We can find 
the timps of high prices and the times of low prices, and we can 
also get some idea of the amplitude of the movement. The 
highest prices tend, on the average, to be more than double the 
lowest prices (see Fig. 11.4). 

To summarize the steps necessary for finding an index of 
seasonal variation based on the moving average, we have the 
following: 

1. Tabulate the original data. 

2. Compute a 12-month moving total centered at the seventh month. 

3. Divide each original entry by the corresponding moving total. State 
the result as a percentage. 

4. Sort out these percentages by months, and find the median percentage 
for each month. 

5. Express each of these monthly medians as a percentage of the average 
of all 12 monthly medians. This is the index of seasonal variation. § 

11.5. Seasonal Variation by Link Relatives.—Anpther common 
method of measuring seasonal variation is by means of what are 
called link relatives . Whenever we have a set of figures for a 
number of months (or other time periods), we find the link 
relative for any month by^ dividing the figure for that month 
by the figure for the preceding month and multiplying the 
quotient by 100. In other words, a link relative for any month 
| is the percentage which the value that month is of the value in 
the preceding month. We shall illustrate with the same egg 
prices with which we have just been working. The original 
figures appear in Table 11.4. They have been converted to link 
relatives in Table 11.7. Since a link relative for any month 
involves comparison with the preceding month, we do not know 
the link relative for our first month, January, 1919. Each of 
the other link relatives is found by the method just described. 
For example, if we want the link relative for September, 1923, 
we note (see Table if. 4) that the price of eggs in September, 
1923, wa& 62 cents, while ip the preceding month the price was 
53 cents. Our computation is, then 
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m m - 117 0 

This answer shows that the price of eggs in September, 1923, was 
17 per cent above the price of the preceding month. Whenever 
prices are rising, the link relative will exceed 100. When the 
price is falling, the link relative will fall short of 100. 

Inspection of Table 11.7 will show that there are some months 
(such as September) in which the price is almost always higher 
than it was in the preceding month, while there are other months 
(such as February) when the price is almost always below that 
of the preceding month. If we want some idea of the typical 
situation in any month, it is natural for us to take some sort of 
average of the Jink relatives for that month. We might, of 
course, take the arithmetic mean of the link relatives, but, as 


Table 11.7.— Link Relatives op Egg Prices in New York City, 

1910-1923 


Month 

1919 

1920 

1921 

1922 

1923 

January. 


1 102.4 

80.0 

71.8 

81.4 

February. 

77.8 

83.3 

68.4 

87.5 

82.5 

March. 

85.7 

84.3 

82.7 

77.6 

93.6 

April. 

108.3 

91.5 

• 88.4 

100.0 

88.6 

May. 

101.9 

98.1 

86.8 

100.0 

102.6 

June. 

105.7 

105.7 

118.2 

113.2 

102.5 

July. 

112.5 

116.1 

128.2 

104.7 

109.8 

August. 

107.9 

109.2 

114.0 

122.2 

117.8 

September. 

110.3 

115.5 

1 124.6 

120.0 

117.0 

October. 

117.3 

122.0 

121.1 

124.2 

124.2 

November. 

111.4 

102.0 

110.5 

108.5 

107.8 

December.1 

83.7 

93.1 

82.1 

78.7 

77.1 


we pointed out in the preceding section, when there are so few 
figures one or two erratic values will throw the arithmetic mean 
very far off. For that reason we take the median link relative 
/ for each month. These medians are 


January. 


.... 80.7 July. 

. 112.5 

February.... 

r 

.... 82.5 August. 

. 114.0 

March. 


_ 84.3 September*.. 

. 117.0 

April. 


- 91.5 October. 

. 122.0 

May. 


_ 100.0 November. 

.‘.. 108.5 

June. 


— . 105.7 December. 

.82.1 
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f We now set up what are called chain relatives for the various 
months. This is done by setting the first month arbitrarily 
equal to 100.0, and determining the chain relative for any other 
month by multip lying the median lin k relative of that month 
by the .Qhain. relative of the preceding, month. This gives us 
the following chain relatives: 


January. 

. 100.0 

July. 


. 75.6 

February. 

. 82.5 

August. 


. 86.2 

March. 

. 69.5 

September... 


. 100.9 

April. 

. 63.6 

October. 


. 123.1 

May...!. 

. 63.6 

November... 


. 133.6 

June. 

. 67.2 

December.... 
January. 

* * * >. 

. 109.7 

. 88.5 


It will be noticed that we have carried the computation clear |' 
around to include January for a second time, this second figure 
for January being obtained, like any other chain relative, by 
multiplying the month’s link relative (80.7) by the chain relative 
for the preceding month (109.7). If it were not for such things 
as the influence of trend, the rounding off of numbers, and th^ 
fact that we have used the median link relative rather than the 
arithmetic mean, we should have come back to, our original 
100.0 with our second January. But things seldom work them- 
, selves out so smoothly, and we are therefore usually obliged, as 
we are here, to make some adjustment. Our final figure, 88.5, 
is too low by 11.5 per cent. We shall add M^th of the discrep¬ 
ancy (0.9583 per cent) to* February, ^2 of the discrepancy 
(1.9166 per cent) to March, etc. This gives us the following 
index adjusted for trend: 


January. 

... 100.0 

May. 

.... 67.4 

September.... 

.. 108.6 

February.... 

... 83.5 

June. 

.... 72.0 

October. 

... 131.7 

March. 

... 71.4 

July. 

.... 81.3 

November.... 

.. 143.2 

April. .. v ... 

... 66.5 

August. 

.... 92.9 

December.... 

... 120.2 


If the second January chain relative had been larger than 100, 
it would have been necessary to reduce the various months by 
their proportionate amounts, just as we increased them in this 
case because the second January was too small. * 

It is now common, a^ a last step, to center the index of seasonal 
variation,* so that the averages of the monthly indexes will be 
100. This is done by dividing each of the crude indexes in the 
. preceding tabie.tby the average of all 12 monthly indexes. The 
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average of the 12 indexes in the preceding table is 94.9, and if 
we divide each of the JL2 crude indexes by 94.9 and then multiply 
by 100, we get the following final index of seasonal variation 
based on link relatives: 


January. 

... 105.4 

May. 

. 71.0 

September. 

. 113.4 

February.... 

... 88.0 

June. 

. 75.9 

October. c . 

. 137.7 

March. 

... 75.2 

July. 

."85.7 

November. 

. 150.9 

April. 

... 70.1 

August. 

. 97.9 

December. 

. 116.1 


The student will wish to compare the results obtained by 
this method with those given in Table 11.6, page 336, which we 
obtained by the moving-average method. While the two sets 
of figures are by no means identical, nevertheless they do show 
very definitely the same general sort of seasonal movement. 

Perhaps it would be wise to summarize the steps necessary 
in the link relative method, since the process is not so difficult 
as it may seem when the illustration has been run through so 
many pages. The steps involved are these: 

«> 1. Convert the original data* into link relatives, by dividing each entry 
by the one which precedes it and multiplying the quotient by 100. 

2. Sort out the link relatives by months, and compute the median (or 
arithmetic mean) link relative for each month. 

3. Compute a set of chain relatives, by setting the first chain relative 
equal to 100, and finding each other chain relative by multiplying the link* 
relative for the period by the chain relative for the next preceding period. 
Carry this process through to include the first unit of the next period (that 
is, when dealing with monthly data, car/y it through to include the next 
January). 

4. If the last chain relative computed in the preceding step is not 100, 

adjust for trend by adding or subtracting a correction factor. If the final 
chain relative is larger than 100, the correction factor is to be subtracted. 
If the final chain relative is smaller than 100, the correction factor is to be 
added. The first month is kept at 100, but the correction factor for the 
next month is J^2 the amount by which the last chain relative differs from 
100 , the correction factor for the third month is % 2 of this amount, then 
H 21 etc. When working with other than monthly data, we can work 
as follows. Let d be the difference between the last chain relative and 
100 . Let 8 be the number of subdivisions in our period. (Above it was 
12 since there wbre 12 months in our period. For weekly cycles s might 
be 7, etc.) Then the correction factors for the Uucceeding subdivisions are 
d/s, 2d/s, 3d/s, . . . , ad/s. g 

5. Bring the final index to the level of 100 by finding the average of the 

indexes adjusted for trend in step 4, and then dividing each of these indexes 
by their average. » 1 
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The chain relative method is usually faster than the method 
based on the moving average, and the results are usually reason¬ 
ably similar. There is little theoretical advantage of either 
system over the other for ordinary cases. 

11.6. The Elimination of Seasonal Movements.—So much for 
the methods that are used to describe seasonal movements. 
Let us now turn our attention to the problem of removing the 
seasonal movement so that we can study the remaining charac¬ 
teristics of the data without having them obscured by the seasonal 
swings. As we saw in Fig. 10.2, page 274, the seasonal move¬ 
ments in the prices of eggs are so pronounced that they hide the 
other movements almost completely. In eliminating this sea¬ 
sonal swing, we shall use the index of seasonal, variation based 
on the moving average, which is tabulated on page 336. 

The simplest way to eliminate the seasonal 'movement is to 
divide the actual price for each month by the index of seasonal 
variation. This index is really a percentage, and the January 
index of 107.8 can therefore be thought of as 107.8 per cent, or 
1.078. We should divide all January figures by 1.078 to make 
them somewhat smaller. The January figures are all too larg8 
by 7.8 per cent because of the time of the season. They should 
be reduced 7.8 per cent to be comparable with the figures for the 
other months. Similarly the prices are always low in June 
‘because of the time of year, and if a price is 75.3 per cent of 
normal it is just where it belongs. If, then, we divide it by 0.753, 
we make it comparable with the prices of the other months. If 
we divide each month's price by the seasonal index for the corre- 


Month 

1919 


1921 

1922 

1923 

January. 

66.9 

78.0 

70.6 

52.0 

52.9 

February. 

66.6 

83.4 

61.9 

58.4 

56.0 

March.. 

65.8 

81.0 

59.0 

52.1 

60.4 

April. 

76.4 

79.3 

55.8 

55.8 

57.3 

May... 

76.3 

76.3 

47.5 

54.6 

57.5 

June. 

74.4 

74.4 

51.7 

57.1 

54.4 

July... 

75.6 

78.0 

60.0 

54.0 

54.0 

August. 

69.4 

72.5 

58 ?2 

56.1 

54.1 

September. 1 . 

64.9 

70.9 

61.4 

57.0 

53.6 

October.... 

61.4 

69.8 

60.0 

57.2 

53.7 

November.!. 

64.3 

66.9 

62.4 

58.4 

54.5 

Decembe?.*..... 

63.8 

73.9 

60.7 

54.5 

49.8 
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sponding month, we get the prices corrected for seasonal variation 
as shown in the table at bottom of page 341. 

When these prices are plotted, we discover that the seasonal 
fluctuations have been entirely eliminated but that the secular 
and random movements are still present. In fact the latter 
stand out much more clearly now than before. The prices 
with seasonal eliminated are shown in Fig. 11.5, which should be 
compared with the chart on page 274 showing the prices in their 
original form. Points on the chart in Fig. 11.5 which show high 



1919 1920 1921 1922 1923 * 

« Month and Year 

Fig. 11.5.—Monthly egg prices, 1919-1923* with seasonal eliminated. Data 

from page 341, 

prices mean that the prices were high for the time of year in 
question. A price which is “high” for April might be a “low” 
price for November. On this chart we have adjusted all prices 
for the seasonal variation which usually occurs, and the variations 
which are left are variations from the usual seasonal position. 
It is common to speak of such prices as prices which have been 
corrected for seasonal variation , or to speak of them merely as 
prices with seasonal eliminated . 

To summarise, we eliminate the seasonal from data after the 
index of seasonal variation has been found by dividing the original 
data for any month by the seasonal index of that montl^ (remem- 
t bering that the seasonal index is a percentage and pointing off two 
places accordingly). * 
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11.7. Random Movements.—We have now found how to 
describe and to remove both secular and cyclical movements. If 
we have done the work accurately, there should be no movements 
left in the data which are coordinated with the passage of time. 
To be sure, we shall not have removed all variations from the 
data. /There will still be movements reflecting the differences in 
the quality of eggs, or the quantity shipped to market, or changes 
in consumer tastes, or changes in the prices of substitute com¬ 
modities, etc. We have not tried to eliminate all the movement 
in egg prices, but merely those which show some temporal regular¬ 
ity. The movements which are left should show the effects of 
changes in nontemporal forces. 

Inspection of Fig. 11.5 shows that we have eliminated fairly 
well the seasonal swings, but we still have the secular trend left. 
The chart shows a rather definite and fairly linear downward 
trend of prices. We could fit a straight line to the data of Fig. 
11.5 by the method of least squares, but let us eliminate the trend 
by the easier method of a freehand line. If the student will 
stretch a string or hair, or lay a transparent ruler over the figure*, 
shifting it until it shows the general direction of the trend, he will 
see that the trend line crosses the left-hand vertical exis at a point 
which represents approximately 70 cents, and crosses the right- 
hand axis at approximately 52 cents. Thus the drop for the 
entire period is 18 cents. A drop of 18 cents \n 60 months is a 
drop of 0.3 cents per month* We note, then, that our figures are 
too high by 9 cents in January, 1919. We subtract 9 cents for 
that month, 0.3 of a cent less than 9 cents for the next month, 
2(0.3) of a cent less than 9 cents for the following month, etc. In 
other words, the amounts that we subtract from the figures in the 
table on page 341 for successive months starting with the first one 
are 9.0, 8.7, 8.4, 8.1, 7.8, etc. After we pass the middle of the 
period,*we shall be adding first small fractions of a cent and then 
more and more until at the end we add 9 cents. This will give us 
the data of Table 11.8, which contains egg prices with both secular 
and seasonal movements eliminated. 

When we select any figure from Table 11.8, say the figure 70.5 
cents for June, 1920, we have to realize that this does not mean 
that the ]irice of eggs in Jui\e, 1920, was 70.5 cents. As a matter 
of fact, inference to Table 11*4 will show that the actual price was 
56 cents. Table 11.8 tells us that, according to our best estimate, 
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the price in June, 1920, would have been 70.5 cents if the secular 
and seasonal movements had not been present. June egg prices 
are only about 75.3 per cent of the annual average on account of 
the regular seasonal swing (see index of seasonal variation, Table 
11.6), so eliminating the seasonal we estimate a price of 56/0.753, 
or 74.4 cents. But the secular trend is high in June, 1SJ20, and 
requires a reduction of 3.9 cents, giving us a price, corrected for 


Table 11.8.— Monthly Egg Prices, 1919-1923, with Both Secular and 
Seasonal Movements Eliminated 


Month 

1919 

1920 

1921 

1922 

* 1923 

January.'. 


72.6 

68.8 


58.3 

February. 

57.9 

78.3 



61.7 

March. 

57.4 


57.8 

54.5 

66.4 

April. 

68.3 

74.8 

54.9 

58.5 

63.6 

May. 

68.5 

72.1 

46.9 

57.6 

64.1 

June. 

66.9 

70.5 

51.4 

60.4 

61.3 

July. 

68.4 

74.4 


57.6 

61.2 

August. 

6$.. 5 


58.5 

60.0 

61.6 

September. 

58.3 

67.9 


61.2 

61.4 

October... 

55.1 

67.1 


61.7 

61.8 

November.*.1 

58.3 

64.5 

63.6 

63.2 

62.9 

December. 

58.1 

71.8 

62.2 

59.6 

58.5 


both trend and seasonal, of 70.5 cents as we saw in Table 11.8. 
The figures of this table are charted in Fig. 11.6. Although there 
is a noticeable similarity between Figs. 11.6 and 11.5, we note at 
once that the secular movement has been removed in the new 
chart. 

Suppose, now, that a research man is interested in finding 
what relationship there is between the quality of eggs and their 
price. He goes out on the market month after month and 
candles the eggs to find their quality. He notices the prices at 
which they sell. When he discovers that the price in November, 
1920, was $1.02 per dozen, while in May of the same year it had 
been only 53 cents per dozen (figures from Table 11.4), he might 
conclude that {he higher November price reflected higher quality 
of eggs. But when he looks at the figures of Table 11.8, he 
discovers corrected prices of 64.5 cepts for November* and 72.1 
cents for May, 1920. The May prices were actually considerably 
higher than the November prices after allowance cV made for time 
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factors. The corrected figures of Table 11.8 should be far more 
useful to this investigator than the actual prices shown in Table 
11.4. This is a good example of a case where one has studied the 
secular movement and the seasonal movement, not because he is 
interested in them per se, but because he wants to eliminate them 
and sti\dy the relationship between other factors (like quality) 
and the random or residual movements which are left. The 
random movements of Fig. 11.6 are not at all noticeable in Fig. 
10.2, page 274, which show the actual prices. The secular and 



Fig. 11.6.—Monthly egg prices, 1919-1923, with seasonal and secular movements 
eliminated. Data from Table 11.8. 

especially the seasonal movements in that chart obscure every¬ 
thing else. But Fig. 11.6 shows immediately and strikingly the 
movements in the original data which were not arranged in some 
temporal pattern—which were not explainable in terms of the 
passage of time. 

11.8. The Concept of the Statistical Normal.—Having described 
and “eliminated” the secular and cyclical movements, we may 
now wish to reconstruct them, omitting the random movements. 
Such a reconstructed idealised series, made up of the secular and 
cyclical ^movements, but omitting the random movements, may 
be thought of ^showing the changes that we might have expected 
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to have occurred under “normal” conditions, in the absence of 
temporary and sporadic forces. 

Suppose, for example, that you are asked, “What number of 
automobiles might one expect to pass the junction of U.S. Route 
11 and U.S. Route 20 in an hour?” Your answer would have to 
depend on what hour was being considered. The traffic at 2 a.m. 
and the traffic at 2 p.m. may well be different. A “normal” rate 
for one time would not be “normal” for another. And in addi¬ 
tion to this diurnal cycle, there is an annual cycle, with traffic on 
Labor Day “normally” different from traffic on “Groundhog’s 
Day.” There is likewise a weekly cycle, with Sunday traffic 
“normally” different from Wednesday traffic. And in addition 
there is a secular trend, with the “normal” traffic for 1940 far 
different from the “normal” traffic for 1910, even if we pick the 
same month, day, and hour of the year. 

Our secular trend might tell us that the basic hourly traffic 
was 42 cars per hour in 1930, with an increase of 8 cars per hour 
each year thereafter. We could put this in the form of a trend 
•.equation, from which we cbuld estimate the “normal” traffic for 
any ensuing year, with 1930 as the origin. Thus, for 1944 
the “normal” traffic based on secular forces alone would be 
42 + 14(8), or 154 cars per hour. But if we are interested in 
knowing the facts for Sept. 28, our seasonal index may tell us that* 
the traffic on this day of the year is 114 per cent of that for the 
normal day of the year. Therefore we should expect flot 154 
cars per hour, but 114 per cent of 154 cars; that is, we should 
expect 176 cars per hour. But this is for Sept. 28 on the average. 
If Sept. 28,1944, falls on a Thursday, and if our studies show that 
Thursday traffic is but 78 per cent of “normal” traffic for the 
week, then we should expect not 176 cars per hour (as on a typical 
Sept. 28), but 78 per cent of 176 cars; that is, we should expect 
137 cars. And finally, if the hour which we choose on Sept. 28, 
1944, is the hour from 4 to 5 o’clock in the morning, we realize 
that we should not use the average traffic figure for the day. Our 
diurnal index may indicate that the traffic at this hour is but 25 
per cent of the average traffic for the day. In that case we shall 
expect, not 137 cars in our hour, but 25 per cent of 137 cars; that 
is, we shall expect 34 cars. , * 

We have now come down to making an estimate for the particu¬ 
lar hour of 4 to 5 a.m. on Thursday, Sept. 28,1944.* Our estimate • 
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of 34 cars is based on the long-run secular growth in traffic, and 
on the monthly, weekly, and hourly cycles. When we say that 
the “normal traffic” is 34 cars an hour, we are indicating that we 
should expect such an amount of traffic if we consider only those 
forces which work smoothly and regularly through time. Yet we 
do not mean that there must be exactly 34 cars passing the inter¬ 
section in this hour, for there are many forces other than time- 
connected forces, which we have not considered at all. A heavy 
rain, an unusually early ice storm, imposition of restrictions on 
the sale of gasoline or tires, a resurfacing job on the road which 
detours traffic—these and numberless other “random” forces may 
come in to upset our calculations. W'hen we say that the 
“normal” traffic for the particular year, day, and hour is 34 cars 
per hour, we realize that the actual traffic may fall short of this 
figure or may greatly exceed it. 

These ideas can be expanded to cover any other statistical 
“normal.” When we talk of “normal” department-store sales 
over the Christmas holidays, or “normal” temperatures on the 
Fourth of July, or a “normal” price erf eggs, or a “normal” yield 
of hay, or a “normal” number of absences from school—in each 
of these cases we are setting up by more or less formal statistical 
means some “expected” value to be used for purposes of compari¬ 
son. But in computing our “normal” we never include all the 
* forces that may affect the value in question. If we did include 
all the .forces, then there could never be anything “abnormal”— 
we should always hit the ntiil exactly on the head. The very 
concept of “normality” implies its counterpart, abnormality. 
When people say, as they sometimes do, that there never is a time 
that is really normal, they are not, as they often seem to think, 
proving that the concept of normality is useless. The “normal” ; 
occurrence is not what happens, but what would have happened J 
if there had been no unusual transitory forces at work to make the : 
result abnormal. And in any field, our idea of this abstract, 
hypothetical, idealized “normal” is made up by combining the 
effects of the various sorts of time-connected forces (secular, 
seasonal, diurnal, etc.), neglecting the “random” forces. 

11.9. Suggestions for Further Reading.—Several of the references men¬ 
tioned in Sec. 10.21, page 318, contain matter on time series in general and, 
hence, are applicable to cyclical as well as to secular movements. Karl G. 
Karsten, ‘^Chartfj and Graphs,” Prentice-Hall, Inc., New York, 1923, gives a 
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simple exposition in Chap. XXI. For dealing with cycles other than the 
12-month seasonal cycle, the student may wish to investigate what is known 
as periodogram analysis . A short treatment of the method is given in 
Harold T. Davis and W. F. C. Nelson, “Elements of Statistics with Applica¬ 
tions to Economic Data,” pp. Principia Press, Bloomington, Indiana, 

1935. The method is criticized adversely in the Journal of the American 
Statistical Association , Vol. 18, p. 889; and Vol. 22, p. 289. Many special¬ 
ized books in the field of business statistics contain discussions of the«so-called 
“business cycle” and its treatment. In this field the student should see 
particularly Wesley C. Mitchell, “Business Cycles, The Problem and Its 
Setting,” National Bureau of Economic Research, Inc., New York, 1927, 
particularly Chap. III. Henry L. Moore, “Economic Cycles: Their Law 
and Cause,” The Macmillan Company, New York, 1914; and William L. 
Crum, Periodogram Analysis, in “ Handbook of Mathematical Statistics,” 
edited by Henry L. Rietz, Houghton Mifflin Company, Boston, 1924, are 
both authoritative and helpful. For a treatment of the problem of random 
movements, see Gerhard Tintner, “The Variate Difference Method,” 
Principia Press, Bloomington, Indiana, 1940. 


EXERCISES 

1. Why does it seem desirable*to correct for calendar variation in the case 
Si the data of Exercise 1 at the end of Chap. X (see page 319), and yet not 
to make similar corrections in the egg price data of Table 11.4, page 334? 

2 . Find at leatt two historical series showing distinct seasonal movements. 
Find two others containing cyclical movements of a nonseasonal character. 

3 . On page 335 we took the median of the figures in the table for each 
month. Some authors prefer to take the arithmetic mean each month. 
How much would the index of seasonal variation have been altered ifwe had 
followed this other procedure? Compute ,the index on the latter basis for 
purposes of comparison. 

4 . Compute an index of seasonal variation of New York City temper¬ 
atures, using the basic data of Table 11.1, page 324. Use the moving aver¬ 
age method described in Sec. 11.4. 

5 . Compute the index called for in the preceding exercise, but use the 
link relative method described in Sec. 11.5. 

6. Eliminate the seasonal movement from the data of Table 11.1, page 
324, using as a basis your index of seasonal variation computed in one of the 
two preceding exercises. Interpret your “corrected” data. 

7 . Annual and diurnal cycles have such an obvious astronomical basis 
that it is natural to expect to find cycles of these lengths in the data of 
almost every science. In how many separate sciences can you find illustra¬ 
tions of annual cycles? Diurnal cycles? 

8 . The weekly cycle has less natural basis than the annual or the diurnal 

cycle, yet the week has become firmly enough imbedded in our habits so 
that weekly changes appear in many kinds of data. In how many separate 
sciences can you find evidences of weekly cycles? # 
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9 . What is the amplitude of the cycle of egg prices in Table 11.4, page 334? 
Use as your basis of measurement one of the indexes of seasonal variation 
computed in the chapter. 

10. In Sec. 11.7 we took a freehand straight-line trend as the basis for 
eliminating secular trend. Some people would prefer to be more “exact” 
and use a least-squares straight line, although we know (see Sec. 10.11) 
that the least-squares method is no sure cure. Compute the least-squares 
straight line for the data of the table on page 341, and recompute Table 11.8 
on the basis of this least-squares trend. 

11. Seasonal movements are by no means confined to prices. Table 
11.9 gives figures 1 showing the number of strikes beginning each month 
from 1927-1936. Compute the index of seasonal variation by the link 
relative'method. 


Table 11.9.— Number of Strikes Beginning Each JVIonth, 1927-1936 


Year 

Jan. 

Feb. 

Mar. 

Apr. 

May 

June 

July 

Aug. 

Sept. 

Oct. 

Nov. 

Dec. 

1927 

35 



84 

95 

80 

55 


58 

■ 

28 

33 

1928 

45 

46 

41 

69 

80 

44 

56 


48 

■ 

37 

25 

1929 

50 

51 

68 

121 

121 

77 

81 

86 

99 

73 


34 

1930 

49 

49 

47 

68 

58 

61 

79 



42 

36 

27 

1931 

58 

52 

53 

78 

■Till 

66 

1 67 

78 

81 

68 

57 

48 

1932 

88 

mm 

63 

89 

91 

74 

72 

■S3! 

86 

50 

43 

36 

1933 

83 

67 


89 

161 

154 

237 

261 

233 

145 

87 

72 

1934 

98 

94 

161 

m 

226 

165 

151 

183 


187 

130 

101 

1935 

140 

149 

175 

E 

174 

189 

184 

239 

162 

m§ : 

142 

90 

1936 

167 

148 

185 

183 

E 

188 

173 

228 

234 

192 

136 

132 

Totals.... 

• 

813 ( 

779 

969 

1171 

1316 


1155 

1326 

3,219 


756j 

598 


12. Are the data of Table 11.9 of a type such that it might be wise to 
correct them for calendar variation? If so, make the necessary corrections. 

1 From Dale Yoder, Seasonality in Strikes, Journal of the American 
Statistical Association , Vol, 33, No. 204, December, 1938, p. 687. 





















CHAPTER XII 
INDEX NUMBERS 


The use of index numbers has been pretty largely confined, in 
practice, to the fields of economics and business; yet the applica¬ 
bility of index numbers seems to be general enough so that there 
should be some gain in applying them more widely in other fields. 
To a very considera ble extent, index numbers have been used to 
com pare situations at different periods of time; yet"tfiey can also* 
be used for making comparisons ordiff erent geographical areas^ 
di fferent business un its, or al most any other ~sets of categonesT 
Theoretically, index numbers can be used as^Broadly and as 
generally as any of the other statistical measures that we have 
treated, and the fact that their use to date has been pretty largely 
confined to a few fields of science should not preclude a considera¬ 
tion of them even in a general, nonspecialized textbook. 

Within the fields of economics and business, index numbers 
have been used to make many kinds of comparisons: comparisons 
of prices, of volumes of business, of costs of production, of 
employment, of Wages, of volume of output, of buying po 4 wer, of 
living costs, etc. Historically the first, and still the most com¬ 
mon, use of index numbers is in the making of comparisons of 
prices at different times. Of course, for a simple comparison of 
the prices of a single commodity at different times we do not need 
an index number. If we are told that a pair of shoes cost 50 
cents 1 in 1805 and $5 in 1905, we can make the comparison 
directly without the computation of any complicated statistical 
coefficients. To be sure, we should still have to satisfy ourselves 
that the shoes were of comparable quality, but the problem would 
obviously be far simpler than it would be if we asked what had 
happened to the cost of living in general between 1805 and 1905. 
In the latter case, we should doubtless find that during the 
century the prices ’of some things had risen, some fallen* and some 
stayed about the same. It would no* longer be possible merely to 

1 This is the actual average cost taken from an old finally account book , 
for a large family in upper New York State. * « . 
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compare two simple * figures. As soon as we get to making 
comparisons between complicated things, such as the cost of 
living or the prices of farm products, we need some sort of 
statistical help. 

12.1. A Simple Aggregative Index Number.—Suppose you 
have a list of the prices of 20 commodities in 1930, and another 
list shoving the price of each of these 20 commodities in 1935. 
You note that some of the commodities have risen in price and 
some have fallen in price, and you are interested in knowing 
whether prices in general have risen or fallen. Of course, you 
might count the cases in which prices had risen and the cases in 
which prices had fallen, and if you found 14 increases and 6 
decreases you might conclude that prices had ip general risen. 
Yet the 14 increases might be small and the 6 decreases large, in 
which case it is quite possible that the decreases would be more 
than enough to offset the increases. It is obvious that what you 
will need is some single summary figure that will characterize 
these increases and decreases. This is exactly the same problem 
that we faced in computing averages, and it is handled in approxi¬ 
mately the same way. 

Let us first'take a hypothetical case. We shall assume that 
there are five commodities: A, B } C, D, and E . They are of 
equal importance. Their prices in 1930 and in 1935 are given 
in Table 12.1. Inspection will show that three of these com- 

, Table 12.1.— Hypothetical Price Data 


Commodity 

1930 

Price 

1935 

Price 

A 


$1.17 

B 


0.30 

C 


0.66 

D 

1.12 

1.12 

E 




modities have risen in price (A, C, and E ). One has not changed 
in price (D), and one has fallen in price ( B ). How^can we get a 
single summary figure that will tell us the amount of the change 
in price? 

We coulc? add the two columns of figures and find whether it 
takes more or less than before to buy one unit of each com- 
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modity. This would give us the sum of $3.72 for 1930 and of 
$4.45 for 1935. In other words, it took somewhat more money 
to buy this bill of goods in 1935 than in 1930. We might well 
express the change as a percentage, letting the sum of the prices 
in 1935 be stated as a percentage of the 1930 sum. In this case 
we should say that when the 1930 prices are considered as 100 per 
cent, the 1935 prices are $4.45/$3.72 = 119.5 per cent. More 
commonly we should say merely that the 1935 index number 
on a 1930 base in 119.5. We see, then, that the base of an index 
number is the period that is taken as the basis for comparison. 
We let the prices of the base period be 100 per cent and compute 
the relation of the prices of other years to the prices in this base 
period. Instead of saying that the base is 1930, one would 
usually give the index numbers for the various years with the 
statement, “ 1930 = 100.” We see also from our simple example 
that an index number shows the percentage by which a group of 
values taken at one time or place differs from another group of 
values taken at another time or place. The index number 
which we have just commuted is called the simple aggregative 
'index number . Such index numbers are computed by adding 
the values for each year and stating the sum for each year as a 
percentage ol the sum in the base year. 

12.2. Averages of Relatives.—Another summary figure could 
be obtained by stating the price of each commodity in 1935 as a" 
percentage of the price in 1930, and then taking some average of 
these percentage figures. If we concert the figures of Table 12.1 
to percentages of the 1930 price, we get Table 12.2. 

Table 12.2.— Relative Prices from Table 43; 1930 * 100 


Commodity 

Relative Prices 

1930 

1935 

A 

100 

117 

B 

100 

75 

C 

100 

110 

D 

100 

100 

E 

100 

*200 


' Bach figure in this table is a percentage showing the price of the 
particular commodity in each year 1 relative to thj price in 1930. 
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Such figures are called relatives, and since these are based on 
prices they are called price relatives or relative prices . Any 
number is a relative if stated as a percentage of some other 
number. 

If we take the arithmetic mean of the price relatives for 1930, 
we obviously have 100 for an answer. The mean of the five 
relatives*of 1935 is 120.4. We can say that the index number of 
prices is 120.4. This would be an index number based on the 
mean of the relatives. We might as well have computed the 
index number based on the median of the relatives or the geometric 
mean of the relatives or the harmonic mean of the relatives. Such 
methods are commonly used in index-number work. Our 
results by these methods would be as follows: * 


Median relative. 110 

Geometric mean of relatives. 114.0 

Harmonic mean of relatives... 108.9 

Mean of relatives. 120.4 

Aggregative. 119.5 


The last two figures are from our ekrlier computations. • 

It will be seen, then, that we have computed the index number 
by five methods and have found five different answers, ranging 
from a high of 120.4 to a low of 108.9. Each of these answers 
•purports to show the percentage, on the whole, which 1935 
prices are of 1930 prices. All are based on t£ie same figures; 
yet no*two agree. This is pot surprising, since we discovered 
when we were studying averages that the mean, the harmonic 
mean, and the geometric mean always (unless the values averaged 
are identical in size) differ. 1 

12.3. Bias in Index Numbers.—Again we see that the arith¬ 
metic mean is larger than the geometric mean, and that the 
harmonic mean is smaller than either. With these different 
results, frhich are we to use? Suppose that we selected a very 
large number of commodities for study. We found their prices in 
the base year, and then the year later we found the prices again. 
Suppose, moreover, that there had been no general change at all in 
price level. Individual ^commodities had changed in price, to be 
sure, but at random. There had been no movement downward 
and no movement upward ip general. What should we find at 
the end of the year? Obviously some of the price relatives would 
• 1 See p. 71. 9 1 
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be larger than 100 and some smaller than 100. It is probably 
reasonable to assume that if the prices are changing at random 
(there being no fixed movement upward or downward) a price 
is as likely to double as to be cut in half. A commodity that 
doubled in price should just balance one that fell to half its former 
price. But note that the price relatives of these two commodities 
would be 200 and 50; that is, 200 for the one that doubled and 50 
for the one that was cut in half. The arithmetic mean of these 
two relatives is (200 + 50) 2 = 125. Instead of showing no 

change, the arithmetic mean of the relatives shows a rising price. 

Let us, then, try the harmonic mean. The harmoific mean 
of the two numbers is 2 -f- (Moo + Ho) = 80. By this method 
we find that jtrices have been falling; yet we know that there 
have been merely chance changes of price with no real rise or 
fall. When we try the geometric mean of the two prices, we 
find 

\/ (200) (50) = \/l0,000 = 100 

This method, then, show's neither a rise nor a fall. In other 
words, the geometric mean gives a true picture of the situation. 
Rates of change can properly be averaged only by the geometric 
method. For this reason there is a decided advantage in using 
the geometric mean of the relatives in computing any simple 
index number. 

12 . 4 . Weighting of Index Numbers.—Now let us face'another 
problem. Going back to the price changes of the five commodi¬ 
ties tabulated on page 351, we may well ask if these commodities 
differ in importance. If milk rises in price by 2 cents per quart, 
the effect on the family budget is much greater than is an increase 
of 5 cents each on hairbrushes. In fact, a 5 per cent increase in 
the price of milk is much more important to consumers than a 
30 per cent increase in the pricQ of hairbrushes. Yeb with the 
methods we have been using they would be given equal weight in 
the index. If milk prices rose 2 per cent and hairbrush prices fell 
2 per cent, the mean of the price relatives would show no change— 
yet consumers would feel that prices had risen. To them the 
increased, price of milk is not offset by Che lowered price of hair¬ 
brushes. Obviously the thing for \is to do is to take* a weighted 
average of the price relatives rather than a simple average. We 
could do this by counting the milk price 10 timts and the hair* 
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brush price once. It is simpler merely to multiply the milk price 
by some figure that represents its importance, the hairbrush price 
by some figure that represents its importance, etc. Thus for each 
commodity we shall have a weight which indicates the importance 
of the commodity. If our index number is to be one of the cost of 
living, we may well weight commodities according to their 
importance in the budget. 

Let us suppose that the relative importance of the five com¬ 
modities in our price table is as follows: 

A 2 

’ B 20 

C 1 

D 5 

E 1 

Thus commodity B is 10 times as important as commodity A } 
20 times as important as either commodity C or commodity E y 
and 4 times as important as commodity D. Let us multiply 
the price relatives from Table 12.2, page 352, by these weights 
and divide the sum of the products bp the sum of the weights to 
get the weighted arithmetic mean of the relatives. This proce¬ 
dure gives the figures in Table 12.3. The total of tjie weights is 


Table 12.3.— Computation of Weighted Average Index of Relatives 


Commodity 

Price Relative 

Weight 

Product 

» n 

1930 

A 

• 

100 

2 

200 

B 

100 

20 

2000 

C 

100 

1 

100 

D 

100 

5 

500 

E 

100 

1 

100 

1935 




A* 

117 

2 

234 

B 

75 

20 

1500 

C 

110 

1 

110 

D 

100 

5 

500 

E 

200 

1 

200 


2 + 20 + 1 + 5 + 1 = 29. The total of the products for the 
year 1930 (the sum of the five figures in the first group of the 
last column in #ie table) is 2900. If we divide the latter figure 
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by the former, we get 290 %9 — 100, the index number of the 
base period. In practice it would not be necessary to compute 
the index number for this year, since it is 100 by definition. If 
we take next the products for the year 1935, we find that they 
add to 2544. The index number for this year is, then, 

254^ 9 = 88 ) 

This is the weighted average index of the relatives as contrasted 
with the simple average index computed before. 

The most noticeable feature of the present index as compared 
with those we computed before (see page 353) is that" all the 
others gave values over 100, whereas this gives 88. The reason 
is easy to see. ^ Before we used no weighting; we pretended that 
t he commodities were of equal value. Yet really commodity B, 
the only commodity which fell in value, was far more important 
than all the others together. It is proper that it should have 
more influence on the result. We have now given it influence 
commensurate with its importance, and as a result the entire 
,index has fallen. We cart' say, then, that prices are now but 
88 per cent of their 1930 value, and we shall be more nearly 
correct than,before. For if the various commodities are given 
their proper weighting, the change in price has the same effect 
that a uniform drop of 12 per cent in all prices would have had.. 

We could T of course, take the weighted geometric mean of the 
price relatives . This would involve raising each price relative to 
a power equal to the weight of the commodity, multiplying 


Table 12.4.— Computation of Weighted Geometric Average of 

Relatives 


(1) 

(2) 

(3) 

(4) 

(5) 

Commodity 

Relative 

Price 

Log of 
Relative 
Price 

Weight 

Jl3)(4) 

A 

117 

2.06819 

2 

4.13638 

B 

75 

1.87506 

20 

37.50120 

C 

11 110 

2.04139 

1 

2.04139 

D 

100 

2.00000 

* 5 

10.00000 

E 

200 

2.30103 

1 

2.30103 

Totals. 


HHHHM 

29 

55.98000 


*■ 














INDEX NUMBERS 357 

i 

together these figures for all the commodities, and taking a root 
equal to the sum of the weights. The work would be done by 
logarithms, and we can illustrate it by computing the weighted 
geometric mean of the relatives for the year 1935 (see Table 12.4). 
The logarithm of the index number is 55.98000/29 = 1.93034. 
This gives us a value of 85.2 for the index number, which is 
again lotfrer than the weighted arithmetic mean. 

Likewise we may wish to weight the aggregative index number. 
We do this by multiplying the price of each commodity by its 
weight and adding the products. We then divide 100 times 
the sum for any given year by the sum in the base year, and the 
quotient is the required weighted aggregative index number. 
If we illustrate with the data we have just used,’we get 


(1) 

(2) 

(3) 

(4) 

Commodity 

Price 

Weight 

Product 

1930 




A 

$1.00 

2 

$ 2.00 

B 

0.40 

* 20 

8.00 

C 

0.60 

1 

0.60 

D 

1.12 

5 

t 5.60 

E 

0.60 

1 

0.60 




$16.80 

3035 




A 

$1.17 * 

2 

$2.34 

B 

0.30 

20 

6.00 

C 

0.66 

1 

0.66 

D 

1.12 

5 

5.60 

E 

1.20 

1 

1.20 




$15.80 


To find the weighted aggregative index 
1930 base 


100(15.80) 

16.80 


94.1 


number for 1935 on a 


This, we see, is higher *than either of the other two weighted 
index numbers which we have computed from these data. 

12.5. Weight Bias.—We saw in Sec. 12.3 that, with chanc e 
vari ation among jbhe relative s" thA ge ometric mean yields an index 
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of 100, but that the result bv the arithmetic method is too high 
and that by th e harmonic method too low . We sav tha t the 
arithmetic methoc j i° b y an uvward tyve bias and tfr e 

harmonic method b y ft dowxmaxd. jigs; t hat is. one of t hem 
tends to give values which are too large and the other,v alues 
which are too small . For t his reason any simp l e (unweight ed) 
index can be computed by the geometric method to advanta ge. 
But w hen we come to adding weights, as w e have done in the 
more recent examples, we e ncounter t h e new difficulty tha t bias 
may arise in our index num be rs from the weights which are use d. 
Index numbers are commonly computed with fixed weights, as in 
our examples. That is, the weights for 1930 were the same as 
those for 19355* and, if we computed indices for other years, we 
should still use these same fixed-year weights. 

It is possible, of course, to use as weights values which change 
from year to year, using in each year a figure that shows the 
importance of the commodity in that year. Such weights are 
called given-year weights. Now fixed-year weights introduc e a 
i downward weight bias, and gi ven-year weight s introduce an 
upward weight bias m index numbers, if we start with the 
unbiased geometric method and introduce weights, we bias our 
results. If we use the arithmetic method with its upward-type 
bias and combine it with fixed-year weights (which have a 
downward weight bias), we overcome to some extent the type 
bias with the weight bias. If we use the harmonic method in 
conjunction with given-year weighting, we overcome the down¬ 
ward type bias to some extent by the upward weight bias. 

Our illustration has included but five commodities. If we 
included a large number of commodities, we might choose as 
our index number the median or the modal price relative. We. 
have seen that the mode is hard to determine unless there a re 
enough casefe so that they can be easily grpupe d. and t hat it is no t 
always clearly marked even then . For this reas on indices are 
seldom based on the mod e. The median has the advanta g^that 
it neglects the extreme cases entirely. But, on the whole, index 
numbers are computed by the arithmetic, geometric, or harmonic 
methods or on the basis of aggregates. 

12.6. Uses of Index Numbers.—Index numbers cfan be used 
| whenever one wishes to compare changes in groups of values from 
] time to time. Their commonest uses are in the bieasurement of* 
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changes in th e general price lev el, t he cost of livin g, the rate o f 
wages, etc. But whenever groups of values vary and we want 
some single summary figure with which to express the variation, 
the use of index numbers is indicated. Suppose, for example, 
that we want to trace changes in the sanitary conditions in a 
given city. We decide that the healthfulness of the city can be 
determined in part by the infant death rate, in part by the 
percentage of dwellings having modern plumbing, in part by 
the number of absences from the public schools, etc. We 
determine first which things to include. We must then deter¬ 
mine the. proper relative weights. The computation of the 
index number is then simple. 

To illustrate, suppose that we are to measure the, healthfulness 
of a city by the three items mentioned above. As the conditions 
become more healthful, the infant death rate will presumably 
fall; but we want values which increase with the healthfulness. 
Let us take, therefore the difference between the infant death 
rate and, say, 300; that is, we shall subtract each infant death 
rate from 300. Likewise it is to be exppcted that the number of 
absences from school would decrease as the healthfulness of the 
city increased. There would also be variations in the number of 
absences according to the number of pupils registered in the 
schools from year to year. Thus our measure might well be 
the average number of days attended per pupil divided by the 
number jof days that school was in session, if there were 
700 pupils in the town and they attended an average of 200 days 
each, and if the schools were in session 203 days during the 
year, our measure would be 20 %oz = 98.5. The attendance 
would be, in other words, 98.5 per cent of the total possible 
attendance. 

Now let us take a hypothetical case. In a given city we have 
the figure^ on infant mortality, on school attendance, and on 
plumbing, for two successive years. Let us call the years 1920 
and 1921. In 1920 the infant death rate was 105.2, 73 per cent 
of the houses had modern plumbing, and the school attendance 
was 96 per cent of maximum. In the second yea* the infant 
death rate was 103.4, th% school attendance was 95.5 per cent 
of maximuin, and 75 per cent of the houses had modern plumbing. 
If we are not to weight our figures, the “index of healthfulness” 
will be compute^ as in Table 1^2.5. The arithmetic mean of the 
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Table 12.5.— Computation op “Index <ip Hbalthfulness” 


Measure of Healthfulness 

Value 

Relative 

Value 

1920 

Infant mortality. 

194.8 

100 

Plumbing. 

73.0 

100 

School attendance. 

96.0 

100 


1921 

Infant mortality... 

196.6 

100.9 

102.7 

99.5 

Plumbing. ... 

75.0 

95.5 

School attendance. 



three relatives for 1921 is 101.0. We could say, then, that the 
health index of the city rose from 100 to 101 during the year. 1 

Suppose, however, we decide that a change in the infant death 
rate is ten times as important as school attendance as a health 
indicator, and that the plumbing conditions are twice as impor- 
t tant as school attendance. This assumption would give us 
weights of 10 for the infant death rate, 2 for plumbing, and 1 
for school attendance. If we weight the relatives on this basis, 
we have the figures shown in Table 12.6. The health index for 
1921 is, then, 1313.9/13 =* 101.1. 


Table 12.6.—Computation op Weighted 11 Index op Healthfulness ” 


t 

Measure of Healthfulness 

Relative 

Value 

Weight 

Product 

1921 

Infant mortality.*.. 

' 

100.9 

m 

1009.0 

Plumbing. 

102.7 

2 

205.4 

School attendance. 

99.5 

1 

99.5 



Totals. 

13 

1313.9 



It should t t>e obvious that such an index might be useful in 
comparing different cities at a given c time as well as different 

1 The figures for infant mortality in the table are 194.8 andd.96.6. These 
are obtained by subtracting the actual rates of 105.2 and 103.4from 800, as 
explained in the text. 
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times in the same city. Thus indices may be geographical as 
well as chronological. 1 

12.7, Correcting Prices with Index Numbers.—The farm price 
of potatoes in the United States on Dec. 1 of various years is 
given in Table 12.7. 2 In the same table are given the index num¬ 
bers of the wholesale prices of “all commodities” for these years. 3 

Table 12.7.— Farm Price of Potat6es in the United States on 
December 1, and Index Number of Wholesale Prices of 
All Commodities, 1916-1925 


Year 

Farm Price 
of Potatoes 
(cents per 
bushel) 

All-commodity 
Price Index 
(1910-1914 - 
100) 

1916 

146 

125 

1917 

123 

172 

1918 

119 

191 

1919 

158 

202 

1920 

113 

226 

1921 

108 

* 143 

1922 

56 

141 

1923 

76 

147 

1924 

62 

143 

1925 

187 

151 


This i^dex number is based on the prices of a'large number of 
commodities (well over 800* at present) and is here given with 
the average of the years 1910-1914 as a base. Thus the 
index number for 1919 means that wholesale prices were, in 
general, 202 per cent of their average 1910-1914 level. TTiey 
had risen to over double their average value for the base period. 

1 This example of an “index of healthfillness* 1 is to be considered by the 
student av something quite as hypothetical as the price index in which we 
worked with commodities A, B, C, D, and E. It may well be that the factors 
here listed are not important as measures of healthfulness, and it must bs 
that their relative importance is far from that here given. Also the subtrac¬ 
tion from 300, etc., is quite arbitrary. The author apologizes to vital 
statisticians for intruding upon a field about which he is ignorant, but it 
seems worth while to poini out to the student that there are uses for the 
methods he^e discussed other than uses represented in the analysis of prices. 

1 From Statistical Abstra.ct, 1933, p. 597. 

a From *Farm Economics , Cornell University, September, 1931, pp. 

• 1586-1587. " > 
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It will be noted from the table that the farm price of potatoes 
was much lower in the years 1922-1924 than it had been before. 
But it is also well known that this was a time when prices were 
falling generally in the deflation after the war. The index num¬ 
bers show that prices reached their postwar peak in 1920 and 
fell sharply during the following year. 

There are at least two things that can account for a change 
in the price of potatoes. In the first place, the potatoes may 
have relatively more or less value in terms of all other com¬ 
modities on account of the size of the potato crop or of changes 
in people’s desires for potatoes. In the second place, thfere may 
have been changes in the value of money itself. We commonly 
^measure the vdlue of other things in money terms, but, as has 
;been often pointed out by economists, money is a poor measuring 
.stick because it is not constant in value. During and immedi¬ 
ately after the war almost all prices rose. It took more money to 
buy the same goods; the value of money had fallen. Then came 
the break in prices, and money suddenly became more valuable 
, again. * 

Now we are interested in knowing whether these changes in the 
price of potatoes were due merely to fluctuations in the value of 
money or whether they show some change in the economic posi¬ 
tion of the potatoes themselves. Our price index tells us (insofar 
as it is an accurate measure of changes in the purchasing power 
of money) that it took $1.25 in 1916 to buy what $1 had pur¬ 
chased during 1910-1914. By 19i9 it took $2.02 to buy this 
same bill of goods; in other words, money had become much 
less valuable during the period. If the value of potatoes meas¬ 
ured in terms of commodities other than money had remained 
constant throughout this period, the price of potatoes would have 
risen because the value of money had fallen. During this period 
the price of potatoes did rise from $1.46 per bushel to^l.SS per 
bushel. Can this change be accounted for entirely by the change 
in the value of money? We discover the answer by finding the 
corrected prices of potatoes. 

If the dollar had the same purchasing power in 1916 that it 
had in the base period, then it woulcf still have taken $1 to 
buy the goods that were really selling for $1.25 in* 1916. In 
other words, prices would have b^en reduced from 125 to 100. 
We can do this by dividing prices for 1916 by«h25. Similarly,. 



INDEX NUMBERS 363 

» 

if we divide the prices for 1917 (when the index number was 172) 
by 1.72, we shall be putting the prices on a basis of dollars with 
the purchasing power that dollars had in the base period. And if 
we divide each price by the index number for the same year 
(remembering that an index number is a percentage, and there¬ 
fore pointing off two places when dividing), we shall be stating 
the pricfi for each year as it would have been had the dollar 
retained a constant purchasing power equal to that which it 
had in the base period. Since the base period was the average 
of the years 1910-1914, we could call these prices “ prices in 
1910-1914 dollars” to show that we are talking about prices 
measured in a dollar which supposedly has constant purchasing 
power. It is also common to call such prices corrected prices to \ 
indicate that they have been corrected to account for changes in \ 
the value of money. A corrected price, then, is a price which has < 
been divided by the index number for the year (or other period 
that the price may represent). 

Since these are Dec. 1 prices of potatoes, it would be better 
for us to correct them with the index*numbers for Dec. 1 of the 
years given. But, since it is our purpose merely to illustrate the 
process of correction, we shall not bother to undertake a refined 
analysis of the data. 

° Table 12.8.— The Correction of Potato Prices 


Dec. 1 

Farm Price of Potatoes 
_*_ 

Actual 

In 1910-1914 
Dollars 

1916 

146 

117 

1917 

123 

71.5 

1918 

119 

62.4 

1919 

158 

78.3 

1920 

113 

50.0 

1921 

108 

75.6 

1922 

56 

39.7 

1923 

76 

51.7 

1924 

62 

43.4 

1925* 

187 

124 


We caq, then, “correct” ’the potato prices from Table 12.7, 
.page 361, by diyiding each price by the index number. Thifc 
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would give us the corrected prices. These appear in Table 12.8, 
and the original prices are given with them for purposes of com¬ 
parison. These corrected figures are intended to show the rela¬ 
tive purchasing power of potatoes in terms of other commodities, 
not merely in terms of money. They show that, although the 
price of potatoes fell somewhat between 1920 and 1921, other 
things in general fell more, so that the same quantity of'potatoes 
would buy relatively more of other things. In many economic 
problems these corrected prices are far more important than the 
actual prices. Although no index number has ever been devised 
which measures changes in the general price level with absolute 
accuracy and to the satisfaction of everyone, nevertheless correc¬ 
tion of prices by what index numbers we have is certainly much 
better than no correction at all. 

12 . 8 . The Choice of a Base Period for Index Numbers.—We 
have discovered that the base period is the period with which com¬ 
parisons are made—the period which is taken as 100 per cent and 
from which all the other index numbers are computed. One 
( can, of course, select for a base period any period he wishes. We 
could base price indices on the prices which were being paid at 
10 a.m. on Jqp. 9, 1935. Usually the base period represents the 
average values for a period of time, such as a year. Surely, if 
we are going to compare all of our index numbers with that of the. 
base period, it is important to select a base period which is “rep¬ 
resentative”—wnich is “normal” in some way. One may well 
say that no period is normal, but at lfeast one can understand what 
is meant when it is said that the prices of 1920 were “abnormal.” 
If we were computing a price index, probably we should not 
select a year such as 1920 for the base. 

In addition to choosing a base period which is “normal,” 
there are some advantages in choosing a base period which is not 
too distant. If we are interested primarily in present-day prices, 
there are some disadvantages in comparing always with the 
prices of 1890 or 1913. Here the base period is so far removed 
that there is no reason at all for considering the prices of that 
time as “normal” prices for the present. Moreover, even with¬ 
out any general movement of prices up or down, the scatter 
which would occur in the original prices by pure chance variation 
would ultimately become so great that the type bias would make 
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itself felt strongly. Hence one takes, usually, as a base period a 
“normal” period of the recent past. 

In addition there are advantages in taking as a base period 
some period which is commonly used by others who are com¬ 
puting index numbers, so that your results may be compared 
easily with theirs. Commonly used base periods are the average 
of the years 1890-1899, the year 1913, the average of the years 
1910-1914, and the year 1926. The last is at present in most 
common use. 

12.9. Link Relatives and Chain Indices.—Writers sometimes 
use a moving base for their index numbers, hoping to increase the 
accuracy of the index numbers for year-to-year comparisons. 
Although it has been shown that such index numbers give no 
increase in accuracy, but rather the reverse, 1 they do seem to 
offer some advantage when it becomes necessary to change the 
list of commodities included in the index, or to alter their weights. 
Under such circumstances the index for each year (or other time 
period) is computed with the preceding year as a base, using 
whatever price and weight data are available. Similarly the f 
index of the third year is computed with the data of the second 
year as a base, the index of the fourth year with tlje data of the 
third year as a base, etc. The index for each year is thus given 
.with the preceding year as 100. Our results might look like 
those of column 2 in the accompanying table. Our first year is 
taken %s 100, since we have no preceding year with which to 
compare it. These index numbers, computed on a moving base, 
are called link index numbers. Price relatives so computed 
would be called link relatives. 

These index numbers are related to no common base, but 
usually we wish so to relate them. We do this by “chaining” 
them together in what is called a chain index. It will be noted 
in the table that the link index for 1931 is 92; this means 92 per 
cent of the preceding year. Since the preceding year is 100, we 
have 92 X 100 = 92 (these figures all being percentages, and 
hence having decimal points before the last two digits). In 

1932 the index was 105 per cent of the preceding year, or 105 per 

• 

1 Allyn A. Young, Index Numbers, in “ Handbook of Mathematical 
Statistics,” °pp. 183-184, H. L.» Rietz, ed., Houghton Mifflin Company, 
Boston, 1924. f 
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Year 

Link Index 
Number 

Multiply by 

Chain Index 
Number 

i 

Chain Index 
(1935 - 100) 

1930 

100 


100 

103.6 

1931 

92 

100 

92 

95.3 

1932 

105 

92 

96.6 

100.1 

1933 

102 

96.6 

98.5 

102.1 

1934 

100 

98.5 

98.5 

102.1 

1935 

98 

98.5 

96.5 

100.0 

1936 

96 

96.5 

92.6 

96.0 

1937 

101 

92.6 

93.5 

96.9 

1938 

105 

93.5 

98.2 

101.8 

1939 

104 

98.2 

102.1 

105.8 


cent of 92. This gives us 96.6 for the 1932 index. The index 
for 1933 is 102 per cent of the 1932 index, or 102 per cent of 96.6. 
This gives us 98.5 for the 1933 index. Similarly we chain together 
the indices of the other years, multiplying each link index num¬ 
ber by the chain index number of the preceding year. Our 
resulting chain index is ba^ed on 1930. If we wish to use any 
year other than this first year as a base, we can easily convert, as 
has been done in the table. For example, if we prefer a 1935 
base, we can divide each chain index on the 1930 base by 96.5 
(the 1935 chain index on the original base). Thus we have the a 
figures in the last column of the table above. 

It is evident that this method of computation can be used 
even though radical changes are madte in the commodities covered 
by the index. It is necessary only that we compute our original 
links on comparable sets of data; that is, when we compute the 
link for 1932 it is necessary that we use comparable data for 
1931 and 1932. Likewise, when we compute the link for 1933 
it is necessary that our data for 1932 and 1933 be comparable. 
But it is not necessary that the data for 1932 be the same in both 
these links. 

We can summarize as follows the method of computing a chain 
index: 

1. Calculate the index for each period with*, the data of the preceding 
period as a base. 

2. Chain the links together to form a cl\ain index with the fifst period as 
100. This is done by calling the chain indfx for the first period 100 and then 
Multiplying each link by the chain index of the precediqg^period. 
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3. Shift the chain radix to the desired base by dividing each chain index 
number just found by the chain index number for the desired base period. 

12.10. Choosing a Formula for Index Numbers.—The problem 
of computing index number s is the problem of describing”a 
universe from a sample . For example, if we wish to compute an 
index number to show changes in the level of the prices of farm 
products, we cannot ordinarily include data on all agricultural 
transactions. We shall be forced to base our index number on the 
prices of only a part of the possible commodities, and even in the 
cases of the commodities included we shall have price quotations 
on only a few of the actual transactions. But we hope that the 
price movements registered by the commodities and transactions 
chosen will be typical of the movements of all farm prices. 

We have already seen that some methods of computing index 
numbers will introduce bias into our results—that the method of 
computation itself will make the index number increase or 
decrease in size even though the general level of the prices them¬ 
selves has not changed. Mere increases or decreases in the 
dispersion of these prices will affect the size of the index number 

In order to eliminate or minimize the various types of bias that 
may arise, we find that many more or less complicate^! refinements 
have been introduced in index-number computation or suggested 
in index-number theory. Some of the suggestions are in them¬ 
selves so intricate and time-consu ming that they are never 
applied in practice. The workaday statistician is likelytoforego 
the time and labor involved 1 unless the size of the correction is 
considerable. 

Professor Irving Fisher has made a careful study of various 
proposals for computing index numbers 1 and has suggested 
various tests to be applied to any formula to indicate whether or 
not it is satisfactory. The two most important of these he calls 
the time-reversal test and the factor-reversal test . If an index 
number is to meet the time-reversal test it must be so computed 
that the index number for any year X to the base year Y is the 
reciprocal of the index number for the year Y to the base year X . 
An index number meets the factor-reversal test if a price index 
and a quantity index computed from the same data will yield, 
when multiplied together, the value index derived from the same 

1 Irvinq t FiSHER, “The Making of Index Numbers,” Houghton Mifflin 1 
Company, Boston, 1922. 
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data. This test likewise requires that the'prices and quantities 
may be interchanged without invalidating the test. 

In attempting to meet these tests and others which have been 
suggested, various statisticians have suggested a multitude of 
formulas. Most of these are much more complicated than the 
methods we have illustrated in this elementary text. We can, 
however, illustrate their complexity and their general nature 
best by giving one or two of the formulas which seem best adapted 
in theory to meet the tests. 

If we let the price of a commodity in the base year be repre¬ 
sented by p 0 , while the price in any other given year is p t .; and if 
we let the weight m the base year be q 0 and in the given year 
Fisher conclude? that the “ideal” index number would be found 
by means of this formula: 



Another formula, the results of which are in practice almost 
identical with those of the “ideal” formula, is the aggregative 
formula of Marshall and Eclgeworth, which follows: 


Index = 


S(g, + Qi)Pi 
2(Qo + qdPo 


The computations involved with this formula are much simpler* 
and shorter thap those with the ideal formula, and the slight 
difference in results would seldom paake the application*of the 
“ideal” formula worth while. 

It is . evident that the simple methods discussed earlier in this 
chapter can all be described by means of formulas. For example, 
the simple arithmetic mean of relatives is found thus: 


Index = 



The simple aggregative index number would be 

Index = 

. 2Po 4 

12.11. Selection of Basic Data. —It will be recalled 1 that the 
reliability of an arithmetic mean varies, not in proportion to 
• x See Sec. 9.2, p. 239. 
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the number of cases on which it is based, but in proportion to the 
square root of that number. Since an index number is a sort of 
average, showing the typical movement among a whole class of 
cases, we should remember that its reliability, too, can be expected 
to vary roughly with the square root of the number of items on 
which the index is based if these items are of equal importance. 
Usually, however, it is possible to pick out some items that are far 
more important than others, and if we choose them first and give 
them proper weight, we soon come to a point where the remaining 
items are unimportant enough and the cost of collecting them 
great enough so that we are warranted in neglecting them. While 
some indices in actual practical use are based on data concerning 
several hundred commodities, 1 if the items selected are judiciously 
chosen it should be possible to compute a worth-while index on a 
relatively small number. 

Troublesome always in selection of basic data is the problem of 
getting quotations that are comparable. Even with simple 
staples, it is difficult to compare the packaged butter or flour of 
today with the bulk commodities df a half-century ago. Thf 
problem becomes more difficult still when we are forced to deal 
with nonstandardized things such as women’s dresses or entertain¬ 
ment, either one of which might well be included in an index of 
• the cost of living. And when we come to commodities which may 
now be important but which formerly were nol^used at all, such 
as radfos, the problem becomes very difficult indeed. No general 
rules can be laid down for such cases, and again it is necessary to 
emphasize the fact that good statistical work is largely non- 
mathematical in character, involving the use of good judgment by 
someone who is thoroughly familiar with the facts in his own field 
as well as with the technical statistical procedures. 

12.12. Suggestions for Further Reading.—The student who wishes to go 
further in the field of index numbers will find Irving Fisher’s, “The Making 
of Index Numbers,” Houghton Mifflin Company, Boston, 1922, required 
reading. It is voluminous, but it is simply and understandably written, 
and is probably the outstanding book in this field. For a short but very 
satisfactory treatment, see William L. Crum and Alsou* C. Patton, “An 
Introduction to the Methods of Economic Statistics,” Chaps. XVIII and 

XIX, McGraw-Hill Book Company, Inc., New York, 1925. Willford I. 

• 

1 Perhaps the most useful of tfll indices published is the index number of* 
the wholesale prices of “all” commodities, published by the U.S. Bureau of 
Labor Statistics/ # This index is based on over 800 commodities. 
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King, ** Index Numbers Elucidated/’ Longmans, Green and Company, New 
York, 1930, is a valuable small book on the subject. King does not agree 
with Fisher’s ideas on the subject of an “ideal” index number, concluding 
that the formula which is “best” depends on the problem at hand rather 
than on mathematical considerations. A useful description of a few of the 
leading current index numbers, followed by a very brief description of 45 such 
current published indices, may be found in Frederick E. Croxton and Dudley 
J. Cowden, “Practical Business Statistics,” Chap. XVIII, Pren*ticc-Hall, 
Inc., New York, 1934. Allyn A. Young’s chapter on Index Numbers which 
appears as Chap. XII of the “Handbook of Mathematical Statistics,” 
edited by Henry L. Rietz, Houghton Mifflin Company, Boston, 1924, is very 
short and very good. 

% 

EXERCISES 

1. Check the computation of the indices given on page 353, showing your 
methods. 

2 . How would you go about the process of computing the weighted har¬ 
monic mean of the relatives from which we computed the weighted geometric 
mean on page 356? 

3 . On pages 359-360 is described the computation of an “index of health¬ 

fulness.” Suppose that in 1922 the infant mortality rate was 95, the school 
attendance was 99 per cent of maximum, and 80 per cent of the dwellings 
enjoyed modem plumbing. Compute the weighted average index of health¬ 
fulness for 1922 to compare with that computed in the text for 1921 (see 
page 360). * 

4 . Using the fictitious commodities of the example that begins on page 351, 
suppose that the prices of our five commodites in 1936 are 

r A $1.20 

B 0.<45 * 

C 0.70 

D 0.95 

E 1.00 

Compute the weighted arithmetic average index number for 1936 to compare 
with that computed for 1935 on page 356. Compute the weighted geo¬ 
metric average index number for 1936 to compare with that for 1935 com¬ 
puted on page 357. % 

6 . In 1935 the index number of the wholesale price of all commodities 
was 117, while the index number of the cost of living in the United States 
was 140. Both numbers are from publications of the U.S. Department of 
Labor, and both are on a basis of the average figures for the years 1910 
through 1914 (thfh't is, 1910-1914 = 100). Compare the two figures, and 
comment. * f 

6. We hear a good deal about the virtues of a “random sample.” If you 
* jvere selecting items to be included in the computation of an inclex number, 
would you select items at random, or would you select them according to a 
plan? In either case, why? * * 
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7 . To illustrate how index numbers can be used in fields other than 
economics and business, outline the items that you would include in an 
index number to be used for comparing the scholastic standings of various 
colleges and universities. Select things that canibe numerically expressed. 

8. Give what you think are approximately correct weights to the items 
that you have enumerated in the preceding exercise. 

9. When comparing nontemporal phenomena, as in Exercise 7 above, 
there is no “base period.” How would you select the base for your index 
number in such a case? 

10 . Table 12.9 gives the United States production of petroleum, Pennsyl¬ 
vania anthracite coal, bituminous coal, and coke for the years 1930 through 
1939. The value of the outputs of the four fuels in millions of dollars in 
1939 was 1 


Petroleum. $1265 

Anthracite. •... 187 

Bituminous... 733 

Coke. 213 


Compute a weighted index number of the volume of fuel production in the 
United States for each of these 10 years, using the values as weights and using 
an arithmetic average of the relatives. Use 1935 as a base. 


Table 12.9.— United States Output o # 1 Certain Fuels, 1930-1939 


Year 

Petroleum 
(millions 
of barrels) 

Anthracite 
(millions 
of tons) 

Bituminous 
(millions * 
of tons) 

Coke 
(millions 
of tons) 

i 

1930 

898 

69.4 

468 

48.0 

im 

851 

59.6 

382 * 

33.5 

1932 

785 

• 49.9 

310 

21.8 

1933 

906 

49.5 

334 

27.6 

1934 

908 

57.2 

359 

31.8 

1935 

997 

52.2 

372 

35.1 

1936 

1100 

54.6 

439 

46.3 

1937 

1279 

51.9 

446 

52.4 

1938 

1214 

46.1 

349 

32.5 

1939 

1264 

51.5 

393 

44.3 


L All data for this exercise from “World Almanac,” 1941, pp. 601-602. 
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13.1. The Nature of Relationship.—Any study of the nature of 
relationship or causation raises philosophical problems which are 
far too abstruse for discussion here. It seems to be true that no 
one knows very t clearly what is meant by the statement that one 
thing “caused” another thing. Yet for the purposes of everyday 
life there is enough meaning to the statement so that it helps men 
in their thinking, and gives them a convenient method of dodging 
the philosophical problems involved by means of an elliptical 
expression. * 

When we say that two things are “related,” we may mean that 
•the connection between them is very definite and unchangeable, 
or we may intend merely to call attention to some sort of loose 
connection between the two. For example, we say that the 
circumference and the radius of a circle are related. Here the 
relationship is definite and unalterable, and can be expressed by* 
means of the mathematical equation 

c = 2w r 


For any given radius there is one and only one circumference, and 
this relationship of r to c remains the same century after century 
without end. Suppose, however, we say that the price of pota¬ 
toes and the quantity produced are related, or that a child's age 
and height are related. The connection in this case % is by no 
means so sharply defined. It is not true that for each child age 
there is one height and only one. Children of the same age vary 
in height. Similarly potato prices are not always equal for crops 
of equal # size. 

Let us take another case which is somewhat more complicated. 
If we study the period of the pendulujn, we discover that there is a 
l ' relationship between the length of the pendulum and its period. 
if we let t represent the time of the vibration, l the length of the • 
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pendulum, and g the attraction of gravity, the relationship can be 
expressed by the formula 

Now it will be noticed that there is no single period of oscillation 
which will occur with every pendulum of a given length. We can¬ 
not say that for each and every length of pendulum there is one 
and only one period of oscillation. As long as there are varia¬ 
tions in the attraction of gravity we may get changes in the period 
of oscillation of a pendulum without changes in length. When we 
say, then, that there is a relationship between the length of the 
pendulum and its period, we do not mean that thg relationship is a 
simple one. We do not mean that one can tell the exact period • 
from a knowledge of the length, ^nd when we say that there is a 
relationship between a child’s age and his height, we likewise 
do not mean that a knowledge of the age will make it possible for 
us to tell the exact height of the individual. There are, of course, 
other factors which are related to height (just as there was the* 
additional factor of gravity also involved in the swinging of the 
pendulum), and it is possible that, if we knew then; all and knew 
the facts with regard to their interrelationships, we could tell the 
.exact height of the child)just as we can tell the exact period of 
the pendulum if enough data are given. Some men assume that 
all facis are so related that if we knew enough about them we 
could explain them all by methods as satisfactory as those used 
to explain the swinging of the pendulum. 

In most statistical problems there are many variables, and the 
exact relationships which exist between them are unknown. We 
have no formulas from which we can give a complete mathemati¬ 
cal statement of the problem. As we saw in Chap. I, the statisti¬ 
cian commonly deals with problems in which there are many 
things varying at once, and where it is impossible on account of 
the nature of the data to hold forces constant, f Hence relation¬ 
ships cannot ordinarily be 6 tated so simply or so satisfactorily as 
can the relationship between the radius and the diVcumference of 
a circle. 4 % 

What, then, do we mean when we say that there is a “ relation¬ 
ship ” between the height an4 the age of children? We may mean* 
. any one of a number of things. We may mean, for example, that 
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the average height increases (or decreases) with age, so that if we 
divide children into groups according to age we shall find changes 
in the average height accompanying changes in the age. We may 
mean that the dispersion of heights differs with age, so that the 
heights are more widely scattered at some ages than at others. 
We may mean that there are differences in skewness or kurtosis 
of the height distributions at different ages. If the frequency 
distributions of heights vary (more than they would vary as the 
result of chance) from one age to another, we should say that the 
ages and the heights are related. 

This principle can be stated to advantage in a somewhat differ¬ 
ent way. To be sure, the knowledge of a child's age does not 
make it possible‘to estimate his height exactly. But does it help 
at all in estimating the height? Suppose that you have the 
problem of guessing the height of an unknown child; would it help 
you at all to be told that the youngster is two years old? This 
knowledge would not make it possible for you to tell the exact 
height, but it would make it possible for you to estimate the 
height with less error than Vould otherwise exist in your answer. 
r Jn such cases, where a knowledge of the value of one variable 
helps us in estimating the value of another variable, we say that 
the two variables are “related." This does not mean that one of 
them “causes” the other, but merely that the knowledge of the« 
.value of one is a$ aid to us in estimating the value of the other.) 
Suppose that you have the problem of estimating thd price 
which will be paid for potatoes at retail in New York City next 
fall. You know the following facts: 

1. Easter of the year in question falls on Apr. 4. 

2. The Philadelphia Athletics have a team batting average of 0.231 on 
July 17 of the year in question. 

3. The quantity of potatoes harvested in the United States in the year 

in question is 400 million bushels. v 

4. The price of rice is lower than it has been for 50 years. 

Which of these facts will you consider when making your esti¬ 
mates? It is probable that you will give no weight at all to 
either of,the first two. That will mean that in your opinion 
the price of potatoes is not related to the date on which Easter 
falls or to the team batting average of, the Athletics. It’ may well 
*be that you will consider the other? two facts in making your 
estimate. This will mean that you think that theife is some rela- • 
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tionship between the price of potatoes on the one hand and the 
size of the crop and the prices of other sources of carbohydrate 
food on the other hand. If you can make a better estimate of 
potato prices by considering any certain factor than you could 
without considering it, then that factor is related to the price of 
potatoes. That is all that is meant by “relationship” as the word 
is used here, and statistical investigations can determine no more. 
No statistical process can demonstrate cause and effect, but there 
are statistical processes, which we shall now consider, that show 
whether or not it is worth while to consider certain particular 
factors in making estimates of others. 

13.2. Simple Methods of Finding Relationships.'—In our dis¬ 
cussion of the nature of relationships we suggested that if children 
were classified by age, and if the average height were computed 
for each class, we could then see whether or not there were varia¬ 
tions in the average heights at the different ages and thus infer 
something as to the existence or nonexistence of relationships. 
This is one of the simplest, easiest, oldest, and most satisfactory 
ways of discovering relationships and, of presenting evidence as to 
the nature thereof. The common tables of height and weight are 
computed on such a basis. But the method can be applied in any 
field, and is usually one of the first methods used by a statistician 
who is investigating relationships of any kind. We can illustrate 
with Table 13.1, which shows the average income of Connecticut 
farmer growing Havana Seed tobacco in 1926 divided into classes 

according to their expenditures for fertilizer per acre. 1 This table 

% 

Table 13.1.—Relationship or Fertilizer Cost and Income on 
Connecticut Tobacco Farms, 1926 


Fertilizer Cost per Acre 

Average 

Income 

ITiTrlfir $50. 

$1092 

$ 51-$ 75. 

1464 

76- 100. 

953 

101- 125. 

660 

Over $125... 

92 


• 


expense per acre rose. Tfhey give evidence of relationship 
1 C. I. Hendrickson, Tobaccvo Farm Organization, Storrs Agriculturat 
Experiment Stali&\ Bulletin 165, p. 133. 
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between the size of net income and the per-acre cost of fertilizer. 
The interested statistician could now analyze his data further to 
determine, if possible, the degree of the relationship. 

In 1916 the United States Public Health Service made a study 
in seven South Carolina cotton-mill villages, and as a part of the 
study they investigated the relationship between the size of the 
family income per person and the amount of sickness in the family. 
Counting only cases of disabling sickness, and stating the figures 
in rates per 1000 people, they found the following sickness rates 
at various income levels (see Table 13.2). 1 These figures indicate 

Table 13.2.— Relation of Sickness to Income, South Carolina, 1916 


«. 

Half-monthly Income per Adult Male 

1 

Sickness 
Rate per 
1000 
Persons 

Less than $6.. 

70.1 

$6-$7.99. 

48.2 

g- 9.99... 

34.4 

10 and over. 

18.5 




that there is a relationship between income and sickness, although 
they do not show whether the people were sick because of priva-. 
tions resulting from small incomes, or whether their incomes were 
small because they were sick and hence not working regularly. 
In other words, nothing is shown Us to cause and effect, but 
evidence is presented that a relationship exists. 

One more illustration will suffice to show the nature of this 
method and the wide range of its applicability. Table 13.3 shows 
the average cost per mile of operating automobiles in relation to 
their value. The figures are based on a study of 910 automobiles 
used on New York State farms. 2 Here again there seems to be 
evidence of a definite relationship. One could, presumably, 
make a better estimate of the cost of operating a car for a mile if 

he knew the value of the car than if he did not. 

»•* 

1 Quoted by Douglas, Hitchcock, and Atkins in their “Worker in 
Modem Economic Society,*' p. 318, University of Chicago, Press, Chicago, 
1925. 

€ * J. M. Bannbrman, Economic Study of 941 Automobiles on JSTew York 
State Farms, Farm Economics, Cornell University, June,^X991, p. 1565, 
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In order to show the difference in the results, let us examine a 
case in which computation of averages for the data when classified 
into groups gave no evidence of relationship. In the study of the 

Table 13.3.— Relation of Cost of Operation to Value of Automobile 


Value of Automobile 

t 

Cost per 
Mile (cents) 

$ 0-$ 94. 

3.62 

95- 394.. 

4.5R 

395- 694. 


S95- 994. 

6.22 

995- 1294. 

7.67 

1295 and over. 

,» 11.35 




use of automobiles on New York State farms which we have just 
mentioned, figures of Table 13.4 are given showing the distance 
cars were driven per year in relationship to the distance that the 
owner lived from a paved road. 1 

Table 13.4.— Relation of Season's Mileage of Automobile to # 
Distance from Hard Road 


Miles to Hard Road 

Season's 

Mileage 

0. 

4385 

OJl-O.9. ' 

4152 

1.0 and more.*.. 

4342 



Mere differences in the averages of groups give no conclusive 
evidence of the existence of relationship. As we have discovered 
in an earlier chapter (pages 250 ff.), it would be advisable in such 
cases to compute the standard deviations within the groups and 
then the standard errors of the differences in the means of the 
groups. Our results would then be far more significant. 

One must not get the impression from the examples which have 
been used that it is necessary for the group averages to increase 
or decrease regularly and continuously throughout the table 
before we can draw tho conclusion that a relationship exists. 
Examine Table 13.5, in which couples are classified according to 
the length of their married life, and in which for each group the 

1 Bannerman, cit. f p. 1565. * 

. * 
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number of divorces per 100 married population has been com¬ 
puted. 1 This table seems to show that the divorce rate rises for 
the first few years and then falls. But this fact would not deter 
one from using a knowledge of the length of married life in esti¬ 
mating the likelihood of divorce. The relationship merely turns 
out to be curvilinear. If the averages differ by a fixed amount, so 

o 

Table 13.5.—-Relation op Divorce Rate to Length op Married Life 


Years of 
Married 
Life 

Divorces per 
100 Married 
Population 

1 

0.70 

2 

1.20 

3 

1.32 

4 

1.32 

5 

1.27 

6 

1.10' 

7 

1.00 

3 

0.97 

9 

0.84 

10 

0.67 


that when graphed they would fall along a straight line or approx¬ 
imately so, we say that the relationship between the variables is 
If the averages when plotted would fall along a smooth 
curve, or approximately so, we Say that the relationship is 
curvilinear . And if the averages when plotted do not seem to 
fall along any curve whatever, we say that there is no evidence of 
xelationship between the variables. 

This method of discovering relationship by a comparison of 
group averages is exceedingly useful. Whenever the statistician 
is beginning to study a problem and is investigating the relation¬ 
ships involved, he is likely to use this method first of all. It 
tells him whether or not it is worth while to proceed with more 
complicated methods, and gives him a basis for selecting the type 
of method to* 'use. It has the advantage that the results are 

1 This is the first part of a long table in A. Cahen, “Statistical Analysis of 
Divorce,” p. 120, Columbia University ♦ Press, New York, 1932. In the 
^original the entries continue to 30 years, and the divorce ratea continue to 
decrease throughout the remainder of the table. , * 
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readily understood even by the uninitiated and that the computa¬ 
tion is short and easy. 

13.3. The Scatter Diagram. —We turn now to a second simple 
method for studying relationships, less common than the one just 
mentioned, but, nevertheless, a very helpful tool. This is the 
method pf plotting the data on a scatter diagram, or scattergrq/m , in 
order that one may see the relationship. It is a graphic method, 
making its appeal to the eye. 

On Jan. 26, 1918, records were made of the temperatures of the 
skin on the right and left hands of 10 men. The temperatures for 
each man in degrees centigrade are given in Table 13.6. 1 Is there 

Table 13.6.— Skin Temperatures on Each Hani> of Ten Men 


Man 

Number 

Temperature of 

Right 

Hand 

Left 

Hand 

1 

25.9 

. 25.4 

2 

32.3 

32.2 

3 

26.4 

25.5 

4 

32.6 

31.3 

5 

32.7 

33.5 

6 

24.6 

25.7 

7 

32.4 

32.3 

8 

25.5 

25.1 

9 

• 28.6 

27.7 

10 

30.0 ! 

29.7 


any relationship between the temperature of the right hand and 
that of the left? We can tell roughly if we plot these data on 
cross-section paper, letting the horizontal axis represent the scale 
of right-hand temperatures and the vertical axis ^the scale of 
left-hand ‘temperatures. First we lay off the scales, noting that 
the right-hand temperatures vary from 24.6 to 32.7 and the left- 
hand temperatures from 25.1 to 33.5. We then locate on the 
chart a point for each man, letting its abscissa (hprizontal posi¬ 
tion) represent the temperature of the man’s right hand, and 
its ordinate (height) represent the temperature of his left hand. 
There will/'then, be as manji points as there are men, and each 

1 F. G. Benedict, et al HumaA Vitality and Efficiency under Prolonged? 
•Restricted Diet, Cafnegie Institution of Washington Publication 280, p. 250. 
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point will represent a combination of right-hand temperature and 
left-hand temperature. This procedure gives us Fig. 13.1. The 
dot which appears toward the right and nearest the top is the dot 
representing man number 5, whose left-hand temperature was 
highest. Each of the other dots represents one man. 

Now the noticeable feature about these dots on the* scatter- 
gram is that they seem to be arranged in a band running from the 
lower left of the diagram to the upper right. They are not placed 



• Temperature of Right Hand- Degrees Centigrade 

Fig. 13.1.—Scatter diagram of skin temperatures on right and left hands of ten 
men. Data from page 379. 

haphazardly on the paper, as they would be if they had been 
shaken out of a saltcellar. It becomes evident that whenever the 
temperature of the right hand was high (as would be shown by a 
position toward the right in the diagram) the temperature of the 
left hand tended to be high also (as is shown by a positiQn toward 
the top of the chart). If after looking at the diagram you were 
asked to guess at the left-hand temperature of a man whose right- 
hand temperature was 29°C., you would not neglect the right-, 
hand temperature in making your estimate. In fact, you would 
probably estimate his left-hand temperature at about 28°C. or a 
little higher. 1 

1 The student should note that, although the left-hand temperature and 
the right-hand temperature are related (that is, a knowledge of the tempera¬ 
ture of one hand helps us to estimate the temperature*of the oth$r hand)," 
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We have records made the same day of the strength of grip in 
the right hand of these same men, measured in kilograms. The 
figures are given in Table 13.7. 1 Let us plot a new scatter 

Table 13.7.— Strength op Grip op Ten Men 


Man 

Number 

Strength 
of Grip 
(kilograms) 

1 

52.7 

2 

52.1 

3 

55.7 

4 

51.2 

5 

52.4 

6 

45.0 

7 

44.0 

8 

43.1 

9 

48.9 

10 

45.5 


diagram with the right-hand temperatures still as abscissas butt 
with the strengths of grip as ordinates (see Fig. 13.2). Here there 
seems to be no plan at all in the arrangement of the dots; they 
seem to be scattered quite by chance. If you were asked to esti¬ 
mate the strength of grip of a man whose right-hand temperature 
is 25.5, what strength of grip would you select?^ You would get 
no helpfrom the scatter diagram, except that it would tell you the 
approximate range of strengths of grip. You would have to 
guess that the unknown man had an average strength of grip, 
unless you could get some further information about him. The 
fact that you knew his hand temperature would be of no help to 
you. 

We see, then, that, when the points on a scatter diagram fall 
along a definite band, there is evidence that relationship exists 


we do not conclude that the right-hand temperature is caused by the left-hand 
temperature, or vice versa. In other words, when we say that the two things 
are related we do not imply any direct causal connection between them. 
In the present case it is altogether likely that each of the temperatures is the 
result of some common outside cause or group of causes. One would have 
to come to conclusions with regard to cause and effect QU other than statistic 
<ial ground^ , 

1 Benedict et a>. f ,op. cU n p. 583, 



382 


ELEMENTS OF STATISTICAL METHOD 


between the variables. Under such circumstances the most 
likely value of one variable depends on the value of the other 
variable, as the most likely height of a child depends on (or varies 
with) his age and the most likely temperature of the left hand 
varies with the temperature of the right hand. The two variables 
change together. It may be that when one rises the other rises, 
as in the case of hand temperatures. It may be that \Jhen one 
rises the other falls, as we discovered in the relationship between 
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Fia. 13.2.—Skin temperatures and strengths of grip of ten men, showing practical 
absence of relationship. 

• 

income and sickness rates. In the former case we should say 
. that the relationship is positive or direct. In the latter ease we 
' should say that the relationship is negative or inverse . And in 
either case we should say that there is covariance (since the values 
\ of the two variables tend to vary <tpgether) or correlation (since 
I there seems to be some relationship between the variables). 1 
] If, then, we say that there is positive correlation between two 
variables, we mean. 

1. A knowledge of the value of one is helpful if we wish to estimate the 
value of the other. This is correlation. 

2. Large values of the one tend to be associated with large values of the 

other, and small values with small values. This makes the correlation 
positive. t*» 

If we say th$t there is a negative correlation bej|veen two varia¬ 
bles, we mean that large values of the one tend to b<? associated 
' with small values of the other. A positive correlation^ shows no 
greater and no less relatiqnship than a negative correlation. The b 
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adjectives “positive” and “negative” refer to the direction of the 
relationship, not the degree of relationship. 

13.4. The Regression Line. —We have seen that the scatter 
diagram which shows the relationship of right-hand temperature 
to left-hand temperature would be helpful when we are estimating 
the one from the other. Suppose we know that a man’s right- 
hand temperature is 31.5°C. and we wish to estimate his left-hand 
temperature. We look at the scatter diagram and try to get 
an idea of the way in which left-hand temperature varies as we 
change right-hand temperature. We let our eye run along the 
band of dots and make mental note of the point at which "the 
band seems to cross the vertical line representing a'right-hand 
temperature of 31.5°C. We may even draw a line on the diagram 
to aid us in our computation. If we think that the relationship 
pictured can be described adequately by a straight line, we may 
draw a line through the data, trying its position first by stretching 
a string across the scatter diagram. We might even follow the 
method suggested for drawing the freehand trend (see page 277), 
that of computing the two averages* and having the line pass* 
through the point of the two averages. Reference to the table 
on page 379 shows that the average right-hand tenfperature was 
29.1°C. and that the average left-hand temperature was 28.8°C. 
We could locate on the scatter diagram the point that represents 
a tight-hand temperature of 29.1°C. and a left-hand temperature 
of 28.8 < X). and pass our freehand line through this point. Figure 
13.3 shows such a freehand line passed through the data. With 
the aid of such a diagram the work of estimating is, of course, 
much quicker. 

We could, of course, determine the equation of this freehand 
estimating line if we wished by the methods outlined under the 
description of fitting trends by selected points (see page 278). 
This woufd involve the selection of two points on the freehand 
line of estimate. Let us call the variable which is represented 
on the horizontal scale (right-hand temperature) X, and the 
variable that is represented vertically (left-hand, ^temperature) 

It. In statistical work i^ is always customary to let the .tetter X 
represent the horizontal scale and to call the variable there 
represented the independent variable , while Y always stands for the 9 
variable which is represented on the vertical scale, and it is called. 
the dependent variable. In this &ase, then, X = right-hand 
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temperature = the independent variable, and Y = left-hand 
temperature = the dependent variable. If we are trying to 
estimate the value of one variable from that of another, the one 
we are trying to estimate is always the dependent and is always 
placed on the vertical scale, while the one on which we are trying 
to base our estimates is always the independent and js always 
placed on the horizontal scale. 



_l • i I l i 1_i_I-1 

24 25 26 27 28 29 30 31 32 33 


Temperature of Right Hand - Degrees Centigrade 
Flo. 13.3.—Freehand regression line describing the relationship of hand tem 


tures. f 



Suppose we select the points on the freehand estimating line 
which correspond to right-hand temperatures of 25 and 32°C. 
We let X = 25 in one case and X = 32 in the other. We note 
the values of Y at these points on the estimating line, and see 
that when X = 25, Y = 25.8; and when X = 32, Y = 31.8. 
Our pairs of values are, then, 

> 

X - 25 X « 32 . 

Y = 25.8 Y = 31.8 

II , 

We su&stitutie these two pairs of values in the equation for a 
straight line. (Y = a + bX) and get 

25.8 = 0 + 255 

31.8 = a + 325 
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Solving these two observation equations simultaneously, we have 
the following values of a and b : 

a = +4.37 
b = +0.857 

These values are then substituted in the type equation to give the 
equation of this particular straight line, which is 

Y = 4.37 + 0.857X 

These valuestell us that when the right hand has a temperature 
of 0°C. the left hand will have a temperature of 4.37°C., and 
that for each 1° rise in the temperature of the right hand the left- 
hand temperature will rise 0.857°. tlhus we see that the methods 
we met when studying historical series and the fitting of trends 
are likewise applicable in describing the relationship between two 
variables when neither of the variables is time. 1 
When we have a case such as this one^ where we fit a line to a § 
scatter diagram in an attempt to describe the relationship between 
two variables, we call the line a regression line and.the equation 
which describes it a regression equation.) The line was so named 
by a great English statistician, Francis Galton. He was very 
tf^h interested in studies of inheritance, and one of his pioneer- 
stupes in the field of correlation was a study of the relation¬ 
ship between the heights of fathers and the heights of their sons. 
He found that tall fathers tended on the average to have tall sons, 
but that on the average the sons did not tend to differ from the 
mean by so much as their fathers. Hence he came to speak about 
the tendency for sons’ heights to " regress” toward the mean, and 
x he line which pictured the relationship of the heights of fathers 
and sons he called the regression line. 

13.6. Least-squares Regression Lines. —The regression line 
which we have just fitted to describe the relationship of the tem¬ 
peratures of the hands is open to the same criticism that we made 
of the freehand trend fitted to historical data. No two people 
would draw exactly the same line, and moreover it can be shown 
that, if the scatter around the line is a chance affair, with the 
residuals from the line in a*normal distribution, there is one 1 
straight line which is more likely to be the line of true relationship ’ 
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than any other. have discovered already that this is the line 
the sum of the squared deviations from which is a minimum. 1 

We have discovered that one can minimize the sum of the 
squared vertical deviations by fitting a line whose equation con¬ 
tains values of a and b found by solving two normal equations. 
We have demonstrated the fact 2 that, if the values of a and b are 
determined by solving these two normal equations, thdfee values 
will give a straight line the sum of the squared deviations from 
which will be less than the sum of those from any other straight 
line. These equations are 

^ Na + b ?X = 2T 

a2X + 62X 2 = ZXY 

Let us compute these values for the problem of hand temperatures 
and determine the best-fitting straight line. We can organize the 
work as in Table 13.8. The last column we might omit for our 


Table 13.8.— Computation op Linear Regression Line, Temperatures 
of Rigcit and Left Hands 


Right-hand 

Temperature 

(X) 

Left-hand 

1 Temperature 

on 

(NY) 

(X*) 

(F») 

25.9 

e 25.4 

657.86 

670.81 

645.16, ." 

32.3 

32.2 

1040.06 

1043.29 

1Q36.84 

26.4 

25.5 

673.2G 

696.96 

650.25 

32.6 

31.3 

1020.38 

1062.76 | 

979.69 

32.7 

33.5 

1095.45 

1069.29 

1122.25 

24.6 

25.7 

632.22 

605.16 

660.49 

32.4 

32.3 

1046.52 

1049.76 

1043 29 

25.5 

25.1 

640.05 

650.25 

630.01 

28.6 

27.7 

792.22 

817.96 

767.29 

30.0 

29.7 

891.00 

900.00 

882.09 

• 

291.0 

288.4 

8488.96 

85Q6.24 

8417.36 


present purposes, but we shall need it later, and it is customary 
to com'pute it while we are computing#,the regression constants. 

1 It may pay the student at this point «to review the statement relative to 
t least squares which was made on pp. 29JJf. , 

* See p. 296n. # * 
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For the moment we shall neglect it. We note that we now have 
the following values: 

N — 10 (the 10 pairs of values) 

SZ = 291.0 SF = 288.4 

2X 2 = 8566.24 . 2(XF) = 8488.96 

If we substitute these values in our normal equations, they 
become 

10a + 291.06 = 288.4 
291.0a + 8566.246 = 8488.96 

Solving these two equations simultaneously for a and 6, we have 

a = +0.235 
6 = +0.983 

Substituting these values in our type e quation f Qr a straight, line < 
(y = a + bX), we get the equation of the straight line which 
best fits the points on our scatter diagram. It is 

Y = 0.235 + 0.<583X 

This is the regression equation, and the value of b (which is here 
equal to 0.983) is called the regression coefficient or the coefficient 
of regression . The value of a tells us that, when the right-hand 
temperature is 0, the left-hand temperature will be 0.235°C. 
The regression coefficient tells us that each increase of 1° in the 
temperature of the right hand*will be accompanied by an increase 
of 0.983°C. in the temperature of the left hand. \ In other words, 
the regression coefficient tells us the number of units of change in 
the dependent variable which will accompany a change of one 
unit in the independent variable.) 

As we have seen, one can choose the dependent and the inde¬ 
pendent variables to suit oneself. If we wished we could estimate 
rightrhand temperatures from the left-hand temperatures. We 
should not do this, however, with the same equation. It would 
be necessary to go back to our original data and compute another 
regression equation in which the left-hand temperatures were 
independent and the right-hand Jjfemperatures dependent. This 
would give ys a new equation with a different value of 6. To 
distinguish between the two regression coefficients we call the one 
computed above> cf (when Y was the dependent variable) the 
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regression of Y on X and denote it by the symbol b vx . The regres¬ 
sion of X on Y (used when we are estimating values of X from 
values of Y) is denoted by 6*y. Thus the letter b stands for the 
regression coefficient, and when it is followed by subscripts the 
first subscript always denotes the dependent variable. 

* The values of b yx and b^ will not usually be the same. e The two 
regression lines will not ordinarily coincide. In fact, they will 
coincide only if all the points on the scatter diagram fall on the 



« Temperature of Right Hand - Degrees Centigrade 

Fio. 13.4.—Relationship of temperature of left hand to temperatufb of right 
hand, as shown by the least-Squares regression line. 

line. (They coincide only if we have what we shall later come to 
call “perfect correlation.”) 

If we wish now to estimate the temperature of the left hand of a 
man whose right-hand temperature is 32°C., we go about it by 
substituting 32 for X in the regression equation and solving. 
Thus 

Y = 0.235 + 0.983(32) « 31.691 

I 

We round this off to 31.7°C. and say that when the right-hand 
temperature is 32°C. we expect^ left-hand temperature of 31.7°C. 
We can, of course, draw this regression line on our scatter diagram 
. by locating a point near each end and connecting these points by a 
. straight line. We have already located one point, which would 
1 be at X = 32 and Y — 31.7. We could now* Estimate the left? 
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hand temperature (F) for a right-hand temperature of, say, 25°C. , 
We find the estimated value of F is 25.8. We can now locate this 
point on the scatter diagram and connect the two estimated 
points by a straight line. This will show us graphically the loca¬ 
tion of the regression line, and we can now estimate by means of 
the graph or by means of the equation as we choose (see Fig. 13.4). 

13.6. firrors of Estimate.—We have said that if we wish to esti¬ 
mate the temperature of a man’s left hand it will help us to know 
the temperature of his right hand. How much will this help us? 
How much more accurate will our estimates be if they are made 
from the regression equation than if they are made without it? 
The answer is very simple, and depends on methods which we 
have already covered. If we can compute the^amount of each 
error we should make in estimating the values from the regression 
equation, it is easy to determine the scatter or spread of the errors 
by computing their standard deviation. If we can also compute 
the amount of the errors we should make without using the regres¬ 
sion equation, we can find the standard deviation of these errors. 

(A comparison of the two standard deviations will tell us whether * 
the errors are smaller when we estimate by the regression equa¬ 
tion than they are when we do not. 1 * 

First suppose that you had no regression equation or you did 
not know the man’s right-hand temperature, and that you were 
asked to estimate the left-hand temperature. Wfrat figure would 
you give as your estimate? Surely you would not make an 
estimate of 100°C. or of 5°C. In fact, in the absence of other 
information, your best chance would be to estimate an average 
left-hand temperature, that is, a temperature of 28.8°C. As was 
pointed out in Exercise 13, page 321, the_sum of the squared 
d eviatio ns from, the mean is small er th an fro m an y other value, so 
that the dispersion will be less when measured around the mean 
than when* measured in any other way. {For this reason if you 
have to estimate a, man’s -left-hand temperature without any 
knowledge of other correlated factors, your best possible estimate 
is the mean of left-hand temperatures. 1 ^ 

1 We can easily show that tile sum of the squared deviations is a minimum 
when taken about the mean—that the arithmetic mean is fitted to a dis¬ 
tribution by tlie method of least squares. The proof follows that used in * 
deriving the normal equations for the straight line on -p. 296. We have a » 
spries of values, eacfiof which is represented by the letter X , Wo wish to 



390 


ELEMENTS OF STATISTICAL METHOD 


Suppose we do estimate that each of these Bj^wfH^ave an 
average left-hand temperature; what will be„the amount of the 
errors? This will depend, as we are aware, on^the' scatter or 
dispersion of the actual left-hand temperatures. We can dis¬ 
cover it by computing the standard deviation of the left-hand 
temperatures. We know that 

. 


This is the formula we used on page 138 to compute the standard 
deviation. In this case we are calling the variable in which we 
are interested X instead of X, so we can restate the formula thus: 


<r v 



- Y 2 


We know that Y = 28.8 (see page 383), and in the table on page 
386 we find that 2(F 2 ) = 8417.36. Substituting these values in 


find the one most probable value, a, from which the sum of the squared 
deviations is least. If we represent the differences between the various 
values and this* most probable value by d, then for each value of X there is a 
value of d which is defined thus: 

X +d -a 

' d = a — X 

d * = (a.- X) 2 * 

If we sum all these terms, we get 

Sd 2 = X(a - X) 2 

This is the function to be minimized, and we shall represent it by /. We 
minimize by taking the partial derivative with respect to a and setting this 
equal to 0, thus: 

§J-22(«-X)-0 


Dividing by 2 and carrying out the summation, 


«<# 




Na - 2X 
Na 

a 


0 

XX 

XX 

N 


e 


t But XX/N is the arithmetic mean; Whence the arithmeticonean is the 
value the sum of the squared deviations from which ifihk minimum. 
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the formula, we find 

<r„ = - 28.8 s = 3.51 

The standard deviation of left-hand temperatures is, then, 3.51°C. 
This figure answers our question as to how much error we shall 
have if we estimate all the temperatures at the average. 

We know that, insofar as this distribution is normal, 68.27 per 
cent of the men will have hand temperatures within 3.51°C. of our 
estimate (since we estimated at the average), 95.5 per cent of 
them will be within 7.02°C. of our estimate, and practically 
everyone will be within 10.53°C. of our estimate. \ These figures 
measure the amount of the error in case we do not use the regres¬ 
sion equation but make all our estimates at the average. 

Suppose, now, that we do use the regression equation in making 
our estimates. Under these circumstances how much error will 
we have? We can discover it by computing the expected hand 
temperature for each man and comparing it with the actual 
hand temperature. This we do by substituting each man's right- 
hand temperature in the regression equation and solving for the 
left-hand temperature. For example, the first man*had a right- 
hand temperature (as shown in the table on page 386) of 25.9°C. 
Substituting this figure for X in the regression equation, we have 

, Y = 0.235 + 0.983(25.9) = 25.7°d 

• 

The estimate of left-hand temperature is 25.7°C., but inspection 
of the table shows an actual left-hand temperature of 25.4°C. 
The error is, then, 25.4° — 25.7° = — 0.3°C.; that is, we define 
our residuals as the actual value minus the estimated value. Our 
actual values we have called Y } and if we call our estimated values 
Y* the deviation is defined as 

Y - Y’ = d 

In the case of the first man, d = — 0.3°C. If we compute the 
error in the case of each of the other nine men in tile san^e way, 
we find the errors indicated in Table 13.9. The average error is 

1 These are tlie figures for the percentage of the cases which will fall within 
various numbers of standard deviations from the mean, as was pointed out 
op p. 146. % 
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Table 13.9.— Computation of Errors of Estimate 


Man 

Number 

Error 

(degrees 

centigrade) 

Squared 

Error 

1 

—0.3 

0.09 

2 

0.2 

0.04 

3 

-0.7 

0.49 

4 

-1.0 

1.00 

6 

1.1 

1.21 

6 

1.3 

1.69 

7 

0.2 

0.04 

8 

-0.2 

0.04 

9 

-0.6 

0.36 

10 

0.0 

0.00 

Totals 

0.0 

4.96 


zero, as it always must be when we measure the errors around 
the least squares line. 1 The standard deviation of the errors is, 
therefore, * „ 

hi i 

0.704°C. - 



AM 


10 


/V 


Y\ 


This tells us that if we use the regression equation as the bagis 
for our estimates, 68.27 per cent of our estimates will be within 
0.704° of the correct figure, 95.5 per cent will be within *1.408° of 


1 From the second equation of the footnote, p. 296, we have 


Hence 


d - a + bX - F 
2 d ® na + bxX - 2 F 


But the next to the last equation, footnote, p. 297, tells us that 


Hence 


no + b'SX - 2F - 0 
2d * 0 


Since the sum/jf the deviations is zero, their arithmetic mean must also be 
zero. Therefore the usual formula for the standard deviation (p. 138) 
becomes 



where d is a deviation of the actual from the estimate*! value. 
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the correct figure, and practically never will we make an error 
greater than 2.112°C. When we tried making our estimates 
without the regression equation (page 391), we found that the 
standard deviation of the temperatures was 3.51°C. Without 
using the equation, we had a range of error of 3.51° to include 
68.27 per cent of the men. With the regression equation, we can 
cut this range down to 0.704°. We can say that the error in our 
estimates has been cut down to 0.704/3.51 or 20 per cent of its 
former amount. We have eliminated 80 per cent of the error by 
using the regression equation. To be sure, 20 per cent of the 
error refriains. By using the regression equation, we calculated 
but one man's left-hand temperature exactly—that of man num¬ 
ber 10. But our errors are smaller on the average than they 
would have been had we made our estimates with no knowledge 
of the right-hand temperature. 

We have just computed the standard deviation of the errors 
of estimate—the standard deviation of the residuals around the 
regression line. We know that the sum of the squared residuals 
(that is, errors) is less around this Jkie than around any other f 
straight line, so that the standard deviation of the residuals, being 
based on the sum of the squared residuals, must ajpo be smaller 
around this line than around any other straight line. This 
^tandard deviation of our errors of estimate we call the standard 
error of estimate , and we represent it by the letter S.. In this case 
we havi been estimating values of Y from values* of X , and hence 
we can call this particular standard error the standard error of 
estimating Y from X. To distinguish it from other standard 
errors of estimate, we give it subscripts, thus: S v . x . This is read, 
“The standard error of estimating Y from X” Where it will 
cause no confusion, we commonly use the symbol S v alone. 

13,7. Correlation.—We have seen that it is helpful to compare 
the values of S y and or v . In the case we have just discussed, the 
value of <r v was 3.51 and the value of S y was0.704. Thus weknew 
that we could estimate by means of the regression equation as many 
of the cases within 0.704 of the actual figures as we could estimate 
within 3.51 of those figures without the regression equation. 
It is evident that if a khowledge of the right-hand temperature 
were of no use to us in estimating the value of the left-hand tem¬ 
perature, Jhen S y would be as* great as <r„. Whenever S y is smaller* 
.than <r y , there been some advantage in using the regression 
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equation. Jin other words, a knowledge of the one variable has 
improved our estimates of the value of the other variable. But 
this is just what we said determines the existence of relationship 
between variables (see page 374). We say that variables are 
related when a knowledge of the value of one helps us in estimat¬ 
ing the value of the other. And when S y is smaller than a y we 
know that a knowledge of the value of one variable does* help us in 
estimating the value of the other. Hence we can say that if 
S y = <t v there is no relationship—no correlation between the 
variables. But if S v is smaller than <r y correlation exists.} 

This at once leads us to the conclusion that we might ineasure 
the degree of relationship by the difference between S y and <r v . 
Yet here there Is an immediate difficulty. Suppose we are meas¬ 
uring the relationship of height to weight, estimating the latter 
from the former. S y and <j y will both be in terms of pounds, and 
the difference between them will be in pounds. Had our original 
figures been in ounces, the value of S y and <r y would both have been 
16 times as great, and the difference between them would like- 

f wise have been 16 times m great. Yet there would be no more 
relationship between height and weight when the weights were 
stated in ounces than when they were stated in pounds. Obvi¬ 
ously we need some measure of the degree of relationship which is 
independent of the units in which the problem is stated. 

This leads us to suggest another possible measure of correlation, 
namely, the ratio of S y to <r y . Both S y and <r v will always be in the 
same units, one of them being in pounds if the other is. Multiply¬ 
ing both by 16 will not affect their ratio. \Hence we could use as a 
measure of the degree of correlation their ratio, or S y /a y J In 
practice, statisticians have preferred to use the ratio of the 
squares of these numbers, that is, Sf/af) in other words,[they 
compare the square of the standard deviation of the errors of esti¬ 
mate with the square of the standard deviation of the original 
figures. \\ 

But one minor difficulty still exists with this measure. The 
greater the relationship between the variables, the smaller will be 
S v as compared with <r y . If we could estimate with perfect accu¬ 
racy, making no error in any case, it Would mean that all the 

( 1 The square of the standard deviation, as well as the standard deviation 

itself, is sometimes used as a measure of Aspersion. It is called<the variance . 
Thus, <T y * « the variance of Y. i. 1 
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points on our scatter diagram fell on the regression line. There 
would be nojerrors of estimate, and S y wpuld equal 0. On the 
other hand, if there were absolutely no relationship between our 
two variables, S v would be as great as <x y . These are the limiting 
cases. Perfec t correlation would mean that S v 2 /a y 2 was equal to 1 
0 ; and the entire lack of correlation would mean that S y 2 /a y 2 was 
equal to l| But it is preferable to have a measure which shows 
the amount of the relationship directly by its size. We should 
like to have close relationships expressed by large coefficients and 
lack of relationship expressed by small coefficients. This can be 
done by‘subtracting our ratio from 1, to get 1 — ( S y 2 /cr v 2 ). And 
we usually take the square root of this to put it back into the first 
degree, since S y and a y were originally squared. In this case our 
measure of correlation will be defined by the formula 



The letter r always represents the coefficient of correlation around 
a straight line fitted by the method oT least squares. In other * 
words, if we are making our estimates from a line of the form 
Y = a + bXj and if this line was fitted by the meihod of least 
squares, then r is defined as indicated and is known as the 
coefficient of simple linear correlation. l People often speak of it as 
the coefficient of correlation, without bothering ^vith the rest of 
the title.' It is true that there 4 are many other types of coefficients 
of correlation, and it is safer to specify the one in question. If one 
uses the letter r, however, it is always understood that this is the 
coefficient to which reference is made. 

We have already computed all the values necessary to find the 
value of r. If we substitute them in the foregoing formula, we 
find that 



0.704 2 

3.51 2 


±0.980 


Since S y can never be larg er than <r y , it is evident that the ratio 
S y / or y 2 can never be greater than unity. Hence % the value of 
unity minus this ratio can never be negative, and the square root 

1 This coefficient is also commonly known as the Pearsonian coefficient of ^ 
correlation after the great English statistician, Karl Pearson, who did much 4 
pf the early work in\the field of correlation. 
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can always be taken. As when any other square root is taken, the 
result may be either positive or negative; that is, \/i = ±2. 
Here, then, we can call our result +0.980 or —0.980. It is the 
accepted practice of statisticians to give to r the same sign that is 
found for b in the regression equation. In this case we found that 
b = +0.983 (see page 387). 1 Hence we give r a plus sign and 
say 

r = +0.980 

The sign means that the relationship is direct or positive as these 
terms were defined on page 382. 

The smallest possible value of r would occur if there were no 
relationship at all between the variables—that is, if a knowle dge 
of^one helped us not at all in estimating the value of the other. 
In this case S y woulJIbe as great as cr v (there would be as much 
error in using the regression equation as in neglecting it), and 
henc e Sy/<r y would be equal to 1. Hence 

r = VT^I = 0 

•When there is no relationship between the variables, then, r — 0. 

The largest possible value of r would occur if the relationship 
between the Variables were perfect—if the points on the scatter 
diagram all fell on the straight regression line, so that we could 
estimate each dot wdth entire accuracy from the regression equal* 
tion. In this case the errors of estimate would be nonexistent. 
S y would equal 0, and hence S v /<t v .would equal 0. This would 
give us 

r = 's/I — 0 = ±1 

When there is a perfect linear relationship between two variables, 
r = ±1. If large values of the one variable are associated with 
large values of the other and the relationship is perfect, r = +1. 
If large values of the one variable are associated with sniall values 
of the other and the relationship is perfect, r t = —1. These are 
the limiting values of the coefficient. A value of r beyond the 
range from —1 to +1 means a mistake in computation. Such a 
coefficient cannot exist in fact, on account of the nature of the 
definition. c 

1 In this case the value of b practically coincides with ttfe value of r. 
* .There is no necessary relation between tljeir values except that*, their signs 
a&re always the same. See footnote on p. 405 also. 
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The student should* be warned at this point that a value for r of 
0 does not mean that no relationship exists. We have said that 
if no relationship exists the value of r will be 0, but the statement 
cannot be turned around and still retain its validity. The 
coefficient of simple linear correlation measures the degree to 
which a straight line describes the relationship between the varia¬ 
bles. It is quite possible for & close relationship to exist between 
two variables ancTto be nonlinear in nature. Attention is again 
called to the table on page 378 in which one can see a relationship 
between the variables but in which the relationship cannot be 
described by a straight line. In such a case the value of r might 
be very small, and even equal to 0. This would mean merely that 
if there were any relationship it could not be*described by a 
straight line. Let us make, then, the two statements that can be 
correctly made, so that the difference between them can be noted: 

1. If there is no relationship between two variables, the value of r will be 0. 

2. If the value of r between two variables is 0, either there is no relation¬ 
ship between them or whatever relationship exists cannot be described by a 

| straight line. • » 

Failure to realize the qualification in the second statement has 
led many a careless person to state that no relationship existed 
in his researches when, as a matter of fact, his researches had 
not proved the nonexistence of relationship. Computation of 
the coe^icient of correlation can show that relatiftnship (as herein 
defined 1 ) does exist, but it cahnot show that it does not exist. A 
low coefficient of correlation shows merely that if a relationship 
does exist one has not yet found it. 2 

13.8. Corrections for Small Samples. —We have seen that, 
when standard errors are computed on the basis of small numbers 

1 See p. 374. 

2 As Charles Kingsley says in his book “Water Babies,” “There are no 
such things as water-babies? How do you know that? Have you been 
there to see? And if you had been there to see, and had seen none, that 
would not prove that there were none. If Mr. Garth does not find a fox in 
Eversley Wood . . . that does not prove that there are no such things as 
foxes. . . . And no one has a right to say that no water-babies f exist, till 
they have seen no water-bafcies existing; which is quite a different thing, 
mind, from nqt seeing water-babies. . . . ” 

We can paraphrase Mr. King91ey: “And no one has a right to say that* 
no relationship exists, till they hsfre seen no relationship existing: which is 
•quite a different thiAg, mind, from not seeing relationship.” 
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of cases, it is necessary to adjust them somewhat in order to 
approximate the correct value. 1 The usual formulas are built 
on the assumption that they will be applied only when the number 
of cases is large. The same is true of the formulas we have given 
for r and 8 y . In our illustrative problem regarding hand tem¬ 
peratures we have computed the values from 10 cases. Having 
studied but 10 men, we have tried to reach some conclusion with 
regard to the relationship between th$ temperatures of the hands. 
In practice a statistician would insist on having many more cases 
than this before he drew conclusions. Our problem has been 
greatly oversimplified to make it easy for the student to follow 
the steps involved. 

When r and‘$„ are computed from small samples, there is a 
tendency for r to be greater than the actual r of the universe and 
for S y to be smaller than the true S v of the universe. 2 In other 
fwords, we overestimate the amount of the relationship and 
^underestimate the amount of our errors of estimate. Fortu¬ 
nately it is possible to make a rough correction for this condition. 
,,If we let S^denote the standard error of estimate which has been 
corrected for the number of cases, and if we let r f denote the 
coefficient o& simple linear correlation which has been corrected 
for the number of cases, we have the following formulas, which 
may be used in correcting: # 

(r')< - 1 - (1 - r’) (2^) 

In our illustrative problem we have the following results: 

S y = 0.704°C. (page 392) 
r = +0.980 (page 396) 
n = 10 (the number of 'cases) 


i See p.254. 

* If we went to the extreme of computing r and S v from but two cases, it 
is obvious that a straight line would pass through both points on the scatter 
diagram and the results would always, of mathematical necessity, show 
«, perfect correlation with no error of estimate. This would be true even if the 
tvariables from which the two observations were chosen Were entirely 
unrelated. • 
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If we substitute thes4 values in the formula above, we get the 
following corrected values: 

(S') 3 = (0.704 2 ) = 0.558 

S’ y = V0i558 = 0.747 
(r') 2 = 1 - (1 - 0.980 2 ) (~r£) = 0.955 
r' = = ±0.977 

Since r was positive, we make r' positive and call it +0.977; 
that is, r' always has the same sign as r. If the value of (r') 2 as 
computed by the formula turns out to be negative, the value of r' 
should be given as 0. 

It will be noted that in this case the application of the correc¬ 
tion formulas served to increase the standard error of estimate 
from 0.704 to 0.747°C. and to decrease the coefficient of correla¬ 
tion from +0.980 to +0.977. Thcse^ changes may seem negli¬ 
gible. Yet the increase in the standard error of estimate was* 
over 6 per cent, and in problems where r was not so great the 
correction would be greater. Whether or not the ch*ange in r was 
important, we can judge better after we have learned more about 
the interpretation of r (see page 414). 

13.9. Standard Error of Correlation Coefficient—In Chap. IX 
we learned that, although one can calculate the average of a 
group of figures, one can seldom calculate the average of the 
universe in which one is interested. We can, however, estimate 
the standard deviation of the means of samples drawn from the 
universe. This we called the standard error of the mean. Simi¬ 
larly we should like to compute the standard error of the coeffi¬ 
cient of simple linear correlation; that is, we should like to 
estimate the standard deviation of the r’s of an infinite number 
of samples drawn from the same universe. In our sample we 
found that r = +0.977. Had we selected another sample of 
10 men, it is probable that we should have fownd a slightly 
different value of r. Had we selected 100 such samples, we 
should have t found many values of r. Would these values hav.e 
been widely scattered, or wohld they all have fallen close to the* 
value +0.t)77 which we fountl? The standard error of r would 1 
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be our estimate of the dispersion which would occur in the r’s 
of these many samples. 

Unfortunately, however, it has now been shown that if we 
select many samples from the same universe and compute the 
value of r for each sample, the values we get will not be normally 
distributed unless the size of the sample is very large and the 
degree of relationship (the size of r) moderate or small. With 
small samples or with large values of r, the distributions are badly 
skewed, and the shape of the distributions varies radically for 
different values of r. Such non-normal distributions cannot be 
accurately described by standard deviations, and consequently 
the standard error of r would give us only a very rough idea of the 
distribution unless the sample was large and the value of r small. 
Textbooks usually give the formula for finding this standard 
error as follows: 

1 — r 2 
Cr = VN 


If we were to apply the forjnula to our problem of hand tempera¬ 
tures, substituting +0.977 for r and 10 for AT, we should get 


<r r = 


1 - 0.977 2 

Vio 


= 0.0145 


However, our present example is very poorly adapted for this 
formula, both because of its small size (AT = 10) and because of 
the large size of the relationship' (r = 0.977). Therefore we 
should not rely on the standard error just computed. 

13.10. The z-transformation.—In spite of the difficulties that 
stand in the way of using the standard error of r, we can fortu- 
\ nately transform any given r in such a way as to derive a coeffi- 
, cient which is normally distributed even in small samples and 
4 , even when r is large. This method, worked out by R. A. Fisher, 1 
seems involved at first glance, but experiment with an example 
or two shows that its application is in fact very simple. To 
apply the method we must first find the new function, z, as 
follows: «•. 

2 z = loge (1 + r) — logs (1 - r) 

1 For a more complete discussion of problems of small samples, the reader 
f should consult R. A. Fisher, “ Statistical^ Methods for Research Workers,” 
Oliver & Boyd, London, 1932. 
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This formula would‘prove troublesome in practice to students 
who were not familiar with natural logarithms. It can be stated 
in terms of common logarithms thus: 

2 = 1.1513 logm 0-±-l) 

To apply’this to our case of hand temperatures, where r = +0.977, 
we get the following: 

1 + r = 1.977 
1 - r = 0.023 

1 4 - f 

- 85.96 

1 — r 

log 85.96 = 1.93430 * 

(1.1513) (1.03430) = 2.227 =2 

Fortunately, however, we do not even have to bother with this 
calculation, because the values of z for most common values of 
r have been computed and tabulated. By consulting the table in 
Appendix VI we can find immediately the value of z correspond¬ 
ing to almost any desired value of r, or the value of r for almost? 
any value of z . In the present case the table shows us that when 
r = 0.977, z falls between 2.22 and 2.23. 

Fortunately this coefficient which we call z seems to be normally 
distributed (or approximately so) for samples drawn from almost 
every l$ind of universe. Hence the standard errdr of this measure 
will give us an accurate description of its distribution. The 
standard error of z is easily found from the simple formula 

1 

In our present problem, since n — 10, we get 

c == -L = 0.3779 

. V7 

We can now interpret the significance of our correlation as 
follows: In our sample we found a z value of 2.2&7. We should 
almost never expect the jvalue of z in any sample drawn at random 
from a given universe to differ from the actual z value of the 
universe by more than 3cr*. • Therefore we feel confident that the* 
z value oi the universe is within 3 a z = 1.134 of the z value which 



402 


ELEMENTS OF STATISTICAL METHOD 


we haveiound, 2.227. Hence the z value V>f the universe almost 
certainly lies between 2.227 — 1.134 and 2.227 + 1.134; or, 
between 1.093 and 3.361. Referring again to Appendix VI, we 
find that these values of z correspond to correlation coefficients 
of 0.798 on the one hand and well above 0.995 on the other. 
Computation shows that the upper limit, corresponding to a 
z value of 3.36, is an r value of approximately Q.998. “Therefore 
we conclude that, although in our sample r = +0.977, in the 
universe from which this sample was drawn the relationship 
almost certainly fell somewhere above +0.798. Two-thirds of 
the z’s of other samples would be expected to fall within a g of 
2.227; or, between 1.85 and 2.60. We find from Appendix VI 
that the chances are 2 to 1 that the value of r in the universe 
falls between 0.952 and 0.989. 

It will be seen from our present example that the common 
method of computing r and its standard error (or its probable 
error) by the ordinary formula tends to exaggerate greatly the 
reliability of the coefficient of correlation. One should, rather, 
perform the seemingly morp complicated process (it is actually no 
‘more lengthy when tables are used) of transforming r values to z 
values and testing the significance of the results by means of the 
methods we have just described. To summarize the method: 

1. Having found r and n from the sample, find the value of z corresponding 

to the computed value of r. (This is carried out directly from the table in 
Appendix VI.) K r 

2. Compute the standard error of z by the formula 

1 

CTg = —p 

vn — 3 

3. Lay off the area within which the z of the universe will almost certainly 
be found. The limits of this area are arbitrary, but we have been using 
three standard errors in each solution. Therefore we add 3<r, to the value 

. of z found above and subtract 3<r, from the value of z found abovfe to get our 
* two limiting z values. 

4. Find from the table in Appendix VI the r values corresponding to the 
two z values just discovered. These are the limiting r values, between which 
we feel reasonably certain that the r of the universe will be found. 

13.11* Application of Correlation Results.—But what do we 
mean by the “universe”? The 10 men actually tested, together 
<with all other men who might have been tested, constitute the 
Universe. Since there were no women in our sample, we cannot 
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feel at all certain that tfhe relationship which we have found would 
apply to hand temperatures of women or of groups containing 
both sexes. When we have set up limits between which we think 
that the relationship almost certainly falls, we have set limits 
which will apply only for other cases like those we have studied. 

Note that our universe contained no children and no men in 
their dotage. Hence we cannot be sure that the relationship 
between the temperatures of the hands would be the same among 
babes or old men. The 10 men measured were all students at 
Springfield College. Is our universe, then, confined to Spring- 
field College students? Or to Springfield College students who 
were in attendance on Jan. 26, 1918, when these tests were made? 
As a matter of fact the statistician never knows the answers 
to these questions; he has to approximate them as nearly as he 
can. In a case such as the present one he would be likely to 
apply his results to other men of about the same age. If the 
results did not seem to agree, he would try to find out why. But 
a statistician seldom knows for certain from what universe he has 
selected his sample. , 

In this connection the student should be warned against what 1 
Whipple calls 1 “the fallacy of concealed classification.” As 
he points out, if we classify males by occupation we might find the 
death rate of bank presidents much higher than that of newsboys. 
This finding should not lead us to the conclusion that the differ¬ 
ence in death rate is a result of the difference in occupation. Wo 
must remember that bankers hnd newsboys differ not only in the 
type of their work but also in age. It may well be that the differ¬ 
ence in death rate is a natural result of the difference in age, and 
that if we were to make allowance for the age factor we should 
find banking a healthier occupation than the peddling of papers. 
In other words, having selected our samples of newsboys and 
bankers, we must examine the universes from which they are 
selected. Surely there are characteristics of the universe other 
than occupational ones. 

Before we can apply our results with any certainty, we have to 
know within what universe they are applicable. *Before we can. 
apply the results of our Study of hand temperatures, weliave to 
know to whom the results can be applied. They can be applied 

*G. C. ^hipple, “Vital Statistics,” p. 290, John Wiley & Sons, Inc., < 
New York, 1923. \ * • 
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correctly only to the universe from which t*he sample was drawn, 
that is, only to people who are like the people in the sample. And 
it is difficult to make certain that we have discovered all the 
hidden classifications in the sample. 

Let us illustrate once more. Suppose that you wish to dis¬ 
cover something about the amount of profit that there is in farm¬ 
ing in a given locality. You cannot make studies of all the farms, 
so you decide to study a few and apply the results to the others. 
You drive a car around to the most accessible farms and get data 
from farmers who are willing to give them and who have them to 
give. You compute the average net income and the standard 
error of the mean, and you then apply it to all the farms in the 
county. But all the farms in the country are not in the same 
statistical universe as the ones that you studied. You chose the 
most accessible farms, and the chances are that their costs of 
getting supplies and of marketing their products differ from those 
of other farms because of their accessibility. You chose farmers 
who had kept financial records and who were, therefore, able to 
pve you the information*- which you desired. Such farmers 
are probably above the average in intelligence and initiative; 
otherwise they would not know how to keep accounts and would 
not bother to do so. Thus, since you have selected a sample of 
the most accessible farms operated by the most intelligent and 
energetic farmers, the conclusions cannot be applied with safety 
to farms in general. In this case there arc “ concealed classifica¬ 
tions” in your data which might Have led you to mistake the 
I characteristics of the universe. Your results can be applied only 
to the universe consisting of all farms like those studied—that is, 
to all accessible farms in the locality which are operated by 
intelligent, resourceful men. 

13.12. Actual Computations. —The methods we have devel¬ 
oped for computing r and S y have been selected for presentation 
because they help to show the meaning of correlation. They are 
not the methods which would ordinarily be used in practice, 
because other methods require less arithmetical work. We shall, 
then, present other formulas which make the work of computation 
easier and which give the same results, and 1 for purposes of illustra¬ 
tion we shall work out a type problem by these simpler methods. 
<v First we give four formulas which are algebraically equal and 
fi*6m any one of which one can compute the valued r. The first 
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is the formula with which we are already familiar. In these 
formulas the symbols used are the same as those we have used 
before except that the mean of the X’s is denoted by M x instead 
of by X. 1 


( 1 ) 

( 2 ) 

(3) 

(4) 



r _ Z(sy) . 

NfTxfTy 


_ 2(3 y) _ 

V(2»*K2y*) 

2(xy) - N(M x )(M y ) 
V(2Z 2 - NMj)(W* - NMS) 


It will be noted that formulas (2) and (3) are stated in terms of 
deviations from the mean, as is shown by the small letters. If we 
were to compute r from formula (3), for example, we should com¬ 
pute the deviation of each X and of each Y from its average, 
multiply together these deviations, and sum the products. The 
result would be the numerator of the* formula. We should then* 
square the deviations and add them for the X’s and for the y’s. 
We should multiply the two sums together and tdke the square 
root. The result would be the denominator. When the numer¬ 
ator was divided by the denominator, the result would be r. 
In this, case the result may turn out to be either*positive or nega¬ 
tive. It is not necessary to give r the sign of b in the regression 
equation, because it will already have the correct sign as a result 
of the computations. In fact, this is true whether one uses for¬ 
mula (2), (3), or (4). It is only when we use formula (1) that we 
need to look to the sign of b to know the sign of r. 

1 The value of r may also be computed from the two coefficients of regres¬ 
sion described on p. 387. The relationship is this - v , 

, r =* {bxy){b U x) 

Obviously if the two regression coefficients are reciprocals of one another 
(as they would be if the two regression lines coincided), the value of r will 
be 1.00; that is, the regression line of Y on X and that erf* X on Y coincide 
when the correlation is perfect. 1 

The above relationship makes it evident that if we know the value of b yx 
and the value of r (as we usually»do when we have carried out a correlation 
problem), the value of b xy can be found from the formula without lonp 
computation. *<• 
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Formula (2) is probably the best known of the formulas for r, 
yet in most cases it is not the easiest to use. Ordinarily formula 
(4) will give the result more quickly and with less mathematical 
drudgery than any other formula. When this formula is used, 
it should be remembered that M v means the mean of the original 
Y’s —not the mean of the deviations from the mean. # The sub¬ 
script is a small letter, but nevertheless it refers to the original 
Y^s. Of course, the mean of the y ’s would be 0, as would the 
mean of the re’s. The means of the y’s and of the X’s are the 
values referred to. 

Formula (4) gives simple, shorthand directions for the com¬ 
putation of r. When the directions are put into this form, they 
are much more 0 concise than they could otherwise be. To make 
sure that they are not misunderstood (and at the same time to 
show what a saving there is in the statement as given in the 
formula), we can translate this mathematical statement of the 
directions into the following longer version, which directs what 
steps should be taken and in what order: 

e 

1. Multiply each X by the corresponding Y (letting X be the independ¬ 
ent and Y the^dependent variable, as described on page 384). 

2. Add the products. 

3. Compute the average of the X’s. 

4. Compute the average of the Y f s. * 

5. Count the number of cases. 

6. Multiply the answer to number 3 above by the answer to dumber 4, 
and multiply the product by the answer *to number 5. 

7. Subtract the answer to number 6 above from the answer to number 2. 
This will give the numerator of the formula, and is equal to 2 (xy) of formulas 
(2) and (3). 

8. Square each X and add the squares. 

9. Multiply the answer to number 5 above by the square of the answer 
to number 3. 

10. Subtract the answer to number 9 from the answer to number 8. 

11. Square each Y and add the squares. 

12. Multiply the answer to number 5 by the square of the answer to 
number 4. 

13. Subtract the answer to number 12 from the answer to number 11. 

14. Multiply together the answers to number 10 and number 13. 

15. Tatee the square root of the answer to »amber 14. The result is the 
denominator of the formula. 

16. Divide the answer to number 7 by the answer to number 15. The 

result is the value of r. c <• 



SIMPLE LINEAR CORRELATION 


407 


Note what long ancl complicated directions these make when 
written out even in this brief form, and contrast them with the 
simple, short, but identical directions of formula (4). 

13.13. Computation of Regression Equations. —Common for¬ 
mulas for the regression equation are as follows: 


( 1 ) 

( 2 ) 

(3) 


(« 


Y - My 



y 


2 (xy) 


2(s 2 ) 

2 (XY) - N(M x )(M y ) 
(2X 2 ) - N(M X ) 2 


(X - M x ) 


Again it will be noted that the first two of these formulas require 
that the X’s and the Y ’s be reduced to deviations from their 
means, while formula (3) is in terms of the original figures. We 
have already learned that the regression equation can be found 
by solving the two normal equations 


(4) Na + bXX = XY 

aXX + bXX 2 = *2XF 


This fourth method gives results which are identical with those 
obtained from the other three methods, and it is often the most 
convenient and easy to use. Usually one will find that either 
formula (3) or the normal equations of method (4) will require 
the least time and work. 

13.14. Computing the Starfdard Error of Estimate.—On page 
392 we computed the standard error of estimate by solving the 
regression equation for each value of X , finding the difference 
between the estimated and the actual values of F, and computing 
the standard deviation of these differences. This procedure 
would require the expenditure of a very large amount of time, and 
in practice S y is never so computed. It is important that the 
student understand that S y is the standard deviation of the errors 
of estimate; it is for that reason that we so computed it before. 
But when one once understands it, there is no longer any reason 
for taking the long method of discovering the valafe of S y . 'As a 
matter of fact, this valub is almost always discovered from the 
relationship. 


Sy = ‘ffy Vi - f 2 
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One can see easily whence this formula comes, 
page 395) that 



rVy 2 = (Ty 2 ~ Sy 2 
Sy 2 = CTy 2 — <Ty 2 r 2 = ffy 2 ( 1 — f 2 ) 


\/l — r 2 


We know (see 


This is our formula for the standard error of estimate given above. 
In working out the value of r, we either compute the value of a y 
or almost do so, Uepending on the formula used. If we work with 
formula (1) on page 405 we have it all computed; this is also 
true if we use formula (2) . In f ormula (3) we computed the 
value of St/ 2 , and <r„ = y/ Xy 2 /N. Hence we can easily com¬ 
pute <r y . If we use formula (4), we compute the value of 
(sy 2 — NM V 2 ). This is equal to Sy 2 , and therefore the value of 
f y may be computed just«as when formula (3) is used. One 
merely divides by N and takes the square root. 

13.15. Illustrative Problem.—We now apply these methods 
to an actual problem to see how they work in practice. Suppose 
that we wish to determine whether or not relationship exists 
between the production of potatoes and their price. We shall 
first work out the correlation problem with the original ^figures, 
uncorrected from changes in the general price level or for changes 
in population. Table 13.10 gives figures 1 showing the average 
farm price per bushel on Dec. 1 of each year and the total United 
States production for the year in millions of bushels. The data 
are for the years 1896-1912. (The war years are purposely 
omitted here on account of the violent fluctuation in the value 
of money.) The average production will be equal to %991/17, 
or 293.6, million bushels. The average price is 918.6/17 = 54.0 
cents. Let us compute r by formula (4) on page 405, 


« 


r 


... 269,053.7 - (17)(293.6)(54.0) 


V[l,530,629 
-471.1 _ 
14,145 


- (17)(293.6 2 )][52>487.16 - (17)(54 2 )] 
0.033 . • 


1 From “U.S. Department of Agriculture Yearbook,” *l 922, p. 668. 



SIMPLE LINEAR CORRELATION 


409 


This would show very little relationship, since the lowest possible 
figure would be 0, and here we have a coefficient of but 0.033. 


Table 13.10.— Computation of Coefficient of Simple Linear 
Correlation between Potato Production and Potato Prices, 

1896-1912 


Year 

* a) 

Production 

(X) 

(2) 

Price 

(Y) 

(3) 

(XY) 

(4) 

(**) 

(5) 

(Y 1 ) 

1896 

272 

29.0 

7,888.0 

73,984 

841.00 

1897 

191 

54.2 

10,352.2 

36,481 

2,937.64 

1898 

219 

41.5 

9,088.5 

47,961 

1,722.25 

1899 

260 

39.7 

10,322.0 

6?,600 

1,576.09 

1900 

248 

42.3 

10,490.4 

61,504 

1,789.29 

1901 

199 

, 76.3 

15,183.7 

39,601 

5,821.69 

1902 

294 

46.9 

13,788.6 

86,436 

2,199.61 

1903 

262 

60.9 

15,955.8 

68,644 

3,708.81 

1904 

352 

44.8 

15,769.6 

123,904 

2,007.04 

1906 

279 

61.1 

17,046.9 

77,841 

3,733.21 


332 

50.6 

16,7,99.2 

110,224 

2,560.36 

1907 

323 

61.3 

19,799.9 

104,329 

3,757.69* 


302 

69.7 

21,049.4 

91,204 

4,858.09 


395 

54.2 

21,409.0 

156,025 

2,937.64 


349 

55.7 

19,439.3 

121,801 

3,102.49 

1911 

293 

79.9 

23,410.7 

85,849 

6,384.01 

1912 

421 

50.5 

21,260.5 

177,241 

2,550.25 

Totals... 

4991 

... - 

918.6, 

/ v_L_ 

269,053.7 

£ xy_ 

1,530,629 
£: XJS= 

52,487.16 

-- 


Let us correct it for the number of cases as suggested on page 397. 
This will give 

r' 2 = 1 — (1 — 0.033 2 )( 1 ^i5) 


This equation gives a negative value for r' 2 , and, as we noted on 
page 399*it means that we must call the value of the coefficient of 
correlation 0. Ouv conclusion is, then, that r' = 0. There is no 
evidence of linear relationship between the variables. 

Yet it seems peculiar, does it not, that there should be no rela¬ 
tionship between the production of potatoes and their price? 
(To be sure, we have noi shown that there is no relationship, but 
we have failed to find any.), How can we explain it? Possibly 
by the fast that the higher productions of the later years did no£ 
bring lower pricbs because population had increased in the mean- 
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time, and perhaps in part by the fact that the general price level 
was rising throughout the period, so that a constant price for 
potatoes would have corresponded to a falling purchasing power. 
There is certainly no reason for proceeding further by linear 
methods with a problem in which there is such a small amount of 
linear correlation, but it may be worth while to correct our 
original data to see if there would then be correlation. 

It would seem logical to correct the figures on potato produc¬ 
tion by dividing them by the population of the United States, 
thus putting them in terms of production per capita. And it 
would also seem wise to correct the price figures for changes in the 
value of money by dividing them by the price index number (as 
we did on page 3&1). In Table 13.11 are estimates of the popula¬ 
tion of the United States for each of the years in question 1 and 
price index numbers for the same years based on the average 
wholesale prices of all commodities in the period 1910-1914. 2 

Table 13.11.— Estimated United States Population and Index 

Numbers op Wholesale Prices of All Commodities, 1896-1912 


Year 

Estimated 

Population 

(millions) 

Index 
Number of 
Prices 

1896 

70.9 

68 

1897 

72.2 

68 

1898 

73.5 

71 

1899 

74.8 

77 

1900 

76.1 

82 

1901 

77.7 

81 

1902 

79.4 

86 

1903 

81.0 

87 

1904 

82.6 

87 

1905 

84.2 

88 

1906 

85.8 

90 

1907 

87.5 

95 

1908 

89.1 

92 • 

1909 

90.7 

99 

1910 

92.3 

103 

1911 

93.7 

95 

1912 

95.1 

m 


< 1 From Statistical Abstract , 1933, p. 10. 

«* From Farm Economics , Cornell University, September, 1931,* pp. 1586- 
1587, * 
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In Table 13.12 the column headed X contains figures on per- 
capita potato production, found by dividing the actual produc¬ 
tion by the population. The figures are in bushels per capita. 
In the column headed Y the figures represent the price o f potat oes^ 
i n 1910 -1914 dollars; that is, an attempt has been made to correct 
the prices to account for changes in the value of money. The 
average per-capita production for the period was 59.85/17 = 3.52 
bushels; and the average price (stated in terms of 1910-1914 
dollars) was 1063.3/17 == 62.55 cents. If we substitute these 
figures in formula (4) on page 405, we get 


r — 


3654.441 - (17)(3.52)(62.55) 


V[215.7475 - (17)(3.52*)][69,730.15 (17)(62.55 2 )] 

-88.551 


128.23 


= -0.690 


Table 13.12.— Computation op Coefficient of Simple Linear 
Correlation between Corrected Potato Prices and Production 
per Capita, 1895-1912 


Year 

w 

(Y) 

(A*F) 

(* s ) 

(F*) • 

1896 

3.84 


163.584 

14.7456 

1,814.76 

1897 

2.64 


210.408 

6.9696 

! 6,352.09 

1898 

2.98 

58.5 

174.330 

8.8804 

3,422.25 

4 1899 

3.46 

51.5 

178.190 

11.9716 

2,652.25 

1900 

3.26 

51.6 

168.216 

10.6276 

2,662.56 

1901* 

2.56 


241.408 

6.5536 

8,892.49 

1902 

3.71 


202.195 

13.7641 

2,970.25 

1903 

3.24 

70.1 

227.124 

10.4976 

4,914.01 

1904 

4.26 

51.5 

219.390 

18.1476 

2,652.25 

1905 

3.32 

69.5 

230.740 

11.0224 

4,830.25 

1906 

3.88 

56.2 

218.056 

15.0544 

3,158.44 

1907 

3.70 

64.5 

238.650 

13.6900 

4,160.25 

1908 

3.39 

75.8 

256.962 

11.4921 

5,745.64 

1909 ' 

► 4.35 

54.8 

238.380 

18.9225 

3,003.04 

1910 

3.76 

54.1 

203.416 

14.1376 

2,926.81 

1911 

3.12 • 

84.1 

262.392 

9.7344 

7,072.81 

•1912 

4.42 

50.0 

221.000 

19.5364 

2,500.00 

Totals. .. 

59.89 

1,063.3 

• 

3,654.441 

215. H75 

6^,730.15 


Correcting for the number of cases, we get 

r' 2 - 1 - (1 -,0.690 2 )(%) = 0.441 
r'V VoMl = ±0.664 
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We give this corrected value the sign of the* original uncorrected 
r, which was negative. Thus we state that r f = —0.664. 

Again the value of r is low. We shall see a little later how it is 
to be interpreted. In the meantime we shall compute the regres¬ 
sion equation and the value of S v . In computing the latter, we 
shall use the corrected value of r. Using the formula on # page 408, 
we get _ 

Sy = <Ty \/l — V 2 

We compute the value of <r v from the equation 

IZY 2 - NMy* __ /3217\6l 

~ V N \~17T 

= 13.8 

The value of \A — r 2 can be computed from the value of r, but 
it is much easier to look it up in books of tables. 1 Then we get the 
following value for S y : 

S y = 13.8(0.7477) = 10.3 

The standard deviation of°the corrected prices themselves was 
13.8 cents, so without any regression equation at all we could have 
estimated thd corrected price within 13.8 cents of the correct 
figure in two-thirds of the cases. Using the regression equation, 
we can estimate within 10.3 cents of the true figure in two-thirds 
of the cases. There has been some improvement by using the 
regression equation; the reduction /rom 13.8 to 10.3 cents is a 
reduction of 25 per cent. ,\This is certainly better than nothing, 
yet a comparison of S v and <r v indicates that after using the 
regression equation we still have 75 per cent of the original 
error with which we started.3 

We must still compute the regression equation. We shall 
substitute the proper values in the normal equations and solve for 
the values of a and 6. This computation gives us the following: 

17a + 59.896 = 1063.3 
59.89a + 215.74756 = 3654.441 

1 If special statistical tables are not available, the desired value may be 
read from ordinary trigonometric tables. As Holbrook Working has pointed 
out, if we let r =* cos a, then sin a = y/l — r 2 . Using the present case as an 
example, r — 0.664. (We neglect the signof r in this work.) tlnd the angle 
Vhose cos = 0.664. This turns out to be«48° 24'. The sine of this angle is 
0.7477, which is the value of \/l — r* when r = 0.664. « c 
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Solving, we find * 

a = 130.36 
b = —19.25 

Our regression equation, then, is 

* Y = 130.36 - 19.25X 

Suppose that the present population is 100 million, we have a 
potato crop of 250 million bushels, and the current price index is 
150. What is the expected price of potatoes? 

A crop of 350 million bushels when the population is 100 million 
people is a crop of 3.5 bushels per capita. The X in our regression 
equation represents the crop in bushels per capita. We there¬ 
fore substitute 3.5 for X in the regression equation and solve: 

Y = 130.6 - 19.25(3.5) = 63.2 

This tells us that we should expect a corrected price of 63.2 cents. 
But we should like to know what actual price to expect. The 
corrected price is the actual divided by the index number^ 
and the index number is now 150. If we multiply the corrected 
pric e by the i ndex num ber, jt will be put back int # o theTornTof 
ordinary prices. This gives us 

63.2(1.5) = 94.8 cents 

We caii say, then, that our best estimate of the actual price is 
94.8 cents. * 

How much error can we expect in the estimate? S v tells us 
that in two trials out of three we should be able to estimate within 
10.3 cents of the actual corrected figure. But these are 10.3 cents 
in corrected prices. With the index number at 150, this corre¬ 
sponds to 10.3(1.5) = 15.4 cents of the current dollar. Hence 
we can say that the chances are 2 out of 3 that our estimate 
of 94.8 cents will be within 15.4 cents of the correct figure, 
and we are practically certain that it will not miss by over 
3(15.4) » 46.2. 

It will be noted that preliminary adjustments of our data 
(correcting fer'populatioh change and changes in the price level) 
raised Our correlation in this case from none at all to 0.664 (cor¬ 
rected for number of cases)/ It is possible that further adjust-* 
ments (such as%elimination § of trends, etc.) would raise the* 



414 


ELEMENTS OF STATISTICAL METHOD 


coefficient still higher. l^The student should ( understand that it is 
commonly necessary for a statistician in any field to adjust his 
data before he begins to correlate. It is of great importance that 
these adjustments be made by someone who is familiar with the 
data and with the field of knowledge being studied. A thorough 
acquaintance with statistical methods is a great help to workers 
in many fields, but it cannot fit men to work in any field. The 
statistician must know more than statistical method before it is 
safe to turn him loose. He must know his genetics or his eco¬ 
nomics or his education or his biology first in order that he may 
know how to apply his statistical methods within the field. ) 

13.16, Interpretation of Correlation Coefficients.—We have 
now computed the coefficient of simple linear correlation in three 
cases. When we were studying the relationship between the 
temperatures of the two hands, we found that r f = +0.977. 
When we studied the relationship between potato production 
and the farm price of potatoes, we found that r' = 0. Now we 
have studied the relationship of per-capita output of potatoes to 
ft heir corrected price and find that r' = —0.664. What do these 
figures mean? 

To begin with, we know already the meaning of the sign of the 
coefficient. We have discovered that r h as the sa me sig n as b 
in the regression e quation, and that, if the signTs plus, the cor¬ 
relation is positive, whileTif the sign is minus, the correlation is 
negative (the adjectives being used in the sense explained on 
page 382). That is all we need to* know about the sign of the 
coefficient, and the remainder of our attention will be given 
"to the absolute size of r. A coefficient of r = —0.664 and a 
^coefficient of r = +0.664 show exactly the same degree of rela¬ 
tionship. The signs merely show whether the regression line 
slopes up toward the right (positive correlation) or down toward 
the right (negative correlation). 4 

We know from our past discussion (see pages 396ff.) that a 
coefficient of 1.00 denotes perfect co rrelation—all the points 
falling on the regression line. It is possible for us to estimate tEe 
va!ues*of FTrO^rthe values of X without error. We know that a 
coefficient of 0* denotes the absence of lilhear correlation, so that 
we can make noTJelter estimafe^^th^the regression equation 
‘than without it. Coefficients usua^y fall somewhere between 0 
and 1 in size. Then the problem of interpretation is somewhat 




SIMPLE LINEAR CORRELATION 


415 


more difficult. We ban, however, say two or three things defi¬ 
nitely about the nature of the relationship if we know the absolute 
value of r. Let us suppose, then, that we have a case in which 
r = 0.800 (it is immaterial whether this is +0.800 or —0.800). 
Let us discover as many things about the relationship as we can. 

In the first place, we know that 



In this case, then, we know that 

s 2 

0.800 2 = 1 — —• 

<Ty 2 * 

S 2 

0.64 = 1 - % 

<Ty 2 

S 2 

% = 0.36 

<*v 2 

^ = \/0iM = 0.600 

a v » # 

In other words, we know that the ratio of S v and <r y is 0.600, or 
that we have but 60 per cent as much error in estimate by using 
the regression line as by trying to get along without it. From 
pjiy value of r we can find, then, the ratio of S y to <r y , and from this 
ratio we can tell,something"abo ut the advantage of using the 
regression line. Since S y = <r y \/l — r 2 , it is obvious that 

^ = VT=T 2 

<Ty 

To know the ratio it is necessary merely to compute this value. 1 
But, as we have seen, one can look up the value in the trigono¬ 
metric tables and save the time of computing it. 2 If we use the 
trigonometric tables to look up the values of the ratio of S y /<r y 
for the various values of r which we have computed, we find 
when 

r = 0 

o • • 

^ = 1.00 

1 The valued — r* is called the, coefficient of alienation , since it measures 
the extent of departure from perfect correlation. 

2 See p. 412n. \ 
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In this case we still retained 100 per cent^of the error that we 
should have had by plain guesswork. When 

r = —0.664 

^ = 0.7477 

<*v 

In this case we still had 75 per cent of the error which we would 
have had in guesswork; that is, had we guessed at the corrected 
price instead of estimating it from the per-capita production, 



Value of r 

Fio. 13.5.—Percentage which the standard error of estimate is of the standard 
deviation when the coefficient of correlation has various values. 

our error would have been only a little greater. In the case of 
the hand temperatures, when 

r = 0.977 

^ = 0.213 
<r„ 

In this # case tHe use of the regression equation cuts the error of 
estimate to 21.3 per cent of what it woiild be without the regres- 
\ sion equationr"[One way, then, of interpreting r isj to compute 
N the amount of the ratio S v /<r v in order to find out whether* the 
error ofestimate when we use the regression equation is relatively 
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large or small as compared with that which we get when we do not 
use the regression equation/) 

If one does not have trigonometric tables handy, or wishes to 
visualize what we have been discussing a little better, he can 
easily graph the relationship between S y /(r y and r. Lay off 
vertical and horizontal axes on graph paper. On the vertical 
axis mark* off percentages from 0 to 100 per cent. On the hori¬ 
zontal axis lay off decimals from 0 to 1. Make the scales the 
same size. Then with a compass describe a quarter circle passing 
through the 100 per cent point of the vertical scale and the point 
marked 1.00 on the horizontal scale. The horizontal scale 
represents values of r, and the vertical scale represents values of 
S v /<r v . Figure 13.5 shows the general idea, but »the student can 
easily make a larger scale with the finer subdivisions showing on 
the graph paper, and from it he can read with sufficient accuracy 
for practical purposes the values of Sy/ay. 1 The chart will also 
serve to show something about the relative importance of coeffi¬ 
cients of correlation of various sizes. 

Qft will be seen that if we start with ^ coefficient of correlation of # 
zero and continually increase the size of the coefficient, the ratio 
Sy/a-y will become smaller; that is, the error around Jhe regression 
line will become smaller as compared with the error around the 
mean. But at first the decreases in the ratio are very small. 
An increase in the size of r from 0 to 0.1 brings almost no advan¬ 
tage. &n increase from 0.1 to 0.2 brings somewhat more 
accuracy of estimate. If wef increase the value of r to 0.5, we 
have eliminated 13.4 per cent of the error of guesswork, and 

1 It will be recalled that the formula for a circle when the center is at the 
point of origin is 

x 2 -py 2 = r 2 

when r is the radius of the circle. We know in our case that 


or that 


->-(£)' 


Hence we know that the relationship can be shown by a quarter circle with 
unity (ll)0 pe* cent, or r = 1.00) # as the radius. Hence the construction 
of our graph. It is easier to construct a graph than to solve the equation if # 
one has coordinate gaper and a compass. % 
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S v /ffy is 86.6 per cent. In order to get 1 6 the point where the 
error around the regression line is but half the error around the 
mean, we have to continue to increase the size of r until it reaches 
0.866. This means that we get as much additional accuracy by 
increasing r from 0.866 to 1.00 as we got by raising it all the way 
from 0.00 to 0.866. The line on the chart falls very rapidly as we 
approach the value r = 1.00. ^This shows that with large coeffi¬ 
cients almost any increase in size will bring a decided reduction in 
the error of estimate.^ Many students fail to realize this point, 
and they get the idea that an increase of r from 0.1 to 0.2 is 
the same as an increase from 0.8 to 0.9. Inspection of the dia¬ 
gram shows how incorrect this notion is. 

On page 399 *we found a corrected r of 0.977 when the uncor¬ 
rected value was 0.980. At that time we raised the question 
as to whether such a negligible correction was worth while/ 
Later, on page 409, we computed a coefficient of 0.033 which 
corrected to 0. By changing from 0.033 to 0, we lost but 
of 1 per cent in accuracy of estimate. In changing from 0.980 
,to 0.977 we changed from a purported improvement in accuracy 
of 80.1 per cent to a corrected improvement of 78.7 per cent: a 
change of 1.4 per cent. (Thus it is seen that our correction in 
the latter case was more significant than the correction which 
reduced a low coefficient to zero.) 

Let us state this in another way. By adjusting our data on 
prices and production in the potato problem, we raised tke value 
of / from nothing to 0.664. In doing this we cut the error of 
estimate to 75 per cent of its former amount (actually 74.77 per 
cent). This cut the error 25 per cent. To cut the error another 
25 per cent, so that it would be 50 per cent of the error around the 
mean, we should have to raise the value of r' to 0.866. Thus we 
see that raising r' from 0.664 to 0.866 has the same effect as raising 
it from 0.00 to 0.664. \The student should remember that small 
values of r have little importance, merely because they mean that 
there is little relationship between the data. But when one gets 
larger values of r, any adjustment of the data which will bring 
even a small iii'Crease in the size of r is worth while, because it will 
bring a large increase in the accuracy of estimates^ 

This method of interpreting the meaning of r is the«most‘useful, 
*but there are one or two other methods worth consideration. 
We noted on page 394n. that a 2 is called “variance.” It is a 
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measure of dispersioA. Now it is plain from the first formula on 
page 395 that 



In other words, the squ are of the coefficient of correlation is equal 
to unity minus the rat io of the variance of the errors in estimate 
around the line and the variance of the original figures. Since the * 
largest possible value of S y 2 /a v 2 is 1.00, and since we are here sub¬ 
tracting the ratio from 1.00, we are showing the percentage by 
which the error of estimate has been reduced by the use of the 
estimating equation if we use variance as our measure of error. 
For example, suppose that we correlate students’ high-school 
records with the marks made in their freshman year in college and 
find that r = +0.600. In this case r 2 = 0.36, and we can say 
that we have eliminated 36 per cent of the variance by using the 
regression equation to make our estimates. More commonly 
statisticians say, “36 per cent of the variation in college marks 
can be explained in terms of high-school records.” When a state¬ 
ment of this kind is made, one can be reasonably certain that* 
it is based on r 2 . The value of r 2 is called the coefficient of deter¬ 
mination . Ezekiel says of this measure: 1 s 

# Where both X and Y are assumed to be built up of simple elements of 
equal variability all of which are present in Y but some of which are 
lacking in X } it can be proved mathematically tha£ r 2 measures that 
proportion of all the elements ih Y which are also present in X. . . . 
It [r 2 ] may be said to measure the per cent to which the variance in Y is 
determined by X, since it measures that proportion of all the elements 
of variance in Y which are also present in X. . . . Since this is the most 
direct and unequivocal way of stating the proportion of the variance in 
the dependent factor which is associated with the independent factor 
it may be used in preference to the other methods. 

In our example of per-capita production and corrected price, 
we discovered th^t r *= —0.664. We might, then interpret 
it by computing the coefficient of determination, which is 
—0.664 2 = 0.441. This would tell us that 44.1 *per cent of the 
variation in corrected price can be explained in terms of pfir-capita 
production, # the other 55.9 per cent being tied up with other 

1 M. J. Q. Ezekiel, “ Methodg of Correlation Analysis,” p. 120, John* 
Wiley & Sons, Inc.&New York, 1930. 
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factors, such as changes in taste and habit on the part of con¬ 
sumers, changes in incomes, and so on. {The coefficient of deter¬ 
mination tells us the percentage of the variation in the dependent 
variable that can be explained in terms of the independent 
variable.^} 

A third method of interpreting the meaning of r can be deduced 
from the first formula for the regression equation on'page 407. 
Here we find that 

(Ty 

y — r —x 
<t x 




,But y is the deviation of any value of the dependent variable from 
its average, and in the regression equation it refers to our com¬ 
puted value qf Y. And x is the deviation of any value of Xfrom 
the mean of the X’s. ^goth x and y are divided by the stand¬ 
ard deviation; this means that we are measuring the deviations 
in units of the standard deviation^ Suppose that we have 
perfect correlation; that is, r = ±1.00. Then it is evident that 
y/<r v = x/dy. In other words, we' shall estimate a value of Y 
which is as many standard deviations from its mean as is the 
value of X in which we are interested. We want to know the 
most probable value of Y to accompany a given value of X. 
We find how many standard deviations X is from its mean and 
place Y exactly the same number of standard deviations from its 
mean. If, however, r = 0.500, we note that y/cr v *= 0.5x/<t £ . 
In this case if we are trying to estimate the value of Y which is 
most likely to accompany a given value of X , we shall first 
determine by how many standard deviations the X differs from its 
average and then estimate that Y will be half as many standard 
deviations from its average. If r = 0.75, we shall estimate a 
value of Y that differs from the average of the I^s by three¬ 
-quarters as many standard deviations as the number by which X 
differs from the average of the X’s. ^nother \^ords, we can look 
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upon r as a percentage showing how far Y will be from the average 
in terms of the deviation of X. We always estimate a value 
of the dependent variable that is r times as far from its average 
(in units of the standard deviation) as is the independent variable 
from its average.^ 

{Each of the methods of interpreting r which we have so far 
discussed 'depends on standard deviations. Usually we are 
interested in the standard deviation of the dependent variable 
and the standard deviation of the scatter around the regression 
line. These are represented by <r y and We learned, however, 
in Chap. VI that the standard deviation has an exact and known 
interpretation only when computed from a normal distribution. 
This means that we cannot use the methods oT interpretation 
given here with any degree of assurance unless the dependent 
variable and the scatter around the regression line (the dis¬ 
tribution of the residuals) are both normal distributions. In 
correlation work it is desirable to test these distributions for 
normality. These observations on the importance of normality 
also hold good in the more complicated problems of multiple f 
and joint correlation which are to be covered in later chapters. 
y Finally, if we are to interpret r satisfactorily we must know its 
standard error (or its probable error). We have seen that values 1 
o£ r below 0.5 or 0.7 do not indicate the existence of much rela-1 
tionship. Even where r has a value considerably above these 
points, we must attempt to discover whether or not the value 
could reasonably be expected to have arisen by chance from basic 
data that were actually uncorrelated. In our study of the; 
relationship between per-capita production of potatoes and their 
corrected price, we found that r = —0.664 when n = 17. But 
is this correlation significantly different from zero—that is, is 
it high enough to make us feel certain that there actually was 
some degree of negative relationship in the universe? To test 
this we use as a standard error the measure 1 * 


<Tr 


VtT 


In our present example ttiis formula gives 


us 


1 This formula is used only when testing to see if a given coefficient is # 
significantly ^different from zero, Jt is evidently found by letting r -Oin, 
the formula on p. 4(5), 
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<T r = 


1 

Vl6 


0.25 


Dividing our value of r by its standard error, we get 


r __ —0.664 
7 r “ 0.25 


— 2.656 


In other words, this coefficient differs from 0 by but 2.656 stand¬ 
ard deviations. If there were no correlation at all in the universe, 
and if we drew many samples of 17 cases each, we should expect 
in half of the samples to find positive correlation. In another 
49.6 per cent of the cases we should expect to find coefficients 
of correlation between 0 and —2.66<r. But in four-tenths of 1 
per cent of the cases we should get just by pure chance negative 
values of r of greater absolute magnitude than this one. While 
it is rather unlikely, then, such a coefficient may possibly have 
arisen by chance, and we cannot call our result significant with 
entire confidence without studying more cases. 
f The last statement mustmot be interpreted to mean that there 
was really no correlation in the universe. In fact, it is much more 
likely that there was negative correlation in the universe than 
that there was not. We do not say that correlation did not 
exist, but merely that we have not studied enough cases to be 
sure of it yet. Seventeen cases-are not enough on which to 
make a decision. For this reason we say that the correlation in 
our sample was not significant, and Ve either let the whole matter 
drop or proceed to study more cases to discover whether or not 
the relationship continues. 

We can learn much more about the probable value of the 
relationship in the universe by carrying through the ^-transfor¬ 
mation described on pages 400jf. We find (by interpolation 
in Appendix VI) that when r = —0.664, z = —0.7999. The 
standard error of z in this case (with n = 17) is 0.2673: We 
should expe ct to find the true z value of th ejmi verse with in 3<r* 
of the z value of the sample t or between —0.7999 + 0.8019 and 
—0.7999 — 0.8019. Thus we have z limits of —1.6018 and 
+0.0026, corresponding to r values 6f —0.922 and +0.002. 
From these figures it is again evident that our sample is alto- 
# ]gether too small to tell us with any degree of certainty what is 
true of the universe. Although our sample yielded a negative 
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coefficient of correlation, we discover that it is quite possible 
foMhe coefficient for the universe to be practically zero. 

JpA is important for us to distinguish between two adjectives' 
.which are commonly used to describe coefficients of correlation. 
Sometimes we say that a coefficient of correlation is high, or that 
there is a high correlation. Again we may say that a coefficient 
is significant , or that there is a significant correlation. A high 
correlation is pne ip, which the absolute size of the coefficient 
(that is, disregarding the sign) is close to 1.00. The term would 
not usually be applied until r exceeded about 0.85_or 0.90, 
although there is no general rule with regard to its use. A 
significant correlation is one which, when taken in conjunction 
with the corresponding value of z , indicates with reasonable 
certainty that the direction of the correlation in the universe 
(positive or negative) is the same as the direction of the corre¬ 
lation in the sample. If we accept three standard errors as 
the limit of fluctuation which can be accepted as being the 
result of pure chance, we can restate this by saying that one 
converts any value of r to the equivalent value of z. He then 
computes the standard error of z , and if z exceeds three times 
its standard error the correlation is said to be significant. In 
these cases where z exceeds three times its standard error, 
it .is obvious that the sign of the coefficient of correlation in the 
universe must be the same as the sign of the coefficient in the 
sample. ' 1 Let us suppose that r is very small—say 0.090. In 
this case the value of z is 0.0902. If the sample contained 5000 
cases, the standard error of z was 0.014, and z was more than 
three times its standard error. We can feel sure in this case 
that there was correlation in the universe, and that it was positive 
—but we can also feel sure that any linear correlation in the 
universe was too small to be of any practical value when we 
wish to estimate values of Y from values of X . The correlation 
was low, but significant, in this case. 1 

1 It is still a very common practice to give the value of r in conjunction 
with the value of its standard error or its probable error. It was once the 
accepted rule to consider a coefficient of correlation significant if it exceeded 
three times its standard erroPor 4.5 times its probable error. Setting any 
border line between significance and insignificance is arbitrary, and the 
particular point selected may be questioned. But the use of the standard 
error or the probable error at all in connection with coefficients of correlation 
should be discouraged now that we know that values of the coefficient found 
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13.17. Correlation of Grouped Data. —We have seen that it is 
possible, by making certain assumptions relative to the distribu¬ 
tion of the items within the classes, to compute averages and 
measures of dispersion from data which have been classified in 
frequency tables. It is also possible to compute the value of r (or 
at least to approximate it) from data which have been classified 
in a two-way frequency table. Such tables are usually called 
correlation tables . We can illustrate with a table which shows 
the relationship between the length of the femur (upper bone of 
the hind leg) and the length of the humerus (upper bone of the 
front leg) in 370 rabbits. One would rather expect from obser¬ 
vation that rabbits with long front legs would tend to have long 
hind legs, and that those whose front legs were short would tend 
to be underslung behind also. If this is correct we should get a 
positive correlation. The data appear in Table 13.13. Each 

Table 13.13. —Numbers op Rabbits with Various Combinations op 
Femur Length and Humerus Length 


Humerus 


Fem&r Length (millimeters) 


Length 

(millimeters) 

1 

78- 

79 

80- 

81 

82- 

83 

84- 

85 

86- 

87 

88- 

89 


92- 

93 

94- 

95 

Totals 

78-79 










1 

1. 

76-77 

• X 




.. 




. . 


0 

74-75 





.. 



.. 

2 


n» 2 

72-73 




1 

. . 

‘ 1 

4 

1 

3 


10 

70-71 




,. 

3 

13 

13 

4 



33 

68-69 



1 

E3 

29 

29 

4 

.. 



73 

66-67 



13 

52 

47 

4 

. . 

.. 



116 

64-65 


9 

51 

32 

4 

.. 

.. 

.. 



96 

62-63 

2 

16 

13 

4 

.. 

.. 

., 

.. 



35 

60-61 

1 

2 

1 

•• 

•• 

•• 

•• 

•• 


•• 

4 

Totals. 

3 

27 

79 

99 

83 

47 

21 

5 

5 

• 

1 

370 


figure in^the table shows the number of rabbits whose femur 
length was ^ithin the range given at the top of the column and 
whose humerus length was within the range given at the left of 
the row. That is, all the rabbits listed* in a given column had the 

when repeated samples are taken from the same universe are not distributed 
normally. Especially when n is small or r is large, the^tudenf must learn to 
distrust the old measures and to rely on the z-transforrtiation. 
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same (approximately) femur length, but as we pass down the 
column we come to shorter and shorter humerus lengths. In any 
row all rabbits have about the same humerus length, but as we 
pass from left to right we pass to cases of greater and greater 
length of femur. 

It will be seen that the distribution of entries in the table 1 is 
similar to *the distribution of dots on a scatter diagram. In this 
case the entries fall in a band which rises as we move toward the 
right. His immedia tely evident that long femurs are associated 
with long humeri. It still remains for us to compute the value 
of r, the value of S v , and the regression equation. These values 
could, of course, be found by assuming that each rabbit was 
at the mid-point of his class, extracting the data from the table, 
and computing r in the usual way. Thus, we could list for one 
rabbit X = 94.5 and Y = 78.5. (This rabbit would be the one 
entered at the extreme upper right of the table.) Similarly we 
could extract the figures for each other rabbit, duplicating the 
figures as many times as there were rabbits in each class. There 
is, however, a shorter way of going at the problem which gives 
the same answers. It involves taking arbitrary origins of classed 
and taking deviations in class-interval units, as was done when 
we computed the mean and the standard deviation by the short 
methods. 

* We start with the data arranged in a correlation table in the 
form wp have just seen. We total each colunrti and each row. 
The column totals give us a frequency distribution of the X 
values just as though we had them arranged in a frequency 
table, and the totals of the rows give us a frequency distribution 
of the Y values. We take an arbitrary origin at the center of 
one of the class intervals (near the center of the X distribution 
and again near the center of the Y distribution) and then count 
off the class deviations in each direction as we did when finding <r 
by the short method (see pages 141/.). If we label the totals 
of the columns f s (fneaning frequencies of the X classes) and the 
totals of the rows f v (meaning the frequency with which various 
values of Y occurred), and if we call the class deviations of the 
X's d x and the class deviations of the y’s d v , we car/ proceed 
to the *major part of the computation immediately. 

1 The figures are taken from ^Castle, “Genetics and Eugenics,” p. 68* 
Harvard University Press, Cambtidge, 1916. • 
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We wish to compute the values which <are necessary in the 
derivation of the two standard deviations. These values are 
2/* (or 2/ v , since these two values are equal and each equals N ), 
2(/*d*), 2(M* 2 ), 2(f v d v ), and 2 (/jA 2 ). We can proceed to 


Table 13.14.— Computation of Coefficient of Simple Linear 
Correlation from Grouped Data, Based on Table 13.13 


f. 

d x 

f x d x 

f.d x » 

fv 

dy 

wm 

w 

1 

+5 

5 

25 

1 

6 

6 

36 

5 

+4 


80 

0 

5 

0 

0 

5 

+3 

15 

45 

2 

4 

8 

32 

21 

+2 

42 

84 

10 

3 

30 

90 

47 

+ 1 

47 

47 

33 

2 

66 

132 

83 

0 

0 

0 

73 

1 

73 

73 

99 

-1 

- 99 

99 

116 

0 

0 

0 

79 


-158 

316 

96 

-1 

-96 

96 

27 


- 81 

243 

35 

-2 

-70 

140 

3 


- 12 

48 

4 

-3 

-12 

36 


Totals 

-221 


370 


+ 6 i 

635 


compute these one at a time, getting our original values of /* 
and f v from t f he totals of the columns and rows, respectively, and 
taking arbitrary origins. The computations are given in 
Table 13.14. 

The values of f y and f x come from the table on page 424. To 
check our arithmetic, we note tha/, 2 f x always equals tf v . We 
can now go ahead with the computations of the means and the 
standard deviations in accordance with the formulas on pages 
89 and 143. The results in this case are 


X = + 2 (-,-§!) 


83.306 mm. 


The value of the guessed mean was the class mark o # f the class 
containing 83 cases. This class mark was 84.5, which appears 
in the above computation as the guessed mean. In the case 
of the F’s, w # e guessed the mean at the class mark of the class 
containing 116 cases. This class mark is 66.5, which appears 
in the computation of the average of the Y’a: 


? 


66.5 + 2 



66.527 mm. 













SIMPLE LINEAR CORRELATION 


427 


The two standard deviations are 



<r x = VsM = 1.74 


• - 1 - (sTo)' " ^ 

‘ cr y = Vl.716 = 1.31 

These standard deviations are both in units of the class interval 
(which is 2 mm.) and would have to be multiplied by this class 
interval if they were to be given in millimeters. For our pur¬ 
poses, however, they can be used as they are, in class-interval 
units, since we merely wish to compare them with other figures 
which are also in these units. 

It is still necessary for us to compute something equivalent 
to the^S^XF) column of our previous method; that is, we need 
some total oFtlie'cross-products found by multiplying together 
the various X and Y values. We obtain it by multiplying each 
entry in the original table on page 424 by its d x value and by its ct y 
value, keeping track of signs. If we rewrite the original table, 
using the class deviations instead of the original class limits, 
we get Table 13.15. We now multiply each entry in the body of 


Table 13.15. —Computation of Coefficient of Simple Linear 
Correlation from Grouped Data, Based on Table 13.13 


Humerus 

Length 

(millimeters) 

Femur Length (millimeters) 

Totals 

-4 

-3 

—2 

-1 

0 

1 

2 

3 

4 

5 

6 










1 

1 

5 











0 

4 









2 


2 

« 3 

.. 



1 


1 

4 

1 

3 


10 

2 

.. 




3 

13 

13 

4 

. ♦ 


33 

1 

. . 


1 

10 

29 

29 

4 




73 

0 

_ . 


13 

52 

47 

4 





116 

-1 

. 

9 

51 

32 

4 



• 

» 


96 

-2 

2 

16 

*13 

4 






m 

35 

•—3 

• 

1 

2 

1 

* 

a 

■ 

a 

* 


m 

4 

Totals_*_ 

3 

27 

79 

•99 




5 

5 

| 

mm 
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the table by the deviation in the column at the extreme left and by 
the deviation in the row at the extreme top. For example, in the 
upper right-hand corner is the figure 1 . This would be mul¬ 
tiplied by the figure 5 at the top and by the figure 6 at the left 
to give 1 X 5 X 6 = 30. The highest figure in the next column 
to the left is 2. This will be multiplied by the figure 4 at the 
head of the column and the figure 4 at the left of the row to give 
2 X 4 X 4 = 32. Some of the results may be negative. For 
example, the highest number in the fourth row from the left 
is under the heading —1 and at the right of the heading 3. 
Hence we get, since the number itself is 1 , the following: 

, 1 X -1 X 3 = -3 

We carry out such a multiplication for each entry in the table, 
each time multiplying together three numbers (the number 
entered in the body of the table, the number at the head of tho 
column in which it is entered, and the number at the left of the 
row in which it is entered). We add the products so obtained, 
keeping track of the signs., In the case of the present table, 
we then have 

t Vfdjy = 627 

We now solve for r by the formula 

SO fdJy) (KUd*)\ (2(fydy)\ • 

r I N V N A N l 
(OW) 


The values of <r„ and <r v which are substituted in this formula 
must be in units of the class interval. In the present case, 
this formula gives 


627 /—22l\/5\ 

370 \ 370 / \370/ _ 1.703 

(1.74) (1.31) 2.279 


+0.747* . 


The corrected value can be found by the usual method, although 
when there are as many as 370 cases the correction is of little 
importance. losing the correction formula on page 398, we get 

r' 2 = 1 — (1 — 0.747 s ) ) = 0.667 * ‘ 

* r' « \/0T657 - ± 0.746 
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The corrected value is, of course, almost identical with the 
uncorrected value. When one is working with a large number \ 
of cases, as in the present problem, it never pays to use this 
correction. 

We find S y from the usual formula: 

• Sy = <r y \/l — r 2 

We found that <r v = 1.31 class intervals (see page 427). But the 
class interval is 2 mm., so we have to multiply by this figure to 
get the standard deviation in the original units: 

tr y = 1.31(2) = 2.62 mm. 

Sy = (2.62) (0.666) = 1.74 mm! 

We expect, then, to be able to estimate humerus length with an 
error of 1.74 mm. or less in two-thirds of the cases, and we should 
never expect to make an error of over 3(1.74) = 5.22 mm. 

We can compute the regression equation from the first formula 
on page 407. Our two standard deviations (found by mul¬ 
tiplying the figures on page 427 by the class interval of 2) aife 
<r x — 3.48 mm. and <r y = 2.62 mm. If we substitute these 
values in the equation, we get * 

»= +0.746 (g|). 

t y = 0.561# * 

» 

But x and y are deviations from the respective averages; that is, 
x — X — X, and y = Y — Y. If we substitute these other 
values in the equation above, we have 

Y — Y = 0.561 (X - X) 

But we know the values of Y and X from page 426. Substituting 
their„values in the equation, we get 

Y - 66.53 = 0.561 (X - 83.3) * 

Y = 19.8 + 0.561X 

J • 

This is our regression equation in its simplest form. If we wish 
to estimate the humerus length of a rabbit with a femur 90 mm. 
long, we find * 


Y, = 19.8 + 0.561(90) = 70.3 mm. 
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In this case the value of a in the type equation has no sensible 
interpretation when taken alone; that is, it makes no sense to 
say that rabbits whose femur length is zero will tend to have a 
humerus length of 19.8 mm. In such cases, where the usual 
interpretation makes no sense, one thinks of the value of a 
merely as a necessary auxiliary to be used in determining the 
values of the dependent variable, and one does not try 1 6 interpret 
it separately. 

The value of b is 0.561. This tells us that there tends to be 
an increase of 0.561 mm. in humerus length for each 1 mm. 
increase in femur length; that is, b always tells us the change 
in t he depend ent variable which accom panies an increase ~of 
one unit in the dependent variable. On page 413 we found that 
the regression equation for estimating corrected potato prices 
from the per-capita production was 

Y = 130.36 - 19.25X 

Here again it makes little sense to say that if there were no 
production the price would be 130.36 cents. But we must always 
interpret the value of 6, which is —19.25. This means that 
there tends to«be a reduction of 19.25 cents in the corrected prices 
for each increase of one bushel in per-capita output. 

Finally, we should like to find the reliability of our coefficient 
of correlation. 'yV'hen r = 0.746 we find that z = 0.964. Since 
n = 370, we find that <r 2 = l/-\^367 = 0.0522. We ‘should 
expect in two-thirds of the cases to find z values between 
0.964 + 0.052 and 0.964 — 0.052, or between 1.016 and 0.912. 
These correspond to r values of 0.769 and 0.723. We should 
almost never expect to find the z value of any sample farther 
than 3<r, from that of the universe. In this case we can say that 
the practical limits to the z values are 0.964 + 0.157 and 
0.964 — 0.157, or 1.121 and 0.807. These figures set the limits 
beyond which we feel certain that the value of r in the universe 
does not lie at 0.808 and 0.668. 

13.18. Suggestions for Further Reading.—Nowhere can the student find 
a better scfurce of information on correlation methods and procedures than 
in Mordecai Ezekiel's, “ Methods of Correlation Analysis,” John Whey & 
Sons, Inc., 1941. For a manual which outlines in systematic order the 
s'teps to be taken in calculation, the student should see H. A. Wallace and 
Creorge W. Snedecor, “ Correlation and Machine Calculation,” published in 
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paper covers at nominal* cost by the Iowa State College Book Store, Ames, 
Iowa. The student who is particularly interested in the ^-transformation 
should see R. A. Fisher, “ Statistical Methods for Research Workers," 
Oliver & Boyd, Edinburgh, 1930. In Chaps. 20 and 21 of James G. Smith's, 
“Elementary Statistics," Henry Holt and Company, Inc., New York, 
the student will find an interesting treatment of correlation in which the 
approach to the subject matter is very different from that used in this book. 
The difference in treatment may be helpful to the student who needs another 
point of view to throw correlation concepts into relief. 

EXERCISES 

1. Give two or three examples of relationship between variables which 
is such that it can be stated by a mathematical formula, like the relationship 
between the circumference and the diameter of a circle. Give two or three 
examples of relationships that are not ordinarily so described. 

2. On pages 375-378 are several tables of figures, each indicating the 
existence of relationship. In which cases does the relationship seem posi¬ 
tive, and in which negative? 

3. Table 13.16 on page 432 shows the percentage of the population of each 

state which filed income-tax returns in 1930 and the number of automobiles 
registered per 100 population in 1930. The states are arranged geographi¬ 
cally, and are in the same order in which they appear in the Statistical 
AbstractA * • 

Divide the states into two groups, putting the first 24 states (Maine 
through Virginia) into one group and the second 24 states (West Virginia 
through California) in the second group. Compute r for the first group. 
Use the per cent filing income-tax returns as the independent variable. 
Compute the regression equation. How many cars per 100 people would 
you expect to find in a state in which 4.5 per cent of theipeople filed income- 
tax returns? Compute and explain S y . 

4. Using the 2 -transformation, compute the largest and Smallest values 
of r which you would expect to find in other samples from the universe of 
Exercise 3. Then compute the value of r for the second group of states in 
Exercise 3 to see what is actually true of the r of another sample. How can 
you explain the results? Were not the samples both chosen from the same 
universe, and at random as far as income taxes and automobile registrations 
were concerned? 

6. In a certain Connecticut dairy region a study was made of farmers' 
incomes. 2 It was discovered that there was a correlation between the num¬ 
ber of cows on a farmland the gross income of the farm of • 

r = +0.519 ± 0.0638 

1 Figures are from Statistical Abstract , 1933. Figured # on percentage of 
population filing tax return^ are from p. 179, and those on autorhobiles per 
100 persons are derived from 1930 population figures on p. 9 and 1930 auto¬ 
mobile registration figures on p. 836. * 

2 1. G. Davis and C. I. Hendrickson, Soil Type as a Factor in Farpi 
Economy, Storrs Agricultural Experiment Station Bulletin 139, p. 92. 
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Table 13.16.—Percentage op Population Filing Income-tax Returns, 
and Number op Automobiles Registered per 100 Population, by 

States, 1930 


State 


Maine. 

New Hampshire. 

Vermont. 

Massachusetts... 
Rhode Island.... 

Connecticut. 

New Yorljf. 

New Jersey... y . 
Pennsylvania.. . 

Ohio. 

Indiana. 

Illinois. 

Michigan. 

Wisconsin. 

Minnesota.. 

Iowa. 


Missouri. 

North Dakota. U. 

South Dakota. 

Nebraska. 

Kansas.c. 

Delaware. 

Maryland. 

Virginia. 

West Virginia. 

North Carolina .r. 

South Carolina. 

Georgia. 

Florida. 

Kentucky. 

Tennessee. 

Alabama. 

Mississippi. 

Arkansas. 

Louisiana... 

Oklahoma. 

Texas. 

Montana. 

Idaho... 

Wyoming/. 

Colorado. 

New Mexico. 

Arizona. Pa.. 

Utah*. 

Nevada. 

Washington. 

Oregon. 

California... 


Percentage 

Filing 

Income-tax 

Return 


Cars per 
100 Popu¬ 
lation 


2.24 

23.4 

2.99 

24.0 

2.40 

24.2 

4.76 

19.8 

3.47 

19.8 

4.66 

20.5 

5.66 

18.2 

4.65 

21.0 

3.35 

18.2 

3.00 

26.4 

2.03 

27.0 

4.29 

21.4 

3.04 

27.2 

3.24 

26.6 

2.24 

28.7 

1.62 

31.4 

2.36 

21.0 

1.21 

26.8 

1.36 

29.6 

1.98 

30.9 

1.74 

31.6 

3.92 

23.4 

4.19 

19.7 

1.57 

15.4 

1.57 

15.3 

0.80 

14.2 

0.70 

12.5* 

1.00 

11.8 

1.92 

26.1 

1.19 

12.6 

1.25 

14.0 

0.85 

9.6 

0.60 

11.8 

0.67 

11.9 

1.57 

13.0 

1.36 

22.8 

1.80 

23 ci 3 

2.16 

25.1 

1-7$ 

26.8 

3.02 

27.4 

2.80 

29.8. 

1.49 

19.7 

2.43 

25.4 

2.32 

22.4 

4. A 0 

33.0 

1.69 

<28.5 

1.13 

28.6 

4.78 

3& 7 
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a. Of how much advantage was the regression equation in the reduction 
of the error of estimate?? 

b. How many farms were studied? 

c. What can you say about the value of r in the universe from which these 
farms were drawn? 

d. If a farm has 7 more cows than the average, and if the standard devia¬ 
tion in number of cows on these farms is 3, how large a gross income would 
you expect it to produce? 

e. What was the standard error of the coefficient of correlation? 

/. Assuming still that the standard deviation in number of cows is 3, what 
is the standard error of estimate, & v ? 

6. Suppose that a curvilinear relationship exists between two variables, 
and that we compute the value of r. Will this coefficient overstate or under¬ 
state the degree of the relationship? Why? 

7. On page 385 is the statement that Galton found sons’ heights nearer to 
the average than were the heights of their fathers. • 

a. Does this mean that heights arc becoming more uniform? 

b. What is the relationship between Galton’s discovery and the first 
equation for the regression line on page 407? 

8. Look up some data which you think should show relationship. Plot 
them on a scatter diagram. 

9. Give two or three examples of “concealed classifications.” 

10. On page 406 is a list of directions for computing r in accordance with 
formula (4) on page 405. Write out a similar list of directions for formula 
(3) of the same page. 

11. Solve the two normal equations (page 386) and show that 

. N'SXY - 2 XZY 
. 0 NXX 2 - (2X)* 

2X*2Y - 2X2XY 

, 0 ~ NxX* - (2X)* * 

• 

12. Show from the normal equations (page 386) that we can also deter¬ 
mine the values of a and b from the following formulas (M x = mean of the 
X’s, etc.): 

, _ Z(ir) - NM x M y 
0 ~ 2(X 2 ) - N(M X ) 2 
a — M y — bM x 

13. Fin<J in trigonometric tables the value of \/l — r 2 when r = 0.758; 
when f = 0.222. Check the results by longhand computation. 

14. By definition 5y 2 = X(Y — F) 2 . Show, therefore, tfcat 

Sy 2 - SF* - NY* 2 

as is stated on page 408 * * 

15. Make a chart showing the relationship of S v /<r y and r, as suggested on 
page 417. Check the ’problems of Exercise 13 above with the chart. 

16. Compute and explain the*coefficient of determination for Exeroise 

above. * • § 
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17. Groves and Ogburn studied social phenomena in 170 cities. They 
determined for each city the sex ratio (number ofSnales per 100 females) 
and the percentage of women 25 years of age and over who were married. 
Their results are given in Table 13.17 in which we have listed the number of 
cities falling in each class. 1 

Table 13.17.— Numbers of Cities with Various Combinations of Sex 
Ratio and Percentage of Women Married 


Per Cent of Women Married 


Sex Ratio 

44 

48 

52 

56 

60 

64 

68 

72 

76 

80 

84 

88 


to 

to 

to 

to 

to 

to 

to 

to 

to 

to 

to 

to 


47 

51 

55 

59 

68 

67 

71 

75 

79 

83 

87 

91 

60- 68 
60- 77 

1 


2 

•• 

•• 

•• 



■ 




78- 86 


1 

1 

2 

2 

1 

1 


H 




87- 95 




5 

18 

17 


1 

■ 




96-104 




1 

5 

30 

18 

6 

■ 




105-113 






3 

6 

9 

1 




114-122 






1 

7 

m 





123-131 





1 


2 

7 

1 




c 132-140 








2 

., 

1 



141-149 









2 

1 



150-158 

159-167 









1 


1 


168-176 

177-185 

186-194 











1 

i « 

r 


Would inspection of the data lead you to believe that the relationship, if 
any, is positive or negative? Note that the scale at the left is reversed, with 
the small items at the top. Compute r, S y , and the regression equation. 

1 Groves and Ogburn, “ American Marriage and Family Relationships,” 
p. 481, Henry Holt and Company, New York, 1929. 




























CHAPTER XIV 


SIMPLE CURVILINEAR CORRELATION 

14.1. Curvilinearity. —In computing the coefficient of simple 
linear correlation we determine the usefulness of a straight line for 
estimating one variable from the other. It is quite possible, of 
course, that two variables will be closely related but that a 
straight line will not describe th^ relationship. .The methods 
of the preceding chapter should be used only* when it is fairly 
evident that the relationship between the variables is linear. 



Price Revived by Producers,December 1st,-Cents per Pound 

Fig. 14.1. —Relationship between average price per pound received by farmers 
for cotton on Dec. 1, and the average price per pound in New York City for the 
same year, 1918-1927. (Data are from the U.S. Dept . of Agriculture Yearbook , 
1928, p. 887, Table 250.) 

s ' 

^How, then, can we test for linearity? How c^n we know in 
advance whether the relationship, if any, between the variables is 
linear or curvilinear? We have already learned the two most 
useful methods of testing data in a preliminary way to .determine 
the nature of the relationship between them. These two 
methods afe the computation of group averages and the plotting 
of scatter diagrams. In Ifig. 14.1 it is evident that there i^ a 
fairly close and»fairly linear relationship between the price which* 

435 




436 


ELEMENTS OF STATISTICAL METHOD * 


producers receive for cotton and the price of cotton on the 
New York market. The dots fall in a narrow, straight band 
on the chart. The fact that the band is narrow shows that the 
relationship is marked; the fact that the band is straight shows 
that the relationship is linear. Contrast this band with Fig. 14.2, 
which shows the relationship of potato production to potato 
prices. Here the dots fall in a wide, curved band. The width 
of the band indicates that the correlation is not so marked as in 


*4.00 

3.50 

<0 

' 

o 

cl i fin 
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• 

1 
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• 

• 


- 
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• 

_1_ 

4 

• 

4 
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» 

• 

• 

» 
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2.0 2.2 2 A 2.6 2.8 3.0 3.2 3.4 3.6 

Production-Hundreds of Millions of Bushels 


Fio. 14.2.—Relationship between potato production in 27 late-cro£ states 
and the price of potatoes at Minneapolis af-d St. Paul, by years, 1906-1918. 
Data from page 448. 

the cotton case, and the fact that the band is curved indicates 
that the relationship is curvilinear. Similarly, if we plot the 
data from the tables on pages 375-378 on cross-section paper, 
we can discover whether the relationship tends to be linear or 
curvilinear. Good statisticians follow the practice of testing 
their data in ways such as these before they apply the more 
complicated methods. The computation of correlation coeffi¬ 
cients, etc., should be the last step in a long series of statistical 
manipulations. ’Too often beginners have applied simple linear 
methods to data which were not at all adapted to description 
by a straight line. 

' If the relationship seems to be curvilinear, how can we go 
about the problem of describing it? The methods are similar 
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to those with which we are now familiar, and are based on the 
same logic. 

Wd may, of course, plot the data on a scatter diagram and 
draw a free-hand curve through the points just as we have 
earlier drawn a free-hand straight line (page 383). This method 
has the advantage of simplicity and speed, and is usually quite 
as logical as any other method we could use. It has the dis¬ 
advantage that all statisticians will not draw the same curve, 
so that the results will vary. 



Fig. 14.3. —Late-crop potato production and Twin Cities price, 1906-1918, with 
free-hand regression line. 


Inspection of the scatter diagram which depicts the relation¬ 
ship of potato production and potato prices (Fig. 14.2) reveals 
that there is a tendency for very marked reductions in price 
when production is increased at first, but that the price reduction 
tends to become, smaller and smaller as we move toward the 
right-hand side of the chart. We may draw a curve through the 
swarm of points on the chart, making sure that the curve also 
falls rapidly at first and more slowly later* # on. We should 
attempt to draw the curve in such a way that it would picture 
the relationship as accurately as possible if it were used alone 
without the dots. Such t a curve drawn through the potato 
data is shown In Fig. 14.3. * 
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Now that we have our regression line, the process of computing 
the remaining correlation constants (coefficient and standard 
error of estimate) is familiar. We first compute the standard 
error of estimate. It will be recalled (see page 393) that this 
measure is the standard deviation of the errors which are made 
when we use the regression line as a basis for our estimates. 
In other words, the process is one of estimating each price from 
the free-hand curve and of comparing the estimates with the 
actual facts. When the potato production was 2.6, the price 
was actually 2.0. 1 Our curve gives a value of 2.2 for a production 
of 2.6. The error is, then, 2.0 — 2.2 = —0.2; that is, the errors 
(or residuals, .as they are ofte,n called) are defined as the differ¬ 
ences which result from subtracting the estimated values from 
the actual values. In the present problem there are 13 points 
on the diagram, and there will therefore be 13 residuals. The 
number of residuals is always equal to the number of points on 
the scatter diagram (although some of the residuals may be 
equal to zero, which would mean that the line passed through 
such points). We should find each of the residuals, just as we 
have now found one of them, and we should then find the stand¬ 
ard deviation of the residuals. This standard deviation would 
be S y . To find S y we find the differences between the actual 
and the estimated values of the dependent variable (using our, 
curve as the basis for the estimates) and then compute the 
standard deviation of these differences. « 

When we have once computed the'standard error of estimate, 
the computation of the measure of the degree of relationship 
is simple. When our relationship is linear, we compute the 
coefficient of correlation (denoted by r),. In order to make a 
clear distinction between linear and curvilinear correlation, we 
call the measure of correlation around the curve the index of 
correlation and symbolize it by the Greek letter rho (p). * 

The index of correlation is computed in accordance with* the 
formula for the coefficient of correlation which appears on page 
395: 



, The data on which the scatter diagram is based appear in th^. table on 
!>. 448. * S- 
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In order to compute p we must, then, compute the standard 
deviation of the potato prices and the standard error of estimate 
aroun'd the curve. Just as in the case of the coefficient of corre¬ 
lation, the index of correlation varies between 0 and 1. An 
index of 0 means that there is no advantage in using the curve 
in the making of estimates, and an index of 1 means that the 
points all lie on the curve, so that they can be estimated without 
error. The index of correlation is not* preceded by a plus or a 
minus sign, because the curve may slope upward at some parts 
of the diagram and downward at others. 

14.2. Curve Types.—The student of algebra will recall the fact 
that various algebraic equations can be pictured* by curves of 
various characteristics. We have already discovered the fact 
that any straight line can be described by an equation of the 
general form 

Y = a + bX 

where a and b are constant values. The constants of the curve, 
such as a and b above, are called *the 'parameters, and we have 
discovered a method of evaluating the parameters—that is, of 
determining the values of a and b. No matter what the values 
of the parameters may be, a curve of the type represented by this 
'equation will always be a straight line. 1 This is evident if we 
undei^tand the meaning of the parameters. The value of a, we 
have seen, tells us the value of Y when X = 0. And the value 
of b tells us how many units to add to Y for each unit change in X ; 
that is, each time we add a unit of X we add b units of Y . But 
evidently if we add always the same amount to Y whenever we 
increase X by a given amount, our line will be straight. 

Many other mathematical equations in X and Y can be 
described by lines. It would be well worth the student's while 
to iraw several of them in J order to become acquainted with 
their characteristics. The simpler and commoner ones are 
described briefly here. 

We may add higher powers of X to the equat^qn for the straight 
line, so that we have 4he following: • 

• 

1 It may sound peculiar to talk of a straight line as a curve, but mathe¬ 
matically it is one particular kjnd of curve—the kind that can be described 
by the formula vfe are discussing here. m 
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(1) Y ~ a+ bX « 

(2) Y = a+ bX + cX 2 

(3) Y = a + bX + cX 2 + dX» 
etc. 

These curves are usually spoken of as parabolas. The second 
equation is that of a second-degree parabola, the third'equation 



Fig. 14.4. —Typical second- Fig. 14.5. —Typical third-degree 

degree parabolic curves. parabolic curves. 


of* a third-degree parabola, 'and so on. Patently the straight \ 
line is a first-degree parabola. It is a characteristic of these ' 
curves that they have two fewer bends than the number of J 
parameters. The straight line has two parameters and no bends .) 




Fig. 14.6.—Typical reciprocal Fig. 14.7.—Typical logarithmic 
curves. curves. 

« • 

The second-degree parabola has three parameters and is a con¬ 
tinuous curve bending always in the same direction; /.hat is, it 
ha* 1 ' no points of inflection. The third-degree parabola fyas four 
~ parameters (a, 6, c, and d } in the equation abovq) and has two 
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bends; it has one poiift of inflection. Graphs of typical second- 
and third-degree parabolas appear in Figs. 14.4 and 14.5. 

It may be that, although Y does not vary directly with X , the 
reciprocal of Y or the logarithm of Y varies with X. The 
relationship may be stated by one of the following equations: 

(1) I = o + bX 

(2) log F — a + bX 

It is evident that these equations give straight lines if used to 
describe the relationship between X apd the reciprocal of Y or X 
and the logarithm of Y, but give curves if plotted? against X and 
Y. Typical reciprocal curves and logarithmic curves appear in 
Figs. 14.6 and 14.7. 

If the relationship as seen from group averages or from the 
scatter diagram seems to be similar to one of the curves shown 
here (either the parabolas or the reciprocal or logarithmic 
curves), we can use the appropriate mathematical curve to 
describe the relationship. 1 This gives us the advantage of 
getting a unique solution and a solution that is easily described 
by a regression equation. One must not be misled, however, 
into thinking that these mathematical methods give results 
which are any more “correct” than those obtained from the 
free-hand curve. Unless there is some logical reason for expecting 
a logarithmic or reciprocal or 1 parabolic relationship (as there 
sometimes is in theory), the freehand curve is quite as “correct” 
as are these others. But the mathematical curves are commonly 
more convenient to work \yith. 

The processes of “fitting” mathematical curves to data 2 are 
merely extensions of the process of fitting the straight line. We 
shall continue to use the least-squares criterion as that which 
gives thfe “best” line of any particular type (see page 291). The 
normal equations for the best fitting second-degree parabola are 

Na + &2X + c2X 2 = 2F 
a2X + bVX 2 + c2X 3 = 2XF 
a2X 2 4- 62X 3 + c2X 4 = 2X 2 F 

1 See pp. 448Jf. • 

2 To “fit” a curve io data is to find a curve that describes the data. 
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For the third-degree parabola the equations are 

Na + 62X + c2X 2 + d2X* = 27 
a2X + &2X 2 + c2X 8 + d2X 4 = 2X7 
a2X 2 + &2X 8 + c2X 4 + d2X* = 2X 2 7 

a2X 8 + 62X 4 + c2X 8 + d2X« = 2 X 8 7 

0 

The symmetry of these equations should make it easy for the 
student to derive them for parabolas of higher degrees if neces¬ 
sary, but it should already be evident that the labor of computa¬ 
tion is multiplied tremendously for each additional power of X 
which is added. 1 The thjrd-degree parabola is quite compli¬ 
cated, involvirfg the raising of all X values to the sixth power 
and involving the simultaneous solution of four normal equations 
with four unknowns. Parabolas of higher degrees require so 

1 The normal equations can be easily derived, like those for the straight 
line on page 296. Let us illustrate with the second-degree parabola. The 
type equation is 

• Y ^ a + bX + cX 2 

Each actual will differ from the estimate by some deviation d (which 
may equal 0). Thus 

Y + d - a + bX + cX* 

d 23 o -f* bX -f* cX 2 — Y 
' d 2 - (a + bX + cX 2 - Y) 2 

/ = 2d 2 = 2(o bX -f cX 2 - Y) 2 

The partial differentials of this function with respect to a, b , and c must be 
set equal to 0 if we are to minimize the sum of the squared residuals. That 
is, 

& = 22 (a + bX + cX 1 — Y) = 0 
do 

^ - 22{a +bX + cX 1 - 7)X - 0 
f c = 22 (a +bX + cX‘ - Y)X ,? = 0 

Canceling the 2’s, expanding, and summing, we get 
»* 

< Na + b2X + c2X\- 2Y - 0 

a2X + b2X * + c2X> - 2X.Y - 0 
a2X‘ + b2X> + cX- 2X*Y - 0 «. 

r 

•Transposing the final terms of each of these equations, we gfct the normal 
equations as given above. c 
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much work that they »are seldom fitted. We shall shortly fit a 
parabola of the second degree in order to illustrate the use of 
the noriftal equations. 

If our data are such that a reciprocal curve (or a logarithmic 
curve) is indicated, we merely take the reciprocals (or the 
logarithms) of our original Y values, and correlate them with 
the originaf X values by the methods used in simple linear 
correlation. 

14.3. Selection of Curve Type.—When one first approaches a 
curve-fitting problem, one ordinarily begins by plotting the data 
on cross-section paper in the form of a scatter diagram. An 
inspection of this diagram will often show the nature of the 
relationship existing between the variables, indicating whether it 
is linear or curvilinear. If it is # curvilinear, the statistician 
compares the shape of the curve with that of parabolas of various 
degrees and with logarithmic and reciprocal and other curves, 
and decides from this examination what kind or kinds of curves to 
fit. It is at this stage of the analysis that statistics is decidedly an 
art rather than a science, and considerable experience is necessary , 
before one can feel any confidence in his selection of curves. 

Although the preliminary steps in statistical analysis are thus 
graphical, requiring experience and judgment, there are a few 
“tjicks of the trade” which are helpful in determining the type 
of curve to be fitted. While we cannot go into an extended dis¬ 
cussion tff such methods at this point, we shall consider some 
of the commonest and most'useful guides which are helpful 
in the selection of curve types. 

The straight line is so familiar that most beginning students 
have little difficulty in recognizing it. If the data are plotted 
on a scattergram, a ruler or string will soon show whether or not 
they fall along a straight line, and if they are distributed linearly 
it will indicate the approximate^ location of the line. In other 
words, when the equation Y = q + bX will work, that fact can 
be discovered by plotting on ordinary cross-section paper and 
seeing whether or not the data fall along a straight line. Evi¬ 
dently we could discover the same thing by finding whether or 
not given increases iq one variable were always associated with 
the same (or* about the samq) increases in the other variable, 
because the,nature of a straight line is such that a shift of a given 1 
number of units tcfthe right will always bring a shift of the same 
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number of units upward or downward. «For example, suppose 
that we have the following values of the two variables X and Y : 


X 

Y 

7 

93 

8 

90 

9 

87 

10 

84 

11 

81 

12 

78 

13 

75 

15 

69 


These data will fall along a straight line, and we can see that 
fact without plotting them at all. If we omit the last case, we 
note that each increase of one unit in the value of X is invariably 
associated with a decrease of three units in the value of Y. And 
in the last case, where two units are added to X, the decrease in Y 
is twice as much as before, or six units. Since we shall have to 
use this method again in more complicated cases, it will pay to 
become thoroughly familiar with our terminology in this first 
simple case. 

Let us list not only our original figures but also the differences 
between successive figures in each column. These differences 
we shall call AX and A Y (meaning “ differences in X” and 
“differences in Y”), and in each case the difference is found'by 
subtracting from any number the number above it in thp column. 
This computation gives us the following new table: 


X 

AX 

Y 

AY 

Ay 

7 


93 



8 

1 

90 

-3 

-X 

9 

1 

87 

-3 

■ -X 


1 

84 

-3 

•-X 

11 

1 

81 

‘—3 

-X 

12 

1 

78 

—3 

-X 

13 

1 

75 

-3 

-X 

15 

< 

* • 2 

69 

—6 

-x ■ 


Note that the figures in the last polumn are all the same. The 
difference in X divided by the difference in Y is constant. This 
is a characteristic of a straight line, and whdJ'-e an examination 
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of the data shows that the quotient of these differences is constant 
or approximately so, we can feel safe in fitting a straight line 
to the data. 

But now let us examine a somewhat more complicated case. 
Suppose that we select our data so that Y = X 2 . Then our 
table will appear as follows: 


X 

Y 

AY 

A 

3 

9 



4 

16 

7 


5 

25 

9 

2 

6 

36 

• 11 

' 2 

7 

49 

13 

# 2 

8 

64 

15 

2 

9 

81 

17 

2 

11 

121 

40 

23 


In this table the first two columns are selected so that Y = X 2 , 
and the third column shows the differences in Y. The last # 
column does not show the squares of these differences, as one 
might suppose from the heading of the column, but* shows what 
are called the “second differences of Y” As will be noted, the 
process of differencing has been gone through twice, so that the 
fourth column shows the differences of the third column just 
as the third column shows the differences of the second column. 
Note that the items in the la^t column are constant wherever 
the differences of the first column are constant. 

Suppose our original figures had been those given below and 
our scatter diagram had jed us to think that a second-degree 

X Y 

1 5 

• 2 11 

3 * 21 

# 4 35 

5 53 

6 75 

mrn • • 

parabola (one in which the second power of X was the # highest 
power) •was ^ndicatecl. We could then test by finding the 
second differences of Y for‘equally spaced values of X. If# 
such second differences are e'qual or approximately so ? w$ can* 
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conclude that a second-degree parabola, is a proper curve to 
try. In this case if we carry out the computations we have the 
following: 


X 

Y 

AY 

A *r 

1 

5 


# 

2 

11 

6 


3 

21 

10 

4 

4 

35 

14 

4 

5 

53 

18 

4 

6 

75 

22 

4 


In this tfable,. the values have been so selected that 
Y = 3 + 2X 2 , 

and the second differences are constant. Often this method 
cannot be applied directly to the data in their original form, 
because the values of X are not equally spaced; that is, the first 
differences in X are not constant in the original problem. In 
such a case, however, the«data may be plotted on a scattergram 
and a rough freehand curve drawn through the scatter. Values 
of Y can then be read from the curve at evenly spaced intervals 
of X, and the data so discovered can be tested as above. 

We have just seen that a second-degree parabola is indicated 
if the second differences of Y are constant for equally spaced 
values of X . Likewise a third-degree parabola should be 
fitted if the third differences of Y are constant for equally spaced 
values of X; a fourth-degree parabola if fourth differences are 
constant for equally spaced values of X ; and an n-degree parabola 
if the nth differences of Y are constant for equally spaced values 
of X . This principle can be illustrated by the following data. 


X 

Y 

AF 

c 

A 2 F 

' A 8 F 

r- 

2 

84 


c 


4 

108 

24 



6 

C 220 

112 

88 


8, 

468 

248 

i 136 

48 

10 

900 

432 

.184 

48 

12 

1564 

664 

232 

‘ 48 

14 

2508 

944 

280 

48 

16 

3780 

1272* 

32fc 

< 

r 48 
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These data have been so selected that Y = 100 — 10X — X 2 + X*. 
It will be noted that the third differences of Y are constant for 
these equally spaced values of X. 

Our rule, then, for testing for parabolas of any degree, is to 
take equally spaced values of X and determine whether or not 
the nth differences of Y are constant or approximately so. Of 
course, evep. if the values of the nth differences are almost all 
the same size, but are getting continually larger or smaller as 
we go down the column, we are not justified in fitting the para¬ 
bola. But if the nth differences are of approximately the same 
size and show no regular trend, we can safely fit an nth-degree 
parabola. In all such cases it is necessary that the values of X 
be equally spaced. * # 

If the scattergram seems to indicate that a logarithmic curve 
of some kind might fit, we can test by plotting a scattergram on 
logarithmic or semilogarithmic paper. If log Y = a + bX , the 
data will give a straight line on semilogarithmic paper if the Y 
variable is plotted on the logarithmic scale and the X variable on 
the arithmetic scale. This equation may also be written Y = ck x , 
where c is the antilog of a and k is the hntilog of b in the equation# 
as given before. If log Y = a + b (log X ), the data would yield 
a straight scattergram on logarithmic paper. 1 1 

14.4. Actual Computation.—For purposes of illustration we 
shall now fit various lines to the scatter diagram showing the 
relationship of potato production to potato prices. The figures 
in Table*14.1 show the potato production of 27 late-crop states in 
hundreds of millions of bushels and the price per.200 lb. at Minne¬ 
apolis and St. Paul. 2 First we plot these data on a scattergram. 
This we have already done (see Fig. 14.2, page 436). Next 
we compare the scattergfam with the type curves pictured on 
page 440. It is obvious that a straight line will not describe 
the data well, but it appears that the curve is something like 
one of,,the second-degree parabolas and also something like one 
of the reciprocal curves. We shall fit a second-degjee parabola 
and a reciprocal curve to the data and discover which fits the 
fetter. 

1 For further consideration *of the use of logarithmic and semilogarithmic 

paper, see pp. 490. ' 

2 Figures based on W. C. Wait£, “ Economics of Consumption,” p. 101, 

McGraw-Hill Book Company, Inc;., New York, 1928. • * 
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Table 14.1.—Potato Production in 27 Late-crop States and Potato 
Prices at Minneapolis and St. PhuL, 1906-1918 


Year 

Production 
(100 million 
bushels) 

Price (S per 
200 lb.) 

1906 

2.7 

1.6 

1907 

2.6 

2.0 

1908 

2.3 

2.6 

1909 

3.2 

1.2 

1910 

2.7 

2.0 

1911 

2.5 

3,1 

1912 

3.5 

1.3 

1913 

i2.7 

2.1 

1914 

3.5 

1.4 

1915 

2.8 

2.0 

1916 

2.1 

3.9 

1917 

3.2 

1.9 

1918 

3.0 

1.8 


If we are to fit the secqnd-degree parabola, we must find the 
values with which to solve the normal equations on page 441; 
that is, we sjiall need to find the values of 


2X 27 

2X» 2X7 

2X 3 2X 2 7 

2X< $ N 


This is done most easily if we arrange the operations in tabular 
form. We have given the values of X and Y (in the table 
above) and we must have columns ‘for the higher powers of 
X as well as for XY and X 2 F. We must compute these values 
for each year and add them. The sums (with N ) will give us 
the needed figures for the solution of the normal equations. 
The figures € pre arranged in tabular form in Table 14.2. 

The values needed for the normal equations are, then, 


= 36.9 
2X 2 = 106.83 
2X* - 315.303 
2X 4 = 947.9079 


2 y = 26.9 
2XF=. 73.27 
2X 2 F = 203.777' 
. N'= 13 


•mf 
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Substituting these valves in the normal equations given on page 
441, we get 

’ 13a + 36.96 + 106.83c = 26.9 

36.9a + 106.836 + 315.303c = 73.27 
106.83a + 315.3036 + 947.9079c = 203.777 


Table 14.2.— ‘Computation ov Parabolic Regression Equation Based 
on Data of Table 14.1 • 


Year 

t 

Pro¬ 

duc¬ 

tion 

(X) 

Price 

(Y) 

X 2 

X 3 . 

X 4 

XY, 

x*r 

1906 

2.7 

1.6 

7.29 

19.683 

53.1441 

*4.32 

11.664 

1907 

2.6 

2.0 

G.76 

17.576 

45.6976 

5.20 

13.520 

1908 

2.3 

2.6 

5.29 

12.167 

27.9841 

5.98 

13.754 

1909 

3.2 

1.2 

10.24 

32.768 

104.8576 

3.84 

12.288 

1910 

2.7 

2.0 

7.29 

19.683 

53.1441 

5.40 

14.580 

1911 

2.5 

3.1 

6.25 

15.625 

39.0625 

7.75 

19.375 

1912 

3.5 

1.3 

12.25 

42.875 

150.0625 

4.55 

15.925 

1913 

2.7 

2.1 

7.29 

19.683 

* 53.1441 

5.67 

15.309 

1914 

3.5 

1.4 

12.25 

42.875 

150.0625 

4.90 

17.150 

1915 

2.8 

2.0 

7.84 

21.952 

! 61.4656 

5,60 

15.680 

1916 

2.2 

3.9 

4.84 

1 10.648 

23.4256 

8.58 

18.876 

1917 

3.2 

1.9 

10.24 

32.768 

104.8576 

6.08 

19.456 

1918 

3.0 

1.8 

9.00 

27.000 

81.0000 

5.40 

16.200 

Totals. . 

•*3G.9 

26.9. 

106.83 

315.303 

-A _ 

947.9079 

*73.27 

203.777 


Solving these equations for a, 6, and c, we get 


(l — — 1 — 18-0 

6 = -10.415 
c = + 1.549 

a 

Our equation then becomes ■» 

Y = 18.9 - 10.415X + 1.549X 2 

We can now use this equation in estimating values of Y from 
known values of X. % Sifppose, for example, that we Vish to 
estimate the* mo^t probable price which would accompany a 
production, of 280 million bushels. Our. original figures are in# 
hundreds of millions of bushels; hence this would become 2.8. # 
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We substitute 2.8 for X in our regression equation and find 

Y = 18.9 - (10.415)(2.8) + (1.549)(2.8 2 ) 

Y « 1.88 

Our estimate is, then $1.88 per 200 lb. Similarly we could 
estimate the price which would accompany any other production. 
If we estimate the prices for several productions anel locate the 
estimates‘on our chart, we can connect them with a smooth 
curve and thus see our regression line on the scattergram. This 



( 2.0 2.2 24 2.6 2.8 3.0 3.2 3.4 3.6 

Production-Hundreds of Millions of Bushels 4 

Fia. 14.8.—Late-crop potato production akd Twin Cities price, 1906-1918, with 
straight and parabolic regression lines. 

has been done in Fig. 14.8, where the parabola appears on the 
scatter along with the straight line fitted by least squares. 1 

1 This chart illustrates well one of the inherent peculiarities of the second- 
degree parabola. It will be noted that near the right-hand edge of the chart 
the parabolic trend begins to rise; that is, the trend seems to indicate in 
this region that larger productions are accompanied by higher prices. This 
is a'peeuliarity of the method itself and not a peculiarity of the data. Since 
various kinds of mathematical curves are subject to various peculiarities 
of this kind, it is easy to see that the extrapolation of a curvilinear trend 
(the extending of<the trend beyond the limits of the original data) is dang$ff» 
ous. In 1 the present case the parabolic trend would show a continued rise 
in price, with production rising beyond a production of 3.36 and continuing 
indefinitely. c • 

1 One of the advantages of the freehand trend as compared \yith the trend 
fitted by mathematical methods is that the former i^ not subject to these 
peculiarities. 
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It will be seen that ir} computing the constants for the parabolic 
equation we have computed all the values necessary for the 
straight dine. Substituting the proper values in the normal 
equations of page 386, we get 

13a + 36.96 = 26.9 
, 36.9a + 106.836 = 73.27 

Solving for the values of a and 6, we get 

a = G.12 
. 6 — —1.428 

The equation for the straight line is, then, t 

Y = 6.12 - 1.428X 

Now let us fit a reciprocal curve. Instead of correlating X 
and Y we shall correlate X and the reciprocal of Y; that is, we 
shall let Y stand for the reciprocal of the price rather than for 
the price itself. Our variables will be 

X = production (hundreds of Aiillions of bushels) 

Y = reciprocal of price 


Table 14.3.—Fitting the Reciprocal Regression Line to the Data op 

Table 14.1 


Year* 

Production 

1 

(X) 

Reciprocal 

of Price 

<% 

(Y) 

« 

X* » 

XY 

1906 

2.7 

0.6250 

7.29 

1.68750 

1907 

2.6 

0.5000 

6.76 

1.30000 

1908 

2.3 

* 0.3846 

5.29 

0.88458 

1909 

3.2 

0.8333 

10.24 

2.66667 

1910 

2.7 

0.5000 

7.29 

1.35000 

1911 ■ 

2.5 

0.3226 

6.25 

0.80650 , 

1913 

3.5 

0.^92 

12.25 

2.69220 

1913 

2.7* 

0.4762 

7.29 

• 1.28574 

1914 

3.5 

0.7143 

12.25 

2.50000 

191^ 

2.8 

0.5000 

7.84 

1.40000 

^ 1916 

2.2 

0.2564 

4.84 

0.56408 

1917 

3.2 

1 0.5263 

10.24 

1*68416 

1918* 

3*.0 ’ 

V* 

0.5556 

» 

9.00 

1.66666 

Totals.•. 

36.9 

• 

6.9635 

106.S3 

20.48809 i 
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We proceed just as we would in simple linear correlation 
(see Table 14.3). The column of X’s and the column of X 2 ’s are 
taken directly from the previous computations (pa'ge 449). 
The column of F’s now represents the l’eciprocals of the prices, 
and the column of XT’s is changed accordingly. The totals 
are now substituted in the normal equations for the straight 
line (pagQ 386), to give 

13 a + 36.96 = 6.9635 
36.9a + 106.836 = 20.488 

Solving these two equations simultaneously, we get 

I , 

r a = —0.44505 

b = ( +0.3455 

Our regression equation is 

Y = -0.44505 + 0.3455X 

Since we have carried on our computations with the reciprocals 
' of the prices rather than with the prices themselves, the estimates 
made with this regression equation will be in terms of the recip¬ 
rocals of prices. If we want the actual prices we must take the 
reciprocals of these estimates; that is, if we wish now to let Y 
represent the actual prices, we must change our regression 
equation to read thus: 

« J = -0.445 + 0.3455X 

Now let us estimate the most probable price for a production of 
280 million bushels. This production makes X equal 2.8, 
which gives us 

i = -0.445 + 0.3455(2.8) 

Y • f 

' j = 0.52235 
Y = 1.91 

C n mr" 

Our estimated price is, then, $1.91 pkr 200 lb. As before, we 
may estimate the price for several different productions, locate 
■ these estimates t on the scatter diagram, and draw a smooth 
Hsurve through the points so found*. This wil^ give us a picture 
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of the reciprocal regression line. Such a curve appears in 
Fig. 14.9. 

We have found the regression equations, and now we must 
find the standard errors of estimate and the indices of correlation. 
We shall illustrate the method with the reciprocal curve which 
we have just found, 1/7= —0.445 + 0.3455X. We have 
already seeri*that this equation may be used in estimating values 
of 7 from known values of X. Let us estimate the price which 
would be expected with each of the actual productions and 



reciprocal regression line. Data from page 448. 


compare our estimated prices with the actual prices. The 
comparison is made in Table 14.4. Here the column of estimated 
prices is found by substituting the production of each year for X 
in the regression equation and solving. The differences in the 
last column are found by subtracting the estimated values 
from the actual values. We next compute the standard devia¬ 
tion of these differences (they are the residuals from the reciprocal 
curve) and find it to be 0.^1* But the standard deviation of the 
errors in ^estimating is* the standard error of estimate (see page 
393). Thus we can say: * • 


» 


8 „ = 0.11 
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We next compute the standard deviation of the original prices. 
This turns out to be 0.7211. We need only substitute these two 


Table 14.4.—Determination of Errors of Estimate from Reciprocal 

Regression Line 


Year 

< 

Production 

Estimated 

Price 

Actual 

Price 

Difference 

1906 

2.7 

2.05 

1.6 

-0.45 

1907 

2.6 

2.21 

2.0 

-0.21 % 

1908 

2.3 

2.86 

2.6 

-0.26 

1909 

3.2 

1.51 

' 1.2 

-0.31 

1910 

2.7 

2.05 

2.0 

-0.05 

* 1911 ’ 

, 2.5 

2.39 

3.1 

+0.71 

1912 

3.5 

1.31 

1.3 

-0.01 

1913 

2.7 

, 2.05 

2.1 

+0.05 

1914 

3.5 

1.31 

1.4 

+0.09 

1915 

2.8 

1.91 

2.0 

+0.09 

1916 

2.2 

3.17 

3.9 

+0.73 

1917 

3.2 

1.51 

1.9 

+0.39 

1918 

3.0 

1.69 

1.8 

+0.11 


values in the equation on page 438 to discover that 


P = 




0.011 2 
0.7211 2 


0.988 


It is well to jJoint out in connection with this illustration the 
fact that the residuals as shown in the table are peculiarly 
arranged. In the early years the residuals tend to be negative 
and in the later years positive. Such a condition would lead 
one to believe that it would be advantageous to eliminate 
trends before correlating. 

The scatter diagram has shown us that the reciprocal curve 
is a better fit than is the straight line. The fact th&t the curve 
describes the relationship better than does the line can? be seen 
also by cofnparing the index and the coefficient of correlation. 
Using the data from page 448, we find that r = —0.822. When 
r and p are both computed from the same raw data, the lat^r 
will always either equal or exceed the former in size. If the 
data are actually distributed in a straight band (^hat is, if they 
are really linear) f , the two coefficients wjll be equal. t If the data 
fc are curvilinear, the index of correlation will« t always be greater 
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than the coefficient of correlation. This is to be expected, since 
in this case the curve will be a better basis of estimates than the 
straight Jine. 

If we were to compute p from the second-degree parabola, 
we should follow the same steps we have just taken. First, 
we should estimate each year’s price from the production by 
means of the regression equation. Second, we should find the 
differences between the actual prices and the estimated prices. 
Third, we should find the standard deviation of these differences. 
This would be the standard error of estimate, and in the case of 
the parabola it equals 9.338. We should substitute this value, 
along with the standard deviation of the Y’ s, in the equation 
for p and these solve the equation. Tn this case our answer is 
0.884. Thus, the parabola gives us a better basis for estimate 
than does the straight line, but not so good a basis as the recip¬ 
rocal curve. 

14.6. Corrections for Number of Cases and of Parameters.—If 

we have but two points on our scatter diagram, the best fitting 
straight line will pass through them both and we shall have 
perfect correlation. In other words* if we try to correlate * 
two observations, we are bound to get perfect correlation. Simi¬ 
larly, if we have but three points the best fitting second-degree 
parabola will pass through them all with no error of estimate, 
and p will equal one. Likewise, the best fitting third-degree 
parabola # will pass through four points; and so on*. In our most 
recent illustration we had 13 * cases. Had we wished to fit a 
12th-degree parabola, it would have passed through all the 
points and we should have found p = 1.00. 

It is evident, then, that the results of correlation analysis 
give a somewhat exaggerated picture of the degree of the relation¬ 
ship, and that the extent of the exaggeration depends on two 
things: . < 

1. The number of cases studied in the problem. 

2. The number of ‘parameters in the equation. r * 

Just as we corrected the standard error of estimate and the 
coefficient of correlation when our relationship .was linear, so 
must we correct our results when we have used curvilinear 
methods* In fact* the corrections are much more important 
in the latter case because the number of parameters is larger.* 
The formulas for % he corrected values (letting S' represent the 1 
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corrected standard error of estimate and p' represent the cor¬ 
rected index of correlation) are 

W - CV> (fz-p) 

(„')•- i - (X _ P-) (j^) _ 

( 

In these two equations P represents the number of parameters 
in the regression equation if the equation is parabolic. For 
freehand curves or other nonparabolic curves one uses for P the 
number of parameters which it would be necessary to use in a 
parabolic equation to give as many twists as there are in the 
curve which is* used. For example, the reciprocal curve has one 
bend (see Fig. 14.6, page 440). The second-degree parabola, 
which is described by an equation with three parameters' (a, 6, 
and c, as on page 440), also has one bend. Thus if we have used 
the reciprocal curve (or a freehand curve with one bend) we 
let P = 3. If one computes p from a curve with two bends, one 
# lets P = 4, etc. In general the value of P will be greater by 
two than the number of bends in the curve. 

In the caf<e of our reciprocal curve we found that S y = 0.11 
and p = 0.988 (pp. 453-4). Let us correct these values. The 
reciprocal curve has one bend, and hence is equivalent to the 
second-degree parabola Y = a + bX + cX 2 . The equivalent 
number of parameters is 3. Hence we have, 

ft 

(iSJ) S = 0.11 s (j?) = 0.01452 

Si = 0:12 

( p ')2 = 1 - (1 - 0.988 s ) = 0.9713728 

p' - 0.986 

C 

On page 455 we gave the results of the parabolic curve &s 

S v = 0.338 
p — 0,884 

These give the following corrected values:, 

Si = 0:370 
p' = 0:858 ' 
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r = —0.822 


Hence we get the corrected value r f = 0.804. In this latter 
case P — 2. 


We can now compare the results of the various methods which 
we have applied to the potato study. We find with the reciprocal 
curve that p' = 0.986. With the second-degree parabola 
p = 0.858. With the straight line / = 0.804. The reciprocal 
curve is the best to fise for purposes of estimating the price, 
and the straight line is the worst of those tried; but even the 
straight line is better than nothing. With the reciprocal curve 
S f y = 0.12, which means that two-thirds of our estimates should 
fall within 12 cents of the actual price and that we should never 
be in error by over 36 cents. With the parabolic curve /S' = 0.37; 
hence twa-thirds of our estimates should be within 37 cents of 
the actual price and we should practically never be in error 
by over $1.11. The standard error around the straight line 
is 0.429. This means that, if we use the straight line as the basis 
of our estimates, we should be within 43 cents of the correct 
price two-thirds of the time and we should almost never err by 
oyer $1.29. 

It is necessary to add one word of explanation to the formula 


for correcting p. 


•If the valug of (1 — p 2 ) 



should turn 


out to be greater than 1, so that the value of ji 2 is negative, the 
corrected result should be called zero; that is, there is no evidence 
of relationship. 

We noted a moment ago that if the number of cases and the 
number of parameters are equal, the line will pass through all 
the points and the uncorrected index of correlation will equal ; 
unity. *• It will be mathematically necessary for us to get perfect 
correlation. But note what will happen when we correct the 
index of correlation. If the number of cases and the number of 
•parameters are equal, N — P = 0. Thus we have a value of 
zero for the denominator of the last part of the c&rrection 
formula. Bjit division by zero is not allowed in algebra; the 
idea is absurd. Likewise the idea of fitting a complicated curve 
to a small number of points Is absurd. • 
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14,6. linear and Curvilinear Correlation Compared. —It will 
be noted that the formula we have used for p is exactly the same 
as the basic formula that we first derived for r on page 305; that 
is, the concepts are the same. The coefficient of correlation 
tells us whether or not it is advantageous to use a straight line 
in estimating values of the dependent variable. The index of 
correlation tells us whether or not it is advantageous'co use some 
particular curve in estimating values of the dependent variable. 

We have, however, made a slight departure from our former 
practice in fitting the reciprocal curve, and we should make a 
similar departure if we fitted a logarithmic curve. In fitting 
the reciprocal curve we found values of the parameters in such 
a way that we minimized the sum of the squared deviations. 
But these were not, as before, deviations of the Y’a from the 
average Y. This time they were deviations of the reciprocals 
of 7 from the average reciprocal. Thus we minimized the 
sum of the squared deviations of the reciprocals from the mean 
reciprocal. In fitting a logarithmic curve (which we should do 
just as we fitted the reciprocal curve, save that we should use 
Togs of y rather than reciprocals of Y), we should minimize 
the sum of the squared deviations of the logs of Y from the mean 
log of y. In such cases one must admit that the least-squares 
criterion of goodness of fit is no longer being used, since we are 
not minimizing the sum of the squared deviations in the sense 
which we originally described. In other words, while there 
is a theoretical advantage in using the least-squares approach 
when fitting straight lines and parabolas, this advantage dis¬ 
appears when we fit reciprocal curves, logarithmic curves, and 
the like. In these cases the use of the normal equations which 
are derived in such a way as to minimize the sum of the squared 
deviations is arbitrary and based merely on the fact that they 
are convenient. Theoretically one may as well use the freehand 
regression line, and as a matter* of fact this has the advantage 
that the man using it is not so likely to be led astray by mis¬ 
placed reliance on mathematical computation as he is when 
using the more* formal methods (see last paragraph of Chap. J** 
pp. 5-6). One can, of course, determine the equation of his 
freehand regression curve if he wishes by the 1 methods already 
described for finding the formula of freehand trend lines (see 
p page 278). * 
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14.7. Standard Errors in Curvilinear Correlation.—We should 
naturally like to test the reliability of our index of correlation to 
find whether the index is apt to be indicative of the nature of the 
relationship in the universe or whether it may have arisen from 
peculiarities of the particular sample studied. For this purpose 
some authors have suggested the use of the formula 



In the case of the reciprocal curve with which we have just 
been working, we found that p = 0.988, N = 13, and P = 3. 
From these figures and the above formula we shquld compute 
< t p = 0.00755. However, we saw on page 400 th&t these common 
formulas are often misleading when applied to small samples 
or to instances in which the relationship is large. The situation 
is even worse in curvilinear than in linear correlation. The 
curvilinear coefficients found in various samples from the same 
universe are decidedly non-normal in distribution, and the use 
of ordinary methods of standard or,probable error is out of thp 
question. Hotelling has said, 1 “The probable error of the 
correlation ratio may now be considered as an,obsolete con¬ 
cept; the assumption of a normal distribution is in this case an 
extremely crude approximation.” It is possible that the relia¬ 
bility of the curvilinear regression line could be determined by 
methods called “analysis of variance,” but these methods are 
too advanced for us to takh up here. The interested reader 
is referred io the standard work on the subject by R. A. Fisher. 2 
We are probably safe in assuming at least that there is some 
correlation in the univei^e when the value of p is as high as it is 
in our present case. 3 

1 Journal of the American Statistical Association , Vol. XXVI, No. 173A, 
p. 82. % 

* “Statistical Methods for Research Workers,” Oliver & Boyd, Edinburgh, 
1938. 

* In this connection we should note that it is rather difficult to define our 
universe in the present case. We have based our computations on figures 
showing potato production and prices for the years 190d-1918. ,But it can 
hardly be said that thqpe are a random sample of the years before and the 
years after. JlieyVere not chosen # by lot from all the years in existence 
(or from all the years that ever did or ever will exist ). Only insofar as the 
years 1905-1918 &rf representative of other years can we apply our cc«i-^ 
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14 . 8 . Suggestions for Further Reading.—The problems of curvilinear 
correlation combine the concepts of curve fitting and the concepts of correla¬ 
tion. For this reason the references already cited under these two separate 
headings (see Secs. 10.21 and 13.18) are again useful here. The standard 
work on correlation, Mordecai Ezekiel's, “ Methods of Correlation Analysis/' 
John Wiley & Sons, *Inc., New York, 1930, should again be given especial 
mention. A quick review of the material covered in Chaps. 10 and 13 of 
this book may help to clear up doubtful points. ^ 

« 

EXERCISES 

1. The scatter diagram on page 436 shows the relationship of potato 
production to the price of potatoes. Make a scatter diagram showing the 
relationship of potato production to the reciprocal of the price of potatoes. 
This wrll be a scatter diagram of the figures in the table on page 451. Note 
the change in the distribution of points. What does this tell about the 
possibility of fitting a reciprocal curve to the points? 

2. Plot a scatter diagram of the data in the table on page 448 and draw 
a freehand curve through the points. Compute p from the freehand curve, 
reading your estimated prices from your diagram. 

8 . Draw sample curves of each of the following equations. Save them 
for use in determining the type of curve that will describe particular dis¬ 
tributions of points on scattergra^ns. 

Y = a + bX 

# # Y = a - bX 

Y - X 2 

Y = a + bX + cX* 

Y - a - bX + cX 2 

4 ‘ Y = a + bX - cX 2 „ 

Y - a - bXi~ cX* 

Y = a + bX + cX 2 + dX * 

Y - a - bX + cX 2 - cX* 

Y - log X 
log Y - X 

Y - a - log X 


elusions to other periods. This fact is but one of the difficulties Which arise 
when we correlate time series. Ordinarily we should also hesitate ^corre¬ 
late times series*without first eliminating trends and*seasonal movements; 
otherwise we are likely to get spurious correlation. If we correlate monthly 
egg prices in New York City with monthly mean temperatures in Bargkok^ 
we shall a)most certainly get a sizable coefficient of correlation .merely 
because both series are characterized by seasonal fluctuations, and they are 
almost certain to be fluctuating c either together or in 6ppos\te directions. 
The dangers inherent in correlation problems involving historical data 
should be evident; it is impossible to give more space to,them here. 
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a log Y = X 



a - ~ = X 

In each equation replace a, b, c, and so on, by arbitrary numbers, substitute 
various values of X (both positive and negative), and solve to find the values 
of Y. Plot these values *of X and Y to see the shape of the curve. 

4. How many parameters would be necessary in a parabolic equation 
to give eight bends to a curve? * * * 

6. Using the normal equations of the second- and third-degree parabolas 
as guides, write the normal equations f of the fourth‘degree parabola. Stu¬ 
dents of the calculus should derive the equations to check their results. 

6. If, in a given problem, the number of parameters exceeds the number 
of points on the scatter diagram, what happens to the correction formulas 
on page 456? Explain. 

7. On page 449 we found the regression equation of the second-degree 
parabola. Using this equation, estimate the price which would accompar^y 
a production of 3.3; a production of 3.6; a production of 4.0. What is hap¬ 
pening to the price as the production increases? Is this resy.lt to be expected 
a priori? Note the danger of projecting regression lines beyond the extremes 
of the data studied. At what production would the price be lowest if this 
aquation really described the relationship? 

8. On page 449 is a table which was used in computing the constants for 
the nor*ial equations of the second-degree parabola. Draw up a table 
such as would be used if we were*fitting a third-degree parabola. 

9. On page 451 are given two normal equations? Solve them simul¬ 
taneously and check the results given in the text. 

10. On page 454 is a table which includes a column of estimated prices. 
Using the appropriate equation, estimate these prices and check the figures 
given *in the table. 

11. Using the figures in the table on page 454, find S y and Check 
your result^ against those given in the text. 

12. On page 455 is given the value»of p computed around the second-degree 
parabola. The computations are not given. Carry out tjie computations 
and check the results. 

13. Compare the correction formulas of page 456 with those given for 
linear Correlation on page 398. What is the relationship between them? 
How many parameters are ihere in the equation for a straight lfiie? 

14. C|n page 457 ,we hre told that r =* —0.822. On page 454 we are told 

that <r v — 0.7411. From these «twc* figures compute the value of S y and 
compare it .with the value* given # on page 457. • # 
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MULTIPLE CORRELATION 


16.1. Nature of Multiple Relationships.—We have discovered 
that it is often possible to make use of a knowledge of the value 
of one variable when we are trying to estimate the value of 
another. When the knowledge of one variable makes possible 
more accurate estimates of the value of another variable than 
would be possible Without it, we have said that the two variables 
are related or correlated. Yet it is evidently true that when 
we are trying to make an estimate of the value of some one 
variable (say a person’s weight) we may wish to consider not 
one other variable but several others. For example, if you are 
asked to estimate the weight of an unknown person, what data 
will help you to make your estimate? You will want to know 
the person’s 1 age, height, sex, nationality, etc. Obviously 
weight is correlated with several other things, not merely with 
one, and the regression equations which we have used up to this 
point have enabled us to estimate the value of one variable by 
substituting the value of but one other variable. Ho\f much 
handier it would J>e if we could find an equation ip which we 
could substitute figures for both a man’s height and his age in 
making an estimate of his weight! 

Problems that involve the determination of the relationship 
between one variable and several other variables acting together 
are called problems of multiple correlation . The chances are 
good that most relationships are t in fact multiple relationships; 
most effects ^probably have multiple causey. In some* cases 
some one of the connected variables is so far and away more 
important than any of the others that we can neglect the .others 
and determine the relationship of the effect to but one «of the 
causes. 1 For example, we often estimate the period of vibration 

• . r 

ex Here we fall into the easy circumlocution of “cause and effeft” without 
ts&ing the trouble to explain their meaning. Again we.mean merely that a 
knowledge of one or more variables is helpful in estimating the vaHe of 

402 
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of a pendulum from the length alone, neglecting variations 
caused by gravity, air resistance, etc. The length is relatively so 
important under ordinary circumstances that we feel safe in 
assuming that the period varies with the length alone. Such a 
relationship would be one of simple correlation. If we desired 
greater accuracy, however, and tried to estimate the period of a 
pendulum from its length, the pull of gravity, and the resistance 
of the surrounding medium, we should have a problem in mul¬ 
tiple correlation. 

16.2* Dependent and Independent Variables.—In problems 
of multiple correlation* we are dealing with situations that involve 
three or more variables. We are trying to make estimate^of the 
value of one of these variables based on the values of all the 
others. The variable whose value we are tiding to estimate is 
called the dependent variable , ancl the other variables, on which 
our estimates are based, are known as the independent variables . 
Again we emphasize, as we did in the case of simple correlation 
(see pages 374 and 381n.) that no problem of cause and effect is 
involved in the dependence or independence or variables. It is 
merely a question of the usefulness of one variable in making 
estimates of another. The variable that we wish^to estimate is 
automatically the dependent variable. We select as independent 
variables all the other variables which, in our opinion, will be of 
significant help to us in estimating its value. 

It should be obvious that the statistician* himself chooses 
which variable is to be dependent and which variables are to 
be independent. It is merely a question of Ihe problem being 
studied. If we are trying to determine the most probable 
weight of men, we make weight the dependent variable and 
height, age, etc., the independent variables. If, on the other 
hand, we are interested in explaining (or estimating) height, we 
will make height the dependent variable and age, weight, etc., 
the independent variables. * 

Problems of multiple correlation always involve *three or more 
variables (one dependent and two or more independents). In 
order that we may distinguish them easily, we follow the custom 
of representing them by the letter X with various subscripts. 

___ A _—-----— 

•# t — ^ 

another variable. As to which yariable is the cause and which the effect, 
or what is $he meaning oS cause and effect, we leave* the problem to texts 
on logic and philosophy. * # , 
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The dependent variable is always denoted bv X\ } and the others 
by Xz, Xz, etc. Thus in the height, weight, and age problem 
which we have just used for purposes of illustration, if we are 
trying to estimate men’s weights (that is, if weight is the depend¬ 
ent variable) we might say: 

Xi = weight in pounds 
r Xz = height in inches 

Xz = age in years 

Any statistician who read these statements would know that 
weight was the dependent variable, since its subscript is the 
number 1. 

Other corrfelatjon symbols* are also changed where necessary. 
In simple correlation we have designated the coefficient of cor¬ 
relation by r and the index of correlation by p. The coefficient 
of multiple linear correlation is represented by R , and it is 
common to add subscripts designating the variables involved. 
Thus Ri.zzt would represent the coefficient of multiple linear 
correlation between Xi on the one hand and X 2 , Xz^smd X 4 
dh the other. Likewise pl‘ 234 would represent the index of 
multiple correlation (used when the relationships are curvilinear) 
between X\ on the one hand and X%, Xz, and X 4 on the other. 
The subscript of thye dependent variable is always to the left 
of the point. The standard error of estimate when the value eft 
Xi is computed (from the values of X 2 , X 3} and X 4 would be 
represented by Si. 234 . The variably estimated 1 is designated by 
the number to the'left of the point, and the variables on which 
estimates are based are to the right of the point. Th^standard 
deviation of the X\ variable would be represented by <ri; and <r 2 
and era would represent the standard deviations of X 2 and X 3 , 
respectively. The arithmetic means of Xi and Xz would be 
shown as X\ and Xz or as Mi and M 2 , respectively. 

"16.3. Multiple-regression Equations.—The regression ^equa¬ 
tions which we used in simple linear correlationr were rather simple 
algebraic equations which (after we had evaluated the para¬ 
meters) had but, two unknowns, X and Y. For example* suefy 
an equation might be « 

Y r= 12 - 3X 

1 1 * * 

This equation showed us how to vary our estimate of Y, when the 
»value of X varied. In fact, the above equation “tells us to reduce 
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the value of Y three units whenever we increase the value of X 
one unit. * 

Wbpn we came to parabolas of higher degrees, the regression 
equations became somewhat more complex because we included 
in them one or more of the higher powers of X as well as the first 
power. But still there were but two variables involved, X 
and Y . 3Tor example, such an equation might be 

Y = 7 - 2X + 5X 2 

This equation also tells us exactly how to vary our estimates 
of y as the value of X varies. 

The multiple-regression equation must obviously be altered 
so that we can account for changes in all the independent vari¬ 
ables. The value of the dependent variable is* to depend on the 
values of several other variables. This fact, however, requires 
no major alteration in the regression equation. It requires 
merely that we add terms for the new variables. If we are to 
use two independent variables, with the dependent variable 
being represented by Xi and the other two variables by X 2 
and X 3 , our equation might be something like this: • 

• Xi = 3 + 2 X 2 - 3X S 

1 

Now if the value of X 2 is 10 and the value of X 3 is 7, we can 
substitute to get 

; Xi = 3 + 2(10) - 3(7) = 2^ 

In this*case we h£ve estimated the value of Xi from known values 
of X 2 and*X 3 . The nature of the problem :e exactly the same 
as in simple correlation. 

It will be noted that in the above sample multiple-regression 
equation we are told thdt if X 2 = 0 and X 3 = 0, Xi will equal 3. 
(Try substituting 0 for X 2 and X 3 , and solving.) We are told 
likewise that each increase of one unit in X 2 will bring an increase 
of twp units in Xi and that* each increase of one unit in X 3 
will bring a decrease of three units in Xi. Ii\ other words, 
the parameters of the multiple-regression equation tell us the 
game 4 iype of thing that we are told by the parameters of the 
simple-regression equation. 

The, multiple, linear regression equation is always of the 
general forth , • ’ * m 

Xi 1= a + 62XJ + 63X3 + 64X4 + • • • 9 m 
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The parameters 62, 63, 64, etc., are called the regression coefficients . \ 
Strictly speaking, we should give them more subscripts so that 
we can tell not only with which independent variable they are 
connected, but also which variable is dependent and what other 
variables are independent. For example, if we have two inde¬ 
pendent variables and one dependent variable (the latter being 
Xi), we should write our complete multiple linear* regression 
equation thus: 

Xi = ai.23 + 612,3X2 + 613.2X3 

The parameter 612.3 is called the regression coefficient of Xi 
on X2 with X$ held constant. It tells us the amount by which 
Xi will vary'for pach unit’s change in X2 if there are no changes 
in the value of X 3 . Likewise 613.2 tells us the number of units 
by which Xi will change for each unit of change in X 3 if there 
are no changes in X 2 at the same time. Consequently 6 i 3 . 2 is 
called the regression coefficient of Xi on X 3 with X 2 held constant. 

These terms sound formidable, but they represent no ideas 
which we have not encountered in the case of simple linear 
(Correlation except the idea’of “holding constant.” Obviously 
we cannot say what will happen to Xi when we change ^ 2 
unless we knoV that there are no variations in Xz at the same 
time. We do not know what will happen to the period of the 
pendulum when we change its length unless we hold gravity 
constant. But if we can hold gravity constant, then we can 
say that the addition of 1 in. to ( .a pendulifm whose present 
length is 13 in. v:ill have a definite effect on the -period. It 
may be that we shall have to hold two or three or more other 
factors constant. If we had five independent variables, one 
of our regression coefficients would be '612.3456- This would be 
the regression coefficient of Xi on X 2 with X 3 , X 4 , X 6 , and X 5 
held constant. It would represent the pame type of thing as a 
statement regarding the effect of changing the lengtfy of a 
pendulum while we held constant the pull of gravity, the tem¬ 
perature, the barometric pressure, and the resistance of the 
surrounding mqjlium. * m 

If we «use all the subscripts, then, < our ‘ typical regression 
equation for multiple linear correlation involving,two independent 
variables will be ' , r * , # 

Xi = ai. 2 3 + 612.3X3 + 613.2X3,. 
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• • 

Our problem would be that of evaluating the parameters in 
order that we might* state the equation in a form like this: 

. Xi = 6 + 17 X 2 - 1 . 543 X 3 

With three independent variables, the equation would become 

Xi = C&1.234 &12.34X2 6 13.24X3 + 614.23X4 

■» 

The extension for a greater number of variables* is obvious. 
As long as the relationship is linear, each X (that is, X 2 , X 3 , 
etc.) will appear in the equation but once and always in the 
first power. The nvtjor problem is that of determining the 
values of the regression coefficients and of the a term so that it 
will be possible to make estimates. • • • 

16.4. Types of Relationship.—In the regression equations of 
which we have just been speaking it is evident that every addition 
of one unit to any independent variable has the same effect 
regardless of the size of the dependent variable. Thus, if our 
regression equation is 

X x = 5 + 2 . 4 X 2 + 1 . 5 X* 

* 1 

i£ is clear that whenever we add one unit to X 2 (X 3 remaining 
the same) we increase the value of Xi by 2.4 units. This is true 
regardless of the size of X 2 . Similarly each increase of one unit 
in X 3 brings an addition of 1.5 units in Xi regardless of the size of 
X 3 . When our multiple-regression equation, is of this type, 
we say that the relationship § is linear. The equation corresponds 
to that fos simple linear correlation, in whi^h the independent 
variable appears but once and in the first power. Just as the 
simple linear regression equation can be represented by a straight 
line, so the multiple linear regression equation involving two 
independent variables can be represented by a plane. 

For example, suppose that we are studying the effect of varia¬ 
tions in 'temperature and in ^rainfall on the yield of potatoes. 
If the relationship is linear, it can be described^by some such 
plane as that in section A of Fig. 15 . 1 . In this chart is shown a 
solid * The height of the solid at any point represents the value 
of the dependent variable (potato yield). The scale, along the 
lower, right-hand edge represents the values of X 2 (rainfall), 
and the scale along the^lowe? left-hand edge represents values 
of X3 (temperature).* It jsvili be noted that the values of JXu 
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are represented by a plane which slopes from the back comer 
toward the front comer. As we move along; the X 8 scale from 
left to right (that is, as the value of X z increases while the value 
of X2 is fixed), the values of Xi (heights of the solid) diminish. 



Moreover, they diminish regularly along a straight line, and 
everywhere along; lines of the same slope, no matter at *vvhat« 
point we hold X 2 constant. * 

Now let us move along the # X2 scale from thfe front pf the'solid 
to /.he back. It will be seen that,' as' the values of J^ 2 increase, 
the*value of Xi likewise increases regularly along a straight line. 
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Regardless of the ptoint at which we hold X 3 constant, the slope 
of this line is the same; that is, if we pass many vertical planes 
through the solid parallel to the X 2 scale, they will all cut the 
upper plane in parallel straight lines. This is always true of 
linear multiple correlation . Just as the parameter 6 in the simple 
linear regression equation Y = a + bX shows the slope of the 
regression line, so the parameter 612.3 in the multiple linear 
regression equation shows the slope of any line on the regression 
plane which is parallel to the X 2 scale, and the parameter 613.2 
shows the slope of eny line on the regression plane which is 
parallel to the Xz scale. If the correlation is linear, all these 
lines will be straight—that is, the regression surface (the'surface 
of the solid pictured) will be a plane surface. 

Multiple curvilinear correlation exists when the relationship 
between one or more of the independent variables and the 
dependent variable is curvilinear. The situation can be pictured 
as in section B of Fig. 15 . 1 . The variables here are the same as*, 
before, but now it will be noted that the surface is no longer a 
plane. It will be seen that as one moves along the Xz ajtis 
£rom left to right the values of X\ diminish, and that they 
diminish everywhere along straight lines whidh are parallel. 
Thus, the relationship between X z and Xi is linear, as in the 
preceding case. But when one moves along the X 2 axis from 
front to back, the surface is curved. At first the values of X\ 
fall somewhat, but thereafter they rise more and more rapidly. 
It will be» noted, however, that no matter#where we start to 
cross the surface, as long as we cross it in a direction parallel 
to the X 2 axis we shall always pass over the same type of curve. 
We shall always start? by walking downhill for a way, after 
which we shall start up a hill which becomes increasingly steep. 
In other words, all the paths across the surface which are parallel 
to the axis describe parallel curves. In multiple correlatJbn 
this is always true. We can generalize by stating that in mul¬ 
tiple correlation the relationship between any one independent 
variable and the dependent variable (all other variables being 
held *constant) is‘always the same regardless of thp point at 
which, the other, variables are held constant. 

In the pfesent case it Jocks as though the relationship between 
X 2 and Ki when Xz fs constant could be described by a second- 
degree parabola. All the curves on the surface are the samtf, 
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and each has but one bend. Hence the relationship between X 2 
•and Xi could presumably be shown by a regression equation 
of the general type 


Xl = Ui t 2 + 6l2^2 + bi2fX 2 2 

This is the general formula for the second-degree parabola 
adapted to* our new symbolism. The relationship between 
Xz and Xi can, on the other hand, be depicted by a straight 
line of the general formula 

Xi = Ui.3 + bizXz 


The relationship c of X 2 and Xz together to Xi could, then, be 
shown by taking the sum of these two relationships. However, 
since this operation would gWe us two constant terms (ai. 2 
and ai.3), and since the sum of the two constant terms will 
likewise be constant, we can substitute the new constant ai. 2 s 
for the sum of the other two. Now if Xi is to be estimated 
from both together, it will be estimated by some such equation as 

t <- 

Xi = ai.23 + b\2.zX 2 + biy.zXz 2 + 613.2 X» 

« 

This would be a regression equation for multiple curvilinear 
correlation. The equation for the plane surface of multiple 
linear correlation would be of the general form 

^1 = 01.23 + 6 i 2 . 3 - 3 l 2 + bi2.2Xf • 

f/ 

It will be seen that this is the same type equation that we men¬ 
tioned on page 466 . 

There still remains one type of correlation to be described. 
It is quite possible that rainfall and temperature will both be 
related to potato yield, but that the relationship between rainfall 
and potato yield will vary according to ,the temperature. It is 
possible that greater rainfalls might be advantageous Jf the 
temperature were high but disadvantageous if the temperature 
were low. Thus the line or curve showing the relationship 
between rainfall t and yield, with temperature constant, «voul4 
differ according to the point at which we held the temperature 
constant. In such a case }ye should say that, there was joint 
correlation between the variables.* Suqh a situation* is pictured 
in*section C of Fig. 15 . 1 . It will b© noted that, as o*ne passes 
along the right-hand front edge of the surface p&rallel to the X 2 
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axis, the values of f Yi increase. When one passes along the 
left-hand back edge of the surface parallel to the Z 2 axis, the. 
values* of Xi decrease. If we let X\ represent potato yield, 
X2 the rainfall, and X3 the temperature as before, this is equiv¬ 
alent to saying that with high temperatures increasing rainfall 
increases the yield, but with low temperatures increasing rainfall 
lowers the'yield. In such a case the surface is warped , and we 
say that the correlation is joint. Joint correlation exists, then, 
when the nature of the relationship between an independent 
variable and the dependent variable differs according to the 
size of some other independent variable, just as here the relation¬ 
ship between potato yield and rainfall differs at different tem¬ 
peratures. There is no simple type of regressicAi equation which 
we can use to describe the joijit correlation surface, and the 
methods of handling problems of joint correlation must be left to 
more advanced treatises. 1 

We can classify relationships, then, as follows: • 

1. Simple correlation (but two variables involved). 

o. Linear (regression line straight). # * 

b. Curvilinear (regression line curved). 

*2. Multiple correlation. (Two or more independent variables. Relation¬ 
ship of each independent to the dependent constant regardless of size of 
other independents.) 

* a. Linear (described by a plane). 

b. Curvilinear (described by a regular curved surjace). 

3. Joiht ’correlatkpi. (Two or more independent variables. Relation¬ 
ship of one or more of the independent variables with the dependent variable 
varies according to the value of other independent Variables. Described 
by warped surface.) 

15.5. Methods of Computation. —It will be impossible for us to 
give a detailed description of multiple-correlation analysis 
here, but we can sketch briefly the processes involved. 

The regression equation for linear multiple correlation is 
disco\fered by solving normal* equations which are similar to, 
and derived by the same process as, the normal equations of 
simple correlation. If we have two independent variables, 
X2 anfl Xz, and if, the dependent variable is, is customary, 
represented by Xi 9 # the hormal equations for linear relationships 
are , . 

1 See especially M. J. 3. Ezekiel, “ Methods of Correlation Analysis,” 
Chaps. 21 and 22, ^ohn Wiley & Sons, Inc., New York, 1941. # # 
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Na 4“ 6 2 S. 3 l 2 63 SX 3 == 

a^X 2 + 62SZ2 2 + 6 8 2 (M 3 ) = SCXxJQ 
aSZ 8 + 6 2 S(X 2X3) + 6 3 2 (X 3 2 ) = 2(M 3 ) • 

One must find the values of N , 2Xi, SX 2 , SX 3 , 2(X 2 2 ), S(Z 8 2 ), 
S(ZiX 2 ), S(XiX 8 ), and 2 (X 2 - 3 r 8 ). These values are sub¬ 
stituted in the normal equations, and the equation^ are then 
solved for Values of a, 6 2 , and 63 . The two latter parameters 
are really the coefficients of regression 612.3 and 613 . 2 , but here 
we are using the shorter form. We can illustrate the method of 
applying the equations by solving the hypothetical case in Table 
15.1. We shall use but five sets of observations, although no 
one would in practice apply £uch complicated methods to so few 
cases. Here the figures are given merely for illustrative pur¬ 
poses. One can assume, if one •wishes, that Xi is potato yield, 


Table 15.1. —Computation of Multiple Linear Regression Equation 


X, 

X, 

X, 

X 2 ‘ 

x,» 


XiX, 

x 2 x> 

« 1 

mm 

2 

9' 

4 

3 

2 

6 

2 

Mm 

4 

16 

16 

8 

8 

16 

3 

KB 

9 

4 

81 

6 

27 

18 f 

4 

1 

13 

1 

169 

4 

52 

13 

5 

5 

12 

25 

144 

25 

60 

60 

• 

15 

15 

.40 

55 

414 

46 

149 

113 

« 


X 2 is rainfall, andiX 3 is temperature, as in the illustrations on 
page 467. Substituting these totals in the normal equations 
(and remembering that N = 5), we get 

5a + 156 2 + 406 8 « 15 
15a + 556 2 + 1136 3 = 46 
40a + 1136 2 + 4146 s =* 149 

Solving these three equations simultaneously, We haVb the 
following values of the parameters: 

a = —0.66666 • • • 

6 2 = -j-0.33333 • *■ 

63 = -j-0.33333 • • • 4 # 

Substituting these values in the type^equation, we get 
Xi - -0.6667 + 0.3333^2 + 0.3339X, 
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In this case the equation could more easily be put in fractional 
form, thus: 

y _. 2 , X 2 , X 3 

If we have three independent variables, the normal equations 
become 

Nci “b & 2 SX 2 H - 63SX3 + 642X4 = 2Xi 
a2X 2 + 6 2 2(X 2 2 ) + 6 3 S(X 2 X s ) + 6 4 S(X 2 Z 4 ) = X(X l X 2 ) 
aXX s + b^X^X 3 ) + 63 2(X 3 2 ) + b^(XzXi) = Z^Xa) 
aSX 4 + b 2 2(X 2 X£ + 6 3 S(X 3 X 4 ) + & 42 (X 4 2 ) = 2(Z 1 X 4 ) 

The extension of these equations fpr a larger number of. inde¬ 
pendent variables is obvious. • 

The method of handling curvilinear multiple correlation 
depends on the type of curve to be fitted. One would have to 
determine this, as in other cases, by preliminary classification 
of the data. It would be necessary, however, to choose cases 
in which the values of X 3 (for example) were about equal, and 
to determine by group averages of scatter diagrams of thesp 
cases the type of curve that described the relationship of X 2 and 
A*. If a parabolic curve could be used, the metfiyod would be a 
simple extension of that just given. For example, if we have a 
relationship similar to that pictured in section B of the chart on 
page 468, we know that the relation between Xi and X 2 (when 
X 3 is constant) can be represented by a second-degree parabola, 
while the relationship between X\ and X 3 (when X 2 is constant) 
can be represented by a straight line. As was pointed out on 
page 470, under such circumstances the type equation will be 
of the general form . 

Xi = a -f* b 2 X 2 & 2 'X 2 2 "b & 3 X 3 

The normal equations fSr such a surface are # 

• « • 

Na b 2 XX 2 & 2 'Z(X 2 2 ) + 6 3 2X 3 »= 2Xi 
aXX 2 + 6 2 S(Z 2 2 ) + 6 2 >2(X 2 3 ) + 6 3 2(X 2 X 3 ) = 2(1*) 
% a2(X 2 2 ) + 6 2 2(X 2 8 ) + b v 2(X 2 4 ) + 6 3 2(X 2 2 Z^ = S^X, 2 ) 

aSZs + 6 2 S(Z 2 Z 3 ) + 6 2 '2(X 2 2 X 3 ) + 6 3 S(X 3 2 ) = HXJCz) 

«• 

Again *we Sihall 'illustrate yitlj a short hypothetical example. 

* Letting Xi represent potato yield, Z 2 the rainfall, and Z 3 the 
temperature, suppose that we obtain the data of Table 15.2. * * 
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Table 15.2.— Computation of Multiple Curvilinear Regression 

Equation ‘ \ 


Xi 





X 2 3 

ES 


B0| 



XiX, 

9 

■ 


■ 

4 

1 

m 

2 

9 

2 

9 

18 

12 

2 


4 

9 

8 

16 

6 

24 

12 

48 

36 

13 

3 


9 

36 

27 

81 

18 

39 

54 

' 117 

78 

32 

4 


16 

1 



4 

128 

16 

512 

32 

29 

5 

8 

25 


125 


40 

145 

200 

725 

232 

95 

15 

20 

55 

114 

225 

979 

70 

3|5 

284 

! 


396 


Substituting these totals in the normal equations, we have 
« 

5a 15&2 “f* 5562 ' "h 2 O 63 — 95 

15a + 556 2 + 225^2' + 706 3 = 345 

55a + 2256 2 + 9796 2 ' + 2846 3 = 1411 

20a + 706 2 + 2846* + 1146 3 = 396 

If we solve these equations we find the following values of the 
parameters: 

^ a = 10 62 ' = 1 

62 == 2 63 = —2 

The regression equation, then, becomes 

r Xi = 10 + 2X2 + X 2 2 - 2X„ 

1 

With more complicated curvilinear relationships it becomes neces¬ 
sary to derive the necessary normal equations each time fof the 
particular problem in hand. With the aid of the calculus and 
the examples here given, this should not be a difficult task. 

The constants of the regression equation are interpreted as in 
simple correlation. In the numerical ^illustration of. multiple 
linear correlation on page 473, we 1 found the equation 



In terms bf decimals this gives approximately 

Xi = -0.67 + 0.<33X 2 c + 0.33X8 
* • . • • 

«Tlie first constant, a, is equal to —0.67. This^tells us that Xi 
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will have a value of *—0.67 when the two independent variables 
are both equal to 0. In the terms of our problem this would mean , 
that with a rainfall of 0 and a temperature of 0 the potato crop 
would be —0.67 bushels. This makes no sense. In such cases 
we think of this constant merely as one which defines the height 
of the regression plane, and we do not try to give it further 
significance. The next constant (612.3) is 0.33. This tells us 
that every increase of one unit in the size of X 2 brings an increase 
of one-third of a unit in the size of Xi if there is no change in the 
size of X 3 . That is, if temperature is constant, each additional 
inch of rainfall will add one-third of a hundred bushels to the 
potato yield (assuming now that 100 bushels is the unit inVhich 
potato yield is measured). Similarly the third constant (613.2) 
is 0.33. This means that each unit of increase in the size of X 3 
(X 2 remaining fixed) is accompanied by an increase of one-third 
of a unit in the value of Xi. In the terms of our problem, if we 
consider only changes in temperature, with no variations in 
rainfall, each additional degree of temperature is accompanied 
by an increase of one-third of a hundred bushels (that is, onj- 
th^ird of a unit) in the size of the potato yield. 

15.6. Effects of Variables Separately.—Here* rainfall and 
temperature seem equal in their effect on yield, since a change of 
cm unit in either is accompanied by a change of a third of a unit 
in yield. Their effects seem to be exactly the s^me. But it may 
be true that a difference of # l° in temperature from season to 
season is a very minor change, while a difference of 1 in. in rainfall 
is lai;ge. In other words, the fact that a change of one unit in the 
one brings the same result as a change of one unit in the other 
does not tell us enough. • It is hard to compare a change of 1 ° in 
temperature with a change of 1 in. in precipitation. We have 
discovered, however, that measurements which were originally 
taken in different units can be t compared if stated each in ternls 
of its own standard deviation (see page 171). It jus not uncom¬ 
mon so to state the regression coefficients; in this way we make 
them comparable. When regression coefficients are stated in 
terms of their standard (Jeviations, they are callecf beta coefficients, 
and thpy are represented by the Greek letter beta followed by 
„ whatever subscripts followed »the regression coefficient. For 
example, * £ 12.34 = biizifafai). Similarly £ 13.2 = bis.afo/O- 
In our recent short numerical example we found the following* 
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valued of the regression coefficients: f 

&12.3 = 0.33 f 

^ 13.2 = 0.33 

Inspection of the original data in the table on page 472 shows 
that the standard deviations of the variables are 

* <ri = 9.5 

<r 2 - 1.4 

= 2.6 

In this hypothetical case, then, a variation of one unit in X z is 
much more likely to occur than is a variation of one unit in X 2 . 
If we put the ^egression coefficients in terms of the standard 
deviations, we get the following beta coefficients: 

012.3 = 0.33 = 0.049 

0i3.2 - 0.33 = 0.091 

The first of these figures tell# us that each increase of one standard 
deviation in the value oi X 2 will be accompanied (if X z st%vs 
constant) by f an increase of 0.049 standard deviations in the 
value of Xi. The second of the beta coefficient tells us that an 
increase of one standard deviation in the value of X z ( X 2 staying 
constant) will be accompanied by an increase of 0.091 standard 
deviations in the value of Xu Since a standard deviation of 
change is equally^likely to occur in X 2 and in X 3 «(if the dis¬ 
tributions are normal), it is evident that X z probably accounts 
for much more of the actual change in Xi in our problem than 
does X 2 . In other words, variations in' temperature have more 
effect than variations in rainfall in bringing about changes of 
potato yield. The multiple-regression equation may be written 
in terms of the beta coefficients rather than in, terms ^of the 
coefficients of. regression, 1 and the beta coefficients also become 

1 For example, the regression equation for multiple linear correlation 
with two independent variables is equally written 

4 Xi - a + b 2 X 2 + b 2 Z* ' 

It may be written in terms pf Che beta coefficients thus {where r fc is a 
constant): c 

f • — ** 012.8 — + 013.2 — + k 

cri <r 2 a % 
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very useful in more advanced statistical work. Here we note 
merely the fact that they are useful in determining the relative 
importance of the various independent variables. The relative 
importance of the several independent variables is also shown 
by coefficients of partial correlation and by coefficients of part 
correlation. It is impossible for us to describe these coefficients 
here; the interested student is referred to more advanced works. 1 

15.7. Other Correlation Constants.—Having covefed briefly 
the multiple regression equation, we now turn to the correlation 
coefficients or indices and the standard errors of estimate. These 
are determined by methods already familiar to us (see pages 453- 
454^.). Having found our regression equation, we estimate each 
value of Xi from the known values ol X 2 , Xz, et<j. We compare 
the estimated and the actual values of Xi and compute the 
differences between them. The • standard dfeviation of these 
differences is the standard error of estimate. If we have com¬ 
puted the linear multiple-regression equation, we usually denote 
the standard error of estimate thus: 

$1,234 # # 

This would mean, “The standard error of estimating Xi from 
X 2 t % Xzj and X 4 .” The first subscript indicates the dependent 
variable, and the subscripts following the decimal point indicate 
the independent variables. If the regression surface is curved, 
the standard error of estimate is denoted by the,symbol 

* $*./(234) 

The letter / signifies that we have used some function of variables 
2 , 3, ahd 4, but does not state what function. For further infor¬ 
mation one would have to consult the regression equation itself, 
which would usually be given. 

After we have found the standard error of estimate, it is easy 
to find the coefficient of multiple correlation (if the relationship, 
is linear^ or tho index of multiple correlation (if the relationship 
is curvilinear). The same formula is used for eitheif: 



1 Especially* good is Ezekiel, op. tit. 
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Thus the coefficient of multiple correlation (or the index of 
multiple correlation) is based on a comparison of the variability 
around the regression line (the errors made in estimating by 
means of the regression equation) and the variability about the 
mean of the dependent variable. These coefficients tell us, as 
have the others which we have studied, the extent to which our 
errors of estimate are reduced if the estimate is based on the 
regression equation rather than on chance. 

Enough has been said here as to the methods of computing the 
constants of multiple-correlation problems to give the student a 
fairly good idea of the concepts involved. * It is not hoped to do 
more v Methods have been developed by which a considerable 
part of the mathematical work of multiple-correlation problems 
can be saved, and by which the accuracy of the work can be 
checked step by step. These /nethods are of tremendous impor¬ 
tance to anyone who goes at the problems of multiple correlation 
seriously. Other sources must be consulted for a description of 
these methods. 1 The purpose of the present chapter is merely 
that of acquainting the student with the concepts of multiple 
and joint correlation in the hope that he will understand simple 
correlation and the concepts of relationship, in general, better 
for having taken this brief journey into more complicated fields. 

15.8. Corrections for Numbers of Cases and Parameters. —In 
multiple-correlation problems the corrections for the numbef'of 
cases and the number of parameters are as important as before. 
In fact, the corrections are likely to be larger in these cases 
because the addition of variables makes for the* addition of 
parameters. The formulas by which the unadjusted coefficients 
are corrected are the same as those given heretofore on page 456. 

15.9. Standard Errors of Coefficients of Multiple Correlation.— 

The standard errors of coefficients of multiple correlation or 
indices of multiple correlation are computed by formulas similar 
to those used before, and their interpretation ,is unhanged. 
For examples c 

_ 1 R 2 1.234 

~ Vn=p 

— 1 ~ P 2 1.&4 

y/N^P - .> . 

1 Especially helpfvl is H. A. Wallace ani G. W. Snedecor, Correlation 
£n& Machine Calculation, Iowa State College Bulletin $5, 1931. 
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The probable errors are, as before, found by multiplying the 
standard errors by Cf.6745. 

Herf}, as before, we are troubled by the fact that standard errors ' 
computed by these formulas are misleading unless the numbers 
of cases are very large. As the number of parameters is increased, 
it becomes more and more important that the number of cases 
studied be* sizable. The large amount of arithmetical work 
involved makes it certain that statisticians will seldom work 
with more than five or six independent variables, although cases 
can be found where many more have actually been used. Pos¬ 
sibly we can make a 1 rough statement about the reliability of 
multiple-correlation results, without being too far froiji the 
facts, if we say that in problems where the number of cases runs 
from 50 to 100 or more (preferably more) an4 where the number 
of independent variables is not over foUr or five, coefficients of 
multiple correlation greater than 72 = 0.5 are probably sig¬ 
nificant. However, such crude rules of thumb are seldom 
satisfactory, and should be used merely for a first rough check. 
For more accurate tests we fall back on the method of analysis 
of variance, which is based on a comparison of the dispersion 
iruthe original data and the dispersion around fhe regression 
surface. Unfortunately the methods involved are too com¬ 
plicated for us to take up here. 1 

15 . 10 . Suggestions for Further Reading.—The problems of multiple 
correlation have beei\ covered here in but the briefest summary form, in an 
attempt to give the elementary student some idea as to the possibilities of the 
method without making him expert in its application. Any attempt to 
apply, these methods to actual problems should be preceded by further 
reading and study. The most helpful books are listed in Secs. 13.18 and 
14.8. 


EXERCISES 

1. Give examples from the fields of physics, geometry, and other fields 
of simple and of multiple relationships. For example, if C represents the 
circumference o/ a circle and if D represents its diameter, ye are told that 

C - 3.1416D 

This is an example of simple linear correlation. Find others, both simple 

and multiple. • 

« 

1 For 6omplfte treatment see R. A. F&htr, “Statistical Methods for 
•Research Workers,” Oliver & 6oy5, Edinburgh, 1938; or Wallace and 
Snedecor, 0 $. cit. M * • 
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2 . In the example given in the preceding exercises, the circumference is 
treated as the dependent variable. How can you tell that this is true? Is 
the circumference any more dependent on the diameter than the diameter 
is on the circumference? If you were to treat the diameter as dependent, 

^ how would you change the statement of the problem? 

3. Suppose we are studying a problem in which there are three variables, 
as follows: 

Xi — yield of milk in pounds r 

X% — pounds of grain fed per cow per day 
Xi — age of cow in years 

Suppose that we find the following regression equation: 

Xi = 3 + 2.5X 2 - O.lXz 

a . Exactly ^hatjta the meaning of each of the three numbers in the regres¬ 
sion equation? 

b. Suppose that wefhave £he following values: 

O’1 — 4 0-2 = 2 0-8 = 1 

What are the beta coefficients? Interpret them. Does age or grain ration 
play the larger part in the fluctuations of milk yield? 

4. In a problem of linear multiple correlation we find the value of 

i » 

bii,i = 3.65 

a. What is the meaning of each of the subscripts? * 

b. What is meant by “holding a factor constant”? 

c. Interpret the figure 3.65 above. 

5. Describe in a paragraph each of the sections of the chart on page ?68. 

6. The formula showing the space (s) passed over by a falling body in a 
given time (0 under various gravitational attractions* (g) is 

" s = %fft a 

Is the relationship linear, curvilinear, or joint? Test it to see which it is 
by holding g constant at two widely different yalues and solving for various 
values of U Plot the results. Do they give the same curve? 

7. On page 467 is the type equation for multiple linear correlation with 
three independent variables. Write the type equation for four independent 
Variables. 

8. Using the normal equations given in the text as safnples (See pages 
472 and 473), Vrite the normal equations for multiple correlation with 
four independent variables. 

9. In the tablf t on page 472 are the figures for a multiple-correlation 
problem, r The problem was solved with Xi^as the dependent variable. 
Suppose that we wish to use X$ as the dependent variable (that is, to sub¬ 
stitute the column heading X\ ft>r the f heafLing X%). Work 6jit the multiple 
linear regression equation for these same figufes but with the new dependent 4 ’ 
variable. Most of the needed totals are diready computed in the table. 
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10. On page 472 are given the data of a multiple-correlation problem. 
On page 473 is given tht5 regression equation for these data. Estimate the 
values of X\ from the regression equation, find the differences between the 
actual add the estimated values of Xi 9 and compute Sum and Ri. 2 s. 

11. In the light of the correction formula on page 456 and the regression 
equation on page 473, explain why one would not use such complicated 
methods with but five cases, as in the illustration. 

12. The figures of Table 15.3 show the average weight of men of various 
heights and ages. 1 This is obviously a case of either multiple or joint 
correlation, since there are two independent variables (age and height) 
and one dependent variable (weight). Cross-classifications such as this 
would be used by a statistician to determine the nature of the relationship. 

Table 15.3.— Average Weight of Men of Various Heights and Ages 


Age 



Height (feet and inches) # 

» 

• 





1 1 




Group 

5' 

5'2" 

D 

5'6' ; 

Ox 

oo 

5'10" 

6'0" 

6'2" 

15-19 

113 

118 

124 

132 

19 

148 

158 

m a 


119 

124 

131 

139 

m 

154 

163 

mm 

25-29 

124 

128 

134 

142 

■n 

158 

169 

KH 


127 

131 

137 

145 

■’ 154 

163 

174 

mm 


129 

133 

140 

148 

157 

167 

178 | 

III 

132 

136 

142 

150 

159 

169 

• 181 

IB 

45-49 ! 

134 

138 

144 

152 

161 

171 

183 

IB 


135 

139 

145 

153 

162 

172 

184 

IB 


o. Is tJ^e jelationship linear or curvilinear? Plot thh figures of one or 
two of the columns oA cross-section paper. Do they yield straight lines or 
curves? (Mirvor random variations from straight lines would not give 
evidence of curvilinearity. Look for regular and consistent deviations 
from a straight line.) Plot the data of two or three of the rows of figures. 
Do they yield straight lines or curves? Are the data linear in both direc¬ 
tions, in one direction, or in no direction? 

b. Is the relationship multiple or joint? Test by plotting the data from 
various rows on the same piece of cross-section paper, seeing whether they 
yield approximately parallel lines. Plot also the data of the various columns 
on another piece\)f cross-section paper and see if they yield approximately 
parallel lines. If in both cases the lines are approximately parallel, the 
relationship is multiple. If in either case (or both cases) there is a tendency 

• fo^the shape of the lines to change as we go from row to^ow or column to 
column, the relationship is jojnt. • 

c. If in either case th«re are consistent and parallel curves, what is their 

general nature?* Are they parabolic t or logarithmic, cvr do they resemble 
tiny of the type curves we Ijavi? plotted elsewhere? , • 

1 Based on figures “ World Afmanac,” p. 809, 1934. * 
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d. Look up the corresponding data for women’s weights and test them 
similarly. (The “World Almanac” usually carries these figures. Or suit¬ 
able figures can be copied from the chart on the scales next time you get 
weighed.) 

e. Explain how we “hold one factor constant” in this table; that is, how 

we can tell what happens to weight when we vary height but hold age con¬ 
stant. How can we tell what happens to weight when we vary age but 
hold height constant? * 



CHAPTER XVI 

TABULATION AND GRAPHIC PRESENTATION 

• 

16.1. The Use of Tables. —The statistician arranges his data in 
tabular form to save space and to make it easy to find particular 
items or to make desired comparisons. One who was interested 
in studying the growth of population in the United States could, 

if he wished, record his data thus: . * • 

» 

The population of the United States at the time of the 1790 Census was 
3,929,214. By 1800 it had grown to 6,308,483. In 1810 the population 
had become 7,239,881. . . . 

Such a system of recording data would be wasteful of space, and 
it would also require considerable searching to find the figures 
which were needed. It is much easier to assemble comparable 
figures in tabular form and give tKe above information as id 
Table 16 . 1 . 

Table 16.1.— United States Population (Official Censuses), 1790-1930 


Year 

Population 

1790 

# 3,929,214 

1800 

5,308,483 

1810 

7,293,881 

1820 

9,638,453 

1830 

12,866,020 

1&40 

17,069,453 

1850 

23,191,876 

1860 

31,443,321 

1*70 

38,558,371 

1880 

50,155,783 

1890 

62,947,714 

1900 

75,994,575 

1910 

91,972,266 

1920 

105,710,620 

ft30 

122,775,046 


♦ 16.2. The ’Form of Jables.—Although it is not absolutely 
necessary {hat any one fornl of table be adhered to uniformly, 
m nevertheless there are some practices which have become common 
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in the making of tables. In many cases tjie conventions which 
have been adopted have good reason for their use, although 
sometimes it must be admitted that they have been determined 
more or less by chance. 

In ruling tables it is common to use a double line at the top, 
between the title and the figures of the table. This is often the 
only doubln line used, although if the table is divided Into distinct 
sections which should be separated sharply it is not uncommon 
to use double lines for the purpose (see Table 3.2, page 25). 
There is always a single line under the column headings, and 
there are single lines between columns. No line is used at the 
extreme right or left of the table; that is, the first and last columns 
are left open at 'the outside. If a heading of the table applies to 
two or more columns, it is separated by a single line from sub¬ 
ordinate headings which apply to a smaller number of these 
columns. The makeup of the table can best be understood by 
reference to Table 16.2. 


Table 16.2.— The Planets and the Solar System 1 


Planet 

Sidereal 

Revolution 

(days) 

Distance from Sun 
(millions of miles) 

Distance from Earth 
(millions of mifts) 

Maximum 


Maximum 

Minimum 

Mercury.\. 

88.0 

43.3 

28.6 

136, 

# 50 

Venus. 

224.7 

67*7 

66.7* 

161 

25 

Earth.« 

365.3 

94.5 

91.3 



Mars. 

687.0 

154.8 

128.3 

248 

35 

Jupiter. 

4,332.6 

506.7 

459.9 

600 

367 

Saturn. 

10,759.2 

935.6 

, 836.7 

1,028 

744 

Uranus. 

30,685.9 

1,866.8 

1,698.8 

1,960 

1,606 

Neptune. 

60,187.6 

2,817.4 

2,769.6 

2,910 

2,677 


• 1 Based on figures in “World Almanac,” p. 73, New York World-TdegrUm , New York* 
1934. * . « 


It will be noted first that the orderly arrangement of the table 
makes it very easy to find any particular figure, and also very 
easy to ^ake^eomparisons. As to rulings, one will note the ’ 
double line under the title, the open ends of the table, the single 
line at the bottom, and {he line .under the coltfvm headings. 
The words “Distance from Sun” refer to two different columns!* 

f 1 

and these words are separated from the specific, headings of these 
two columns (“Maximum” and “Minimum”) by a single line. • 
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It will also be noted that the vertical lines which divide the 
columns from one anbther do not in all cases extend to the top 
of the table. Each vertical line is carried as far as possible 
without dividing a heading which belongs to several columns. 
In this way the upper part of the table is divided into “boxes” 
of various shapes, and the headings in these boxes are called the’ 
box headings ^of the table. The left-hand column of the table is 
called the “stub,” and the headings contained therein*are calledt 
the stub headings. Thus in Table 16.2 the box headings are 


Planet 

* 

Sidereal 

Revolution 

Distance from Sun 
(millions of miles) 

Distance from Earth 
(millions of mijes) 


(days) 

Maximum 

Minimum 

t 

Maximum 

• 

Minimum 


The stub headings of this table are 


Mercury. 

Venus. 

Earth. *... 

Mars. 

Jupiter. 

Saturn. 

Uranus. 

Neptune. 

16.3. Order of *Headings.-*-The box headings should be 
arranged like* the items in the outline of a book; that is, there 
should be major headings with the proper subheadings under 
them. The entries in the stub of the table should always be 
arranged in some definite and obvious order. In Table 16.2 we 
could "have arranged the planets in alphabetical order, in the order 
of their discpvery, in ordcr*of the number of letters in their names, t 
or by sopie other arrangement. • As a matter of fact, they are 
there arranged in the order of their distances frdm the sun. 
When there are several possible arrangements for the entries in a 
•table, thfc arrangement that will be most useful should always be 
• used if feasible. Few people are interested in comparing the 
planets with r$speot to the length of irfi^ir names; many people 
ate interested m comparing* them with respect t^o their distances'* 
from the sun. Her\ce distances from the sun offer a much bettef 
Jpasis for classification in the stub. 
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f. * 

Stub entries are usually arranged chronologically, geographi¬ 
cally, alphabetically, numerically, in order'of size or importance, 
or on some similar basis. If the table is to be as useful as 
possible, and if we are to get from it the maximum possible 
saving of time, it is imperative that the box headings be arranged 
so as to make easy the comparison of those things most likely 
to be compared, and that the stub headings be classified and 
arranged in the most convenient manner. 

It is always extremely helpful to have each table accompanied 
by a concise but complete title, so that people using the table 
can tell from the title exactly what they can find in the body 
of the table. It is never possible, of course, to include in the 
title all the "information in "the table, but the more information 
that can be included without making the title itself unwieldy 
or confusing, the better: It t&kes considerable skill and practice 
to write good titles for tables, and good titles are a part of the 
advantage of tabulation (saving of time). 

16.4. The Purpose of Graphic Presentation. —When data are y 
presented graphically, it is with the purpose of appealing to the 
f eye. Many people learn "better through the visual approach 
than through other approaches. In addition the visual approach 
is usually very much faster. Graphic presentation attempts tc/ 
transfer ideas quickly, but unless they are transferred correctly 
they are better not transferred at all. Hence we must iriCIUde 
accuracy as well as speed among the prerequisites of goofi graphic 
method. «• 

16.6. Standards for Graphic Presentation. —The principal rules 
to be followed in making graphs are well stated and illustrated 
in the report of the Joint Committee on Standards for Graphic 
Presentation. 1 The charts and directions on pages 487-489, have 

1 These rules, published in 1915, were promulgated by a committee rep¬ 
resenting 15 scientific societies and 2 government bureaus 8 .' The Joint; 
Committee’s report appears in the Publications of the Ar.ierican*Statistical 
Association , December, 1915. In April, 1936, the Sectional Committee on 
Standards for Graphic Presentation, sponsored by the American Society 
of Mechanical Engineers and including in its membership representatives f 
of many f learnei h societies, industrial concerns, and government bureaus, 
released a tentative draft of a “Code of Preferred Practice for Graphic 
Presentation: Time Series Charts,” This code, whi6h is«too lehgthy and 
detailed for inclusion here, should fee conrulted by any specialist in tbo 
g-aphing of time series. • * 
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YEAR 

1900 


TONS 

2701588 


<930 555071 


I _ 

1900 1930 

Fig. la 


I 


□ □ 


1930 1900 1930 

Fig. lb Fig. Jo 

1. When possible, linear magnitudes should be used (Fig. la) rather 
than areas (lb) or volumes (lc). 



t&SA 


2. The general arrangement 
sh6uld proceed from left to right 
(Fig. 2). 

3. If the graph is to show 
siges directly, the complete scale 
and zero line should be included 
(Fig. 3). 
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Fig. 5c 


5. The zero lines of curve scales should be sharply distinguished from the 
‘other coordinate lines (Figs. Sa, 5b and 5c). In showing time series, the first 
vertical line should not be emphasized as a zero line since it does not represent 
the beginning of time (Fig., 5a). 
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6. When the 100 
be Emphasized (Figs. 


s: 


• Fig. 6b 

cent line is used as 
6b and 6c). 


PER CENT OF WOVC 

Fig. 6c # 

basis of comparison, it 
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Fig. f« 


7. When a logarithmic chart 
is made, the top and bottom 
limiting lines should each be at 
some power of ten if convenient 
(Fig. 7a). If not convenient, as 
when only a small portion of 
the range is used (Fig. 7b), any 
other lines may be used as top 
and bottom limits. 




© 

8. It, is advisable to show 
no more coordinate line's than 
are necessary to guide the eye 
in reading the diagram. Fig. Oa 
b qasier to fcad than Fig. 8b. 


9. The curves should be 
sharply distinguished from the 
background of coordinate lines 
(Fig. 9). Since the attention is 
centered on the curve, it should 
be made more prominent than 
the zero line as shown in Fig. 9. 

10. When lettering cannot 
be made to read horizontally as 
in Fig. 9, it should be made to 
read from bottom to top as in 
Fig. 10-never from top to bot- 
tom. That is, if it cannot be 
placed like this: AfG, it should 

be placed like this: eg , but never 

like this: fe* 

O 



I960 IS70 i860189019001910 19201930 


Fig. 8b 




II. When irregular or scat, 
tered data arc plotted, it is often 
desirable to indicate the*points 
representing the different obser. 
rations as in Figs. 11a and lib. 



Fig. I lb 
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• 12. The scales should be 
laced at the left and at the 
ottom of the graph as in Figs. 
12a and 12b. If desirable they 
may be placed at the top and 
on the right also, but they 
should never be omitted on the 
left and on the bottom. 




1080 <690 1900 1910 <920 


Fig. 13a 


13. A caption describing the 
units used in the vertical scale 
shoufci be placed at the top of 
the scale as in Fig. 13a. (An. 
other method is to place the 
designation along the side but 
this is less preferable.) When 
desirable, the horizontal scale 
should be designated as in Fig. 
13b. (Ordinarily it <s not uac- 
essary to designate years or 
months.) 



- 7 ^ 

2Z\ 


1 192319241925 19261927192819291930 


Fi& I* a’ 


14. When two or more 

curves are presented, they should 
be differentiated (solid, dashed, 
dotted lines, etc.) and properly 
designated (see Figs. 14a and 
14b). The method of placing 
the designations along the curves 
(14a) is preferred. 



19231924192519261927192619291930 


Fig. 14b 



Fig. 15 

15a. The title of a chart should bp placed at the top as in Fig. 15. It should be as clear and 
complete as possible jSubtitlps, descriptions and footnotes shouU kxj added if necessary te insure clearness. 

) i I * 

15b.wJJsualiy it is desirable to pIugc ^a Larder line around the entire chart to give it a finisled 
appearance (Fig., 15). > 
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been adapted with slight changes from the original report, and arc 
included here by kind permission. 1 For more detailed sugges¬ 
tions on graphic presentation the student is referred to specialized 
texts in that field. 

16.6. Graphs on Nonarithmetic Scales.—Students of statistics 
are usually familiar with graphs made on common cross-section 
paper. They have seen them in popular magazines and news¬ 
papers, and they have made and used them in courses in mathe¬ 



matics. Many students do not know, however, that useful 
charts can be made on other types of scales. * • 

On common cross-section paper (also called “graph paper”) 
a given distance in any direction always (in any one problem) 
represents somp given quantity. One inch on the hdrizontal 
axis, for instance, may always represent one year, while 1 in. on 
the vertical axis may always represent $101)0/ WJe cou*ld, how- 

€ 1 From J. R. Riggleman and I. isf. Frisile* ^Business Statistics,” ppr 
99-95, McGraw-Hill 'Book Company, Inc4, New York, 1932. ' 
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ever, produce scales on which equal distances did not always 
represent equal absolute magnitudes. The most common (and 
the m^st useful) scale of this kind is that in which we let given * 
distances represent the logarithms of numbers rather than the 
numbers themselves. Figure 16.1 shows a chart grid in which the 
vertical lines are equidistant, as usual. But it is immediately 
noticeable that the horizontal lines are unequally spaced. Here 
the vertical distances are proportional to the logarithms of the 
numbers represented; that is, the distance from the figure 1 to 



Fio. 1G.2.—United Sttftcs population in census years, 1790-1930. 


tile ’figure 2 is greater than the distance from the figure 8 to the 
»figure 9. , While the absolute difference between 1 and 2 is the 
same as that between 8 and 9, inspection of a table of logarithms 
will show that thtfre is much more difference between the log¬ 
arithm of one (.00000) and the logarithm of two (.30103) than 
there is between the logarithm of eight (.9030,9) and the logar- 
rithm 6f nine (.95424).» ' 

This'type pf graph paper (known .^semilogarithmjc paper) is 
.useful in thkt all lines with*thfe same slope sfiow the same p*?- 
centags -rate of change on the vertical scale. Suppose, for exam- 
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# 9 

pie, that we plot the data of Table 16.1 on ordinary graph paper. 
The result is shown in Fig. 16.2. It will b& noted that the line 
' showing the growth of population becomes steeper and gteeper 
as we move toward the right. This happens because the absolute 
increase in population from one census to the next has become 
larger and larger as time has gone on. But an increase of 2 mil¬ 
lion people is large if the population at the beginning of the period 
is but 4 million. Such an increase would mean that we had added 
50 per cent to the population. If our original population were 



Fig. 16.3.—United States population in census years, 1790-1930, on semiloga- 

rithmic scales. ' 

100 million, however, an increase of 2 million would be but a 2 per 
cent increase. If we wish to note the facts with ^regard to« 
percentage rates of change in the population, we» should chart 
the figures of'/Table 16.1 on semilogarithmid paper, as this has 
been done in Fig. 16.3. Here we note that while the line nmves 
farther and farther from the base line (thus showing that the 
population has increased in absolute amount), nevertheless the 
slope of thp line becomes, n*ore and more gehtlc, ii\dicat>ng that 
the rate of population increase fias'become less and less. The** 
proportionate increase in population each decade is sniallcr than 





TABULATION AND GRAPHIC PRESENTATION 493 

’ i 

it used to be. When as here, we have data plotted on semilog- 
arithmic paper, equal slopes represent equal percentage rates of 
change, and the steeper the slope, the greater is the percentage. 
rate ot change. This fact makes it easy to compare the relative 
changes in various phenomena even though they may not be 
expressed in comparable units. When the diverse data have 
been plotted on semilogarithmic paper, we can compare the 
slopes of the lines and thus consider each variable ©n a relative 
basis. 

In Chap. XIV we discussed various types of curves and dis¬ 
covered that in som§ cases two variables are so related that, 
although one does not vary directly as the other, the one does 
vary as the logarithm of the other. Such curves we* called 
“ logarithmic curves,” and such relationships 'were depicted in 
Fig. 14.7, page 440. Whenever two va.,riabl€& are so related that 
they can be described by a logarithmic curve, we can discover the 
relationship easily by using semilogarithmic paper. When a 
logarithmic curve is plotted on semilogarithmic paper, it becomes 
a straight line. 

Let us take, for example, the hypothetical case of Table 16.3, 
in which the figures are supposed to represent the production of 
some commodity and the price of that commodity. If we plot 

Table 16.3.— Price and Production op Commodity X 


Year 

Price 

Production 

1928 

35fi 

82 

1929 

25 

98 

1930 

65 

52 

1931 

20 

108 

1932 

16 

116 

1933 

45 

72 

1934 

58 

60 

1935 

29 

90 


these data on arithmetic paper, we get Fig. 16.4*. Comparison 
of thfewith Fig. 14.7, ^age 440, shows that these data fall along a 
(Jurve .somewhat like part of the logarithmic fttirves there por¬ 
trayed. If we wish to £est the data further in order to determine 
whethei* or *A)t the relation?ihiftcan 6e "described by a*logarithmic 
* eurvq^wq can plot the data from Table 16.3* on semilogarithrilic 
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paper. This operation gives us the scatter diagram shown in 
Fig. 16.5. Here we see that the points fall along a straight line. 
♦If the data, when plotted on semilogarithmic paper, fall along a 
straight line or in a straight band, we know that a loganthmic 



Fig. 16.4.—'Relationship between the production and price of commodity X . 
Hypothetical case from page 493. 



Production 

Fig. 16.6.—Relationship between the production and p/*ice of 1 commo&ity X . 
Same data a& those used in Fig. 16.4, but on semilogarithmic scales. 

curve will describe the data, and we can *then proceed tp fit a 
logarithmig curve by the methods heretofore discussed (see 
pages 447Jf.). 9 

Semilogarithmic .paper is the most, useful of the tooss^scction 
papers that do not <have the commoq arithmetic scales, There * 
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are, however, many other such papers. For example, we may 
make both the vertical and the horizontal scales logarithmic, 
rather than merely the vertical scale. In this case we have what 
is called logarithmic paper as distinguished from the semi- 
logarithmic paper which we have just described. Logarithmic 
scales are also called ratio scales , and we can differentiate the two 
types of paper just mentioned by saying that on semilogarithmic 
paper one ot'the scales is the usual arithmetic scale and the other 
is a ratio scale; while logarithmic paper has ratio scales both ver¬ 
tically and horizontally. On logarithmic paper we get a straight 
line if a given percentage change in one variable tends always to 
be accompanied by some given percentage change in the other 
variable. For example, if every 2 pe,r cent change ip X is ossoci-^ 
ated with a 7 per cent change in F, we shall gdt a straight lino 
on logarithmic paper but a curvQ on arithmetic paper. Under 
such circumstances the log of F varies as the log of X. This 
paper is particularly useful in some applied fields, as in the study 
of demand in the field of economics. A demancf curve with 
constant elasticity yields a straight line on logarithmic paper. 

Statisticians have also developed jpany other scales which csltj. 
be used in analyzing diverse relationships. For, example, if one 
plots data on reciprocal paper and finds a straight line, he knows 
that the relationship can be described by a reciprocal curve such 
as that used on page 452 to describe the relationship between 
potato production and price. If one is to do any extended 
amount^ work ip the field of curve fitting, it will pay him to 
acquaint himself thoroughly with the various graphic scales which 
are available. 1 By their use a considerable amount of time can 
be saved. 

16.7. Types of Statistical Diagrams.—The student who wishes 
aq. extended discussion of diagrams must study one or more of the 
books which are entirely devoted to the subject. The limitations 
‘of space rfiake it impossible to go into detail here. To be susp, 
the mdjor considerations which should be kept in mind in the 
making of statistical diagrams have been covered iri'the admirable 
report on standards for graphic presentation which is quoted 

ehrlier p in this chapter (see pages 487jf.). But»*the statistician 
• s > 

1 For ^ dcscriptio/i (A such scales and their uses, see any good book on 
graphics, sucb&s Karl Karsten, .“Charts and*Graphs,” Prcntite-Hall, Inc., 
*New Fork, ,1923. '• 1 , • 
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who wishes suggestions as to other types of diagrams will profit 
most by studying the specialized literature ip. the field. We shall 
content ourselves here with but a few observations on the subject 
in addition to those which have already been made. f 

Diagrams may- take the form of lines, bars, areas such as 
squares and circles, solids, or pictures of solids, etc. It is usually 
wise to rely, where possible, on diagrams in which comparisons 
are made in but one dimension. Thus, if we can depict our data 
by a comparison of the lengths of bars, we are likely to get a more 
rapid and a more accurate impression than if we attempted to 
show the same data by a comparison of the areas of circles or by 
pictures purporting to show three dimensions. The simpler the 
diagram, the better. Experiments seem to show 1 that com¬ 
parisons of areas*Iead to much more error on the part of witnesses 
than do comparisons in one dimension. It does seem to be true, 
however, that people can make much more accurate comparisons 
of angles at the center of a circle than would be expected a priori. 2 

Rule 4 of the Joint Committee on Standards for Graphic 
Presentation suggests that when a diagram is so constructed that 
^he zero line of the vertical ,scale would not be likely to appear, 
the omission of„the zero line should be shown by a horizontal 
break in the diagram (see page 487). If no such break is msfde, 
many people will misinterpret the graph. Fluctuations which 
are really very small in relative size will appear large because 
of the omission of part of the graph. It might almost be said 
that in most cases these diagrams, even when pjoperly’inude, are 
practically useless. Graphic presentation is intended to give 
a correct and quick impression; yet if the break in the diagram is 
omitted, the impression conveyed is likely to be false. But if 
the break is put into the diagram in order to guard against mis¬ 
interpretation, it becomes necessary for the reader to inspect 
the scales carefully to see how much has been omitted. He then 
hps to make mental calculations to determine whether «or not the* 
variations shown are important, a'nd this takes so ldng th£t much 
of the advantage of the graph is lost. It is usually true that, if 

1 Croxton and e Stein, Graphic Comparison fey Bars, Squares,* Circles, 

and Cubes, Journal of the American Statistical Association, Vol. 27,* March, 
1932, pp. 54-60. , ' 

2 See Croxjton andJSTRYKEB, Bar Charts versus Circle Dhf^ranfs, Journal 
of the American Statistical Association , Vol. 22,* December, 1927, pp. 473-482.' 
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variations are so small that they will not show when the entire 
vertical scale is givsn, this is in itself an indication of the fact 
that the variations are relatively too small to worry about. • 
Although every worker will be able to suggest exceptions to this 
general rule, it is nevertheless true in a large enough proportion 
of the cases so that a statistician who plans to use a broken 
diagram should feel that the burden of proof is on him. When 
the graph is one in which the comparison with zero is not impor¬ 
tant (as when we are comparing index numbers with 100, or 
when we are comparing one variable with another on a scatter 
diagram), this last observation obviously does not apply. 

EXERCISES , 

* • 

1. Make a sheet of somilog paper. Note that the h>g of 2 is .30103, the 
log of 3 is .47712, the log of 10 is 1.00000, and so o*i. Thus, if we let the 
distance from 1 to 10 on the vertical aids be nlade up of 1000 units, the dis¬ 
tance from 1 to 2 will contain 301 units, the distance from 1 to 3 will contain 
477 units, and so forth. Progressing in this way, lay off th£ entire vertical 
scale from 1 to 100, using a decimally divided scale such as a meter stick 
or an engineers’ triangular scale. 

2. Make a sheet of reciprocal paper and plot on it the data of Table 14.1, 
page 448. Do the data fall in a straight hand? If so, what of it? 

Jj. If you were to make a table showing the population of the states in 
the United States, in what ways might you arrange the iftates in the stub 
of the table? Using what circumstances would you use each arrangement? 

4. In Table 16.2, page 484, it is much easier to compare the maximum 
distance from the sun with the minimum distance than it is to compare 
the distance from the sun with the distance from thfe. earth. This is so 
because these figured are in adjaeopt columns. Rearrange the table in such 
a way that ^includes all the data given on page 48^ but so that the easy 
comparison is between the distance to the earth and the distance to the sun. 
The two maxima should be compared together and the two minima should 
be compared together. 

5. What general rules relative to the arrangement of columns in tables 
con Jrou derive from Exercise 4 above? 

6. Draw up the box headings for a table which is to show for the various 
states the nlimbcr of each sex of the white race and of the black race who ore 
native-Lbrn an<3 who are foreign-bofn. Make the comparison between the 
sexes the easiest comparison. The names of the states themselves are to 
be in the stub. 
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COLLECTION AND ANALYSIS OF DATA 

17 . 1 . Definition of the Problem.—The first step in any statis¬ 
tical investigation is that of defining the problem to be studied. 
The statistician must delimit his field with care, deciding in 
advance exactly what it is that he wishes to discover. For 
example, do we Tyish to discover the relationship between potato 
production and the e price of potatoes? Do we mean world pro¬ 
duction, United States production, Maine production, or produc 7 
tion in Aroostook County? Do we really want total production 
or do we want commercial production (potatoes produced for 
sale)? Do we want figures on all potatoes, or do we want to 
limit our study to the early crop or the late crop? Do we wish 
to single out particular varieties, such as Cobblers or Green 
Mountains? Do we wish to make any allowance for imports 
or exports? And similarly with regard to the prices. Do we 
want the farm price or the price at the city? If the latter, 
which city? The price at what time of year? The pricer for 
what grade of potatoes? And is it to be the wholesale or the 
retail price? * * 

We see that the* problem is not at all clear if we state merely 
that we are to study the relationship of potato production to 
prices. We must amplify and clarify and specify until we can 
give a more detailed and accurate picture of the problem to be 
dealt with. We may conclude that we wish to find the relation¬ 
ship between the total commercial potato crop of the late-crop m 
states (which would, of course, t be listed) and £he wholesale 
price of U.S. No. 1 Cobblers on Oct. 15 on the Boston market. 
It is very likely that analysis of the problem would indicate some 
further qualifications, but enough has been said to indicate*the 
importance and nature of the definition of a problem* before 
statistical work is commenced. Some preliminary statistical 
wprk may be necessary even to dSbermyne tfyose defi&itions which # 
will prove most useful. « • ^ 

i 498 
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17.2. Derived Data.—Having settled upon the problem to be 
studied, the statistician must next acquaint himself with other 
work which has been done in the same general field. If we con¬ 
tinue to use the potato example which we mentioned in the 
preceding paragraph, this would mean that the statistician would 
find what he could about other price studies in general and about 
studies of potato prices in particular. He would try to discover 
what data were available that he could utilize in his Own study, 
and also what methods other students had found helpful in 
similar analyses. In some cases, perhaps, he would find in one 
source or another all £hc numerical data he needed as a basis 
for his own study. Then it would not be necessary for him to 
collect any original data at all. He would, of course, wish to* 
study the derived data (data from other studies) carefully to be 
sure that he understood exactly • what .it represented, and he 
would naturally be careful when using it to credit the source 
from which it came. The giving of credit to the sources of 
derived data is important not only in order that the user may 
escape the charge of plagiarism, but also so that other workers 
running across the new study may irace the data back to tht/ 
original source to verify them and study their characteristics. 

if .3. Sources of Derived Data.—It is impossible to give here a 
list of the sources of derived statistical data, since they are too 
numerous. The worker in any particular field soon learns where 
he should look for published data in that field. The United 
States (JovernmeiA publisher much valuable material of a 
' statistical nature. The U.S. Census, the Statistical Abstract , 
and the publications of the Departments of Agriculture, Labor, 
and Commerce are especially helpful; the Treasury Department, 
the Department of the Ii/terior, the Interstate Commerce Com¬ 
mission, the Shipping Board, and other governmental agencies 
also furnish current statistical material in their respective fields. 
In addition many agencies of state and local governments issud 
statistical material. » Derived data may be founc^ also in the 
technical journals of various fields, or may be published by 
trade*associations or business houses. 

the statistician who wishes to use derived material imjst make 
certain, pf course,, that the source is trustworthy, and he will 
"usually wish t& find how the* data were'collected and *how they 
were anajyaed. He will usuaJUy make use of derived data whe^e 
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he can, of course, in order to save time and money which would 
be expended in gathering the data de novo.* 

17.4. Collecting Original Data.—Sometimes, of course, the 
statistician will discover that he needs data which have not been 
gathered. Under such circumstances it will be necessary for 
him to collect the data himself. 

When we are to collect statistical data, the firsj problem is 
that of deciding exactly what data we need. If we collect more 
data than are necessary we usually add to the expense and time 
of the undertaking. If we collect too little we have to go back 
for more, which is even more costly. Before the collection of 
original data begins it is important that the problem be so care¬ 
fully 'defined', and the methods to be used so completely visual¬ 
ized, that it is possible to determine just what additional data 
are necessary. * 

This does not seem like a very difficult problem. As a matter 
of fact it always turns out to be very'troublesome, especially 
because before the data are gathered it is necessary to define 
the statistical units accurately and to determine the degree of 
Accuracy which will be necessary. When the census takers 
set out to discot er the number of farms in Texas, they must |irst 
define a farm? Is any patch of land on which crops are raised a 
farm? How will they classify the backyard vegetable garden 
of the suburbanite or the commercial greenhouse in the 'city? 
If a man owns two pieces of land, working one himself and letting 
the other to a tenant, has he one farm or twtf? Such questions 
must be foreseennand handled in advance. Suppose we wish 
to determine the number of cows on these farms. What is a 
cow? Some farmers would, of course, give the total number 
of cattle without distinction as to age or sex. If we wish to 
confine ourselves to females, we must make the point dear. 
And when does a calf stop being a a c^tlf and become a heifer £ 
When does the heifer change to # a cow? These questions must 
be answered before the data are collected. One who patronizes 
city meat markets nowadays can well ask when lamb stops being 
lamb and becomes mutton. 1 „ 

t, C 

Likewise, if we are getting figures pn factory employment, 
how do we decide what is a factory? Do*>wp want to r include 
all employees—even thdse in clerical or executive positions? 
]3p we want all" employees or qnly permanent employees? 
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Should we count superannuated employees who are still on the 
pension roll but who'are not actively at work? 

It should now be clear that the statistical units must be 
carefully defined before the data are collected if the answers 
given by various informants are to be comparable and if the 
analyst is to know what his data mean when he studies them. 
There are causes in which units cannot be so defined as to make it 
possible to collect accurate data. Mayo-Smith p'oints out 1 
that an attempt was made in the U.S. census of 1890 to discover 
the number of persons of pure and mixed African blood by 
distinguishing between. blacks, mulattoes, quadroons, and 
octoroons, but since there were no physical characteristics which 
could be used as a sure check, and since many 9 f the persons in 
question were ignorant of their genealogy, the attempt was a 
failure. * 

As has been noted, it is necessary also at the beginning to 
determine the degree of accuracy on which we shall insist for 
our data. If we ask for time spent in harvesting wheat, do we 
want it to the nearest number of days or the nearest number of 
hours, or is stop-watch accuracy necessary? If we are collecting 
datji on farm receipts, are we content to take Trough estimates 
made by the farmer or must we gather information only from 
those farmers who keep farm accounts and who can give us data 
accurate to the cent? We have noted in an early chapter of 
this boj)k^ (see pages 7ff.) that statistical data are seldom 
entirely and exactly accurate* and that no matter how we plan 
our study we cannot expect to reach the ultihiate in accuracy. 
But if some particular degree of accuracy is necessary for our 
work, we should decide at the start what accuracy we need and 
how to get it. 

17.6. Methods of Collecting Statistical Data.—When we have 
decided what additional original data we need and how accurate 
they m\\st be, u and when we havp defined the units that arc to be 
used in describing them, we must still decide how to go about the 
process of collecting them. We may decide to collect the data by 
personal inquiry; th^t # is, the statistician may cpllect the data 
himself.* This methbd h&s the great advantage tfiat the man who 
is analyzing the datti has collected them, and therefore under- 

» 1 In Palcsrave, article op. Statistics, ‘‘Dictionary of Political Economy ;* 
Vol. 11*^. 468, 1926. * ‘ % 
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stands their limitations and peculiarities. In any large investiga¬ 
tion, however, personal collection by one mfan may be out of the 
question on account of the time and expense which w/Duld be 
involved. Therefore it is common to use enumerators or special 
agents to collect the data. If enumerators are to be sent into the 
field to interview informants and to obtain statistical data from 
them, it is very important that the enumerators *be carefully 
chosen and painstakingly instructed. They must understand 
the purpose for which the data are to be used*, they must familiar¬ 
ize themselves with the definitions of statistical units which we 
have just mentioned, they must understand the necessity of 
reasonable accuracy, they must be tactful and resourceful. A 
lazy or disKonqst enumerator may spoil an entire statistical 
study. f 

If one is to collect a‘large kmount of data, he often finds it 
cheaper to send schedules directly to the informants to be filled 
out and returned by them rather than to send enumerators with 
the schedules. This method of using informant’s own schedules 
has the advantage of saving time and money, but has the dis¬ 
advantages that one usually gets far fewer returns, that different 
informants interpret even the simplest questions in different 
ways, and that the informant cannot easily ask questions about 
points which puzzle him. 

17 . 6 . The Schedule.—Whether the statistician collects hi^ data 
in person or through enumerators or informants schedules, he 
must make out some list of questions to be asked. This list of 
questions is called? a questionnaire or schedule . We have already 
noted that the schedule must be complete, so that it will*elicit 
information on all points which we need to cover without forcing 
people to give unnecessary information.' It is also important, of 
course, that the questions be simple and not ambiguous. ' The 
definitions of statistical units should be clearly stated and 
explained, and the degree of accuracy expected # in thq answer 
should be made explicit. Statisticians find‘that they get more 
uniformly satisfactory results if they so frame their questions that 
they can be answered by “No,” “Yes,” or p, number. Also, the 
questions should be tactfully phrased, anti if there are any 
questions on subjects wh^ch may prove Embarrassing to the 
informant it is usifally wise to pufthdq at the end ofthe schedule. 
There are certain topics on which informants seem to be p:*one to 
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give misinformation. Mayo-Smith illustrates this point as 
follows: 1 ’ 

• 

Classification of the population according to wealth or income fails 
because direct inquiries will not be answered truthfully, and outward 
marks fail. Even such a question as whether one is employer, employee, 
or working on one’s own account was imperfectly answered in the 
English cento of 1891, either because it was misunderstood or through 
perverseness. It is said that questions in regard to religious denomina¬ 
tions excite suspicion in France; and questions in regard to mental or 
physical infirmity of members of the family excited considerable feeling 
in the United States in 1890. 

It is sometimes said that women £end to understate their age'*, 
and it is probable that an investigator would be given faulty 
information relative to past criminal records ii he were to rely on 
the statements of the people suspected. Only by using the 
greatest tact can one hope to reduce such errors; and there is no 
sure way of completely eliminating them. 

17 . 7 , Choosing the Sample.—When the statistician has 
decided what questions to ask, hq must still decide whom to 
question; that is, he must decide how many c^es to study and 
hcfW to select them. We have seen in earlier* chapters that 
statistical conclusions can be applied only within the universe 
froip which the sample was drawn. If we are investigating the 
rate of wages in a given city, and if we decide t^at wage data can 
be obtJrinfcd most, easily from labor unions, we must realize that 
our data hold ’true only for union labor. I£ there is any con¬ 
siderable number of nonunion workers in the city, our conclusions 
will not necessarily apply to them. One can never be entirely 
certain that he has a strictly random sample, and as a result he 
can, never be entirely certain within what universe the conclu¬ 
sions are applicable. The careful statistician does try, however, 
* to select Iris data in such* a way that there will be no hidden causes 
influencing tlie nature of his results. Here again, as in so many 
other cases, it becomes evident that a statistician must be an 
exp-ert within the field.which he is studying as well as in the field 
df statistical methqd. Unless he knows his owii field he has no 
way of knowing wfyat fhetors are likely to influence the nature 
of his result^.* * - 

w • , > 

1 Pi/qaiCVE, op . eft., p. 468. 
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We have discovered also that the reliability of statistical 
conclusions depends on the number of caseS studied. The sta- 
' tistician must decide in advance what accuracy is necessary in his 
conclusions, so that he may know approximately how many cases 
to study. 

17.8. Aids in the Analysis of Statistical Data.—After the 
original data have been gathered, the statistician finds himself 
confronted with a vast mass of unrelated data scattered through 
many schedules. It is his duty to bring order out of the con¬ 
fusion. Sometimes he makes a start at this by transferring the 
data from questionnaires to large tables? the table having a 
column in which can be entered the answer to each question. 
~ihese primary tables are not for publication, and are far more 
complicated than tables would ever be that were intended for 
presentation to the public. OV’ the statistician may copy the 
pertinent figures from each schedule onto a card, such as a 3- by 
5-in. index card. This method makes it easy to sort and subsort 
* the data. Thus if we are studying farm incomes on dairy farms, 
and if we make out a card for each farm, it is easy to sort the cards 
idco piles which differ according to the number of cows on the 
farm, and to subsort each pile according to the breed of cattle 
and other specifications. In this way farms with particular 
characteristics can be easily grouped together for study. 

This last procedure is made much easier if we can manage tb do 
the sorting and stfbsorting by machine. This can be arranged if 
we punch holes in the cards to represent the numbers involved, 
and use one of the 1 automatic card-sorters which sorts the cards 
by making electrical contacts through the holes. Such a method 
can be used economically only when there is a large number of 
schedules to be handled, but under such circumstances it makes 
for considerable saving in time and expense. Machines 'for 
punching the original cards, for sorting them, and for tabulating. 
the results can be rented from the.companies which,-manufacture 
them. The statistician who plans to use them will be wise to 
consult with the manufacturers when planning his study, so that 
the data may be gathered in a form which facilitates the uso of the 
punched cards. w , * 

It goes without saying that the statistician uses adding and 
computing machinery wherever pbssible, and that tb save time, 
he Relies when he ban on tables of ^figures and the siick* v rule. 
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Tables giving the squares and cubes, square roots, and cube roots 
of numbers are common. Some tables give also the sums of the 
• squares of the first N numbers or the sums of the squares of the 
first N odd numbers. We have observed the usefulness of tables 
showing the areas and ordinates of the normal curve. The time 
involved in statistical analysis can be reduced tremendously by 
judicious use cf such aids. 

Some workers avoid using the slide rule because of’its inac¬ 
curacy. We have seen (see Chap. II), that no measurements are 
ever perfectly accurate except by chance. Accuracy beyond 
three or four significant figures is almost unheard of in data 
gathered in the fields of social or biological science. The ordi¬ 
nary 10-in. slide rule gives three- to four-place accuracy, and the 
20-in. rule gives accuracy to at least one more gplace. Thus we 
see that the slide rule is usually accurate enough for the work we 
must do with it. It is at any rate a rapid and useful check on the 
accuracy of computations which have been carried out by 
longhand. 

Many kinds of drafting equipment are useful in the graphic 
presentation of statistical results. Various kinds of drawing 
pens and lettering guides are especially useful. *For complete 
descriptions of such instruments, the student is referred to the 
catalogues of companies manufacturing them. The statistician 
who has proper equipment with which to work finds that he can 
eliminate ^riuch of the routine and tedium of arithmetical manip¬ 
ulation, and that he can give more of his time to the more inter¬ 
esting and valuable work of planning statistical* operations and 
interpreting statistical conclusions. 
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APPENDIX I 


Areas under the Normal Curve 

Fractional parts of the total area (1.000) under the normal curve between the mean and a 
perpendicular erected at various numbers of standard deviations ( x/ar ) from the mean. 1 
To illustrate the use of the table, 39.065 per cent of the total area under the curve will lie 
between the mean and a perpendicular erected at a distance of 1.23a frorl the mean. 

Each figure in the body of the table is preceded by a decimal point. 


x/tr 

.00 

.01 

.02 

.03 

.04 

.05 

.06 

.07 

.08 

.09 

0.0 

00000 

00399 

00798 

01197 

01595 

01994 

02392 

02790 

03£ 88 

03586 

0.1 

03983 

04380 

04776 

05172 

0&567 

05962 

06356 

06749 

07142 

0V £>35 

0.2 

07926 

08317 

08706 

09095 

09483 

09871 

10^57 

10642 

11026 

11409 

0.3 

11791 

12172 

12552 

12930 

13307 

13683 

>14058 

14431 

14803 

15173 

0.4 

15554 

15910 

16276 

1664<9 

17003 

• 17364 

17724 

18082 

18439 

18793 

0.5 

19146 

19497 

19847 

20194 

20450 

20884 

21226 

21566 

21904 

22240 

0.6 

22575 

2290V 

23237 

23565 

23891 

24215 

24537 

24857 

25175 

25490 

0.7 

25804 

26115 

26424 

26730 

27035 

27337 

27637 

27935 

28230 

28524 

0.8 

28814 

29103 

29389 

29673 

29955 

30234 

30511 

30785 

31057 

3J327 

0.9 

31594 

31859 

32121 

32381 

32639 

32894 

33147 

33398 

. 

33646 

33891 

1.0 

34134 

34375 

34614 

34850 

35083 

35313 

35543 

35769 

35993 

36214 

1.1 

36433 

36650 

36864 

37076 

37286 

37493 

376&8 

37900 

38100 

38298 

1.2 

38493 

38686 

38877 

39065 

39251 

39435 

39617 

>39796 

39973 

40147 

1.3 

40320 

40490 

40658 

40824 

40988 

41149 

41308 

41466 

41621 

41774 

1.4 

41924 

42073 

42220 

42364 

42507 

42647 

42786 

42922 

43056 

43189 

1.5 

43319 

43448 

43574 

43699 

43822 

43943 

44062 

44179 

44295 

44408 

1.6 

44520 

44630 

44738 

44845 

44950 

45053 

45254 

45254 

45352 

45449 

1-7 

*5543 

45637 

45728 

45818 

45907 

45994 

46080 

46164 

46246 

46327 

1.8 

46407 

46485 

46562 

46638 

46712 

46784 

46856 

46926 

46995 

47062 

1.9 

471-28 

47193 

47257 

47320 

47381 

47441 

-i7500 

47558 

47615 

47670 

2.0 

47725 

47778 

47831 

47882 

47932 

47982 

48030 

48077 

48124 

48169 

2.1 

48214 

48257 

48300 

48341 

48382 

48422 

48461 

48500 

48537 

48574 

2.2 

48610 

48645 

48679 

48713 

48745 

48778 

48809 

48840 

48870 

48899 

2.3 

48928 

48956 

48983 

49010 

49036 

49061 

49086 

49111 

49134 

.49158 

- 2.4 

49180 

49202 

49224 

49245 

49266 

49286 

49305 

49324 

49343 

49361 

2.5 

49379 

49396 

49413 

49430 

49446 

49461 

49477 

49492 

49506 

4^520 

2.6 

49534 

49547 

49560 

49£73 

49585 

49598 

49609 

49621 

49632 

49643 

2.7 

49653 

4,9664 

49674 

49683 

49693 

49702 

49711 

49720 

49728 

49736 

2.8 

49744 

49752 

49760 

49767 

49774 

49781 

49788 

’49795 

49801 

49807 

2.9 

49813 

49819 

49825 

49831 

49836 

49841 

49846 

49851 

49856 

49861 

: 3.0 - 

49865 

> 









3.5 « 

4997674 


> 







1 \ 


4999683 









V 

4.5 s , 

4999P66 




. 



> 



5.0 

4990997133 


i 

1 

j 







T 


m 1 This table has bee", adapted, by permission, from F. C. Kent, “Elements of Statistics.’* 
McGraw-Hill Book Company, Inc., 1924. 
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Ordinates of the Normal Curve 

Ordinates (heights) of the unit normal curve. 1 The height (y) at any number of standard 
deviations (x) from the mean is 

-x 5 /2 

y 0.3989s 


To obtain answers in units of particular problems, multiply these ordino/es by N(,Ci)/v 
where N is the number of cases, Ci the class interval, and a- the standard deviation. 

Each figure in the body of the table is preceded by a decimal point. 


*/<r 

.00 

.01 

.02 

.03 

.04 

.05 

.06 

.07 

.08 

.09 

o.o <■ 

39894 ( 

39892 

39886 

3 t 9870 

39862 

39844 

39822 

39797 

39767 

39733 

0.1 

39695 * 

<39654 

39608 

39559 

39505 

39448 

39387 

39322 

39253 

39181 

0.2 

39104 

39024 

38940 

38853 

38762 

38667 

38568 

38466 

! 38361 

38251 

0.3 

38139 

38023 

37903 

37780 

37654 

37524 

27391 

37255 

! 37115 

30973 

0.4 

36827 

30678 

36526 

36371 

i 

302.13 

36053 

35889 

35723 

| 35553 

35381 

0.5 

35207 

35029 

34849 

34667 

34482 

34294 

34105 

33912 

33718 

33521 

0.6 

33322 ' 

33121 

32918 

32713 

32500 

32297 

32086 

31874 

31659 

31443 

, 0.7 

31225 

31006 

30785 

30563 

30339 

30114 

29887 

29658 

29430 

29200 

71.8 

28969 

28737 

28504 

28269 

28034 

27798 

27562 

27324 

27086 

26848 

0.9 

26609 

26369 

26129 

25888 

25647 

25406 

25164 

24923 

24681 

24439 

1.0 

24197 

,23955 

23713 

23471 

23230 

22988 

22747 

22506 

22265 

22025 

1.1 

21785 

21546 

21307 

21069 

20831 

20594 

20357 

20121 

19886 

19*52 

1.2 

19419 1 

19186 

18954 

18724 

18494 

18265 

18037 

17810 

17585 

17360 

1.3 

17137 

16915 

16694 

16474 

16256 

16038 

15822 

15608 

15395 

15183 

1.4 

14973 

14764 

14556 

1^350 

14146 

13943 

13742 

13542 

13344 

13147 

1.5 

12952 

12758 

12566 

12376 

12188 

12001 

11816 

11632 

11450 

11270 

1.6 

11092 

*10915 

10741 

10567 

10396 

10226 

10059 

09893 

09728 

09566 

1.7 

09405 

09246 

09089 

08933 

08^80 

08628 

084'; 3 

08329 

08183 

08038 

1.8 

07895 

07754 

07014 

07477 

07341 

07206 

07074 

‘00943 

06814 

00687 

1.9 

06562 

0^438 

06316 

00195 

06077 

05959 

05844 

05730 

05618 

05508 

2.0 

05399 

05292 

05180 

05082 

04980 

J04879 

04780 

04082 

04586 

04491 

2.1 

04398 

04307 

04217 

04128 

04041 

03955 

03871 

03788 

03706 

03626 

2.2 

03547 

03470 

03394 

03319 

03246 

03^74 

03103 

03034 

02965 

02898 

2.3 

02833 

02768 

02705 

02643 

02582 

02522 

02463 

02406 

02349 

Q2294 

2.4 

02239 

02186 

02134 

02083 

02033 

01984 

01936 

01888 

01842 

01707 

• r.2.5 

01753 

01709 

01667 

01625 

01585 

01545 

01506 

. 01468 

01431 

01394 

2.6 

01358 

01323 

01289 

01256 

91223 

01191 

01160 

01430 

OllpO 

01071 

2.7 

01042 

01014 

00987 

00961 

00935 

00909 

00385 

00801 

00837 

00814 

2.8 

00792 

00770 

00748 

00727 

00707 

00687 

00668 

00649 

00031 

00613 

2.9 

00595 

00578 

00502 

00545 

00530 

00514 

e 

00499 

00485 

00470 

00457 

3.0 

00443 ' * 

• 





t 



t 

3.5 

0808727 


■ 



«: 



• 


4.0 

0001338 






c 




4.5 

0006160 


; 

• 





r* 

« * 


y*° 

000001487 

• 

: 

■ 

• 

« . 

t 

s C 

i» 

3 


at This tattle adapted, by permission, from Kent, “Elements of Statistics.” 
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APPENDIX III 


Chances ofOipfering from the Mean by Given Numbers of Standard 

Deviations # 

Chances that an item chosen at random from a normal distribution will 
lie as far from the mean as the number of standard deviations stated. 1 
Example: The chances are 0.0357 (that is, 357 chances out of 10,000) that 
an item chosen at random from a normal distribution will differ from tffS 
mean by as much as 2.1 standard deviations. 


x/tr 

Chances 

, • 

X/ff 

• . 

Chances 

0.0 

i 

1.000 

• 

2.0 

0.0454 

0.1 

g.920 

2.1 

0.0357 

0.2 

0.841 

2.2 

* 0.0277 

0.3 

0.764 

2.3 

0.0214 « 

0.4 

0.689 

2.4 

0.0163 * 

0.5 

0.617 

• 

2.5 • 

• 

0.0124 

0.6 

0.549 

2.6 

# 0.00932 

0.7 

0.484 

2.7 

0.00694 

0.8 

0.424 

2.8 

0.00512 

• 0.9 

0.368 

2.9 

0.00374 

VT) 

> 0.317 

• 

3.0 

0.00270 

1.1 

0.271 * 

3.5 

0.000465 

1.2* 

0.230 

4.0 * 

0.0000634 

* 1.3 

0.193 

4.5 

0.0000068 

1.4 

0.162 

• 

5.0 

0.000000573 

• 1.5 

1.6 

1.? 

•1.8 • 

1.9 

0.134 

0.109 

0*0891 
0.0719 e 
• 0.0574 


• 

• 


'Vhe cj^ta in this table were computed from information in J. W. Glover’s "Tables of 
?robabil?ty and Statistical ^Functions," Geo. Wahr, Ann Arbor, Michigan, 1930, except for 
the last<our entries, whteh are based on H. O. Hugg, "Statistical Methods Applied to 
Education," Houghton M^Hin Company, Boston, 1917. 








APPENDIX IV 


Chances op Differing from the Mean in a Given Dirbcti in by More 
than Given Numbers of Standard Deviations 
Chances that an item chosen at random from a normal distribution will 
be on the same side of the mean as the item chosen, and distant from the 
mean by as much as the stated number of standard deviations. 1 Example: 
c The chances are 0.0179 (that is, 179 out of 10,000) that an item chosen at 
random from a normal distribution will be above the mean and removed 
from it by as much jps 2.1 standard deviations. The chances that it will 
be this far below the mean are also 0.0179. 


x/<T 

* 

Chances 

1- 

x/v 

Chances 

0.0 

0.500 

2.0 

0.0227 

° 0.1 

0.460 

2.1 

0.0179 

0.2 

0.421 

2.2 

0.0139 

0.3 

0.382 ' 

2.3 

0.0107 

0.4 

0.345 

2.4 

0.00820 

O' 

0.5 

0.309 

2.5 

0.00621 

0.6 

0.274 

2.6 

0.00547 

0.7 

0.242 

2.7 

0.00347 “ 

0.8 

0.212 

2.8 

0.00256 

0.9 

0.184 

2.9 

0.0018/ 

1.0 

0.159 

3.0 

0.00135 . 

1.1 

0.136 

3.5 

0.000233 

1.2 

0.114 

4.0 

0.0000317 

1.3 

0.0968 

4.'5 

0.0000034 

i.4 

0.0807 

5.0 

0.000000287 

* 1.5 

0.0668 

M 


1.6 

0.0548 


O 

1.7 

0.0446 

r 


1.8 

0.0359 



1.9 

0.0287 


* ' * 

9 


‘ 



1 Data from same sources as Appendix III. 
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APPENDIX V 


\ Values op yfpq When p + q =* 1 
Each entry in the body of this table is preceded by a deciAal point. 


p or q 





.04 

.05 

.06 

.07 

.08 

rr 

0.00 

000 

100* 

140 

171 

196 

218 

238 

255 

271 

286 

0.10 

300 

313 

325 

336 

347 

357 

367 

376 

33£ 

392 

0.20 

400 

407 

414 

421 

427 

433 

4^p 

444 

449 

434 


458 

463 

467 

Mfrim 

474 

477 

480 

483 

485 

488 

0.40 

489 

492 

494 

495 i 

496 

.498 

*498 

499 

500 

500 

0.50 

500 

500 

JB 

499 

498 

498 

496 

495 

494 

492 

0.60 

489 

488 

485 

483 


477 

474 

470 

467 

463 

’ 0.70 

458 

454 

449 

444 

439 

433 

427 

421 

414 

407 ' 

0.80 

400 

392 

384 


367 

357 

347 

336 

325 

sfi3 

0.90 

300 

286 

271 

255 

288 

218 

196 

171 

140 

100 


The table is to be used in connection with: 


1. The determination of the standard deviation of the number of 
# successes, as on page 88. The formula becomes 

yj npq = -\/n(y/pq ) • 

• * • 

The value* of the latter is^iven in the table. 

2. The determination of the standard error of # relative frequency, as 
•* on page 145. The formula becomes 


a /pq _ VE 


The numerator is giyen in the table. 

Example? On page 247 it is necessary to evaluate the term y/pq/n when 
p = 0.25 and = 52,280. From* the table above y/pq — 0.433 when 
p = 0.25, and ^3,290 = 231. Thus we have 0.433/231* * 0.00187. 
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APPENDIX VI 


Values of r fob Various Values of z from 1 to 3* 

Each figure in the body of the table is preceded by a decimal point. 
f Example: When t has a value of 1.23, r has a value of 0.8426 


s 

.00 

.01 

.02 

.03 

.04 

.05 

.06 

.07 

« 

.08 

.09 

0.0 

0000 

0100 

0200 

0300 

0400 

0500 

0599 

0699 

0798 

0898 

0.1 

0997 

1096 

1194 

1293 

1391 

1489 

1586 

1684 

1781 

1877 

0.2 

1971 

2070 

2165 

2260 

2355 

2449 

2543 

263# 

2729 

2821 

0.3 

2913 

3004 

3095 

3185 

3275 

3364 

3452 

3540 

3627 

3714 

0.4 

3800 

3885 

3969 

4053 

4136 

4219 

4301 

4382 

4462 

4542 

0.6 

4621 

4699 

4777 

4854 

4930 

5005 

5080 

5154 

5227 

5299 

0.6 

6370 

5441 

5511 

5580 

5649 

5713 

5784 

5850 

5915 

5980 

0.7 

6044 

6107 

6169 

6231 

6291 

6351 

6411' 

6469 

6528 

6584 

0.8 

6640 

6696 

6751 

6805 

6858 

6911 

6963 

7014 

7064 

7114 

0.9 

7163 ‘ 

7211 

7259 

7306 

7352 

7398 

7443 

7487 

7531 

7574 

1.0 

7616 

7Q58 

7699 

7739 

7779 

7818 

7857 

7895 

7932 

7969 

1.1 

8005 

8041 

8076 

811b 

8144 

8178 

8210 

8243 

8275 

8306 

1.2 

8337 

8367 

8397 

8426 

8455 

8483 

8511 

8538 

8565 

8591 

1.3 

8617 

8643 

8668 

8692 

8717 

8741 

8764 

8787 

8810 

8832 

1.4 

8854 • 

8875 

8896 

8917 

8937 

8967 

8977 

8996 

9015 

9033 

x 1.6 

9051 

9069 

9087 

9104 

9121 

9138 

9154 

9170 

9186 

9201 

1.6 

9217 

9232 

9246 

9261 

9275 

9289 

9302 

9316 

9329 

9341 

t 1.7 

9354 

9366 

9379 

,9391 

9402 

9414 

9425 

9436 

9447 

9458 

1.8 

94681 

94783 

94884 

94983 

95080 

95175 

95268 

95359 

95449 

95537 

1.9 

95624 ' 

| 

95709 

95792 

95873 

95953 

96032 

96109 

96185 

96259 

96331 

2.0 

96404 

96473 

96541 

96609 

96675 

96739 

96803 

96865 

96926 

96986 

2.1 

97045 

97103 

97159 

97215 

97269 

97323 

97375 

97426 

97477 

97526 

2.2 

97574 

97622 

97668 

97714 

97759 

97803 

97846 

97888 

97929 

97970 

2.3 

98010 

98049 

98087 

98124 

98161 

98197 

98233 

98267 

98301 

98335 

2.4 

98367 

98399 

98431 

i 

98462 

98492 

98522 

98551 

98579 

98607 

98635 

2.6 

98661 

98688 

98714 

98739 

9&764 

98788 

99 

98812 

,98835 

98858 

98881 

2.6 

98903 

48924 

: 98945 

98966 

98987 

99007 

99026 

‘ 990*15 

99064 

99083 

2.7 

99101 

99118 

99136 

99153 

99170 

99186 

99202 

99218 

99233 

99248 

2.8 

99263 

99278 

99292 

99306 

99320 

99333 

99346 

99359 

99372 

'99384 

2.9 

99396 

99408 

99420 

99431 

99443 

99454 

99464 

99475 

99485 

99495 

3.0 

99505 





9 





3.6 

i 998178 









n , 

4.0 

999329 










4 4.6 

999753 





< 





6.0 

999909 



! 







6.6 

9999666 







4 



6.0 

99998?7 










6.6 

99999548 





• 



, 



For greater^ accuracy^ or for values beyond the table: , 

r - * - 1.16129264 logio 

• «** + 1, « 1 — r 

» * .i • . 


• 1 Taken by permission, with minor additions, from R. A. Fisher,' 4 Statistical Methods fSf - * 
Research Workers/’ Oliver A Boyd, Edinburgh, 1938. 1 < 
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APPENDIX VII 


Values <Jf P for Values of Chi Square between 0 and 32 
and Values of n ' between 1 and 15 



415 


Value of Chi-square 


APPENDIX VIII 


Values of«P for Values of Chi Square between 0 and 3 
and Values of n' between 1 and 8 
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APPENDIX IX 

SELECTED BOOKS ON STATISTICAL METHOD 


The student will find the following books on statistical method 
helpful. The list is not complete, but it includes the texts 
which the author has«found most helpful with beginning students. 

« 

Barlow: “Tables of Squares, Cubes, Square Roots, (Jube R«*)ts, ^nd 
Reciprocals,” Spon and Chamberlain, New York, 1919. (Covers all 
numbers from 1 to 10,000.) # 

A. L. Bowley: “ Elements of Statistics,” P. 13. King, London, 1920. (Tho 
second part is mathematical and advanced; the first part, elementary.) 

y JJ.LI. Camp: “ Mathematical Part of Elementary Statistics,” D. C. Heath 
and Company, Boston, 1931. (Especially good for students with more 
than average mathematical preparation.) # 

R. E. Ciiaddock: “ Principles and Methods of Statistics,” Houghton 
Mifflin Company, Boston, 1925. • 

A. L. Crelle : “ Calculating Tables,” Nutt, Berlin, 189& (Helpful in multi¬ 
plication when computing machines are not available.) 

P. E. Croxton and D. J. Cowden: “Practical Business Statistics,” Prentice- 
Hall, Inc., New York, 1934, (Specializes particularly in business 
analysis.) 

jC. B. Davenport and M. P. Eklas: “Statistical Methods in Biology, 
Medicine and Psychology,” John Wiley & Sons, Inc., New York, 1936. 
(An up^to-datc, compact summary of statistical methods, generally 
useful but specialized as the title implies.) 

D. \l. Davenport and F. V. Scott: “An Index to Business Indices,” 

Business Publications, Inc., Chicago, 1937. (Describes the commoner 
index numbers in the Business field.) 

i G. It. Davies and W. F. Crowder: “Methods of Statistical Analysis in the 
Social Science,” John Wiley & Sons, Inc., New York, 1933. 

G. R. Day%es and D. Yoder: “Business Statistics,” John Wiley & S«ns, 

* Inca, Ncw^York, 1941. (A go6d summary of sources of business data, 
and worth-while up-to-date material on the application of analysis of 
variance to simple statistical distributions.) 

H. t Davis and W. J\ # C. Nelson: “Elements of Statistics,” Princjpia 

Pr<ass, Bloomington, Indiana, 1935. (Specialized ih economic statistics, 
with good section* on curve fitting and the use of tables.) ’ 

E. E. iftfY: “Statistical Analysis,” # The Macmillan jCompaay, New York, 

. 1930. * *,•*** • 

J. VT. DorfiAP and A. K. Kunrz: “Handbook of Statistical Nomographs, 

* — Tables, and ?&rmulas,” World Book Company, Yonkers-on-Hudsoa, 
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ELEMENTS OF STATISTICAL METHOD , 

New York, 1932. (A useful collection of nomographs and tables, and an 
invaluable collection of formulas, including several important correc¬ 
tions in published formulas.) 

W. P. Elderton: “ Frequency Curves and Correlation,” C. and E. Layton, 
London, 1906. (Perhaps the best reference on the Pearson-type 
curves.) 

Mordecai Ezekiel: “ Methods of Correlation Analysis/ 1 John Wiley & 
Sons, Inc., New York, 1941. (Confined to correlation, tyut unusually 
lucid and complete.) 

I. Fisher: “The Making of Index Numbers,” Houghton Mifilin Company, 

Boston, 1922. 

R. A. Fisher: “Statistical Methods for Research Workers,” Oliver & Boyd, 
Edinburgh, 1938. (Advanced, and often difficult reading. But up 
to dpte and original.) 

H. % £. Garrett? “Statistics in Psychology and Education,” Longmans, 
Green & Company, New York, 1926. (Especially readable. Spe- 
| cialized, as title implies.) « i 

G. I. Gavett: “A First Course in Statistical Method,” McGraw-Hill Book 
Company, Inc., New York, 1937. (Has jiseful sections reviewing 
briefly and Clearly the elementary mathematics underlying statistical 
' procedures.) 

J. W. Glover: “Tables of Applied Mathematics in Finance, Insurance, and 

Statistics,” George Wahr, Ann Arbor, Michigan, 1923. (Valuable 
tables, especially in description of the normal curve and in interpolation 
aids. 4 Includes seven-place logarithms.) * 

K. J. Holzinger: “Statistical Methods for Students in Education,” Ginn 

and Company, Boston, 1928. (Specialized, as the title implies.) 

K. J. Holzinger: “Statistical Tables for Students in Education and 'Psy¬ 
chology,” University of Chicago Press, Chicago, 1928. (Time-saving 
tables of general use in calculation.) <- " fl 

D. C. Jones: “A First Course in Statistic^” G. Bell & Soh?, London, 1921. 
K. G. Karsten: “Charts and Graphs,” Prentice-Hall, Inc.," New York, 
1923. (Thorough and painstaking. Much valuable illustrative 
material.) 

T. L. Kelley: “Statistical Method,” The Macmillan Company, New York, 
1923. (An advanced treatment. Dependable.) c 

W. I. King: “Elements of Statistical Method,” The Macmillan Company, 

4 New York, 1912. (A very simple presentation, now somewhat out of« 
date.) , * 

J. Lipka: “Graphical and Mechanical Computation/** John Wiley & Sons, 
Inc., New York, 1918. (Advanced.) 

F. C. Mills: “Statistical Methods Applied to Economics and Busings,” 

1 Henry Holt anil Company, New York, 1938. • ^ * 

F. C. MiLL^and D. H. Davenport: “Manual*of Problems and Tables in 
Statistics,” Henry Hol t and pompany, New York, *1925. t « 

J. Miner: “Tables'of y/l —~r~ 2 and 'j* — *r; for Upe in Partu-1 Correlation 
and Trigonometry;” Johns Hopkins Press, Baltimore, 1922/ a , 
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W. C. Mitchell: Making and Using Index Numbers, Part I, U. S . Bureau 
of Labor StatisticsiBulletin 284, 1921. 

R. Pearl: “ Medical Biometry and Statistics/' W. B. Saunders Company,* 

Philadelphia, 1933. (Specialized for students of medicine and vital 
statistics.) 

K. Pearson: “Tables for Statisticians and Biometricians,” Cambridge 
University Press, 1914. (Invaluable as a time saver.) 

C. H. Richardson: “An Introduction to Statistical Analysis,” Harcourt, 
Brace and Company, New York, 1934. • 

H. L. Rietz: “Mathematical Statistics,” Open Court Publishing Company, 
Chicago, 1927. (Advanced, specialized, and highly mathematical, but 
very valuable.) 

H. L. Rietz et al: “Handbook of Mathematical Statistics,” Houghton 
Mifflin Company, Boston, 1924. (For advanced students only. * 
Requires good grounding in mathematics. Includes assays d& several 
important topics in the field of statistics.) # 

J. R. Riggleman and I. N. Frisbebj “Business Statistics,” McGraw-Hill 
Book Company, Inc., New York, 1932*. (Useful material describing 
mechanical aids in statistical work and the preparation of statistical 
reports.) § • 

H. O. Rugg: “Statistical Methods Applied to Education,” Houghton, 
Mifflin Company, Boston, 1917. • 

M. Sasuly: “Trend Analysis of Statistics,” Brookings Institution, Well¬ 
ington, D. C., 1934. (An invaluable book for its specialized field.) 

H *Secrist: “Introduction to Statistical Methods,” The Macmillan Com¬ 
pany, New York, 1929. # 

J. G. Smith: “Elementary Statistics, An Introduction to the Principles of 
^Scientific Methods,” Henry Holt and Company, Inc., New York, 1934. 
(The sections on scientific method are particularly valuable.) 

G. W. Snhdecor: “Calculation and Interpretation of Analysis of Variance 

and Covariance,” Collegiate»Prcss, Ames, Iowa, 1934. (A very impor¬ 
tant and authoritative small book in a new but highly significant field.) 

H. Sorenson: “Statistics for Students of Psychology and Education,” 

McGraw-Hill Book Company, Inc., New York, 1936. (An authorita¬ 
tive text which covers, the general field of statistics but gives especial 
^ emphasis to problems arising in psychology and education.) 

H. M. Walker: “Mathematics Essential for Elementary Statistics,” Henry 
» Holt ^nd Company, Ijlc., New York, 1934. (Brief, simple, and self- 
teaching.) 9 

H. M. Walker: “Stiylies in the History of Statistical Method,” Williams & 
Wilkins Company, Baltimore, 1929. (Interesting, instructive, and 
^authoritative.) # 

S. A. Wallace and G« W. Snedecor: “Correlation ard Machine Calcula¬ 

tion,” Iowa Statd College Bookstore, Ames, Iowa, 1931. •(Very useful 
simple directions for actual steps in calculation.) 

G. C. WHiPiyib: “Vital StaVstiesJohn Wiley & Sons, life., New York, 

• J919.*, (Contains many* statistical problems and methods from \his 

^ specialized fieljj.) • • 
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E. T. Whitaker and G. Robinson: “The Calculus of Observations,” 
Blackie & Son, Ltd., London, 1924. (Advanced-but important discus- 
• sion of least-squares theory.) 

G. U. Yule and M. G. Kendall: “An Introduction to the Theory of 
Statistics,” Charles Griffin & Company, Ltd., London, 1937. (While 
the treatment is somewhat advanced for beginners, nevertheless this 
is one of the most complete, authoritative, and useful treatments in the 
English language.) 
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a priori probability, 157 
Accidental error, 9 
Accuracy of computations ( see Char- 
lier check) 

Accuracy of measurement, 7 

Actual class limits, 27 

Addition of approximate numbers, 

17 

Addition of probabilities, 160 
Alienation, coefficient of, *415 
Alphas, defined, 193 
interpreted, 209 

in probability distributions, 197 
standard errors of, 244 
•values in normal distributions, 
193 

Amplitude of cycle, 325 
Analysis of variance, 148, 262 
Approximate numbers, computation 
wiih,»14 # 

Area method for fitting nortnal 
curve, J82 

Araas under normal curve, 168, 509 
Arithmetic mean, advantages and 
disadvantages of, 109 1 
fjom grouped data, 83 
moving, 282 

• of probability distributes, 158 

by short method, 86 # 

stanefard error of, 235 

from ungrouped data, 60 
weighted, 62 
Array, t)5 • 

Attributes, 56 * • 

Average deviation Computation 
from fre*jliency table, 123 » 

* defined, J31 • * 

_ interpretation oj* 134 $ 


Average deviation, • by machine, 
methods, 132 
standard error of, 248 
from ungrouped data, 131 
Averages, characteristics of good, 
106 * 1 
• choice of, 123 • * • 

from grouped data, 81 
relationslfips between, 71, 74, 108 
summary of computation, 78, 104 
from ungrouped data, 60 
Averages of positiem, defined, 74 
from an ogive, 96 # 

* 

. » 

Base period, choice of, 364 
Beta coefficients, 475 
Beta sub one, 206 
Beta sub two, 206, 207 
standard errpr of, 249 
Bias in index numbers, 353 
type, 358 
weight, 3if7 ♦ 

Biassed errors, 9 
Bibliography, 517 
Binomial expansion, 161 
coefficients of, 163 
rules for, 163 

Bowley’s measure of skewness, 203 
Box headings, 485 ® 

6 

Calendar variation, 268 . * 

Chain relatives, defined, 339, 365 
summary of computation meth- 
' • ods, 366 

Charlier chaek, for arithmetic mean, 
90 • 
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Charlier check, for moments, 194 
for standard deviation, 144 
Chi-square test, 222 
charts for interpretation, 224, 228, 
515, 516 

summarized rules, 229 
Class interval, choice of, 47 
defined, 31 

unequal, ho^V to use, 50 
when to use, 48 
Class limits, actual, 27 
defined, 26 
overlapping, 30 
stated, 27 

Clako mark, defined, 31 
locating, 53 

Class mid-point, 31 * 

Coefficient of alienation, 415 
Coefficient of correlation, defined, 
395 

t directions for computing, 406 
formulas for, 405 
interpretation of, 414 , 

significance of, 42§ 
standard error qf, 399 
Coefficient of determination, 419 
Coefficient of regression, defined, 387 
relation to coefficient of correla¬ 
tion, 405n. t 

Coefficient of variation, defined, 151 
standard error of, 249 
Collecting statistical data, 498 
difficulties encountered, 500 
methods used, 501 
Compensating error, 9 
Computations, checking accuracy 
of (see Charlier check) 
Concealed classifications, 403 
Concentration, measures of, 127 
Confidence interval, 260 
Congregation, measures of, 127 
Constant error, 9 

Continuous distribution, defined, 55 
and the m£de, 68 
Correcting prices, 361 t 

Correlation, index of, 438 
joint, 470 
'kinds, 471 


Correlation (cont.) 
multiple, 4€2 
curvilinear, 469 
linear, 469 

methods of computation, 471 
small samples, 478 
standard errors, 478 
simple curvilinear, 4^5 

compared with simple linear, 
458 

computations, 447 
normal equations, 441Jf. 
small skmples, 455 
standard errors, 459 
types of curves, 439 
simple linear, 372 

application of results, 402 
coefficient of, 395 
computations, 404, 408 
direct, 382 
of grouped data, 424 
illustrative problem, 408 
interpretation, 414 
inverse, 382 

meaning of concept, 393 • 

negative, 382 
positive, 382 

small samples, 397 « 

^-transformation, 400, 422 
Correlation table, 424 * • 

Covariance, 382 
Crude mode, 97 1 

Cumulative error, 9 
Cumulative frequency table, 33 
Curve, frequency, 36 

common shapes of, 39 , 

Curve types, frequency distribu¬ 
tions, 212 , 

# regression lines, 43}) f 

selection oC, 443 
Curvilinearity, 435 

i D • # % 

Deciles, defined, 76 
from grouped data, 102 . • 
‘•fromjangrquped data, 76 
Dependent f events, 160 • 
Dependent variate, 383, 463 



SUBJECT INDEX 


Derived data, meaning, 499 
sources of, 499 # 

Determination, coefficient of, 419 
Deviations from trend, 294 
computation of, 310 
Differences, as aids in selecting curve 
type, 444 
significant, 255 
standard error of, 250 
Direct relationships, defined, 382 
Discrete distribution, defined, 55 
and the mode, 68 
Dispersion, defined, 129 
interrelationship of measures, 146 
relative, 149 
Diurnal cycles, 327 
Division of approximate numbers, 15 ( 

E 

Empirical probability, defined, 158 
Erratic movements, 275 
Error, grouping, of arithmetic mean, 
91 

• in general, 195 
kinds of, 8 
normal curve of, 165 
Errors around trend line, 294 
Plrrors of estimate, 389 
Excessjtd«fined, 20% 

Experimental njsthod, nature of? 1 
Extrapolation, dangers of, 279 
• 

F 

Faqjtor reversal test, 367 
fiducial probability, 260 
• Free-hand # regression lin#, curvi¬ 
linear, 43^ t 

linear, 383 * 

; # 

Free-hand trend, linear, 276 
Frequency classes, logarithmic, 52 
Ptcqucncy curves, common shapes 
of, ^9 * • 

defined^ ,36 • * 

Pearson’s sjfttem of, £12 • • #• 
Trequency gdistributions, *24 
frequency polygon 35 
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Frequency tables, 24, 26 
choosing class interval in, 47 
cumulative, 33 • 

interpretation of, 38 
locating class marks in, 53 
number of classes in, 42 
rules for making, 45 
summary of directions, 57 
unequal class intervals in, 48 • 

G 

Gaussian curve, 165 

1 | 
Geometric mean, advantages and 

• disadvantages, 116 
from grouped data, 99 
inking, €89 

relation to arithmetic mean, 72 
from ungrouped data, 69 
Geometric trend, 308 
Goodness of fit, 222 • 

Graphic presentation, standard^ for, 

# 486 * 

Graphs, on noryirithmetic scales, 490 
Grouping error, arithmetic mean, 

91 

in general, 195 

. H 

Harmonic mean, advantages and 
disadvantages of, 120 
from grouped data, 100 
from ungrouped data, 70 
Heterograde distributions, 55 
Histograms, 34 
Historical movements, 270 
Homograde distributions, 55 @ 

Hump-backed frequency curves, 39 

I 

Independent pitfbabilitiesj 160 
Independent variables,*383, 463 
Injiex of correlation, 438 
Index numbers, 350 # 

base periods for, 364 
bias in, 353 



528 


ELEMENTS OF STATISTICAL METHOD 


Index numbers, chain, 365 
choosing formulas for, 367 
♦ correcting prices with, 361 
“ideal,” 368 
link, 365 

selecting data for, 368 
tests for, 367 
uses for, 358 
, Interquartile rtmge, 129 
Inverse relationships, 382 

J 

r # 

J-shapedJrequency curves, 40 
Joint correlation, 470, 

f 

K 

Kelley's measure.of skewness, 204 
Kurtosis, interpretation of, 209 
meaning of, 207 
treasures of, 207 

standard error of, 246 

« 

t 

Laplacian curve, 165 
Least squares, and arithmetic mean, 
110 

meaning of, 291 
for reciprocal cuives, € d03 
regression lines, linear, 385 
for second-degree parabolas, 300 
for secular straight-line trends, 
291, 296 

for semilogarithmic curves, 306 
for third-degree parabolas, 309 
u&e of method, 312-313 
Leptokurtic distributions, 207 
Less-than frequencies, 34 
Linear relationships, 378 
Link’relatives, 337, 8{J5 
Logarithmic Curves, appearance, 440 
formula, 441 

Logarithmic frequency* classes,' use 
€ of, 52 

Loga/lthmic paper, 495 


M 

• 

Mean (see Arithmetic mean; Aver¬ 
ages) 

Measurements, accuracy of, 7 
Median, advantages and disadvan¬ 
tages of, 113 
defined, 65, 95 * 

with discrete data, 96 
from grouped data, 92 
interpretation of, 67 
from the ogive, 96 
standard *error of, 244 
from ungrouped data, 65 
Mesokurtic frequency distributions, 
207 

Mode, advantages and disadvan¬ 
tages, 97, 115 
with continuous data, 68 
crude, oV 

with discrete data, 68 
from grouped data, 97 
interpretation of, 67 
from median and arithmetic mean, 
98 • 

from moments, 205-206 
from ungrouped data, 67 
Moments, adjusted, 196 * 

computation, 190 
crude, 196 „ * « 

defined, 188 \ 

of probability distributions, 197 
More-than frequencies, 34 
Moving average, advantages and 
disadvantages, 290-291 
as base for measuring seasonal 
variation, 329 

with curvilinear trends, 287 
t defined, 283 # 

moving geometric mean, 289 
period of, 285 

Multiple correlation, characteristics 
of, 462 * * 

coefficient of, 477 
standard &rro>r of, 478 t • 

‘ ccomputatiqn metho&a, 471 
correctiorfs for numbers *of cases;' 
f 478 
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Multiple correlation, curvilinear, 
469 • 

index of, 477 
linear, 469 

normal equations for, 472, 473 * 
regression equations, 464 
standard error of estimate, 477 
Multiplication of approximate num¬ 
bers, 15 

Multiplication of probabilities, 160 
Mutually exclusive events, 160 


Negative relationships, 382 
Normal, statistical, 345 
Normal curve, areas under, 168, 509 
described, 166 
equation of, 167 
fitted by areas, 182 
by ordinates, 178 
ordinates of, 510 
tests for, 173 
unit, 177 

Noifnal distribution, characteristics 
of, 146 

tests for, 146, 173 
Normtd equations, derived, 296n. 
in multiple curvilinear correlation, 

4 * • » 

in multiple linegt correlation, 47^, 
# 473 * 

* foi* reciprocal curve, 303 

for second-degree parabola, 300 
for semilogarithmic curve, »306 
s for«straight line, 296, 386, 407 
for third-degree parabola, 309 
Number of* classes in frequency 
^ tabl^ 42 > 

Sturgei? rule for, 45 * 

O » 

„ * 

Observation equations, 279 * 

Ogive, conynon shapes of, 41 
defined, 37 •* . » • « 

''finding itfedian from, 97* 

» O^n-end classes, 3(V* 


Ordinate method of fitting normal 
curve, 178 

Ordinates of normal curve, 510 
Origin of trend, at center, 298, 301 
shifting, 281, 316 
Original data, collecting, 500 
methods, 501 

Overlapping class limits, 30 
P 

Parabola, second degree, appearance 
of, 440 

example worked out, 443 
least squar(js, 3&0, 441 
normal equations for, 300, 441 
f by selected points, 280 

third degree, appearance of, 440 
normal equations for, 309, 442 
Parameters, correction for numbers 
of, 397, 455, 478 
defined, 439 

Patt correlation, 477 ' 

Partial correlation, 477 
Pascal's triangle, 163 * 

Pearson's frequency curves, 212 
Type III curve fitted, 212 
Pearson's measure of skewness, 201 
Percentage, standard error of, 246 
Percentiles, from grouped data, 102 
from ungronjped data, 77 
Period of cycles, 3^5 
common, 326 
Persistent error, 9 
Platykurtic distributions, 207 
Point binomial, 161, 165 
Poisson curve, fitting of, 217 
formula for, 218 
i in general, 215 
0 moments of, 216 > 

Polygon, frequency, 35 
Positive relationship, 382 
Price relatives, 3*3 
Probability, 156 
aftrjori, 157 
»• ' defined, 156 * 
empirical, lS7 
fiducial, 260 
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Probability, statistical, 157 
f theorems, 160 

Probability distributions, mean of, 
158 

moments of, 197 
standard deviation of, 158 
Probability paper, 174 
directions ip r making, 175-178 
* Probable error, 240, 242 
Progressive mean, 286 

Q 

Quadratic mean, advantages and 
disadvantages, ,122 
from grouped data, 101 
from ungrouped data, 73 * • 

Quartiles, from grouped data, 102 
standard error of, 248 
from ungrouped data, 74 
pses of, 77 
Questionnaires, 502 

« 

Rr 

r 

r, relation to s, 514 

Random error, 9 

Random movements, 275, 343 

Range, 127 r 

Reciprocal curve, appearance of, 

440 .. 

method of fitting, 303, 452 
Rectangular frequency distributions, 
208 

Regression coefficient, 387, 466 
Regression equation, multiple, 464 
• simple, interpreted, 299 
« (See also Normal equations; 
Regression line) 

Regression line,«£^3 
free-hand, 383 
Jeast squares, 385 
Relationship, curvilinear, 378 
linear, 3?8 

nature of, 372 r « 

t negative*, 382 
positive, 382 * 

< simple methods of finding, 375 


Relationship, types of, 467 * 

(See alsb Correlation) 

Relative dispersion, 149 
computation of, 150-151 
when used, 152 

Relative frequency, standard error 
of, 246 

Relatives, link, 337, 3f,5 
price, 352 
Reliability, 233 

measures of (see Standard error) 
Residual movements, 275 
Residuals around trend line, 294, 
310 

Root-mean-square deviation (see 
Standard deviation) 

Rounding off numbers, rules for, 21 


Sample, 233 
selecting, 503 
small (see Small samples) 

Scatter diagram, 379 
Scatteration, 127 • 

Scattergram, 379 
Schedules, statistical, 502 
Scientific method, 1 • 

Seasonal movements, 327 
elimination «f, 341 • « 

1 index of, 331, 3?6, 340 
measured from moving average, 
329 

Seasonal variation, index of, 331, 
336, 340 

and link relatives, 337, 340 * 
Secular trend, defined, 271 
elimiiiation of, 314 # • 

t free-hand, 276 t f 

* how to ch<50se, 307 
least squares, 291 

meaning of constants in equation 
of, 29p l + 

selecfed-points parabola, 280 
selected-points straightdine, 278 

* * Shifting origin of,*281, 316 

Selected b points, with r cui|<&&$ai 
trends, 28ty 




